
News and Perspectives

The Right to Understand in Health Care AI
Anshu Ankolekar, JMIR Correspondent

Key Takeaways
• The European Union Artificial Intelligence (AI) Act and General Data Protection Regulation (GDPR) give patients

legal grounds to seek explanations of AI-driven medical recommendations, but neither framework specifies what a
meaningful explanation requires in clinical practice.

• Technical, clinical, and literacy barriers mean that even well-intentioned explanations may not reach patients in a form
they can use to make informed decisions about their care.

• Closing this gap requires shifting from compliance (“Was an explanation provided?”) to effectiveness (“Can patients
use it?”).

An artificial intelligence (AI) system flags a nodule on a lung
computed tomography scan and assigns it an 87% malignancy
probability. The radiologist receives a confidence score and
a heat map showing which parts of the image the algorithm
focused on. When her patient asks, “why does the computer
think it’s cancer,” she realizes the output tells her what the AI
concluded but not why or how to explain it to her patient.
It can be incredibly challenging to explain AI reasoning in
clinical practice. The European Union (EU) AI Act, which
entered into force in August 2024 with obligations phasing in
through 2027, requires that deployers of high-risk AI systems
provide those affected with clear and meaningful explanations
of decisions shaped by these systems [1]. This creates a legal
basis for patients to seek explanations of AI-driven medical
recommendations. It also immediately raises a question the
law alone cannot answer: What does a meaningful explana-
tion of an AI medical decision look like in clinical practice,
and how do we deliver it?

Legal Foundation and Open
Questions
Many clinically deployed medical AI systems will fall into
the AI Act’s high-risk category, particularly where they are
regulated as medical device software or serve as safety
components of regulated products [1,2]. For cases where
the AI Act does not directly apply, patients may also draw
on the General Data Protection Regulation (GDPR). Under
Article 22, the GDPR provides safeguards against decisions
“based solely on automated processing,” including the right
to meaningful information about the logic behind those
decisions [3].
However, most clinical AI does not meet Article 22’s
threshold, since a human clinician typically remains the
formal decision maker. This creates ambiguity and a paradox:
the human oversight meant to protect patients may also
reduce their legal claim to explanation, since the decision may
no longer be considered purely automated.

Together, these frameworks establish that patients have legal
grounds to seek explanations of AI-driven medical recom-
mendations, but these are stronger in principle than in
practice, and neither framework specifies what a “meaning-
ful” explanation requires.

Technical Complexity
The difficulty the radiologist in the opening scenario faces
is not incidental. The most accurate AI models generate
outputs through millions of interacting parameters in ways
that even their developers cannot fully trace [4]. Requiring
greater transparency can push developers toward simpler,
more interpretable models that sacrifice diagnostic accuracy,
a trade-off with direct consequences for patient care [5,6].
Current explainable AI methods only partially address this.
Saliency maps show which regions of an image the algorithm
weighted most heavily, but not what it understood about them
[7]. Feature importance rankings indicate which variables
mattered, but not how they interacted or why particular
thresholds were significant [8]. These post hoc approxima-
tions attempt to reconstruct reasoning after the fact [9,10],
and they can produce plausible-sounding explanations that do
not accurately reflect the model’s internal logic [11].

Clinical Implementation Challenges
Even where technical explanations exist, delivering them in
clinical practice has its own barriers. Clinicians typically
receive AI outputs as confidence scores and recommendations
rather than reasoning, meaning they may be asked to explain
a decision they do not fully understand themselves [12,13].
Clinicians already struggle to find time for thorough clinical
conversations, and AI adds another layer of complexity to
encounters that are already stretched [14-16].
Automation bias—deferring to algorithmic recommendations
even when these conflict with clinical judgment—is another
implementation challenge clinicians face [17]. A prospec-
tive study of radiologists reading mammograms found that
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incorrect AI suggestions pulled readers toward an incorrect
diagnosis regardless of level of experience [18]. An explan-
ation delivered by a clinician who has already deferred to
the algorithm may reflect the AI’s conclusion rather than an
independent clinical assessment, challenging the assumption
in both legal frameworks that human oversight guarantees
meaningful review.

Patient Understanding
Even if clinicians provide explanations, understanding is not
guaranteed. Between 22% and 58% of EU citizens report
difficulty accessing, understanding, appraising, and applying
the health information they need to navigate health care
services, with pronounced gaps among older adults, lower
socioeconomic groups, and rural communities [19]. Interpret-
ing AI outputs requires statistical and technical literacy that
even a high general education does not guarantee. Many
highly educated individuals struggle with medical statistics
and probability statements, meaning technically accurate
explanations may create barriers regardless of educational
background [20].
Providing more technical detail is not likely to help. Research
on medical decision-making suggests that excessive technical
information can lead to cognitive overload, causing patients
to defer to physician authority rather than engage with the
explanation [21]. To participate meaningfully in decisions,
what patients typically need is not a description of how an
algorithm works, but clarity on what’s most relevant for their
own situation [22,23].

What Implementation Requires
Resolving these challenges requires multiple actors.
Developers could design explanation systems with patient
input from the outset, testing comprehension with actual
patients rather than demonstrating compliance with legal
standards alone [6]. Drawing on principles from shared
decision-making [24], risk communication [25], and

algorithmic fairness research [26], a useful patient-facing
explanation could include what the system is recommend-
ing and for what decision point; how confident it is and
what that confidence means in practical terms; relevant key
limitations, such as known performance gaps in specific
populations; and viable alternative options. This reframes the
goal from technical transparency to decision-relevant clarity,
with effectiveness measurable by whether patients can answer
these questions after an encounter.
Health care institutions can also bridge this gap. Allocating
time for AI discussions, training staff to support patients in
navigating AI-driven recommendations, and establishing clear
protocols could shift explanation from a compliance exercise
toward genuine patient understanding. Policy makers could
support this by developing standards focused on comprehen-
sion and investing in digital health literacy programs [2].
Involving patients in the design of explanation systems
from the start would strengthen all of these efforts. Patient
advocates have highlighted that explanation approaches tend
to reflect what developers and regulators consider important,
which may not always align with what patients need to know
[27]. Co-design partnerships between developers, institutions,
and patient communities offer a route toward explanations
that are not only legally sound but genuinely useful.

Moving Forward
The EU AI Act gives patients something they did not
previously have: a legal basis for demanding transparency
about AI systems influencing their care. But the right to
explanation and the capacity to deliver one that patients can
genuinely use are shaped by forces the law alone cannot
govern: the opacity of high-performing models, the pressures
of clinical practice, and the diversity of patient needs and
literacy levels.
What the AI Act’s transparency requirements provide, beyond
legal protection, is a shared standard to work toward. The
right to explanation is an important starting point. What
patients need now are answers they can use.
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