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Abstract

Background: Al is increasingly being integrated into health care workflows, with growing interest in Al systems for
documentation, screening, triage, monitoring, and decision support. Mental health care is particularly complex for Al
implementation as clinical care largely depends on therapeutic relationships, contextual factors, empathic communication,
and interpretation of subtle nonverbal cues. Although Al may offer opportunities to improve efficiency and access to care, its
adoption is likely to depend on clinicians’ trust, ethical acceptability, safety, confidentiality, and clarity around professional
responsibility.

Objective: This scoping review aims to synthesize current evidence on mental health clinicians’ attitudes, perceptions, and
beliefs regarding the use of Al tools within mental health care, including the perceived benefits, risks, acceptable use cases, and
conditions considered necessary for implementation.

Methods: A scoping review was conducted in accordance with Joanna Briggs Institute (JBI) guidance and PRISMA-ScR
(Preferred Reporting Items for Systematic Reviews and Meta-Analyses Extension for Scoping Reviews) guidelines. Six
databases (CINAHL, Embase, PsycINFO, PubMed, Scopus, Web of Science) were searched on May 5, 2026, for studies
published from 2020 onwards. Studies were eligible if they examined clinicians’ attitudes, perceptions, or beliefs regarding Al
in mental health care. Studies were screened by 2 reviewers, first by title and abstract, and then by full text. Data extraction
included publication year, country, methodology, participant occupation, Al type, outcome domains, and relevant findings.

Results: Database searches retrieved 12,356 records. Following screening, 35 records were included. Overall, clinicians
demonstrated cautious optimism toward Al, particularly when positioned as supplementing instead of replacing clinical
expertise. Perceived benefits centered on reducing administrative burden, supporting documentation, synthesizing large
volumes of information, and improving access to care, particularly between sessions. However, clinicians also reported limited
Al literacy and prior use, and were concerned about privacy, confidentiality, governance, data ownership, clinical safety,
unsafe or inaccurate outputs, overreliance, unclear accountability, professional role boundaries, and impacts on therapeutic
relationships. Clinicians emphasized the need for education, clear guidelines and governance, role clarity, co-designed systems,
human oversight, and real-world, ongoing evaluation.

Conclusions: This review is innovative in shifting focus from the technical performance of Al tools to the perspectives
of the clinicians who will be expected to use, interpret, explain, and remain accountable for them in mental health care.
Unlike previous reviews, this review provides a clinician-centered understanding of Al adoption, highlighting that acceptability
depends not only on what Al can do but also on whether it can be integrated safely, ethically, and in ways that preserve
professional judgment and therapeutic relationships. These findings suggest that implementation should begin with lower-risk
(eg, administrative), clinician-facing applications, be supported by education and governance, and be evaluated in mental
health settings before wider adoption. These insights provide practical direction for responsible, clinician-centered implementa-
tion across mental health services.
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Introduction

The implementation of Al is rapidly growing within health
care, with increasing movement from theoretical modeling
on retrospective datasets to real-time usage [1,2]. The recent
growth in uptake of Al tools, particularly since the release
of publicly available generative Al software, has further
accelerated how AI might be used to support clinical
communication, documentation, and decision making [2].

Mental health represents an important but equally
challenging context for AI implementation [3]. Mental health
conditions are complex in nature, and developing treatment
plans requires careful consideration of the patient’s subjec-
tive experience and personal narratives, while relying on
the therapeutic alliance, empathic communication, and other
contextual factors [4,5]. As a result, despite advances in
Al, the use of AI in mental health care raises questions
about professional responsibility, patient autonomy, and the
preservation of human-centered care [6,7]. These concerns
are especially salient in mental health care, where inappropri-
ate advice, underestimated risk, or loss of relational trust may
have serious consequences for patient safety and engagement
in future therapy [8]. In addition, the sensitivity of mental
health information leads to concerns for confidentiality, data
security, and appropriate governance when implementing Al
systems [9].

Clinicians’ perspectives are central to acceptable and safe
implementation of AI in health care [10]. Regardless of
technical performance or abilities of Al tools, real-world
usage will depend upon whether clinicians trust them,
understand their limitations, perceive them as clinically
useful, and believe that they can be used without compromis-
ing patient care [10]. As gatekeepers to Al implementation,
clinicians’ attitudes may therefore influence whether Al tools
are adopted or resisted [3,11,12]. Understanding clinicians’
perspectives is therefore essential for determining not only
whether Al is acceptable in mental health care, but also which
aspects of care clinicians consider appropriate for Al support,
and which should remain primarily human-led.

To date, several reviews have examined the use of Al
in mental health care, although their aims and scopes differ
from those of the current review. Existing syntheses have
predominantly evaluated the technical and clinical appli-
cations of Al for diagnosis, prediction, monitoring, and
intervention, or the effectiveness and user experience of
conversational agents and other Al-enabled digital interven-
tions [13-15]. For instance, Cruz-Gonzalez et al [13] reviewed
85 studies of Al applications for mental health diagnosis,
monitoring, and intervention, with a primary focus on the
methods and performance of the technologies. Reviews of
conversational agents have similarly concentrated on their
effectiveness in improving mental health outcomes and the
factors influencing user experience [14,15]. Other reviews
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have examined stakeholder perspectives, but have addressed
different populations, technologies, or contexts from those
of the current review. Young et al [16] synthesized patient
and general public attitudes toward clinical Al across health
care, rather than the perspectives of mental health clinicians
specifically. Henzler et al [17] reviewed health care professio-
nals’ perceived facilitators and barriers to Al adoption across
medical specialties, but only one of the 72 included studies
related to psychiatry, limiting the review’s ability to examine
issues specific to mental health care. Rebelo et al [18]
examined how Al may affect the tasks performed by mental
health care workers, rather than comprehensively synthesiz-
ing clinicians’ attitudes, acceptable use cases, concerns, and
perceived implementation requirements.

Together, existing reviews demonstrate growing interest
in Al within mental health care, but they do not provide a
comprehensive synthesis of primary evidence examining how
mental health clinicians perceive the expanding range of Al
applications. In particular, there remains a need to integrate
evidence across professional groups, study designs, and Al
technologies, and to examine not only clinicians’ overall
attitudes but also the uses they consider acceptable, the
perceived risks and benefits, and the conditions they believe
are necessary for safe implementation. Given that clinicians’
willingness, confidence, and capability are central to the
adoption of Al in practice, understanding these perspectives is
essential for informing the design, evaluation, and implemen-
tation of Al tools within mental health services [3,11,12,19].
This scoping review therefore aims to synthesize current
evidence on clinicians’ attitudes, perceptions, and beliefs
regarding the use of Al tools within mental health care.

Methods

Protocol and Registration

This scoping review was conducted in accordance with
the recommendations of the Joanna Briggs Institute (JBI)
[20], and was reported in accordance with the PRISMA-
ScR (Preferred Reporting Items for Systematic Reviews and
Meta-Analyses Extension for Scoping Reviews) guidelines
(Checklist 1) [19]. A protocol for this scoping review was
prospectively registered with the Open Science Framework
[21].

Selection Criteria

The selection criteria for this review were developed
using the population, concept, and context framework.
The population of interest was comprised of clinicians or
health professionals working in mental health care, including
psychiatrists, psychologists, mental health nurses, medical
professionals, counselors, social workers, and other allied
health staff. Studies containing mixed participant groups
(eg, those reporting attitudes of clinicians and patients)
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were eligible when findings relating to clinicians or health
professionals were reported separately and could be extracted.

The concept of interest was clinicians’ attitudes, percep-
tions, beliefs, knowledge, acceptability, readiness, concerns,
or experiences of Al. Studies in which Al was examined
broadly were eligible, including generative AI, machine
learning, clinical decision support systems, conversational
agents, documentation tools, screening or monitoring
systems, and predictive applications. The context was mental
health care, including psychiatric, psychological, counseling,
psychotherapy, and other mental health service settings.

Studies were eligible for inclusion if they reported
empirical data relating to clinicians’ attitudes, perceptions,
or beliefs regarding the use of Al in mental health care.
This included studies using surveys, interviews, focus groups,
mixed methods designs, or other approaches that captured
clinicians’ perspectives. Studies were included where Al was
examined broadly, or where a specific type of Al or use case
was examined.

Studies were excluded if they evaluated technical
performance, diagnostic accuracy, or clinical effectiveness
of an Al tool without reporting on clinicians’ attitudes,
perceptions, or beliefs. Studies were also excluded if
they focused exclusively on patients, students, caregivers,
developers, or the general public, unless clinicians’ per-
spectives were separately reported. Reviews, conference
abstracts and proceedings, errata, editorials, poster presen-
tations, commentaries, non—peer-reviewed documents, and
articles not available in English were also excluded. Studies
published before January 2020 were excluded to capture
the most recent evidence, reflecting the rapid development
and increasing accessibility of Al technologies, particularly
generative Al. Non—peer-reviewed sources were excluded as
the review aimed to synthesize primary empirical evidence
concerning clinicians’ perspectives. Studies not available in
English were excluded, as resources for translation were not
available. No restrictions were applied according to geograph-
ical location, clinician discipline, participant age group, or
type of mental health service.

Information Sources

The final search was conducted on May 5, 2026, and included
6 databases searched individually: CINAHL (EBSCO),
Embase (Elsevier), PsycINFO (Ovid), PubMed (National
Library of Medicine), Scopus (Elsevier), and Web of Science
(Clarivate), using both MeSH terms or other database-specific
subject headings, and free-text keywords. The search was
limited from January 1, 2020, to the date of the search using
database filters, in order to capture the latest Al-focused
research in this rapidly developing area. No additional
registries, websites, print sources, or search methods were
used.

Search Strategy

The search strategy was developed by the authors, was not
based on any previously published searches, and was reported
in line with the PRISMA-S (Preferred Reporting Items for
Systematic Reviews and Meta-Analyses Literature Search
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Extension) guidelines (Checklist 2). The search strategy was
developed considering each aspect of the population-concept-
context, in consultation with a research librarian, and was
piloted and subsequently refined by the authors. The search
encompassed key terms relating to (1) clinicians; (2) Al; (3)
attitudes, perceptions, or beliefs; and (4) mental health.

The preliminary search strategy was developed in PubMed
and piloted to assess the relevance of retrieved records. It was
then translated for the remaining databases, with database-
specific subject headings and syntax adapted to the require-
ments of each platform. Searches were executed by 1 author
(CH). The full reproducible search strategies for all databases
searched are available in Multimedia Appendix 1.

Screening and Selection Process

The results of the database searches were imported into
EndNote (Clarivate), and then uploaded into Covidence,
a systematic review management tool [22]. Articles were
deduplicated by Covidence (Veritas Health Innovation), and
then screened by 2 authors (CH and MR), first by title and
abstract, then by full text.

Eligibility criteria were operationalized using a stand-
ardized screening form in Covidence available to both
reviewers. Before formal screening, both reviewers independ-
ently assessed a pilot sample of titles and abstracts. Differ-
ences in the interpretation of the eligibility criteria were
discussed, and the screening guidance was refined before the
remaining records were assessed. Both reviewers independ-
ently screened each title and abstract. Records considered
potentially eligible by either reviewer proceeded to full-text
assessment. The reviewers then independently assessed each
full-text article against the eligibility criteria and recorded a
primary reason for exclusion for articles that were excluded.
Conflicts were discussed between the raters until a consensus
was reached. Interrater agreement was assessed using Cohen
A

Data Charting

A data extraction template was developed in Microsoft Excel
by 1 author (CH), which was piloted and refined in consulta-
tion with a second author (MR). The form was piloted using
a subset of included studies selected to represent different
study designs and Al applications. Following the pilot, the
reviewers discussed the relevance of each field, and the form
was refined to ensure consistency and that all data relevant to
the review questions were captured.

Data items were extracted by 2 authors (CH and MR), who
cross-checked results for accuracy and consistency. Discrep-
ancies were resolved through discussion and consensus, with
reference to the original publication. The charting form was
updated iteratively where new relevant concepts emerged,
and previously charted studies were reviewed following any
changes to ensure consistent application across the data-
set. Where information was not reported or could not be
determined from the publication, it was recorded as “not
reported.”
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Data Items

Extracted data included authors, year of publication,
country, study designs, data collection methods, participants’
occupation, type of Al examined, study domains or top-
ics explored, and findings relevant to clinicians’ attitudes,
perceptions, and beliefs. Data were also extracted, where
reported, on perceived benefits, risks, use cases, implemen-
tation considerations, governance issues, needs for educa-
tion, impacts on professional roles, impacts on patients,
and overall sentiments toward Al. Professional groups were
initially recorded using the terminology reported by each
study and were subsequently grouped into broader categories.
Al applications were classified according to their descri-
bed function. In both cases, categories were not mutually
exclusive, and studies could contribute to more than one
professional or Al application category.

Synthesis of Results

Study characteristics were summarized descriptively using
counts and percentages for publication year, geographical
location, study design, participant profession, and type of
Al application examined. Findings relating to clinicians’
attitudes, perceptions, and beliefs were synthesized narra-
tively. Extracted findings were initially organized according
to the review objectives and recurring concepts identified
across the included studies. Similar findings were com-
pared and grouped into broader descriptive domains through
discussion between 2 reviewers (CH and MR). The develop-
ing domain structure was applied across all included studies
and refined iteratively until it represented the range of
perspectives reported.

https://www jmir.org/2026/1/€92370

Hudson et al

The studies’ key findings were synthesized into nine
domains: (1) Al knowledge, familiarity, and prior use; (2)
attitudes, perceptions, and emotional responses; (3) perceived
benefits and opportunities; (4) perceived risks, harms, and
ethical concerns; (5) potential uses for Al in mental health
care; (6) implementation, integration, and adoption readiness;
(7) impact of Al on professional roles and future practice;
(8) impact on the therapeutic relationship; and (9) education,
training, policy, and governance needs.

Results

Selection of Sources

The database searches returned a total of 12,356 records.
Following the removal of 3467 duplicates, 8889 sources
were screened by title and abstract, with 8786 being deemed
irrelevant. The remaining 103 articles were sought for
retrieval, with 15 of these being excluded due to the full text
being unavailable. The remaining 88 full texts were screened,
with 53 excluded as they did not meet the inclusion criteria
for the following reasons: wrong population (n=24), wrong
outcomes (n=13), wrong setting (n=9), wrong study design
or publication type (n=3), not being Al-focused (n=2), and
studies not available in English (n=2). The raters demonstra-
ted moderate agreement when screening (Cohen #=0.60). A
total of 35 articles were included in the final review (Figure
1) [3,11,12,23-54]
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Figure 1. PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) flow diagram.
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Characteristics of Included Studies

The included studies were published between 2020 and
2026, with most (n=29, 82.9%) being published from
2024 onwards. Studies were conducted globally, targeting
populations in North America (n=9, 25.7%) [30,35,36,41 46-
48,51,54], the Middle East (n=7, 20.0%) [11,25-27,39.40,

https://www jmir.org/2026/1/€92370

52], Europe (n=6, 17.1%) [28,34,44,4549,53], Asia (n=4,
11.4%) [23,32,43,50], Australia (n=3, 8.6%) [3,12,37], and
Africa (n=1, 2.9%) [24]. Four (11.4%) studies were conduc-
ted globally [29,33,38,42] and 1 study (2.9%) was conducted
across both Germany and the United States [31] (Multimedia
Appendix 2, Figure 2).
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Figure 2. (A) World map displaying the study locations, (B) number of studies per country, and (C) year of publication.
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Eighteen (51.4%) of the studies used surveys [11,12,23-27,
29-31,33-35,38.42,47,49,53], while 16 (45.7%) used either
individual or focus group interviews [3,28,32,36,37,39-41,
43-46,50-52,54]. One (2.9%) study used both a survey
and an interview [48]. Participants were all individuals
who worked clinically within a mental health care set-
ting and included psychiatrists (n=20, 57.1%) [3,11,12,24-
27,31,33,34,37-39,42-44 50,51], psychologists (n=14, 40.0%)
[3,11,12,2327,28,31,34,37,39,42,44,4550], counselors or
therapists (n=14, 40.0%) [3,12,31,34,35,37,39,41,42,45-47,
49,53], nurses (n=9, 25.7%) [11,12,28,32,40,43,44,52,54],
social workers or welfare officers (n=8, 22.9%) [3,12,28,37,
42.46,50,54], medical doctors and general practitioners (n=7,
20.0%) [11,12,23,26,36,48,51], support workers (n=4, 11.4%)
[3,12,37,42], allied health staff (n=2,5.7%) [12,23], and other
mental health professionals (unspecified; n=2, 5.7%) [11.42]
(Multimedia Appendix 2).
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The majority of studies discussed AI broadly (n=14,
40.0%) [11,12,23,25,26,29,32,33,35,42,51-54] or in terms of
generative Al (GenAl) or large language models (LLMs) such
as ChatGPT [55], Gemini [56], or Copilot [57] (n=14, 40.0%)
[3,12,27,30,37-44,46 49]. Studies also discussed clinical
decision support tools (eg, Al-supported diagnostic, treatment
planning, risk detection, or triaging tools; n=12, 34.3%) [24,
26,28,32,34,36,40,44,48,50-52], psychotherapy chatbots or
conversational agents (n=9, 25.7%) [3,12,24,30,31,37,39,45,
49], documentation or notetaking tools (n=4, 11.4%) [31,37,
4146], tools providing supervision or feedback on clini-
cians’ performance (n=4, 11.4%) [24,31,4647], or symp-
tom monitoring or prediction tools (n=3, 8.6%) [32,34.44]
(Multimedia Appendix 2).
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Factors Shaping Clinicians’ Acceptability
of Al

Overview

Across the included studies, clinicians’ acceptability of Al
was generally conditional and context-dependent, based on
how Al was intended to be used, the degree of clinician
oversight retained, and the perceived level of clinical risk
[3,24,36,41,44]. Clinicians tended to be more receptive to
Al when it was positioned as a supportive or supplementary
tool, particularly where professional judgment and respon-
sibility remained with the clinician. Greater caution was
evident where Al was perceived to operate more autono-
mously, replace aspects of human care, or influence higher-
risk clinical decisions [41,45,49,52]. Acceptability was also
influenced by clinicians’ familiarity with AlI, perceived
usefulness and safety, confidence in evaluating outputs, and
clarity regarding professional roles and accountability [24,31,
53,54].

The findings charted from each included study are
presented in Multimedia Appendix 3. For each study, the

Hudson et al

table summarizes clinicians’ Al knowledge and previous
use, overall attitudes and perceptions, perceived benefits and
risks, acceptable or proposed applications, implementation
considerations, effects on professional roles and therapeutic
relationships, and identified education, policy, and gover-
nance requirements. Individual studies commonly contrib-
uted evidence to several of these areas. The distribution
of evidence varied substantially across professional groups,
Al application types, and synthesis domains. Figure 3 maps
the number of included studies examining each combination
of professional group and Al application type. Evidence
was concentrated among psychiatrists, psychologists, and
counselors or therapists, particularly in relation to general
Al, generative Al or LLMs, and conversational agents. In
contrast, relatively little evidence was identified for allied
health professionals, support workers, or other mental health
professional groups, particularly in relation to symptom
monitoring or prediction, documentation tools, feedback or
supervision tools, and clinical decision support applications.

Figure 3. Heatmap of the distribution of charted evidence across professional groups and Al application types. LLM: large language model.
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Figure 4 presents the distribution of charted findings across
professional groups and the nine synthesis domains. Evidence
was most extensive for psychiatrists, psychologists, and
counselors or therapists, while substantially fewer studies
contributed findings for allied health professionals, support
workers, and other mental health professionals. Across
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professional groups, evidence relating to Al knowledge and
prior use and the therapeutic relationship was generally
less extensive than evidence concerning perceived benefits,
potential uses, attitudes, risks, implementation, and gover-
nance.
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Figure 4. Heatmap of the distribution of charted evidence across professional groups and synthesis domains.
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Al Knowledge, Familiarity, and Prior Use

Studies demonstrated a consistent gap between awareness
of Al and prior experiences with clinical Al-enabled tools.
Clinicians frequently reported awareness of Al as an
emerging technology; however, many had limited training
or direct usage and were uncertain about how Al systems
functioned or how they could safely be embedded into
clinical workflows [23,24,31,54]. Clinicians demonstrated
greater familiarity with GenAl tools such as ChatGPT [55];
however, previous usage was mostly limited to administrative
tasks, writing summary documents, brainstorming, or general
information-seeking rather than assisting with diagnosis,
treatment planning, or risk assessment [12,30,37,38 41].

Studies also highlighted the overlap between clinicians’
and patients’ knowledge, familiarity, and use of Al. Even
when clinicians were not personally using Al tools, they
often encountered patients who were using chatbots or GenAl
tools to interpret symptoms, seek reassurance, or prepare for
appointments [12,30,42,45]. Clinicians raised concerns that
publicly available Al tools used by patients could provide
inaccurate, out-of-context, or unsafe advice, particularly when
used by people who are distressed or experiencing com-
plex mental health conditions [3.,45,49]. Therefore, clinicians
highlighted a need to know enough about Al to be able to
ask patients about their Al usage, correct misinformation, and
discuss limitations of these tools [12,30,42.45].

Attitudes, Perceptions, and Emotional
Responses

Attitudes toward Al were generally conditional, task-depend-
ent, and shaped by clinicians’ perceptions of control, safety,
and clinical relevance [3,11,12,24,30,31,36,37,39-42.48-50,
53,54]. In general, Al was perceived more positively when
it was framed as complementing, not replacing clinicians [11,
12,24,26,36,39,54]. Counselors and psychotherapists reported

https://www jmir.org/2026/1/€92370

Professional group

curious optimism about the potential of Al to act as an
adjunct to therapy; however, they were concerned about
diminishing human connection, lack of privacy, and potential
bias [35,41,45,49,53]. Mental health nurses expressed greater
concern for AI’s ability to understand human experi-
ence, given the human nature of mental health nursing
where clinical judgment depends on emotional intelligence,
contextual understanding, and ongoing patient interactions.
Despite participants’ lack of knowledge and limited use of Al
tools, clinicians were cautiously optimistic about its potential
to enhance and streamline patient assessment processes and
support risk detection; however, more education, training, and
guidelines around its usage were desired before adoption into
mental health care could be considered [23,24,31,32,54].

Perceived Benefits and Opportunities

Al was perceived as beneficial when framed as a clinical
support tool that would assist in making mental health care
more efficient, informed, and accessible [3,11,12,24,30,31,
36,37,39,42.43,47,52-54]. Clinicians identified the potential
alleviation of administrative burdens as one of the greatest
benefits to the usage of Al, as it was reported to be useful in
drafting or summarizing case notes, preparing documentation,
and planning client sessions [12,30,37,4246]. Clinicians also
perceived Al to be beneficial in managing large volumes of
patient data due to its ability to quickly synthesize infor-
mation from multiple data sources, and saw potential in
its ability to support screening, triage, and ongoing patient
monitoring by identifying patterns that may otherwise be
missed [24,34,36,54]. Al was also seen to have the poten-
tial to improve access and patients’ engagement with care.
Several studies suggested that Al could support workforce
shortages and unmet demand for services by supplementing
care between sessions or when waitlists were long [12,24,32,
39,43 .44].
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Perceived Risks, Harms, and Ethical Concerns

Despite the identified benefits of AI, clinicians were
concerned about its usage and raised a number of poten-
tial risks. Most prominent was the current lack of ethics,
governance, and guidelines around data privacy [3,12,32,37,
39.4143,44,51,52,54]. Given the sensitivity of mental health
data, participants questioned how this information would be
stored and secured, who would hold ownership of the data,
and whether Al would introduce new complexities around
confidentiality and enhanced data privacy [12,39,54].

Clinicians also raised concerns about clinical safety,
quality, and limitations of Al-based systems, and whether
or not these systems were at risk of providing inaccurate
and insensitive responses, leading to greater risk of safety
and ethical concerns, and reduced treatment effectiveness
[3,24,32,43.4547,52]. Participants also highlighted that Al
may not have the ability to consider the nuances of com-
plex human behavior observed in psychiatry, and would
struggle to interpret severe emotional states, interpret subtle
interpersonal cues, and appropriately respond to complex,
high-risk scenarios [3,43,52]. These concerns were particu-
larly pronounced when clinicians discussed Al as providing
therapeutic advice, interpreting emotional distress, supporting
risk assessment, or responding directly to vulnerable clients,
especially in contexts where human judgment, relational
understanding, and clinical accountability were considered
central to safe care [3,32,37,41-43,4549,51,52]. Concerns
about bias were also reported in several studies, includ-
ing algorithmic bias, discrimination, black-box decision
making, and the risk that unrepresentative training data could
produce poorer outputs for minority populations [35,39.47,
50]. However, concerns about bias were not consistent across
studies, with some clinicians viewing the potential for Al to
instead reduce bias in clinical decision making [24,36,44].

Participants raised concerns about overreliance on Al
and unclear role boundaries, worrying that clinicians or
clients may place too much trust in Al outputs, espe-
cially where systems appeared knowledgeable, authoritative,
or empathic [30,4142.4547]. Clinicians also questioned
whether responsibility for Al-associated harm would rest
with patients, clinicians, health care organizations, or Al
developers [12,37,41,44,51]. This lack of clarity was central
to clinicians’ reluctance to support integration of Al, and
reinforced the need for transparency, clear governance, and
human oversight.

Potential Uses for Al in Mental Health Care

The included studies identified a range of potential uses
for Al in mental health care, though perceived acceptability
varied. Administrative and clinician-facing applications were
consistently deemed the most acceptable, and were viewed to
be relatively low risk as they reduced administrative burden
while preserving clinicians’ focus for patient-facing, clinical
tasks. These applications include documentation, case note
generation, report writing, session summaries, and reflective
practice [12,30,37,42 46].
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Screening, triage, monitoring, and decision-making
support tools were also discussed as promising applications
[24,32,34,36,43.,48,54]. For instance, clinicians felt AI would
be useful to synthesize large volumes of information, identify
clinical patterns, support screening or risk detection, and
provide prompts or recommendations within a clinician-fac-
ing application [24,32,34,36,43,44.48,50,54]. By contrast,
clinicians were more cautious about Al applications involving
diagnostic or treatment decisions, crisis response, therapeutic
interactions, or those that are patient-facing [3,26,41,45.49,
52]. Some studies suggested that Al tools may have potential
as adjunctive supports for psychoeducation, between-session
support, homework tasks, or improving access to information,
provided that they are used carefully and with appropriate
safeguards [3,37,45].

Implementation, Integration, and Adoption
Readiness

Implementation and adoption readiness were shaped by both
individual and organizational factors. At the individual level,
clinicians’ willingness to use AI depended on perceived
usefulness, Al literacy, confidence, and trust [24,31,32,53,
54]. Several studies identified limited familiarity and lack
of Al-related training as barriers to adoption, suggesting that
clinicians may be reluctant not because they reject the use
of Al, but because they feel unprepared to use, evaluate, or
explain it [24,31,53,54].

At an organizational level, clinicians emphasized the
need for streamlined workflow integration, organizational
readiness for change, clear governance, and evidence
of safety and effectiveness [31,32,36,44,54]. Studies that
examined implementation considerations found that clinicians
required Al tools to be integrated into existing clinical
routines, rather than being an additional burden or disrup-
tion, as well as clear guidance on when Al should be used,
how outputs should be interpreted, and who would remain
accountable for Al-influenced decisions [36,44,54].

In some studies, clinicians voiced a desire to be involved
in the integration of Al to positively guide uptake, suggest-
ing adoption readiness may be improved through co-design,
training, and transparent communication [36,54]. Overall,
successful implementation appeared to be dependent on
embedding Al within safe, clinician-led, organizationally-
supported models of care.

Impact of Al on Professional Roles and Future
Practice

Clinicians generally did not view Al as a replacement
for mental health professionals, but many expected it to
reshape several aspects of clinical practice [25,26,29,30,33,
35,3946 47]. Al was deemed most likely to impact admin-
istrative, documentation, and information processing tasks
[25,26,29,30,33], while assessment, therapeutic engagement,
and professional judgment were likely to remain unchanged
[25,26,29,33,35]. Nevertheless, some clinicians remained
concerned that AI could devalue professional expertise,
reduce recognition of human skills, or be promoted as
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a cheaper substitute for clinical care [25,324147,52].
However, others felt that Al could strengthen professio-
nal practice by reducing administrative burden, supporting
reflection, improving efficiency, and contributing to training
or supervision [35,46,47].

Impact on the Therapeutic Relationship

The therapeutic relationship was repeatedly identified as a
central issue in clinicians’ perceptions of Al. Mental health
nursing staff, in particular, questioned whether or not it was
appropriate to use Al to address patients’ clinical needs, and
felt that AI could not adequately meet patients’ needs for
emotional support, empathy, and face-to-face communication
[52]. Clinicians emphasized that mental health care relies on
human contact, compassion, and therapeutic alliance, and felt
that patients may prefer to be treated by a human rather than
by AI[29,32,3541.45,49,52].

At the same time, Al was not always viewed as harmful
to the therapeutic relationship. Some clinicians highlighted
that Al could indirectly support patient-clinician relationships
by reducing administrative burdens and allowing clinicians
to be more present with clients, or by providing a level of
support to clients in between sessions [45,46]. Nursing staff
also identified potential roles for Al to assist in care planning,
patient monitoring, risk detection, and improving access to
information, while maintaining that Al should support, rather
than replace, human-centered care [52].

Education, Training, Policy, and Governance
Needs

Clinicians called for education and training on how Al
systems work, their functionalities, how to interpret outputs,
and how risks such as bias, hallucinations, privacy breaches,
and overreliance should be managed. Training needs were
closely linked to adoption readiness, with clinicians indicating
greater willingness to engage with Al when they understood
its limitations, had opportunities to practice using it, and
could clearly see how it fit within their professional role
[24,31,53,54]. Clinicians who highlighted that patients were
already using Al tools recognized an additional need to
be able to discuss Al use with patients to guide safe and
appropriate engagement. Clinicians called for clear gover-
nance and policies that provide ethical guidelines, privacy
safeguards, professional standards, regulatory oversight, and
organizational policies clarifying accountability [11,23,24,32,
374344 49 54]. Safe structures, education, and governance
were not seen as optional additions to the implementation
of Al in mental health care. Rather, they were perceived as
central requirements necessary to build clinicians’ trust and
confidence, protect patients, and ensure that Al is used in
a safe and supportive manner [11,23,24,31,32,37,38,43,44,53,
54].
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Discussion

General Discussion

This scoping review aimed to synthesize the current evidence
on clinicians’ attitudes, perceptions, and beliefs around the
use of AI in mental health care. The findings indicate
that clinicians are cautiously optimistic about AI, but their
acceptance is conditional on how AI is used. Clinicians
recognized potential value in Al tools, which could reduce
administrative burden, support documentation, assist with
screening or monitoring, and improve access to care, but
raised concerns about privacy, clinical safety, accountability,
professional role boundaries, and impacts on the therapeutic
relationship. Overall, clinicians do not necessarily reject Al
in mental health care, but successful implementation requires
clear role boundaries, human oversight, education, gover-
nance, and evidence of safe use. These findings are consis-
tent with broader health care Al literature, which argues that
the translation of Al into clinical practice depends on more
than model performance and requires workflow integration,
clinician trust, clear accountability, and prospective evalua-
tions in real-world settings [58,59].

The mapping of the evidence demonstrated that the
literature is currently unevenly distributed across professional
groups, Al applications, and areas of clinician experience.
Evidence was concentrated among psychiatrists, psycholo-
gists, and counselors or therapists, whereas comparatively
few studies included allied health professionals, support
workers, or other mental health professional groups. This
imbalance is important because different professional groups
have distinct roles, scopes of practice, patterns of patient
contact, and responsibilities within mental health serv-
ices, and may therefore experience the introduction of
Al in different ways. Similarly, some Al applications,
including symptom monitoring and prediction, documenta-
tion, and feedback or supervision tools, were examined
across a narrower range of professional groups than gen-
eral Al, GenAl, and conversational agents. The domain-
level mapping further demonstrated comparatively limited
evidence regarding clinicians’ Al knowledge and prior use
and the impact of AI on therapeutic relationships. These
gaps suggest that the existing literature may provide a
stronger understanding of clinicians’ general attitudes toward
Al, rather than of how specific technologies are experi-
enced by the diverse workforce expected to use them in
practice. Future research should therefore broaden represen-
tation across professional groups and examine specific Al
applications within the clinical contexts in which they are
intended to be implemented, with particular attention to
clinicians’ real-world experience with these technologies and
their effects on therapeutic care.

Successful implementation of Al into mental health care
should begin with clinical need, rather than technological
capability. Clinicians were most receptive to Al when it
addressed current pressures on mental health services, such
as administrative burden, workforce constraints, the abun-
dance of information, and delays in patients’ access to care,
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suggesting that implementation should prioritize tools that
address clearly defined problems within existing models
of care. Introducing AI simply because the technology is
available risks the introduction of tools that are poorly
aligned to clinical workflows, increase burden, or fail to
address issues within mental health practice, reflecting wider
implementation concerns [58]. Lower-risk clinician-facing
applications, such as documentation support, may provide a
practical starting point to build clinicians’ knowledge and
familiarity with Al tools, while preserving more time and
attention for human interaction and clinical judgment [58-60].

To best support clinicians’ usage of Al, education should
be treated as a prerequisite for successful implementation,
rather than optional additions [61,62]. Clinicians require
training that extends beyond surface-level familiarity to
include the ability to generate prompts, critically appraise
outputs, communicate with patients about appropriate Al
use, understand privacy and confidentiality, recognize bias
or hallucinations, manage overreliance, and be aware of
accountability [63-65]. Moving forward, training programs,
such as microcredentials, will be imperative for clinicians
to develop core competencies required to safely use Al in
mental health care. Legal responsibility and accountability
also require careful consideration. Broader health care-Al
literature has highlighted that existing liability frameworks
may be poorly suited to address harms associated with Al,
particularly where responsibility may be distributed across
clinicians, health care organizations, software developers,
service providers, and regulators [66,67]. Implementation
will require clear governance, defining the intended roles
of Al tools, clinicians’ responsibilities in checking out-
puts, documentation requirements, escalation pathways, and
processes for monitoring errors or adverse events [59,61].

This review also highlights the need for co-design and
real-world evaluation, as clinicians voiced a desire to be
involved in AI implementation. Co-design is critical in
mental health care as the consequences of poor implementa-
tion extend beyond technical errors and may affect patient
safety, equity, therapeutic relationships, and trust [59,61,62,
68]. This aligns with co-design literature in mental health
care, which argues that interventions should be designed
and evaluated with, rather than for, the people who will use
them [68]. A tool that appears accurate in controlled testing
environments may still not be successful if it is disruptive
to therapeutic relationships, increases administrative burden,
produces inaccurate outputs, or is perceived to be replacing
human elements of care. Al development and implementa-
tion should be guided not only by clinicians but also by
other key stakeholders including patients, carers, developers,
researchers, and policymakers, to ensure that they are usable,
acceptable, and clinically appropriate. Current Al evaluation
guidance emphasizes the need to assess human-Al interac-
tions, workflow integration, safety, and usability rather than
technical performance alone [59,61,62,69].
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Limitations

As a scoping review, this study aims to map the existing
literature rather than critically appraise study quality or
establish causal relationships, which limits the ability to draw
conclusions about the effectiveness or impact of Al-based
tools in clinical practice. The review is also constrained
by the scope and quality of the included studies, many of
which rely on self-reported attitudes and perceptions that are
susceptible to response bias, social desirability effects, and
variations in Al literacy among clinicians. Additionally, the
rapidly evolving nature of generative Al means that clini-
cians’ views captured in the literature may quickly become
outdated as tools, governance frameworks, and clinical
integration mature. Finally, heterogeneity in study designs,
clinical settings, professional roles, and definitions of Al
may limit the generalizability of the findings across different
mental health contexts and health systems.

Conclusions

This review is innovative in shifting the focus from the
technical performance of Al tools to the perspectives of the
clinicians who will be expected to use, interpret, explain, and
remain accountable for them in mental health care. Unlike
previous reviews, this review provides a clinician-centered
understanding of Al adoption, highlighting that acceptability
depends not only on what Al can do but also on whether it
can be integrated safely, ethically, and in ways that pre-
serve professional judgment and therapeutic relationships.
These findings suggest that implementation should begin with
lower-risk (eg, administrative), clinician-facing applications,
be supported by education and governance, and be evaluated
in mental health settings before wider adoption.

Since the release of ChatGPT [55] in 2022, public
awareness of Al-enabled tools has increased rapidly,
prompting broader reflection on where these systems can and
should be used. Al is rapidly becoming ubiquitous in health
care, and as a result, mental health services will increasingly
need to determine not only whether Al tools can be used
but whether they can be implemented safely, ethically, and
in ways that preserve clinicians’ judgment and patients’ trust.
For this reason, future research should move to examine and
evaluate how Al tools function in real-world mental health
settings. This should include assessment of clinical work-
flow, clinician workload, patient experience, equity, privacy,
safety, therapeutic relationships, and unintended consequen-
ces over time. Integration of Al into mental health care will
therefore require ongoing evaluation and refinement, rather
than one-off validation before implementation. The future of
implementation into mental health care will therefore depend
on ensuring that Al strengthens services without eroding
human judgment, trust, and therapeutic relationships that
remain central.
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