JOURNAL OF MEDICAL INTERNET RESEARCH Oleribe et d

Original Paper

Global Adoption, Promotion, Impact, and Deployment of Al in
Patient Care, Health Care Delivery, Management, and Health
Care Systems Leadership: Cross-Sectional Survey

Obinna O Oleribe"?, MBBS, MPH, MBA, DrPH; Andrew W Taylor-Robinson®*°, PhD; Vetty R Agala®, MBBS,

MPH; Olgjide O Sobande’, MBBS, MPH; Ricardo | zurieta', MD, MPH, DrPH; Simon D Taylor-Robinson?, MBBS,
MD

Icalifornia State University, Dominguez Hills, Carson, CA, United States

20ffice of the Director, Centre for Family Health Initiative, Orange, CA, United States

3College of Health Sciences, VinUniversity, Hanoi, Vietham

4VinUniversity-Universily of Illinois Smart Health Center, VinUniversity, Hanoi, Vietnam

SCenter for Global Health, Perelman School of Medicine, University of Pennsylvania, Philadelphia, PA, United States
bRivers State Contributory Health Protection Programme, Port Harcourt, Nigeria

7Nigerian Institute of Medical Research Foundation, Lagos, Nigeria

8Department of Surgery and Cancer, Faculty of Medicine, Imperial College London, London, United Kingdom

Corresponding Author:

Simon D Taylor-Robinson, MBBS, MD
Department of Surgery and Cancer
Faculty of Medicine

Imperial College London

10th Floor QEQM Wing

St Mary's Hospital Campus, South Wharf Road
London, W2 INY

United Kingdom

Phone: 44 203 312 6454

Fax: 44 207 794 0500

Email: s.taylor-robinson@imperial.ac.uk

Abstract

Background: Artificial intelligence (Al) is increasingly being integrated into health care, offering a wide array of benefits.
Current Al applications encompass patients' diagnosis, treatment, data mining, and more to enhance patient care and quality of
life. It isalso democratizing accessto expert support by providing timely and accurate disease diagnoses, better clinical management,
quicker drug discovery, improved disease prevention, big data management, and health protection.

Objective: The aim of the study isto document Al adoption in health care, assess participants’ perception on its usefulnessin
the management of health care delivery and leadership of health care systems, and identify characteristics of early adopters.

Methods: We conducted a worldwide cross-sectional survey across al 6 inhabited continents using a self-administered
guestionnaire devel oped with the Qualtrics el ectronic data collection tool. Thiswas piloted and reviewed to ensure compl eteness,
accuracy, acceptability, cultural sensitivity, and relevance. Respondents were recruited by individualized email, following
identification from professional associations or organizations, professional networks, and social media. Datawere analyzed using
SPSS (IBM Corp), with results presented as narrative, charts, and tables.

Results. Intotal, 506 health care professionals completed the survey. While 92.3% (467/506) of respondents believed that Al
hasarolein patient care and health care management, only 76.5% (300/392) were willing to support Al adoption and embedding
in their organization. Although top managers are mainly responsible for adoption processes, staff training remains low. Al is
currently used mostly for diagnosis, patient care, and precision medicine. These uses of Al will continue in the near future, but
in different ways. Al adoption was highest in Europe and lowest in Africa. Black or African American people were more likely
to support Al adoption than White and Asian people. Poor knowledge of Al, fear of job loss, and resistance to change were the
top barriersto Al adoption and embedding.
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Conclusions: Al usein health is global, but the adoption rate varies by geography and individual characteristics. Al adoption
communication by executive health care management is poor, as is the level of training of health care staff. To improve Al
adoption, management should improve communication with their teams, provide training on Al to their workers, and help
individuals understand how Al works. Barriers such as ethical issues around data ownership and use should be addressed. African
organizations should be proactive and invest in Al adoption early, so that they are not |eft behind in the Al revolution.

(J Med Internet Res 2025;27:€70805) doi: 10.2196/70805
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Introduction

Artificial intelligence (Al) isincreasingly being integrated into
health care, offering awide array of benefits [1-5]. Current Al
applications encompass patients diagnosis, treatment, data
mining, and more to enhance patient care and quality of life.
Recent breakthroughs in Al and machine learning have led to
the building of reliable and safe Al systems capable of handling
the complexity of health care support in disciplines such as
cardiology, radiology and oncology, health information
management, patient care, and workforce development. Al fast
tracks results in emergency rooms, trauma units, supply chain
systems, and radiology and pathology units, for example. The
impact isto minimize deficienciesin human resources, provide
considerable benefits for patient safety and quality of care,
alleviate clinician burnout, and decrease health care costs over
time.

These gains offer great transformative potential, enabling
acceleration of processes in diverse areas of health care [1-3].
Furthermore, Al is democratizing access to expert support by
providing timely and accurate disease diagnoses, better clinical
management, quicker drug discovery, improved disease
prevention, big data management, and enhanced health
protection [4,6]. In addition, 23% of health care executivesin
the United States believe that Al and machinelearning are very
effective at improving clinical outcomes [5].

The potential of Al to optimize resource use and boost
productivity underscores its critical role in health care
management and patient care. Building on this promising start
necessitates striking a bal ance between technical advancements
and management of ethical considerations. Responsible
deployment of Al applications by the health care sector can lead
to automated services, effective care delivery, and improved
patient outcomes. This transformation requires policy support
through strong governance, and for ethica concerns and
regulatory issues to be addressed.

The current use of Al complements and boosts human resources
and has a far-reaching impact in health management, health
care worker training, and health services. Its full adoption will
enhance | eadership and management experiencesin the delivery
of carewhile supporting current functions and future innovations
inthe health care sector [7,8]. To ensure that health care workers
are adequately equipped, skilled, and trained to use Al
proficiently in health management and clinical practice, health
care managers, educators, and providers must play a more
proactive role in the ongoing digital revolution to ensure its
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effectiveand regular use [9-11]. Furthermore, health careleaders
should actively promote the trandation of innovation and
research findings into health care management and delivery
practices [11,12]. This will help revolutionize heath care
management, improve resource use, advance precision medicine,
institutionalize operational efficiency, automate processes, and
maximize predictive analytics [13].

Understanding Al adoption, progression, characteristics of early
adopters, barriers to adoption, the extent to which and why
individuals support Al adoption, and therole played by different
levels of health management or leadership will inform future
Al-related programs and policies. This will enable the global
health care sector to adopt new management or leadership styles
and organizational structures to harness the potential of Al
effectively [13]. This study aimed to garner viewpoints from
across the world on Al adoption in health care, its usefulness
in patient care and health management or leadership, and the
characteristics of early Al adopters.

Methods

Study Design

We conducted a worldwide cross-sectional survey using a
self-administered questionnaire developed with the Qualtrics
electronic data collection tool, targeting senior health care
professionals for their opinions on the use of Al in the health
care sector. The questionnaire included sectionson Al adoption,
deployment, use, benefits and barriers to Al adoption, as well
as basic, anonymized demographic information of the
participants (Multimedia Appendix 1). We piloted and reviewed
the questionnaire to ensure completeness, accuracy,
acceptability, cultural sensitivity, and relevance. The
guestionnaire and subsequent data analysis complied with the
protocol and checklist outlined in CHERRIES (Checklist for
Reporting Results of Internet E-Surveys) [14] (Multimedia
Appendix 2).

The study population comprised health care executives, health
care leaders, and service providers drawn from the 6 inhabited
continents of theworld (North and South America, Asia, Africa,
Australia or Oceania, and Europe). We used a population
prevalence of 23% and a confidence level of 95% to arrive at
asample size of 273 [5,15].

Health care executives and providers were identified through a
convenience sampling technique of professional associations
or organizations, social media platforms, and professional
networks. The survey was sent to over 500 hedth care
professionals, using their personalized email addresses. We also
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used professional networks to distribute the questionnaire, and
anyone who received the questionnaire link could participate
in the study. Participants were informed in the invitation email
of the nature of the study, the length of time necessary to
complete the questionnaire (less than 10 minutes), and the
identity of the principal investigator (OOO). Participants were
also informed that fully anonymized information would be
collected and stored for 6 months behind afirewall and that no
personal, traceable, or identifiable data would be collected. A
link was provided in the email to the questionnaire, which
required a “1-time only” password to prevent multiple
completions of the questionnaire by individual participants.

Participation was voluntary with no incentives offered, and data
collection occurred over a 7-week period from October 1 to
November 19, 2024. The questionnaire was formatted over 16
pageswith 1 to 2 questions per page and hosted on the Qualtrics
website for the duration of the study. Participants were able to
check for completeness and could review their answers using
a “back button.” If participants were unsure or unwilling to
disclose their responses, options including “not sure” “not
applicable,” or “prefer not to say” were available. According
to the Qualtrics assessment, the study had a 99% completion
rate for those personswho received the email, accessed thelink,
and started to complete the questionnaire.

After closure of the survey, data analysis was performed on
anonymized, submitted questionnaires using SPSS (version 27;
IBM Corp) and Microsoft Excel. Data were uploaded
automatically by Qualtrics, rather than being uploaded manually
for analysis. Descriptive and comparative analyses were
conducted including frequencies, percentages, and chi-squares.
A P value of <.05 was considered significant. To maintain
participants’ anonymity, datawere aggregated prior to analysis.
Results are presented in tables, charts, and as narrative formats
for clarity and comprehension.

Ethical Consider ations

Ethics approva was received from the California State
University, Dominguez Hills Ingtitutional Review Board (IRB)
following an [IRB approva application (CSUDH
IRB-FY2024-66). An information sheet was provided before
completion of the questionnaire, informing participants of the
survey duration (up to 10 minutes), how the data were to be
used, and that participation was optional and asking whether
each participant waswilling to proceed on that basis. Informed
consents were obtained from participants before access to the
guestionnaire was given. Before completing the study,
participants consented to their responses being used in an
anonymized, aggregated fashion for medical research purposes
and for subsequent secondary data analysis only. Only
anonymized data were collected with no traceable information
to the individual participants. The data were kept behind an
institutional firewall at California State University, Dominguez
Hills. Prior parental informed consent was requested in the event
that a participant was under the age of consent. However, there
was no participant younger than 18 years of ageincluded in the
study. No compensation was given for participating in this study.
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Results

Overview

A total of 506 health care leaders and service providers
participated in the survey. Most participants were drawn from
Africa, North America, and Europe. The sex distribution was
nearly equal, with the male population accounting for 47.8%
(181/379) and the female population for 49.1% (186/379) of
respondents. Therest were nonbinary or third sex (2/379, 0.5%),
others (1/379, 0.3%), and those who preferred not to disclose
their sex (9/379, 2.4%). Most participants (265/376, 70.5%)
were between the ages of 30 and 59 years. Regarding level of
education, 87.3% (331/379) were university graduates, with
71.5% (271/379) holding an advanced degree—a master’s
degree (146/379, 38.5%) or a doctorate (125/379, 33%)—as
their highest qualification.

In terms of professional experience, respondents were evenly
distributed, with similar proportions having less than 10 years
and 25 years or more. Approximately half (195/377, 51.7%)
were affiliated with federal, state, or college or university
systems, and 44.7% (226/506) worked in the health care
services, while 28.3% (143/506) were affiliated with the
educational sector. Over haf (200/373, 53.6%) of the
respondents were identified as Black or African American
people. Geographically, the mgjority were based in Africa
(159/373, 42.6%), North America (130/373, 34.9%), or Europe
(49/373, 13.1%), as outlined in Table 1. Black or African
American constituted the largest population of respondents
(200/373, 53.6%), followed by White (55/373, 14.7%).

To the question “Do you think Al has any role or usefulnessin
health care practice and management?’ 92.3% (467/506)
responded Yes. Of these, 58.7% (254/433) were of the view
that Al isvery (179/433, 41.3%) or extremely (75/433, 17.3%)
important. Inthe near future, 79.8% (375/470) were of theview
that Al will be very (199/470, 42.3%) or extremely (176/470,
37.4%) useful (Table 2).

A tota of 95.6% (173/181) of male participants, 91.9%
(171/186) of female participants, 95.6% (154/159) of those from
Africa, 93.9% (46/49) of those from Europe, 87.7% (114/130)
of those from North America, 95.5% (191/200) of those who
identified as Black or African American, 92.7% (51/55) of
White, and 86.7% (26/30) of Hispanic or Latino participants
stated that Al was useful for health management and patient
care. Therewas asignificant differencein the responses of male
participants versus femal e participants (P<.001), organizational
affiliations (P=.01), and continent of residence or operation
(P=.03; Tables3-6). Similarly, 87.8% (173/181) of male, 75.3%
(140/186) of female, African (147/159, 92.5%), Black or African
American (178/200, 89%), European (38/49, 77.6%), Hispanic
or Latino (19/30, 63.3%), North American (87/130, 66.9%),
and White (40/55, 72.7%) participants were of the view that Al
isvery or extremely useful in health; however, only sex (P=.01)
and the continent of residence or operation (P=.001) showed a
significant difference.
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Table 1. Demographic characteristics of respondents.

Description Values, n (%)
Sex at birth (n=379)
Mae 181 (47.8)
Female 186 (49.1)
Nonbinary or third sex 2(0.5)
Others 1(0.3)
Prefer not to say 9(2.4)

Agein completed years (n=376)

<20 4(1.1)
20-29 45 (12)
30-39 89 (23.7)
40-49 104 (27.7)
50-59 72 (19.1)
>60 62 (16.5)
Highest educational qualification (n=379)
High school diploma or General Educational Development 26 (6.9)
Bachelors 60 (15.8)
Masters 146 (38.5)
Doctorate 125 (33)
Other 17 (4.5)
Prefer not to specify 5(1.3)
Length of experiencein health care (years, n=372)
<5 85 (22.8)
5-9 54 (14.5)
10-14 61 (16.4)
15-19 40 (10.8)
20-24 50 (13.4)
>25 82(22)
Affiliation (n=377)
Federal or state government facility or institution 100 (26.5)
County or local government facility or institution 24 (6.4)
College or university 95 (25.2)
Nonprofit or public charity 56 (14.9)
Private facility or institution 67 (17.8)
Other 35(9.3)

Professional track (select all that apply)? (n=506)

Health care services 226 (44.7)
Health education 143 (28.3)
Health informatics 45 (8.9)
Health technology 32(6.3)
Health administration or management 120 (23.7)
Other 67 (13.2)

Race or ethnicity (n=373)
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Description

Values, n (%)

Arab or Middle-Eastern

Asian (East and South)

Black or African American
Hispanic or Latino or Latinx
Native American or Alaskan Native
Pacific Islander or Hawaiian

White

Mixed

Other

Prefer not to say

L ocation or residence (n=373)

Africa

Europe

Asia

North America
South America

Australia or Oceania

6(1.6)
25(6.7)
200 (53.6)
30(8)
3(0.8)
1(0.3)

55 (14.7)
17 (4.6)
19 (5.1)
17 (4.6)

159 (42.6)
49 (13.1)
19 (5.1)
130 (34.9)
8(2.1)
8(2.1)

Parti cipants were able to select multiple options.
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Table 2. Artificia intelligence (Al) relevance, use, and adoption in organizations.

Description Yes, n (%)

Do you think Al hasany role or usefulnessin health care practice and management? (n=506)

Yes 467 (92.3)
No 13 (2.6)
Neither 26 (5.1)

If yes, how useful do you think Al isnow in health care management and practice? (n=433)

Not useful 9(2.1)
Slightly useful 61 (14.1)
Moderately useful 109 (25.2)
Very useful 179 (41.3)
Extremely useful 75(17.3)

In the future, how useful do you think Al will bein health care management and practice? (n=470)

Not useful 4(0.9)
Slightly useful 20 (4.3)
Moderately useful 71(15.1)
Very useful 199 (42.3)
Extremely useful 176 (37.4)

Have you had any formal exposure or training in Al ? (n=470)

Yes 142 (30.2)
No 302 (64.3)
Not sure 26 (5.5)

If yes, what kind of training or exposure did you have? (Select all that apply)? (n=142)

Basic orientation 89 (62.7)
Training in Al usein patient care (diagnosis, treatment, laboratory services, €tc) 24 (16.9)
Training in Al use in management and |eadership 43 (30.3)
Training in technical aspects of Al 43 (30.3)
Other forms of Al training 33(23.2)

Hasyour institution or organization adopted or begun the process of Al adoption, adaptation, and use? (n=457)

Yes, we have adopted Al 60 (13.1)
Yes, we will adopt Al 36(7.9)
Yes, we are beginning to think about adopting Al 107 (23.4)
No, we have not started adopting Al 180 (39.4)
Do not know 74 (16.2)

Has your organization trained anyone on Al use? (n=445)

Yes 93(20.9)
No 197 (44.3)
Do not know or not sure 155 (34.8)

If staff have been trained, who benefited from the training? (n=210)

Executive |eadership or top level 33(15.7)
Management staff or mid-level 47 (22.4)
Operational staff 58 (27.6)
IT staff 44 (21)
Other 24 (11.9)
https://www.jmir.org/2025/1/€70805 JMed Internet Res 2025 | vol. 27 | 70805 | p. 6
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Description Yes, n (%)

Prefer not to say 4(1.9)

Parti cipants were able to select multiple options.

Table 3. Artificial intelligence (Al) adoption and institutional capacity development by ethnicity and race.

Description Race or ethnicity Chi-square (df) P value
Black or African American ~ White (55/373, 14.7%);  Hispanic or Latinx (30/373,
(200/373, 53.6%); yes, n (%) yes, n (%) 8%); yes, n (%)
Al hasarolein health 191 (95.5) 51(92.7) 26 (86.7) 21.8 (20) .35
carepracticeand manage-
ment
Al will be very to ex- 178 (89) 40 (72.7) 19 (63.3) 52.3 (40) .09
tremely useful in health
care management and
practice
Have had formal expo- 69 (34.5) 15(27.3) 6 (20) 37.6 (20) .01
sureor training in Al
The organization has 17 (8.5) 12 (21.8) 4(13.3) 40.6 (40) 45
adopted Al
The organization has 32 (16) 14 (25.5) 4(13.3) 13.3(20) .87
trained someone on Al
use
The participant will sup- 168 (84) 39 (70.9) 17 (56.7) 35.5(20) .01
port Al adoption and em-
bedding

Table4. Artificial intelligence (Al) adoption and institutional capacity development by geographical location.

Description Continent Chi-square (df) P value
Africa(159/373, 42.6%);  Europe (49/373, 13.1%); North America (130/373,
yes, n (%) yes, n (%) 34.9%); yes, n (%)
Al hasaroleinhealthcare 154 (96.9) 46 (93.9) 114 (87.7) 20.1(10) .03
practice and management
Al will bevery toextreme- 147 (92.5) 38 (77.6) 87 (66.9) 44.5 (20) .001
ly useful in health care
management and practice
Have had formal exposure 46 (28.9) 15 (30.6) 43(33.1) 13.4 (10) .20
or training in Al
The organization has 12(7.5) 12 (24.5) 21(16.2) 41.6 (20) .003
adopted Al
The organization has 21(13.2) 12 (24.5) 30(23.1) 27.8(10) .002
trained someoneon Al use
The participant will sup- 145 (91.2) 41 (83.7) 76 (58.5) 53.6 (10) <.001
port Al adoption and em-
bedding
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Tableb. Artificia intelligence (Al) adoption and institutional capacity development by biological sex.

Description Sex Chi-square (df) P value
Male (181/379, 47.8%); Female (186/379, Other (12/379, 3.2%); yes, n
yes, n (%) 49.1%); yes, n (%) (%)

Al hasaroleinheath care 173 (95.6) 171 (91.9) 7(58.3) 36.4 (8) <.001

practice and management

Al will bevery toextreme- 159 (87.8) 140 (75.3) 4(33.3) 31.7 (16) .01

ly useful in health care

management and practice

Have had formal exposure 55 (30.4) 56 (30.1) 3(25) 3.0(8) .94

or trainingin Al

The organization has 24 (13.3) 22 (11.8) 3(25) 26.1(16) .05

adopted Al

The organization has 38(21) 31(16.7) 3(25) 9.0(8) .34

trained someoneon Al use

The participant will sup- 163 (90.1) 123 (66.1) 4(33.3) 71.3(8) <.001

port Al adoption and em-

bedding

Table 6. Comparison of key indications with chi-square anaysis.

Description Sex at birth Age Education Experience Affiliation Race or ethnicity Continent
Chi- Pva- Chi- Pva- Chi- Pva- Chi- Pva- Chi- Pva- Chi- P Chi- P
square ue square  ue square  ue square  ue square  ue square val- sguare val-
(df) (df) (df) (df) (df) (df) ue (df) ue

Al2hasarole 364 <001 121 .28 32(10) .98 14.4 .16 225 .01 21.8(20) .35 201 .03

in health care ®) (10) (10) (10) (10)

practice and

management

Al will be 317 .01 24.9 21 28.7 .09 181 .58 30.6 .06 52.3(40) .09 445 .001

very to ex- (16) (20) (20) (20) (20) (20)

tremely useful

in health care

management

and practice

Havehad for- 3.0(8) .94 304 <001 1938 .03 43.0 <001 110 .36 376(20) .01 134 .20

mal exposure (20) (20) (120 (20) (20)

or training in

Al

Theingtitution 26.1 .05 35.7 .01 61.4 <.001 281 A1 41.8 <.001 40.6(40) .45 416 .003

hasadopted  (16) (20) (20) (20) (20) (20)

Al

Theorganiza= 9.0(8) .34 11.9 .29 29.7 <.001 29.1 001 431 <001 133(20)0 .87 27.8 .002

tion has (10) (20) (10) (20) (10)

trained some-

onein Al use

The partici- 713 <001 522 <001 221 .01 274 002 161 .20 355(200 .02 536 <001

pant will sup-  (8) (10) (20) (10) (20) (10)

port Al adop-

tion and em-

bedding

Al artificial intelligence.

On training and exposure to Al, the study revealed that 30.2%
(142/470) of the respondents have had formal exposure or
training to Al, the majority (89/142, 62.7%) had a basic
orientation, 13.1% (60/457) of institutions or organizations have
adopted Al in any form, and 20.9% (93/445) have trained

https://www.jmir.org/2025/1/€70805

management, operational, and I T staff on Al use. Approximately
equal percentages of male (55/181, 30.4%) and female (56/186,
30.1%) participants have been exposed to Al technology.
However, more people were exposed to Al in North America
(43/130, 33.1%) and Europe (15/49, 30.6%) than in Africa
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(46/159, 28.9%), but this difference was not statistically
significant (P=.20). In addition, more Black or African American
(69/200, 34.5%) and White (15/55, 27.3%) participants were
exposed to Al than Hispanic or Latino (6/30, 20%) participants,
and thiswas statistically significant (P=.01). Furthermore, more
male participants reported that their organizations had trained
peoplein Al (38/181, 21% vs31/186, 16.7%), but thisdifference
was not significant (P=.03). European (12/49, 24.5%) and North
American (30/130, 23.1%) participants reported more training
than African participants (21/159, 13.2%), and this difference
was dtatistically significant (P=.002). However, reported training
across racial or ethnic groups was not statistically significant
(P=.87).

Oleribe et a

Among all respondents, 76.5% (300/392) will support Al
adoption and embedding in their organization. Al adoption is
led mainly by top executive leadership. However, other levels
of leadership play significant roles, as shown in Figure 1.

A total of 38.6% (102/264) of respondents did not know who
was or is leading the artificial intelligence adoption processin
their organization. More organizations with male respondents
have adopted Al (24/181, 13.3% vs 22/186, 11.8%), female
respondents (P=.05). Of note, 24.5% (12/49) of European,
16.2% (21/130) of North American, but only 7.5% (12/159) of
African organizations have adopted Al (P=.003; Tables 4 and
5). The continent of residence or operation had the highest levels
of significance in all parameters except formal exposure to Al
(a=.20; Table 6).

Figure 1. Artificial intelligence adoption proponentsin health care organizations.

Top-level or executive leadership

Middle level or management staff

Operational staff

Technical staff

Qutsourced

| do not know

0% 1086

mAfrica ®Europe M Asia

TheUseof Al

Al isused mostly in diagnosis (247/506, 48.8%), report writing
(230/506, 45.5%), and patient care (205/506, 40.5%). Other
areas of high use are in precision medicine (160/506, 31.6%),
resource management (156/506, 30.8%), staff management, and
leadership and management (137/506, 27.1% each; Figure 2).

Similarly, inthe coming years, it was predicted that Al will still
be most relevant in diagnosis (120/407, 29.5%), patient care
(75/407, 18.4%), precision medicine (65/407, 16%), and report
writing (58/407, 14.3%). Respondents al so identified other uses
of Al. These include (among several others) marketing,
counseling, emergency preparedness and response, customer

https://www.jmir.org/2025/1/€70805

XSL-FO

RenderX

North America

50 [0 T%% a6 9 100%

W South America ® Others

services, real-time data management, drug discovery and
devel opment, modeling and predictive analytics, atool for triage
at thefirst point of contact, accurate billing and fraud detection,
across-board process sequencing, advancing science and policy,
monitoring air quality within the health care system, data
management (eg, data access, analysis, processing, and report
development), assessment (preanalytical, analytical, and
postanalytical stages in health care), research (such as cancer
research and treatment), environmental sanitation (such as
cleaning toilets and emptying bedpans), customer services (such
as customer complaints and solutions and generating referral
codes), supply chain management, outreach programs, disease
surveillance (including mapping, prediction, and preventive

JMed Internet Res 2025 | vol. 27 | €70805 | p. 9
(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH

medical interventions), documentation, health care education
(including staff training), communication and information
management (including referrals, collaboration, and electronic
health records), report writing (including minutes of meetings),
insurance discoveries, datato inform decisionsin most domains,
health care advocacy, streamlining and standardizing systems
(including processes, charting, referrals, and billing), schedule
management (for employees and clients), claims and billing,
disease surveillance and epidemic early warning, strategy
development and leadership and management in global health,
staff management (including hiring, training, and evaluation),
prediction and management of pandemics and other emergency
situations, procurement and purchasing tenders, strategic
management, surveys, and community outreach.

Al use in patient care aso includes deployment in surgeries
(including robotic surgical equipment), preventive health care,

Oleribe et a

patient follow-up or tracking, virtual health, remote patient
monitoring, clinical decision support, patient engagement,
detecting adverse events in inpatient and outpatient care, care
coordination, chart making, blood and blood products delivery
inrural and underserved communities, fast diagnosisand prompt
treatment including gene therapy and infection control measures,
patient remindersto adhereto their medication and appointment
schedules, registration and recording, and prescription
management.

In this regard, some respondents commented, “Virtually al
aspects with no exception,” “Every aspect including
management,” “Every aspect of health care” “Everywhere,’
“In all areas of health care,” and “In all areas of hedth care
delivery and improvement.”

Figure 2. Usesof artificial intelligence in the health care industry. Participants were able to select multiple options.
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Barriersto Al Use

Knowledge of Al (121/402, 30.1%), fear of job loss (64/402,
15.9%), and staff resistance to change (39/402, 9.7%) were the
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top barriers identified by respondents against Al adoption
(Figure 3). Other barriers are the cost of acquisition and
inadequate staff skills (Table 6).
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Figure 3. Barriersto Al adoption as identified by respondents. Participants were able to select multiple options. Al: artificial intelligence.
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Apart from theitemized barriers, respondentsfurther identified
other barriers including poor access to relevant training,
hallucination and possible Al inaccuracy, unreliable results,
annoying responses in patient care or calls, clinical errors,
confidentiality issues, inequitable, patient preference (such as
patients not wanting computers or “bots’ to talk to them), quality
and trustworthiness of Al, grant writing, validity of results, and
religious beliefs. Some respondents said, “All options are
important barriers.”

Although three-quarters of people were ready to support Al
adoption (300/392, 76.5%), 23.5% (92/392) will either not
support Al adoption (13/392, 3.3%) or not be sure (79/392,
20.2%). Participantswho were unwilling to support Al adoption
listed security reasons, lack of in-depth understanding of how
Al works, privacy issues, cost, fear of job loss, inaccuracy of
results, uncarted future, fear of change, lack of human emotions
with Al, fear of Al displacing humanity in patient care, distrust
of Al, ignorance of Al and use in health care, patient safety,
inferiority to human care, privacy risks, and cost of adoption
among all othersastheir top reasons. A respondent said, “ Until
it becomes enforced, there will be no need for it.”

Discussion

Principal Findings

The adoption, promotion, impact, and deployment of Al in
health leadership and management are a multifaceted process
that encompasses various dimensions of health care delivery.
The results presented here demonstrate the high importance of
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Al across all segments, but the adoption of Al and training of
workersin Al islow and should beimproved upon. A significant
proportion of respondents were of the view that Al is aready
very useful in health care management and patient care and that
its value will increase in the future.

Among our survey respondents, exposure to or training in Al
wasvery low (142/470, 30.2%), the majority of which hasbeen
basic orientation (89/142, 62.7%). This indicates a serious gap
in Al-related professional development that needs to be filled.
Given this finding, it is not surprising that participants
highlighted the knowledge (and, where relevant, skills) gap as
the top barrier to adoption of Al. It isaxiomatic, therefore, that
if the health care sector wants to improve Al adoption, health
care workers and managers must betrained in Al useto alevel
appropriate for their role.

Similarly, only 13.1% (60/457) of all institutions participating
in this survey have adopted Al to date, while 7.9% (36/457) are
considering itsimplementation soon. However, afurther 23.4%
(107/457) disclosed that they are starting to think about adopting
Al. Thisis not unexpected, as Al is still new, and many people
(including some participants) are unaware of its usefulness,
skeptical of its precision, and uninformed about its range of
applications. Adoption is aso low due to key barriers such as
fear of job loss, staff resistance to change, and cost, perceived
or real, of adoption.

Comparison to Prior Work
Herein, 20.9% (93/445) of respondents said that their
organization had trained someone in the use of Al. This1in5
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participation rate compares to the 11.4% reported in arecently
published survey on Al chatbot use by medical researchers
published in 2024 [16]. The almost doubling may be due to a
combination of many factors, among others including the time
difference—a year between the 2 studies, greater awareness,
increased adoption, and areflection that chatbots capture only
asmall proportion of Al usesin health care. Moreover, in the
2024 study, 69.7% of surveyed individuals expressed interest
in further training, whereas 79.5% of participantsin our survey
would support Al adoption in their organization [16].

The drive to adopt Al in the health care sector is primarily led
by top leadership and management, followed by technical staff.
Very few participating organizations (8/264, 3%) outsourced
this process. Therefore, promoting Al technologies was
influenced by both top-down and bottom-up approaches.
However, more than 38% (102/264) of respondents did not
know who was leading the Al movement in their organization.
Such alack of awareness callsfor better communication between
managers and operational or field staff. If not addressed, it may
result in change implementation failure, as it is widely
recognized that poor communication isthe most common cause
of change failure in change implementation [17].

The integration of Al technologies in health care has the
potential to transform health systems, improve patient outcomes,
and enhance operational efficiencies[1-5]. Our study confirms
previous reports, showing that Al is useful across several
domains of health management and patient care. These include
diagnosis and patient care, data management and review, staff
and resource management, research and pipeline analysis, and
report writing, a portfolio that is predicted to expand in the
coming years. Al wasmost relevant to in-patient care, diagnosis,
precision medicine, and report writing, corroborating previous
findings [18,19].

Among our survey respondents, more Black or African
American (drawn from Africa, Europe, and North America)
respondents were trained or exposed to Al (69/200, 34.5%)
compared to White (15/55, 27.3%) and Hispanic or Latino (6/30,
20%) respondents, and this difference is significant (P=.01).
However, geographically, fewer participants from Africa
(46/159, 28.9%) have had formal training or exposure to Al
compared to participants from Europe and North America; fewer
organizationsin Africa (12/159, 13.2%) have trained their staff
in Al compared to organizations in North America (30/130,
23.1%) and Europe (12/49, 24.5%). Furthermore, Al adoption
islowestin Africa(12/159, 7.5%) but highest in Europe (12/49,
24%). Thisfinding is not surprising, as historically, Africahas
faced challenges in adopting new technologies due to
infrastructure  deficits, unhealthy policies, government
instabilities, limited access to technology and education, and
economic constraints [20-24]. Efforts must be made this early
to ensure that African health care is not |eft behind in this Al
revolution. Inlight of traditional development barriers, thismay
appear an aspirational goal. However, our data show a positive
mindset toward embracing Al technology in health care,
suggesting that it can be readily implemented. Thisis because
Africa has a higher proportion of participants who believe in
the usefulness of Al in health management and patient care
currently (154/159, 96.9%) and in the future (147/159, 92.5%)
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and who are willing to support Al adoption (145/159, 91.2%)
when compared to Europe (46/49, 93.9%; 38/49, 77.6%; and
41/49, 83.7%; respectively) and North America (114/130,
87.7%; 87/130, 66.9%; and 76/130, 58.5%; respectively). While
further studies are needed to identify why Al adoption support
is so low in North America, efforts should be made across all
continents to enhance and accelerate Al adoption and to boost
uptake and the quality and quantity of staff training programs.

Fewer femal e participants who completed the survey consider
that Al hasaroleto play in health care management and patient
practices (171/186, 91.9%) as against male participants
(173/181, 95.6%). Moreover, a significantly lower proportion
of female participants are willing to support Al adoption
(123/186, 66.1%) compared to male participants (163/181,
90.1%; P<.005). We plan to conduct a qualitative study to
determine the root cause of this difference. In the meantime,
priority should be given to improve female participants
awareness of the existence of Al and its usefulness, primarily
by raising exposure rates of femal e participantsto Al in schools,
universities, hospitals, clinics, and community health facilities.
We should aso involve female participants in simulation
exercisesinvolving Al toimprovetheir Al savvy and use. These
practices may improvetheir acceptance and readinessto support
Al adoption in health care management and patient care.

Key barriers to Al adoption as identified by our survey
respondents are poor knowledge of Al (121/402, 30.1%),
people's fear of job loss (64/402, 15.9%), and staff resistance
to change. Other leading barriers were the cost of acquisition
and inadequate staff skills. Similar factor that hinders Al
adoption wereidentified in previous studies [25-27]. When poor
knowledge of Al and inadequate staff skills are combined, we
have a disproportionately high ignorance-mediated barrier. All
top barriers apart from the cost of acquisition are human
resource—-mediated, showing that appropriate communication,
tailored training, and on-the-job exposureto Al can significantly
reduce them. These barriers can further be reduced or removed
through adequate explanation to patients and their families to
gain social acceptance and build trust of Al technologies. Staff
education and improved health literacy will most likely increase
the willingness of health care workers to support Al adoption,
acquisition, and installation.

Thisstudy achieved anotably high completion and participation
rate compared with similar surveys, which often report
substantially lower levels of engagement. This outcome was
not unexpected, as we strategically leveraged the extensive
professional and community networks of our research partners
located in Africa (n=3), North America (n=3), South America
(n=1), and Europe (n=2). In addition, the authors maximized
their personal and professional connectionsto enhance outreach,
while multiple reminders to the target population further
improved response rates.

A particularly striking finding was that Black or African
American participants demonstrated both a higher responserate
and a more positive attitude toward Al adoption and use.
Whether this reflects genuine readiness or aspirationa
enthusiasm remains an open question that warrants further
investigation. Although several African nations, notably
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Rwanda, Nigeria, and Ghana[28-33], have demonstrated notable
leadership in Al adoption relative to their regiona peers,
additional qualitative inquiry is needed to better contextualize
and interpret this finding.

Taken together, the results underscore the importance of
conducting more detailed qualitative studies to explore the
underlying drivers of the variations observed in this research.
A deeper, country-level analysisof Al adoption processes, rates,
and patterns of use will provide a richer and more nuanced
understanding of the current global landscape of Al adoption.

Limitations

This study is subject to the typical limitations of a
cross-sectional online survey, including selection bias, as
participation was limited to individuals within the authors
personal and professional networks. Additionally, the authors
are unaware of the total number of individuals who received
the questionnaire, making it impossibleto cal culate an accurate
response rate. Furthermore, some email systems may block
messages from unknown senders or redirect them to spam or
junk folders, which could have further reduced participation.

To mitigate these limitations in future research, a more
purposeful study design should be used—one in which
participants are deliberately selected and actively encouraged
to respond, thereby improving the likelihood of obtaining
unbiased and representative results.

Future Directions

Hedlth care workers are aware of the Al revolution and
recognizeits usefulnessin health care management and patient
care. However, their knowledge, support, and adoption are each
still low. Hence, thereisaneed to train more health care workers
on not just the basic concepts of Al, but on Al use, algorithms,
coding, and other technical issues. Universities, colleges, and
institutions of higher education have acritical rolein Al training
and should be equipped and empowered to do this. In addition,
asignificant percentage of respondents were ignorant of those
who were leading the Al adoption process—a pointer to
communication failure or breakdown. Therefore, executive
health care management should communicate better with their
team to prevent innovation adoption failures. To effectively
navigate the path forward toward realizing the potential of
GenAl in hedlth care, we recommend training health careleaders
and workers in various aspects of Al management and use,
provision of Al resources and infrastructure, and standardized
oversight and guidelines [34]. Thiswill play a significant role
in building the health infrastructures required to achieve the
United Nations Sustainable Development Goal 3 of “good health
and well-being” [35].

In addition, we suggest that organizations and health care
managers in Africa should deliberately and proactively invest
in Al adoption and staff training, in order not to be left behind.
Having health care workers who are favorable to Al adoption
is a strength that African leaders can exploit right now.
Individuals should be made to understand that Al works best
when guided by skilled personnel and thuswill not be replacing
people. Although some jobs may be lost, Al will create new
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jobs and further opportunities that will balance the scale. To
advance Al adoption, embedding, and use, governments should
emulate Vietnamese |eadership that has “identified Al as akey
technology to boost its economy” and is taking deliberate and
proactive steps to build partnerships, train engineers, pilot new
products, support startups, and create an enabling environment
for Al development to thrive [36,37]. As opined by one of the
subject matter experts, “... successful Al implementation requires
a combination of technical expertise, financial sustainability,
and socio-political commitment. Each of thesefactorsiscrucial
to fostering an environment conducive to Al adoption. All of
these criteriaare now met (in the private sector), but this cannot
be said of the public system that is antiquated and overstretched
by comparison” [36]. Yet, unlike the Viethamese government,
training in Al should go beyond engineers who develop the
tools to include health care providers who adopt and use the
tools to manage and care for patients. Funding public health
institutions to adopt and embed Al will go beyond paying for
the acquisition of Al and training of appropriate health care
workersto expanding institutional infrastructure and mitigating
staff resistance to change powered by fear of job loss and
inadequate knowledge of Al functionalities and benefits.

In addition, various ethical concerns around data ownership,
privacy, and use and the overall governance of Al need to be
addressed by developing, adopting, and implementing
organization-wide Al policies. As the said author also said,
“data privacy, and the overall governance of Al technologies
inhealthcare, ... arecritical for building public trust and ensuring
the safe deployment of Al systems” To achieve a seamless
adoption of Al across the global health system, health care
workers must be permitted unhindered oversight to aleviate
inherent fear that may otherwise result in overt and covert
resistance, which will thereby foster acceptance among patients
[36].

Finaly, to effectively navigate the path forward toward realizing
the potential of GenAl in health care, we recommend training
health care leaders and workers in various aspects of Al
management and use, provision of Al resources and
infrastructure, and standardized oversight and guidelines [34].
This will play a significant role in building the health
infrastructures required to achieve the United Nations
Sustainable Development Goal 3 of “good headth and
well-being” [35].

Conclusions

This study reveals that Al adoption is a global phenomenon,
with uptake increasing in al continents, including low- and
middle-income countries. Our study documents the present
adoption rates and some perceived factors that are facilitating
or hindering Al adoption. In addition, health care workers
believethat Al isuseful and will be morerelevant in the future.
However, despite several advances in Al technology,
deployment and adoption are still lower in some regions of the
world. A significant number of participants are ready to support
Al adoption and embedding in their organization, asthey believe
that Al will be very to extremely useful in hedth care
management and practice.

https://www.jmir.org/2025/1/€70805

JMed Internet Res 2025 | vol. 27 | €70805 | p. 13
(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Oleribe et d

Acknowledgments

The authors are grateful to the following individuals for useful discussion or feedback during preparation of this manuscript:
Professor Anupama Joshi and Ms Judith Aguirre of California State University, Dominguez Hills; Professor Elaine Holmes of
Murdoch University, Perth, Western Australia; Professor Paiboon Sithithaworn of Khon Kaen University, Khon Kaen, Thailand;
Professor Cathryn Edwards of the University of Lincoln Medical School, Lincoln, United Kingdom; and Professor Marsha Y
Morgan of University College London, London, United Kingdom. OOO was supported by California State University, Dominguez
Hills and Centre for Family Health Initiative for institutional funding support. SDT-R was supported by the Wellcome Trust
Ingtitutional Strategic Support Fund awarded to Imperial College London.

Data Availability
Data are available on request from the author (OOO).

Authors Contributions

000, SDT-R, and AWT-R conceived the paper and designed the methodology used. All authors distributed questionnaires,
collated and interpreted data, and contributed significantly to writing the manuscript. SDT-R, OOO, and AWT-R revised it
critically for important intellectual content. All authors approved the final version and agreed to its submission. All authors agree
to be accountable for the content of the work. The authors confirm that this paper does not need institutional approval to be
published.

Conflicts of Interest
None declared.

Multimedia Appendix 1

Questionnaire.
[DOCX File, 29 KB-Multimedia Appendix 1]

Multimedia Appendix 2

CHERRIES checklist.
[PDE File (Adobe PDF File), 130 KB-Multimedia Appendix 2]

References

1. Jaa S, Parker W, Ferguson D, Nicolaou S. Exploring therole of artificial intelligencein an emergency and traumaradiology
department. Can Assoc Radiol J. 2021;72(1):167-174. [doi: 10.1177/0846537120918338] [Medline: 32309989]

2. Siddique S, Chow JCL. Machine learning in healthcare communication. Encyclopedia. 2021;1(1):220-239. [doi:
10.3390/encyclopedial010021]

3. Chow JC. Artificial intelligence in radiotherapy and patient care. In: Artificial Intelligencein Medicine. Cham. Springer
International Publishing; 2021:1-13.

4. ReisFilho JS, Kather JN. Overcoming the challengesto implementation of artificial intelligencein pathology. JNatl Cancer
Inst. 2023;115(6):608-612. [FREE Full text] [doi: 10.1093/jnci/djad048] [Medline: 36929936]

5. DaveD. Thedtatistical landscape of Al adoption in healthcare. Radix: Software Devel opment. 2025. URL : https://radixweb.
com/blog/ai-in-healthcare-statistics [accessed 2025-09-07]

6. Leclercq C, Witt H, Hindricks G, Katra RP, Albert D, Belliger A, et al. Wearables, telemedicine, and artificial intelligence
inarrhythmiasand heart failure: proceedings of the European Society of Cardiology Cardiovascular Round Table. Europace.
2022;24(9):1372-1383. [doi: 10.1093/europace/euac052] [Medline: 35640917]

7. Raan SK, Cottin V, Dhar R, Danoff S, Flaherty KR, Brown KK, et a. Progressive pulmonary fibrosis: an expert group
consensus statement. Eur Respir J. 2023;61(3):2103187. [FREE Full text] [doi: 10.1183/13993003.03187-2021] [Medline:
36517177]

8. Islam NM, Laughter L, Sadid-Zadeh R, Smith C, Dolan TA, Crain G, et al. Adopting artificial intelligencein dental
education: amodel for academic leadership and innovation. J Dent Educ. 2022;86(11):1545-1551. [FREE Full text] [doi:
10.1002/jdd.13010] [Medline: 35781809]

9. Tejani AS, Elhalawani H, Moy L, Kohli M, Kahn CE. Artificia intelligence and radiology education. Radiol Artif Intell.
2023;5(1):€220084. [FREE Full text] [doi: 10.1148/ryai.220084] [Medline: 36721409]

10. Bohler F, Aggarwal N, Peters G, Taranikanti V. Future implications of artificial intelligence in medical education. Cureus.
2024;16(1):€51859. [FREE Full text] [doi: 10.7759/cureus.51859] [Medline: 38327947]

11. NagleLM. Let'sget digital. Nurs Leadersh (Tor Ont). 2019;32(2):1-3. [doi: 10.12927/cjnl.2019.25966] [Medline: 31613209]

https://www.jmir.org/2025/1/€70805 JMed Internet Res 2025 | vol. 27 | €70805 | p. 14
(page number not for citation purposes)

RenderX


https://jmir.org/api/download?alt_name=jmir_v27i1e70805_app1.docx&filename=ff5e22d618640143b733f8a8c8775cbd.docx
https://jmir.org/api/download?alt_name=jmir_v27i1e70805_app1.docx&filename=ff5e22d618640143b733f8a8c8775cbd.docx
https://jmir.org/api/download?alt_name=jmir_v27i1e70805_app2.pdf&filename=8d6acc459d44ec9f8bda13a1722c5fed.pdf
https://jmir.org/api/download?alt_name=jmir_v27i1e70805_app2.pdf&filename=8d6acc459d44ec9f8bda13a1722c5fed.pdf
http://dx.doi.org/10.1177/0846537120918338
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32309989&dopt=Abstract
http://dx.doi.org/10.3390/encyclopedia1010021
https://europepmc.org/abstract/MED/36929936
http://dx.doi.org/10.1093/jnci/djad048
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36929936&dopt=Abstract
https://radixweb.com/blog/ai-in-healthcare-statistics
https://radixweb.com/blog/ai-in-healthcare-statistics
http://dx.doi.org/10.1093/europace/euac052
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=35640917&dopt=Abstract
https://publications.ersnet.org/lookup/pmidlookup?view=long&pmid=36517177
http://dx.doi.org/10.1183/13993003.03187-2021
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36517177&dopt=Abstract
http://hdl.handle.net/2027.42/175213
http://dx.doi.org/10.1002/jdd.13010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=35781809&dopt=Abstract
https://europepmc.org/abstract/MED/36721409
http://dx.doi.org/10.1148/ryai.220084
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36721409&dopt=Abstract
https://europepmc.org/abstract/MED/38327947
http://dx.doi.org/10.7759/cureus.51859
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=38327947&dopt=Abstract
http://dx.doi.org/10.12927/cjnl.2019.25966
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31613209&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Oleribe et d

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24,

25.

26.

27.

28.

29.

30.

31.

32.

33.

35.

36.

Fontenot J. Spotlight on Leadership: what nurse leaders need to know about artificial intelligence. J Nurs Adm.
2024;54(2):74-76. [doi: 10.1097/NNA.0000000000001384] [Medline: 38261639]

Ennis-O'Connor M, O'Connor WT. Charting the future of patient care: astrategic leadership guideto harnessing the potential
of artificial intelligence. Healthc Manage Forum. 2024;37(4):290-295. [ FREE Full text] [doi: 10.1177/08404704241235893]
[Medline: 38441043]

Eysenbach G. Improving the quality of Web surveys: the Checklist for Reporting Results of Internet E-Surveys (CHERRIES).
JMed Internet Res. 2004;6(3):e34. [FREE Full text] [doi: 10.2196/jmir.6.3.€34] [Medline: 15471760]

Sample Size Calculators for Designing Clinical Research. 2025. URL : https://sample-size.net/
sample-size-conf-interval-proportion/ [accessed 2025-06-07]

Ng JY, Maduranayagam SG, Suthakar N, Li A, Lokker C, lorio A, et al. Attitudes and perceptions of medical researchers
towards the use of artificial intelligence chatbots in the scientific process: an international cross-sectional survey. Lancet
Digit Health. 2025;7(1):e94-e102. [FREE Full text] [doi: 10.1016/S2589-7500(24)00202-4] [Medline: 39550312]
Mosadeghrad AM, Ansarian M. Why do organisational change programmesfail ? Intl J Strateg Change Manag. 2014;5(3):189.
[doi: 10.1504/ijscm.2014.064460]

Russell RG, Lovett Novak L, Patel M, Garvey KV, Craig KJT, Jackson GP, et al. Competencies for the use of artificial
intelligence-based tools by health care professionals. Acad Med. 2023;98(3):348-356. [doi:
10.1097/ACM.0000000000004963] [Medline: 36731054]

Matheny ME, Whicher D, Thadaney Israni S. Artificial intelligence in health care: areport from the National Academy of
Medicine. AMA. 2020;323(6):509-510. [doi: 10.1001/jama.2019.21579] [Medline: 31845963]

Liana DY, MazanaMMY, Hamisi M. Factors leading the failure of ICT project management in the public sectorsin
Tanzania. Eur J Theor Appl Sci. 2023;1(4):788-798. [doi: 10.59324/€jtas.2023.1(4).72]

Pottas A. Addressing Africa's infrastructure challenges. Deloitte. 2025. URL : https://cisp.cachefly.net/assets/articles/
attachments/39474 _infrastructure final_print22.pdf [accessed 2025-10-06]

Kessides C. The contributions of infrastructure to economic development: areview of experience and policy implications.
World Bank Discussion Papers. 1995. URL: https://documents].worldbank.org/curated/en/569671468764675127/pdf/
multiOpage.pdf [accessed 2025-10-09]

Eke IC, Eke FA, Oburota CS. Therole of infrastructure in the socio-economic development of Cross River State, Nigeria.
Glob J Soc Sci. 2023;22(1):97-106. [FREE Full text] [doi: 10.4314/gjss.v22i1]

Interview: Nailesh Khimji. Oxford Business Group. 2024. URL : https://tinyurl.com/2kkwfa26 [accessed 2025-10-06]
ShinnersL, Aggar C, Stephens A, Grace S. Healthcare professionals experiences and perceptions of artificial intelligence
in regional and rural health districtsin Australia. Aust J Rural Health. 2023;31(6):1203-1213. [doi: 10.1111/ajr.13045]
[Medline: 37795659]

Petersson L, Larsson |, Nygren JM, Nilsen P, Neher M, Reed JE, et al. Challenges to implementing artificial intelligence
in healthcare: a qualitative interview study with healthcare leadersin Sweden. BMC Health Serv Res. 2022;22(1):850.
[FREE Full text] [doi: 10.1186/s12913-022-08215-8] [Medline: 35778736]

Ahmed M1, Spooner B, Isherwood J, Lane M, Orrock E, Dennison A. A systematic review of the barriersto the
implementation of artificial intelligence in healthcare. Cureus. 2023;15(10):e46454. [FREE Full text] [doi:
10.7759/cureus.46454] [Medline: 37927664]

Fleming S. In Rwanda, high-speed drones are delivering blood to remote communities. World Economic Forum. 2018.
URL: https://www.weforum.org/stories/2018/12/in-rwanda-drones-are-delivering-bl ood-to-remote-communities [accessed
2025-09-06]

Dronestake Rwanda's national blood serviceto new heights. World Health Organization. 2019. URL : https.//www.who.int/
news-room/feature-stories/detail/drones-take-rwandas-national -bl ood-servi ce-to-new-hei ghts [accessed 2025-09-06]
Nigeria adopts drone technology for blood delivery in hard-to-reach areas. National Blood Service Agency. 2025. URL:
https://nbsc.gov.ng/2025/05/ni geria-adopts-drone-technol ogy-for-blood-delivery-in-hard-to-reach-areas/ [accessed
2025-09-06]

Kwarkye TG. Africa: Al policiesin Africa—lessonsfrom Ghanaand Rwanda. AllAfrica. 2025. URL : https.//allafrica.com/
stories/202504250184.html [accessed 2025-04-25]

Ayana G, Dese K, Daba NH, Habtamu B, Mellado B, Badu K, et a. Decolonizing global Al governance: assessment of
the state of decolonized Al governancein sub-Saharan Africa. R Soc Open Sci. 2024;11(8):231994. [FREE Full text] [doi:
10.1098/rs0s.231994/v2/responsel]

Kwarkye TG. “We know what we are doing”: the politics and trends in artificial intelligence policiesin Africa. Can J Afr
Stud. 2025;42(4):1-19. [doi: 10.1080/00083968.2025.2456619)]

National Academy of Medicine. Generative Artificial Intelligencein Health and Medicine: Opportunities and Responsibilities
for Transformative Innovation. Washington, DC. The National Academies Press; 2025.

The 17 Goals. United Nations: Department of Economic and Social Affairs. Sustainable Development. 2025. URL: https:/
/sdgs.un.org/goal s [accessed 2025-10-06]

Siddiqui A. How Vietnam is leveraging Al to reshape healthcare. BioSpectrum. 2024. URL : https:.//www.

bi ospectrumasia.com/analysi §/94/25273/how-vietham-is-l everaging-ai-to-reshape-heal thcare-.html [accessed 2025-09-07]

https://www.jmir.org/2025/1/€70805 JMed Internet Res 2025 | vol. 27 | €70805 | p. 15

(page number not for citation purposes)


http://dx.doi.org/10.1097/NNA.0000000000001384
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=38261639&dopt=Abstract
https://journals.sagepub.com/doi/10.1177/08404704241235893?url_ver=Z39.88-2003&rfr_id=ori:rid:crossref.org&rfr_dat=cr_pub  0pubmed
http://dx.doi.org/10.1177/08404704241235893
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=38441043&dopt=Abstract
https://www.jmir.org/2004/3/e34/
http://dx.doi.org/10.2196/jmir.6.3.e34
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15471760&dopt=Abstract
https://sample-size.net/sample-size-conf-interval-proportion/
https://sample-size.net/sample-size-conf-interval-proportion/
https://linkinghub.elsevier.com/retrieve/pii/S2589-7500(24)00202-4
http://dx.doi.org/10.1016/S2589-7500(24)00202-4
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=39550312&dopt=Abstract
http://dx.doi.org/10.1504/ijscm.2014.064460
http://dx.doi.org/10.1097/ACM.0000000000004963
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=36731054&dopt=Abstract
http://dx.doi.org/10.1001/jama.2019.21579
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31845963&dopt=Abstract
http://dx.doi.org/10.59324/ejtas.2023.1(4).72
https://cisp.cachefly.net/assets/articles/attachments/39474_infrastructure_final_print22.pdf
https://cisp.cachefly.net/assets/articles/attachments/39474_infrastructure_final_print22.pdf
https://documents1.worldbank.org/curated/en/569671468764675127/pdf/multi0page.pdf
https://documents1.worldbank.org/curated/en/569671468764675127/pdf/multi0page.pdf
https://www.ajol.info/index.php/gjss/article/view/255973
http://dx.doi.org/10.4314/gjss.v22i1
https://tinyurl.com/2kkwfa26
http://dx.doi.org/10.1111/ajr.13045
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=37795659&dopt=Abstract
https://bmchealthservres.biomedcentral.com/articles/10.1186/s12913-022-08215-8
http://dx.doi.org/10.1186/s12913-022-08215-8
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=35778736&dopt=Abstract
https://europepmc.org/abstract/MED/37927664
http://dx.doi.org/10.7759/cureus.46454
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=37927664&dopt=Abstract
https://www.weforum.org/stories/2018/12/in-rwanda-drones-are-delivering-blood-to-remote-communities
https://www.who.int/news-room/feature-stories/detail/drones-take-rwandas-national-blood-service-to-new-heights
https://www.who.int/news-room/feature-stories/detail/drones-take-rwandas-national-blood-service-to-new-heights
https://nbsc.gov.ng/2025/05/nigeria-adopts-drone-technology-for-blood-delivery-in-hard-to-reach-areas/
https://allafrica.com/stories/202504250184.html
https://allafrica.com/stories/202504250184.html
https://doi.org/10.1098/rsos.231994
http://dx.doi.org/10.1098/rsos.231994/v2/response1
http://dx.doi.org/10.1080/00083968.2025.2456619
https://sdgs.un.org/goals
https://sdgs.un.org/goals
https://www.biospectrumasia.com/analysis/94/25273/how-vietnam-is-leveraging-ai-to-reshape-healthcare-.html
https://www.biospectrumasia.com/analysis/94/25273/how-vietnam-is-leveraging-ai-to-reshape-healthcare-.html
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Oleribe et d

37. Oleribe OO. Deliberate-Proactive Leadership (DPL) Style: Leadership from aNew Lens. Saarbriicken, Germany. Lambert
Academic Publishing; 2020.

Abbreviations

Al: artificial intelligence
CHERRIES: Checklist for Reporting Results of Internet E-Surveys
IRB: institutional review board

Edited by A Coristine; submitted 02.Jan.2025; peer-reviewed by JCL Chow, A Hidki; commentsto author 14.Apr.2025; revised version
received 15.Jul.2025; accepted 28.Sep.2025; published 22.0ct.2025

Please cite as:

Oleribe OO, Taylor-Robinson AW, Agala VR, Sobande OO, lzurieta R, Taylor-Robinson SD

Global Adoption, Promotion, Impact, and Deployment of Al in Patient Care, Health Care Delivery, Management, and Health Care
Systems Leader ship: Cross-Sectional Survey

J Med Internet Res 2025;27:€70805

URL: https://mww.jmir.org/2025/1/€70805

doi: 10.2196/70805

PMID:

©0binna O Oleribe, Andrew W Taylor-Robinson, Vetty R Agala, Olgjide O Sobande, Ricardo | zurieta, Simon D Tayl or-Robinson.
Originally published in the Journal of Medical Internet Research (https://www.jmir.org), 22.0ct.2025. This is an open-access
article distributed under the terms of the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/),
which permits unrestricted use, distribution, and reproduction in any medium, provided the origina work, first published in the
Journal of Medical Internet Research (ISSN 1438-8871), is properly cited. The complete bibliographic information, alink to the
original publication on https://www.jmir.org/, as well as this copyright and license information must be included.

https://www.jmir.org/2025/1/€70805 JMed Internet Res 2025 | vol. 27 | €70805 | p. 16
(page number not for citation purposes)

RenderX


https://www.jmir.org/2025/1/e70805
http://dx.doi.org/10.2196/70805
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

