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Abstract
Background: Errors in electronic health records are known to contribute to patient safety incidents; however, systems for
checking the accuracy of patient records are almost nonexistent. Personal health records (PHRs) enabling patient access to and
interaction with the clinical records offer a valuable opportunity for patients to actively participate in error surveillance.
Objective: This study aims to evaluate patients’ willingness and ability to identify and respond to errors in their PHRs.
Methods: A cross-sectional survey was conducted using a web-based questionnaire. Patient sociodemographic data were
collected, including age, sex, ethnicity, educational level, health status, geographical location, motivation to self-manage, and
digital health literacy (measured using the eHealth Literacy Scale tool). Patients with experience of using the Care Information
Exchange (CIE) portal, who specified both age and sex, were included in these analyses. The patients’ responses to 4 relevant
survey items (closed-ended questions, some with space for free-text comments) were examined to understand their willingness
and ability to identify and respond to errors in their PHRs. Multinomial logistic regression was used to identify patients’
characteristics that predict the ability to understand information in the CIE and willingness to respond to errors in their records.
The framework method was used to derive themes from patients’ free-text responses.
Results: Of 445 patients, 181 (40.7%) “definitely” understood the CIE information and approximately half (220/445, 49.4%)
understood the CIE information “to some extent.” Patients with high digital health literacy (eHealth Literacy Scale score ≥26)
were more confident in their ability to understand their records compared with patients with low digital health literacy (odds ratio
[OR] 7.85, 95% CI 3.04-20.29; P<.001). Information-related barriers (medical terminology and lack of medical guidance or
contextual information) and system-related barriers (functionality or usability and information communicated or displayed poorly)
were described. Of 445 patients, 79 (17.8%) had noticed errors in their PHRs, which were related to patient demographic details,
diagnoses, medical history, results, medications, letters or correspondence, and appointments. Most patients (272/445, 61.1%)
wanted to be able to flag up errors to their health professionals for correction; 20.4% (91/445) of the patients were willing to
correct errors themselves. Native English speakers were more likely to be willing to flag up errors to health professionals (OR
3.45, 95% CI 1.11-10.78; P=.03) or correct errors themselves (OR 5.65, 95% CI 1.33-24.03; P=.02).
Conclusions: A large proportion of patients were able and willing to identify and respond to errors in their PHRs. However,
some barriers persist that disproportionately affect the underserved groups. Further development of PHR systems, including
incorporating channels for patient feedback on the accuracy of their records, should address the needs of nonnative English
speakers and patients with lower digital health literacy.
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Introduction
Background
Errors in electronic health records (EHRs) are not uncommon
and are known to contribute to patient safety incidents [1]. Up
to 60% of patient records may include inaccuracies or omissions,
such as errors in patients’ diagnoses, medical history,
medications, allergies, test results, procedures, contact
information, and appointment details [2-6]. Early EHR systems
largely reflect traditional paper–based records with records
containing large amounts of unstructured free text stored in a
digital format. As such, it can be time-consuming for clinicians
to locate pertinent information in the patient’s record, and data
entry errors can occur when health care professionals copy and
paste outdated information from other parts of the record [7,8].
Computerized physician order entry and clinical decision support
systems were introduced into EHRs to reduce error, and they
have undoubtedly benefited clinicians and patients [9]. However,
the unintended consequences of poorly designed EHR
functionality and associated usability issues (eg, alert fatigue)
have compounded the problem of EHR errors, creating new
threats to patient safety [8,10,11]. In addition, lack of EHR
interoperability can mean that important medical information
entered by clinicians in different organizations is absent from
the records [12]. As health care professionals use EHR data to
inform clinical decision-making, errors and omissions may lead
to delayed diagnoses, inappropriate treatment, and medication
safety incidents [1,13,14]. Despite these known problems, there
are no routine mechanisms for checking the accuracy of patients’
electronic records [4].
Whereas an EHR is a computer record that originates with and
is controlled by health care professionals, a personal health
record (PHR) can be generated by clinicians but is controlled
by the patient. PHRs not only provide patients with access to
their clinical records but also enable them to input their own
data and manage who sees their records among different
providers [15,16]. Recent widespread adoption of PHR systems
has been driven by emphasis on transparency, an appetite for
patients to become partners in their own care, and the need for
health record integration not currently provided by EHR systems
[15,17,18]. Evidence suggests that sharing electronic records
with patients positively affects several domains of care quality,
including enhanced patient engagement and involvement of
informal caregivers, adherence to treatment, and timely
follow-up [6,14,19-22]. Despite concerns that PHR systems
could damage the patient-physician relationship if patients were
to identify errors in their records, research indicates that sharing
records with patients improves trust in care providers, and
patients feel empowered by the opportunity to check their
records for accuracy [20,22]. As the trend toward patients being
able to access their electronic records accelerates through rapid
digital transformation of health care systems [17], there is a
valuable opportunity for patients to play a role in identifying
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and addressing erroneous information in the PHR. Preliminary
evidence suggests that most patients can understand the
information in their records to identify potential errors [2];
however, further research is needed to explore how patient
involvement could be leveraged to improve the accuracy of
health records. A better understanding of patients’ views around
PHR error surveillance is important to uncover factors that may
exacerbate the digital divide and linked health inequalities, such
that future initiatives to involve patients in addressing PHR
error are accessible to diverse patient groups.

Objectives
The aim of this study was to evaluate patients’ willingness and
ability to identify and respond to PHR errors to inform future
error surveillance initiatives.

Methods
Study Design, Participants, and Data Collection
A cross-sectional study, using a web-based survey, explored
patients’ views and experiences of using the Care Information
Exchange (CIE), the largest shared PHR program in the United
Kingdom. In 2018, the CIE was rolled out to the diverse 2.3
million patients treated in North West London. At the time of
this survey, the CIE held patient information from both hospitals
and general practitioner practices in North West London, and
records from 15 hospitals outside London—in Birmingham,
Bristol, Liverpool, Manchester, Scotland, and Wales [23].
The questionnaire was open for completion between July 1,
2018, and July 1, 2019. All patients registered with the CIE
during the study period (N=27,411) were eligible to participate.
The survey was administered via Qualtrics (a web-based survey
platform). Patients registered with the CIE were invited by email
to complete the questionnaire via a weblink in the portal. The
email explained the purpose of the study, and informed consent
was obtained. Patients had to be aged at least 18 years to register
with the CIE. Not all patients registered with the CIE had used
the portal; for the analyses presented, we only included
respondents who indicated that they had used the CIE. We
excluded patients who did not provide basic demographics
regarding age and sex. Considering this population, a CI of
95%, and a margin of error of 5%, the minimum sample size to
ensure representativeness was calculated as 379 respondents.
We have previously characterized individuals registered with
the CIE and evaluated the differences between users and
nonusers of the CIE with respect to their sociodemographic
characteristics, health status, and motivation related to being
involved in their own care [23]. Our findings highlight the
importance of addressing educational aspects (educational level
and digital literacy) to ensure equitable and sustainable portal
adoption [23]. Building on this previous work, we sought to
understand how portal use could be leveraged to improve patient
safety and care quality. Patient portals offer users the
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opportunity to actively contribute to patient safety by identifying
errors in PHRs and taking action to ensure that these are
rectified. To conduct an initial assessment of the acceptability
and feasibility of this patient safety strategy, this study aimed
to evaluate the CIE users’ willingness and ability to identify
and respond to errors in their EHRs.
Patients’ responses to 4 specific questions were analyzed
(Textbox 1). The questions were multiple choice and closed
ended, with some responses prompting the respondent to
elaborate using free text.
The following sociodemographic information was used in this
analysis to identify predictors of patients’ willingness and ability
to identify and respond to errors in their records: age, sex,
ethnicity, native language, education level, geographical
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location, and health status. Respondents’ level of motivation to
be involved in their own care was assessed via a multiple choice
question (“In general, how motivated to be involved in your
healthcare are you?” Possible responses: “A little,” “A moderate
amount,” “A lot,” or “Very much”). In addition, digital health
literacy was assessed using the eHealth Literacy Scale
(eHEALS), developed and validated by Norman and Skinner
[24]. The eHEALS tool is an 8-item measure of patients’
combined knowledge, comfort, and perceived skills in finding,
evaluating, and using internet health resources for health
problems [24]. The 8 items are answered on a 5-point Likert
scale (1-strongly disagree to 5-strongly agree); total eHEALS
scores range from 8 to 40, with a higher score indicating higher
digital literacy.

Textbox 1. Questionnaire items and format of responses.
Questionnaire items and responses
1. Did you understand the information that you saw on Care Information Exchange? (possible responses):
•

Yes, definitely

•

Yes, to some extent

•

No, please specify <free-text response>

•

Not sure, please specify <free-text response>

2. When using Care Information Exchange, did you notice any errors in your record? (possible responses):
•

No, I did not notice any errors

•

Yes, I did notice errors. Please specify <free-text response>

3. If you were to see an error in your medical record, what would you like to be able to do? (possible responses):
•

Nothing

•

Flag it up to my health care professional for correction (to promote patient safety, the questionnaire included the following statement: “If you
have noticed errors in your record and have not already reported them, then it is important to contact your clinical team”).

•

Correct it myself

•

Unsure

4. Which types of errors would you personally feel comfortable correcting? (tick all that apply):
•

Personal information

•

Medication names

•

Medication doses

•

Physicians’ notes

•

Dates of appointments

•

Diagnosis

•

Other, please specify <free-text response>

Analysis
To assess the effects of excluding patients with missing data
regarding age and sex (78/523, 14.9%), we ran a Pearson
chi-square test of homogeneity (c2) to compare the distribution
of responses to survey items between the analysis sample and
the missing data sample. We used descriptive statistics to
quantitatively summarize respondent characteristics and users’
responses to structured survey items. Counts and proportions
https://www.jmir.org/2022/7/e37226

XSL• FO
RenderX

were calculated for categorical variables; means and SDs were
calculated for continuous variables. Using the first part of the
respondents’ postcodes, geographical location was categorized
according to London’s official postal districts, with an additional
category “other” for patients who reside outside London’s postal
districts. Age was categorized into bands (<30, 31-40, 41-50,
51-65, ≥65), ethnicity was categorized into White, and all other
ethnic groups were combined owing to the small numbers of
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patients self-identifying to individual categories of ethnic
minority background.

Multinomial Regression Analysis
We conducted multinomial regression analyses to identify the
characteristics of patients that predicted (1) their ability to
identify errors in their records (ie, to what extent did they
understand their records?) and (2) their willingness to respond
to errors in their records (ie, what action would they like to be
able to take if they noticed an error in their records?) To
facilitate regression analyses in the context of sparse counts
(Multimedia Appendices 1 and 2), age, motivation to be involved
in own care, and digital health literacy were treated as
dichotomous variables and respondents reporting sex as “other”
were excluded. After a relevant literature review, we selected
an eHEALS score ≥26 to indicate higher digital health literacy
and <26 to indicate lower digital health literacy [25-29].
Univariate multinomial logistic analyses were initially
performed to identify potential predictors to include in the
multivariable model. As suggested by Hosmer et al [30,31], we
adopted the following approach to variable selection: (1)
variables that demonstrated significance (P<.25) in the
univariate analyses were entered into the preliminary
multivariable model; (2) variables that were nonsignificant at
P>.05 according to the likelihood ratio test were then removed
one at a time according to the variable with the highest P value
(backward elimination); and (3) to check for suppressor effects,
variables excluded during backward selection were re-entered
separately into the regression model (forward selection). Only
variables that were significant at P<.05 (likelihood ratio test)
were retained in the final multinomial regression models. Model
quality comparisons were conducted using the Akaike
Information Criterion [32], and the goodness of fit was assessed
using Pearson chi-square statistic [31]. Effect estimates are
presented as odds ratios (ORs) with 95% CIs. Analyses were
conducted using Microsoft Excel (version 16.54; Microsoft
Corporation) and SPSS (version 27; IBM Corp).

Framework Analysis of Free-Text Responses
Unstructured, free-text responses were analyzed to identify
emerging themes using the framework analysis method
described by Ritchie and Spencer [33]. Framework analysis is
a transparent and systematic approach to qualitative analysis
that enables researchers to interpret data through a 5-step
process: (1) familiarization with the data; (2) identification of
a thematic framework (themes may be identified a priori or
emerge from the data itself); (3) indexing, to explore the fit of
the theoretical framework to the data; (4) charting, which
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involves summarizing the data into theoretical charts; and (5)
mapping and interpretation, which involves checking or
reviewing and synthesizing the data set as a whole [33]. In all,
2 coders (RL and LF), both experienced with framework
analysis, independently coded the data. The coders discussed
differences in coding to reach a consensus. Organized
frameworks of inductively and deductively derived themes and
subthemes were generated and applied across free-text
responses. The coders worked together to complete the other
stages of the analysis. Themes and subthemes were presented
with verbatim quotes from the CIE users’ free-text responses.

Ethics Approval
The study was approved as a Service Evaluation at Imperial
College Healthcare National Health Service Trust (registration
number: 296/2018).

Reporting
We followed the reporting recommendations in the
Strengthening the Reporting of Observational Studies in
Epidemiology statement (Multimedia Appendix 3) [34].

Results
Respondent Characteristics
Of 1083 patients who responded to the survey, 674 (62.23%)
patients indicated that they had previously used the CIE, and
of these CIE users, 523 (77.6%) went on to complete some or
all the questionnaire. The CIE users who provided basic
demographic details regarding both age and sex were included
in the analysis (445/523, 85.1%; +117% of the minimum target
sample size); 14.9% (78/523) of respondents with missing data
for either age or sex were excluded.
Of the 445 respondents, 276 (62%) were women and most were
aged ≥51 years (313/445, 70.3%). Approximately two-thirds
(284/445, 63.8%) of the respondents resided in London and a
further 32.6% (145/445) of the respondents lived in other
geographical locations in England. More than 1 in 5 (97/445,
21.8%) participants belonged to an ethnic minority group. Most
were educated to a degree level or higher (292/445, 65.6%),
and the mean digital literacy (eHEALS) score was 33.6 (SD
6.4). Most patients (278/445, 62.5%) considered themselves to
be highly motivated in their own care. Approximately one-third
(162/445, 36.4%) of the patients reported poor health status,
whereas 39.8% (177/445) reported being in good health. Most
patients (284/445, 63.8%) reported using the CIE at least once
a month. Patient characteristics are shown in Table 1.
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Table 1. Respondent characteristics (N=445).
Characteristics

Respondents

Sex, n (%)
Male

167 (37.5)

Female

276 (62)

Other

2 (0.4)

No response

N/Aa

Age group (years), n (%)
<30

22 (4.9)

31 to 40

48 (10.8)

41 to 50

62 (13.9)

51 to 64

166 (37.3)

>65

147 (33)

No response

N/A

Ethnicity, n (%)
Ethnic minority

97 (21.8)

White

343 (77.1)

No response

5 (1.1)

Geographic location, n (%)
London

284 (63.8)

Other location in England

145 (32.6)

No response

16 (3.6)

Education, n (%)
Secondary school or below

118 (26.5)

Undergraduate or professional degree

180 (40.4)

Postgraduate or higher

112 (25.2)

No response

35 (7.9)

Language, n (%)
English

379 (85.2)

Non-English

58 (13)

No response

8 (1.8)

eHealth literacy (eHEALSb score), mean (SD; range)

33.6 (6.4; 8-40)

Overall health status, n (%)
Good or very good

177 (39.8)

Neither good nor poor

106 (23.8)

Poor or very poor

162 (36.4)

No response

0 (0)

Motivation to be involved in own care, n (%)
Not very much

6 (1.3)

A moderate amount

43 (9.7)

A lot

116 (26.1)

Very much

278 (62.5)

No response

2 (0.4)
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N/A: not applicable.

b

eHEALS: eHealth Literacy Scale.

Patients’ Understanding of Information in the CIE
Of the 445 respondents, 181 (40.7%) reported that they
“definitely” understood the CIE information and 220 (49.4%)
reported understanding the CIE information “to some extent.”
Few patients answered “No” (31/445, 7%) or “Not sure”
(13/445, 2.9%); these patients were asked to elaborate on their
responses and 93% (41/44) of patients provided free-text

comments. Through the mapping and interpretation of coded
responses, two primary categories of barriers to understanding
the CIE information were identified: (1) information-related
barriers (ie, users have difficulty understanding the information
itself) and (2) system-related barriers (ie, problems related to
the CIE system impede users’ understanding of information).
These categories consist of several themes and subthemes as
outlined in Figure 1.

Figure 1. Thematic map of barriers to understanding the Care Information Exchange (CIE) information.

Regarding information-related barriers, medical terminology
or users’ lack of medical knowledge were identified as barriers
to understanding the CIE information as articulated by 2
patients:
...when it is hugely medical, as one would expect for
Doctors records, then I don’t always understand what
I am looking at, or the relevance of its meaning.
[patient ID 280]
It’s great having access to blood results and radiology
reports but the jargon. I don’t understand much of it.
[patient ID 376]
Patients often struggled to interpret the meaning or significance
of information on the CIE, particularly in relation to the
interpretation of test results (“Didn’t know whether a test result
mattered or not” [patient ID 282]). Some patients would like
more medical guidance to help with understanding the CIE
information, as articulated by a patient:
There is no room or option for doctor comments so I
do not understand my test results and this makes me
https://www.jmir.org/2022/7/e37226
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worried when I can see them but do not understand
if they are ok or not! [patient ID 412]
For other patients, additional contextual information would have
assisted with understanding information (“Blood tests results
out of range and not knowing context” [patient ID 363]). In
terms of system-related barriers to understanding the CIE
information, patients described problems with the way in which
test results were presented, including how results are displayed
(“Results are virtually unreadable” [patient ID 57]) or how they
are listed in the CIE:
[...] difficult to find some test results as they are listed
under the medical name and the patient may not
recognize the test under these names. [patient ID 195]
Being able to access information was problematic for some
patients; for example, a patient (patient ID 153) pointed out that
that the CIE system is not accessible to screen reader users;
another patient reported that “Information is too difficult to
navigate when loaded separately” (patient ID 235). Some
patients reported that the CIE notifications were confusing (“All
these messages and they were not clear what they were for”
J Med Internet Res 2022 | vol. 24 | iss. 7 | e37226 | p. 6
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[patient ID 428]), whereas others reported problems with how
appointment information is communicated on the CIE, such as
the following:
Often no detail given so it says I have an appointment
but I don’t know who with or why. [patient ID 302]
Overall, patients’ free-text responses provided fewer examples
of system-related barriers than information-related barriers and
a significant proportion of responses related to difficulties in
understanding the test results.

Patient Characteristics Associated With Understanding
Information on the CIE
Patient characteristics and responses to the question “Did you
understand the information you saw on CIE?” were entered into
univariate and multivariable multinomial regression models to
identify patient characteristics that predicted the perceived
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ability to understand information in the electronic record. The
final multivariable multinomial regression model with 2
predictor variables (digital health literacy and motivation)
predicted significantly better than the null (intercept) model
(P<.001), and Pearson chi-square statistic suggested that the
model fit the data well (χ22=2.4; P=.30). In the final
multivariable model, digital health literacy was the only variable
independently associated with understanding the CIE
information (Table 2). Patients with higher digital health literacy
(eHEALS score ≥26) were 6 times more likely to report
“definitely” understanding the CIE information, compared with
patients reporting not being able to understand the CIE
information (OR 6.07, 95% CI 1.70-21.57; P=.005). Sensitivity
analyses assessing the effects of including or excluding predictor
variables that demonstrated significance in the univariate
analyses did not alter this result.
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Table 2. Multinomial regression results of users’ sociodemographic characteristics and perceived level of understanding of information in the Care
Information Exchange.
Yes, to some extent vs no

Yes, definitely vs no

Yes, to some extent vs no

Yes, definitely vs no

Univariate odds ratio
(95% CI)

P value

Univariate odds
ratio
(95% CI)

Multivariable odds ra- P value
tio (95% CI)

Multivari- P value
able odds
ratio
(95% CI)

Reference

Reference

Reference Reference

P value

Sex
Female
Male

0.76 (0.36-1.61)

.47

0.49
(0.231.06)

≥65

Reference

Reference

≤64

1.33 (0.60-2.96)

White
Ethnic minority

.07

Reference

Reference Reference Reference

a

—

—

—

—

Reference Reference

Reference

Reference Reference Reference

.48

1.58
(0.703.57)

N/Ab

N/A

Reference

Reference

Reference Reference

Reference

Reference Reference Reference

2.48 (0.72-8.53)

.15

3.18
(0.9210.97)

—

—

Non-English

Reference

Reference

Reference Reference

Reference

Reference Reference Reference

English

0.41 (0.09-1.78)

.23

0.45
(0.102.00)

—

—

Secondary or below

Reference

Reference

Reference Reference

Reference

Reference Reference Reference

Undergraduate or
professional

0.47 (0.16-1.82)

.18

0.66
(0.221.96)

.45

—

—

—

—

Postgraduate or
higher

0.33 (0.12-1.04)

.06

0.58
(0.181.82)

.35

—

—

—

—

Lower digital health Reference
literacy

Reference

Reference Reference

Reference

Reference Reference Reference

Higher digital health 1.47 (0.51-4.18)
literacy

.48

6.23
(1.7622.06)

1.51 (0.53-4.34)

.44

Age (years)

.27

N/A

N/Ab

Ethnicity

.07

—

—

Native language

.29

—

—

Education

Digital literacy

.005

6.07
(1.7021.57)

.005

Health status
Neither good nor
poor

Reference

Reference

Reference Reference

Reference

Reference Reference Reference

Poor

1.48 (0.51-4.29)

.48

2.58
(0.867.75)

.09

N/A

N/A

N/A

N/A

Good

0.63 (0.25-1.57)

.32

1.29
(0.867.75)

.60

N/A

N/A

N/A

N/A

Reference

Reference Reference

Reference

Reference Reference Reference

Motivation to be involved in own care
Not very much or a
moderate amount

Reference
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Yes, to some extent vs no

Yes, definitely vs no

Yes, to some extent vs no

Yes, definitely vs no

Univariate odds ratio
(95% CI)

P value

Univariate odds
ratio
(95% CI)

P value

Multivariable odds ra- P value
tio (95% CI)

Multivari- P value
able odds
ratio
(95% CI)

1.08 (0.39-3.01)

.89

3.29
(1.0410.39)

.04

0.93 (0.30-2.88)

2.99
(0.8510.61)

.90

.09

Variable excluded from the final multivariable model using a backward elimination approach.

b

N/A: not applicable (variable excluded from the multivariable analyses because of nonsignificance [P>.25] in the univariate analyses).

Errors That Patients Have Noticed in Their Records
Nearly 1 in 5 patients (79/445, 17.8%) reported that they had
noticed errors in their medical records. In all, 97% (77/79) of
the patients provided further information regarding the nature
of these errors. The themes and subthemes that emerged from
the analysis of these free-text responses together with illustrative
quotes are presented in Table 3. The most prominent theme
emerging from patients’ free-text responses was incorrect
information. This theme described 6 categories of incorrect
information: patients’ details, appointments, medical history or
diagnoses, measurements or results, medications, and letters or
correspondence. A smaller number of respondents described
information that was either incomplete or missing from the
record entirely. A few patients noted instances where results or
letters were missing from the record; however, most patients
noted instances of missing or incomplete information related

https://www.jmir.org/2022/7/e37226

XSL• FO
RenderX

to appointments. Conflicting appointment information also
emerged as a distinct theme; several users described instances
of the CIE appointment information that did not match
information communicated via other means (eg, through phone
calls or letters). There appears to be a general lack of trust in
appointment information listed on the CIE as articulated by a
user:
I don’t know. Hard to confirm whether an
appointment is real or a mistake as I have not
received a letter or email notification to confirm
appointment [sic] listed. [patient ID 303]
The final theme information belonging to a different patient
contained only 2 responses: a CIE user had noticed “another
patient’s clinic letter” (patient ID 164) in their record, whereas
another respondent reported that information belonging to a
different patient had appeared in her midwifery notes.
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Table 3. Types of errors patients have noticed in their records: themes, subthemes, and illustrative quotes.
Themes and subthemes

Illustrative quotes

Incorrect information
Patient details

“incorrect NHSa number” (patient ID 77); “My address is wrong” (patient ID 79).

Appointments

“Appointment times are incorrect” (patient ID 117); “On one occasion, the system indicated that I had
missed an appointment when I was definitely there” (patient ID 178).

Medical history or diagnoses

“Diagnosis of cancer which I do not have” (patient ID 317); “my GPb said, ‘he became depressed.’ No,
I didn’t” (patient ID 120).

Measurements or results

“A time on a test was wrong” (patient ID 304); “MRSA result appeared on my record for a test I never
took” (patient ID 95).

Medications

“An error on the dosage of one of my medications” (patient ID 280); “I have never received ibuprofen on
prescription” (patient ID 128).

Letters or correspondence

“Incorrect information on discharge notice from A&Ec” (patient ID 173); “Errors in my consultants [sic]
letter” (patient ID 271).

Missing or incomplete information

a

Appointments

“Some appointments are not shown” (patient ID 406).

Measurements or results

“Blood test and urine results are missing” (patient ID 413).

Letters or correspondence

“2 notifications disappeared” (patient ID 264).

Conflicting appointment information

“I am shown as having multiple appointments at different dates at the same clinic. The last time I turned
up for one of these I was told there was no appointment [...] very confusing!” (patient ID 226).

Information belonging to a different patient

“Another patient’s clinic letter—major breach of confidence” (patient ID 164).

NHS: National Health Service.

b

GP: general practitioner.

c

A&E: accident and emergency.

Responding to Errors in the Medical Record
When asked to consider how they would like to respond to
errors in their records, most patients (272/445, 61.1%) would
like to flag up errors to their health professionals for correction.
Although some patients (57/445, 12.8%) were unsure what
action they would like to take, only a small proportion (16/445,
3.6%) said they would not take any action. Approximately
one-fifth (91/445, 20.4%) of the respondents were willing to
correct errors themselves. Of the 91 CIE patients who were
willing to correct errors themselves, most were comfortable
correcting errors in their personal information (88/91, 97%),
and approximately two-thirds were willing to correct medication
doses (58/91, 64%) or medication names (56/91, 62%). A
smaller proportion reported willingness to correct physicians’
notes (33/91, 36%) or diagnoses (31/91, 34%).

Patient Characteristics Associated With Willingness
to Correct Errors
Patient characteristics and responses to the question, “If you
were to see an error in your medical record, what would you
like to be able to do?” were entered into univariate and
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multivariable multinomial regression models to identify patient
characteristics that predicted willingness to take action to
address errors in the record. The reference category for these
analyses was do nothing. The results are presented in Table 4.
The final multivariable multinomial regression model with 2
predictor variables (language and health status) predicted
significantly better than the null (intercept) model (P=.04) and
the model fit the data well (χ24=6.7; P=.16). In multivariable
analyses, users’ native language and health status predicted their
willingness to take action to address errors in the record. Native
English speakers were more likely to select flag up errors to
health professionals (OR 3.45, 95% CI 1.11-10.78; P=.03).
Native English speakers were also more likely to be willing to
correct errors in their medical records themselves (OR 5.65,
95% CI 1.33-24.03; P=.02). Compared with patients reporting
that their health was neither good nor poor (reference group),
patients reporting good health status were more likely to correct
errors themselves (OR 3.84, 95% CI 1.07-13.75; P=.04).
However, there was no convincing evidence that poor health
status increased the odds of being willing to correct errors (OR
3.35, 95% CI 0.89-12.61; P=.08). Post hoc sensitivity analyses
did not affect any of these findings.
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Table 4. Multinomial regression results of users’ sociodemographic characteristics and willingness to flag up or correct errors in the Care Information
Exchange.
Characteristics

Flag it upa vs do nothing

Correct it myself vs do
nothing

Flag it upa vs do nothing

Correct it myself vs do
nothing

Univariate
odds ratio
(95% CI)

P value

Univariate
odds ratio
(95% CI)

P value

MultivariP value
able odds ratio (95% CI)

MultivariP value
able odds ratio (95% CI)

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Sex
Female
Male

b

0.71 (0.252.02)

.52

0.59 (0.201.78)

.35

N/A

N/A

N/A

N/A

≥65

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Reference

≤64

0.81 (0.252.64)

.72

0.73 (0.212.54)

.62

N/A

N/A

N/A

N/A

White

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Ethnic minority

0.48 (0.161.50)

.21

0.48 (0.141.58)

.23

—c

—

—

—

Non-English

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Reference

English

3.13 (1.029.56)

.05

3.59, (0.512.69)

.04

3.45 (1.1110.78)

.03

5.65 (1.3324.03)

.02

Secondary or below

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Undergraduate or professional

1.57 (0.445.6)

.49

1.36 (0.365.21)

.65

N/A

N/A

N/A

N/A

Postgraduate or higher

1.55 (0.366.75)

.56

1.80 (0.398.32)

.45

N/A

N/A

N/A

N/A

Low digital health liter- Reference
acy

Reference

Reference

Reference

Reference

Reference

Reference

Reference

High digital health liter- 2.25 (0.47acy
10.83)

.31

144 (0.287.51)

.66

N/A

N/A

N/A

N/A

Age (years)

Ethnicity

Native language

Education

Digital health literacy

Health status
Neither good nor poor

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Poor

1.45 (0.454.68)

.54

3.73 (1.0013.85)

.05

1.34 (0.414.41)

.63

3.35 (0.8912.61)

.08

Good

2.61 (0.719.58)

.15

5.32 (1.2722.25)

.02

2.82 (0.7610.54)

.12

3.84 (1.0713.75)

.04

Motivation to be involved in own care

a

Not very much or a
moderate amount

Reference

Reference

Reference

Reference

Reference

Reference

Reference

Reference

A lot or very much

2.09 (0.567.78)

.27

2.37 (0.5610.09)

.25

—

—

—

—

Flag it up to my health care professional for correction.

b

N/A: not applicable (variable excluded from the multivariable analyses because of nonsignificance [P<.25] in univariate analyses).

c

Variable excluded from the final multivariable model using a backward elimination approach.
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Missing Data Analysis
Meaningful comparisons of sociodemographic characteristics
between the analysis sample and the missing data sample were
not possible because of considerable missing data in the group
of 14.9% (78/523) of respondents excluded from this analysis
(Multimedia Appendix 4). There were no differences in the
distribution of structured questionnaire responses between the
analysis sample and the missing data sample (Multimedia
Appendix 5).

Discussion
Summary of Key Findings
A large proportion of patients could understand health
information held in the CIE (fully or to some extent), and some
reported that they had previously noticed errors in their records
across a range of categories, including patient details, diagnoses,
medical history, results, and medications. They also highlighted
errors in letters or correspondence and in appointment
information. Nearly two-thirds (272/445, 61.1%) of patients
would like to be able to flag up PHR errors to health
professionals, and some were willing to correct errors
themselves; however, these patients were more likely to be
native English speakers. A minority of patients with low digital
health literacy had difficulty understanding information in their
records. Barriers included a lack of medical knowledge or
guidance, issues with portal functionality and usability, and
inadequate presentation or communication of information in
the portal.

Comparison With Previous Literature
Despite policy and provider commitments enabling patient
access to digital health records [17,35,36], mechanisms for
systematically checking the accuracy of patient health data are
almost nonexistent. Although evidence for patient involvement
in improving the accuracy of their health records is limited, the
findings of our study are consistent with previous research
suggesting that many patients are willing and able to identify
errors in their records, and their involvement may help reduce
medication errors, diagnostic and treatment delays, and wasteful
duplication of tests or procedures [2,4,37]. Patients can identify
errors and omissions across a range of categories, including
current and past diagnoses, medical or social histories,
medications and allergies, procedures, test results, and
appointment scheduling, with many patient-reported errors
having the potential to affect care [4,7,37,38]. Evidence suggests
that in many cases, patients can identify serious mistakes with
clinically relevant implications that might otherwise go
undetected [4,6,37-39]. This highlights the potential safety gains
that can be achieved by introducing mechanisms empowering
patients to engage in improving the accuracy of the personal
health information. A novel finding of this study is that
approximately 1 in 5 (91/445, 20.4%) patients are willing to
correct errors themselves; however, no previous studies have
evaluated the feasibility of this approach; key questions include
which categories of errors patients could reasonably be expected
to correct, as well as the safety of introducing such functionality
into PHR systems.
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Although patients are interested in improving the accuracy of
their PHRs, certain sociodemographic factors appear to predict
their readiness to participate in error surveillance. We found a
significant association between native language and willingness
to either correct errors or flag them up to health professionals.
Similar findings from a large US study demonstrated that
patients who speak a language other than English or Spanish
as their primary language are less likely to report serious
mistakes in electronic ambulatory visit notes [4]. We did not
find any significant associations among age, sex, ethnicity, or
educational level, and willingness to act on errors in the records.
However, other studies have reported that patients who are male,
younger, less educated, and those self-identifying as Black or
African American, Asian, or from mixed ethnic backgrounds
are less likely to report mistakes in their electronic records
[4,38]. These findings emphasize that issues of equity must be
considered when designing patient-facing error surveillance
systems, such that minority groups and patients who choose not
to participate in addressing error accuracy are not disadvantaged
by a digital divide [40].
Equitable patient involvement in error surveillance is, on a basic
level, contingent on all patients being able to access and
understand PHR information. The characteristics of our sample
are consistent with those of previous studies, reinforcing a
distinct demographic profile associated with portal use, with
users tending to be female, older, highly educated, with higher
digital health literacy [14,22,23,41]. Previous studies have
demonstrated that patients who struggle to use web-based
information for health purposes are less likely to use PHR
systems and that lacking these eHealth literacy skills may
contribute to adverse health outcomes [23,42-44]. Our analysis
reveals that patients with lower digital health literacy are also
less likely to understand the information held in the PHR, which
may partly explain the health disparities observed in this patient
group. Consistent with previous research [2], we identified both
information- and system or technology-related barriers,
including a lack of support for interpreting medical information
and issues with portal functionality, usability, and display of
pertinent information. Patients with lower digital health literacy
will continue to be underserved by digital transformation unless
the barriers impeding access to, and understanding of, PHR
information are addressed [40].
Interestingly, digital health literacy, as measured by the eHEALS
score, did not predict patients’ willingness to correct errors in
their PHRs. This finding could be explained by the properties
of the eHEALS scale, which was developed according to the
definition of eHealth literacy as “the ability to seek, find,
understand, and appraise health information from electronic
sources and apply the knowledge gained to addressing or solving
a health problem” [45]. This definition was based on the first
generation of static, read-only, health information technology
(Web 1.0), which has led to the eHEALS being criticized as not
being sufficiently comprehensive to measure the skills required
to interact with and contribute to dynamic web-based health
tools [46]. As suggested by one of the original authors of
eHEALS, the content of the scale should be updated to reflect
the modern complex, dynamic, and social nature of the web
[47].
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Policy Implications and Future Research
Establishing a feedback mechanism that encourages patients to
identify and respond to PHR errors is aligned with the National
Health Service Patient Safety Strategy, which sets out
expectations for the involvement of patients, families,
caregivers, and other lay people in providing safer care, allowing
patients to move from being passive recipients of care to vigilant
stakeholders [48,49]. However, patient-facing error surveillance
systems would need to align with the diverse needs, preferences,
and capabilities of patients, while also providing frontline staff
and health care organizations with the opportunity to learn from
errors [4,20,38]. Policy makers agree that more needs to be done
to avoid marginalizing specific patient groups when
implementing new digital health technologies [50]. An important
first step is to ensure that the accessibility, functionality, and
usability of patient portals meet the needs of all patients,
including those who have difficulty interacting with digital
content, nonnative English speakers, and other traditionally
underserved groups. Ongoing development of PHR systems,
incorporating channels for patient feedback on EHR accuracy,
should integrate user-centered principles such that equal access
and use can be achieved for all patients while also respecting
individual choice and level of engagement [20,40]. Future
research should seek to understand which categories of errors
patients can reliably correct and examine the feasibility and
safety of patient-facing error surveillance systems while
continuing to address the impact of the digital divide and
associated health inequalities.

Strengths and Limitations
A major strength of this study lies in the application of a mixed
methods approach, which led to a comprehensive understanding
of users’ willingness and ability to be involved in PHR error
surveillance in a diverse patient population. We ensured rigor
and transparency in our qualitative analyses by applying the
framework method to derive insights from patients’ free-text

Lear et al
responses [51]. We collected and analyzed a comprehensive set
of patient characteristics, allowing us to explore classic
demographic factors (age, sex, ethnicity, and educational level)
in combination with important additional variables: health status,
motivation to be involved in one’s own care, and digital health
literacy. This study included patients treated in North West
London, which may limit the generalizability of our findings.
However, of note, around one-third (145/445, 32.6%) of the
survey respondents lived outside London, in other locations
across England. Future studies should use geographical data to
inform the relationship between social or material deprivation
and patient portal engagement. This web-based survey study
examined the views of patients who have access to and
experience of using an electronic PHR, and the findings
therefore reflect the views of a self-selected group of digitally
empowered patients. Although we achieved a minimum sample
size to ensure representativeness and adequate statistical power,
the survey response rate was low. CIs for the association
between patients’ sociodemographic characteristics and the
outcomes of interest were wide, indicating a potentially broader
range of plausible predictors than could be detected in our study.
Despite these limitations, our finding that digital health literacy
predicts patients’ understanding of portal information resonates
with the current evidence and interest in reducing health
inequalities.

Conclusions
Our findings demonstrate that patients are both able and willing
to identify and respond to errors in their PHRs, although some
barriers to understanding information in PHR systems persist
and may disproportionately affect patients with lower digital
health literacy. Further development of PHR systems,
incorporating channels for patient feedback on the accuracy of
their records, should integrate user-centered design principles
such that equal access and engagement in mitigating errors in
the record is possible for all patients.

Acknowledgments
This research was funded by the National Institute for Health Research (NIHR) Imperial Patient Safety Translational Research
Centre and supported by the NIHR Imperial Biomedical Research Centre. This research was enabled by the Imperial Clinical
Analytics Research and Evaluation environment and used the Imperial Clinical Analytics Research and Evaluation team and data
resources. The views expressed are those of the authors and not necessarily those of the National Health Service, NIHR or
Department of Health and Social Care.

Authors' Contributions
ALN, LF, MK, and EM designed the study. ALN and LF administered the survey. RL conducted the analyses, with contributions
from LF for the qualitative analysis. RL drafted the manuscript. All authors have contributed to the revision, editing, and approval
of the final version of the manuscript.

Conflicts of Interest
None declared.

Multimedia Appendix 1
Cross-tabulation of patients’ sociodemographic characteristics and their understanding of the Care Information Exchange
information.
[DOCX File , 28 KB-Multimedia Appendix 1]

https://www.jmir.org/2022/7/e37226

XSL• FO
RenderX

J Med Internet Res 2022 | vol. 24 | iss. 7 | e37226 | p. 13
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

Lear et al

Multimedia Appendix 2
Cross-tabulation of patients’ sociodemographic characteristics and their preferences for responding to errors in their records.
[DOCX File , 28 KB-Multimedia Appendix 2]

Multimedia Appendix 3
The Strengthening the Reporting of Observational Studies in Epidemiology statement—checklist of items that should be addressed
in reports of observational studies.
[DOCX File , 325 KB-Multimedia Appendix 3]

Multimedia Appendix 4
Sociodemographic characteristics of patients in the missing data and analysis samples.
[DOCX File , 25 KB-Multimedia Appendix 4]

Multimedia Appendix 5
Missing data analysis for structured questionnaire items.
[DOCX File , 24 KB-Multimedia Appendix 5]

References
1.
2.

3.

4.

5.
6.

7.

8.
9.
10.

11.

12.

13.

14.

Graber ML, Byrne C, Johnston D. The impact of electronic health records on diagnosis. Diagnosis (Berl) 2017 Nov
27;4(4):211-223. [doi: 10.1515/dx-2017-0012] [Medline: 29536944]
Freise L, Neves AL, Flott K, Harrison P, Kelly J, Darzi A, et al. Assessment of patients' ability to review electronic health
record information to identify potential errors: cross-sectional web-based survey. JMIR Form Res 2021 Feb 26;5(2):e19074
[FREE Full text] [doi: 10.2196/19074] [Medline: 33635277]
Adams KT, Pruitt Z, Kazi S, Hettinger AZ, Howe JL, Fong A, et al. Identifying health information technology usability
issues contributing to medication errors across medication process stages. J Patient Saf 2021 Dec 01;17(8):e988-e994. [doi:
10.1097/PTS.0000000000000868] [Medline: 34009868]
Bell SK, Delbanco T, Elmore JG, Fitzgerald PS, Fossa A, Harcourt K, et al. Frequency and types of patient-reported errors
in electronic health record ambulatory care notes. JAMA Netw Open 2020 Jun 01;3(6):e205867 [FREE Full text] [doi:
10.1001/jamanetworkopen.2020.5867] [Medline: 32515797]
Weir CR, Hurdle JF, Felgar MA, Hoffman JM, Roth B, Nebeker JR. Direct text entry in electronic progress notes. An
evaluation of input errors. Methods Inf Med 2003;42(1):61-67. [Medline: 12695797]
Bell SK, Gerard M, Fossa A, Delbanco T, Folcarelli PH, Sands KE, et al. A patient feedback reporting tool for OpenNotes:
implications for patient-clinician safety and quality partnerships. BMJ Qual Saf 2017 Apr;26(4):312-322. [doi:
10.1136/bmjqs-2016-006020] [Medline: 27965416]
Herlihy M, Harcourt K, Fossa A, Folcarelli P, Golen T, Bell SK. An opportunity to engage obstetrics and gynecology
patients through shared visit notes. Obstet Gynecol 2019 Jul;134(1):128-137. [doi: 10.1097/AOG.0000000000003309]
[Medline: 31188333]
Bowman S. Impact of electronic health record systems on information integrity: quality and safety implications. Perspect
Health Inf Manag 2013;10:1c [FREE Full text] [Medline: 24159271]
Cebul RD, Love TE, Jain AK, Hebert CJ. Electronic health records and quality of diabetes care. N Engl J Med 2011 Sep
01;365(9):825-833. [doi: 10.1056/NEJMsa1102519] [Medline: 21879900]
Classen DC, Holmgren AJ, Co Z, Newmark LP, Seger D, Danforth M, et al. National trends in the safety performance of
electronic health record systems from 2009 to 2018. JAMA Netw Open 2020 May 01;3(5):e205547 [FREE Full text] [doi:
10.1001/jamanetworkopen.2020.5547] [Medline: 32469412]
Hussain MI, Reynolds TL, Zheng K. Medication safety alert fatigue may be reduced via interaction design and clinical role
tailoring: a systematic review. J Am Med Inform Assoc 2019 Oct 01;26(10):1141-1149 [FREE Full text] [doi:
10.1093/jamia/ocz095] [Medline: 31206159]
Warren LR, Clarke J, Arora S, Darzi A. Improving data sharing between acute hospitals in England: an overview of health
record system distribution and retrospective observational analysis of inter-hospital transitions of care. BMJ Open 2019
Dec 05;9(12):e031637 [FREE Full text] [doi: 10.1136/bmjopen-2019-031637] [Medline: 31806611]
Koppel R, Metlay JP, Cohen A, Abaluck B, Localio AR, Kimmel SE, et al. Role of computerized physician order entry
systems in facilitating medication errors. JAMA 2005 Mar 09;293(10):1197-1203. [doi: 10.1001/jama.293.10.1197]
[Medline: 15755942]
DesRoches CM, Bell SK, Dong Z, Elmore J, Fernandez L, Fitzgerald P, et al. Patients managing medications and reading
their visit notes: a survey of opennotes participants. Ann Intern Med 2019 Jul 02;171(1):69-71. [doi: 10.7326/M18-3197]
[Medline: 31132794]

https://www.jmir.org/2022/7/e37226

XSL• FO
RenderX

J Med Internet Res 2022 | vol. 24 | iss. 7 | e37226 | p. 14
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
15.
16.
17.
18.

19.

20.

21.

22.

23.

24.
25.

26.

27.

28.
29.
30.
31.
32.
33.
34.

35.

36.

37.

Symons JD, Ashrafian H, Dunscombe R, Darzi A. From EHR to PHR: let's get the record straight. BMJ Open 2019 Sep
18;9(9):e029582 [FREE Full text] [doi: 10.1136/bmjopen-2019-029582] [Medline: 31537566]
Personal health record (PHR) - user insights. Royal College of Physicians. 2017 Jan 30. URL: https://www.rcplondon.ac.uk/
projects/outputs/personal-health-record-phr-user-insights [accessed 2022-06-14]
Access to patient records through the NHS App. NHS Digital. URL: https://digital.nhs.uk/services/nhs-app/
nhs-app-guidance-for-gp-practices/accelerating-patient-access-to-their-record [accessed 2022-01-13]
D'Costa SN, Kuhn IL, Fritz Z. A systematic review of patient access to medical records in the acute setting: practicalities,
perspectives and ethical consequences. BMC Med Ethics 2020 Mar 02;21(1):18 [FREE Full text] [doi:
10.1186/s12910-020-0459-6] [Medline: 32122332]
Neves AL, Freise L, Laranjo L, Carter AW, Darzi A, Mayer E. Impact of providing patients access to electronic health
records on quality and safety of care: a systematic review and meta-analysis. BMJ Qual Saf 2020 Dec;29(12):1019-1032
[FREE Full text] [doi: 10.1136/bmjqs-2019-010581] [Medline: 32532814]
Gerard M, Fossa A, Folcarelli PH, Walker J, Bell SK. What patients value about reading visit notes: a qualitative inquiry
of patient experiences with their health information. J Med Internet Res 2017 Jul 14;19(7):e237 [FREE Full text] [doi:
10.2196/jmir.7212] [Medline: 28710055]
Mold F, de Lusignan S, Sheikh A, Majeed A, Wyatt JC, Quinn T, et al. Patients' online access to their electronic health
records and linked online services: a systematic review in primary care. Br J Gen Pract 2015 Mar;65(632):e141-e151 [FREE
Full text] [doi: 10.3399/bjgp15X683941] [Medline: 25733435]
Bell SK, Mejilla R, Anselmo M, Darer JD, Elmore JG, Leveille S, et al. When doctors share visit notes with patients: a
study of patient and doctor perceptions of documentation errors, safety opportunities and the patient-doctor relationship.
BMJ Qual Saf 2017 Apr;26(4):262-270 [FREE Full text] [doi: 10.1136/bmjqs-2015-004697] [Medline: 27193032]
Neves AL, Smalley KR, Freise L, Harrison P, Darzi A, Mayer EK. Determinants of use of the care information exchange
portal: cross-sectional study. J Med Internet Res 2021 Nov 11;23(11):e23481 [FREE Full text] [doi: 10.2196/23481]
[Medline: 34762063]
Norman CD, Skinner HA. eHEALS: the eHealth literacy scale. J Med Internet Res 2006 Nov 14;8(4):e27 [FREE Full text]
[doi: 10.2196/jmir.8.4.e27] [Medline: 17213046]
Richtering SS, Hyun K, Neubeck L, Coorey G, Chalmers J, Usherwood T, et al. eHealth literacy: predictors in a population
with moderate-to-high cardiovascular risk. JMIR Hum Factors 2017 Jan 27;4(1):e4 [FREE Full text] [doi:
10.2196/humanfactors.6217] [Medline: 28130203]
van der Vaart R, van Deursen AJ, Drossaert CH, Taal E, van Dijk JA, van de Laar MA. Does the eHealth Literacy Scale
(eHEALS) measure what it intends to measure? Validation of a Dutch version of the eHEALS in two adult populations. J
Med Internet Res 2011 Nov 09;13(4):e86 [FREE Full text] [doi: 10.2196/jmir.1840] [Medline: 22071338]
Shiferaw KB, Mehari EA. Internet use and eHealth literacy among health-care professionals in a resource limited setting:
a cross-sectional survey. Adv Med Educ Pract 2019;10:563-570 [FREE Full text] [doi: 10.2147/AMEP.S205414] [Medline:
31440113]
Milne RA, Puts MT, Papadakos J, Le LW, Milne VC, Hope AJ, et al. Predictors of high eHealth literacy in primary lung
cancer survivors. J Cancer Educ 2015 Dec;30(4):685-692. [doi: 10.1007/s13187-014-0744-5] [Medline: 25355524]
Mitsutake S, Shibata A, Ishii K, Okazaki K, Oka K. [Developing Japanese version of the eHealth Literacy Scale (eHEALS)].
Nihon Koshu Eisei Zasshi 2011 May;58(5):361-371. [Medline: 21905612]
Hosmer D, Lemeshow S, Sturdivant R. Applied Logistic Regression. New York, NY, USA: John Wiley & Sons; 2013.
Zhang Z. Model building strategy for logistic regression: purposeful selection. Ann Transl Med 2016 Mar;4(6):111 [FREE
Full text] [doi: 10.21037/atm.2016.02.15] [Medline: 27127764]
Snipes M, Taylor D. Model selection and Akaike information criteria: an example from wine ratings and prices. Wine Econ
Policy 2014 Jun;3(1):3-9. [doi: 10.1016/j.wep.2014.03.001]
Ritchie J, Spencer L. Qualitative data for applied policy research. In: Bryman A, Burgess B, editors. Analyzing Qualitative
Data. London, UK: Routledge; 1994:173-194.
Vandenbroucke JP, von Elm E, Altman DG, Gøtzsche PC, Mulrow CD, Pocock SJ, STROBE Initiative. Strengthening the
Reporting of Observational Studies in Epidemiology (STROBE): explanation and elaboration. PLoS Med 2007 Oct
16;4(10):e297 [FREE Full text] [doi: 10.1371/journal.pmed.0040297] [Medline: 17941715]
G7 patient access to health records: final report. Department of Health and Social Care, United Kingdom Government.
2021 Dec 30. URL: https://www.gov.uk/government/publications/g7-health-track-digital-health-final-reports/
g7-patient-access-to-health-records-final-report [accessed 2022-06-14]
Online access to Digital GP records 2019/20. British Medical Association & NHS England. 2019. URL: https://www.
england.nhs.uk/wp-content/uploads/2019/12/bma-nhse-joint-statement-prospective-record-access-v1.1.pdf [accessed
2022-05-25]
Ross SE, Lin C. The effects of promoting patient access to medical records: a review. J Am Med Inform Assoc
2003;10(2):129-138 [FREE Full text] [doi: 10.1197/jamia.m1147] [Medline: 12595402]

https://www.jmir.org/2022/7/e37226

XSL• FO
RenderX

Lear et al

J Med Internet Res 2022 | vol. 24 | iss. 7 | e37226 | p. 15
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
38.

39.

40.

41.

42.

43.
44.
45.
46.

47.
48.
49.
50.
51.

Lear et al

Lam BD, Bourgeois F, Dong ZJ, Bell SK. Speaking up about patient-perceived serious visit note errors: patient and family
experiences and recommendations. J Am Med Inform Assoc 2021 Mar 18;28(4):685-694 [FREE Full text] [doi:
10.1093/jamia/ocaa293] [Medline: 33367831]
Johansen MA, Kummervold PE, Sørensen T, Zanaboni P. Health professionals' experience with patients accessing their
electronic health records: results from an online survey. Stud Health Technol Inform 2019 Aug 21;264:504-508. [doi:
10.3233/SHTI190273] [Medline: 31437974]
Cheng C, Beauchamp A, Elsworth GR, Osborne RH. Applying the electronic health literacy lens: systematic review of
electronic health interventions targeted at socially disadvantaged groups. J Med Internet Res 2020 Aug 13;22(8):e18476
[FREE Full text] [doi: 10.2196/18476] [Medline: 32788144]
Gerard M, Chimowitz H, Fossa A, Bourgeois F, Fernandez L, Bell SK. The importance of visit notes on patient portals for
engaging less educated or nonwhite patients: survey study. J Med Internet Res 2018 May 24;20(5):e191 [FREE Full text]
[doi: 10.2196/jmir.9196] [Medline: 29793900]
Sanders MR, Winters P, Fortuna RJ, Mendoza M, Berliant M, Clark L, et al. Internet access and patient portal readiness
among patients in a group of inner-city safety-net practices. J Ambul Care Manage 2013;36(3):251-259. [doi:
10.1097/JAC.0b013e31829702f9] [Medline: 23748274]
Davis SE, Osborn CY, Kripalani S, Goggins KM, Jackson GP. Health literacy, education levels, and patient portal usage
during hospitalizations. AMIA Annu Symp Proc 2015;2015:1871-1880 [FREE Full text] [Medline: 26958286]
Irizarry T, DeVito Dabbs A, Curran CR. Patient portals and patient engagement: a state of the science review. J Med Internet
Res 2015 Jun 23;17(6):e148 [FREE Full text] [doi: 10.2196/jmir.4255] [Medline: 26104044]
Norman CD, Skinner HA. eHealth literacy: essential skills for consumer health in a networked world. J Med Internet Res
2006 Jun 16;8(2):e9 [FREE Full text] [doi: 10.2196/jmir.8.2.e9] [Medline: 16867972]
van der Vaart R, Drossaert CH, de Heus M, Taal E, van de Laar MA. Measuring actual eHealth literacy among patients
with rheumatic diseases: a qualitative analysis of problems encountered using Health 1.0 and Health 2.0 applications. J
Med Internet Res 2013 Feb 11;15(2):e27 [FREE Full text] [doi: 10.2196/jmir.2428] [Medline: 23399720]
Norman C. eHealth literacy 2.0: problems and opportunities with an evolving concept. J Med Internet Res 2011 Dec
23;13(4):e125 [FREE Full text] [doi: 10.2196/jmir.2035] [Medline: 22193243]
Implementing the NHS patient safety strategy: safer culture, safer systems, safer patients. NHS England & NHS Improvement.
URL: https://www.england.nhs.uk/patient-safety/the-nhs-patient-safety-strategy/ [accessed 2022-05-25]
Framework for involving patients in patient safety. NHS England. 2021. URL: https://www.england.nhs.uk/patient-safety/
framework-for-involving-patients-in-patient-safety/ [accessed 2022-05-25]
Digital clinical safety strategy. National Health Service. URL: https://www.nhsx.nhs.uk/key-tools-and-info/
digital-clinical-safety-strategy/ [accessed 2022-05-25]
Gale NK, Heath G, Cameron E, Rashid S, Redwood S. Using the framework method for the analysis of qualitative data in
multi-disciplinary health research. BMC Med Res Methodol 2013 Sep 18;13:117 [FREE Full text] [doi:
10.1186/1471-2288-13-117] [Medline: 24047204]

Abbreviations
CIE: Care Information Exchange
eHEALS: eHealth Literacy Scale
EHR: electronic health record
NIHR: National Institute for Health Research
OR: odds ratio
PHR: personal health record

Edited by T Leung; submitted 16.02.22; peer-reviewed by HL Tong, C Cheng; comments to author 02.05.22; revised version received
23.05.22; accepted 24.05.22; published 08.07.22
Please cite as:
Lear R, Freise L, Kybert M, Darzi A, Neves AL, Mayer EK
Patients’ Willingness and Ability to Identify and Respond to Errors in Their Personal Health Records: Mixed Methods Analysis of
Cross-sectional Survey Data
J Med Internet Res 2022;24(7):e37226
URL: https://www.jmir.org/2022/7/e37226
doi: 10.2196/37226
PMID:

https://www.jmir.org/2022/7/e37226

XSL• FO
RenderX

J Med Internet Res 2022 | vol. 24 | iss. 7 | e37226 | p. 16
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

Lear et al

©Rachael Lear, Lisa Freise, Matthew Kybert, Ara Darzi, Ana Luisa Neves, Erik K Mayer. Originally published in the Journal
of Medical Internet Research (https://www.jmir.org), 08.07.2022. This is an open-access article distributed under the terms of
the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work, first published in the Journal of Medical Internet
Research, is properly cited. The complete bibliographic information, a link to the original publication on https://www.jmir.org/,
as well as this copyright and license information must be included.

https://www.jmir.org/2022/7/e37226

XSL• FO
RenderX

J Med Internet Res 2022 | vol. 24 | iss. 7 | e37226 | p. 17
(page number not for citation purposes)

