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Abstract

Background: Online weight loss programs are increasingly popular. However, little is known about outcomes and associations
with website usage among members of free online weight loss programs.

Objective: This retrospective cohort study examined the association between website usage and weight |oss among members
of afree commercial online weight loss program (SparkPeople).

Methods: We conducted a retrospective analysis of a systematic random sample of members who joined the program during
February 1 to April 30, 2008, and included follow-up data through May 10, 2010. The main outcome was net weight change
based on self-reported weight. Measures of website usage included log-ins, self-monitoring entries (weight, food, exercise), and
use of socia support tools (discussion forums, friendships).

Results: The main sample included 1258 members with at least 2 weight entries. They were 90.7% female, with mean (SD)
age 33.6 (11.0) and mean (SD) BMI 31.6 (7.7). Members with at least one forum post lost an additional 1.55 kg (95% CI 0.55
kg to 2.55 kg) relative to those with no forum posts. Having at least 4 log-in days, weight entry days, or food entry days per 30
dayswas significantly associated with weight loss. In the multiple regression analysis, members with at least 4 weight entry days
per 30 days reported 5.09 kg (95% CI 3.29 kg to 6.88 kg) more weight loss per 30 days than those with fewer weight entry days.
After controlling for weight entry days, the other website usage variables were not associated with weight change.

Conclusions: Weekly or more frequent self-monitoring of weight is associated with greater weight 1oss among members of this
free online weight loss program.

(J Med Internet Res 2013;15(1):€11) doi: 10.2196/jmir.2195
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the efficacy of such programs, it isimportant to identify specific
features that promote favorable weight loss outcomes [2].

More than one third of US adults are obese [1]. Onlineweight A positive association between website usage (program
loss programs represent a convenient and scalable resourcefor  engagement) and weight loss has been demonstrated among
the prevention and treatment of obesity. In order to maximize  participants enrolled in randomized trials and other prospective

investigations [3-11]. But because those studies involved
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research volunteers who met strict eligibility criteria, results
may have limited applicability to the general public. Instead of
enrolling in aformal research study, individuals seeking to lose
weight are more likely to join acommercial online weight loss
program. Naturalistic evaluations of commercial online weight
loss programs are needed to understand the benefits and
limitations of theseincreasingly popular resources. While recent
reports have described outcomes among paid subscribers to
commercia online weight loss programs based in Australia
[12], the United Kingdom [13], and Sweden [14], comparatively
little is known about website usage and weight loss among
members of free online weight loss programs. This is an
important gap in the literature because consumers and health
care providersstrongly prefer freeweight loss programs[15,16].

Therefore, we evaluated a naturalistic cohort of members of
SparkPeople, which is afree online weight loss program based
in the United States. Prior studies described the accuracy of
advice [17] and types of socia support [18] shared among
SparkPeople members, as well as the positive association
between use of the program’sonlineforumsand perceived socia
support [19,20]. The purpose of this retrospective cohort study
was to describe the magnitude of weight loss and examine the
association between website usage and weight loss.

Methods

Membership in the SparkPeople online weight loss program is
free and supported chiefly through advertising revenue. Most
members are from the United States. The main features are
educational content, self-monitoring tools (for weight, diet, and
exercise), and social support venues (discussion forums, blogs,
and “Friend” relationships similar to general online social
networks). Members use the program largely in a self-directed
and self-paced manner. They are free to use website features
and make weight entries at any time. As of 2009, members
could also access components of the website via mobile
applications, although data on mobile access were not included
in the present dataset.

Study Sample

Approximately 521,000 members joined the program during
February 1 — April 30, 2008. Systematic random sampling
produced theinitial cohort of 26,582 individualswith abaseline
weight. This de-identified dataset included all available
follow-up data for these members through May 10, 2010.

Members were then excluded from analysis if they reported
extreme outlying valuesfor baseline characteristics: age greater
than 100 years, weight lessthan 100 |b (45.4 kg) or greater than
800 Ib (362.9 kg) with no follow-up weight entries, or height
greater than 10 ft (3.05 m). These extreme outlier values were
considered unredlistic, data entry errors, and/or not relevant to
the analysis. Exclusion of 469 memberswith outlier values|eft
an interim cohort of 26,113 members. Although we did not
implement afilter for very short heights, the filtering process
eliminated members with extreme height values, as the height
range was 49-78 inches in the final cohort (n=1258) described
below.
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Hwang et al

Self-reported weights may beinaccurate dueto dataentry errors,
such as omitting, adding, or transposing digits. All 58,574
weight entrieswere analyzed for potential dataentry errorswith
aseries of automated and manual procedures. There were three
automated filters (F1, F2, F3) for members with three or more
weight entries, and a fourth automated filter (F4) for members
with two or more weight entries. The first filter (F1) entailed
fitting a second order polynomial regression line on the weight
entries and dates; the distance of each point from the expected
line (residual) was calculated. Points were flagged for visual
evaluation if theresidual was more than three timesthe standard
deviation of the residuals for the individual record, and the
difference between the actual and expected weight was greater
than 101b (4.5 kg). The second filter (F2) flagged membersthat
had a change of more than 2% body weight per day (whether
over ashort or long period of time). Thethird filter (F3) flagged
memberswho had an absolute change of 50 1b (22.7 kg) or more
between any two weight entries. The fourth filter (F4) flagged
memberswith aweight change of 100 Ib (45.4 kg) or more over
the complete recorded period.

The automated filtersidentified 301 potentially erroneousweight
entries among 248 unique SparkPeople members. Two
independent observers (KOH and AWT) manually reviewed
these 301 weight entriesin the context of the other weight entries
for agivenindividual (thetrend) to determinewhether the entry
was erroneous. The observers demonstrated high interrater
reliability, with an overall 95% agreement and Cohen’s Kappa
.90. When the observers disagreed about a weight entry, they
discussed and reached a consensus determination. After the
automated filters and manual review, 73 of 301 weight entries
(24%) were deemed erroneous and excluded from analysis. This
represents 0.12% of all weights available (73/58,574).

Because the main objective was to evaluate the relationship
between website usage and weight loss, 20,518 members with
only one weight entry were excluded. The subsequent interim
cohort of 5595 members had at least two weight entries.
Members with at least two weight entries were younger, with
amean (SD) age 35.3 (11.5) yearsvs. 37.2 (13.4) years, P<.001,
heavier, with a mean (SD) BMI 31.6 (7.7) vs. 30.8 (20.2),
P<.001, and morelikely to befemale (91.3% vs. 85.9%, P<.001)
than those with only one weight entry.

Each weight entry and log-in event was date-stamped. Because
the data did not include the dates for use of other website
features (eg, exercisediary), it was possible that amember used
a website feature after his or her last weight entry, thereby
complicating theinterpretation of associations between website
usage and weight change. However, it was possibleto determine
when amember stopped all website usage activity because each
website activity generated a date-stamped log-in. Therefore, the
final cohort of Nn=1258 was defined as those who had at least
two weight entries, with the last weight entry on the same day
as or after utilization of other website features. In other words,
this final cohort consists of members who used the website
features between their first and last weight entries. While the
study design does not allow definitive analysis of causation, the
final cohort at |east meetsthe temporality criteriafor causation.
This final cohort was analyzed to examine the relationships
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between website usage and weight change. The flow diagram  (Figure 1) depictshow thefinal cohort for analysiswas defined.

Figure 1. Flow diagram.

o . . 4. Exerciseentry days: the number of daysthe member made
Definition of Website Usage Variables at least one entry in the exercise diary, regardless whether
Usage of website features included the following variables: those entries were complete or incomplete.

5. Exercise minutes: the total number of minutes of exercise

1. Log-in days: the number of days the member logged into ) N )
the member recorded in the exercise diary during the study

the website at least once, regardless of whether s/he used ;
any other website features while logged in. ] period. _ _
2. Weight entry days: the number of daysthemember entered & SparkPoints: the number of points earned by the member
weight at least once. for .m|scelll aneouswebsite GC'[.IVItIeS, suchas reedl_ng alftl c_lea
3. Food entry days: the number of days the member made at taking quizzes and polls, using food and exercise diaries,

least one entry in the food diary, regardiess whether those posting MESSages on forums, and making blog entries.
entries were complete or incomplete. . Forum posts: the number of messages the member posted

on the discussion forums.
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8. Friends: the number of other members designated as
“SparkFriends’ by the member (a social network feature).

Analysis of Weight Entry Span and Weight Change

The weight entry span was defined as the number of days
between first and last weight entry. Weight change, defined as
the last recorded weight minus baseline weight, was stratified
by weight entry span.

General Analytic Approach to Website Usage and
Weight Change

Potential confounders of the relationship between website usage
and weight change included baseline BMI, age, gender, and
weight entry span. Registration source (referred by friend, search
engine ad, other) was examined as a potential confounder
because it is possible that members who are introduced to the
online program by apersonal friend may differ in website usage
and weight change than those who find the site only after an
Internet search. Likewise, geographic location (zip code in
midwest, northeast, south, or west region of the United States
or other country) was examined as a potential confounder
because of possible geographical variation in Internet use and
dietary and physical activity factors related to body weight.
These potential confounderswere examined for association with
weight change by using univariable regression analyses.
Variables with a significant association (P<.05) with weight
change were adjusted for in subsequent analyses.

Regression analysis was conducted with each website usage
variable as predictor and net weight change asthe outcome with
adjustment for the identified confounders (univariable analyses).
Multiple regression analysis with backward stepwise selection
was conducted to identify the best subset of predictive covariates
for net weight change. All covariates were included in the full
model before model selection. Variables were included in the
final model if P<.20.

Analysis of Binary Website Usage Variables and
Weight Change

Thedistribution of website usage was highly skewed, such that
many members did not use a given feature before their last
weight entry. Therefore, website usage variables were coded as
binary variables for the initial analysis (never using a website
feature vs. using it at least once). Binary coding of website
usage has been used in a prior study of an online weight loss
program [21]. Weight change was defined as the last recorded
weight minus baseline weight. Because al members in the
sample had two or more log-ins and weigh-ins, and most
members had at |east one SparkPoint, those variables were not
included in this analysis.

http://www.jmir.org/2013/1/e1l/
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Analysis of Categorical Website Usage Variables and
Weight Change

To further analyze associations between website usage and
weight change, one option would be to assume a linear
regression model, but the linearity assumption may be not be
valid. For example, the change in weight associated with an
increase from 3 to 4 forum posts may be different from the
weight change associated with an increase from 150 to 151
forum posts. We considered categorizing the website usage
variablesinto tertiles, but the data distributions were too skewed,
so that observationsin the top tertile may be equivalent to some
observations in the middle tertile.

Weekly use of online weight loss program features has been
associated with greater perceived social support [20] and weight
loss[3,4,6,7,14]. Therefore, we categorized | og-in days, weight
entry days, food entry days, exercise entry days, and forum
posts as greater than or less than 4 events per 30 days,
corresponding to approximately once per week. The median
value of SparkPointswas 20.8 per 30 days, so SparkPoints was
categorized as above or below 20 per 30 days. We initialy
categorized exercise minutes as above or below 600 minutes
per 30 days, corresponding approximately to 150 minutes per
week, but there were not enough members who met this
threshold to alow meaningful analysis. Therefore, we
categorized exercise minutes as above or below 120 minutes
per 30 days, corresponding to 4 exercise entries of 30 minutes
length per 30 days. Zero use was also included as a category
for al variables except log-in days and weight entry days
because, by definition, all membersin the analysis had at least
one log-in day and weight entry day.

Weight change was defined as (last recorded weight minus
baseline weight) divided by 30 day unit of weight entry span.
For example, if amember’slast weight was 100 kg and baseline
weight was 108 kg, and weight entry span was 60 days, then
the weight change was -8 / 2 = -4 kg per 30 days.

Matlab version R2008b (MathWorks, Natick, MA) was used
toidentify potential outlying values for baseline characteristics
and self-reported weights. The R statistical package (R
Development Core Team, Version 2.14.1) was used for
descriptive and regression analyses.

The study was approved by the Committee for the Protection
of Human Subjects at the University of Texas Health Science
Center at Houston.

Results

Demographic characteristics of thefinal cohort are summarized
in Table 1.

Most membersdid not use the website features frequently. Since
values were skewed, they are summarized with medians and
interquartile ranges in Table 2.
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Table 1. Demographic characteristics of final cohort (n=1258).
Characteristics mean (SD) or n (%)
Age, years, mean (SD) 33.6 (11.0)
Gender, female, n (%) 1141 (90.7)
Basdline BMI, mean (SD) 316 (7.7)
Geographic location, n (%)
US - Midwest 291 (23.1)
US - Northeast 187 (14.9)
US- South 400 (31.8)
US- West 210 (16.7)
Other country 170 (13.5)
Table 2. Website usage characteristics of final cohort (n=1258).
Minimum 25™ percentile Median 75" percentile  Maximum
Log-in days 2 3 7 23 654
Log-in span (number of days between first and last log-in 1 54 306.5 624.8 826
days)
Weight entry days 2 2 2 4 156
Weight entry span (number of days between firstand last 1 54 306 623.8 826
weight entry days)
Food entry days 0 0 2 9 270
Exercise entry days 0 0 1 4 258
Exercise minutes 0 0 40 256.5 39130
Friends 0 0 0 1 74
Forum posts 0 0 0 0 2758
SparkPoints 0 223 85 330 16480

Table 3. Total weight change stratified by weight entry span® among final cohort (n=1258).

Weight entry span n (%) Mean (SD) total weight change
Up to 30 days 261 (20.7%) -1.08kg (3.09)
31-60 days 69 (5.5%) -2.00kg (2.68)
61-90 days 39 (3.1%) -1.98kg (3.46)
91-183 days 131 (10.4%) -2.32kg (6.50)
184-365 days 210 (16.7%) -1.97kg (9.27)
366-548 days 178 (14.1%) -0.99g (8.04)
549-829 days 370 (29.4%) -1.38kg (10.5)

a\Weight entry span is the number of days between first and last weight entry.

Table 3 showsthetotal weight change stratified by weight entry
span.

Baseline BMI was the only potential confounder significantly
associated with weight change. Each additional unit of BMI at
baseline was associated with an additional reported weight loss
of 0.28 kg (95% CI 0.22 to 0.33 kg, P<.001) during the weight
entry span. Age, gender, referral source, geographic location,
and weight entry span were not associated with weight change.

http://www.jmir.org/2013/1/e1l/
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Further analyses of predictors of weight change are adjusted
for baseline BMI.

Website Usage as Binary Variables

In the analysis with binary website usage variables, having at
least one forum post wasthe only website variabl e significantly
associated with greater weight loss. Members with at least one
forum post reported an additional weight loss of 1.55 kg (95%
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Cl 0.55 kg to 2.55 kg) relative to those with no forum posts (Table 4).
Table 4. Associations between website usage variables (binary) and weight change® in the final cohort (n=1258).
N (%) Coefficient 95% ClI P vaue

At least one food entry day 893 (71.0) -0.35kg -1.28 kg to 0.58 kg 47

At least one exercise entry day 677 (53.8) -0.67 kg -1.52 kg to 0.18 kg A2

At least one exercise minute 741 (58.9) -0.61 kg -1.47 kg to 0.25 kg .16

At least one forum post 291 (23.1) -1.55kg -2.55 kg to -0.55 kg .002

At least one Friend 547 (43.5) -0.80 kg -1.66 kg to 0.06 kg .07

@ \Website usage variables were coded as binary (at least once versus never). Analyses were adjusted for baseline BMI. Because all members in the
sample had two or more log-ins and weigh-ins, and most members had at |east one SparkPoint, those variables were not included.

Website Usage as Categorical Variables

In the anal yses with categorical website usage variables, weekly
log-ins, weight entries, and food entries (at least 4 in 30 days)
were associated with greater reported weight loss than less
frequent use (Table 5). More exercise entry days per 30 days
was also positively associated with weight loss. SparkPoints
was associated with relative weight gain compared to having

http://www.jmir.org/2013/1/e1l/
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zero SparkPoints (although only 74 of 1258 members had zero
SparkPoints). On multiple regression analysisincluding baseline
BMI and all website usage variables, weight entry dayswasthe
only variable significantly associated with weight change.
Memberswith at least 4 weight entry days per 30 days (weekly)
reported an additional 5.09 kg weight loss per 30 days (95% Cl
3.29 kg to 6.88 kg) relative to those with fewer weight entry
days.
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Table 5. Univariable analyses of associations between website usage variables (categorized) per 30 days and reported weight change per 30 days?in

the final cohort (n=1258).

S_ample Coefficient 95% ClI P value
size
Log-in days per 30 days
Oto<4 842 reference Overall: <.001
>4 416 -3.18 kg -4.69 kg to -1.67 kg <.001
Weight entry days per 30 days
Oto<4 1018 reference Overall: <.001
>4 240 -5.09 kg -6.89 kg t0 -3.29 kg <.001
Food entry days per 30 days
0 365 reference Overall:.002
1to<4 684 1.04 kg -0.59 kg to 2.68 kg 21
>4 209 -2.49kg -4.68 kg to -0.30 kg .03
Exerciseentry daysper 30 days
0 581 reference Overall: .021
1to<4 576 1.18 kg -0.30 kg to 2.67 kg 12
>4 101 -2.46 kg -5.20 kg to 0.26 kg .08
Exercise minutes per 30 days
0 517 reference Overall: .054
1t0 <120 556 1.43kg -0.12 kg to 2.98 kg .07
>120 185 -0.89Kg -3.06 kg to 1.28 kg 42
SparkPoints per 30 days
0 74 reference Overall: .003
1to <20 546 5.35 kg 2.22 kg to 8.48 kg <.001
>20 638 4.47 kg 1.37 kg to 7.58 kg .005
Forum posts per 30 days
0 967 reference Overall: .24
1to<4 233 0.99 kg -0.86 kg to 2.84 kg 30
>4 58 -2.09 kg -5.52 kg to 1.33 kg .23
Friends
0 711 reference Overall: .55
1 327 0.88kg -0.81 kg to 2.57 kg 31
22 220 0.90 kg -1.08 kg to 2.87 kg 37

8 Analyses were adjusted for baseline BMI.

Discussion

Key Findings

Average weight loss, based on self-report, was modest in this
free online weight loss program, but active users had better
outcomes. Making weekly weight entries (at |east 4 weight entry
days per 30 days) was associated with an additional 5 kg weight
loss. After controlling for weight entry days, the other website
usage variables were not associated with weight loss.

http://www.jmir.org/2013/1/e1l/
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Comparison With Prior Studies

To our knowledge, this is the first analysis of a naturalistic
cohort of members of a free online weight loss program
avalable to the general public. Prior studies evaluated
naturalistic cohorts of members who paid for monthly
subscriptions to commercia online weight loss programs in
Australia [12], the UK [13], and Sweden [14]. Because free
programs may have greater potential to reach peoplein need of
weight loss assistance [15,16], evaluating this free program is
an important advancement in our understanding of weight loss
resources. Another strength of this study wasthe use of multiple
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regression to identify variablesthat areindependently associated
with weight loss.

Our results are consistent with prior studies documenting a
positive relationship between engagement in online programs
and weight control. Most of these involved research volunteers
and strict eigibility criteria[3-11], while otherswere naturalistic
studies of commercial online programs [12-14]. Overall,
favorable weight outcomes were associated with higher
frequencies of log-ins [3-7,9,10,12,14], weight entries
[6,10,11,14], self-monitoring entries for diet and/or exercise
[6-8,10-13], and use of social support tools[6,8,12,13].

Although the current study discovered that several website usage
variables were associated with weight loss, the multiple
regression analysisindicates that weight entry daysisthe most
important. It is possible that weight self-monitoring leads to
frequent modification of diet and exercise behavior in response
to weights. An aternative explanation is that members made
weight entries only when they werelosing (rather than gaining)
weight. However, a post-hoc analysis found that 71% percent
of members posted at |east one weight reflecting ahigher weight
than a previous entry. In other words, they did not avoid
documenting weight regain. The evidence in favor of weight
self-monitoring improving weight control is strengthened by
the consistency of the association in studies of online
[6,10,11,14] and traditional [22-28] programs. When theanalysis
controlled for weight entry days, the other website usage
variables were not related to weight change. It may be that the
main benefit of these other website features is to maintain
interest in the online program and maximize the opportunity
for weight self-monitoring.

When website usage variables were coded as binary variables,
making at least one forum post was associated with greater
weight loss, athough this analysis did not adjust for weight
entry days. Because the content of the messages was not
available for this study, we could not determine the nature of
interactions on the forums. Furthermore, it was not possible to
assess how often members read messages on a forum without
posting (“lurking”’). However, prior studies found that
SparkPeople members receive high-quality advice [17] and
social support [18] on the forums and that use of forums is
associated with greater perceptions of socia support [19,20].
Forum use may facilitate weight loss in part by boosting
adherence to weight self-monitoring. Although the optimal
source, frequency, and venue for social support has not been
determined, thelink between social support and weight losshas

Hwang et al

been reported in several studies of online [6,8,12,13] and
traditional [29-34] weight loss programs.

Limitations

The study had several limitations. First, attrition was high, which
isacommon problem plaguing commercial online weight loss
programs[12-14]. The mgjority of membersintheinitial sample
made only one weight entry, so that the main analytic sample
represented asmall portion of al who registered for the program.
Compared to those with only one weight entry, members with
multiple weight entries were younger, heavier, and more likely
to be female—consistent with the profile of individuals who
typicaly enroll in weight loss programs. Even within the
analytic sample, 21% of members quit entering their weight
after 30 days. Sinceitisvery easy tojoin afree online program,
it is possible that many people joined without a strong sense of
commitment, thereby inflating the initial sample and the
subsequent attrition rate. Sending personalized follow-up
messages to i nactive members may improve adherence to weight
self-monitoring [7], athough this approach would be difficult
to implement without additional resources.

Another limitation of the study isthat the available records did
not include ethnicity, race, or clinical characteristics.
Furthermore, memberswere predominantly female, asistypical
of weight loss programs. Taken together, these limitations
indicate that results cannot be extrapolated to the general
population, regular Internet users, or those who initially who
register for this online program. The study is also limited by
reliance on self-reported wei ghts. However, weight reported by
members of another online weight loss program was highly
correlated with and similar to objective weights [35]. The lack
of date stamps on most website usage variables (except log-ins
and weight entries) limited the depth of analysis on theintensity
and patterns of website usage. Lastly, because this was an
observational study, the causal link between usage of website
features and weight loss cannot be definitively ascertained
without experimental studies.

Conclusions

The public health impact of an intervention is determined by
efficacy and dissemination [36]. Because this online program
isfree, scalable, and widely disseminated, the potential public
health impact is significant. The current study suggests that
increasing the use of weight self-monitoring among current and
future members may boost the impact of this program even
more.

Acknowledgments

We thank David Heilmann and Josh Knepfle at SparkPeople for providing the dataset. We also thank Weiwel Wang, PhD, for

assisting with preliminary data analyses.

Thiswork was supportedin part by aClinical Investigator Award from The University of Texas Health Science Center at Houston,
Center for Clinical Research and Evidence-Based Medicine and The University of Texas at Houston - Memorial Hermann Center
for Healthcare Quality and Safety. Thefunding sourceswere not involved in reviewing or approving the manuscript for publication.

Conflictsof Interest
None declared.

http://www.jmir.org/2013/1/e1l/

JMed Internet Res 2013 | vol. 15 |iss. 1| ell|p. 8
(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Hwang et a

References

1.

2.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

Flegal KM, Carroll MD, Kit BK, Ogden CL. Prevalence of obesity and trendsin the distribution of body massindex among
US adults, 1999-2010. JAMA.. Feb 1, 2012;307(5):491-497. [doi: 10.1001/jama.2012.39] [Medline: 22253363]

Neve M, Morgan PJ, Jones PR, Collins CE. Effectiveness of web-based interventions in achieving weight loss and weight
loss maintenancein overweight and obese adults: asystematic review with meta-analysis. Obes Rev. Apr 2010;11(4):306-321.
[doi: 10.1111/j.1467-789X.2009.00646.x] [Medline: 19754633]

Tate DF, Wing RR, Winett RA. Using Internet technology to deliver a behavioral weight loss program. JAMA. Mar 7,
2001;285(9):1172-1177. [Medline: 11231746]

Tate DF, Jackvony EH, Wing RR. Effects of Internet behavioral counseling on weight lossin adults at risk for type 2
diabetes: arandomizedtrial. AMA. Apr 9, 2003;289(14):1833-1836. [doi: 10.1001/jama.289.14.1833] [Medline: 12684363]
Womble LG, Wadden TA, McGuckin BG, Sargent SL, Rothman RA, Krauthamer-Ewing ES. A randomized controlled
trial of acommercial internet weight loss program. Obes Res. Jun 2004;12(6):1011-1018. [doi: 10.1038/0by.2004.124]
[Medline: 15229342]

Gold BC, Burke S, Pintauro S, Buzzell P, Harvey-Berino J. Weight loss on the web: A pilot study comparing a structured
behavioral intervention to acommercial program. Obesity (Silver Spring). Jan 2007;15(1):155-164. [FREE Full text] [doi:
10.1038/0by.2007.520] [Medline: 17228043]

Tate DF, Jackvony EH, Wing RR. A randomized trial comparing human e-mail counseling, computer-automated tailored
counseling, and no counseling in an Internet weight loss program. Arch Intern Med. 2006;166(15):1620-1625. [doi:
10.100V/archinte.166.15.1620] [Medline: 16908795]

Krukowski RA, Harvey-Berino J, Ashikaga T, Thomas CS, Micco N. Internet-based weight control: the rel ationship between
web features and weight loss. Telemed J E Health. Oct 2008;14(8):775-782. [FREE Full text] [doi: 10.1089/tmj.2007.0132]
[Medline: 18954247)

Bennett GG, Herring SJ, Puleo E, Stein EK, Emmons KM, Gillman MW. Web-based weight lossin primary care: a
randomized controlled trial. Obesity (Silver Spring). Feb 2010;18(2):308-313. [FREE Full text] [doi: 10.1038/0by.2009.242]
[Medline: 19696764]

Funk KL, Stevens VJ, Appel LJ, Bauck A, Brantley PJ, Champagne CM, et a. Associations of internet website use with
weight change in along-term weight loss maintenance program. JMed Internet Res. 2010;12(3):e29. [FREE Full text] [doi:
10.2196/jmir.1504] [Medline: 20663751]

Morgan PJ, Lubans DR, Collins CE, Warren JM, Callister R. 12-month outcomes and process evaluation of the SHED-IT
RCT: an internet-based weight |oss program targeting men. Obesity (Silver Spring). Jan 2011;19(1):142-151. [FREE Full
text] [doi: 10.1038/0by.2010.119] [Medline: 20523304]

Neve M, Morgan PJ, Collins CE. Weight change in a commercial web-based weight loss program and its association with
website use: cohort study. JMed Internet Res. 2011;13(4):e83. [EREE Full text] [doi: 10.2196/jmir.1756] [Medline:
21993231]

Johnson F, Wardle J. The association between weight loss and engagement with a web-based food and exercise diary in a
commercia weight loss programme: aretrospective analysis. Int JBehav Nutr Phys Act. 2011;8:83. [FREE Full text] [doi:
10.1186/1479-5868-8-83] [Medline: 21810222]

Jonasson J, Linné Y, Neovius M, Rdssner S. An Internet-based weight loss programme -- afeasibility study with preliminary
results from 4209 completers. Scand J Public Health. Jan 2009;37(1):75-82. [doi: 10.1177/1403494807085066] [Medline:
18684784]

Krist AH, Woolf SH, Johnson RE, Rothemich SF, Cunningham TD, Jones RM, et al. Patient costs as abarrier to intensive
health behavior counseling. Am J Prev Med. Mar 2010;38(3):344-348. [doi: 10.1016/j.amepre.2009.11.010] [Medline:
20171538]

Hwang KO, Stuckey HL, Chen MC, Kraschnewski JL, Forjuoh SN, Poger JM, et al. Primary care providers perspectives
on onlineweight-loss programs: abigwishlist. JMed Internet Res. 2012;14(1):€16. [FREE Full text] [doi: 10.2196/jmir.1955]
[Medline: 22262726]

Hwang KO, Farheen K, Johnson CW, Thomas EJ, Barnes AS, Bernstam EV. Quality of weight loss advice on internet
forums. Am JMed. Jul 2007;120(7):604-609. [ EFREE Full text] [doi: 10.1016/j.amjmed.2007.04.017] [Medline: 17602934]
Hwang KO, Ottenbacher AJ, Green AP, Cannon-Diehl MR, Richardson O, Bernstam EV, et a. Social support in an Internet
weight loss community. Int JMed Inform. Jan 2010;79(1):5-13. [FREE Full text] [doi: 10.1016/j.ijmedinf.2009.10.003]
[Medline: 19945338]

Hwang KO, Ottenbacher AJ, Lucke JF, Etchegaray JM, Graham AL, ThomasEJ, et al. Measuring social support for weight
lossin aninternet weight loss community. JHealth Commun. Feb 2011;16(2):198-211. [doi: 10.1080/10810730.2010.535106]
[Medline: 21181600]

Hwang KO, Etchegaray JM, Sciamanna CN, Bernstam EV, Thomas EJ. Structural social support predicts functional social
support in an online weight loss programme. Health Expect. Jan 2, 2012. [doi: 10.1111/].1369-7625.2011.00759.x] [Medline:
22212418]

http://www.jmir.org/2013/1/e11/ JMed Internet Res 2013 | vol. 15 |iss. 1| ell|p.9

(page number not for citation purposes)


http://dx.doi.org/10.1001/jama.2012.39
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22253363&dopt=Abstract
http://dx.doi.org/10.1111/j.1467-789X.2009.00646.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19754633&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=11231746&dopt=Abstract
http://dx.doi.org/10.1001/jama.289.14.1833
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12684363&dopt=Abstract
http://dx.doi.org/10.1038/oby.2004.124
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15229342&dopt=Abstract
http://dx.doi.org/10.1038/oby.2007.520
http://dx.doi.org/10.1038/oby.2007.520
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17228043&dopt=Abstract
http://dx.doi.org/10.1001/archinte.166.15.1620
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16908795&dopt=Abstract
http://europepmc.org/abstract/MED/18954247
http://dx.doi.org/10.1089/tmj.2007.0132
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18954247&dopt=Abstract
http://dx.doi.org/10.1038/oby.2009.242
http://dx.doi.org/10.1038/oby.2009.242
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19696764&dopt=Abstract
http://www.jmir.org/2010/3/e29/
http://dx.doi.org/10.2196/jmir.1504
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20663751&dopt=Abstract
http://dx.doi.org/10.1038/oby.2010.119
http://dx.doi.org/10.1038/oby.2010.119
http://dx.doi.org/10.1038/oby.2010.119
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20523304&dopt=Abstract
http://www.jmir.org/2011/4/e83/
http://dx.doi.org/10.2196/jmir.1756
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21993231&dopt=Abstract
http://www.ijbnpa.org/content/8//83
http://dx.doi.org/10.1186/1479-5868-8-83
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21810222&dopt=Abstract
http://dx.doi.org/10.1177/1403494807085066
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18684784&dopt=Abstract
http://dx.doi.org/10.1016/j.amepre.2009.11.010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20171538&dopt=Abstract
http://www.jmir.org/2012/1/e16/
http://dx.doi.org/10.2196/jmir.1955
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22262726&dopt=Abstract
http://europepmc.org/abstract/MED/17602934
http://dx.doi.org/10.1016/j.amjmed.2007.04.017
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17602934&dopt=Abstract
http://europepmc.org/abstract/MED/19945338
http://dx.doi.org/10.1016/j.ijmedinf.2009.10.003
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19945338&dopt=Abstract
http://dx.doi.org/10.1080/10810730.2010.535106
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21181600&dopt=Abstract
http://dx.doi.org/10.1111/j.1369-7625.2011.00759.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22212418&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Hwang et a

21.

22.

23.

24,

25.

26.

27.

28.

29.

30.

31.

32.

33.

35.

36.

Binks M, van Mierlo T. Utilization patterns and user characteristics of an ad libitum Internet weight loss program. JMed
Internet Res. 2010;12(1):€9. [FREE Full text] [doi: 10.2196/jmir.1347] [Medline: 20350926]

Vanwormer JJ, French SA, PereiraMA, Welsh EM. Theimpact of regular self-weighing on weight management: asystematic
literature review. Int J Behav Nutr Phys Act. 2008;5:54. [FREE Full text] [doi: 10.1186/1479-5868-5-54] [Medline:
18983667]

Burke LE, Wang J, Sevick MA. Self-monitoring in weight loss: a systematic review of the literature. JAm Diet Assoc. Jan
2011;111(1):92-102. [FREE Full text] [doi: 10.1016/j.jada.2010.10.008] [Medline: 21185970]

Linde JA, Jeffery RW, French SA, Pronk NP, Boyle RG. Self-weighing in weight gain prevention and weight loss trials.
Ann Behav Med. Dec 2005;30(3):210-216. [doi: 10.1207/s15324796abm3003_5] [Medline: 16336072]

Wing RR, Tate DF, Gorin AA, Raynor HA, Fava JL. A self-regulation program for maintenance of weight loss. N Engl J
Med. Oct 12, 2006;355(15):1563-1571. [doi: 10.1056/NEJM 0a061883] [Medline: 17035649]

Butryn ML, Phelan S, Hill JO, Wing RR. Consistent self-monitoring of weight: akey component of successful weight loss
maintenance. Obesity (Silver Spring). Dec 2007;15(12):3091-3096. [FREE Full text] [doi: 10.1038/oby.2007.368] [Medline:
18198319]

VanWormer JJ, Martinez AM, Martinson BC, Crain AL, Benson GA, Cosentino DL, et al. Self-weighing promotes weight
loss for obese adults. Am J Prev Med. Jan 2009;36(1):70-73. [doi: 10.1016/j.amepre.2008.09.022] [Medline: 18976879]
Gokee-Larose J, Gorin AA, Wing RR. Behavioral self-regulation for weight lossin young adults: arandomized controlled
trial. Int J Behav Nutr Phys Act. 2009;6:10. [FREE Full text] [doi: 10.1186/1479-5868-6-10] [Medline: 19220909]

Wing RR, Jeffery RW. Benefits of recruiting participants with friends and increasing social support for weight loss and
maintenance. J Consult Clin Psychol. Feb 1999;67(1):132-138. [Medline: 10028217]

Elfhag K, Rossner S. Who succeeds in maintaining weight loss? A conceptual review of factors associated with weight
loss maintenance and weight regain. Obes Rev. Feb 2005;6(1):67-85. [doi: 10.1111/].1467-789X.2005.00170.x] [Medline:
15655039]

Verheijden MW, Bakx JC, van Weel C, Koelen MA, van Staveren WA. Role of social support in lifestyle-focused weight
management interventions. Eur J Clin Nutr. Aug 2005;59 Suppl 1:S179-S186. [doi: 10.1038/5.6cn.1602194] [Medline:
16052189]

Gorin A, Phelan S, Tate D, Sherwood N, Jeffery R, Wing R. Involving support partnersin obesity treatment. J Consult Clin
Psychol. Apr 2005;73(2):341-343. [doi: 10.1037/0022-006X.73.2.341] [Medline: 15796642]

Gallagher K, Jakicic IM, Napolitano MA, Marcus BH. Psychosocial factors related to physical activity and weight loss
in overweight women. Med Sci Sports Exerc. May 2006;38(5):971-980. [doi: 10.1249/01.mss.0000218137.25970.c6]
[Medline: 16672853]

Kumanyika SK, Wadden TA, Shults J, Fassbender JE, Brown SD, Bowman MA, et al. Trial of family and friend support
for weight loss in African American adults. Arch Intern Med. Oct 26, 2009;169(19):1795-1804. [doi:
10.1001/archinternmed.2009.337] [Medline: 19858438]

Harvey-Berino J, Krukowski RA, Buzzell B, Ogden D, Skelly J, West DS. The accuracy of weight reported in a web-based
obesity treatment program. Telemed J E Health. Nov 2011;17(9):696-699. [FREE Full text] [doi: 10.1089/tmj.2011.0032]
[Medline: 21882997]

Glasgow RE, Vogt TM, Boles SM. Evaluating the public health impact of health promotion interventions. the RE-AIM
framework. Am J Public Health. Sep 1999;89(9):1322-1327. [Medline: 10474547]

Edited by G Eysenbach; submitted 31.05.12; peer-reviewed by L Ware, M Waring; comments to author 23.06.12; revised version
received 29.08.12; accepted 08.11.12; published 15.01.13

Please cite as:

Hwang KO, Ning J, Trickey AW, Sciamanna CN

Website Usage and Weight Loss in a Free Commercial Online Weight Loss Program: Retrospective Cohort Sudy
J Med Internet Res 2013;15(1):e11

URL: http://mww.jmir.org/2013/1/e11/

doi: 10.2196/jmir.2195
PMID: 23322819

©Kevin O. Hwang, Jing Ning, Amber W. Trickey, Christopher N. Sciamanna. Originally published in the Journal of Medical
Internet Research (http://www.jmir.org), 15.01.2013. This is an open-access article distributed under the terms of the Creative
Commons Attribution License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use, distribution, and
reproduction in any medium, provided the original work, first published in the Journal of Medical Internet Research, is properly
cited. The complete bibliographic information, alink to the original publication on http://www.jmir.org/, aswell asthis copyright
and license information must be included.

http://www.jmir.org/2013/1/e11/ JMed Internet Res 2013 | vol. 15 | iss. 1| ell]|p. 10

(page number not for citation purposes)


http://www.jmir.org/2010/1/e9/
http://dx.doi.org/10.2196/jmir.1347
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20350926&dopt=Abstract
http://www.ijbnpa.org/content/5//54
http://dx.doi.org/10.1186/1479-5868-5-54
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18983667&dopt=Abstract
http://europepmc.org/abstract/MED/21185970
http://dx.doi.org/10.1016/j.jada.2010.10.008
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21185970&dopt=Abstract
http://dx.doi.org/10.1207/s15324796abm3003_5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16336072&dopt=Abstract
http://dx.doi.org/10.1056/NEJMoa061883
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17035649&dopt=Abstract
http://dx.doi.org/10.1038/oby.2007.368
http://dx.doi.org/10.1038/oby.2007.368
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18198319&dopt=Abstract
http://dx.doi.org/10.1016/j.amepre.2008.09.022
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18976879&dopt=Abstract
http://www.ijbnpa.org/content/6//10
http://dx.doi.org/10.1186/1479-5868-6-10
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19220909&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=10028217&dopt=Abstract
http://dx.doi.org/10.1111/j.1467-789X.2005.00170.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15655039&dopt=Abstract
http://dx.doi.org/10.1038/sj.ejcn.1602194
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16052189&dopt=Abstract
http://dx.doi.org/10.1037/0022-006X.73.2.341
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15796642&dopt=Abstract
http://dx.doi.org/10.1249/01.mss.0000218137.25970.c6
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16672853&dopt=Abstract
http://dx.doi.org/10.1001/archinternmed.2009.337
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19858438&dopt=Abstract
http://europepmc.org/abstract/MED/21882997
http://dx.doi.org/10.1089/tmj.2011.0032
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21882997&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=10474547&dopt=Abstract
http://www.jmir.org/2013/1/e11/
http://dx.doi.org/10.2196/jmir.2195
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23322819&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

