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Abstract

Background: Artificial intelligence (Al) is increasingly integrated into education and health care, raising questions about
how students use these technologies and how Al influences their learning. In health education, understanding these trends is
particularly important because student learning directly impacts future clinical skills.

Objective: This study aimed to explore the use of Al tools by health sciences students at the University of Ottawa. More
specifically, it sought to identify the most frequently used Al tools, describe students’ usage habits, determine which tools
support knowledge acquisition and skill development, and gather students’ recommendations for effective strategies to raise
awareness and train their peers on the responsible use of Al.

Methods: A qualitative approach was used with students from 10 health professions who reported using Al in their studies.
Data were collected through semistructured interviews and an open-ended qualitative online survey. Inductive thematic
analysis within an interpretive paradigm was applied to capture patterns, perceptions, and emergent themes.

Results: A total of 51 health professions students participated in the study. Most were women between the ages of 20 and
29 years. ChatGPT (OpenAl) emerged as the most frequently used Al tool. Students perceived Al as a complementary tool
that facilitated knowledge acquisition, skill development, writing, and problem-solving. Al adoption was driven by curiosity,
peer influence, and the desire to improve work efficiency. Students critically evaluated Al results, integrated the tools into
their learning processes, and emphasized the importance of technical skills, critical thinking, and digital literacy. Peer learning,
hands-on demonstrations, and access to online resources were recommended for effective Al training.

Conclusions: This research demonstrates that health professions students actively use Al tools, particularly ChatGPT, to
support learning, skill development, and academic tasks. Although AI is valuable as an educational aid and its use varies
by student and context, this highlights the need for structured guidance, critical evaluation skills, and peer-supported train-
ing. These findings highlight the importance of thoughtfully integrating Al into educational programs to enhance learning
outcomes, foster skill acquisition, and ensure responsible and effective adoption.
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Introduction

Presently, the use of artificial intelligence (AI) has become
commonplace in health care, health professions training, and
the pharmaceutical industry. Al refers to the capacity of
machines to simulate human functions such as reasoning,
learning, and problem-solving through algorithms [1,2]. This
technology, which “mimics human cognitive functions,” is
becoming increasingly effective in the health care sector.
Although it sometimes raises ethical concerns [3], Al now
assists clinicians in making better decisions, especially in
fields like diagnostic imaging, where it aids in image
interpretation [2,4], and dermatology, where it helps in the
early detection of skin cancer by using efficient classifiers for
skin tumors [5]. In addition, in the pharmaceutical field, Al
accelerates drug design and discovery processes [2,6].

The use of Al in health professional education is also
growing. With the aid of tools like ChatGPT (OpenAl), it
can create simulated clinical environments, evaluate clinician-
simulated patient communication, create quizzes, and develop
curricula [7]. At the same time, it can respond instantly to
specific questions related to students’ areas of study through
Al chatbots used in medical education [8]. The new genera-
tion of health learners is much more inclined to adopt and
use this technology. In 2022, a national Canadian survey
of nearly 2000 health professions students showed that Al
was viewed favorably by students, who also believe that this
technology will positively influence their future careers [9].
Similarly, in March 2023, a systematic review reported that
health professions students have a favorable attitude toward
the use of AI [10].

From an academic standpoint, the use of Al by health
professions students increasingly raises the question of the
“learning experience.” Learning is a dynamic concept defined
as a process that allows individuals to perceive objects,
interact with them, and integrate them into their social,
cognitive, and emotional dimensions to transform, create, or
evolve their cognitive structure [11]. The learning experi-
ence goes beyond knowledge acquisition. It facilitates the
development of skills and cultural values through observation,
imitation, trial, repetition, and presentation [12]. Therefore, an
important question regarding Al in health professions training
programs is how Al contributes to the students’ learning
experience. Shorey et al [13] scoping review of the learning
styles, preferences, and needs of Generation Z health students
marks a first step in this direction. Given the increasing
adoption of Al, raising awareness and providing training on
the proper use of these tools has become essential [9]. Peer
education is a viable approach because it allows students to
share valuable insights and fosters a collaborative learning
environment that encourages peers to use Al tools [14,15].

Access to Al tools is also an important element in the
training of health science students, given their increasing
use in modern learning and clinical reasoning processes
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[16]. However, socioeconomic and linguistic factors may
influence their use by these students, as some of these tools
are mainly programmed in English and sometimes require
payment to access more advanced features [16,17]. In a
bilingual institution of higher learning such as the Univer-
sity of Ottawa, where courses are taught in French, English,
or both, it is essential to ensure equitable access to these
resources for all students.

This qualitative study aimed to explore which Al tools
health professions students at the University of Ottawa report
using, describe their usage habits, identify the tools that help
them acquire new knowledge and develop skills, and explore
what these students consider to be the best strategies for
raising awareness and training their peers on the proper use
of Al in learning environments. Specifically, we focused on
how students use Al tools to support their learning and on
strategies they recommend for peer awareness and training.

Methods

Qualitative Approach and Research
Paradigm

An inductive thematic analysis approach, following an
interpretive research paradigm, was used to identify the Al
platforms most used by health professions students during
their learning activities. This approach was chosen for its
relevance to explore perceptions and experiences regarding
Al tools in medical education [18]. This approach, based on
the interpretive paradigm, posits that participants’ narratives
construct meanings, which promotes a detailed understanding
of behaviors and points of view [19]. Therefore, in accord-
ance with the research objectives, the inductive approach
facilitated the emergence of themes directly from the data for
a more flexible and data-driven interpretation [20]. This paper
was written by using the Standards for Reporting Qualitative
Research (SRQR) guide (Checklist 1) [21].

Research Characteristics and Reflexivity

The research team was multidisciplinary and followed a
collaborative approach, demonstrating reflexivity at each
phase of the study. Team members included MG, an
undergraduate medical student experienced in qualitative
research, who contributed to study design, data collection,
thematic analysis, and writing; SF, a physician and clinical
research manager, who provided methodological guidance,
qualitative analysis, results interpretation, and manuscript
revision; JF, an anatomy educator with expertise in qualita-
tive research and scientific writing, supported data coding,
thematic analysis, and writing; CL, a clinician-researcher
and pharmacy program director, offered insights into results
interpretation; DB-L, a medical education advisor, contrib-
uted to the interpretation of the results and the revision
of the manuscript; JL, a program manager experienced
in qualitative analysis, helped organize and coordinate the
project; and AJ, a physician and anatomy professor with
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expertise in technology-assisted learning and educational
innovation, contributed to data analysis, results interpretation,
and manuscript revision.

Regular meetings encouraged open dialogue, allowing all
coauthors to critically reflect on their assumptions, discipli-
nary lenses, and interpretations throughout data collection,
analysis, and manuscript writing.

Context

Our study was conducted among health professions students
at the University of Ottawa. All data were taken outside
regular class hours, either through online interviews on Zoom
or via an asynchronous online questionnaire.

Sampling Strategy

A nonprobabilistic sampling method was used, following
the recommendations of Murphy et al [22] and Higginbot-
tom [23]. Only students who used or had previously used
Al platforms for their learning activities in the previous
academic year were eligible. To identify eligible participants,
all students in the targeted programs received an invitation

Table 1. Sociodemographic characteristics of participants (N=51).

Guirguis et al

email including a brief screening question asking whether
they had used Al tools (eg, ChatGPT, Perplexity AI, or
any other Al-assisted learning platforms) for their academic
activities in the last academic year. Only those who answered
“yes” were invited to participate in the study, while students
who responded “no” were excluded.

The targeted programs included medicine, pharmacy,
molecular and translational medicine, nursing, occupa-
tional therapy, physiotherapy, audiology, speech-language
pathology, health sciences, and psychology. Our target
sample size was based on the writings of Guest et al
[24], which specified that in a qualitative study, fundamen-
tal elements of the themes studied are present in partici-
pants’ discourse after 6 interviews, and theoretical saturation
of information is achieved after the first 12 interviews.
Therefore, we planned to recruit a minimum of 6 partici-
pants from each training program, with no restrictions on the
maximum number of participants. The distribution of students
by program was not tracked separately for the interviews and
the questionnaire; overall characteristics of participants are
presented in Table 1.

Category Values, n
Age (years)
<20 9
20-29 39
30-39 2
40-49
=50 0
Gender
Women 41
Men 9
I prefer not to answer 1
Others 0
Health professions
Health sciences 27
Medicine 8
Psychology 8
Nursing 1
Pharmacy 1
Others
Biomedical sciences 5
Biology 1

Data Collection

Data collection began after the recruitment phase, between
January and March 2024. Invitation emails to participate in
the research project were sent to all students in the targeted
programs. Those who agreed to participate were met for
semistructured online interviews via Zoom, lasting 30-45
minutes each. These interviews were conducted according
to an interview guide developed in advance by the research
team (see Section A of Multimedia Appendix 1). The guide
aimed at capturing information on the most used Al platforms
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by health professions students at the University of Ottawa,
their usage habits of these platforms, the platforms that they
believed allowed them to acquire new knowledge and develop
skills, and the best strategies for raising awareness and
training their peers in the appropriate use of Al in learning.

The guide also included short vignettes to help organize
questions about learning processes with Al tools. These
vignettes, composed of a definition of the learning process
[25,26] and Kolb’s [27] experiential learning model, are
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fully incorporated into the guide provided in Section A of
Multimedia Appendix 1.

However, after only 6 interviews over a 4-month period,
data collection was adapted to include an online question-
naire using the same interview guide. A total of 51 students
made up the final sample after 6 students participated in
semistructured interviews and 45 students completed the
online qualitative questionnaire. The interview guide and the
online questionnaire were made available in both French and
English to accommodate participants’ language preferences
and diffused between June and July 2024. The interview
guide was reproduced identically on the online question-
naire platform (SurveyMonkey), thus ensuring that the same
questions were asked in both data collection methods while
ensuring methodological continuity. New invitation emails
were sent to all students in the targeted programs.

Data Processing and Analysis

Interview Process

The semistructured interviews were conducted on Zoom. No
questions that could identify participants were asked. The
audio of the interviews was recorded and transcribed using
the WhisperAl transcription application. The transcriptions
were then verified by a member of the research team for
accuracy. To protect anonymity, the transcripts were saved
in the order in which the interviews were conducted, and no
identifiers were used in the file names. Moreover, interviews
and transcriptions were conducted by two separate individu-
als. All files were password-protected.

Survey Process

Following ethics modification, a qualitative online question-
naire designed to elicit narrative and open-ended respon-
ses was hosted on the SurveyMonkey platform. Only one
optional question allowing for the identification of partic-
ipants was asked: “participants could provide their email
address at the end of the questionnaire if they wished to
be included in a draw for one of five gift cards as compen-
sation.” To protect anonymity, participants’ responses were
saved in the order in which they were received and were
coded (eg, P1 for participant 1). The responses were stored in
a password-protected Microsoft Excel file and kept separate
from the email addresses, which were also in a password-pro-
tected Microsoft Excel file.

During the analysis, the information collected during the
interviews and questionnaires was treated together as a single
qualitative corpus. All coding was performed inductively;
although Kolb’s experiential learning model informed the
development of the questions, it did not guide the coding
process. Each participant’s questionnaire responses were
treated as individual transcripts and coded using the same
inductive thematic analysis procedure as the interview data.
Transcripts were read and revised several times to identify
patterns and themes emerging from the data. To reinforce
the methodological rigor of our qualitative study, a dou-
ble thematic analysis was carried out. First, a researcher
identified and categorized emerging themes from the corpus
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of data. Subsequently, a second researcher went back over all
the material independently to reproduce the thematic analysis.
This approach is part of a logic of analytical triangula-
tion, aimed at limiting interpretive bias and reinforcing the
credibility of the results as recommended by Paillé and
Mucchielli [28]. The confrontation of analyses enabled us to
discuss divergences, refine thematic categories, and arrive at a
consensual interpretation of the material.

Techniques to Enhance Trustworthiness

To ensure the trustworthiness of the analysis, the data
were analyzed systematically. An experienced qualitative
researcher manually coded 100% of the data, and a second
member of the research team independently coded 25% of the
dataset. This second coder was trained by the first to master
the principles of qualitative analysis and the steps involved in
coding interviews and to ensure accurate coding. The second
coder coded two randomly selected complete transcripts and
half of a third. The two coders then reviewed and compared
their coding, and clarifications were made to better represent
the participants’ experience until consensus was reached.
No formal Cohen n or percent agreement was calculated;
reliability was ensured through this consensus-based process.

Next, a tree diagram was created to organize the coded
data into potential themes based on observed similarities.
Latent thematic analysis, using an interpretive approach, was
used to identify subthemes. Finally, the two coders discussed
the themes and subthemes related to the selected quotes.
The coding framework was developed using NVivo software
(version 12; QSR International) [29].

Ethical Considerations

This study was reviewed and approved in accordance with
the standards of the Research Ethics Board (REB) of
the University of Ottawa (#H-11-23-9455). All participants
provided informed consent prior to data collection, which
took place outside regular class hours. Due to a low recruit-
ment rate, a modification of the ethics protocol was requested
and approved by the REB to allow participants to complete
an online questionnaire instead of taking part in interviews.
This modification was implemented during the data collection
phase. Compensation was offered in the form of an optional
draw for one of five CAD $25 (US $18.08) gift cards.

Participant privacy and confidentiality were strictly
maintained throughout the study. All data were anonymized
using participant codes, and no identifying information was
included in the transcript or analysis. All data were securely
stored and accessible only to the research team.

Results

Participant Characteristics and
Qualitative Findings

In total, 51 students from various health-related fields who
had used Al tools during their training activities participated
in this study. Most participants were between 20 and 29
years old (n=39). In terms of gender identity, the majority
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identified as women (n=41), followed by men (n=9), and 1
participant preferred not to disclose. No participants identified
as nonbinary or transgender persons.

Health sciences was the most reported field of study
(n=27), followed by medicine and psychology, each with 8
participants (see Table 1).

Participants reported using a wide variety of Al tools.
ChatGPT was by far the most frequently used, with 49
respondents indicating its use. Other tools mentioned included

Guirguis et al

Microsoft Copilot (n=2), Perplexity AI (n=2), Anthropic
Claude (n=2), and several specialized Al tools, such as
Google Bard Al, Summarizer Al, Grammarly Al, Midjour-
ney, and Scite, each cited by one respondent (see Section B of
Multimedia Appendix 1 for further details).

Themes were identified and developed from the content
of the semistructured interviews and the responses to the
qualitative survey, then organized into 4 main thematic areas
(see Figure 1 for a summary).

Figure 1. Concept map illustrating the emerging themes and subthemes of the qualitative data analysis. Al: artificial intelligence.

Emerging themes: Al in health education

2. Usage habits and applications
of Al

[ 1. Al tools used and selection

strategies

3. Alin learning and skills
development

4. Peer training and awareness }

1.1. Al as an essential
component of learning
activities

1.2. Motivations for
adopting Al tools

2.1. Student’s Al tools
usage habits

1.3. Al tools for knowledge
acquisition and academic
skills development

2.2. Main uses of Al tools

1.4. Factors influencing the
choice of Al tools

Theme 1: Al Tools Used and Selection

Theme 1.1: Al as an Essential Component of
Learning Activities

Health care students have varying opinions about the
role of Al in their learning activities. Among 51 respond-
ents, 30 rated Al as essential or very beneficial. These
students highlight its ability to enhance learning by help-
ing to organize course materials, provide quick answers,
and personalize educational experiences. For example, one
participant illustrated this by stating:

I have used ChatGPT to help summarize papers and
great sample questions and to read my work and
compare it to the rubric. [Participant 38]

They highlighted its usefulness in saving time and
improving learning through tailored explanations and help
with challenges like clarifying complex ideas or improving
writing. As one participant noted:

Yes. I think it is an essential component because it can
offer tools to approach/view your research in new ways.

https://www jmir.org/2026/1/e82432

3.1. Critical reasoning in
assessing Al-generated
information
4.1. Methods used to leam

3.2. Al tools in the learning Al tools

process

4.2. Best strategies for
educating and training
peers in Al use

3.3. Al tools and the
experiential leaming
process

3.4. Skills required for
effective Al use in learning

Therefore, it can aid in overcoming any hurdles, like
feeling stuck when writing. [Participant 23]

However, 21 respondents did not perceive Al as essential.
Many of them regarded Al as a complementary aid rather
than a primary resource, recognizing its usefulness while
questioning its necessity. As one respondent noted:

I don't consider it to be essential, but I consider it to be
helpful. [Participant 19]

Concerns were raised about the reliability of Al, with one
participant citing the presence of incomplete or inaccurate
information on online platforms. Others reported using Al for
targeted tasks but did not consider it integral to their overall
learning process. A few respondents had only recently begun
using Al and, although they acknowledged its potential, did
not yet view it as indispensable. For example, one participant
explained:

I only started using Al recently and I would not
necessarily say it is essential component but rather an
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assistant to my learning..It is more of a helper than
essential at this point in my journey. [Participant 25]

Theme 1.2: Motivations for Adopting Al Tools

Curiosity was a key factor. Some respondents were intrigued
by the widespread debate and excitement surrounding Al,
particularly ChatGPT. Often encouraged by others, they were
motivated to explore Al by the desire to see how it could be
useful in their academic and professional lives.

A few respondents (n=2) were early adopters and
experimenting with AI from its initial stages. One began
exploring ChatGPT at its initial public launch, driven by
curiosity and social media exposure:

Honestly, when I started experimenting with Al tools,
especially ChatGPT, it was the first one I used, I think
it was really in December 2022, during its first days of
public access...it was out of fear, out of curiosity and |
had heard about it... [Participant 1]

The influence of peers, colleagues, and professors was also
significant for 15 respondents, who were encouraged to try Al
after observing others using it or receiving recommendations.
This indicates the role of social and professional networks in
the adoption of new technologies. As one student noted:

My friend suggested that I try it out for help. [Partici-
pant 48]

Another shared:

My supervisor actually recommended it for my data
analysis; they told me to use it when I am unsure of how
to use Excel or SPSS to work with data. [Participant 35]

Practical considerations, such as improving efficiency,
saving time, and enhancing convenience, motivated 14
respondents to adopt Al tools. They found AI helpful in
streamlining tasks and making their work processes more
manageable. One participant noted:

The fact that it is an accessible tool and allows me to
save time. [Participant 14]

Twelve respondents were also motivated to use Al for
professional or academic needs, frequently to gain a better
understanding of procedures or expectations before starting
a task. Some students used it to make sense of academic
processes, particularly while navigating an unfamiliar system.
One respondent stated:

I am an international student, and I was not familiar
with many academic based process and Al could make
them clear for me. [Participant 29]

Some respondents (n=5) turned to AI out of frustra-
tion with traditional search engines like Google, which
they found unhelpful or overwhelming. They saw Al as a
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more responsive and accurate alternative. For example, one
participant noted:

The answers/explanations that Google offered me were
vague and took longer to find. [Participant 7]

And another mentioned:

When Google wasn't giving me the answers I needed
or was overwhelming me and confusing me instead of
helping. [Participant 43]

A few respondents were motivated by innovation,
recognizing AI’s cutting-edge potential to make their work
easier and more unique. One student explained:

Innovation, being different and unique. Having my work
done easier for me. Being ahead of the curve and being
more innovative and productive. [Participant 49]

Theme 1.3: Al Tools for Knowledge Acquisition
and Academic Skills Development

ChatGPT is the predominant Al tool used by health profes-
sions students for learning, mostly for the development of
academic skills, such as refining data analysis, understanding
complex topics, and enhancing writing abilities. For example,
one participant mentioned:

ChatGPT is good at helping me refine my data analysis.
It helps me distinguish between certain nuances of data
analysis etc. when I ask it questions. [Participant 25]

And another highlighted the importance of writing:

I think it helps me to develop new skills in the writing
process, including synthesizing information or teaching
me how to write in a more concise manner. [Participant
28]

However, some respondents reported not using Al tools
for learning, with a few indicating unfamiliarity with these
technologies, falling into the “none or N/A” category.

Beyond ChatGPT, other Al tools were also mentioned
for their specific functionalities. Wolfram was praised for
its mathematics capabilities, text-to-speech models for aiding
study through text-to-speech, and Consensus for summarizing
research papers. One student stated, highlighting the tool’s
role in academic research:

.0 also like how Research Rabbit (I think it’s Al?)
helps find links from one paper to others that are
similar, it makes literature searching much easier.
[Participant 23]

Finally, language learning proved important for some, as
these tools helped improve grammar and clarity. As one
student noted:
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When Al helps me rephrase my sentences to make them
clearer, it allows me to acquire new knowledge or skills
on the grammatical side. [Participant 12]

Theme 1.4: Factors Influencing the Choice of
Al Tools

Most health professions students did not explore multiple
Al tools before choosing their current ones. Only 6 out of
51 respondents experimented with different tools. However,
23 respondents shared insights into their choice, highlighting
several key factors.

Ease of access was a significant factor, with 10 respond-
ents preferring tools that are free or provided by educational
institutions. These tools were chosen for their simplicity and
minimal setup requirements:

I have free open access via my institution. [Participant
24]

It is simple to use. I would be open to trying other
tools, but when the tools require me to set up a whole
account, pay, or use personal data to use them, I find
this to be a deterrent. [Participant 28]

Specific features also influenced the choice, with 7
respondents valuing functionalities such as summarizing
scientific papers or handling documents:

I chose Consensus for literature synthesizing because it
presented the information in the best manner and is set
up to aid in research specifically. [Participant 23]

One participant characterized the tool’s benefits as
“bilingual” [Participant 16], in addition to being free, rapid,
and efficient, while also emphasizing the necessity of using
the tool judiciously.

Familiarity played a role for 6 respondents, who chose
tools they were already aware of, highlighting a preference
for sticking with known options. One participant mentioned:

I started with ChatGPT as that is the one I kept hearing
about. It’s suited my needs thus far as I don't use it very
often. If I hear of something better, I might explore that
too. [Participant 19]

Popularity influenced 5 respondents, who opted for widely
recognized tools, believing them to be reliable. As one
student noted:

ChatGPT seemed the most popular. [Participant 37]

Finally, ease of use was crucial for 5 respondents,
who favored tools that were user-friendly. Less commonly
mentioned factors included perceived reliability, speed, and
efficacy, underscoring the value of dependable and efficient
tools. One student explained:

https://www jmir.org/2026/1/e82432
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I chose ChatGPT because it seems the most reliable
and I have had no reason to seek other tools. [Partici-
pant 34]

Theme 2: Usage Habits and Applications
of Al

Theme 2.1: Students’ Al Tools Usage Habits

Health professions students showed varied practices regarding
the frequency and contexts of Al tools use, focusing on
educational support, writing assistance, and information
retrieval. Many respondents (n=19) use Al to aid in under-
standing complex concepts, studying, and verifying knowl-
edge, which indicates how these tools can enhance learning.
As one student explained:

I use them when [ don’t understand homework
questions or need to double check an answer.
[Participant 33]

Writing assistance is another significant use, with 13
respondents relying on Al for drafting, revising, and
brainstorming ideas. Al is used not only in academic writing
but also in professional communication, such as writing
emails. As one participant noted:

For each of my courses that I undertake and also
alongside my professional life, whether it’s for writing
emails or other things. [Participant 2]

This highlights the versatility of Al in supporting various
writing tasks. Some respondents, however, use Al infre-
quently or lack clear usage habits. Nearly 11 respondents
expressed uncertainty about their Al usage, suggesting they
are still exploring the tool’s potential or have not fully
integrated it into their routines. One student shared:

Very infrequently used so I do not have habits for use.
[Participant 48]

Al is also used for general information retrieval and
research, with 7 respondents using it for quick access to
relevant information. As mentioned by one participant:

I use it as a shortcut every time I do research or need
information. [Participant 14]

A small number of respondents use Al for specific tasks
like coding or data management, demonstrating AI’s value
in specialized technical problem-solving. For instance, one
student mentioned:

When I am really stuck on how to do something in
data analysis software, I ask ChatGPT for the best way.
[Participant 35]

In terms of frequency, some respondents reported using
Al daily, while others mentioned using it 1 to 3 times per
week. The consistency of usage varied as well, with several
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describing their use as regular and others characterizing it
as more occasional. This highlights the flexible nature of Al
tools in meeting diverse needs.

Theme 2.2: Main Uses of Al Tools

Participants identified several common applications of Al
tools, including in revision, writing, learning, research, and
knowledge testing.

Revision and synthesis emerged as the most common
use, with 28 respondents using Al to refine and organize
information, edit text, and summarize complex material. Al
is frequently used to structure ideas and enhance communica-
tion, including drafting emails and quizzing on notes. One
student, for example, summarized their use as follows:

..revising notes, synthetizing information. [Participant
41]

Writing is another significant area, with 22 respondents
using Al for drafting, idea generation, and refining writing
style. Al helps tailor content to specific tones and styles,
enhancing both the creative and revision stages of writing. As
one student mentioned:

I mostly use these tools to proofread my writing or to
enhance my writing style when I'm hit with “writer’s
block.” [Participant 19]

For learning, 16 respondents rely on Al to clarify complex
concepts, gain new knowledge, and validate their own
reasoning. Al aids in understanding difficult topics and
applying knowledge in practical scenarios, such as inform-
ing clinical practices in psychology. One psychology student
noted:

...I also use them to verify the clarity of my own writing.
If I have an intervention in mind for a client (I am in
psychology), I ask what research recommends for the
name of whichever diagnosis I want to treatment plan
for. I then double check that it aligns with what I read...
[Participant 22]

In research, 8 respondents use Al to find specific answers,
summarize articles, and navigate academic language. Al is
valued for making research more accessible by bridging the
gap between lay and academic terminology. One student
explained:

It is very useful to research topics when you don't
know the exact language used in the literature, you
can ask question in more common language and get
to the information about the names of the theories and
components that allows you to do real research to find
the actual research papers relevant. [Participant 24]

Finally, knowledge testing involves using Al to create
quizzes, check answers, and master complex tasks, such as

data analysis in SPSS (IBM Corp):
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I use it to ask how to analyse data in a more complica-
ted way in SPSS. My education on SPSS was simple
and was able to guide me to do simple tasks, but my
research is a bit more complicated. [Participant 35]

Theme 3: Al in Learning and Skills
Development

Theme 3.1: Critical Reasoning in Assessing
Al-Generated Information

According to the survey analysis, students pursuing health
professions use a range of critical thinking techniques to
evaluate information produced by AI, indicating varying
degrees of confidence and reliance on these technologies.

Cross-referencing Al outputs with credible sources is
the most popular strategy, as reported by 29 respondents.
They often compare Al-generated content with peer-reviewed
articles, course materials, or trusted resources to verify
accuracy, demonstrating a cautious approach to ensure that
the Al information aligns with established knowledge. As one
respondent noted:

I compare it to peer-reviewed articles to see if the
findings match up. [Participant 51]

Another prevalent strategy, mentioned by 16 respondents,
involves using personal knowledge and common sense to
evaluate Al content. These users rely on their prior under-
standing and logical reasoning to judge the validity of the
information. For example, one respondent stated:

I like to see whether it makes sense and matches up with
notes taken in class and information I already have and
know. [Participant 45]

Reviewing and editing Al-generated content is also
common, with 17 respondents indicating that they scruti-
nize and revise Al outputs to ensure alignment with their
expectations. This active engagement helps refine the content
before it is used. As mentioned by one participant:

I always read it over, take out things that don’t make
sense or I don’t agree with, and then rewrite it myself.
[Participant 46]

Theme 3.2: Al Tools in the Learning Process

Al tools play a nuanced role in the learning process,
supporting dynamic engagement with knowledge through
social, cognitive, and affective dimensions to develop
cognitive structures.

Perception and Interaction With Information

Nearly 12 respondents noted that Al tools aid in recogniz-
ing and understanding information, enhancing the initial
phase of learning. Al also facilitates interaction with data,
with respondents emphasizing its role in manipulating and
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engaging with information crucial for deepening understand-
ing. One student explained:

I believe Al tools help to perceive objects from a
different perspective, in order to better understand the
material. [Participant 18]

Integration and Cognitive Development

A total of 12 respondents asserted that Al supports learners
in embedding new skills and knowledge into their broader
contexts, helping them integrate what they learn into their
daily lives. Additionally, Al tools assist in transforming and
refining cognitive structures, playing a key role in advancing
cognitive development through learning processes. As one
participant explained:

I would say that Al tools allow to transform, to
create, and to develop the cognitive structure. However,
I would not say that Al tools are, in themselves,
information or knowledge. They should rather be used
to guide or confirm our information and our knowledge.
[Participant 16]

Skills Development

ATl’s impact on skill acquisition was acknowledged, though
its influence on attitudes and values was considered mini-
mal. Four respondents generally viewed Al as more effective
in enhancing cognitive and skill-based learning rather than
shaping affective outcomes. As one respondent noted:

Al fits into the knowledge and information objects of
learning. Al cannot teach new attitudes or values, but
it can present new information and knowledge, as well
as new ways to learn skills. I don't think it is advanced
enough to help individuals perceive and interact with
objects. [Participant 36]

Information and Knowledge Acquisition

The most frequently mentioned theme was AI’s role in
acquiring and refining information and knowledge. A total
of 23 respondents identified Al as a critical facilitator in these
areas, underscoring its importance in the learning process.
One student mentioned:

I think Al fits in terms of knowledge acquisition and
information gathering, both of which can help with
learning. [Participant 48]

Theme 3.3: Al Tools and the Experiential
Learning Process

In our survey of health professions students on Al tools in
education, we examined how these tools align with pha-
ses of experiential learning: concrete experience, reflective
observation, abstract conceptualization, and active experi-
mentation.

https://www jmir.org/2026/1/e82432
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Concrete Experience

Overall, 13 respondents identified Al tools as fitting within
this phase, where learners interact with new or known
situations to gain direct experiences. Highlighting their role
in engaging directly with problems, one comment mentioned:

Al tools can be a great way to get experience and
learn for example, if I am stuck in finding a code in
R that gives me the statistical analysis I need. I can
ask ChatGPT and troubleshoot with the code it gives
me, study the code and integrate it into my bank of
knowledge for next time. [Participant 27]

Reflective Observation

A total of 14 responses placed Al tools in this phase, where
learners analyze and evaluate their experiences. Participants
noted that Al helps in reflecting on and assessing outcomes,
with one student mentioning:

Reflective observation, which consists of analyzing and
evaluating the experience. [Participant 44]

Another shared:

Al tools allow us to analyse data, simulate scenarios,
and create links with known information. [Participant
43]

Abstract Conceptualization

This was the most cited phase, with 21 responses. Al tools
were recognized for aiding in the development of theories
from observations. One respondent remarked, underscoring
their role in synthesizing and conceptualizing new ideas:

I use Al tools to understand things, to learn from
existing theories, and to develop concepts to integrate
the topics. [Participant 14]

Active Experimentation

Nearly 19 respondents associated Al tools with this phase,
where concepts are tested in new situations. Al facilitates
this by enabling users to apply and test theoretical concepts
practically. One student noted:

Active experimentation when testing what Al can do
and its limits. [Participant 50]

Al Does Not Fit Well Into Kolb’s Mode/

A minority of responses (n=3) expressed skepticism about
AT’s fit within Kolb’s phases, citing challenges in aligning Al
functionalities with the model: “uncertain/did not understand
the question.” Two respondents were unsure or confused
about how to position Al tools within Kolb’s model.
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Theme 3.4: Skills Required for Effective Al Use
in Learning

Several essential skills were identified by the respondents for
using Al tools effectively in learning. Technical competency
is essential, as 22 respondents highlighted the necessity of
comprehending the operation of Al systems, particularly the
proper navigation of their features and settings to enhance
learning outcomes.

Critical thinking and evaluation skills were also highligh-
ted by 19 respondents, who emphasized the importance of
analyzing Al outputs and ensuring they align with estab-
lished knowledge or academic standards. This is particularly
important given the potential for Al to produce inaccurate or
incomplete information. One participant explained:

A variety of skills are needed, critical thinking and
good judgement being very important as certain outputs
generated by Al can be incorrect or misleading
and knowing when to distinguish that is important.
[Participant 51]

And another participant stated:

Critical thinking and judgment are essential to
determine whether the Al’s response is appropriate
in each situation. We must be able to detect biases
(what the Al might have forgotten to consider, such as
emotions, etc.). [Participant 12]

Adaptability and flexibility are key, according to 14
respondents, who noted that users must be open to experi-
menting with Al and adjusting their strategies as they learn.
One respondent stated:

...Flexibility is also important because you might need
to make changes to your prompt to get a desired
response from Al. [Participant 36]

Effective communication was another important skill, with
12 respondents stressing the need to ask Al clear and specific
questions to receive the most useful responses. As one
respondent pointed out:

...knowing how to word questions properly to get the
answer you need. [Participant 27]

Finally, digital literacy was mentioned by 10 respondents,
who recognized not only the importance of staying up to date
with Al tools but also the need to use them responsibly and
with academic integrity. As one student mentioned:

Being responsible when processing and using informa-
tion. Maintaining academic integrity. [Participant 2]
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Theme 4: Peer Training and Awareness
Strategies

Theme 4.1: Methods Used to Learn Al Tools

Health professions students used various methods to learn
how to use Al tools. Self-directed exploration was the most
common approach, with 23 respondents reporting that they
learned by trying out different features and experimenting
with the tools independently. One respondent said, which
reflects a hands-on approach to mastering Al:

1 just used trial and error. [Participant 38]

Social learning also played a role, with 13 respondents
indicating that they learned through friends, colleagues,
or professors. These students benefited from observing
others use Al or receiving direct guidance. This highlights
the importance of peer-to-peer learning and mentorship in
mastering new technologies. One student noted:

I heard about the tools from some of my friends and
asked them for tips. [Participant 33]

Online tutorials and guides were also used by 11 respond-
ents, who turned to YouTube videos, articles, or Al tool help
sections to gain a better understanding. As one student shared:

..[ also saw a couple videos on TikTok about using
select sentences/words for my desired effect. [Partici-
pant 34]

Formal training, however, was mentioned by only two
respondents, indicating that most AI learning happens
informally and independently. One student explained:

I didn't need to learn anything, ChatGPT was easy to
use. [Participant 9]

Overall, students adopted diverse strategies for learn-
ing use of Al tools, with a clear preference for self-gui-
ded exploration and peer learning, supplemented by online
resources.

Theme 4.2: Best Strategies for Educating and
Training Peers in Al Use

To effectively educate and train peers in using Al tools,
several strategies were highlighted by the respondents.

Practical, hands-on demonstrations were the most
suggested approach, with 26 respondents emphasizing the
importance of showing how the tools work in real time. For
example, one respondent suggested:

I think concrete exercises would be more useful. For
example, using it as part of a specific group project.
[Participant 15]

Workshops
recommendations,

and guided sessions were also popular
with 19 respondents advocating for
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structured opportunities to learn Al in a collaborative
environment. These sessions would allow peers to ask
questions, practice using the tools, and receive feedback. As
mentioned by one student:

Workshops and small group discussion sessions are the
best. [Participant 29]

And another elaborated:

I think workshops could be helpful as it allows for
discussion on how to use these Al tools properly
and effectively. It also allows for troubleshooting
and working together to solve a problem in Al tools.
[Participant 27]

Providing easy-to-follow tutorials and online resour-
ces was another suggested strategy, with 15 respondents
supporting the use of videos, articles, or step-by-step guides
that could be shared among peers. One respondent explained:

Self-study modules that students can do at their own
pace and learn new ways that can help use Al tools in a
smart yet efficient way, without harming our education.
[Participant 45]

This method would allow for self-paced learning and
continuous reference.

Lastly, creating supportive peer networks was recom-
mended by 10 respondents, who emphasized the value of
mentorship and peer-to-peer assistance in Al education. This
strategy builds a community of learners who can share
insights, troubleshoot issues, and offer mutual encourage-
ment. One student stated:

I think the best strategy is through discussion/exposure
by peers/colleagues...This is most appropriate because
the discussion aspect primes you to begin thinking
about it, so when you approach it individually, you can
play around with different aspects based on what you
need/want to pursue. [Participant 23]

Discussion

Principal Findings

Our study collected data from 51 health science students
through semistructured interviews and a questionnaire. The
findings show the growing adoption of Al tools by students
and underscore their importance in academic and clinical
settings. Participants reported that general-purpose Al tools,
including platforms like ChatGPT, were frequently used.
The degree of Al tool use varied depending on the tasks
students were required to perform, with some integrating
them into their daily activities while others rarely used them.
According to participants, Al tools are beneficial for varied
learning activities, including rapid information comprehen-
sion, facilitating the generation of diverse perspectives,
and simulation of varied clinical situations. Students also
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highlighted the need for collaborative strategies, such as peer
learning groups, to promote and ensure effective Al use.

Students identified Al tools as essential to their learn-
ing activities. ChatGPT was the most cited tool, while
other tools were mentioned only occasionally. This trend
reflects the growing use of ChatGPT in health care students’
learning activities, which could be explained by its accessibil-
ity, personalized responses, and ability to simulate engag-
ing cognitive interactions. From the perspective of Kolb’s
model, this frequent use indicates a significant footprint
in the concrete experience phase, while the use of Al to
clarify, structure, and reorganize knowledge corresponds to
the abstract conceptualization phase. These results are in
line with a previous study, which highlighted the ability
of ChatGPT to produce logical and contextually relevant
explanations, as well as to simulate a logical thinking process,
making it a promising didactic tool in the field of education
[8,30]

Furthermore, students expressed a preference for using
Al tools over traditional search engines like Google Search,
due to the more targeted and precise nature of the results.
This suggests that students are looking for tools that
support conceptual organization and meaning-making, which
corresponds to the abstract conceptualization phase of Kolb’s
experiential learning cycle. Previous studies confirmed this
preference among students for ChatGPT over Google Search,
as this tool appears to provide more accurate and comprehen-
sive medical information for general knowledge requests and
highlights its usefulness in the educational environment [8,
31].

Students reported variability in their use of Al tools,
ranging from occasional use to regular integration into their
learning routines. This observed inconsistency appears to
reflect significant differences in individual usage styles, the
familiarity developed with Al technologies, and the nature
of the tasks they were faced with. In the context of experien-
tial learning, this variability may also indicate that students
do not all engage in the learning cycle in the same way,
with some focusing primarily on concrete experience and
reflective observation, while others broaden their use to
abstract conceptualization and active experimentation by
reinvesting Al results in new academic or clinical tasks.
These results are in line with recent studies confirming that
the degree of use of Al tools depends on their usefulness
as well as specific academic contexts and tasks [32,33].
Understanding this nuance is important because it suggests
the importance of promoting their use in an educational
context by adopting a more individual rather than a universal
approach [9,33].

Our results also confirmed that a lot of health care
students use ChatGPT to learn and develop new skills, such
as improving their writing, analyzing data, and simplifying
complex ideas. These practices are part of Kolb’s experien-
tial learning theory and are explained by reflective observa-
tion of Al-generated results and abstract conceptualization.
These findings are consistent with previous studies, which
concluded that ChatGPT improves student writing, leading
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to more effective and higher-quality academic production
[10,34]. Moreover, other more specialized tools used by
these students, such as Consensus for synthesizing scientific
articles, demonstrate a strategic and targeted use of Al tools
to perform specific tasks, aligning with previous studies [35,
36]. On the other hand, some students reported not using
these technologies, often due to lack of interest or confidence,
which is consistent with the writings of Johnston et al [37],
who show that students who have greater confidence in
their ability to write academic texts use ChatGPT or other
generative Al tools less in their learning activities. These
results show that efforts are still needed to promote equi-
table and critical integration of these tools into educational
practices, although AI remains an important tool for skill
development [37].

In terms of effective strategies for training peers to
use Al tools, students identified hands-on demonstrations,
guided workshops, and self-directed resources. These findings
are part of Kolb’s experiential learning theory and are
explained by the importance of concrete experience (hands-on
demonstrations), reflective observation (guided discussions
and feedback), and active experimentation (autonomous reuse
of tools in personal learning contexts). These approaches are
consistent with the study of Jiang et al [38], which high-
lights the importance of active and collaborative learning to
foster engagement and understanding in education, as well
as with that of Abid et al [39], which demonstrates the
effectiveness of flexible and online approaches in technology
training. Participants also valued peer support, highlighting
the central role of social collaboration and peer support in
technology interactions, as suggested by previous studies
[14,40]. These findings confirm that effective Al adoption
requires a combination of hands-on activities, autonomy, and
collaborative support.

Strengths

One of the strengths of this study is its methodological
framework, which facilitated the collection of rich and
nuanced opinions from health science students on the use of
Al Next, the study includes individuals with varied experi-
ences using Al tools, both in academic and clinical environ-
ments. This highlights not only the different ways in which
Al is used, but also the motivations and critical thinking
strategies implemented by students. Finally, the highlighted
didactic implications are directly applicable. They emphasize
the need to prepare students for a critical approach to Al, to
encourage tailored learning environments, and to promote the
incorporation of Al into collaborative tasks.

Guirguis et al

Limitations

One of the limitations of this study is the small sample
size and the use of self-reported data, and the fact that the
data were collected within a single establishment, which
limits the generalization of the results to other institu-
tions. This may have introduced biases related to memoriza-
tion accuracy or social desirability. Although the research
team assessed the questionnaire for relevance and clarity,
psychometric procedures were not sufficiently applied to
assess it. Therefore, interpretation biases may arise, particu-
larly regarding the understanding of porous concepts such
as “learning” or “learning support.” Furthermore, health
professions students were the focus of this study; the
application of Al in training may vary by discipline. In
addition, this transition in data collection, from semistruc-
tured interviews to online surveys, may have reduced the
depth and richness of some responses, which could affect the
identification of more subtle themes.

Therefore, future research could address these limitations
by conducting larger-scale studies with more diverse samples
and using objective measures of Al usage, such as usage
logs or performance data. Additionally, future research could
explore how Al is used in other fields of study and whether
the patterns observed in this study are generalizable to
different educational contexts. Moreover, as Al tools continue
to evolve, it will be important to track how students’
perceptions and utilization habits change over time.

Conclusions

In conclusion, this study aimed to identify the AI tools
most used by health students at the University of Ottawa, to
determine their usage habits as well as the tools helping them
develop skills, and to examine the strategies they consider
effective for training their peers in the use of these tools.
Our findings highlight the growing role of Al in health
care education and provide valuable insights into how these
tools have been adopted and used by students. While Al is
considered essential to their learning activities, it becomes
crucial to further integrate it into educational programs and
help students develop their digital skills while developing
their critical thinking skills. As these technologies gain
popularity, they have the potential to enhance the learning
experience of health care students, but careful attention must
be paid to how these tools are promoted and used in the
educational environment.

Acknowledgments

We would like to thank the “Affaires francophones” of the Faculty of Medicine, University of Ottawa, for supporting this
research. We also acknowledge the use of Al tools during the research and writing process. Microsoft Copilot 365 was used to
support the writing process under human supervision, more specifically to correct and improve sentence structure and phrasing,
and not to generate content. To help with the search for relevant scientific literature, ChatGPT (OpenAl) and Elicit (Ought)
were used. All Al-generated content was reviewed and edited by the authors, who remain fully responsible for the originality,
accuracy, and integrity of the final work.

Funding

https://www.jmir.org/2026/1/e82432 J Med Internet Res 2026 | vol. 28 | €82432 | p. 12

(page number not for citation purposes)


https://www.jmir.org/2026/1/e82432

JOURNAL OF MEDICAL INTERNET RESEARCH Guirguis et al

No external financial support or grants were received from any public, commercial, or not-for-profit entities for the research,
authorship, or publication of this article.

Data Availability

The data generated and analyzed in this study are not publicly available due to institutional ethics and confidentiality regula-
tions. However, they may be obtained from the corresponding author upon reasonable request, subject to ethics committee
approval.

Authors’ Contributions

All authors contributed equally to the conception, design, data collection, analysis, and writing of this manuscript. Each author
reviewed and approved the final version for submission and agrees to be accountable for all aspects of the work.

Conflicts of Interest
None declared.

Multimedia Appendix 1

Question guide and distribution of artificial intelligence tools used by health professions students at the University of Ottawa.
[PDF File (Adobe File), 161 KB-Multimedia Appendix 1]

Checklist 1

SRQR checklist.
[PDEF File (Adobe File), 125 KB-Checklist 1]

References

1.  Rahman MA, Victoros E, Ernest J, Davis R, Shanjana Y, Islam MR. Impact of artificial intelligence (Al) technology in
healthcare sector: a critical evaluation of both sides of the coin. Clin Pathol. 2024;17. [doi: 10.1177/
2632010X241226887] [Medline: 38264676]

2. Bajwa J, Munir U, Nori A, Williams B. Artificial intelligence in healthcare: transforming the practice of medicine.
Future Healthc J. Jul 2021;8(2):¢188-¢194. [doi: 10.7861/fhj.2021-0095] [Medline: 34286183]

3. Zavaleta-Monestel E, Anchia-Alfaro A, Rojas-Chinchilla C, Quesada-Loria DF, Arguedas-Chacén S. Ethical and
practical dimensions of artificial intelligence (Al) in healthcare: a comprehensive study of professional perceptions.
Cureus. Feb 2025;17(2):e78416. [doi: 10.7759/cureus.78416] [Medline: 40046390]

4. Najjar R. Redefining radiology: a review of artificial intelligence integration in medical imaging. Diagnostics (Basel).
Aug 25,2023;13(17):2760. [doi: 10.3390/diagnostics13172760] [Medline: 37685300]

5. Fujisawa Y, Otomo Y, Ogata Y, et al. Deep-learning-based, computer-aided classifier developed with a small dataset of

clinical images surpasses board-certified dermatologists in skin tumour diagnosis. Br J Dermatol. Feb
2019;180(2):373-381. [doi: 10.1111/bjd.16924] [Medline: 29953582]

6. Al Kuwaiti A, Nazer K, Al-Reedy A, et al. A review of the role of artificial intelligence in healthcare. J Pers Med. Jun 5,
2023;13(6):951. [doi: 10.3390/jpm13060951] [Medline: 37373940]

7.  Eysenbach G. The role of ChatGPT, generative language models, and artificial intelligence in medical education: a
conversation with ChatGPT and a call for papers. JMIR Med Educ. Mar 6,2023;9(1):e46885. [doi: 10.2196/46885]
[Medline: 36863937]

8. Ghorashi N, Ismail A, Ghosh P, Sidawy A, Javan R. Al-powered chatbots in medical education: potential applications
and implications. Cureus. Aug 2023;15(8):e43271. [doi: 10.7759/cureus.43271] [Medline: 37692629]

9. TengM, SinglaR, Yau O, et al. Health care students’ perspectives on artificial intelligence: countrywide survey in
Canada. JMIR Med Educ. Jan 31, 2022;8(1):e33390. [doi: 10.2196/33390] [Medline: 35099397]

10.  Mousavi Baigi SF, Sarbaz M, Ghaddaripouri K, Ghaddaripouri M, Mousavi AS, Kimiafar K. Attitudes, knowledge, and
skills towards artificial intelligence among healthcare students: a systematic review. Health Sci Rep. Mar
2023;6(3):e1138. [doi: 10.1002/hsr2.1138] [Medline: 36923372]

11.  Schneider M, Stern E. L’apprentissage dans une perspective cognitive [in French]. In: Dumont H, Istance D, Benavides
F, editors. Comment apprend-on ? La recherche au service de la pratique. OCDE; 2010:73-95. ISBN: 978-92-64-08647-0

12.  Hsu WC, Fuh LJ, Liao SC. Tickling the heart: integrating social emotional learning into medical education to cultivate
empathetic, resilient, and holistically developed physicians. Front Med (Lausanne). 2024;11:1368858. [doi: 10.3389/
fmed.2024.1368858] [Medline: 38500950]

13.  Shorey S, Chan V, Rajendran P, Ang E. Learning styles, preferences and needs of generation Z healthcare students:
scoping review. Nurse Educ Pract. Nov 2021;57:103247. [doi: 10.1016/j.nepr.2021.103247] [Medline: 34768214]

https://www.jmir.org/2026/1/e82432 J Med Internet Res 2026 | vol. 28 182432 | p. 13
(page number not for citation purposes)


https://jmir.org/api/download?alt_name=jmir_v28i1e82432_app1.pdf
https://jmir.org/api/download?alt_name=jmir_v28i1e82432_app1.pdf
https://jmir.org/api/download?alt_name=jmir_v28i1e82432_app2.pdf
https://jmir.org/api/download?alt_name=jmir_v28i1e82432_app2.pdf
https://doi.org/10.1177/2632010X241226887
https://doi.org/10.1177/2632010X241226887
http://www.ncbi.nlm.nih.gov/pubmed/38264676
https://doi.org/10.7861/fhj.2021-0095
http://www.ncbi.nlm.nih.gov/pubmed/34286183
https://doi.org/10.7759/cureus.78416
http://www.ncbi.nlm.nih.gov/pubmed/40046390
https://doi.org/10.3390/diagnostics13172760
http://www.ncbi.nlm.nih.gov/pubmed/37685300
https://doi.org/10.1111/bjd.16924
http://www.ncbi.nlm.nih.gov/pubmed/29953582
https://doi.org/10.3390/jpm13060951
http://www.ncbi.nlm.nih.gov/pubmed/37373940
https://doi.org/10.2196/46885
http://www.ncbi.nlm.nih.gov/pubmed/36863937
https://doi.org/10.7759/cureus.43271
http://www.ncbi.nlm.nih.gov/pubmed/37692629
https://doi.org/10.2196/33390
http://www.ncbi.nlm.nih.gov/pubmed/35099397
https://doi.org/10.1002/hsr2.1138
http://www.ncbi.nlm.nih.gov/pubmed/36923372
https://doi.org/10.3389/fmed.2024.1368858
https://doi.org/10.3389/fmed.2024.1368858
http://www.ncbi.nlm.nih.gov/pubmed/38500950
https://doi.org/10.1016/j.nepr.2021.103247
http://www.ncbi.nlm.nih.gov/pubmed/34768214
https://www.jmir.org/2026/1/e82432

JOURNAL OF MEDICAL INTERNET RESEARCH Guirguis et al

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

217.

28.

29.

30.

31.

32.

33.

34.

35.

Joseph GV, Athira P, Anit Thomas M, Jose D, Roy TV, Prasad M. Impact of digital literacy, use of Al tools and peer
collaboration on Al assisted learning: perceptions of the university students. Digital Edu Rev. 2024(45):43-49. [doi: 10.
1344/der.2024.45 .43-49]

Msambwa MM, Wen Z, Daniel K. The impact of Al on the personal and collaborative learning environments in higher
education. Eur J Edu. 2025;60(1):¢12909. [doi: 10.1111/ejed.12909]

Fawaz M, El-Malti W, Alreshidi SM, Kavuran E. Exploring health sciences students’ perspectives on using generative
artificial intelligence in higher education: a qualitative study. Nurs Health Sci. Mar 2025;27(1):e70030. [doi: 10.1111/
nhs.70030] [Medline: 39797529]

Benboujja F, Hartnick E, Zablah E, et al. Overcoming language barriers in pediatric care: a multilingual, Al-driven
curriculum for global healthcare education. Front Public Health. 2024;12:1337395. [doi: 10.3389/fpubh.2024.1337395]
[Medline: 38454985]

Busetto L, Wick W, Gumbinger C. How to use and assess qualitative research methods. Neurol Res Pract. 2020;2(1):14.
[doi: 10.1186/s42466-020-00059-z] [Medline: 33324920]

Hunt MR. Strengths and challenges in the use of interpretive description: reflections arising from a study of the moral

experience of health professionals in humanitarian work. Qual Health Res. Sep 2009;19(9):1284-1292. [doi: 10.1177/
1049732309344612] [Medline: 19690208]

Locsin RC, Schoenhofer SO. Qualitative research methods, inductive and deductive: valuable approaches to nursing

knowledge development for practice. Nurs Health Sci. Jun 2024;26(2):e13128. [doi: 10.1111/nhs.13128] [Medline:
38804111]

O’Brien BC, Harris 1B, Beckman TJ, Reed DA, Cook DA. Standards for Reporting Qualitative Research: a synthesis of
recommendations. Acad Med. Sep 2014;89(9):1245-1251. [doi: 10.1097/ACM.0000000000000388] [Medline:
24979285]

Murphy E, Dingwall R, Greatbatch D, Parker S, Watson P. Qualitative research methods in health technology
assessment: a review of the literature. Health Technol Assess. 1998;2(16). [Medline: 9919458]

Higginbottom GMA. Sampling issues in qualitative research. Nurse Res. 2004;12(1):7-19. [doi: 10.7748/nr2004.07.12.1.
7.c5927] [Medline: 15493211]

Guest G, Bunce A, Johnson L. How many interviews are enough? An experiment with data saturation and variability.
Field methods. 2006;18(1):59-82. [doi: 10.1177/1525822X05279903]

Schneider S, Beege M, Nebel S, Schnaubert L, Rey GD. The cognitive-affective-social theory of learning in digital
environments (CASTLE). Educ Psychol Rev. 2022;34(1):1-38. [doi: 10.1007/s10648-021-09626-5] [Medline:
34226808]

Adams NE. Bloom’s taxonomy of cognitive learning objectives. J Med Libr Assoc. Jul 2015;103(3):152-153. [doi: 10.
3163/1536-5050.103.3.010] [Medline: 26213509]

Kolb DA. Experiential Learning: Experience as the Source of Learning and Development. Prentice Hall; 1983. ISBN:
978-0132952613

Paillé P, Mucchielli A. L’analyse par questionnement analytique [in French]. In: L’analyse qualitative en sciences
humaines et sociales. Armand Colin; 2012:207-230. ISBN: 9782200249045

Dhakal K. NVivo. J Med Libr Assoc. Apr 1,2022;110(2):270-272. [doi: 10.5195/jmla.2022.1271] [Medline: 35440911]
Kung TH, Cheatham M, Medenilla A, et al. Performance of ChatGPT on USMLE: potential for Al-assisted medical
education using large language models. PLOS Digit Health. Feb 2023;2(2):e0000198. [doi: 10.1371/journal.pdig.
0000198] [Medline: 36812645]

Ayoub NF, Lee YJ, Grimm D, Divi V. Head-to-head comparison of ChatGPT versus Google Search for medical
knowledge acquisition. Otolaryngol Head Neck Surg. Jun 2024;170(6):1484-1491. [doi: 10.1002/0hn .465] [Medline:
37529853]

Saleh ZT, Rababa M, Elshatarat RA, et al. Exploring faculty perceptions and concerns regarding artificial intelligence
chatbots in nursing education: potential benefits and limitations. BMC Nurs. Apr 18, 2025;24(1):440. [doi: 10.1186/
$12912-025-03082-0] [Medline: 40251532]

Alqaisi N, Alshwayyat S, Aburumman S, et al. Assessing ChatGPT adoption in Jordanian medical education: a UTAUT
model approach. BMC Med Educ. May 22, 2025;25(1):750. [doi: 10.1186/s12909-025-07336-y] [Medline: 40405195]
Wang J, Liao Y, Liu S, et al. The impact of using ChatGPT on academic writing among medical undergraduates. Ann
Med. Dec 2024;56(1):2426760. [doi: 10.1080/07853890.2024.2426760] [Medline: 39555617]

Fabiano N, Gupta A, Bhambra N, et al. How to optimize the systematic review process using Al tools. JCPP Adv. Jun
2024;4(2):e12234. [doi: 10.1002/jcv2.12234] [Medline: 38827982]

https://www.jmir.org/2026/1/e82432 J Med Internet Res 2026 | vol. 28 | €82432 | p. 14

(page number not for citation purposes)


https://doi.org/10.1344/der.2024.45.43-49
https://doi.org/10.1344/der.2024.45.43-49
https://doi.org/10.1111/ejed.12909
https://doi.org/10.1111/nhs.70030
https://doi.org/10.1111/nhs.70030
http://www.ncbi.nlm.nih.gov/pubmed/39797529
https://doi.org/10.3389/fpubh.2024.1337395
http://www.ncbi.nlm.nih.gov/pubmed/38454985
https://doi.org/10.1186/s42466-020-00059-z
http://www.ncbi.nlm.nih.gov/pubmed/33324920
https://doi.org/10.1177/1049732309344612
https://doi.org/10.1177/1049732309344612
http://www.ncbi.nlm.nih.gov/pubmed/19690208
https://doi.org/10.1111/nhs.13128
http://www.ncbi.nlm.nih.gov/pubmed/38804111
https://doi.org/10.1097/ACM.0000000000000388
http://www.ncbi.nlm.nih.gov/pubmed/24979285
http://www.ncbi.nlm.nih.gov/pubmed/9919458
https://doi.org/10.7748/nr2004.07.12.1.7.c5927
https://doi.org/10.7748/nr2004.07.12.1.7.c5927
http://www.ncbi.nlm.nih.gov/pubmed/15493211
https://doi.org/10.1177/1525822X05279903
https://doi.org/10.1007/s10648-021-09626-5
http://www.ncbi.nlm.nih.gov/pubmed/34226808
https://doi.org/10.3163/1536-5050.103.3.010
https://doi.org/10.3163/1536-5050.103.3.010
http://www.ncbi.nlm.nih.gov/pubmed/26213509
https://doi.org/10.5195/jmla.2022.1271
http://www.ncbi.nlm.nih.gov/pubmed/35440911
https://doi.org/10.1371/journal.pdig.0000198
https://doi.org/10.1371/journal.pdig.0000198
http://www.ncbi.nlm.nih.gov/pubmed/36812645
https://doi.org/10.1002/ohn.465
http://www.ncbi.nlm.nih.gov/pubmed/37529853
https://doi.org/10.1186/s12912-025-03082-0
https://doi.org/10.1186/s12912-025-03082-0
http://www.ncbi.nlm.nih.gov/pubmed/40251532
https://doi.org/10.1186/s12909-025-07336-y
http://www.ncbi.nlm.nih.gov/pubmed/40405195
https://doi.org/10.1080/07853890.2024.2426760
http://www.ncbi.nlm.nih.gov/pubmed/39555617
https://doi.org/10.1002/jcv2.12234
http://www.ncbi.nlm.nih.gov/pubmed/38827982
https://www.jmir.org/2026/1/e82432

JOURNAL OF MEDICAL INTERNET RESEARCH Guirguis et al

36.

37.

38.

39.

40.

Roos J, Kasapovic A, Jansen T, Kaczmarczyk R. Artificial intelligence in medical education: comparative analysis of
ChatGPT, Bing, and medical students in Germany. JMIR Med Educ. Sep 4, 2023;9:e46482. [doi: 10.2196/46482]
[Medline: 37665620]

Johnston H, Wells RF, Shanks EM, Boey T, Parsons BN. Student perspectives on the use of generative artificial
intelligence technologies in higher education. Int J Educ Integr. Dec 2024;20(1):1-21. [doi: 10.1007/540979-024-00149-
4]

Jiang J, Huang K, Martinez-Maldonado R, Zeng H, Gong D, An P. Novobo: supporting teachers’ peer learning of
instructional gestures by teaching a mentee Al-agent together. arXiv. Preprint posted online on May 26, 2025. [doi: 10.
48550/arXiv.2505.17557]

Abid A, Murugan A, Banerjee I, Purkayastha S, Trivedi H, Gichoya J. Al education for fourth-year medical students:
two-year experience of a web-based, self-guided curriculum and mixed methods study. JIMIR Med Educ. Feb 20,
2024;10:e46500. [doi: 10.2196/46500] [Medline: 38376896]

Tao W, Yang J, Qu X. Utilization of, perceptions on, and intention to use Al chatbots among medical students in China:
national cross-sectional study. JMIR Med Educ. Oct 28, 2024;10:e57132. [doi: 10.2196/57132] [Medline: 39466038]

ABBREVIATIONS

Al artificial intelligence
REB: Research Ethics Board
SRQR: Standards for Reporting Qualitative Research

Edited by Alicia Stone; peer-reviewed by Anila Jaleel, Fumitoshi Fukuzawa; submitted 14.Aug.2025; final revised version
received 26 .Feb.2026; accepted 27 Feb.2026; published 02.Apr.2026

Please cite as:

Guirguis M, Fotsing S, Fevry J, Landry C, Bouchard-Lamothe D, Lacroix J, Jalali A

Artificial Intelligence in Health Professions Education: Qualitative Study of Student Experiences
J Med Internet Res 2026,28:e82432

URL: hitps://www .jmir.org/2026/1/e82432

doi: 10.2196/82432

© Marina Guirguis, Salomon Fotsing, Joanne Fevry, Christine Landry, Diane Bouchard-Lamothe, Jennifer Lacroix, Alir-
eza Jalali. Originally published in the Journal of Medical Internet Research (https://www.jmir.org), 02.Apr.2026. This
is an open-access article distributed under the terms of the Creative Commons Attribution License (https://creativecom-
mons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium, provided the original

work, first published in the Journal of Medical Internet Research (ISSN 1438-8871), is properly cited. The complete
bibliographic information, a link to the original publication on https://www.jmir.org/, as well as this copyright and license
information must be included.

https://www.jmir.org/2026/1/e82432 J Med Internet Res 2026 | vol. 28 | 82432 | p. 15

(page number not for citation purposes)


https://doi.org/10.2196/46482
http://www.ncbi.nlm.nih.gov/pubmed/37665620
https://doi.org/10.1007/s40979-024-00149-4
https://doi.org/10.1007/s40979-024-00149-4
https://doi.org/10.48550/arXiv.2505.17557
https://doi.org/10.48550/arXiv.2505.17557
https://doi.org/10.2196/46500
http://www.ncbi.nlm.nih.gov/pubmed/38376896
https://doi.org/10.2196/57132
http://www.ncbi.nlm.nih.gov/pubmed/39466038
https://www.jmir.org/2026/1/e82432
https://doi.org/10.2196/82432
https://www.jmir.org
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.jmir.org/
https://www.jmir.org/2026/1/e82432

	Artificial Intelligence in Health Professions Education: Qualitative Study of Student Experiences
	Introduction
	Methods
	Qualitative Approach and Research Paradigm
	Research Characteristics and Reflexivity
	Context
	Sampling Strategy
	Data Collection
	Data Processing and Analysis
	Techniques to Enhance Trustworthiness
	Ethical Considerations

	Results
	Participant Characteristics and Qualitative Findings
	Theme 1: AI Tools Used and Selection
	Theme 2: Usage Habits and Applications of AI
	Theme 3: AI in Learning and Skills Development
	Theme 4: Peer Training and Awareness Strategies

	Discussion
	Principal Findings
	Strengths
	Limitations
	Conclusions



