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Abstract

Background: Globally, health systems face increasing challenges due to improved life expectancy, rising levels of disease,
greater expectations for health care, and growing expenditure. AI-based technologies are increasingly used to support clinical
decision-making and contribute to effective delivery of care. AI has significant potential in terms of diagnostics and treatment
for preventive and personalized medicine, including progressive, nonprogressive, or neurodivergent conditions affecting the
brain, spinal cord, and nerves. Although AI has been extensively applied to several areas of health, its application to neurological
conditions remains limited.

Objective: This qualitative study explores the perspectives of patients and the public impacted by neurological conditions on
the use of AI in health care in Ireland. It focused on the benefits and concerns regarding AI implementation to inform effective
and safe use of AI in clinical decision-making.

Methods: We conducted a qualitative cross-sectional study using focus groups of patients and the public (family members). A
combination of purposive and snowball sampling was used in participant recruitment. The sample consisted of 15 participants
involved in 2 focus groups, most commonly with conditions including early-onset Parkinson disease, epilepsy, and multiple
sclerosis. Qualitative data were transcribed, and thematic data analysis was undertaken using NVivo (version 12; Lumivero)
software.

Results: The main benefits of AI in clinical decision-making included improved diagnostics and treatment for neurological
health care, increased patient involvement in care and decision-making, and resource efficiency. Participants believed that
AI-powered systems could assist with information collation and decision-making, and AI could be an aid in simple repetitive
tasks, allowing clinicians more time for clinical work. The concerns included preparedness of the national health data ecosystem,
harm resulting from AI application, and overreliance on AI resulting in deskilling. Participants were generally supportive of AI
in clinical decision-making; however, their support was conditional on a stringent regulatory framework and human supervision
over AI use.

Conclusions: Neurological conditions have a significant impact on the lives of patients and their families, with large resource
implications for the health care system. AI has the potential to contribute to significant benefits, such as improved diagnostics,
resource efficiency, novel insights, and improved provision of health care. However, the health care system needs to focus on
the readiness and availability of health data. This study highlights the importance of preparing health systems for the expansion
of AI systems, including supporting clinicians and patients in the appropriate and safe implementation of AI in health care.
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Introduction

Globally, health systems face increasing challenges with more
demand for health care due to aging populations, improved life
expectancy, rising levels of disease, greater demand for and
expectation of health care, and growing expenditure. Decision
support tools, including AI-based technologies, are increasingly
being used to support clinical decision-making in health care
and contribute to efficiencies and effective delivery of care [1].
An AI system refers to “a machine-based system that is designed
to operate with varying levels of autonomy and that may exhibit
adaptiveness after deployment, and that, for explicit or implicit
objectives, infers, from the input it receives, how to generate
outputs such as predictions, content, recommendations, or
decisions that can influence physical or virtual environments”
[2]. Different AI technologies have been implemented across
health care. Clinical decision support systems (CDSs), which
are augmented intelligence tools to support or complement
decision-making, are commonly based on supervised and
unsupervised machine learning and deep learning [3,4]. More
recently, other tools have been incorporated into clinical
decision-making, for example, in areas such as radiology for
image analysis and in risk prediction, and often in the context
of multimodal data [5]. Other tools support more resource
efficiencies, such as conversational agents (eg, chatbots and
speech recognition), based on machine learning and natural
language processing [6], and large language models, including
widely available tools such as ChatGPT [7].

AI systems have the potential to improve and transform how
health care is delivered, ultimately leading to efficiencies and
better health outcomes. In a systematic literature review of AI
in health care, Ali et al [8] examined AI-enabled health care
benefits, challenges, methodologies, and functionalities. The
findings suggest that AI continues to outperform humans in
specific aspects of medical and administrative processes related
to accuracy, efficiency, and timely execution. Benefits for
patients in diagnosis, treatment, and health monitoring for
chronic conditions were identified. However, there were also
concerns around patient safety, data integration, and legal, and
privacy issues when used in care management. Previous
evidence on the perspectives of patients, informal caregivers,
and health care professionals (HCPs) on the use of AI in
diagnostics and management in health care generally focuses
on the limitations, potential benefits, and ethical and social
aspects, but the evidence is mixed. In a review of barriers and
facilitators influencing HCPs’ acceptance of AI in the hospital
setting, the findings on perceptions of the effects of AI on error
detection or alert sensitivity were heterogeneous, whereas
limiting factors of loss of autonomy and integration of AI into
clinical workflows were consistently reported [9]. A qualitative
meta-synthesis of 12 studies on public perception of AI in health
care found that the public acknowledged the advantages of
medical AI; however, there were also concerns regarding ethical
and legal issues [10]. The public perspective of any new digital
implementation in health care is critical to successful

implementation and effective adoption. Therefore, it is crucial
that research further investigates public views on AI use in
diagnosis, management, and care.

AI has been extensively applied to several areas of health care,
including noncommunicable diseases such as cancer and
cardiovascular disease, but it has had limited application in
neurological conditions [11]. Due to the often progressive nature
of neurological conditions and the wide range of symptoms,
including physical, cognitive, emotional, and behavioral, patients
and carers affected by such conditions can provide a unique
perspective on how AI systems could be used to help manage
conditions such as dementia, epilepsy, multiple sclerosis, and
motor neuron disease. Diagnosis and management of these
conditions often require multimodal data (ie, images,
electroencephalography, and clinical information). As AI has
been shown to integrate diverse types of patient data [5], it offers
a powerful approach to advancing personalized medicine. For
example, in dementia care, AI with multimodal data is
improving differential diagnosis and early detection, informing
disease progression and patient stratification for clinical trials
[12]. However, qualitative and quantitative evidence on
perspectives of AI in health care related to neurological
conditions is lacking.

Therefore, this qualitative study aims to explore the perspectives
of patients and the public impacted by neurological conditions
on the use of AI in neurological health care. The goal of this
study is to inform the effective and safe use of AI in clinical
decision-making, with a specific focus on the benefits and
concerns regarding AI implementation. Specifically, our
research question was to ask what the perspectives of patients
and the public are on the use of AI in the diagnosis,
management, and care of neurological conditions.

Methods

Study Design
A qualitative cross-sectional study of the perspectives and
expectations of patients and the public toward the application
of AI in neurological health care in Ireland was conducted using
focus group discussions. The conduct and reporting of this study
followed the Consolidated Criteria for Reporting Qualitative
Research (COREQ) guidelines [13].

Research Team and Roles
The primary researcher on this project was TB, a senior
postdoctoral fellow, who has 10 years of experience in
conducting qualitative research. The principal investigator on
the project was KB, a professor of biostatistics, with over 30
years of experience in undertaking medical research. Laura
Brady, previously appointed as the digital health innovation
lead, assisted with study design and recruitment, and research
assistant Karen Fowler assisted during data collection and
analysis. In an effort to reduce potential researcher bias due to
backgrounds, knowledge, and specialization, the study protocol
and supporting materials, such as the topic guide, were
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developed in a collaborative manner by the research team, and
any differences in opinion were discussed and resolved through
consensus. In addition, 1 transcript was coded by 2 members
of the research team, and any differences in coding were
explored to facilitate greater validity of the findings. In addition,
the COREQ guidelines [13] ensured methodological rigor.

Participant Recruitment
The study included patients with neurological conditions and
members of the public whose family members were impacted
by neurological conditions, such as parents of children, or who
were otherwise involved in this field through work or advocacy.
We have combined patients and the public into one group, as
neurological conditions have a significant impact on the lives
of patients, their families, and wider society. Only adults and
those residing in Ireland were included in the study. A
combination of purposive and snowball sampling methods was
used in participant recruitment. Participant recruitment included
those receiving health care for neurological disease, family
members, and those interested in the application of AI in clinical
decision-making. Procedures for recruitment involved the
following: social media posts, for example, on LinkedIn, with
an advertisement for the study; a news story advertising the
study with known patient organizations such as Epilepsy Ireland;
and snowballing of existing participants. The FutureNeuro
Centre for Translational Brain Research was actively involved
in assisting with recruitment. Those willing to take part in the
study contacted the research team. The researchers had no prior
relationship with the participants. The participants knew the
researchers’ names, their affiliation, and the objectives of the
study. Once initial contact was established, they were
approached by the lead researcher via email.

Data Collection and Analysis
The data were collected through online focus groups in spring
and summer 2025 via the Zoom platform (Zoom Video
Communications). The focus groups were organized and
facilitated by TB, and a research assistant took notes. There
were 2 focus groups with 7 and 8 participants, respectively, for
approximately 2 hours each. Nobody else was present during
data collection besides the participants and the researchers. A
semistructured approach was used, and discussions were guided
by a topic guide (Multimedia Appendix 1), informed by the
literature review and developed through discussions between
TB, KB, and Laura Brady. A pilot one-to-one online interview
was conducted with a female patient with early-onset Parkinson
disease. Based on the pilot interview and feedback from the
participant, the topic guide was refined. To facilitate an informed
discussion, participants were given a definition of AI in the
participant information leaflet (Multimedia Appendix 2) and
asked to watch a short video by The Economist titled “How AI
Can Make Healthcare Better” [14] before the scheduled focus
group, which provided an overview of the application of AI in
health care, including the benefits and risks. As this was an
exploratory qualitative study, our approach was to conduct an
in-depth, localized exploration rather than generalization. We
aimed for information sufficiency, completing focus group
discussions once all questions had been answered. The focus

groups were audio-recorded and transcribed verbatim, with all
identifying markers removed prior to analysis.

Thematic data analysis was undertaken with the support of
NVivo (version 12; Lumivero). TB coded the qualitative data
and created the coding index, which was discussed with KB.
One transcript was coded independently by TB and KF, and the
results were compared. The analysis was driven by the data,
where recurring patterns of meaning were sought in the data to
generate themes, rather than relying on a preexisting coding
framework [15,16]. The 6 phases of reflexive thematic analysis
were followed: familiarization with the data, generating initial
codes, searching for themes, reviewing themes, defining and
naming themes, and producing the report. Considering that
thematic analysis is not a linear process, movement back and
forth between these 6 phases occurred. In addition, it has been
argued that thematic analysis is a family of methods, rather than
there being a standardized approach to conducting thematic
analysis [17], and therefore elements of both deductive and
inductive analysis were incorporated. Specifically, data analysis
commenced deductively, with all data classified under four
broad categories corresponding to the topic guide: (1) clinical
decision-making, (2) benefits of AI application, (3) risks and
concerns with AI application, and (4) regulatory framework.
Subsequently, the analysis continued in an inductive way, and
codes and subcodes were developed, reviewed, organized, and
consolidated. The central focus was to juxtapose the benefits
of AI application against the concerns. The themes and
subthemes belonging to these 2 categories were selected due to
the frequency with which they occurred in the data. Their
frequency was determined by the number of references in the
dataset, and themes and subthemes with the highest number of
references were chosen for this article. Quotes have been
provided to accompany narrative descriptions and support the
findings, and each quotation was accompanied by the participant
number.

Ethical Considerations
Ethical approval was granted by the RCSI University of
Medicine and Health Sciences Research Ethics Committee
(REC202408016). Written informed consent was obtained from
all participants prior to any data collection. It was indicated in
the participant information leaflet that participants could request
the transcript of the focus group and make changes pertaining
to their statements; however, no participant made this request.
The participants were not asked to provide feedback on the
findings. To protect participants’ identities, demographic data
were reported only in aggregate form, and all identifying
information was removed prior to analysis. Participants in the
patients and public group received an honorarium (voucher) for
their contribution.

Results

Participant Demographics
The sample consisted of 15 participants. A total of 8 females
and 7 males participated in the study, with the majority of
participants aged between 35 and 54 years. All participants
identified as Irish. Eleven participants had a third-level degree,
6 of whom had a postgraduate degree, and half of the
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participants were employed or self-employed. Eleven
participants reported having a neurological condition, and 4
participants had a family member impacted by a neurological
condition, for instance, a child. The most common conditions
affecting the patients and/or their family members were
early-onset Parkinson disease, epilepsy, Parkinson disease, and
multiple sclerosis, while other conditions included Huntington
disease, functional neurological disorder, dystonia, spina bifida,
cerebral palsy, new daily persistent headache, and migraines.
Some participants or participants’ children had more than 1
neurological condition.

Themes and Subthemes

Overview
The results focused on 2 distinct categories: benefits and
concerns regarding AI application in neurological health care
in Ireland, and themes and subthemes within these 2 broad
categories were explored. The benefits of AI application include
the following themes: (1) improved diagnostics and treatment
for neurological health care, (2) increased patient involvement
in care and decision-making, and (3) resource efficiency. The
concerns with AI deployment encompass the following themes:
(1) preparedness of the national health data ecosystem, (2) harm
resulting from AI application, and (3) overreliance on AI and
deskilling. In addition to the aforementioned themes, other
benefits and concerns regarding AI use were identified, albeit
less frequently, which is why they were not included in this
paper.

Benefits of AI Application

Overview

In both groups, the participants expressed their hope, optimism,
and enthusiasm regarding the benefits of AI application in
neurological health care and its potential to enhance patient
experiences and outcomes. The benefits included improved
diagnostics and treatment, increased patient involvement, and
resource efficiency.

Improved Diagnostics and Treatment for Neurological
Health Care

Overview

This theme encompassed diagnostic speed and the production
of novel insights through AI deployment, described below in
more detail.

Diagnostic Speed

The participants agreed that AI could be a “fantastic tool to
speed up the whole system” (P7) and assist with reading scans,
reviewing images, and reaching a more rapid diagnosis, which
is of significant importance in conditions such as brain tumors,
where early detection is paramount. They also highlighted that
AI implementation could be vital in Ireland, given that human
life expectancy is increasing, while the country is experiencing
a loss of radiologists due to migration.

The fact that the savings can be so dramatic in terms
of a human being going through scans and possibly
making mistakes, to a computer doing it in a matter
of weeks or months and having very accurate results.

It's just phenomenal what can be done – it's like a
new world out there! [P9]

Many of the patients reflected on their lengthy journey to reach
a diagnosis, which in turn impacted their health and quality of
life. Some recollected that even when they had “a label” (P12),
they did not necessarily have the right treatment to alleviate the
condition. However, they believed that AI could facilitate a fast
diagnosis, which is helpful even if an adequate intervention is
not readily available. This is because an early diagnosis enables
patients to enter a community of those impacted by the same
condition, and such social support may be part of the treatment,
too.

We went through a ten-year period of getting a
diagnosis for our son. The earlier you can get that
and know what to expect [the better]. And [to] be
part of a community, even though there’s no
treatment, and it's not actionable. But having that
community makes a huge difference, because then
you can learn from each other. [P4]

The support for using AI to assist with diagnostics was strong,
albeit conditional. While the participants agreed that AI is a
“brilliant companion tool for the doctors” (P4), they also
advocated for a hybrid or augmented approach wherein HCPs
review scans read by AI until the technology had been quality
assured. They also contended that AI may help to expedite
clinical trials and assist with the more rapid introduction of
medication to the national market. This in turn could make the
drug production process more cost-effective, and drugs more
accessible and tailored to patients’ needs, with implications for
the treatment of neurological conditions.

In order for a new drug to come to market you are
talking about ten years for them picking a drug that
could be tested as a candidate, and then to go through
clinical trials. And by using modelling… The talk of
the future is not just about medicine, it's precision
medicine. And getting a drug that suits the patient
that’s based on your particular genetic or
physiological make-up. [P2]

Production of Novel Insights

Another dimension of improved diagnostics was related to novel
insights generated by and through AI. The participants believed
that AI-powered systems may have the propensity to make
connections that escape the human mind and make links that
HCPs may not have considered. For instance, they suggested
that AI algorithms could be useful in exploring how coexisting
conditions interact.

I was going to a respiratory consultant, a urologist,
a gastro person, whereas AI might be able to flag
‘Hang on a second, this patient is going to all these
[consultants], and they didn’t see it as part of an
overall syndrome.’ So, I was being treated for
everything individually, rather than someone putting
it together that this is actually EDS [Ehlers-Danlos
syndromes] causing all the [issues]. [P14]

It was highlighted that many people with a neurological
condition may have another medical condition. For instance,
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one participant (P8) stated that “a quarter of those with a
functional neurological disorder (FND) have another
neurological condition,” and suggested that these may be
dystonia, multiple sclerosis, or Parkinson disease. With
coexisting conditions, it may be difficult to differentiate between
symptoms and treatments, and participants believed that AI
represents a “massive opportunity” (P8) in that regard. Further,
they thought that AI algorithms may explain how different
medications interact and decrease the risk of adverse drug
reactions. One patient reflected on what they called a “scary”
experience.

I had an awful experience where a junior doctor
prescribed a painkiller for me. And then as I went
home, he rang and [left] five voice messages on my
phone saying ‘Don’t take it, it actually will cause
serotonin syndrome’, which would have potentially
killed me. But that’s where AI could be helpful as
long as there’s proper information shared within
teams. [P9]

In addition, the participants thought that AI algorithms may
produce novel insights with implications not only for diagnosis
and treatment but also for quality of life (QoL). It was
highlighted that HCPs sometimes differentiate between
neurological conditions that they treat, and QoL remains
untreated. The participants wondered whether AI could be used
not only as a means of producing new insights regarding the
actual neurological condition, but also as a tool to generate
helpful information about improving their QoL.

You might be living with the diagnosis for twenty or
thirty years, but it is about QOL stuff, it is about
different options, it is about innovation. That’s the
real benefit of it, it's what we want. They talk to you
almost as if you should be happy - you got a
diagnosis, isn’t that great! If your QOL gets worse,
what happens then?! [P5]

The participants believed that AI would help provide more
holistic care and facilitate improved QoL for patients with
neurological conditions.

Increased Patient Involvement in Care and Decision-Making

Overview

The theme of increased patient involvement in care and
decision-making focused on using AI as a means of patient
empowerment and building better, more inclusive relationships
with HCPs.

Patient Empowerment

Another benefit of AI use was the personalized support provided
by AI-powered devices that may increase patient independence
and self-governance, and thereby empower them. A common
sentiment experienced by the patients was that of isolation.
They believed that AI could provide emotional support and
alleviate loneliness, so that the patients “aren’t going through
this on their own” (P12). In other words, the patients described
how they often felt left to their own devices once they received
a diagnosis, and they expressed hope that the adoption of AI
could support them in managing their health condition better.
This would inevitably empower them.

I'm in the very early stages, so you are left to your
own devices, and it's a lot of self-learning. I'd be
hoping AI maybe could get something for someone
with my symptoms, and I'd be able to follow that path,
if that path is working. [P11]

Some patients used AI applications such as ChatGPT to get
motivated for the day, or in situations when human support was
not readily available. In addition, they believed that AI-powered
devices can bring together people impacted by a similar
condition to build a support community.

Actually you sit in a period for, I did for a couple of
years, where just waking up and being, living, and
breathing for that day was victory enough. So, is there
a role for AI to play in terms of the interconnectivity
beyond just the consultant visit. [P12]

It was reported that many patients used AI for structuring
documents, monitoring their exercise, and getting help with
outdoor walking through the use of beats and music. A
significant benefit of AI lies in its ability to provide reminders
about medication for patients with cognitive impairment issues.

The patient doesn’t always remember things correctly.
A big one is ‘Did you take your medication or not
take your medication?’ You might have these little
tricks of turning the bottle a certain way, but you can
still get that mixed up. So, just in terms of [AI] helping
the patient manage different things when you have a
complex condition. [P14]

Such use of AI increases patient awareness and the ability to
manage their condition more independently. However, some
patients also use AI for advice on medication unbeknownst to
their HCP. One patient with Parkinson disease recalled a
situation in which they struggled with involuntary movement,
and they turned to AI-powered systems for advice.

I was going to the neurologist, and in the end, I asked
AI what should I do with this involuntary movement.
[AI] suggested that I cut down on one of my drugs,
Viropixin, which is very harsh. So, I cut it down in
half and I asked the neurologist would that be okay.
And he said ‘Yeah, we’ll try that as an experiment.’
So, at the end of the year that was fine, my involuntary
movement was gone. [P10]

Although the outcome was positive, this situation illustrated
the complexities of independent patient use of AI that can easily
become counterproductive, calling for a considered and cautious
approach.

Building Partnerships

Another aspect of increased patient involvement through AI
use lies in building stronger and more inclusive relationships
with HCPs. The participants believed that AI may help bring
patients into the decision-making process and have a greater
input into their care and that of others.

Very often when you go to the appointments, they
don’t tell you exactly what they are looking for. If
they could give you a list in advance of things to
monitor, and then [you] give them that list at the end
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of three or four months, that could really help in
treatment. [P5]

In other words, the participants wondered whether AI could be
deployed as a tool to initiate a more active patient role and to
foster greater engagement between the patient and their
consultant and a flow of information. Some patients used the
term “partnership” (P9) to describe the relationship with their
consultant, or alternatively, what that relationship should look
like. However, they were cognizant of the power discrepancies
between patients and consultants. The patients expressed their
wish for greater involvement in decision-making processes and
increased knowledge about their condition. They believed that
this could be enabled through the collection and monitoring of
personal health data through AI.

There’s a greater role for the patient in maintaining
their records and their own data, and taking control
of their data. They are the data controller. I am the
best person to assist in a diagnosis. I know my own
body better than anybody. [P5]

The participants concluded that leaving decision-making with
the clinician was a “waste of time” (P5), considering that every
patient is unique and therefore best placed to advise on their
own care.

Resource Efficiency

The participants agreed that AI could be deployed for a range
of tasks undertaken by HCPs that are straightforward and
time-consuming.

The benefit plus the risk is the aspect of freeing up
physician’s time in order to enhance and treat the
experience. Things that are fundamentally secure, in
terms of diagnosis and pathways, that are not high
risk, AI can help support that in order to alleviate
some of the day-to-day burden the consultants are
facing. [P15]

Specifically, they expressed dissatisfaction with the time
assigned for consultations and appointments, which they deemed
insufficient, and wondered whether AI could automate some
tasks to maximize the time for interpersonal interaction.

We have only one visit in the year, so we’ve only
fifteen minutes to get everything covered. That is not
really possible. Maybe AI could be used to make the
most of the fifteen minutes, get better feedback. [P13]

The participants also believed that the use of AI will be driven
by the needs of HCPs rather than those of patients, in order to
address the challenges experienced in the health care sector,
such as appointment time.

Concerns With AI Deployment

Overview

Although the participants’ perspectives toward AI use in health
care were positive, significant areas of concern were identified.
These were related to the preparedness of the national health
data ecosystem for the application of AI, harm resulting from
AI use, and overreliance on AI and deskilling.

Preparedness of the National Health Data Ecosystem

Overview
The theme of preparedness of the national health data ecosystem
for AI application focused on the quality of health data used by
AI-powered systems, privacy and security issues, as well as the
national health IT system, which participants deemed
fragmented and underdeveloped.

Health Data Quality and Protection
The participants were concerned about the quality of health data
used by AI-powered systems, including data inconsistencies
and how these may impact the accuracy of outputs. Fears were
expressed about incorrect and outdated information being used
by AI, resulting in inaccurate diagnoses.

If you don’t put the right information in, and listen
to the patient and their particular subset of symptoms,
then you are not going to get something that is
reproduceable. And that accountability… because I
wouldn't like somebody to turn around and go ‘Yeah
gosh, we didn’t spot that because we just let the
computer read it’. [P1]

They also raised questions about the quality of data, compliance
with data protection laws, and the need to collect data from
sources outside of Europe, provided that the data comes from
a trusted source.

Whether it's compliant with GDPR is something that
needs to be considered. Where they gather the
information – is it only in Europe or do they scrape
from everywhere around the world? So, within
Europe, should the ChatGPT only take their
information from Europe? If that’s the case, you could
be losing a good resource. [P13]

There was agreement that patients have a role to play regarding
data use through educating themselves, keeping better records,
and engaging with the health care system responsibly. In
addition, the participants highlighted that the health data source,
as well as the volume of data in existence, may influence
algorithms and cause bias. This was of particular relevance
given that the population in Ireland is becoming much more
diverse, and this change needs to be reflected in datasets. They
also believed that some neurological conditions are
underrepresented, and data from patients with those conditions
may be absent or underused by AI.

If you have a condition that is not of high interest,
you are not going to make the headlines in
peer-review publications. I find that there’s certain
conditions that sit on that periphery. And I'm
concerned about a programming aspect of AI, [that]
a set of neurological conditions will be bypassed.
[P12]

Furthermore, fears were expressed about privacy being
compromised should there be a disclosure or misuse of health
data used by AI.

My daughter happened to be in hospital during
COVID and during the hack, and it was just sad to
see a hospital reduced to one working computer. And
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obviously the data [gets] compromised, so security
is a huge issue. Because AI can fall into hands of
people who can use AI to steal data. [P15]

It was further mentioned that data accuracy goes hand in hand
with data protection. Provided that their data was kept safe and
secure, the patients were willing to share their data to advance
science. However, the participants believed that not all health
data are equally sensitive.

My concern is in the area of genomics. Say, if
someone gets your DNA and then you are going to
get this disease in your forties or fifties, and then your
insurance is through the roof. Is it going to create a
two-tier system in another way? [P14]

Health IT System
Another highlighted issue revolved around the underdeveloped
and fragmented national health IT system within which to
implement AI in clinical decision-making. It was important to
have IT systems and electronic health records (EHRs) in place
for AI to be fully implemented or incorporated into clinical
decision-making. The participants were primarily concerned
about the general absence of national interoperable EHRs.

We don’t have a digitalised patient record. That in
itself becomes just ginormous problematic. If you are
lucky enough that you have built a relationship with
your consultant, they may remember you. But they
are looking at paper notes. I attend an annual
appointment, and I have to start from the very
beginning. When you have that fifteen-minute window
you think ‘Could you not have read that?!’ [P12]

The lack of EHRs was felt to contribute to a lack of cross-team
collaboration and disjointed patient care.

My son is seeing the neurologist and different
consultants in different hospitals, and things aren’t
joined up. I always have that fear that maybe AI
decisions are being made without the full picture.
That’s a big concern. [P4]

In light of these issues, the participants believed that the
implementation of AI across the Irish health care system requires
time and significant effort. This will be further exacerbated,
according to the participants, by the “conservative approach”
(P4) that the health service is taking due to the potential risks
posed by AI.

I don’t see this as being the magic switch – a roll out
of AI and then all of a sudden, the system works more
efficiently. I think it's certainly going to be a huge,
staged process. [P15]

The health service is taking a conservative approach
probably because of the potential risk. But I don’t
understand what assessment has taken place and what
confidence levels there are, and how is it going to be
monitored if it's implemented. I think that’s important
in terms of any new things being implemented. [P4]

Harm Resulting From AI Application

Overview
The theme harm resulting from AI application encompassed
misuse of AI, both clinical and patient misuses, and errors
associated with AI use, both of which may pose a risk to
patients’ health.

Misuse of AI
The participants thought that a wider application of AI in health
care may lead to more independent—yet unsupervised—patient
use, posing a risk of patient AI misuse that can alter a patient’s
trajectory.

It could be very easy to say ‘Well I don’t feel so great
taking my full dose, maybe I will reduce it down on
my own.’ I think there’s a certain level of risk that AI
could create, and for patients to say ‘Oh, but AI now
becomes my source of truth because it has bigger
brains, plus my appointment is six months away and
I'm struggling at the moment.’ [P15]

It was highlighted that unsupervised patient use of AI may partly
stem from infrequent medical appointments, and patients are
“left to [their] own devices” (P11). The participants also warned
about the ethical dilemmas surrounding AI use, given that HCPs
and the pharmaceutical industry may be driven by innovation
and profit, which could give rise to possible clinical misuse.

If there are doctors [whose] future careers and
income is also based on research and technological
advancements, how do you protect from that? And
the drug companies, there’s been examples of drugs
that have been horrendously harmful and dangerous.
Who is to say AI will be grossly misused by people to
make money and cause incredible harm? [P9]

In addition, it was underscored that patients with specific
neurological conditions may turn to AI in times of desperation
and be “lulled into spending a lot of money on something that
[has] no credibility” (P8). To counter this, the patients called
for a very stringent regulatory framework to guide how AI is
governed within health care.

Errors Associated With AI Use
The participants were worried about the errors associated with
AI use, with patients and the public expressing particular
concern about incorrect diagnosis and treatment. One participant
drew on their experience of utilizing a remote device to monitor
their son’s epileptic seizures at night. This was a wrist-worn
wearable that monitors a person’s movement to detect possible
convulsive seizures.

It would send me an alert on my phone to get up. But
you can get all kinds of false alerts. And then his
seizure types change, so it was more suitable for
picking up tonic-clonic [generalised seizure], but not
for the different types of seizures. All of these tools
are great, but you need that human interaction. [P4]

They expressed concern and mistrust regarding the accuracy of
outputs produced by AI, which may explain why participants’
support for AI adoption in health care was conditional.
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Overreliance on AI and Deskilling

Finally, concerns were expressed about overreliance on AI,
which may diminish clinicians’ relationships with patients and
result in deskilling. In other words, the participants believed
that AI could assist but not deliver health care.

[AI] shouldn't just be let loose. There’s a certain art
to medicine and part of [it] is the human aspect and
patient engagement. Some doctors don’t necessarily
know how to talk to people. And if you hand
everything over to AI there’s a real risk that those
doctors would become even worse at talking to
people. [P3]

In addition to a loss of communication and interpersonal skills,
it was underlined that overuse of AI may result in a loss of
clinical skills among HCPs.

If you went into the shop and bought five things, you
could tot it up in your head just like that. And that’s
because numerical literacy was a thing. But since the
advent of the calculator, numerical literacy has gone
down. That’s one of the risks that you are facing.
People will lose knowledge because they no longer
use it. [P2]

The participants believed that another risk posed by overreliance
on AI lies in its producing outputs out of context. This is why
they advocated for a hybrid approach with human oversight,
which should come from HCPs as well as patients, when
appropriate.

Discussion

Main Findings and Comparison With Previous
Research
This study’s findings suggest that patients and the public were
supportive of AI implementation in health care to inform clinical
decision-making. However, optimism coexisted with fears about
the preparedness of the Irish health system for AI adoption, as
well as significant privacy and ethical concerns regarding health
data use and sharing. Specifically, participants believed that AI
implementation could lead to improved diagnostics and
treatment, resulting in earlier disease detection and treatment,
and that AI-powered systems could assist HCPs with
information collation and decision-making. However, issues
with data integration and impeded information flow were
identified as weaknesses, as reported elsewhere [8]. Participants
anticipated that AI could produce novel insights and illuminate
how coexisting conditions or medications interact. Participants
also believed that AI could facilitate increased patient
involvement, as AI-powered systems provide a range of supports
and enable patients to manage their conditions more
independently. AI-powered devices may also bring patients and
their families into the decision-making process and help build
more inclusive relationships with clinicians. This is supported
by earlier research by Young et al [18] that emphasizes a need
for human supervision to enable safe patient-centered
implementation of clinical applications of AI. Additionally, our
study found that the main advantages of AI include increased
accuracy and efficiency and patient involvement in care, which

coexisted with risks and concerns about dependency on
technology that may deteriorate clinicians’ skills. There was
general agreement among participants that AI is useful for
simple repetitive tasks, allowing clinicians more time for clinical
work, as previously identified [18]. Concerns were raised about
the national health data ecosystem, which participants described
as fragmented, outdated, and ultimately unprepared for AI
implementation. Concerns were also expressed about the quality
and representativeness of data used by AI-powered systems,
and participants were concerned about the safety of their data.
In addition, participants had fears about the misuse of AI by
HCPs and the pharmaceutical industry, as well as errors
associated with AI use that could lead to incorrect diagnoses.
The participants explicitly advocated for a hybrid approach with
human supervision and clinical judgment and a stringent
regulatory framework guiding the use of AI in health care.

Despite the limited evidence base on the application of AI in
neurological health care, there are some generalizations from
other studies that have examined AI in health care
decision-making. Samhammer et al [19] found positive, albeit
conditional, support for AI application in health care, while
Flanagan et al [20] concluded that AI-assisted decision-making
in primary care was considered with cautious optimism by
patients with multiple long-term conditions. Similar to our study,
these findings identified potential benefits in coordination and
personalization of care, but concerns about privacy, fairness,
and the risk of diminished human connection were also raised.
Beets et al [21] conducted a US-based systematic review of 11
surveys of public perceptions of AI in health care and found
that the public anticipates that medicine is an area where AI
applications could be of benefit; however, there were also
significant concerns regarding the application of AI in
decision-making and the privacy of health data. The results also
corroborate our previous findings, which examined challenges
with the secondary use of health data, and reaffirmed that
patients and the public are willing to share their data for altruistic
reasons, provided that privacy and security are ensured [22]. In
addition, our findings confirm that issues with health data
quality, alongside a fragmented national health data ecosystem
and a lack of system interoperability, represent significant
barriers to reusing health data and to applying and training AI
[23].

Study Strengths and Limitations
The strengths of the study include ascertaining the views of
patients and the public in relation to neurological conditions,
for which there is limited evidence. Neurological conditions,
especially those that are progressive, have a significant impact
on the lives of those with the condition as well as their families
and contribute to significant resource implications for the health
care system [24]. Therefore, AI could bring significant benefits
to this particular population, and it is important to explore the
views of these patients and their families on the use of AI to
inform future implementations. While this study was conducted
in Ireland, with implications for the representativeness and
generalizability of the findings internationally, it provides insight
into the unique perspectives of a country undergoing an
expansive digital transformation, as observed internationally.
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Saturation was not intended in this study, as this was an
exploratory qualitative study in an area in which little to no
scientific research had been conducted to date in Ireland. The
findings of this study provide evidence to inform debate about
the application of AI in clinical decision-making, rather than to
provide definitive answers. In addition, it has been argued that
saturation is not consistent with the values and assumptions
associated with thematic analysis, since judgments about when
to cease collecting data are situated and subjective [25].
Therefore, the focus groups concluded once all questions had
been answered, including any questions that may have been
raised by participants. A limitation is that we did not
differentiate between the use of AI by clinicians and its use by
patients and the public. This was an exploratory study in a novel
area, and we investigated perspectives on the use of AI in health
care jointly, which may have had implications for the coding
process.

Several recruitment strategies were used over a period of time
to recruit patients and the public into our 2 focus groups. The
participants interested in and consenting to participate were
included in the 2 focus groups (15 in total). Due to the limited
number of participants coming forward and the timeframe, we
were not able to recruit additional patient and public focus
groups. Any adjustments to the questions and conversations
were made verbally during the focus group discussion. These
did not involve adjusting the wording of the topic guide. The
study aim was not to compare the perspectives of patients and
others, but to consider the group perspectives as a whole. In
addition, most of those involved in the focus groups were
patients (11/15), with only 4 family members, which would
limit any comparison between these participant groups. Finally,
our sample consisted of educated individuals, several of whom
were active in public and patient involvement and patient
advocacy, also contributing to deeper perspectives. Similar to
previous research, further exploration of the perspectives of
underrepresented groups who may not have the same
understanding or awareness of AI would be very informative
[18].

Study Implications and Future Research
While study participants referred to the many benefits of AI,
concerns were also raised about the capacity of the Irish health
care system infrastructure to support the successful
implementation of AI tools. Irish health care lacks digital
maturity compared to many other countries [26], but it is
undertaking a digital journey under a new digital framework
that references AI as key to its success [27]. This plan includes
the rollout of digital platforms such as the National Shared Care
Record, HSE Patient Health App, and interoperable EHRs across
primary and secondary care. Therefore, this study comes at an
opportune time to enable the incorporation of its findings into
national health care plans to implement digital solutions,
including AI systems. The findings should also help to mitigate
some of the concerns raised in relation to siloed data and AI
systems using limited data to support clinical decision-making.
As well as the primary use of health care data, participants
discussed the secondary use of their data and data altruism to
enable the development of AI systems, including their
cross-border application for those with rare neurological

conditions. This demonstrates the potential support by Irish
health care users for the implementation of the European Health
Data Space (EHDS), which will support cross-border sharing
of health data, including for the development of AI systems
[28]. As a member of the European Union, Ireland will be
implementing the EHDS and AI regulations over the coming
years, which will require Ireland to advance its capabilities to
support secure data sharing and the use of AI [2]. However, as
noted by participants in this study, access to data alone will not
result in the development of safe and effective AI systems, and
additional European projects such as SHAIPED, which aims to
improve access to data while prioritizing data protection, will
be important in promoting the successful and safe
implementation and adoption of AI systems in health care [29].

Another implication of this study was the need to educate and
inform both HCPs and the public on using and interpreting the
information provided by AI systems and/or technologies,
avoiding overreliance and deskilling, to ensure that the potential
benefits are derived from AI as opposed to the potential harms.
As mentioned, there are many different types of AI systems that
apply different approaches and require different types of data
for validation. While the importance of including skills on the
use of AI in HCP education has been highlighted in previous
research, there is less research on the education of the public
[30]. This study demonstrated that patients were using freely
available AI tools to support the management of their conditions,
but the participants in this study were well educated and
understood the pitfalls of AI, including the transparency of the
information provided by such tools. However, HCPs need to
be prepared and aware that their patients are using AI and
provide support on its safe use. Additionally, national support
and communications on AI in health care for the public are
recommended to ensure that patients use AI safely and
effectively [31].

To build on the findings from this study, further research should
explore the implementation of AI systems within a neurological
setting. As well as the perspectives of patients and the public
in neurological settings on the use of AI, minimal research
appears to be available on the implementation of CDS tools
using AI in neurological settings, with no neurological study
population identified in a recent scoping review evaluating the
implementation of CDS in inpatient settings [4]. As part of this
implementation, it would be important to ensure that patients,
the public, and HCPs trust the quality of the AI system to
promote its adoption and use, as this study identified some
distrust among this population, consistent with previous research
[32]. Further research on HCP perspectives regarding this
implementation would also be beneficial to support the findings
on patient perspectives. While our original study also included
a focus group of HCPs to gain their perspectives (not reported
here), this was more challenging given the small number
working in the field and the time required to conduct the
qualitative study.

Conclusion
This qualitative study found that patients and the public support
the use of AI systems in neurological health care, but concerns
were raised that require consideration to derive the full potential
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of AI. Benefits such as improved diagnostics, resource
efficiency, and novel insights could result in better provision
of health care to patients with neurological conditions. However,
the health care system needs to focus on the available data, the
readiness of the Irish data landscape, and avoiding the deskilling

of HCPs. This study highlights the importance of preparing the
health system for the expansion of AI systems, including
supporting HCPs and patients in the appropriate and safe use
of AI in health care.

Acknowledgments
The authors acknowledge funding from Taighde Éireann – Research Ireland and the support of the Research Ireland FutureNeuro
Research Centre. We thank Laura Brady, Karen Fowler, and Fiona McLoone for their support with the study. We are grateful to
all participants for their involvement.

The authors declare that no generative AI was used in any portion of the manuscript preparation.

Data Availability
The datasets generated or analyzed during this study are available from the corresponding author upon reasonable request.

Funding
This publication has emanated from research conducted with the financial support of Taighde Éireann – Research Ireland, under
grant 21/RC/10294_P2, at FutureNeuro Research Ireland Centre for Translational Brain Science.

Authors' Contributions
Conceptualization: TB, KB
Data curation: TB
Formal analysis: TB
Methodology: TB, KB
Supervision: KB
Writing—original draft: TB (lead), KB (supporting), OF (supporting)
Writing—review and editing: KB (equal), TB (equal), OF (supporting)

Conflicts of Interest
None declared.

Multimedia Appendix 1
Topic guide for patients.
[DOCX File , 20 KB-Multimedia Appendix 1]

Multimedia Appendix 2
Participant information leaflet.
[DOCX File , 570 KB-Multimedia Appendix 2]

References

1. Lee D, Yoon SN. Application of artificial intelligence-based technologies in the healthcare industry: opportunities and
challenges. Int J Environ Res Public Health. Jan 01, 2021;18(1):271. [FREE Full text] [doi: 10.3390/ijerph18010271]
[Medline: 33401373]

2. Artificial Intelligence Act, Article 3: Definitions. Artificial Intelligence Act. URL: https://artificialintelligenceact.eu/article/
3/# [accessed 2025-10-14]

3. Sutton RT, Pincock D, Baumgart DC, Sadowski DC, Fedorak RN, Kroeker KI. An overview of clinical decision support
systems: benefits, risks, and strategies for success. NPJ Digit Med. 2020;3:17. [FREE Full text] [doi:
10.1038/s41746-020-0221-y] [Medline: 32047862]

4. Tricco AC, Hezam A, Parker A, Nincic V, Harris C, Fennelly O, et al. Implemented machine learning tools to inform
decision-making for patient care in hospital settings: a scoping review. BMJ Open. 2023;13(2):e065845. [FREE Full text]
[doi: 10.1136/bmjopen-2022-065845] [Medline: 36750280]

5. Gunda B, Neuhaus A, Sipos I, Stang R, Böjti PP, Takács T, et al. Improved stroke care in a primary stroke centre using
AI-decision support. Cerebrovasc Dis Extra. 2022;12(1):28-32. [FREE Full text] [doi: 10.1159/000522423] [Medline:
35134802]

J Med Internet Res 2026 | vol. 28 | e87806 | p. 10https://www.jmir.org/2026/1/e87806
(page number not for citation purposes)

Bedenik et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://jmir.org/api/download?alt_name=jmir_v28i1e87806_app1.docx&filename=c40b01d6a07b179d43f30f6ff213de8e.docx
https://jmir.org/api/download?alt_name=jmir_v28i1e87806_app1.docx&filename=c40b01d6a07b179d43f30f6ff213de8e.docx
https://jmir.org/api/download?alt_name=jmir_v28i1e87806_app3.docx&filename=4594773fb202f2716f958871607be22e.docx
https://jmir.org/api/download?alt_name=jmir_v28i1e87806_app3.docx&filename=4594773fb202f2716f958871607be22e.docx
https://www.mdpi.com/resolver?pii=ijerph18010271
http://dx.doi.org/10.3390/ijerph18010271
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33401373&dopt=Abstract
https://artificialintelligenceact.eu/article/3/#
https://artificialintelligenceact.eu/article/3/#
https://doi.org/10.1038/s41746-020-0221-y
http://dx.doi.org/10.1038/s41746-020-0221-y
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32047862&dopt=Abstract
https://bmjopen.bmj.com/lookup/pmidlookup?view=long&pmid=36750280
http://dx.doi.org/10.1136/bmjopen-2022-065845
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36750280&dopt=Abstract
https://doi.org/10.1159/000522423
http://dx.doi.org/10.1159/000522423
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=35134802&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


6. Milne-Ives M, de Cock C, Lim E, Shehadeh MH, de Pennington N, Mole G, et al. The effectiveness of artificial intelligence
conversational agents in health care: systematic review. J Med Internet Res. 2020;22(10):e20346. [FREE Full text] [doi:
10.2196/20346] [Medline: 33090118]

7. Iqbal U, Tanweer A, Rahmanti AR, Greenfield D, Lee LT, Li YJ. Impact of large language model (ChatGPT) in healthcare:
an umbrella review and evidence synthesis. J Biomed Sci. 2025;32(1):45. [FREE Full text] [doi: 10.1186/s12929-025-01131-z]
[Medline: 40335969]

8. Ali O, Abdelbaki W, Shrestha A, Elbasi E, Alryalat MA, Dwivedi YK. A systematic literature review of artificial intelligence
in the healthcare sector: benefits, challenges, methodologies, and functionalities. J Innov Knowl. 2023;8(1):100333. [FREE
Full text] [doi: 10.1016/j.jik.2023.100333]

9. Lambert S, Madi M, Sopka S, Lenes A, Stange H, Buszello C-P, et al. An integrative review on the acceptance of artificial
intelligence among healthcare professionals in hospitals. NPJ Digit Med. 2023;6(1):111. [FREE Full text] [doi:
10.1038/s41746-023-00852-5] [Medline: 37301946]

10. Wu C, Xu H, Bai D, Chen X, Gao J, Jiang X. Public perceptions on the application of artificial intelligence in healthcare:
a qualitative meta-synthesis. BMJ Open. 2023;13(1):e066322. [FREE Full text] [doi: 10.1136/bmjopen-2022-066322]
[Medline: 36599634]

11. Dorsey ER, Glidden AM, Holloway MR, Birbeck GL, Schwamm LH. Teleneurology and mobile technologies: the future
of neurological care. Nat Rev Neurol. 2018;14(5):285-297. [doi: 10.1038/nrneurol.2018.31] [Medline: 29623949]

12. Dang M, Liu B, Chen Y, Zhang Z. Multimodal neuroimaging and AI integration in cognitive disorders: advances, challenges,
and future directions for precision medicine. Psychoradiology. 2026;6:kkag007. [FREE Full text] [doi:
10.1093/psyrad/kkag007] [Medline: 41884150]

13. Tong A, Sainsbury P, Craig J. Consolidated criteria for reporting qualitative research (COREQ): a 32-item checklist for
interviews and focus groups. Int J Qual Health Care. 2007;19(6):349-357. [doi: 10.1093/intqhc/mzm042] [Medline:
17872937]

14. The Economist. How AI can make health care better. YouTube. URL: https://www.youtube.com/watch?v=0xSSonMIqBk
[accessed 2026-04-24]

15. Braun V, Clarke V. Using thematic analysis in psychology. Qual Res Psychol. 2006;3(2):77-101. [FREE Full text]
16. Braun V, Clarke V. Reflecting on reflexive thematic analysis. Qual Res Sport Exerc Health. 2019;11(4):589-597. [doi:

10.1080/2159676x.2019.1628806]
17. Braun V, Clarke V. Toward good practice in thematic analysis: avoiding common problems and be(com)ing a knowing

researcher. Int J Transgend Health. 2023;24(1):1-6. [FREE Full text] [doi: 10.1080/26895269.2022.2129597] [Medline:
36713144]

18. Young AT, Amara D, Bhattacharya A, Wei ML. Patient and general public attitudes towards clinical artificial intelligence:
a mixed methods systematic review. Lancet Digit Health. 2021;3(9):e599-e611. [FREE Full text] [doi:
10.1016/S2589-7500(21)00132-1] [Medline: 34446266]

19. Samhammer D, Roller R, Hummel P, Osmanodja B, Burchardt A, Mayrdorfer M, et al. “Nothing works without the doctor:”
physicians’ perception of clinical decision-making and artificial intelligence. Front Med (Lausanne). 2022;9:1016366.
[FREE Full text] [doi: 10.3389/fmed.2022.1016366] [Medline: 36606050]

20. Flanagan S, Spurway C, Jackson L, Cooper J, Crowe FL, Haroon S, et al. Exploring patient perspectives on the use of
artificial intelligence to inform joint decision-making for patients with multiple conditions in primary care in the United
Kingdom: qualitative study. J Med Internet Res. 2026;28:e87507. [FREE Full text] [doi: 10.2196/87507] [Medline: 42013402]

21. Beets B, Newman TP, Howell EL, Bao L, Yang S. Surveying public perceptions of artificial intelligence in health care in
the United States: systematic review. J Med Internet Res. 2023;25:e40337. [FREE Full text] [doi: 10.2196/40337] [Medline:
37014676]

22. Bedenik T, Cahir C, Bennett KE. I don't mind my information going to the Moon, but I don't want any letters from Mars:
a qualitative exploration of the challenges with secondary use of health data in Ireland. Arch Public Health. 2025;83(1):50.
[FREE Full text] [doi: 10.1186/s13690-025-01524-4] [Medline: 39994771]

23. Bedenik T, Geaney F, Foley B, Flynn R, Bennett KE. If it wasn't for us, there would be no data: stakeholders' perspectives
on patient involvement in the use of health data in Ireland. Res Involv Engagem. 2025;11(1):87. [FREE Full text] [doi:
10.1186/s40900-025-00761-9] [Medline: 40721839]

24. Elamri N, Atif I, Lyazidi A, Rattal M, Gantare A. Impact of progressive neurological disorders on patients' daily lives. Evid
Based Care. 2025;15(2):54-61. [FREE Full text]

25. Braun V, Clarke V. To saturate or not to saturate? Questioning data saturation as a useful concept for thematic analysis and
sample-size rationales. Qual Res Sport Exerc Health. 2019;13(2):201-216. [doi: 10.1080/2159676x.2019.1704846]

26. Fennelly O, Cunningham C, Grogan L, Cronin H, O'Shea C, Roche M, et al. Successfully implementing a national electronic
health record: a rapid umbrella review. Int J Med Inform. 2020;144:104281. [FREE Full text] [doi:
10.1016/j.ijmedinf.2020.104281] [Medline: 33017724]

27. Digital for care: a digital health framework for Ireland 2024-2030. Department of Health, Ireland. URL: https://www.gov.ie/
en/department-of-health/publications/digital-for-care-a-digital-health-framework-for-ireland-2024-2030/ [accessed
2026-07-30]

J Med Internet Res 2026 | vol. 28 | e87806 | p. 11https://www.jmir.org/2026/1/e87806
(page number not for citation purposes)

Bedenik et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://www.jmir.org/2020/10/e20346/
http://dx.doi.org/10.2196/20346
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33090118&dopt=Abstract
https://jbiomedsci.biomedcentral.com/articles/10.1186/s12929-025-01131-z
http://dx.doi.org/10.1186/s12929-025-01131-z
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=40335969&dopt=Abstract
https://doi.org/10.1016/j.jik.2023.100333
https://doi.org/10.1016/j.jik.2023.100333
http://dx.doi.org/10.1016/j.jik.2023.100333
https://doi.org/10.1038/s41746-023-00852-5
http://dx.doi.org/10.1038/s41746-023-00852-5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=37301946&dopt=Abstract
https://bmjopen.bmj.com/lookup/pmidlookup?view=long&pmid=36599634
http://dx.doi.org/10.1136/bmjopen-2022-066322
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36599634&dopt=Abstract
http://dx.doi.org/10.1038/nrneurol.2018.31
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29623949&dopt=Abstract
https://academic.oup.com/psyrad/article-lookup/doi/10.1093/psyrad/kkag007
http://dx.doi.org/10.1093/psyrad/kkag007
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=41884150&dopt=Abstract
http://dx.doi.org/10.1093/intqhc/mzm042
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17872937&dopt=Abstract
https://www.youtube.com/watch?v=0xSSonMIqBk
https://www.tandfonline.com/doi/abs/10.1191/1478088706qp063oa
http://dx.doi.org/10.1080/2159676x.2019.1628806
https://www.tandfonline.com/doi/10.1080/26895269.2022.2129597?url_ver=Z39.88-2003&rfr_id=ori:rid:crossref.org&rfr_dat=cr_pub  0pubmed
http://dx.doi.org/10.1080/26895269.2022.2129597
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36713144&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S2589-7500(21)00132-1
http://dx.doi.org/10.1016/S2589-7500(21)00132-1
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34446266&dopt=Abstract
https://europepmc.org/abstract/MED/36606050
http://dx.doi.org/10.3389/fmed.2022.1016366
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36606050&dopt=Abstract
https://www.jmir.org/2026//e87507/
http://dx.doi.org/10.2196/87507
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=42013402&dopt=Abstract
https://www.jmir.org/2023//e40337/
http://dx.doi.org/10.2196/40337
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=37014676&dopt=Abstract
https://archpublichealth.biomedcentral.com/articles/10.1186/s13690-025-01524-4
http://dx.doi.org/10.1186/s13690-025-01524-4
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=39994771&dopt=Abstract
https://researchinvolvement.biomedcentral.com/articles/10.1186/s40900-025-00761-9
http://dx.doi.org/10.1186/s40900-025-00761-9
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=40721839&dopt=Abstract
https://ebcj.mums.ac.ir/http:/ebcj.mums.ac.ir/article_26194.html
http://dx.doi.org/10.1080/2159676x.2019.1704846
https://linkinghub.elsevier.com/retrieve/pii/S1386-5056(20)31065-0
http://dx.doi.org/10.1016/j.ijmedinf.2020.104281
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33017724&dopt=Abstract
https://www.gov.ie/en/department-of-health/publications/digital-for-care-a-digital-health-framework-for-ireland-2024-2030/
https://www.gov.ie/en/department-of-health/publications/digital-for-care-a-digital-health-framework-for-ireland-2024-2030/
http://www.w3.org/Style/XSL
http://www.renderx.com/


28. European Health Data Space Regulation (EHDS). European Commission. URL: https://health.ec.europa.eu/
ehealth-digital-health-and-care/european-health-data-space-regulation-ehds_en [accessed 2026-07-30]

29. SHAIPED and the European Health Data Space (EHDS): shaping the future of AI-driven healthcare in Europe. EIT Health.
Nov 15, 2024. URL: https://eithealth.eu/news-article/shaiped-and-the-european-health-data-space-ehds/ [accessed 2025-11-10]

30. von Gerich H, Moen H, Block LJ, Chu CH, DeForest H, Hobensack M, et al. Artificial intelligence-based technologies in
nursing: a scoping literature review of the evidence. Int J Nurs Stud. 2022;127:104153. [FREE Full text] [doi:
10.1016/j.ijnurstu.2021.104153] [Medline: 35092870]

31. HIQA launches a scoping consultation to inform the development of a National Framework for the Responsible and Safe
Use of Artificial Intelligence in Health and Social Care. Health Information and Quality Authority. 2025. URL: https:/
/www.hiqa.ie/hiqa-news-updates/hiqa-launches-scoping-consultation-inform-development-national-framework [accessed
2026-07-30]

32. Quinn T, Senadeera M, Jacobs S, Coghlan S, Le V. Trust and medical AI: the challenges we face and the expertise needed
to overcome them. J Am Med Inform Assoc. 2021;28(4):890-894. [FREE Full text] [doi: 10.1093/jamia/ocaa268] [Medline:
33340404]

Abbreviations
CDS: clinical decision support system
COREQ: Consolidated Criteria for Reporting Qualitative Research
EHDS: European Health Data Space
EHR: electronic health record
HCP: health care professional
QoL: quality of life

Edited by A Stone; submitted 14.Nov.2025; peer-reviewed by B Beets, MM Khan; comments to author 23.Apr.2026; revised version
received 09.Jun.2026; accepted 17.Jun.2026; published 24.Sep.2026

Please cite as:
Bedenik T, Fennelly O, Bennett K
AI in Neurological Health Care: Qualitative Study of Patient and Public Perceptions
J Med Internet Res 2026;28:e87806
URL: https://www.jmir.org/2026/1/e87806
doi: 10.2196/87806
PMID:

©Tina Bedenik, Orna Fennelly, Kathleen Bennett. Originally published in the Journal of Medical Internet Research
(https://www.jmir.org), 24.Sep.2026. This is an open-access article distributed under the terms of the Creative Commons Attribution
License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any
medium, provided the original work, first published in the Journal of Medical Internet Research (ISSN 1438-8871), is properly
cited. The complete bibliographic information, a link to the original publication on https://www.jmir.org/, as well as this copyright
and license information must be included.

J Med Internet Res 2026 | vol. 28 | e87806 | p. 12https://www.jmir.org/2026/1/e87806
(page number not for citation purposes)

Bedenik et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://health.ec.europa.eu/ehealth-digital-health-and-care/european-health-data-space-regulation-ehds_en
https://health.ec.europa.eu/ehealth-digital-health-and-care/european-health-data-space-regulation-ehds_en
https://eithealth.eu/news-article/shaiped-and-the-european-health-data-space-ehds/
https://linkinghub.elsevier.com/retrieve/pii/S0020-7489(21)00298-4
http://dx.doi.org/10.1016/j.ijnurstu.2021.104153
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=35092870&dopt=Abstract
https://www.hiqa.ie/hiqa-news-updates/hiqa-launches-scoping-consultation-inform-development-national-framework
https://www.hiqa.ie/hiqa-news-updates/hiqa-launches-scoping-consultation-inform-development-national-framework
https://europepmc.org/abstract/MED/33340404
http://dx.doi.org/10.1093/jamia/ocaa268
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33340404&dopt=Abstract
https://www.jmir.org/2026/1/e87806
http://dx.doi.org/10.2196/87806
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

