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Abstract

Background: The COVID-19 pandemic has significantly impacted mental health and well-being. Mobile mental health apps
can be scalable and useful toolsin large-scal e disaster responsesand are particularly promising for reaching vulnerable populations.
COVID Coach is a free, evidence-informed mobile app designed specifically to provide tools and resources for addressing
COVID-19—elated stress.

Objective: The purpose of this study wasto characterize the overall usage of COVID Coach, explore retention and return usage,
and assess whether the app was reaching individuals who may benefit from mental health resources.

M ethods: Anonymous usage data collected from COV D Coach between May 1, 2020, through October 31, 2020, were extracted
and analyzed for this study. The sample included 49,287 unique user codes and 3,368,931 in-app events.

Results: Usage of interactive tools for coping and stress management comprised the majority of key app events (n=325,691,
70.4%), and the majority of app userstried atool for managing stress (n=28,009, 58.8%). COVID Coach was utilized for <3 days
by 80.9% (n=34,611) of the sample whose first day of app use occurred within the 6-month observation window. Usage of the
key content in COVID Coach predicted returning to the app for a second day. Among those who tried at |east one coping tool on
their first day of app use, 57.2% (n=11,444) returned for a second visit; whereas only 46.3% (n=10,546) of those who did not try
atool returned (P<.001). Symptoms of anxiety, depression, and posttraumatic stress disorder (PTSD) were prevalent among app
users. For example, among app users who completed an anxiety assessment on their first day of app use (n=4870, 11.4% of users),
55.1% (n=2680) reported levels of anxiety that were moderate to severe, and 29.9% (n=1455) of scores fell into the severe
symptom range. On average, those with moderate levels of depression on their first day of app use returned to the app for agreater
number of days (mean 3.72 days) than those with minimal symptoms (mean 3.08 days; t;=3.01, P=.003). Individuals with
significant PTSD symptoms on their first day of app use utilized the app for a significantly greater number of days (mean 3.79
days) than those with fewer symptoms (mean 3.13 days; t,=2.29, P=.02).

Conclusions: Asthe mental health impacts of the pandemic continue to be widespread and increasing, digital health resources,
such as appslike COVID Coach, are a scalable way to provide evidence-informed tools and resources. Future research is needed
to better understand for whom and under what conditions the app is most helpful and how to increase and sustain engagement.
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Introduction

Impact of COVID-19 on Mental Health and Well-Being

In the United States, the COVID-19 pandemic has led to over
500,000 deaths, millions of job losses, and disruption of nearly
every aspect of daily life. COVID-19 has aso negatively
impacted mental health and well-being globally [1-3]. One-third
of American adultsreport ahigh level of psychological distress
due to the pandemic [4].

Severd studies now indicate that an unprecedented mental health
crisisis underway. In a poll conducted by Harris [5] on behal f
of the American Psychological Association, nearly 8in 10 adults
said the pandemic is asignificant source of stressin their lives.
The prevalence of depression symptoms among adults in the
United States has risen from 8.5% of the population prior to the
COVID-19 pandemic to 27.8% in the midst of the pandemic
[6]. Researchers from the US Centers for Disease Control and
Prevention found that 40% of respondents of a survey
administered in June 2020 endorsed at |east one adverse mental
or behaviora health condition including symptoms of
depression, anxiety, posttraumatic stress, or having started or
increased substance use to cope with stress or emotions related
to COVID-19. Over 10% of respondents reported seriously
considering suicide in the previous 30 days [7]. Furthermore,
there appears to be a bidirectional relationship between
COVID-19 and psychiatric disorders, such that having a
psychiatric disorder is associated with a greater likelihood of
contracting COVID-19, and contracting COVID-19isassociated
with an increased risk of receiving a psychiatric diagnosis[8].

Digital Mental Health asa Strategy for Addressingthe
Mental Health Impact of COVID-19

Digital mental health options are needed to help address the
mental health effects of COVID-19 as well as the secondary
impacts of the pandemic, such as fear of contracting the virus,
financial stressrelatedtojob loss, loss of childcare, or the need
to balance work with remote education. Mobile mental health
apps are a promising strategy for addressing mental health
impacts of the pandemic because of their potential scalability,
reach, and utility, particularly during a time when in-person
care may not be accessible due to social distancing and safety
regulations. High-quality, accessible, and sustainable apps have
been identified as part of an integrated “blueprint” for digital
mental health services during the pandemic [9]. They may be
a particularly useful tool for reaching a large number of
individuals from highly impacted populations at risk for
posttraumatic stress disorder (PTSD) or other mental health
conditions, including those who have contracted COVID-19
and frontline health care workers [10].

Apps are a particularly appealing medium because of their
potential reach. Individualsrarely turn off mobile devices[11],
making apps available 24/7. Additionally, in the United States,
81% of adults own smartphones, with few differences among
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sociodemographic groups[12]. Thisreachisimportant because
the pandemic has a disproportionate and complex impact on
Black, Indigenous, people of color (BIPOC), people from
low-income backgrounds, and women [13], and it is clear that
vulnerable groups are at greater risk for behavioral and mental
health consequences [6,7,14]. Systemic disadvantage with
respect to social determinants of health, such aslack of internet
access and reduced educational opportunities, has been
associated with increased COVID-19 mortality rates[15]. Free,
evidence-informed apps, such as COVID Coach, that are
developed by government or not-for-profit entities and made
specifically to address such systemic barriers, can contribute to
a digital mental health safety net for vulnerable individuals.
Beyond the ability to reach many people, apps have been shown
to be useful adjunctive resources for a range of mental health
concerns, including anxiety and depression [16] and PTSD [17].

Creation of the COVID Coach App

In response to the anticipated mental health impact of the
COVID-19 pandemic, and as part of the Veterans Affairs (VA)
“Fourth Mission” to help during times of national emergencies
and support public health, the National Center for PTSD created
COVID Coach (Multimedia Appendix 1). COVID Coach isa
free, publicly available mental health app designed to help
people cope with stress, find resources, and track mental health
over time. It is intended to be simple to use, does not require
an internet connection or data plan to access primary content,
and al recommended activities and resources are low in cost
or free to users. COVID Coach is one of only a few public
mental health apps available for specifically addressing mental
health concerns stemming from or exacerbated by COVID-19,
anditisthe newest in asuite of free mental health appsdesigned
to support mental health [18,19].

COVID Coach is based upon the mode of the empirically
supported PTSD Coach app [20], which has been identified as
apotential approach for the behavioral and mental health impact
of COVID-19 [21]. COVID Coach provides app users with
many of thefeatures of PTSD Coach, including toolsfor coping
with challenging situations and managing stress,
psychoeducation, tracking of mental health symptoms, and
quick access to support networks and crisis resources. COVID
Coach aso provides symptom management tools adapted for
life during the pandemic (eg, deep struggles; isolation; stress,
sadness; and indoor, socially distanced activities), goal-setting,
and over 50 unique psychoeducational topics about managing
COVID-19-related concerns (ie, staying well, staying balanced,
staying together, staying safe, and staying healthy). The app
was released at the end of April 2020 and has been promoted
as part of the VA's response to the pandemic and highlighted
as an important resource [22].

Evaluating COVID Coach in the Context of a Public

Health Disaster

Mobile mental health apps can be useful tools in large-scale
disaster responses [23], and their use has been indicated
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specifically within the context of the COVID-19 pandemic (eg,
[24,25]). However, the utility of standalone apps “in the wild”
can be limited by poor engagement and high attrition (eg,
[26,27].) A host of challenges renders it difficult to conduct
formal research and evaluation on disaster mental health
interventions and resources [28]. Accordingly, there is often
insufficient data on when, how, and why individuals utilize
disaster mental health resources to help guide policy and
budgetary alocation. Although COVID Coach has been well
received in the general population, usage of the app, particularly
the key content areas, and retention have not yet been formally
evaluated.

Objective

This study utilized anonymous mobile analytics data to
characterize the overall usage of an app designed specifically
to providetools and resourcesfor addressing COVID-19-related
stress, explore retention and return usage, and assess whether
the app was reaching individuals that may benefit from mental
health resources. Three key aims guided the study: (1) describe
general usage trends between May 1, 2020, and October 31,
2020 (a key period of time during the pandemic), and identify
how frequently specific types of key app content were used (ie,
coping tools, psychoeducation, self-assessments, and accessing
resources); (2) explore usage patterns, with a particular focus
on understanding how usage of key content on the first day of
use may be related to return use and retention; and (3)
characterize baseline mental health and well-being among
COVID Coach users.

Methods

COVID Coach Mobile App Description

COVID Coach, available for Android [29] and iOS [30], isan
app designed specificaly for the COVID-19 pandemic to
provide users with interactive, evidence-informed tools for
coping with stress and anxiety, information about how to stay
well, stay connected, and navigate challenges, self-monitoring
mental health symptoms and goals, and resources to discover
and connect with various types of verified and vetted support.
The app can be used independently or in conjunction with
professional mental health care but is not a replacement for
therapy. Users are not required to create an account or log in to
access any of the content, and the app is fully compatible with
assistive software technologies (eg, VoiceOver or TalkBack).

Maobile Analytics Data

COVID Coach collects anonymous information about app use
for the purposes of quality improvement. Fully nonidentifying,
anonymous, and encrypted event sequences were stored using
JavaScript Object Notation (JSON) format on a remote
GovCloud server that meets VA security and privacy
requirements. Data are accessible from VA App Connect
software, which has been approved for use under the VA's
Technical Reference Model [31]. Upon first launch of the app,
a unique, randomly generated 32-character (256-bit) code is
assigned to that particular app installation. Completely
anonymous usage data, such as screens sel ected, button presses,
and other nonidentifying patterns, are collected and associated
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with this install code. Install codes serve as a proxy for app
users since the unique identity of each app user cannot be
determined. Each in-app event contains a timestamp (in
Coordinated Universal Time [UTC]) that corresponds to when
the event actually occurred, but data are only transmitted to the
server when the app isin use and connected to Wi-Fi or utilizing
adata plan.

Procedures

For the purpose of this study, mobile analytics data with
timestamps between May 1, 2020, and October 31, 2020, were
extracted from the research server on November 4, 2020.
Between May 1 and October 31, 3,368,931 in-app related events
were captured (Android: n=847,260; iOS: n=2,521,612) across

49,297 unique install codes (Android: n=12,938; iOS:
n=36,359).

M easures

App Use Metrics

Daily active users and monthly active users were measured by
the total number of app users that used COVID Coach on a
given day or at least once within a given month. Overall,
frequencies for key content usage were computed for each of
the four key sections in the app: Manage Stress (tried a tool),
Learn (viewed alearn topic), Mood Check (created and rated a
goal or completed an assessment), and Find Resources (viewed
at least one specific subsection within Find Resources). These
frequencies were computed for all key events and for all app
users that had activity during the observation window (May 1,
2020, through October 31, 2020). Based on arationale similar
to Kwasny and colleagues [32], we decided a priori that
frequency of use within the observation window would be
measured in terms of unique days of use, rather than sessions
or visits because of the variability in establishing the end of an
app session, within and across platforms. Additionally, all app
users were categorized according to whether their first day of
app use occurred during the observation window (first-time
users) or prior to the start of the observation window. Thus, all
analyses related to distinct days of app use, return usage, and
patterns of usage by day of use focused only on app events
associated with first-time users. Among all first-time users,
distinct days of app use within the observation window were
calculated, as well as retention days (the number of days
between the first day of use and the last day of use) and the
number of days between thefirst day of use and the second day
of use (for al individual swho used the app for at least 2 distinct
days). For each first-time user, completion of tasks within each
of the four key content areas were totaled, by each distinct day
of use. First-time userswho completed one or more assessments
on their first day of app use were identified as “baseline’
assessment compl eters.

In-App Assessments

Four assessments are available within the Mood Check section
of COVID Coach. These assessments can be accessed and taken
at any time by app users.

The Warwick-Edinburgh Mental Well-Being Scale (WEMWBS)
[33] is ameasure to assess the feelings and functional aspects
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of positive mental health. COVID Coach contains the 14-item
version of the scale, with each item measured on a Likert-type
scaleranging from 1 (“none of thetime”) to 5 (“all of thetime”).
For each item, respondents are asked to consider how they have
been feeling over the past 2 weeks. Total score is obtained by
summing all items. Scores of less than 42 are indicative of low
well-being [34]. The scale was found to be avalid and reliable
tool for measuring mental well-being in diverse populations
and across project types, and has adequate internal reliability
(0=.89) [35].

The Generalized Anxiety Disorder-7 (GAD-7) [36] isameasure
to screen for GAD and assess severity of GAD symptoms. The
scale consists of 7 items, each measured on a Likert-type scale
ranging from O (“not at al”) to 3 (“nearly every day”), and total
score is obtained by summing all items. For each item,
respondents are asked to consider how they have been feeling
over the past 2 weeks. Anxiety symptom severity is categorized
as: minimal (total score=0-4), mild (total score=5-9), moderate
(total score=10-14), and severe (total score=15 or higher). The
scale has acceptable internal reliability and good psychometric
properties, including among general population samples [37].

The Patient Health Questionnaire-9 (PHQ-9) [38] isameasure
to assessthe severity of depression symptoms. The scale consists
of 9 items, each measured on a Likert-type scale ranging from
0 (“not at al”) to 3 (“nearly every day”), and total score is
obtained by summing all items. For each item, respondents are
asked to consider how they have been feeling over the past 2
weeks. Depression symptom severity is categorized as: minimal
(total score=0-4), mild (total score=5-9), moderate (total
score=10-14), moderately severe (total score=15-19), and severe
(total score=20 or higher). The scale has acceptable internal
reliability (0=.86-.89) and overall sound psychometric properties
across settings [39].

The Posttraumatic Stress Disorder Checklist (PCL-5) [40] isa
measure to assess symptoms of PTSD. The scale consists of 20
items, each measured on a Likert-type scale ranging from O
(“not at all”) to 4 (“extremely”), and total score is obtained by
summing all items. In COVID Coach, the PCL-5isadministered
with only abrief introduction, followed by the assessment items.
For each item, respondents are asked to consider how they have
been feeling over the past month. Initial research suggests that
total scores of 31 to 33 (or higher) are indicative of probable
PTSD. For this study, we use 33 as the cut-off for significant
PTSD symptoms. The PCL-5wasfound to bereliableand valid
in both veteran [41] and civilian populations [42].

Analyses

SQLPro Studio (Hankinsoft Development, Inc) was used for
all data preprocessing and extraction. SAS University Edition
(SASInstitute) softwarein conjunction with Oracle’s Virtual Box
were used for all data analyses. We calculated descriptive
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statistics for key content usage, retention, and baseline levels
of mental health symptom severity and levels of well-being.
Chi-sguare analyses were conducted to understand differences
in returning to the app for a second day of use based on key
content usage on the first day of app use and baseline mental
health symptoms. We ran separate chi-square analysesfor each
predictor. Independent samples t tests were conducted to
examine differences in total unique days of app use and total
manage stress tools utilized among app users who completed
an assessment on their first day of app use compared to those
who did not. An analysis of variance (ANOVA) was conducted
with a Tukey test for post hoc analysis to examine differences
in baseline WEMWABS scores, by month, among users who
completed awell-being assessment on their first day of app use.
Regression analyses were conducted to examine the rel ationship
between baseline mental health symptoms and unique days of

app Usage.
Results

Reach and Reception

The app was released at the end of April 2020, and as of October
31, 2020, it has been downloaded 143,097 times. It is highly
rated on both the Apple App Store (4.8 out 5 stars) and the
Google Play Store (4.7 out of 5 stars). Users had the opportunity
to provide written reviews along with star ratings. The majority
of written reviews were overwhelmingly positive, with
comments such as “Beautifully calming...,” “a necessity for
our new normal,” “one of the best free apps I've found,” and
“this is amazing... it has al you may need... mood trackers,
resources, meditation-not too frilly, just important.” Notably,
due to Google's restrictions on mobile apps related to
COVID-19 (including hiding certain results for apps among
searches containing “COVID”), COVID Coach has been
installed at aratio of over 3:1 for iOS compared to Android
mobile devices.

Daily and Monthly Active Users

The number of daily active users spiked in May 2020 (mean
1205.77, SD 615.70), shortly after the app’srelease. The number
of daily active users has leveled off but remained stable with
average daily active users of 778.67 (SD 161.16), 752.03 (SD
152.07), 712.71 (SD 141.85), 682.83 (SD 150.83), and 611.35
(SD 128.60), respectively, during the months of June, July,
August, September, and October 2020 (Figure 1). Although
timestamp information is only captured in UTC, there appears
to be a consistent, weekly pattern of usage such that the app is
used more during the week than on weekends. The number of
monthly active users followed a similar pattern as daily active
users. The number of monthly active users peaked in May but
remained steady through October 2020, at approximately 11,000
unique app users per month.
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Figure 1. Daily active COVID Coach users, from May 1, 2020, through October 31, 2020.
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Key Content Usage

Within the observation window (May 1, 2020, through October
31, 2020), there were 49,297 unique app users and 462,651 app
events associated with the four key content areas (Manage
Sress, Learn, Mood Check, and Find Resources). Table 1
provides an overview.

Of the four key sections of the app, the Manage Stress section,
which contains tools for coping with stress and anxiety, was
the most utilized. Across the observation window, there were
325,691 total tool use events (70.4% of al key events), among
28,009 uniqueinstall codes (56.82% of all uniqueinstall codes).
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Within the Manage Stress section, app users can directly select
individual tools from alist of all tools, or they can have atool
recommended to them by selecting from one of seven possible
challenges related to the pandemic: (1) coping with stress, (2)
feeling lonely, (3) creating space for myself, (4) feeling sad or
hopeless, (5) handling anger and irritability, (6) navigating
relationships, and (7) sleep struggles. Across all app users,
48.5% (n=23,885) selected at |east one challenge. Among this
group of app users, challengesrel ated to coping with stresswere
the most commonly selected (n=12,696, 53.2%), followed by
sleep struggles (n=9308, 39.0%) and feeling lonely (n=9153,
38.3%).

Table 1. Overall key content usage among al COVID Coach users within the observation window (between May 1, 2020, and October 31, 2020).

Key content area (specific in-app action)

Unique app users, n (%)

Totals per app user, mean

Key events, n (% b
& ) (SD); range

Manage Stress (tried at |east one tool) 28,009 (56.8) 325,691 (70.4) 11.63 (30.33); 1-2124
Learn (viewed at least one topic) 10,124 (20.5) 52,123 (11.3) 5.15 (8.09); 1-267
Mood Check (entered and rated at least one goal or completed 13,510 (27.4) 47,821 (10.3) 3.54 (12.52); 1-1008
at least one assessment )

Find Resources (viewed at least one specific subsection) 9418 (19.1) 37,016 (8.0) 3.93(7.82); 1-329

#Total number of unique app users during the observation window=49,297. Percentage of total app users. Percentages in this column will not sum to
100% because app users could have completed actions across the four types of key content areas.

bTotal key app events during the observation window=462,651. Percentage of total key app events.

Overdll, the psychoeducation content within the Learn section
of the app was consumed less frequently and by fewer users
than the Manage Stress tools. Within the observation sample,
there were 52,123 unique learn topic views (11.3% of all key
events), among 20.5% of al app users (10,124/49,297). Four
out of the five most viewed topics appeared in the first
subsection within Learn (Staying Well).

Intotal, core activitieswithin the Mood Check section comprised
10.3% (47,821/462,651) of al key events. Across the
observation window, 27.4% of al app users (13,510/49,297)
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submitted at least one goal success rating or completed at least
one of thefour available assessmentsin the Mood Check section.
There were 10,253 submitted goal success ratings across 2285
app users (4.6% of the total sample), and 37,568 completed
assessments across 13,223 unique app users (26.8% of al users).

Across the eleven subsections within Find Resources, 19.1%
(9418/49,297) of al app users viewed the resource pages 37,016
times across the observation window, representing 8% of all
key events. Notably, although not the most frequently viewed
subsection, Crisis Resources (which includes direct links to
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phone lines, text support, and online chat for services such as
the National Suicide Prevention Lifeline, Crisis Text Line, and
Substance Abuse and Mental Health Services Administration’s
Helpline) was visited 3297 times (8.9% of all Find Resources
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visits) among 2131 unique users. Table 2 presents detailed
information about key events within each of the four key
sections.

Table 2. Detailed key content usage among all COVID Coach users within the observation window (between May 1, 2020, and October 31, 2020).

Key content area

Uniqueapp users, n (%)% Key app events, n (%)b

Manage Stress: top 5 most frequently used tools
Ambient Sounds (an audio-only tool with no narration)

Deep Breathing (an audio-guided exercise)

Change Your Perspective (atool with tips for how to replace negative thoughts with more

helpful ones)

Muscle Relaxation (an audio-guided exercise focused on relaxing distinct core body parts)

Grounding (atool with tips on how to stay connected to the present moment and surround-

ings)
Learn: top 5 most frequently viewed topics
Prioritizing Yourself, Right Now
Managing Irritability
Finding Humor
Finding Calm
Sleep
Find Resources. top 3 most frequently viewed sections

Finding Local Resources (for | ocating state-specific COVID-19 guidelines and information)

Meeting Your Needs (for basic needs support)

Mobile Apps to Support Mental Health (information about other free apps to support

mental health)

Mood Check: completion of assessments, by type
Track Mood (PHQ-9°)
Track Anxiety (GAD-79%
Track Well-Being (WEMWBS®)

Track PTSD' Symptoms (PCL-59)

7041 (14.3) 18,493 (4.0)
7870 (16.0) 16,011 (3.5)
6721 (13.6) 12,480 (2.7)
6037 (12.2) 11,599 (2.5)
5718 (11.6) 9767 (2.1)
2131 (4.3) 2811 (0.6)
1856 (3.8) 2281 (0.5)
1506 (3.1) 1817 (0.4)
1442 (2.9) 1813 (0.4)
1184 (2.4) 1511 (0.3)
2927 (5.9) 6451 (1.4)
3176 (6.4) 6223 (1.3)
2461 (5.0) 3748 (0.8)
7698 (15.6) 11,732 (2.5)
8115 (16.5) 11,649 (2.5)
6151 (12.5) 8860 (1.9)
3568 (7.2) 5327 (1.2)

#Total number of unique app users during the observation window=49,297. Percentage of total app users.
bTotal key app events during the observation window=462,651. Percentage of total key app events.

®PHQ-9: Patient Health Questionnaire-9.

4GAD-7: Generalized Anxiety Disorder-7.

SWEMWBS: Warwick-Edinburgh Mental Well-Being Scale.
PTSD: posttraumatic stress disorder.

9PCL-5: Posttraumatic Stress Disorder Checklist-5.

Return Usage and Retention

Among the 49,297 app user install codes present in the
observation window, 86.8% (n=42,783) of COVID Coach users
had their first day of app use occur within the observation
window. Thus, for the analyses presented in this section, usage
patterns will be restricted to only the app users and events
associated with those whosefirst day of app use occurred during
the observation window.

https://www.jmir.org/2021/3/e26559

Nearly half of COVID Coach users used the app for a single
day (n=20,793, 48.6%), and an additional 32.3% (n=13,818)
used the app for 2 or 3 daysin total. Lessthan 2% of the sample
(n=709) used the app for 15 or more distinct days (Table 3). On
average, across al app users with >2 distinct days of app use
(n=21,990), the number of days retained was 42.44 (SD 44.40,
median 25, range 1-179). On average, the number of days
between the first day of app use and the second day of app use
was 14.65 (SD 24.52, median 4, range 1-176). Although the
majority of app users who returned to the app for at least a
second day returned within 14 days, there was variability,
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including users whose second day of use occurred over 90 days  whose first month of use occurred in May, June, or July so that

after the first (see Table 4 for a detailed analysis among users

Table 3. Total number of distinct days of COVID Coach use, by month of first app use.

returns within a 90-day or longer window could be examined).

Month of first app use

Frequency of users per distinct day, n (%)

1 day only 2 days 3days 4-6 days 7-14 days =15 days
May 6573 (42.67) 3406 (22.11) 1801 (12.28) 2137 (13.87) 1049 (6.81) 348 (2.26)
June 2533 (44.26) 1205 (21.10) 693 (12.14) 770 (13.49) 372 (6.51) 137 (2.40)
July 2939 (48.79) 1246 (20.68) 640 (10.62) 737 (12.23) 362 (6.01) 100 (1.66)
August 3165 (51.31) 1267 (20.54) 648 (10.51) 698 (11.32) 314 (5.09) 76 (1.23)
September 2783 (53.66) 1119 (21.58) 548 (10.57) 503 (9.70) 190 (3.66) 43(0.83)
October 2800 (65.25) 849 (19.79) 306 (7.13) 273 (6.36) 58 (1.35) 5(0.12)
All 20,793 (48.6) 9092 (21.25) 4726 (11.05) 5118 (11.96) 2345 (5.48) 709 (1.66)

Table4. Analysis of days between first and second app use among COVID Coach users with at least 2 distinct days of app use, by month of first use.

First month of appuse Usersthat re- First return First return First return First return First return First return after
turned at least ~ within 7 days,n  within 8-14 within 15-30 within 31-60 within 61-90 more than 90
once, n (%) days, n (%) days, n (%) days, n (%) days, n (%) days, n (%)

May 8831 4956 (56.12) 1071 (12.13) 1107 (12.54) 870 (9.85) 391 (4.43) 436 (4.94)

June 3177 1786 (56) 403 (12.68) 457 (14.38) 298 (9.38) 118 (3.71) 115 (3.62)

July 3085 1922 (62.30) 385 (12.48) 366 (11.86) 232 (7.52) 130 (4.21) 50 (1.62)

Differential Day 2 Return Rates Based on Day 1 Key
Content Usage

On both the first and second days of app use (see Table 5 for
an overview of usage), many app users tried at least one tool
within the Manage Stress section (46.80% [n=20,222] on the
first day, 41.85% [Nn=9202] among individuals who returned to
the app for a second day). Usage of the key content in COVID
Coach predicted returning to the app for a second day.

Of thosewho tried at |east one Manage Stresstool on their first
day of app use, 57.2% (n=11,444) returned for a second visit;
whereas only 46.3% (n=10,546) of those who did not try atool
returned (P<.001). Among those who viewed at |east one Learn
topic on their first day of app use, 58.8% (n=3292) returned for
a second day of use; whereas only 50.3% (n=18,698) who did
not view a learn topic returned (P<.001). With respect to the
Mood Check section, 57.2% (n=4892) of app users that
completed at least one goa rating or one assessment activity
returned for asecond day of use, compared to 50.0% (n=17,098)

https://www.jmir.org/2021/3/e26559

of users who did not complete any Mood Check activities
(P<.001). Lastly, among app users who viewed at least one
specific Find Resources subsection, 57.4% (n=3014) returned
for asecond day of app use, compared to only 50.6% (n=18,976)
of users who did not view any resources returned (P<.001).

Additionally, usage patterns among individual s who compl eted
an assessment on the first day of app use were significantly
different than those who did not complete an assessment on
their first day. On average, individuals who completed at |east
one assessment on their first day of app use utilized COVID
Coach for more unique days within the observation window
(mean 3.29 days, SD 5.44) compared to individuals who did
not complete an assessment on the first day (mean 2.66 days,
SD 4.37; P<.001). Similarly, individualswho completed at | east
one assessment on their first day of app use utilized, on average,
significantly more Manage Stress tools within the observation
window (mean 9.2 tools, SD 24.6) compared to individualswho
did not complete an assessment on thefirst day (mean 5.8tools,
SD 19.3; P<.001).
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Table 5. Comparison of key content area usage, by first and second day of app use.

Number of key content areas accessed

App users
First day of app use (n=42,783), n (%)

Second day of app use (n=21,990), n (%)

All four key areas

Completed at least one action within all four key content
areas

Two to three key areas

Manage Stress (with one or two other key areas; tried at |east
one tool and completed another action within one or two
other key areas)

Two or three key areas (excluding Manage Stress; completed
at least one action within two or more of the Learn, Mood
Check, or Find Resources sections)

Onekey area
Manage Stress only (only tried at |east one tool)

Mood Check only (only completed at least one god rating
or assessment)

Find Resources only (only viewed at |east one resource
subsection)

Learn only (only viewed at |east one learn topic)

No key area actions

Did not complete an action within any of the four key areas 16,954 (39.6)

650 (1.5)

7953 (18.6)

1129 (2.6)

11,419 (26.7)
2677 (6.3)

1196 (2.8)

805 (1.9)

192 (0.9)

3143 (14.3)

405 (1.8)

5867 (26.7)
1355 (6.2)

660 (3.0)

485 (2.2)

9883 (44.9)

Characterizing BaselineMental Health Among COVID
Coach Users

Baseline well-being among individuals using COVID Coach
appeared to be relatively low and decreased over time. Among
app userswho completed aWEMWBS assessment on their first
day of app use (n=3558, 8.32% of all users whose first day of
app use occurred during the observation window), average
well-being scores, by month, were al less than 42, which has
been used as a cut-off to identify low well-being [34]. These
average baseline scores decreased over time, with app users
who completed their first WEMWBS on their first day of app
usein September 2020 (n=416; mean 38.7, SD 0.04) or October
2020 (n=341; mean 38.1, SD 9.50) demonstrating significantly
lower average well-being scores than app users who completed
their first WEMWABS on their first day of using the app in May
2020 (n=1361; mean 41.2, SD 9.65).

Symptoms of anxiety, depression, and PTSD were prevalent
among app users. For al app users who completed a GAD-7
assessment on their first day of app use (n=4870; 11.4% of
users), 12.8% (n=625) had scores suggesting minimal anxiety
(total score=0-4), 32.1% (n=1565) endorsed mild levels of
anxiety (total score=5-9), 25.2% (n=1225) indicated moderate
levels of anxiety (total score=10-14), and 29.9% (n=1455) of
scores fell into the severe symptom range (total score=15 or
higher).

Among app users who completed a PHQ-9 on their first day of
app use (n=4548, 10.6% of users), 16.5% (n=749) had scores
suggesting minimal depression (total score=0-4), 28.9%
(n=1312) endorsed mild levels of depression (total score=5-9),
25.0% (n=1136) indicated moderate levels of depression (total
score=10-14), 17.5% (n=795) endorsed moderately severelevels
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of depression (total score=15-19), and 12.2% (n=556) of scores
fell into the severe symptom range (total score=20 or higher).

Unlike the GAD-7 and the PHQ-9, the PCL-5 does not have
symptom severity categorizations. However, among app users
who completed a PCL-5 on their first day of app use (n=2064,
4.8% of users), the mgjority of individuals who completed the
assessment (n=1234, 59.8%) had a total score =33, which is
consistent with significant PTSD symptoms.

Baseline Mental Health Characteristics and Return
Usage

Baseline PTSD symptoms predicted returning to the app for a
second day. Among individual s with a baseline PCL-5 score of
33 or greater, 62.5% returned to the app for a second day of
use, compared to only 56.4% of individuals with scores below
33 (P=.006). Neither symptom severity for anxiety or depression
nor levels of well-being were predictive of return usage.

We conducted regression analyses to examine the relationship
between baseline mental health symptoms and unique days of
app usage. Depression and PTSD symptoms were predictive of
the total number of unique days of app use. With respect to
depression symptoms, we utilized the group with minimal
symptoms as the reference group in comparison to those with
mild, moderate, moderately severe, and severe symptoms. On
average, those with moderate levels of depression on their first
day of app use returned to the app for a greater number of days
(mean 3.72 days) than those with minima symptoms of
depression (mean 3.08 days; t;=3.01, P=.003). Individualswith
mild, moderately severe, and severe depression did not
significantly differ from the reference group. Although the
difference in usage between moderately severe and minimal
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symptom severity categories was not statistically significant, it
was trending in the predicted direction. With respect to PTSD
symptoms, individuals with baseline PCL-5 scores indicating
significant PTSD symptoms utilized the app for a significantly
greater number of days (mean 3.79 days) than those with
subthreshold symptom level s (mean 3.13 days; t,=2.29, P=.02).

Discussion

Principal Findings

This exploration of COVID Coach usage among the genera
population suggests that mobile apps may have the reach and
accessibility necessary to be auseful medium for disseminating
mental health information and resources to individuals
experiencing stress related to the COVID-19 pandemic.

Between May 1, 2020, and October 31, 2020, the app was used
by nearly 50,000 individuals, and daily active usage has
remained steady over time. In addition to the total number of
individuals reached, the key content within the app was utilized
in over 450,000 instances. The stress management tools were
most frequently used with over 28,000 users utilizing individual
tools over 300,000 times. Further, each of the other three key
content areas in the app were accessed tens of thousands of
times by tens of thousands of users. This reach and scalability
of COVID Coach across the general population is an example
of how digital mental health tools can become successfully
integrated into disaster response strategies. From apublic mental
health perspective (eg, [43]), being able to rapidly deploy
evidence-informed tools and reliable health information via a
free, accessible, and secure app is a way for the federa
government to contribute to a digital mental health safety net
and reduce barriers to accessing mental health resources.

Importantly, COVID Coach appearsto be reaching individuals
in need of mental health resources. On average, among app
users who completed assessments during their first day of use,
well-being was low, and the majority of individuals were
indicating greater than minimal symptoms of anxiety,
depression, and PTSD. Additionally, among app users who
identified challenges they are facing, the majority reported
difficulties with managing stress, troubles with deep, and
feelings of loneliness. We cannot determine if individuals
utilizing COVID Coach are representative of the general
population, but elevated levels of anxiety, depression, and
posttraumatic stress are consistent with other research conducted
during the pandemic [6,7,44]. Individualswith significant PTSD
symptoms at baseline were more likely to return to the app for
asecond day of app use. On average, individual swith significant
PTSD symptoms used the app for agreater number of daysthan
those with subthreshold symptoms, and individuals with
moderate depression used the app for more days than those with
minima symptoms. Greater usage among individuals with
moderate depression symptoms is consistent with previous
research [45].

Although overall app utilization data suggested considerable
reach, engagement proved to be less consistent. Our analyses
revealed that the majority of COVID Coach users (80.9%)
utilized the app on <3 days. This finding is consistent with
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research indicating that self-management appsfor mental health
are often not used over extended periods of time [26,27,46].
However, as noted by Ng and colleagues [47], there is a heed
for more standardized reporting of measures related to user
engagement and retention. The average number of retention
days, aswell asthe number of days between days of use, suggest
that the app may not be something that individuals use on a
daily basis, but rather during moments of distress or need. This
type of usage is consistent with the overall design of COVID
Coach as a self-management tool, which does not provide any
guidance on how often or when to use the app.

Thisresearch al so provides some gui dance on how engagement
might be encouraged in future app versions. In general, app
usersthat completed actionswithin the key content areas on the
first day of app use were more likely to return for a second day
of app use. More specifically, users that completed an
assessment on the first day of app use were significantly more
likely to use the app for a greater number of days and to use a
greater number of stress management tools than app users who
did not complete an assessment on the first day of app use.
These findings suggest that finding ways to motivate users to
complete actions within key areas on their first day of app use,
particularly tools and assessments, may be one way to enhance
engagement and retention. For example, having
recommendations for a tool or assessment to try, easily
accessible from the app home screen, may encourage users to
try a specific in-app activity. Additionally, the onboarding
sequence could include afew brief questionsto help tailor in-app
recommendations to the user’s intentions and preferences, and
guide them through the process of setting customized goals for
using the features within the app most relevant to them. Lastly,
finding ways to regularly disseminate and highlight new app
content (eg, managing stress around prolonged distance learning,
vaccine information) may encourage users to return to the app
more frequently.

Limitations

Because COVID Coach does not collect any identifying
information, we cannot say anything about the populations that
we have reached, other than what we can characterize based
upon in-app actions. Future research that permits collection of
identifying information is needed, particularly given the
disproportionate impact the pandemic has had on vulnerable
groups of people. A Spanish version of COVID Coach has
recently been released, and plans for data collection on app
usage within Spanish-speaking populations are underway.

Additionally, we utilize the unique install codes as a proxy for
an individua user. We assume that most individuals do not
delete and reinstall the app multiple times. However, if an
individual were to download COVID Coach on more than one
mobile device, or delete it and reinstall, each of those
installationswould be assigned auniqueinstall code, and would
appear as anew user.

Although the app includes assessments for individuals to
self-monitor well-being and symptoms of anxiety, depression,
and PTSD, it is difficult to reliably measure change in these
constructs viathe app, dueto the naturalistic nature of this study
and the changing landscape of the pandemic over time. It is
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important to highlight that even though a score of 33 or higher
on the PCL-5 is suggestive of PTSD, the assessment questions
inthe app do not ask app usersto respond to the questionswhile
focusing on a particular traumatic incident, so caution in
interpreting the meaning of these scores is warranted. Because
the PCL-5 refers to “the stressful experience” in each item, in
the context of COVID Coach, the PCL-5 may be capturing
overall levels of distress. While desirable, we also did not have
away to measure other potential proxy variables of interest such
as coping self-efficacy, perceived helpfulness of the app,
improved opinions about mental health care, or reduction in
stress related to enhanced support access, as these cannot be
determined solely by in-app usage data.

Futureresearch is needed to better understand who isinterested
in public mental health apps like COVID Coach, what their
primary goals are for using the app, which outcomes are most
useful in understanding engagement patterns, and how
successful usageis defined. For example, someone may usethe
app only once, find the exact resource they need, and not use
the app again, whereas someone else may be experiencing
significant stress, use tools in moments of distress, and track
mental health symptoms on aweekly basis. Findings from this
type of research could be used to advance the science of mobile
mental health and also be directly applied to a suite of publicly
available apps that have been downloaded over 4 million times
and arein widespread use acrossthe VA, the largest health care
organization in the United States.

Conclusions

As the menta health impacts of the pandemic continue to be
widespread and increasing, digital health resources, such as
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apps like COVID Coach, are a scaable way to provide
evidence-informed tools and resources. We believe that thisis
the first evaluation of a mobile mental health app designed
specifically for use during the COV1D-19 pandemic. Thiswork
shows that tens of thousands of people are accessing the app,
with a particular focus on the tools for stress and coping. Such
rapid uptake of a public mobile mental health app is
unprecedented and signals perceived value. Specidly, the
findings from this evaluation suggest that apps may play a
helpful rolein providing mental health resources in the context
of apublic health disaster.

Future research should attempt to elucidate for whom and under
what conditions the app is most helpful, and how to increase
and sustain engagement. Additional areas of focus should
include how to optimize the app for populations impacted by
disparities related to mental health literacy, digita literacy, and
stigma around mental health care. As noted by many mHealth
(mobile health) scholars [48-50], there is no reason to believe
that digital mental health care and blended optionswill disappear
after the pandemic, so it is important to find strategies for
increasing reach and optimizing for engagement within
self-management tools. These strategies must also attend to
issues of health inequities [48,49,51]. Due to the scale of the
crisis, the pandemic may have opened the door to conversations
about mental health, and apps may be a helpful first step in
providing tools, accurate information, and connecting people
with reliable resources. Those in government and nonprofit
organizations may be able to provide these kinds of tools as a
way to contribute to a digital mental health safety net and help
alleviate mental health disparities.

This paper was hot sponsored by any funder. The views expressed in this work are those of the authors and do not necessarily
reflect the position or policy of the Department of Veterans Affairs or the United States government.

Authors Contributions

All authors contributed to the conceptualization, writing, and editing of the paper.

Conflictsof Interest
None declared.

Multimedia Appendix 1
COVID Coach screenshots.

[PDE File (Adobe PDF File), 2624 KB-Multimedia Appendix 1]

References

1. LiuCH, Zhang E, Wong GTF, Hyun S, Hahm HC. Factors associated with depression, anxiety, and PTSD symptomatology
during the COVID-19 pandemic: Clinical implications for U.S. young adult mental health. Psychiatry Res 2020
Aug;290:113172 [FREE Full text] [doi: 10.1016/j.psychres.2020.113172] [Medline: 32512357]

2. Rodriguez-Rey R, Garrido-Hernansaiz H, Collado S. Psychological Impact and Associated Factors During the Initial Stage
of the Coronavirus (COVID-19) Pandemic Among the General Population in Spain. Front Psychol 2020;11:1540 [FREE
Full text] [doi: 10.3389/fpsyg.2020.01540] [Medline: 32655463]

3. Torjesen|. Covid-19: Menta health services must be boosted to deal with "tsunami" of cases after lockdown. BMJ 2020
May 15;369:m1994. [doi: 10.1136/bmj.m1994] [Medline: 32417756]

4. Keeter S. A third of Americans experienced high levels of psychological distress during the coronavirus outbreak. Pew
Research Center. 2020 May 7. URL: https://www.pewresearch.org/fact-tank/2020/05/07/

https://www.jmir.org/2021/3/e26559

JMed Internet Res 2021 | vol. 23 | iss. 3 | €26559 | p. 10
(page number not for citation purposes)


https://jmir.org/api/download?alt_name=jmir_v23i3e26559_app1.pdf&filename=554e9378f968e68d388251ea3c52b006.pdf
https://jmir.org/api/download?alt_name=jmir_v23i3e26559_app1.pdf&filename=554e9378f968e68d388251ea3c52b006.pdf
http://europepmc.org/abstract/MED/32512357
http://dx.doi.org/10.1016/j.psychres.2020.113172
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32512357&dopt=Abstract
https://doi.org/10.3389/fpsyg.2020.01540
https://doi.org/10.3389/fpsyg.2020.01540
http://dx.doi.org/10.3389/fpsyg.2020.01540
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32655463&dopt=Abstract
http://dx.doi.org/10.1136/bmj.m1994
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32417756&dopt=Abstract
https://www.pewresearch.org/fact-tank/2020/05/07/a-third-of-americans-experienced-high-levels-of-psychological-distress-during-the-coronavirus-outbreak/
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Jaworski et &

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24,

25.

26.

arthird-of -ameri cans-experienced- high-level s-of - psychol ogi cal -di stress-during-the-coronavirus-outbreak/ [accessed
2021-02-24]

Stressin America 2020: A national mental health crisis. American Psychological Association. 2020 Oct. URL: https://www.
apa.org/news/press/rel eases/stress/2020/sia-mental -heal th-crisis.pdf [accessed 2021-02-24]

Ettman CK, Abdalla SM, Cohen GH, Sampson L, Vivier PM, Galea S. Prevalence of Depression Symptomsin US Adults
Before and During the COVID-19 Pandemic. JAMA Netw Open 2020 Sep 01;3(9):€2019686 [FREE Full text] [doi:
10.1001/jamanetworkopen.2020.19686] [Medline: 32876685]

Czeider ME, LaneRI, Petrosky E, Wiley JF, Christensen A, Njai R, et al. Mental Health, Substance Use, and Suicidal

| deation During the COVID-19 Pandemic - United States, June 24-30, 2020. MMWR Morb Mortal Wkly Rep 2020 Aug
14;69(32):1049-1057 [FREE Full text] [doi: 10.15585/mmwr.mm6932al] [Medline: 32790653]

Taquet M, Luciano S, Geddes JR, Harrison PJ. Bidirectional associations between COVID-19 and psychiatric disorder:
retrospective cohort studies of 62 354 COVID-19 casesin the USA. The Lancet Psychiatry 2021 Feb 09;8(2):130-140
[FREE Full text] [doi: 10.1016/S2215-0366(20)30462-4] [Medline: 33181098]

Balcombe L, DelLeo D. AnIntegrated Blueprint for Digital Mental Health Services Amidst COVID-19. IMIR Ment Health
2020 Jul 22;7(7):e21718 [FREE Full text] [doi: 10.2196/21718] [Medline: 32668402]

Alexopoulos AR, Hudson JG, Otenigbagbe O. The Use of Digital Applications and COVID-19. Community Ment Health
J 2020 Oct 30;56(7):1202-1203 [FREE Full text] [doi: 10.1007/s10597-020-00689-2] [Medline: 32734311]

Rainie L, Zickhur K. Americans views on mobile etiquette. Pew Research Center. 2015 Jul 26. URL: https://www.
pewresearch.org/internet/2015/08/26/ameri cans-views-on-mobil e-etiquette/#: ~: text=Some%2092%25%200f %20U.S.
%20adults,they%20rarel y%20turn%20it%200ff [accessed 2021-02-24]

Mobile fact sheet. Pew Research Center. 2019 Jun 12. URL: https.//www.pewresearch.org/internet/fact-sheet/mobil e/
[accessed 2021-02-24]

Kantamneni N. The impact of the COVID-19 pandemic on marginalized populations in the United States: A research
agenda. J Vocat Behav 2020 Jun;119:103439 [FREE Full text] [doi: 10.1016/j.jvb.2020.103439] [Medline: 32390658]
Double Jeopardy: COVID-19 and Behavioral Health Disparities for Black and Latino Communitiesin the U.S. Substance
Abuse and Mental Health Services Administration (SAHMSA). URL : https.//www.samhsa.gov/sites/defaul t/files/
covid19-behavioral -heal th-di spariti es-bl ack-latino-communities.pdf [accessed 2021-02-24]

Dasania AK, Fastiggi MJ, Kahlam A, Shah R, Patel K, Shiau S, et a. The Relationship Between Social Determinants of
Health and Racial Disparitiesin COVID-19 Mortality. J Racial Ethn Health Disparities 2021 Jan 05 [FREE Full text] [doi:
10.1007/s40615-020-00952-y] [Medline: 33403652]

Mohr DC, Schueller SM, Tomasino KN, Kaiser SM, Alam N, Karr C, et al. Comparison of the Effects of Coaching and
Receipt of App Recommendationson Depression, Anxiety, and Engagement in the Intelli Care Platform: Factorial Randomized
Controlled Trial. JMed Internet Res 2019 Aug 28;21(8):€13609 [ FREE Full text] [doi: 10.2196/13609] [Medline: 31464192]
Miner A, Kuhn E, Hoffman JE, Owen JE, Ruzek JI, Taylor CB. Feasibility, acceptability, and potential efficacy of the
PTSD Coach app: A pilot randomized controlled trial with community trauma survivors. Psychol Trauma 2016 May
25;8(3):384-392. [doi: 10.1037/tra0000092] [Medline: 27046668]

Mobile Apps. VA National Center for PTSD. URL: https:.//www.ptsd.va.gov/appvid/maobile/index.asp [accessed 2021-02-24]
Mobile Mental Health. VA National Center for PTSD, Dissemination & Training Division. URL: https.//www.myvaapps.com/
[accessed 2021-02-24]

Kuhn E, Kanuri N, Hoffman JE, Garvert DW, Ruzek JI, Taylor CB. A randomized controlled trial of a smartphone app for
posttraumatic stress disorder symptoms. J Consult Clin Psychol 2017 Mar;85(3):267-273. [doi: 10.1037/ccp0000163]
[Medline: 28221061]

Meshick AB, Ryan L, Cullen T. Beyond PPE: Protecting Health Care Workers To Prevent A Behavioral Health Disaster.
Health Affairs. 2020 Jun 4. URL : https.//www.healthaffairs.org/do/10.1377/hbl 0g20200603.842660/full/ [accessed
2021-02-24]

Huang L. Applicationsas Tools Amid the COV1D-19 Pandemic. Journal of Hospital Librarianship 2020 Oct 09;20(4):376-390.
[doi: 10.1080/15323269.2020.1823304]

Ruzek J, Kuhn E, Jaworski BK, Owen JE, Ramsey KM. Mobile mental health interventions following war and disaster.
Mhealth 2016;2:37 [FREE Full text] [doi: 10.21037/mhealth.2016.08.06] [Medline: 28293610]

Marshall JM, Dunstan DA, Bartik W. Treating Psychological Traumain the Midst of COVID-19: The Role of Smartphone
Apps. Front Public Health 2020;8:402 [FREE Full text] [doi: 10.3389/fpubh.2020.00402] [Medline: 33014955]

Wong AH, Pacella-LaBarbara ML, Ray JM, Ranney ML, Chang BP. Healing the Healer: Protecting Emergency Health
Care Workers Mental Health During COVID-19. Ann Emerg Med 2020 Oct;76(4):379-384 [FREE Full text] [doi:
10.1016/j.annemergmed.2020.04.041] [Medline: 32534830]

Baumel A, Muench F, Edan S, Kane JM. Objective User Engagement With Mental Health Apps: Systematic Search and
Panel-Based Usage Analysis. JMed I nternet Res 2019 Sep 25;21(9):€14567 [FREE Full text] [doi: 10.2196/14567] [Medline:
31573916]

https://www.jmir.org/2021/3/e26559 JMed Internet Res 2021 | vol. 23 | iss. 3 | €26559 | p. 11

(page number not for citation purposes)


https://www.pewresearch.org/fact-tank/2020/05/07/a-third-of-americans-experienced-high-levels-of-psychological-distress-during-the-coronavirus-outbreak/
https://www.apa.org/news/press/releases/stress/2020/sia-mental-health-crisis.pdf
https://www.apa.org/news/press/releases/stress/2020/sia-mental-health-crisis.pdf
https://jamanetwork.com/journals/jamanetworkopen/fullarticle/10.1001/jamanetworkopen.2020.19686
http://dx.doi.org/10.1001/jamanetworkopen.2020.19686
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32876685&dopt=Abstract
https://doi.org/10.15585/mmwr.mm6932a1
http://dx.doi.org/10.15585/mmwr.mm6932a1
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32790653&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S2215-0366(20)30462-4
http://dx.doi.org/10.1016/S2215-0366(20)30462-4
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33181098&dopt=Abstract
https://mental.jmir.org/2020/7/e21718/
http://dx.doi.org/10.2196/21718
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32668402&dopt=Abstract
http://europepmc.org/abstract/MED/32734311
http://dx.doi.org/10.1007/s10597-020-00689-2
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32734311&dopt=Abstract
https://www.pewresearch.org/internet/2015/08/26/americans-views-on-mobile-etiquette/#:~:text=Some%2092%25%20of%20U.S.%20adults,they%20rarely%20turn%20it%20off
https://www.pewresearch.org/internet/2015/08/26/americans-views-on-mobile-etiquette/#:~:text=Some%2092%25%20of%20U.S.%20adults,they%20rarely%20turn%20it%20off
https://www.pewresearch.org/internet/2015/08/26/americans-views-on-mobile-etiquette/#:~:text=Some%2092%25%20of%20U.S.%20adults,they%20rarely%20turn%20it%20off
https://www.pewresearch.org/internet/fact-sheet/mobile/
http://europepmc.org/abstract/MED/32390658
http://dx.doi.org/10.1016/j.jvb.2020.103439
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32390658&dopt=Abstract
https://www.samhsa.gov/sites/default/files/covid19-behavioral-health-disparities-black-latino-communities.pdf
https://www.samhsa.gov/sites/default/files/covid19-behavioral-health-disparities-black-latino-communities.pdf
http://europepmc.org/abstract/MED/33403652
http://dx.doi.org/10.1007/s40615-020-00952-y
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33403652&dopt=Abstract
https://www.jmir.org/2019/8/e13609/
http://dx.doi.org/10.2196/13609
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31464192&dopt=Abstract
http://dx.doi.org/10.1037/tra0000092
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27046668&dopt=Abstract
https://www.ptsd.va.gov/appvid/mobile/index.asp
https://www.myvaapps.com/
http://dx.doi.org/10.1037/ccp0000163
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28221061&dopt=Abstract
https://www.healthaffairs.org/do/10.1377/hblog20200603.842660/full/
http://dx.doi.org/10.1080/15323269.2020.1823304
https://doi.org/10.21037/mhealth.2016.08.06
http://dx.doi.org/10.21037/mhealth.2016.08.06
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28293610&dopt=Abstract
https://doi.org/10.3389/fpubh.2020.00402
http://dx.doi.org/10.3389/fpubh.2020.00402
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33014955&dopt=Abstract
http://europepmc.org/abstract/MED/32534830
http://dx.doi.org/10.1016/j.annemergmed.2020.04.041
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32534830&dopt=Abstract
https://www.jmir.org/2019/9/e14567/
http://dx.doi.org/10.2196/14567
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31573916&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Jaworski et &

27.

28.

29.
30.
31.
32.

33.

35.

36.

37.

38.

39.

40.

41.

42.

43.

45,

46.

47.

48.

Owen JE, Jaworski BK, Kuhn E, Makin-Byrd KN, Ramsey KM, Hoffman JE. mHealth in the Wild: Using Novel Datato
Examine the Reach, Use, and Impact of PTSD Coach. IMIR Ment Health 2015;2(1):e7 [EREE Full text] [doi:
10.2196/mental.3935] [Medline: 26543913]

Grolnick WS, Schonfeld DJ, Schreiber M, Cohen J, ColeV, Jaycox L, et a. Improving adjustment and resiliencein children
following a disaster: Addressing research challenges. Am Psychol 2018 Apr;73(3):215-229. [doi: 10.1037/amp0000181]
[Medline: 29446960]

US Department of Veterans Affairs. COVID Coach (Version 1.0). Google Play Store. 2020. URL: https://play.google.com/
store/apps/detail s?id=gov.va.mobilehealth.ncptsd.covid& hi=en US& gl=US [accessed 2021-02-24]

US Department of Veterans Affairs. COVID Coach (Version 1.0). App Store. 2020. URL : https://apps.apple.com/us/app/
covid-coach/id1504705038 [accessed 2021-02-24]

VA Technical Reference Model. URL: https://www.oit.va.gov/Services/ TRM/TRM HomePage.aspx [accessed 2020-11-20]
Kwasny MJ, Schueller SM, Lattie E, Gray EL, Mohr DC. Exploring the Use of Multiple Mental Health Apps Within a
Platform: Secondary Analysis of the IntelliCare Field Trial. IMIR Ment Health 2019 Mar 21;6(3):€11572 [FREE Full text]
[doi: 10.2196/11572] [Medline: 30896433]

Tennant R, Hiller L, Fishwick R, Platt S, Joseph S, Weich S, et a. The Warwick-Edinburgh Mental Well-being Scale
(WEMWBS): development and UK validation. Health Qual Life Outcomes 2007 Nov 27;5:63 [FREE Full text] [doi:
10.1186/1477-7525-5-63] [Medline: 18042300]

Stewart-Brown S, Samaraweera PC, Taggart F, Kandala N, Stranges S. Socioeconomic gradients and mental health:
implications for public health. Br J Psychiatry 2015 Jun 02;206(6):461-465. [doi: 10.1192/bjp.bp.114.147280] [Medline:
25792696]

Stewart-Brown S, Platt S, Tennant A. The Warwick-Edinburgh Mental Well-being Scale (WEMWBYS): avalid and reliable
tool for measuring mental well-being in diverse populations and projects. J Epidemiol Community Health 2011;65:A38-A39
[FREE Full text] [doi: 10.1136/jech.2011.143586.86]

Spitzer RL, Kroenke K, Williams JBW, Léwe B. A brief measure for assessing generalized anxiety disorder: the GAD-7.
Arch Intern Med 2006 May 22;166(10):1092-1097. [doi: 10.1001/archinte.166.10.1092] [Medline: 16717171]

Léwe B, Decker O, Miiller S, Bréhler E, Schellberg D, Herzog W, et al. Validation and standardization of the Generalized
Anxiety Disorder Screener (GAD-7) in the general population. Med Care 2008 Mar;46(3):266-274. [doi:
10.1097/MLR.0b013e318160d093] [Medline: 18388841]

Kroenke K, Spitzer RL, Williams JB. The PHQ-9: validity of abrief depression severity measure. J Gen Intern Med 2001
Sep;16(9):606-613 [FREE Full text] [doi: 10.1046/j.1525-1497.2001.016009606.x] [Medline: 11556941]

Gilbody S, Richards D, Bredley S, Hewitt C. Screening for depression in medical settings with the Patient Health
Questionnaire (PHQ): adiagnostic meta-analysis. J Gen Intern Med 2007 Nov;22(11):1596-1602 [ FREE Full text] [doi:
10.1007/s11606-007-0333-y] [Medline: 17874169]

Weathers FW, Litz BT, Keane TM, Palmieri PA, Marx BP, Schnurr PP. The PTSD Checklist for DSM-5 (PCL-5). The
National Center for PTSD. 2013. URL: https.//www.ptsd.va.gov/professi onal/assessment/adult-sr/ptsd-checklist.asp [accessed
2021-02-24]

Bovin MJ, Marx BP, Weathers FW, Gallagher MW, Rodriguez P, Schnurr PP, et al. Psychometric properties of the PTSD
Checklist for Diagnostic and Statistical Manual of Mental Disorders-Fifth Edition (PCL-5) in veterans. Psychol Assess
2016 Nov;28(11):1379-1391. [doi: 10.1037/pas0000254] [Medline: 26653052]

Blevins CA, Weathers FW, Davis MT, Witte TK, Domino JL. The Posttraumatic Stress Disorder Checklist for DSM-5
(PCL-5): Development and Initial Psychometric Evaluation. J Trauma Stress 2015 Dec;28(6):489-498. [doi:
10.1002/jts.22059] [Medline: 26606250]

Owen JE, Kuhn E, Jaworski BK, McGee-Vincent P, Juhasz K, Hoffman JE, et al. VA mabile apps for PTSD and related
problems: public health resources for veterans and those who care for them. Mhealth 2018;4:28 [FREE Full text] [doi:
10.21037/mhealth.2018.05.07] [Medline: 30148141]

Rajkumar RP. COVID-19 and mental health: A review of the existing literature. Asian J Psychiatr 2020 Aug 10;52:102066
[FREE Full text] [doi: 10.1016/j.8p.2020.102066] [Medline: 32302935]

Firth J, Torous J, Nicholas J, Carney R, Pratap A, Rosenbaum S, et a. The efficacy of smartphone-based mental health
interventions for depressive symptoms. a meta-analysis of randomized controlled trials. World Psychiatry 2017
Oct;16(3):287-298 [FREE Full text] [doi: 10.1002/wps.20472] [Medline: 28941113]

Kozlov E, Bantum E, Pagano |, Walser R, Ramsey K, Taylor K, et al. The Reach, Use, and Impact of a Free mHealth
Mindfulness App in the General Population: Mobile Data Analysis. IMIR Ment Health 2020 Nov 27;7(11):€23377 [FREE
Full text] [doi: 10.2196/23377] [Medline: 33245289]

Ng MM, Firth J, Minen M, Torous J. User Engagement in Mental Health Apps: A Review of Measurement, Reporting,
and Validity. Psychiatr Serv 2019 Jul 01;70(7):538-544 [FREE Full text] [doi: 10.1176/appi.ps.201800519] [Medline:
30914003]

Figueroa CA, AguileraA. The Need for a Mental Health Technology Revolution in the COVID-19 Pandemic. Front
Psychiatry 2020 Jun 3;11:523 [FREE Full text] [doi: 10.3389/fpsyt.2020.00523] [Medline: 32581891]

https://www.jmir.org/2021/3/e26559 JMed Internet Res 2021 | vol. 23 | iss. 3 | €26559 | p. 12

(page number not for citation purposes)


https://mental.jmir.org/2015/1/e7/
http://dx.doi.org/10.2196/mental.3935
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26543913&dopt=Abstract
http://dx.doi.org/10.1037/amp0000181
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29446960&dopt=Abstract
https://play.google.com/store/apps/details?id=gov.va.mobilehealth.ncptsd.covid&hl=en_US&gl=US
https://play.google.com/store/apps/details?id=gov.va.mobilehealth.ncptsd.covid&hl=en_US&gl=US
https://apps.apple.com/us/app/covid-coach/id1504705038
https://apps.apple.com/us/app/covid-coach/id1504705038
https://www.oit.va.gov/Services/TRM/TRMHomePage.aspx
https://mental.jmir.org/2019/3/e11572/
http://dx.doi.org/10.2196/11572
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30896433&dopt=Abstract
https://hqlo.biomedcentral.com/articles/10.1186/1477-7525-5-63
http://dx.doi.org/10.1186/1477-7525-5-63
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18042300&dopt=Abstract
http://dx.doi.org/10.1192/bjp.bp.114.147280
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25792696&dopt=Abstract
https://jech.bmj.com/content/65/Suppl_2/A38.2
http://dx.doi.org/10.1136/jech.2011.143586.86
http://dx.doi.org/10.1001/archinte.166.10.1092
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16717171&dopt=Abstract
http://dx.doi.org/10.1097/MLR.0b013e318160d093
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18388841&dopt=Abstract
https://onlinelibrary.wiley.com/resolve/openurl?genre=article&sid=nlm:pubmed&issn=0884-8734&date=2001&volume=16&issue=9&spage=606
http://dx.doi.org/10.1046/j.1525-1497.2001.016009606.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=11556941&dopt=Abstract
http://europepmc.org/abstract/MED/17874169
http://dx.doi.org/10.1007/s11606-007-0333-y
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17874169&dopt=Abstract
https://www.ptsd.va.gov/professional/assessment/adult-sr/ptsd-checklist.asp
http://dx.doi.org/10.1037/pas0000254
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26653052&dopt=Abstract
http://dx.doi.org/10.1002/jts.22059
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26606250&dopt=Abstract
https://doi.org/10.21037/mhealth.2018.05.07
http://dx.doi.org/10.21037/mhealth.2018.05.07
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30148141&dopt=Abstract
http://europepmc.org/abstract/MED/32302935
http://dx.doi.org/10.1016/j.ajp.2020.102066
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32302935&dopt=Abstract
https://doi.org/10.1002/wps.20472
http://dx.doi.org/10.1002/wps.20472
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28941113&dopt=Abstract
https://mental.jmir.org/2020/11/e23377/
https://mental.jmir.org/2020/11/e23377/
http://dx.doi.org/10.2196/23377
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33245289&dopt=Abstract
http://europepmc.org/abstract/MED/30914003
http://dx.doi.org/10.1176/appi.ps.201800519
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30914003&dopt=Abstract
https://doi.org/10.3389/fpsyt.2020.00523
http://dx.doi.org/10.3389/fpsyt.2020.00523
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32581891&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Jaworski et &

49. TorousJ, JAn Myrick K, Rauseo-Ricupero N, Firth J. Digital Mental Health and COVID-19: Using Technology Today to
Accelerate the Curve on Access and Quality Tomorrow. IMIR Ment Health 2020 Mar 26;7(3):€18848 [FREE Full text]
[doi: 10.2196/18848] [Medline: 32213476]

50. Wind TR, Rijkeboer M, Andersson G, Riper H. The COVID-19 pandemic: The 'black swan' for mental health care and a
turning point for e-health. Internet Interv 2020 Apr;20:100317 [FREE Full text] [doi: 10.1016/j.invent.2020.100317]
[Medline: 32289019]

51. Smith JA, Judd J. COVID-19: Vulnerability and the power of privilege in a pandemic. Health Promot J Austr 2020
Apr;31(2):158-160 [ FREE Full text] [doi: 10.1002/hpja.333] [Medline: 32197274]

Abbreviations

ANOVA: analysis of variance

BIPOC: Black, Indigenous, people of color
GAD-7: Generalized Anxiety Disorder-7

JSON: JavaScript Object Notation

mHealth: mobile health

PCL-5: Posttraumatic Stress Disorder Checklist-5
PHQ-9: Patient Health Questionnaire-9

PTSD: posttraumatic stress disorder

UTC: Coordinated Universal Time

VA: Veterans Affairs

WEMWABS: Warwick-Edinburgh Mental Well-Being Scale

Edited by C Basch; submitted 16.12.20; peer-reviewed by J Ruzek, J Ray; comments to author 04.01.21; revised version received
14.01.21; accepted 17.02.21; published 01.03.21

Please cite as:

Jaworski BK, Taylor K, Ramsey KM, Heinz A, Steinmetz S, Pagano |, Moraja G, Owen JE

Exploring Usage of COVID Coach, a Public Mental Health App Designed for the COVID-19 Pandemic: Evaluation of Analytics Data
J Med Internet Res 2021;23(3): 26559

URL: https.//wwww.jmir.org/2021/3/e26559

doi: 10.2196/26559

PMID: 33606656

©Beth K Jaworski, Katherine Taylor, Kelly M Ramsey, Adrienne Heinz, Sarah Steinmetz, lan Pagano, Giovanni Morgja, Jason
E Owen. Originally published in the Journal of Medical Internet Research (http://www.jmir.org), 01.03.2021. Thisis an open-access
article distributed under the terms of the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/),
which permits unrestricted use, distribution, and reproduction in any medium, provided the original work, first published in the
Journal of Medical Internet Research, is properly cited. The complete bibliographic information, alink to the original publication
on http://lwww.jmir.org/, as well as this copyright and license information must be included.

https://www.jmir.org/2021/3/e26559 JMed Internet Res 2021 | vol. 23 | iss. 3 | €26559 | p. 13
(page number not for citation purposes)

RenderX


https://mental.jmir.org/2020/3/e18848/
http://dx.doi.org/10.2196/18848
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32213476&dopt=Abstract
https://linkinghub.elsevier.com/retrieve/pii/S2214-7829(20)30046-4
http://dx.doi.org/10.1016/j.invent.2020.100317
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32289019&dopt=Abstract
http://europepmc.org/abstract/MED/32197274
http://dx.doi.org/10.1002/hpja.333
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32197274&dopt=Abstract
https://www.jmir.org/2021/3/e26559
http://dx.doi.org/10.2196/26559
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33606656&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

