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Abstract
Background: Web-based crowdfunding is commonly used to defray medical expenses, but it is not fully known which
factors determine fundraising success. Previous studies have usually focused on a single disease category at a time or a
small number of mutually exclusive diseases, even though a given campaign may seek funding for multiple conditions.
In addition, differences in fundraising exist according to socioeconomic status, but whether this association applies across
different diseases is unclear. Thus, questions remain about how certain medical conditions and the socioeconomic context of a
campaign’s location interact to influence fundraising success.
Objective: This study aimed to determine the impact of specific medical conditions on crowdfunding success and to evaluate
if the socioeconomic environment of a campaign’s location has a distinct effect on earnings. Last, we sought to understand the
effect of these features on donation behavior in terms of number of donations and donation amount.
Methods: Web scraping was used to collect medical crowdfunding campaigns on GoFundMe that were based in the United
States and created between 2010 and 2020. Using a previously validated disease identification algorithm based on natural
language processing, we identified the presence or absence of 11 broad disease categories in each campaign description. An
Area Deprivation Index was calculated to represent a composite view of the socioeconomic status of each campaign’s county
of origin. Generalized linear models were constructed to estimate the impact of mentioning specific disease categories and the
campaign’s area deprivation on the amount of money raised.
Results: This study analyzed 89,645 crowdfunding campaigns. We identified at least one medical condition in 82.6%
(n=74,016) of campaigns. A quarter of campaigns (n=25,026, 27.9%) mentioned more than one disease category. Neo-
plasms were the most common condition among medical crowdfunding campaigns by a large margin (n=38,221, 43.7% of
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campaigns), followed by injuries and external causes (n=18,087, 20.7% of campaigns). In multivariable analysis, mentioning
neoplasms, injuries and external causes, respiratory system diseases, nervous system diseases, or infections in the campaign
was associated with higher total fundraising amounts. On the other hand, mentioning genitourinary, mental health, or endocrine
diseases was associated with lower total fundraising amounts. Campaigns originating from less-deprived counties raised more
money than those from more-deprived counties, and this effect was independent of the diseases mentioned in the campaign.
The success of campaigns for higher-earning conditions and from less-deprived areas was typically due to a larger number of
donations, rather than a higher donation amount.
Conclusions: The medical conditions mentioned in crowdfunding campaigns matter for the fundraising success of the
campaign. Importantly, certain diseases tended to receive lower total fundraising amounts. Regardless of the specific diseases
mentioned in the campaign, the socioeconomic backdrop of a campaign’s location had a significant impact on fundraising.

J Med Internet Res 2025;27:e72475; doi: 10.2196/72475
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Introduction
In the United States, many people have difficulty paying
medical bills [1-3], and health care costs contribute to
personal bankruptcy [4]. In this context, a growing number
of patients use web-based crowdfunding to raise money for
medical care. GoFundMe (GFM) is a popular crowdfund-
ing platform [5,6], and nearly one-third of campaigns on
GFM are for medical expenses [7]. The financial support
made possible through crowdfunding is significant: one report
calculated that more than US $3.6 billion has been raised by
medical crowdfunding campaigns on GFM as of April 2019
[8].

Insufficient health insurance coverage leading to an
out-of-pocket cost burden is frequently cited as a reason
for seeking crowdfunding support [9,10]. Early research on
medical crowdfunding focused on campaigns raising money
for unapproved, scientifically unsupported, and potentially
dangerous treatments that were not approved by health
insurance programs [11-13]. However, further work has
shown that web-based crowdfunding is a popular fund-
ing mechanism for conventional health care services and
expenses indirectly related to medical care, such as housing
and lost income [14,15].

Out-of-pocket costs vary across medical conditions [16],
and previous work has sought to characterize which ill-
nesses are most commonly described in medical crowd-
funding campaigns. Special attention has been paid to
conditions that are both common and associated with high
out-of-pocket costs, including cancer [9,15,17-22], traumatic
injuries [8,23], neurologic conditions [8,23-25], cardiovascu-
lar disease [8,23,26], and many others [27-30]. Despite the
breadth of previous work, most studies have focused on either
a single disease at a time or have categorized campaigns into
a small number of mutually exclusive groups, even though
patients with multiple medical conditions are especially prone
to financial distress [31]. Open questions remain about the
prevalence of multimorbidity in medical crowdfunding and
the impact of other less-studied conditions, such as mental
health disorders, on fundraising outcomes.

Fundraising success relies on a campaign’s exposure to
potential donors, the likelihood of potential donors donating,

and the value of individual contributions. Some donors
may be more likely to contribute to campaigns that men-
tion specific diseases [22]. It is also important to consider
the socioeconomic context of a crowdfunding campaign in
order to understand who is likely to earn financial support
from web-based communities. Out-of-pocket cost burden
disproportionately affects socioeconomically disadvantaged
populations [32], but these same populations may also face
barriers to seeking crowdfunding support in the first place,
such as lack of internet access or simply being unfamiliar
with web-based crowdfunding options [33]. Furthermore,
socioeconomically deprived communities may have a smaller
network of potential donors, and potential donors may make
smaller contributions [34]. Previous work has shown that
campaigns originating from socioeconomically deprived areas
generally earn less [17,35], but it is unclear if this association
applies across a broad range of disease categories.

With these remaining questions in mind, we designed a
study to systematically analyze more disease categories than
previous work in a large sample of medical crowdfunding
campaigns and integrate the analysis with socioeconomic
indicators linked to the campaigns’ location. We hypothe-
sized that campaigns would frequently mention more than
one disease category and that the association between certain
diseases and campaign earnings would vary across disease
categories. In addition, we hypothesized that socioeconomi-
cally deprived areas would be underrepresented in web-based
crowdfunding and would be a significant determinant of
fundraising success, regardless of the diseases mentioned
in the campaign. Last, we analyzed the impact of medical
conditions and area deprivation on the number and amount
of individual donations, in an effort to understand how these
features might underlie fundraising behavior.

Methods
Ethical Considerations
This study was approved by the Duke University institutional
review board. The study was exempt as it was classified
as a secondary analysis of existing data. The data were
publicly available and were collected in accordance with the
principles of fair use. Therefore, no consent was needed to
proceed with the study. This manuscript follows the STROBE
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(Strengthening the Reporting of Observational Studies in
Epidemiology) reporting guidelines for cross-sectional studies
[36].

Crowdfunding Data Collection
We wrote a web scraping program to collect data from a
random sample of medical crowdfunding campaigns hosted
by GFM. Eligible campaigns were those self-categorized
as “Medical, Illness & Healing” and located in the United
States. We only selected campaigns from this category to
ensure that medical fundraising was the primary intent of
the campaign because our disease identification algorithm
(discussed below) is unable to distinguish between incidental
and deliberate descriptions of medical problems. Per guidance
from our institutional review board, we collected data from
no more than 5% of campaigns available on the GFM
sitemap, resulting in a maximum sample size of 100,000. We
randomized the order of campaigns and scraped data until we
collected approximately 100,000 campaigns. Web scraping
was completed in August 2020. Variables that were collec-
ted include campaign title and description, amount of money
sought and raised, zip code associated with the campaign, and
date of creation. The language of each campaign description
was determined using an automated language detector [37].
All data collected from GFM were publicly available and
aggregated for research purposes in accordance with fair use.
A discussion on the possibility of bias in our sample is
available in Texts S1 and S2 and Figure S1 in Multimedia
Appendix 1.
Exclusion Criteria
Of the 99,943 crowdfunding campaigns collected by web
scraping, we excluded campaigns that were duplicated
(n=6981), had missing or unmappable zip codes (n=421),
were located outside of the United States (n=234), had
missing census data for the assigned county (n=6), were
determined to be in a non-English language (n=2561), or
had a currency code other than US dollars (n=25). To avoid
campaigns seeking to raise money for research rather than
medical expenses, we excluded campaigns with the word
“research” in the campaign title (n=70).
Disease Categorization Algorithm
We previously designed and validated an algorithm to
identify the presence of broad disease categories in medi-
cal crowdfunding campaign descriptions [38]. Briefly, we
used the 2021 Clinical Classifications Software Refined for
ICD-10-CM (International Classification of Diseases, Tenth
Revision, Clinical Modification) Diagnoses to establish 11
disease categories by which to summarize medical diagnoses.
We used a pretrained named entity recognition model to
identify segments of text in the campaign description that
were predicted to represent medical diagnoses. Next, we used
a pretrained entity resolution model to convert each segment
of the text identified as a medical diagnosis into the best
matching ICD-10-CM diagnosis code. Last, each ICD-10-CM
code was matched to its corresponding disease, and each
disease category was summarized as present or absent for
every campaign. In parallel, the algorithm used a targeted

keyword search for common treatments and procedures that
indicate the presence of a certain disease category (eg,
“heart transplant” suggesting the presence of cardiovascular
disease) that appeared during our team’s exploratory reading.
The algorithm was shown to have high precision, recall,
and accuracy across disease categories when compared with
manually-coded crowdfunding campaigns.

In certain cases, our algorithm did not identify any disease
category in the campaign description. We reviewed a random
sample of 100 of these campaigns and found that 75%
either did not mention a medical diagnosis or conveyed a
medical condition in vague terms; the remaining campaigns
had various abnormalities such as excessive punctuation or
nonspecific abbreviations (eg, “MS” for multiple sclerosis)
in an atypical context. Complete classification performance
metrics of the algorithm and discussion of the structure of the
crowdfunding text are available in previous work [38].
US Census Data and Area Deprivation
Index
We performed a principal components analysis on county-
level socioeconomic variables from the American Commun-
ity Survey (ACS) to calculate an Area Deprivation Index
(ADI) similar to previous work. The US Census Bureau’s
API was used to collect county-level data from the 2019
ACS. The final ADI included unemployment rate, poverty
rate, percent uninsured, percent who completed high school,
percent with internet access, rate of single-parent house-
holds, and percentage of households with annual income
<US $35,000. Weighted factor loadings for these variables
were summed and standardized to generate the ADI value.
Counties were then split into quartiles based on the ADI value
(n=785 or 786 counties in each quartile, quartile 4=most
deprived). Additional details on the principal components
analysis and factor loading are available in Text S3 and Table
S1 in Multimedia Appendix 1.

To link census data to crowdfunding campaigns in our
sample, we used zip code to county assignments provided by
the US Department of Housing and Urban Development [39].
Each zip code was assigned to a single county that contained
the highest proportion of the zip code’s addresses. The total
population for each county was obtained from ACS data and
used to calculate the total and relative population correspond-
ing to each ADI quartile.
Statistical Analysis
We used descriptive statistics to summarize the characteristics
of our sample, including year of creation, disease categories
mentioned, and number of disease categories per campaign.

To estimate the impact of disease categories and ADI
quartile on fundraising success, we constructed a general-
ized linear model (GLM) with the amount of money raised
as the dependent variable. The amount raised is the prod-
uct of the number of donations received and the mean
donation amount. We suppose that the number of dona-
tions received is Poisson-distributed, and the mean donation
amount is gamma-distributed, implying that the amount raised
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follows a compound Poisson-gamma (ie, Tweedie) distribu-
tion. We therefore used a Tweedie GLM with a logarithm
link function. The variance power was selected as the value
between 1 and 2 that maximized the model likelihood.
Disease categories are not mutually exclusive; therefore, each
category was coded as present or absent and included in the
model. ADI quartile was entered as a categorical variable
with the most-deprived quartile serving as the reference
group. We also controlled for campaign start year and amount
sought, consistent with prior work [17]. The amount sought
was observed to be right-skewed and was therefore Box-
Cox transformed prior to inclusion. The expected percentage
change in the amount raised when a given feature was present
was calculated by exponentiating the feature’s β coefficient.

We sought to characterize the donation patterns that
underlie differences in fundraising. Because a campaign
can increase the amount raised by increasing the number
of donations or the mean donation amount, we modeled
each of these outcomes separately. To evaluate the impact
on the number of donations received, GLMs using Poisson
and negative binomial distributions were compared, and the
negative binomial model was selected on the basis of a
significant likelihood ratio test. The impact on the mean
donation amount was evaluated using a GLM with a gamma
distribution. Both models used a logarithm link function, and
the covariates were identical to the model for the amount
raised described above.

Two sensitivity analyses were conducted (Table S2 in
Multimedia Appendix 1). First, the amount raised was

observed to be highly right-skewed, with a small number
of extreme outliers. We hypothesize that these outliers are
campaigns that “went viral” and gained widespread attention
through social media or traditional media outlets. To evaluate
the impact of these extreme values on our modeling strategy,
we ran the Tweedie regression using various thresholds above
which the amount raised was reassigned to the threshold
value (US $1 million and US $100,000-US $500,000 in
US $100,000 increments). No important changes in the
magnitude or significance of the covariates of interest were
observed. Therefore, the uncensored values of the amount
sought were used for all analyses.

P values <.05 were considered statistically significant. All
data analysis was performed using Python (version 3.8.8;
Python Software Foundation) and R (version 4.0.3; R Core
Team). The source code for the data collection and analysis is
available on GitHub [40].

Results
Characteristics of Study Sample
Descriptive statistics of our study sample are shown in
Table 1. The final sample contained 89,645 unique medical
crowdfunding campaigns. Campaigns were created from 2010
to 2020, with only 1.2% (n=1094) of campaigns starting
before 2014.

Table 1. Characteristics of crowdfunding campaigns in the study sample (n=89,645).
Characteristic Values, n (%)
Year   
  2010‐2013 1094 (1.2)
  2014‐2017 46,447 (51.8)
  2018‐2020 42,104 (47.0)
Number of unique disease categories per campaign   
  0 15,629 (17.4)
  1 49,080 (54.7)
  2 15,921 (17.8)
  3+ 9105 (10.1)
Disease categorya   
  Neoplasms 38,221 (43.7)
  Injuries and external causes 18,087 (20.7)
  Cardiovascular diseases 11,923 (13.6)
  Infections 8742 (10.0)
  Nervous system diseases 7705 (8.8)
  Musculoskeletal diseases 5594 (6.4)
  Mental health disorders 4838 (5.5)
  Respiratory diseases 4836 (5.5)
  Gastrointestinal diseases 4746 (5.4)
  Genitourinary diseases 4698 (5.4)
  Endocrine diseases 3882 (4.4)
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aDisease categories were not mutually exclusive.

Our disease categorization algorithm identified at least one
disease category in 82.6% (n=74,016) of campaigns (Table
1). The majority of campaigns (49,080/89,645, 54.7%)
mentioned a single disease category, while 27.9% (n=25,026)
of campaigns mentioned more than one disease category.
In 17.4% (n=15,629) of campaigns, our algorithm did not
identify any disease category.

Neoplasms were the most commonly mentioned medical
conditions (43.7%, n=38,221 of campaigns), followed by
injuries and external causes (20.7% [n=18,087] of cam-
paigns), and cardiovascular diseases (13.6%, n=11,923 of
campaigns). Each of the remaining disease categories was
detected in 10% or less of campaigns (Table 1). The relative
frequency of each disease category was similar each year
after 2011 (Figure S2 in Multimedia Appendix 2).

Overrepresentation of Less-Deprived
Areas in Web-Based Crowdfunding
The percent of campaigns belonging to each ADI quartile
was similar each year after 2011 (Figure S3 in Multimedia
Appendix 2). While the least-deprived quartile of counties
makes up 56.2% of the population, they account for 62.4%
of GFM campaigns (Figure 1). Conversely, the most-deprived
quartile of counties makes up 6.7% of the population but
only contributed 3.8% of GFM campaigns. In addition, 70%
of fundraising in our sample went to campaigns from the
least-deprived counties, and only 2.5% went to campaigns
from the most-deprived counties.

Figure 1. Distribution of campaign frequency and fundraising amount by ADI quartile. aDistribution of United States population according to
county-level ADI quartile. bRelative frequency of medical crowdfunding campaigns in our sample based on the ADI quartile of the campaign’s
county of origin. cRelative proportion of the total amount raised in our sample according to the ADI quartile of the campaign’s county of origin. ADI:
Area Deprivation Index.

Impact of Disease Categories and ADI on
Amount Raised
After adjusting for ADI quartile, campaign start year, and
amount sought, we found that most disease categories were

statistically significant determinants of the amount of money
raised by each campaign (Figure 2, full model outputs are in
Table S3 in Multimedia Appendix 2).
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Figure 2. Association of disease categories and ADI with the amount raised per campaign. Tweedie GLM of the amount raised. The model included
the displayed variables and was further adjusted for the campaign start year and the amount sought (Box-Cox transformed). The expected percent
change in the amount raised was calculated by exponentiating each disease category’s β coefficient. Error bars represent 95% CIs. Disease categories
were not mutually exclusive. ADI: Area Deprivation Index.

Campaigns that mentioned neoplasms raised an average of
24.7% (95% CI 21.8‐27.8) more than those that did not.
Campaigns were also more likely to have higher fundraising
amounts when they mentioned injuries and external causes
(12.9%, 95% CI 9.9‐16.2 increase), respiratory diseases
(9.1%, 95% CI 4.0‐14.6 increase), nervous system diseases
(9.1%, 95% CI 4.9‐13.5 increase), and infections (6.3%, 95%
CI 2.3‐10.4 increase). By contrast, campaigns mentioning
endocrine diseases raised 11.1% (95% CI −15.9 to −6.0)
less than those that did not. A reduction in the amount
raised was also seen for campaigns that mentioned mental
health disorders (7.7%, 95% CI −12.1 to −3.0 decrease)
and genitourinary diseases (6.5%, 95% CI −11.0 to −1.6
decrease).

The ADI quartile of a campaign’s county of origin was
an independent predictor of the amount raised. Adjusting
for disease categories mentioned in the campaign, campaign
start year, and amount sought, campaigns originating in
the least-deprived counties were predicted to earn 48.3%

(95% CI 39.5‐57.6) more than counties originating from the
most deprived counties (Figure 2). A similar but attenuated
relationship between area deprivation and the amount raised
was observed for campaigns from intermediate ADI quartiles.
Impact of Disease Categories and ADI on
Number and Size of Donations
We found that the majority of disease categories were
significant independent predictors of the number of donations
a campaign received, but only 3 out of 11 disease categories
(neoplasms, injuries and external causes, and mental health
disorders) were significant independent predictors of mean
donation amount (Table 2). Similarly, ADI quartile was a
strong and statistically significant predictor of the number
of donations, but only the most extreme pairwise compari-
son between the least- and most-deprived counties showed
a statistically significant association with the mean donation
amount.

JOURNAL OF MEDICAL INTERNET RESEARCH Doerstling et al

https://www.jmir.org/2025/1/e72475 J Med Internet Res 2025 | vol. 27 | e72475 | p. 6
(page number not for citation purposes)

https://www.jmir.org/2025/1/e72475


Table 2. Association of disease categories and Area Deprivation Index (ADI) with donations. The number of donations was modeled using a
generalized linear model with a negative binomial distribution. The mean donation amount was modeled using a generalized linear model with a
gamma distribution. Both models included the displayed variables and were further adjusted for campaign start year and amount sought (Box-Cox
transformed).
Variable Number of donations Mean donation amount

β (SE) P value β (SE) P value
Disease category         
  Neoplasms 0.135 (0.007) <.001 0.022 (0.008) <.001
  Injuries and external causes 0.167 (0.008) <.001 −0.054 (0.009) <.001
  Cardiovascular diseases 0.002 (0.009) .85 0.009 (0.011) .42
  Infections 0.058 (0.010) <.001 1.5 × 10–5 (9.5 × 10–3) .99
  Nervous system diseases 0.046 (0.011) <.001 0.016 (0.013) .24
  Musculoskeletal diseases −0.067 (0.013) <.001 0.023 (0.016) .15
  Mental health disorders −0.081 (0.014) <.001 0.052 (0.017) <.01
  Respiratory diseases 0.096 (0.014) <.001 −0.008 (0.016) .65
  Gastrointestinal diseases −0.030 (0.014) .03 0.019 (0.016) .26
  Genitourinary diseases −0.064 (0.014) <.001 −0.012 (0.017) .47
  Endocrine diseases −0.127 (0.015) <.001 0.013 (0.018) .47
ADI quartile         
  1 (least deprived) 0.333 (0.016) <.001 0.048 (0.019) .01
  2 0.176 (0.017) <.001 0.030 (0.020) .15
  3 0.094 (0.018) <.001 −0.010 (0.022) .63
  4 (most deprived) Refa Ref Ref Ref

aReference group.

Discussion
Principal Results
In this analysis of web-based medical crowdfunding
campaigns, the success of campaigns was influenced by the
specific diseases mentioned in the campaign description as
well as the socioeconomic deprivation of the county in which
the campaign was initially posted. In addition, differences
in fundraising were more often explained by the number of
donations received rather than the mean donation amount.

Our findings largely corroborate previous reports on
the frequency of disease categories in data from GFM.
For example, 43.7% of campaigns in our sample raised
money for cancer. Among studies that have quantified the
frequency of multiple disease categories, cancer was also
the most common category, comprising 34.9%‐54.5% of
campaigns [8,23]. Similarly, injuries comprised the second
most common disease category in our study, consistent with
previous work [8,23]. Our sample contained more campaigns
about cardiovascular diseases than nervous system diseases,
but the opposite was found in other studies [8,23]. These
differences may be attributable to how certain medical
conditions were categorized (eg, cerebrovascular disease can
be reasonably categorized as cardiovascular or neurologic).
We also provide estimates for the relative frequency of
several disease categories that were previously unexplored
in medical crowdfunding, such as mental health disorders,
infections, and genitourinary diseases.

After adjusting for other plausible contributors to
crowdfunding success, most disease categories described
in a crowdfunding campaign were significant predictors
of the amount of money raised. In particular, we found
that mentioning mental health disorders, endocrine disea-
ses, or genitourinary diseases in the campaign description
negatively impacted fundraising success. This trend may
reflect perceptions about conditions in these categories. For
example, disclosing mental health disorders might invoke
stereotypes of the beneficiary being unfit to manage finances
[41]. Likewise, endocrine diseases such as diabetes may be
viewed as preventable with healthy lifestyle choices and
thus undeserving of charitable support [42]. Several stud-
ies—mostly small, qualitative, or theoretical—have called
attention to the fact that many crowdfunding campaigns
present a narrative that emphasizes why the beneficiary is
“worthy” or “deserves” financial assistance [22,43-45]. This
may be especially challenging for patients with conditions
that are commonly associated with personal behaviors, such
as diabetes. Here, we present high-quality data that men-
tioning certain diseases, even when controlling for other
important factors, was associated with a lower amount raised,
suggesting that potential donors may view these conditions
unfavorably.

Our study expands on previous work by characterizing
the differences in donation behavior underlying fundraising
success. We found that the number of donations seemed to
have a greater effect on fundraising success than the average
donation amount, both for certain disease categories and
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area deprivation. Few studies have disaggregated fundrais-
ing success into donation number and amount, but our
findings largely corroborate those that have. For example,
one study using a large sample of medical crowdfunding
campaigns from China showed that campaigns about cancer
had both a higher number of donations and a higher mean
donation amount, but differences in mean donation amount
among different disease categories were less pronounced
[46]. Another large study using campaigns from GFM
found that the number of donations and overall amount
raised were lowest in low-income campaigns, and both
measures increased in campaigns from higher-income areas,
in agreement with our results [35].

Analyzing donation behavior may help explain differen-
ces in overall fundraising success across disease categories.
For example, we found that mentioning injuries and external
causes was associated with a higher amount raised, and a
larger number of donations, but a smaller average donation
amount. Conversely, mentioning mental health disorders was
associated with a lower amount raised, a smaller number of
donations, but also a significant increase in the mean donation
amount. Although our study was not designed to uncover a
precise mechanism for these trends, other work sheds light on
potential explanations. One possibility is that the discord-
ance between donation count and donation amount may be
unrelated to the content of the campaign and simply reflect
the timing of donations. One study of GFM campaigns found
that the average donation amount decreases as the number
of donors increases [47], and another analysis of medical
crowdfunding campaigns from China also found the same
trend [48]. In other words, early donations are more generous,
and as campaigns accumulate funding, individual contribu-
tions become smaller. However, this would not explain our
findings that mentioning neoplasms was associated with a
higher amount and a higher number of donations, nor would it
account for our findings that mentioning endocrine diseases,
despite being associated with a smaller number of donations,
was not associated with a compensatory increase in dona-
tion amount. Therefore, this suggests that there may be
some context-specific, or even disease-specific, impact on
donation behavior. For example, while there may be bias
against donations to campaigns that mention mental health
conditions, those who are sympathetic to those campaigns
may be especially motivated to donate.

This study highlights the importance of socioeconomic
factors in medical crowdfunding participation and success.
Relative to their population, we found that less-deprived
counties were over-represented in crowdfunding campaigns.
Recent work by Kenworthy and Igra [35] analyzed a large
sample of GFM campaigns in the United States from 2016
to 2020 and assigned campaigns into quintiles based on the
per-capita income of the campaign’s zip code. They found
that the highest number of campaigns belonged to middle-
income quintiles (rather than the lowest- or highest-income
quintiles), which differs slightly from our results but may
reflect methodologic differences between analyzing income
at the zip code level and a composite ADI at the county
level. However, they similarly found that campaigns in the

highest income quintile received a proportionally larger share
of funds raised, in close agreement with our results. Another
study analyzing GFM campaigns from Washington state
found that counties with a lower measure of social margin-
alization tended to have a higher prevalence of campaigns
related to COVID-19, but this was not explained by differen-
ces in COVID-19 impact (ie, cases), highlighting the unique
impact of county-level socioeconomics on participation in
medical crowdfunding [49].

Web-based crowdfunding theoretically allows users to
reach potential donors beyond their geographic vicinity, but
these studies suggest that a campaign’s financial success
often reflects the socioeconomic conditions of the campaign’s
location. The leading theory for this association is that social
networks tend to cluster within socioeconomic groups, rather
than span across them [34,50]. Crowdfunding studies in other
fields, such as business and entrepreneurship, have similarly
found that social capital and networks play an important
role in fundraising success [51,52]. To the extent that many
campaigns rely on social networks as their primary donor
pool, the socioeconomic composition of one’s social network
will likely remain an important part of fundraising outcomes.

Given the potential barriers to accessing web-based
crowdfunding in more deprived counties, our findings should
not be interpreted as representative of the demand for medical
crowdfunding or out-of-pocket cost burden. Nevertheless, our
results demonstrate that the socioeconomic backdrop of a
campaign’s location has a significant impact on fundraising
success, even when adjusting for the specific diseases that are
described in the campaign. Similar to the effect of medical
conditions on the amount raised, this relationship was more
consistently explained by a higher number of donations,
rather than a larger value of the average donation. Taken
together, these results show that web-based crowdfunding for
medical expenses channels funds toward specific diseases and
beneficiaries in less-deprived areas. This suggests that relying
on charitable giving may selectively reward certain diseases,
thereby failing to systematically address gaps in coverage or
financial support.
Limitations
This study has several limitations. First, we used data from a
single crowdfunding platform, which may limit the general-
izability of our findings. Second, because campaigns can
be voluntarily removed from GFM at any time, we were
only able to sample campaigns that were available on the
GFM sitemap at the time of data collection, which could
introduce selection bias (Multimedia Appendices 1 and 2
contain further discussion). Third, our disease identification
algorithm could not distinguish medical conditions that were
only incidentally mentioned in the campaign description from
those that were directly relevant to the campaign, nor could
it capture the severity of different conditions. Fourth, our
algorithm had lower precision (positive predictive value)
and recall (sensitivity) for detecting the presence of cer-
tain disease categories, such as gastrointestinal diseases and
nervous system diseases [38]. This could lead to reporting a
falsely low frequency of these disease categories. Fifth, we
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report the amount raised as the primary measure of cam-
paign success rather than the percentage of the goal raised,
even though the latter might be more relevant to individual
campaign organizers. However, we adjusted for the amount
sought in our multivariable analysis to account for the impact
of the goal amount on fundraising behavior. Sixth, many
factors are likely to contribute to a campaign’s fundraising
success that we did not measure, including the semantic
features of the campaign description and the social capital
of the campaign organizer or beneficiary [17,50,53]. Seventh,
non-English campaigns were excluded for technical purpo-
ses to ensure that the natural language processing compo-
nent of the disease identification algorithm would function
as intended, which may impact the generalizability of our
findings to communities that prefer to communicate in other

languages. Last, we excluded several categories of medical
conditions from our analysis due to inadequate data while
developing our disease identification algorithm; these include
obstetric and gynecologic conditions, diseases of the sense
organs, hematologic and immune disorders, and chromosomal
abnormalities.
Conclusions
The medical conditions mentioned in crowdfunding cam-
paigns matter for the fundraising success of the campaign.
Campaigns raising money for neoplasms were the most
frequent and financially successful, and some conditions
adversely impacted fundraising. Regardless of the specific
diseases mentioned in the campaign, socioeconomic factors
had a significant impact on fundraising success.
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