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Abstract
Background: Adherence to core type 2 diabetes mellitus (T2DM) treatment behaviors is suboptimal, and nonadherence is
generally not limited to one treatment behavior. The internet holds promise for programs that aim to improve adherence. We
developed a computer-tailored eHealth program for patients with T2DM to improve their treatment adherence, that is, adherence
to both a healthy lifestyle and medical behaviors.
Objective: The objective of this study is to examine the effectiveness of the eHealth program in a randomized controlled trial.
Methods: Patients with T2DM were recruited by their health professionals and randomized into either the intervention group,
that is, access to the eHealth program for 6 months, or a waiting-list control group. In total, 478 participants completed the baseline
questionnaire, of which 234 gained access to the eHealth program. Of the 478 participants, 323 were male and 155 were female,
the mean age was 60 years, and the participants had unfavorable BMI and HbA1c levels on average. Outcome data were collected
through web-based assessments on physical activity (PA) levels, caloric intake from unhealthy snacks, and adherence to oral
hypoglycemic agents (OHAs) and insulin therapy. Changes to separate behaviors were standardized and summed into a composite
change score representing changes in the overall treatment adherence. Further standardization of this composite change score
yielded the primary outcome, which can be interpreted as Cohen d (effect size). Standardized change scores observed in separate
behaviors acted as secondary outcomes. Mixed linear regression analyses were conducted to examine the effectiveness of the
intervention on overall and separate treatment behavior adherence, accommodating relevant covariates and patient nesting.
Results: After the 6-month follow-up assessment, 47.4% (111/234) of participants in the intervention group and 72.5% (177/244)
of participants in the control group were retained. The overall treatment adherence improved significantly in the intervention
group compared with the control group, reflected by a small effect size (d=0.27; 95% CI 0.032 to 0.509; P=.03). When considering
changes in separate treatment behaviors, a significant decrease was observed only in caloric intake from unhealthy snacks in
comparison with the control group (d=0.36; 95% CI 0.136 to 0.584; P=.002). For adherence to PA (d=−0.14; 95% CI −0.388 to
0.109; P=.27), OHAs (d=0.27; 95% CI −0.027 to 0.457; P=.08), and insulin therapy (d=0.35; 95% CI −0.066 to 0.773; P=.10),
no significant changes were observed. These results from the unadjusted analyses were comparable with the results of the adjusted
analyses, the per-protocol analyses, and the sensitivity analyses.
Conclusions: Our multibehavior program significantly improved the overall treatment adherence compared with the control
group. To further enhance the impact of the intervention in the personal, societal, and economic areas, a wide-scale implementation
of our eHealth intervention is suggested.
Trial Registration: Netherlands Trial Register NL664; https://www.trialregister.nl/trial/6664
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Introduction

that is, a multibehavior approach, might be more likely to be
effective [7].

Globally, 425 million people aged 20 to 79 years live with type
2 diabetes mellitus (T2DM), with expectations of over 600
million people being affected by 2045 [1]. T2DM is associated
with considerable morbidity and mortality rates; it reduces
patients’ quality of life and life expectancy and poses an
enormous economic and societal burden [1,2]. Guidelines
recommend a series of core treatment behaviors for patients
with T2DM. These include healthy lifestyles, that is, improving
dietary patterns and increasing physical activity (PA) and, if
applicable, adequate adherence to medical strategies such as
oral hypoglycemic agents (OHAs) whether or not combined
with insulin therapy [3,4]. Despite the chronic progressive nature
of T2DM, patients who adhere to these behaviors can live long,
high-quality lives [1].

In addition to the multibehavior approach, other factors may
enhance the effectiveness of interventions that aim to improve
adherence. The internet holds promise for a wide-scale
promotion of behavioral change to facilitate the management
of T2DM [21,24,25]. Internet interventions as a delivery
platform for health promotion and health service activities, also
referred to as eHealth, have been shown to be effective,
cost-effective, easy to use; have fewer availability restrictions
than regular medical consultations; and can temper pressure on
health care systems [26-32]. A more advanced eHealth strategy
applies computer-tailored technology, an effective strategy that
provides patients with tailored content based on unique answers
given to a web-based assessment [33,34]. Further success factors
of eHealth interventions include the application of a theoretical
foundation; provision of interactive tailored content; application
of goal-setting strategies and monitoring tools; identification
of risk behaviors, using visually supported content; and focusing
on distinct behavior change phases, that is, awareness,
motivation, and self-regulation [21,24,25,35,36].

Unfortunately, patients’ adherence to separate behaviors is
inadequate; dietary and PA targets are not met consistently, and
most studies on adherence to medical strategies report adherence
prevalence percentages below 80%, which is generally
considered insufficient adherence [5-9]. Moreover, less than
5% of the patients diagnosed with T2DM adhere to all treatment
behaviors, whereas more than 80% could either improve 2 or
more [7]. Poor adherence can result in suboptimal clinical
treatment benefits, such as disease worsening, an increase in
comorbidity, a reduction in patients’ quality of life, increased
health care expenditures and hospitalizations, and early mortality
[2,10-16].
Nonadherence to core T2DM treatment behaviors such as
healthy lifestyles and taking medication is a complex process
and a result of an interaction of multiple factors, including social
and economic factors, the health care system, characteristics of
the disease and therapy, and patient-related factors [17,18].
Although all these factors provide relevant entries for targeting
nonadherence, most are difficult to change, and if changed, they
may only affect adherence improvements indirectly through
patient factors [18]. However, patient-related factors (eg,
awareness, beliefs, motivation, self-regulatory capacities) have
been shown to be relatively changeable and have a direct impact
on treatment adherence [19]. Hence, these determinants need
to be addressed in interventions aimed at improving treatment
adherence.
Several patient-focused interventions already exist that aim to
improve treatment adherence. Most of these interventions
pursued improvements in adherence to blood glucose–lowering
medication [20-22], of which a minority showed significant
improvements in medication adherence and glycemic control.
Glycemic control is, however, not only the result of medication
adherence but also greatly affected by (un)healthy lifestyle
behaviors [18,23]. Therefore, interventions that target a
combination of both healthy lifestyle and medical behaviors,
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However, a recent review on eHealth interventions supporting
T2DM management [25] concluded that only one of the 9
included studies reported significant improvements in dietary
behavior and PA [36]. Generally, such eHealth interventions
often include little interactive content and tailored strategies,
are mainly text based, make little use of theoretical foundations
and technology, and focus on separate behaviors that play a role
in the management of T2DM instead of combining behaviors
[21,24,25,35], which may explain the relatively poor results of
available interventions.
Hence, eHealth interventions aimed at T2DM treatment
adherence might be significantly improved by building on a
theoretical base, incorporating computer-tailored technology,
providing interactive and visually supported content, and
applying a multibehavior approach.
Therefore, we developed an eHealth program for patients with
T2DM, including the abovementioned success factors, to
improve treatment adherence to core T2DM treatment behaviors,
that is, healthy lifestyle and medical behaviors. The main aim
of this study is to examine the effectiveness of this program on
overall treatment adherence in a randomized controlled trial
(RCT). In addition, we examined changes to separate treatment
behaviors as a result of the program.

Methods
Study Design
We conducted an RCT including an intervention group and
waiting-list control group to examine the effectiveness of a
novel eHealth program, My Diabetes Profile (MDP), on
treatment behavior adherence in patients with T2DM. A more
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extended description of the program, including its development
and content and a trial protocol, is available elsewhere [37].
The study was evaluated and approved by the Medical Ethics
Committee of Maastricht University Medical Centre (16-4-171).
The committee concluded that no ethical clearance was needed
according to the rules and regulations of the Medical Research
Involving Human Subjects Act. The trial is registered in the
Netherlands Trial Register (NL6664).

MDP Program
The MDP program aims to improve patient adherence to core
T2DM treatment behaviors. This implies improving PA levels;
decreasing caloric intake from unhealthy snacks, as this emerged
as a major issue in the diet of patients with T2DM in our
preliminary work [38]; and increasing adherence to medical
strategies, that is, OHAs whether or not combined with insulin
therapy [3,4]. A screenshot of the main menu of the MDP
program is presented in Multimedia Appendix 1.
The MDP program is theoretically grounded in the Integrated
Change Model, which integrates various acknowledged
sociocognitive theories that assume a deliberate process when
someone engages in (health) behavior [39-43]. The model has
frequently been applied to map salient sociocognitive
determinants of health behavior and to develop effective
web-based computer-tailored interventions aimed at health
behavior change accordingly [44,45]. The MDP program is
self-guided and facilitated through periodic prompts and
reminders to stimulate program engagement and completion.
The program provides web-based text and video feedback
messages, tailored to determinants and underlying salient beliefs
of health behavior change such as knowledge, attitudes,
self-efficacy, goal setting, and action planning [43]. The program
is divided into 2 nearly identical blocks, each available to users
for 3 months. Each block consists of 3 sessions: (1) health risk
appraisal; (2) awareness and motivation; and (3) goal setting,
action planning, and self-regulation.
The health risk appraisal session provides patients with
interactive and tailored content on their risk behaviors.
Primarily, adherence levels are assessed for all behaviors the
patient was involved in. For behaviors subject to improvement,
the participants’ intention to change that behavior is assessed.
The final part of the first session enables patients to select a
single improvable behavior, which will be their focus for the
following 3 months while working with the MDP program. In
the event of meeting all guideline targets, patients are prompted
to select PA as Dutch guidelines recommend any PA beyond
the minimum weekly standard of 150 min [46]. A patient who
selects a behavior that is accompanied by a low intention to
change is navigated to the awareness and motivation session.
This second session aims to raise patients’ awareness of the
need to improve their particular behavior and to increase
motivation, with the ultimate purpose of achieving a high
intention to change. If a high intention to change is achieved,
after either session 1 or session 2, the patient is directed to
session 3 on goal setting, action planning, and self-regulation.
This session aims to increase the likelihood of a successful
translation of the expressed intention into subsequent behavior.
This process is facilitated by setting small and realistic goals;
https://www.jmir.org/2021/2/e18524
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forming action plans on where, when, and how to perform the
behavior; and forming self-regulation strategies to cope with
barriers or situations that may impede adherence.

Participants and Procedure
In the Netherlands, patients usually visit their nurses every 3
months, under the supervision of a physician [3]. Therefore,
these nurses were considered to be in an ideal position to recruit
patients for this trial. Nationwide, nurses were approached via
email, telephone calls, letters to their work address, and social
media platforms (eg, LinkedIn and Facebook). They could sign
up for the study by contacting the research team directly or by
registering via the project website. Nurses were asked to recruit
at least eight patients within a period of 6 months. Inclusion
criteria for patients were (1) T2DM diagnosis for at least one
year, (2) being 40 to 70 years old, (3) using at least one form
of oral blood glucose–lowering drugs or insulin, and (4) having
no walking disability. Exclusion criteria were (1) not speaking
or understanding the Dutch language, (2) having no access to
the internet, and (3) using an insulin pump.
After recruitment, nurses filled a brief web-based registration
form consisting of the participant’s name, telephone number
(optional), birth date, most recent HbA1c level (a measure for
glycemic control), the year of diabetes diagnosis, current
diabetes medical strategy, and email address. Once registered,
patients received an email, including log-in data, which
primarily provided access to additional study and procedure
information before providing informed consent. Participants
would then fill the baseline questionnaire after which they were
randomly allocated to either the intervention group (receiving
program access for 6 months) or the control group (receiving
care as usual). Individuals allocated to the control group were
informed about their group allocation after baseline completion
and notified that they would be invited for the follow-up
assessment 6 months later. Moreover, they were informed about
the possibility of accessing the MDP program after completing
the follow-up assessment as part of the waiting-list control
group. Randomization occurred at the individual level by means
of computer software randomization. After randomization,
nurses were able to review if their patients were allocated to the
intervention or control group. For patients who received access
to the MDP program, a brief summary of the patient’s activity
and progress in the program was available to the particular
nurse, which could voluntarily be discussed in subsequent
face-to-face sessions [37].

Measurements
The baseline questionnaire included 131 questions on
demographic characteristics, comorbidities, smoking status,
current PA levels, caloric intake from unhealthy snacks, and
adherence to OHAs whether or not combined with insulin
therapy. The questionnaires were identical for both trial groups.

Demographic Characteristics
Demographics assessed only at baseline included the
participant’s gender (male or female), age, education level (low:
no education up to lower technical education; medium: general
secondary education up to secondary vocational education; or
high: school of higher general secondary education up to
J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 3
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university degree), body length, and nationality. Living
arrangement (together or alone), net income (under or above
average), work status (salaried or self-employed, no salaried
employment, retired or disabled or incapacitated), T2DM
medication type (oral blood glucose–lowering medication,
insulin therapy, or a combination), and body weight were
assessed at both baseline and follow-up. BMI was calculated
as weight per length2.

Comorbidities
Questions on comorbidity assessed, at baseline only, whether
participants were affected in the past or currently have
conditions, including depression, stroke, heart failure,
myocardial infarction, cancer, chronic obstructive pulmonary
disease or asthma or bronchitis, rheumatoid arthritis or
osteoarthritis, and Crohn disease.

PA
PA levels were assessed using the validated Short Questionnaire
to Assess Health-Enhancing Physical Activity (SQUASH) [47].
SQUASH assesses various domains of PA, for which the
average daily hours and minutes, and the number of days per
week activities are carried out, are reported. Each domain
corresponds to a specific metabolic equivalent of task (MET)
value, an intensity and energy expenditure ratio of a task
compared with energy expenditure while at rest [48]. As national
guideline targets recommend at least moderate PA, that is, ≥3
MET, and because SQUASH includes 2 activities, that is, <3
MET, these activities were excluded [49]. The cumulative
number of weekly PA minutes was calculated accordingly.

Unhealthy Snack Intake
Weekly caloric unhealthy snacks intake was assessed using a
self-administered food frequency questionnaire (FFQ). The FFQ
includes unhealthy snacks identified by earlier studies,
complemented with snacks commonly consumed in the
Netherlands [50,51]. The unhealthy snacks listed in the FFQ
are translated into a particular amount of calories consumed,
based on the calorie database of the Dutch nutrition center [52].
A total of weekly caloric intake was calculated based on the
participant’s intake from unhealthy snacks.

OHA Adherence
Oral drug adherence was measured using the Probabilistic
Medication Adherence Scale (ProMAS) questionnaire [53]. The
scale includes 18 items that assess a variety of adherence
behaviors. To reduce potential recall bias, a period of 3 months
was added to every item [54]. This period was chosen because,
in the Netherlands, most patients visit their nurse quarterly, and
this visit comprises discussing treatment adherence and if
pharmacological changes are needed [3]. A sum score was
calculated for the 18 items, ranging from 0 to 18, with higher
scores representing better adherence.

Insulin Therapy Adherence
Insulin therapy adherence was assessed through an adapted
version of the ProMAS questionnaire and included 9 items that
were assessed over a 3-month period. Nonrelevant items, that
is, items that did not distinguish between adherence and
nonadherence to insulin therapy were removed [37]. A sum
https://www.jmir.org/2021/2/e18524
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score was calculated for the 9 items, ranging from 0 to 9, with
higher scores representing better adherence.

Primary Outcome, Primary End Point, and Power
Calculation
The primary outcome was the composition score of changes in
separate treatment behaviors addressed in the program. To create
such a composition score, changes in each treatment behavior,
that is, changes in PA levels, caloric intake from unhealthy
snacks, and OHA and insulin therapy adherence, were
standardized into separate change scores. For each treatment
behavior in each participant, baseline scores were subtracted
from the follow-up scores, yielding a change score. The change
score for caloric intake was reversed as the program aimed to
decrease caloric intake from unhealthy snacks. To standardize
the outcomes of the different behaviors, given the varying units
of measurement, the change score of each participant was
divided by the pooled SD of the change scores of this specific
behavior [55]. The pooled SD of the change scores of both trial
groups was used. Finally, per participant, these separate
standardized change scores were then summed into a composite
change score [56].
The composite change score was transformed, that is,
standardized further, to be interpreted as Cohen d (effect size),
by dividing it for each participant by the pooled SD of these
composite change scores. Again, the pooled SD of the composite
change scores of both trial groups was used. The standardized
composite change score is the primary outcome and Cohen d
is the primary end point of this study.
The power calculation was based on the primary outcome. We
aimed to detect a difference in the mean of the primary end
point between trial groups of 0.4 in a two-tailed test at a 5%
type I error rate [57]. Considering an intraclass correlation
coefficient of 0.02 and a statistical power of 80%, 116
participants per trial group would be sufficient for the trial’s
follow-up assessment [58]. Given an expected attrition rate of
50%, we aimed to include 464 participants with a completed
baseline assessment.

Secondary Outcomes: Changes in Separate Treatment
Behaviors
In addition to calculating a standardized composite change score,
separate changes in PA levels, caloric intake by unhealthy
snacks, and OHA and insulin therapy adherence were calculated.
A standardized change score per treatment behavior was
calculated per participant by subtracting the baseline score from
the follow-up score, yielding a change score. Subsequently, the
change score of each participant was divided by the pooled SD
of the change scores of this specific behavior, as described above
[55]. The difference in the means of these standardized change
scores between the intervention and control group can again be
interpreted as Cohen d, indicating the effect size for separate
treatment behaviors [57].

Statistical Analyses
All analyses were conducted using SPSS version 24.0, with a
5% significance level. Frequency and descriptive analyses were
used to describe the sample characteristics. Primary and
J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 4
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secondary outcomes were analyzed according to the
intention-to-treat principle. As participants were nested within
nurses participating in the trial, linear mixed regression analyses
were conducted to assess the effectiveness of the MDP program.
Covariates in the model were included based on the assumptions
of the theoretical framework that was applied in this study, and
included gender, age, education level, net income, living
arrangement, work status, BMI, HbA1c level, T2DM medication
type, recruitment nurse type, and depression status. Results from
the unadjusted and adjusted analyses are presented for the
primary and secondary outcomes.
Multiple imputation was used for missing values on covariates
and outcome variables, which is valid under the assumption
that values are missing at random [59,60]. In addition, sensitivity
analyses were performed. These consisted of per-protocol
analyses and imputation scenarios involving participants of
whom the primary outcome was not available. For the
per-protocol analyses, results of the unadjusted analyses were
presented for the primary and secondary outcomes. For the
imputation scenarios, 4 different imputation scenarios were
performed for the primary outcome: 2 optimistic and 2
pessimistic scenarios. In the optimistic scenarios, we assumed
that, compared with the per-protocol analysis, dropouts
improved in the primary outcome, whereas in the pessimistic
scenarios, we assumed that they deteriorated. For both the
optimistic and pessimistic scenarios, 2 imputation variants were
performed, as attrition was unequal in the groups of the trial,
and this imbalance might have affected the results of the
analysis. In the equal variant, the imputed value was drawn for
both the intervention and control groups assuming a normal
distribution of the outcome with a mean equal to the condition
mean +/−1×SD. In the unequal variant, we used either a mean
equal to the intervention mean +/−1×SD for the intervention
group or a mean equal to the control mean +/−1.5×SD in the
control group. This unequal variant reflects the possibility that
the outcome on the average either improved or deteriorated to
a lesser extent in the participants of the intervention group,
compared with the control group. More effort was required from
the participants of the intervention group, which may have
affected attrition.
Logistic regression analysis was applied to examine selective
attrition after randomization regarding background
characteristics, including gender, age, education level, net
income, living arrangement, work status, BMI, HbA1c level,
T2DM medication type, recruitment nurse type, depression
status, and trial condition. In addition, we examined whether
participants varied in their baseline adherence to treatment
behaviors based on their retention status.
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Results
Sample Characteristics
Figure 1 shows the flow of participants throughout the trial from
initial recruitment and registration by nurses to the completion
of the follow-up assessment and requested program access by
control group participants. In total, 669 participants were
registered in the program. Overall, 75.9% (508/669) of
participants signed the web-based informed consent. Overall,
94.1% (478/508) of participants completed the baseline
assessment and were randomly allocated to either the
intervention group (234/478, 48.9%) or control group (244/478,
51.0%).
The baseline sample of participants (Table 1) had a mean age
of 60.2 (SD 6.78) years, approximately one-third were female,
and 40.2% (192/478) were less educated. Most participants
lived with their partners. A slight majority of the participants
used OHAs as the only medication to control their blood glucose
levels, whereas approximately one-third applied a combination
of insulin and OHAs. The participants had unfavorable HbA1c
levels and BMI on average.
On average, patients could improve their three treatment
behaviors. At the first occasion to select a single treatment
behavior, most MDP participants chose to improve their PA
levels (88/203, 43.3%), followed by decreasing unhealthy snacks
intake (66/203, 32.5%), improving OHA adherence (39/203,
19.2%), and improving insulin therapy adherence (10/203,
4.9%). After 3 months, most participants chose to improve PA
levels (46/104, 44.2%), followed by decreasing unhealthy snacks
intake (39/104, 37.5%), improving OHA adherence (15/104,
14.4%), and improving insulin therapy adherence (4/104, 3.8%).
Overall, 41.3% (43/104) of the participants chose the same
behavior to improve on at the second occasion as at the start of
the program. A total of 3 participants met all guideline targets,
either on the first or on the second occasion, and were therefore
prompted to select PA, as this was considered improvable
regardless of the initial level [37].
The 6-month follow-up assessment was completed by 60.2%
(288/478) of participants; 47.4% (111/234) in the intervention
group and 72.5% (177/244) in the control group (Figure 1).
Control participants were more likely to be retained in the study
(OR 2.93, 95% CI 2.001 to 4.283; P<.001). Dropouts did not
differ from those who were retained in terms of background
characteristics and baseline adherence to treatment behaviors.
About one-third of the control group participants requested
program access, offered as part of the waiting-list control design,
at the end of the study.
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Figure 1. Participant and randomization flow throughout the trial.
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Table 1. Sample characteristics of patients at baseline and comparison of baseline characteristics between the intervention group (n=234) and control
group (n=244).
Characteristic

Intervention group (n=234)

Control group (n=244)

Age in years, mean (SD)

60.9 (6.3)

59.4 (7.1)

Gender (female), n (%)

76 (32.5)

79 (32.4)

Low

90 (38.5)

102 (41.8)

Middle

56 (23.9)

52 (21.3)

High

85 (36.3)

86 (35.2)

Missing data

3 (1.3)

4 (1.9)

Together with partner

182 (77.8)

188 (77)

Alone

52 (22.2)

55 (22.5)

Missing data

N/Aa

1 (0.4)

Salaried or self-employed

96 (41.0)

111 (45.5)

No salaried employment

35 (15.0)

39 (16.0)

Retired

75 (32.0)

70 (28.7)

Disabled or incapacitated

28 (12.0)

24 (9.8)

Under-average income

60 (25.6)

70 (28.7)

Above-average income

116 (49.6)

122 (50.0)

Missing data

58 (24.8)

52 (21.3)

OHAb only

143 (61.1)

151 (61.9)

Insulin therapy only

11 (4.7)

21 (8.6)

OHA and insulin therapy

80 (34.2)

72 (29.5)

Practice nurse

165 (70.5)

177 (72.5)

Diabetes nurse

69 (29.5)

67 (27.5)

224 (95.7)

228 (93.4)

10 (4.3)

16 (6.6)

56.6 (11.8)

57.1 (11.8)

BMI (kg/m2), mean (SD)

30.8 (4.9)

31.2 (5.1)

OHA adherence score, mean (SD)

13.5 (3.5)

12.9 (4.0)

IT adherence score, mean (SD)

7.4 (1.8)

7.9 (1.6)

Physical activity (min), mean (SD)f

868 (1031)

764 (796)

Snack intake (cal), mean (SD)f

1746 (1435)

1676 (1375)

Education level, n (%)

Living arrangement, n (%)

Work status, n (%)

Net income, n (%)

Diabetes medication type, n (%)

Recruitment nurse, n (%)

Depression status, n (%)
Never or in the past
Current
HbA1cc

(mmol/mol), mean (SD)

d

e

a

N/A: not applicable.

b

OHA: oral hypoglycemic agent.

c

HbA1c: glycosylated hemoglobin.

d

This equals an HbA1c of 7.4%.
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IT: insulin therapy.

f

Average number of weekly minutes or calories.

Effect Analyses on Primary Outcome (Overall
Treatment Adherence)
The results of the unadjusted and adjusted linear mixed
regression analyses for the primary outcome are shown in Table
2. The result of the unadjusted analysis shows that allocation
to the MDP program had a significant small effect on overall

https://www.jmir.org/2021/2/e18524

XSL• FO
RenderX

treatment adherence (d=0.27; 95% CI 0.032 to 0.509; P=.03).
The adjusted result showed a similar small effect (d=0.25; 95%
CI 0.010 to 0.495; P=.04). In total, 77.5% (86/111) of the
participants in the intervention group showed improvement in
overall treatment adherence compared with 60.5% (107/177)
in the control group.
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Table 2. Results of linear mixed regression analysis on multiple imputed data sets: unadjusted and adjusted model.
Linear mixed regression analysis

Regression coefficient (Cohen d)

95% CI

t test (df)

P value

Intervention group

.27

0.032 to 0.509

2.229 (306.60)

.03

Control groupa

N/Ab

N/A

N/A

N/A

Intervention group

0.25

0.010 to 0.495

2.05 (302.34)

.04

Control groupa

N/A

N/A

N/A

N/A

−0.01

−0.032 to 0.014

−0.78 (558.01)

.43

Practice nurse

−0.05

−0.370 to 0.271

−0.31 (223.18)

.76

Diabetes nursea

N/A

N/A

N/A

N/A

0.01

−0.182 to 0.375

0.68 (454.77)

.50

−0.06

−0.572 to 0.451

−0.23 (288.59)

.82

OHA and insulin therapy

N/A

N/A

N/A

N/A

HbA1cd

0.01

−0.005 to 0.019

1.19 (195.41)

.23

0.12

−0.650 to 0.407

−0.45 (307.75)

.65

N/A

N/A

N/A

N/A

Male

−0.10

−0.381 to 0.174

−0.73 (259.33)

.46

Femalea

N/A

N/A

N/A

N/A

Age (years)

−0.01

−0.030 to 0.016

−0.59 (354.14)

.56

Salaried or self-employed

−0.41

0.818 to 0.004

−1.95 (321.68)

.05

No salaried employment

−0.56

−1.049 to −0.077

−2.28 (277.27)

.02

Retired

−0.28

−0.733 to 0.167

−1.24 (319.11)

.22

Disabled or incapacitateda

N/A

N/A

N/A

N/A

Together with a partner

0.22

−0.082 to 0.522

−1.43 (291.29)

.15

Alonea

N/A

N/A

N/A

N/A

Low

−0.37

−0.668 to −0.069

−2.42 (261.03)

.02

Middle

−0.01

−0.308 to 0.288

−0.07 (602.33)

.95

Higha

N/A

N/A

N/A

N/A

Under-average income

0.28

−0.095 to 0.659

1.48 (147.14)

.14

Above-average incomea

N/A

N/A

N/A

N/A

Unadjusted model (trial group)

Adjusted model (trial group)

BMI
Recruitment nurse

Diabetes medication type
OHAc only
Insulin therapy only
a

Depression status
Never or in the past
Current

a

Gender

Work status

Living arrangement

Education level

Net income

a

Reference category.

b

N/A: not applicable.

c

OHA: oral hypoglycemic agent.
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d

HbA1c: glycosylated hemoglobin.

Effect Analyses on Secondary Outcomes (Separate
Behavior Adherence)
The results of unadjusted linear mixed regression analyses for
the secondary outcomes are shown in Table 3; the results of the
adjusted analyses are presented in Multimedia Appendix 2. The
results of the unadjusted analyses show that allocation to the
MDP program had a significant small-to-medium effect on the

decrease in caloric intake from unhealthy snacks (d=0.36; 95%
CI 0.136 to 0.584; P=.002). The effects of oral hypoglycemic
adherence (d=0.22; 95% CI −0.027 to 0.457; P=.08) and insulin
therapy adherence (d=0.35; 95% CI −0.066 to 0.773; P=.10)
were small but not significant. No effect was observed for PA
(d=−0.14; 95% CI −0.388 to 0.109; P=.27). The results of the
adjusted analyses of the secondary outcomes remained roughly
equal to those of the unadjusted analyses.

Table 3. Results of the linear mixed regression analyses for separate treatment behaviors on multiple imputed data sets: unadjusted models.
Unadjusted models

Regression coefficient (Cohen d)

95% CI

t test (df)

P value

Intervention group

0.22

−0.027 to 0.457

1.748 (338.47)

.08

Control groupb

N/Ac

N/A

N/A

N/A

Intervention group

0.350.35

−0.066 to 0.773

1.658 (278.49)

.10

Control groupb

N/A

N/A

N/A

N/A

Intervention group

−0.14

−0.388 to 0.109

−1.107 (235.32)

.27

Control groupb

N/A

N/A

N/A

N/A

Intervention group

0.36

0.136 to 0.584

3.150 (474.10)

.002

Control groupb

N/A

N/A

N/A

N/A

OHAa score

ITd score

PAe level

Snack intake

a

OHA: oral hypoglycemic agent.

b

Reference category.

c

N/A: not applicable.

d

IT: insulin therapy.

e

PA: physical activity.

Sensitivity Analyses
Table 4 shows the adherence scores at baseline and follow-up
per trial group and the results of the unadjusted per-protocol
analyses. The effects on the primary and secondary outcomes
were comparable with the intention-to-treat analyses. The results
of the optimistic and pessimistic sensitivity analyses for the
primary outcome partially reflected the results of the
intention-to-treat and per-protocol analyses. After replicating
the unadjusted linear mixed regression analyses following an
equal and unequal optimistic imputation scenario, the
intervention effect remained significant both under the equal
(d=0.39; 95% CI 0.201 to 0.579; P<.001) and the unequal
imputation (d=0.33; 95% CI 0.120 to 0.537; P=.002). Following
an equal and unequal pessimistic imputation scenario, the
intervention effect became nonsignificant under the equal
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(d=−0.13; 95 CI −0.353 to 0.090; P=.25) and unequal
imputation (d=−0.04; 95% CI −0.271 to 0.189; P=.73).
In the intervention group, 73.9% (82/111) of the participants
reduced their intake of unhealthy snacks compared with 54.2%
(96/177) in the control group. One participant in the control
group did not change in unhealthy snack score. With regard to
oral blood glucose–lowering medication, 50.5% (52/103) of the
intervention group participants improved their adherence
compared with 42.9% (70/163) in the control group. 24.3%
(25/103) of the participants in the intervention group did not
change in OHA score compared with 20.9% (34/163) in the
control group. With regard to insulin therapy adherence, 30.2%
(13/43) of the participants in the intervention group improved
their adherence compared with 27.9% (19/68) in the control
group. Furthermore, 58.1% (25/43) of the participants in the
intervention group did not change in insulin therapy score
compared with 55.9% (38/68) in the control group.
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Table 4. Adherence scores per trial group at baseline and follow-up, and the unadjusted per-protocol analyses for primary and secondary outcomes.
Treatment behavior

a

Adherence scores in the intervention
group, mean (SD)

Adherence scores in the control group, Cohen d (95% CI)
mean (SD)

t test (df)

P value

Baseline

Follow-up

n (%)

Baseline

Follow-up

n (%)

Overall adherence

N/Aa

N/A

111
(47.4)

N/A

N/A

177
(72.5)

0.24 (0.005 to
0.481)

2.006 (286) .046

OHAb score

13.4 (3.4)

14.3 (3.6)

103
(44.0)

13.1 (3.8)

13.4 (3.6)

163
(66.8)

0.18 (−0.070 to
0.423)

1.407 (264) .16

ITc score

7.4 (1.8)

8.0 (1.6)

43 (18.4)

7.7 (1.7)

7.9 (1.7)

68
(27.9)

0.28 (−0.102 to
0.658)

1.453 (109) .15

PAd levele

865 (1141)

833 (741)

111
(47.4)

789 (769)

884 (777)

177
(72.5)

−0.07 (−0.265 to
0.130)

−0.675
(286)

Snack intakef

1857 (1330)

1269 (1182)

111
(47.4)

1656 (1331)

1496 (1108)

177
(72.5)

0.38 (0.098 to
0.661)

2.655 (286) .009

.50

N/A: not applicable.

b

OHA: oral hypoglycemic agent.

c

IT: insulin therapy.

d

PA: physical activity.

e

Average number of minutes per week.

f

Average number of calories per week.

Discussion
Principal Findings and Comparison With Previous
Work
This study examined the effectiveness of a novel web-based,
computer-tailored program, MDP, on overall adherence to core
treatment behaviors in patients with T2DM. In addition, we
explored the effects of the MDP program on each separate
behavior. The MDP program improved overall adherence with
a small, significant effect size. With regard to changes in
adherence to each separate behavior, a small-to-medium
significant effect size was observed for decreasing caloric intake
from unhealthy snacks. Despite observing small-to-medium
effect sizes for medication-taking behaviors, these showed no
significance. With regard to adherence to PA, no significant
changes were observed.
Our study focuses on improving adherence to multiple treatment
behaviors in T2DM and is, to our knowledge, the first to
subsequently quantify program effects in terms of the overall
effect size. Generally, intervention studies put limited emphasis
on exploring the overall change across risk behaviors [56]. Most
studies focused on improving separate treatment behaviors, and
the few targeting multiple risk behaviors have mainly examined
changes in separate risk behaviors [24,25]. When risk behaviors
co-occur, which is the case in the vast majority of patients with
T2DM, the adverse effects on health and health outcomes are
the largest [7,55,56]. Evaluating the effect of multibehavior
interventions requires methods to quantify changes across
several behaviors. Prochaska et al [55] supported quantifying
the overall change in multiple behaviors by first calculating
standardized change scores of each separate behavior and
subsequently adding these scores [56,61]. However, although
the application of such a composite change score has
considerable advantages, it may be difficult to interpret as it is
an abstract number. After further transforming this score,
https://www.jmir.org/2021/2/e18524
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treatment effects can be interpreted as effect sizes (Cohen d),
thereby increasing the interpretability of the observed results.
Such an effect size also allows for comparison between distinct
multibehavior interventions and examines the overall impact
on health behavior change, which is not possible when focusing
on changes in separate behaviors [56,62]. We recommend future
studies to report multibehavior intervention effects in terms of
effect sizes to improve interpretability and allow comparisons
across studies.
Findings from this study appear to be robust and credible
because the results of the unadjusted and adjusted
intention-to-treat analyses were comparable with the
per-protocol and sensitivity analyses. However, in the
pessimistic missing data imputation scenarios, the main effect
of the intervention became nonsignificant. Probably, the
complete case scenario is the most accurate reflection of the
actual intervention effect in this case because the attrition
analysis revealed that differential attrition with regard to the
demographic characteristics of the participants was absent
[63-65].
When inspecting the nature of the overall effect and looking at
the individual behaviors, we observed small-to-medium effect
sizes for caloric intake from unhealthy snacks (d=0.36), insulin
therapy adherence (d=0.35), OHA adherence (d=0.22), and a
negligible effect size for PA (d=−0.14). Of these effects, only
the effect for caloric intake was significant. Our results are in
line with an earlier RCT in patients with T2DM on the effects
of a web-based diabetes support program [37]. Directly after a
4-month intervention, significant improvements in healthy eating
(d=0.32), fat intake (d=0.28), and PA (d=0.19) were observed
in this trial; however, a negligible effect was observed for
medication taking [36]. The effects in both our study and the
aforementioned study may be related to specific success factors
of eHealth interventions. Both interventions incorporated a
theoretical foundation, interactive tailored content, and
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addressed multiple behaviors involved in the treatment of
T2DM. Although it is difficult to examine the exact effect of
such success factors, our findings support the conclusion that
interventions applying sound theoretical motivational theories
as a basis, interactive tailored content, and a multibehavior
approach can have relevant effects [21,24,25,35,36].
A significant effect of our program was seen on eating behavior,
that is, a decrease in caloric intake from unhealthy snacks.
Improving dietary patterns in patients with T2DM is
multifaceted, and generally, a decrease in fat intake is strived
for [30,66]. Intake of unhealthy snacks recently emerged as a
major novel issue in diets of patients with T2DM, according to
both health professionals and patients themselves [38], and
about a third of our participants selected this behavior to
improve in the MDP program. Perhaps, the novelty of this diet
topic and the detailed health risk appraisal complemented with
personal feedback may have informed and alerted patients in
such a way that they were triggered to successfully pursue a
decrease in their caloric intake via snacks [67]. However, more
research is needed to examine why a significant effect of our
program occurred in caloric intake from unhealthy snacks.
No significant effects were observed for OHA and insulin
therapy adherence and for PA. Observing no effects on PA
levels seems to be common in digital multibehavior intervention
studies [31,45,61,68-71]. However, PA was the behavior most
often chosen by patients, and they were provided with a detailed
health risk appraisal on their current PA levels. A more detailed
analysis revealed that these patients had a high willingness to
increase their PA and almost all could have chosen other topics
to improve; therefore, they were not forced to pursue PA
improvements. There are several potential explanations for the
lack of any effect on the PA of our program. Patients could have
overestimated their need and willingness to improve PA levels,
as on average in this group, guideline targets were six-fold
higher than the target of 150 min PA per week [72]. Note that
these were self-reported values and were probably an
overestimation, as several studies have shown that many persons
are unable to reliably estimate their PA levels [73]. Using
modern technology, such as accelerometers, this barrier might
be overcome in the future [72]. It may also be that patients chose
PA, as opposed to medication adherence improvements, as
patients considered healthy lifestyle domains as more crucial
to their health than medication taking [74,75]. Although
improvements emerged in the other domains, that is, intake of
unhealthy snacks, it might have been that improvements in this
behavior required considerable self-control efforts. In turn,
self-control spent on decreasing caloric intake may have
depleted resources for further volitional efforts, such as
improving or maintaining already high PA levels [76]. In fact,
recent studies indeed show that high levels of self-control are
required to translate short-term intentions into pursued PA
improvements [77]. However, further research is needed to
determine why multibehavior internet interventions seem to
have such a limited effect on PA levels. For instance, reasons
for failure could be explored in-depth using qualitative
interviews, to analyze whether specific and effective action
plans were made and whether PA plans were combined with
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other adherence activities that could have led to overdepletion
in certain patients [76,78].

Strengths and Limitations
Primarily, the multibehavior approach to improve treatment
adherence is a strength of our study. Existing interventions have
largely focused on improving single behaviors, whereas the
management of T2DM is multifaceted and treatment
nonadherence co-occurs across treatment behaviors. Second,
the program was theory based and applied previously identified
success factors for effective web-based self-management
programs. Third, our nationwide recruitment and quite robust
findings enhance the generalizability and credibility of our
results. In fact, in a large Dutch survey study investigating
characteristics of Dutch patients with T2DM, the distribution
of education level, average age, living arrangement, paid
employment, HbA1c level, and BMI were comparable with the
sample characteristics in our study [79]. In our study, slightly
more people used T2DM medications, as this was a study
requirement. Fourth, our study improved interpretability of the
analysis results on the mean difference between intervention
and control by transforming it into an effect size, which may
also simplify comparisons of results of similar interventions in
meta-analyses [57]. Moreover, changes in all behaviors were
incorporated in the primary outcome, including changes to those
behaviors that patients did not choose to receive feedback on
in the intervention. Although this could potentially have reduced
the effect identified, the overall score allowed us to correct our
findings for changes in other behaviors (ie, improvements or
compensation trade-offs) [74,80]. Finally, the attrition rate in
our study was 53% in the intervention group and 27.5% in the
control group. We did not observe differences between the
participants who dropped out and those who did not; however,
we cannot exclude that this might have affected our results.
Moreover, the higher dropout rate in the intervention group
could perhaps be a consequence of the necessary time
investment. However, these results seem favorable as attrition
rates reaching 60% to 80% are common in web-based
interventions [81-83]; however, use of the program could
probably be further stimulated by integrating it more in daily
care. Feedback from noncompleters could yield valuable input
to explore and improve retention rates and should therefore be
addressed in future trials.
The limitations of our study are mainly methodological in
nature. First, adherence data were collected through self-report
questionnaires, which can be prone to social desirability issues
and behavior overestimation [73,84]. To reduce the social
desirability issue, future trials should consider objective
measurement instruments for behaviors where this is possible,
for example, accelerometers for PA and electronic monitor
systems for medication adherence. However, the impact of such
biases within this trial was likely reduced by applying baseline
follow-up change scores and identical adherence assessments
for participants in both trial groups. Second, we did not assess
clinical outcomes such as glycemic control. However, as we
did not include a postintervention follow-up period, it may be
unlikely that such outcomes will be observed immediately after
our intervention. Third, the nurses in our study were not blinded.
For intervention group participants, nurses could voluntarily
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review and discuss the patient’s activity and progress in the
program. However, it should be noted that nurses were not
involved in the outcome assessment. Fourth, despite the
advantages of a waiting-list control design that allows control
participants to access the intervention after trial completion,
some limitations apply such as a potential overestimation of
treatment effects and delayed change by control group
participants [85]. In our trial, however, the control group
improved marginally in all outcomes, which may indicate a
Hawthorne effect—the awareness of participants of being
studied and the possible effect on behavior as a result—which
is in accordance with trials not employing a waiting-list design
[86]. Finally, we did not assess the long-term effects of our
MDP program.

Conclusions and Implications
The MDP program yielded larger improvements in overall
treatment adherence postintervention, compared with our control
group, reflected by a small overall effect size. Changes in
separate behaviors yielded a significant small-to-medium effect
size for decreasing caloric intake from unhealthy snacks,
whereas small-to-medium but statistically nonsignificant effects
were
observed
for
medication-taking
behaviors.
Small-to-medium effect sizes, as observed in our study, may
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be of importance when multiplied to the population level [36],
as the impact of the program depends not only on its
effectiveness but also on its reach. To increase the reach of the
MDP program, dissemination challenges could be explored, for
example, if the current and scalable recruitment strategy is
feasible in practice. Researchers could investigate health
professionals’ willingness to adopt and implement the MDP
program and whether reviewing the patient’s activity in the
program is of added value to the professional. Implications for
research include conducting a cost-effectiveness evaluation and
a process evaluation. A process evaluation could yield
information on the appreciation of the program, its working
mechanisms, and adherence to the intervention and provide
insights into the reasons for dropping out of the program. In
addition, research could investigate long-term intervention
effects and effects of the program on biomedical and societal
outcomes such as glycemic control and quality of life. Further
research could investigate the need for a more refined, composite
score that may address the relative importance of different
treatment elements in improving T2DM management. Finally,
more research is needed to investigate how PA levels could be
improved or maintained through eHealth interventions that aim
for adherence improvements in multiple T2DM behaviors.

Acknowledgments
This work was supported by the MUMC+ (Maastricht University Medical Centre) Strategy Horizon 2020. The funding source
had no involvement in preparing or conducting the research or research article.

Authors' Contributions
SV, CH, NS, and HV designed the study. SV conducted the study and statistical analyses and prepared the manuscript. MC guided
the statistical analyses and performed the sample size calculation. All authors reviewed and edited the manuscript.

Conflicts of Interest
None declared.

Multimedia Appendix 1
Main menu of the My Diabetes Profile program.
[PNG File , 406 KB-Multimedia Appendix 1]

Multimedia Appendix 2
Adjusted secondary outcomes of the models after multiple imputations.
[DOCX File , 23 KB-Multimedia Appendix 2]

Multimedia Appendix 3
CONSORT-eHEALTH checklist (V 1.6.1).
[PDF File (Adobe PDF File), 1187 KB-Multimedia Appendix 3]

References
1.
2.

3.

IDF Diabetes Atlas 8th Edition. International Diabetes Federation. 2017. URL: https://www.diabetesatlas.org/upload/
resources/previous/files/8/IDF_DA_8e-EN-final.pdf [accessed 2019-03-20]
van't Riet E, Schram MT, Abbink EJ, Admiraal WM, Dijk-Schaap MW, Holleman F, et al. The diabetes pearl: diabetes
biobanking in the Netherlands. BMC Public Health 2012 Nov 6;12:949 [FREE Full text] [doi: 10.1186/1471-2458-12-949]
[Medline: 23130988]
De NDF Zorgstandaard diabetes Type 2 volwassenen 2013. Nederlandse Diabetes Federatie. URL: http://www.
zorgstandaarddiabetes.nl/type-2/ [accessed 2017-10-12]

https://www.jmir.org/2021/2/e18524

XSL• FO
RenderX

J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 13
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
4.
5.

6.
7.
8.
9.

10.
11.
12.

13.
14.

15.

16.
17.

18.
19.

20.

21.

22.

23.
24.

25.

26.

García-Pérez LE, Alvarez M, Dilla T, Gil-Guillén V, Orozco-Beltrán D. Adherence to therapies in patients with type 2
diabetes. Diabetes Ther 2013 Dec;4(2):175-194 [FREE Full text] [doi: 10.1007/s13300-013-0034-y] [Medline: 23990497]
Nelson KM, Reiber G, Boyko EJ, NHANES III. Diet and exercise among adults with type 2 diabetes: findings from the
third national health and nutrition examination survey (NHANES III). Diabetes Care 2002 Oct;25(10):1722-1728. [doi:
10.2337/diacare.25.10.1722] [Medline: 12351468]
Morrato EH, Hill JO, Wyatt HR, Ghushchyan V, Sullivan PW. Physical activity in US adults with diabetes and at risk for
developing diabetes, 2003. Diabetes Care 2007 Feb;30(2):203-209. [doi: 10.2337/dc06-1128] [Medline: 17259482]
King DE, Mainous AG, Carnemolla M, Everett CJ. Adherence to healthy lifestyle habits in US adults, 1988-2006. Am J
Med 2009 Jun;122(6):528-534. [doi: 10.1016/j.amjmed.2008.11.013] [Medline: 19486715]
Krass I, Schieback P, Dhippayom T. Adherence to diabetes medication: a systematic review. Diabet Med 2015 Jun
9;32(6):725-737. [doi: 10.1111/dme.12651] [Medline: 25440507]
Katz LL, Anderson BJ, McKay SV, Izquierdo R, Casey TL, Higgins LA, TODAY Study Group. Correlates of medication
adherence in the today cohort of youth with type 2 diabetes. Diabetes Care 2016 Nov 28;39(11):1956-1962 [FREE Full
text] [doi: 10.2337/dc15-2296] [Medline: 27352955]
Funnell MM, Anderson RM. Empowerment and self-management of diabetes. Clinical Diabetes 2004 Jul 1;22(3):123-127.
[doi: 10.2337/diaclin.22.3.123]
Asche C, LaFleur J, Conner C. A review of diabetes treatment adherence and the association with clinical and economic
outcomes. Clin Ther 2011 Jan;33(1):74-109. [doi: 10.1016/j.clinthera.2011.01.019] [Medline: 21397776]
Ho PM, Rumsfeld JS, Masoudi FA, McClure DL, Plomondon ME, Steiner JF, et al. Effect of medication nonadherence on
hospitalization and mortality among patients with diabetes mellitus. Arch Intern Med 2006 Sep 25;166(17):1836-1841.
[doi: 10.1001/archinte.166.17.1836] [Medline: 17000939]
Lorber D. Importance of cardiovascular disease risk management in patients with type 2 diabetes mellitus. DMSO 2014
May:169. [doi: 10.2147/dmso.s61438]
Barr EL, Zimmet PZ, Welborn TA, Jolley D, Magliano DJ, Dunstan DW, et al. Risk of cardiovascular and all-cause mortality
in individuals with diabetes mellitus, impaired fasting glucose, and impaired glucose tolerance. Circulation 2007 Jul
10;116(2):151-157. [doi: 10.1161/circulationaha.106.685628]
Stratton I, Adler A, Neil H, Matthews D, Manley S, Cull C, et al. Association of glycaemia with macrovascular and
microvascular complications of type 2 diabetes (UKPDS 35): prospective observational study. Br Med J 2000 Aug
12;321(7258):405-412 [FREE Full text] [doi: 10.1136/bmj.321.7258.405] [Medline: 10938048]
Holman RR, Paul SK, Bethel MA, Matthews DR, Neil HA. 10-year follow-up of intensive glucose control in type 2 diabetes.
N Engl J Med 2008 Oct 9;359(15):1577-1589. [doi: 10.1056/nejmoa0806470]
Jaam M, Awaisu A, Ibrahim MI, Kheir N. Synthesizing and appraising the quality of the evidence on factors associated
with medication adherence in diabetes: a systematic review of systematic reviews. Value Health Reg Issues 2017
Sep;13:82-91. [doi: 10.1016/j.vhri.2017.09.001] [Medline: 29073997]
Sabaté E. Adherence to Long-term Therapies Evidence for Action. World Health Organization. 2003. URL: https://apps.
who.int/iris/bitstream/handle/10665/42682/9241545992.pdf [accessed 2018-09-02]
French DP, Wade AN, Farmer AJ. Predicting self-care behaviours of patients with type 2 diabetes: the importance of beliefs
about behaviour, not just beliefs about illness. J Psychosom Res 2013 Apr;74(4):327-333. [doi:
10.1016/j.jpsychores.2012.12.008] [Medline: 23497835]
Vermeire E, Wens J, Van Royen P, Biot Y, Hearnshaw H, Lindenmeyer A. Interventions for improving adherence to
treatment recommendations in people with type 2 diabetes mellitus. The Cochrane database of systematic reviews 2005
Apr 20:3638. [doi: 10.1002/14651858.CD003638]
Williams JLS, Walker RJ, Smalls BL, Campbell JA, Egede LE. Effective interventions to improve medication adherence
in type 2 diabetes: a systematic review. Diabetes Manag (Lond) 2014 Jan 1;4(1):29-48 [FREE Full text] [doi:
10.2217/dmt.13.62] [Medline: 25214893]
Sapkota S, Brien J, Greenfield J, Aslani P. A systematic review of interventions addressing adherence to anti-diabetic
medications in patients with type 2 diabetes--impact on adherence. PLoS One 2015 Feb 24;10(2):e0118296 [FREE Full
text] [doi: 10.1371/journal.pone.0118296] [Medline: 25710465]
Fan L, Sidani S. Effectiveness of Diabetes Self-management Education Intervention Elements: A Meta-analysis. Canadian
Journal of Diabetes 2009 Jan;33(1):18-26. [doi: 10.1016/s1499-2671(09)31005-9]
Ramadas A, Quek K, Chan C, Oldenburg B. Web-based interventions for the management of type 2 diabetes mellitus: a
systematic review of recent evidence. Int J Med Inform 2011 Jun;80(6):389-405. [doi: 10.1016/j.ijmedinf.2011.02.002]
[Medline: 21481632]
Cotter AP, Durant N, Agne AA, Cherrington AL. Internet interventions to support lifestyle modification for diabetes
management: a systematic review of the evidence. J Diabetes Complications 2014 Mar;28(2):243-251 [FREE Full text]
[doi: 10.1016/j.jdiacomp.2013.07.003] [Medline: 24332469]
de Vries H, Kremers SPJ, Smeets T, Brug J, Eijmael K. The effectiveness of tailored feedback and action plans in an
intervention addressing multiple health behaviors. Am J Health Promot 2008 Jul;22(6):417-425. [doi: 10.4278/ajhp.22.6.417]
[Medline: 18677882]

https://www.jmir.org/2021/2/e18524

XSL• FO
RenderX

Vluggen et al

J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 14
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
27.

28.

29.

30.
31.

32.
33.
34.

35.

36.

37.

38.

39.
40.
41.
42.

43.
44.

45.

46.
47.
48.

Pal K, Eastwood S, Michie S, Farmer A, Barnard M, Peacock R. Computer-based diabetes self-management interventions
for adults with type 2 diabetes mellitus. The Cochrane database of systematic reviews 2013 Mar 28:8776. [doi:
10.1002/14651858.cd008776]
Smit ES, Evers SM, de Vries H, Hoving C. Cost-effectiveness and cost-utility of Internet-based computer tailoring for
smoking cessation. J Med Internet Res 2013 Mar 14;15(3):e57 [FREE Full text] [doi: 10.2196/jmir.2059] [Medline:
23491820]
Griffiths F, Lindenmeyer A, Powell J, Lowe P, Thorogood M. Why are health care interventions delivered over the internet?
A systematic review of the published literature. J Med Internet Res 2006 Jun 23;8(2):e10 [FREE Full text] [doi:
10.2196/jmir.8.2.e10] [Medline: 16867965]
Clark M, Hampson S, Avery L, Simpson R. Effects of a tailored lifestyle self-management intervention in patients with
type 2 diabetes. Br J Health Psychol 2004 Sep;9(Pt 3):365-379. [doi: 10.1348/1359107041557066] [Medline: 15296683]
Boudreau F, Godin G, Poirier P. Effectiveness of a computer-tailored print-based physical activity intervention among
French Canadians with type 2 diabetes in a real-life setting. Health Educ Res 2011 Mar 16;26(4):573-585. [doi:
10.1093/her/cyr008]
Eysenbach G. What is e-health? J Med Internet Res 2001 Jun 18;3(2):E20 [FREE Full text] [doi: 10.2196/jmir.3.2.e20]
[Medline: 11720962]
de Vries H, Brug J. Computer-tailored interventions motivating people to adopt health promoting behaviours: introduction
to a new approach. Patient Educ Couns 1999 Feb;36(2):99-105. [doi: 10.1016/s0738-3991(98)00127-x] [Medline: 10223015]
Kassavou A, Mirzaei V, Brimicombe J, Edwards S, Massou E, Prevost AT, et al. A highly tailored text and voice messaging
intervention to improve medication adherence in patients with either or both hypertension and type 2 diabetes in a UK
primary care setting: feasibility randomized controlled trial of clinical effectiveness. J Med Internet Res 2020 May
19;22(5):e16629 [FREE Full text] [doi: 10.2196/16629] [Medline: 32427113]
Otten W, Rövekamp T, Keer M, de Graaf A, van Keulen HM. Mogelijkheden Voor Webbased Ondersteuning Bij
Zelfmanagement Van Type 2 Diabetes Mellitus. TNO. 2015. URL: https://repository.tno.nl/islandora/object/
uuid%3Ab49d1c98-362a-4ae5-857e-0b8c9779a9e3 [accessed 2018-10-14]
Glasgow RE, Kurz D, King D, Dickman JM, Faber AJ, Halterman E, et al. Outcomes of minimal and moderate support
versions of an internet-based diabetes self-management support program. J Gen Intern Med 2010 Dec 17;25(12):1315-1322
[FREE Full text] [doi: 10.1007/s11606-010-1480-0] [Medline: 20714820]
Vluggen S, Hoving C, Schaper N, de Vries H. A web-based program to improve treatment adherence in patients with type
2 diabetes: development and study protocol. Contemp Clin Trials 2018 Nov;74:38-45. [doi: 10.1016/j.cct.2018.10.002]
[Medline: 30290275]
Vluggen S, Hoving C, Schaper N, de Vries H. Exploring beliefs on diabetes treatment adherence among Dutch type 2
diabetes patients and healthcare providers. Patient Educ Couns 2018 Jan;101(1):92-98. [doi: 10.1016/j.pec.2017.07.009]
[Medline: 28729129]
Ajzen I. The theory of planned behavior. Organizational Behavior and Human Decision Processes 1991 Dec;50(2):179-211.
[doi: 10.1016/0749-5978(91)90020-t]
Janz NK, Becker MH. The Health Belief Model: A Decade Later. Health Education Quarterly 2016 Sep 04;11(1):1-47.
[doi: 10.1177/109019818401100101]
Prochaska JO, DiClemente CC. Stages and processes of self-change of smoking: Toward an integrative model of change.
Journal of Consulting and Clinical Psychology 1983;51(3):390-395. [doi: 10.1037/0022-006x.51.3.390]
Sniehotta FF, Scholz U, Schwarzer R. Bridging the intention–behaviour gap: planning, self-efficacy, and action control in
the adoption and maintenance of physical exercise. Psychol Health 2005 Apr;20(2):143-160. [doi:
10.1080/08870440512331317670]
de Vries H. An integrated approach for understanding health behavior; the I-change model as an example. PBSIJ 2017 Mar
9;2(2):1-6. [doi: 10.19080/pbsij.2017.02.555585]
Walthouwer MJ, Oenema A, Lechner L, de Vries H. Comparing a video and text version of a web-based computer-tailored
intervention for obesity prevention: a randomized controlled trial. J Med Internet Res 2015 Oct 19;17(10):e236 [FREE Full
text] [doi: 10.2196/jmir.4083] [Medline: 26481772]
Schulz DN, Kremers SP, Vandelanotte C, van Adrichem MJ, Schneider F, Candel MJ, et al. Effects of a web-based tailored
multiple-lifestyle intervention for adults: a two-year randomized controlled trial comparing sequential and simultaneous
delivery modes. J Med Internet Res 2014 Jan 27;16(1):e26 [FREE Full text] [doi: 10.2196/jmir.3094] [Medline: 24472854]
Beweegrichtlijnen 2017. Gezondheidsraad. 2017 Aug. URL: https://www.rijksoverheid.nl/documenten/rapporten/2018/11/
12/beweegrichtlijnen-2017 [accessed 2019-02-03]
Wendel-Vos G. Reproducibility and relative validity of the short questionnaire to assess health-enhancing physical activity.
J Clin Epidemiology 2003 Dec;56(12):1163-1169. [doi: 10.1016/s0895-4356(03)00220-8]
Ainsworth BE, Haskell WL, Whitt MC, Irwin ML, Swartz AM, Strath SJ, et al. Compendium of physical activities: an
update of activity codes and MET intensities. Med Sci Sports Exerc 2000 Sep;32(9 Suppl):S498-S504. [doi:
10.1097/00005768-200009001-00009] [Medline: 10993420]

https://www.jmir.org/2021/2/e18524

XSL• FO
RenderX

Vluggen et al

J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 15
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
49.

50.

51.

52.

53.
54.

55.
56.

57.
58.
59.

60.
61.

62.
63.

64.
65.

66.

67.

68.

69.

70.

Weggemans RM, Backx FJ, Borghouts L, Chinapaw M, Hopman MT, Koster A, Committee Dutch Physical Activity
Guidelines 2017. The 2017 dutch physical activity guidelines. Int J Behav Nutr Phys Act 2018 Jun 25;15(1):58 [FREE Full
text] [doi: 10.1186/s12966-018-0661-9] [Medline: 29940977]
Voedingscentrum. Omgaan met producten buiten de schijf van vijf. Den Haag: Voedingscentrum URL: http://www.
voedingscentrum.nl/nl/gezond-eten-met-de-schijf-van-vijf/omgaan-met-producten-buiten-de-schijf-van-vijf.aspx [accessed
2017-12-07]
Verhoeven A, Adriaanse M, Evers C, de Ridder D. The power of habits: unhealthy snacking behaviour is primarily predicted
by habit strength. Br J Health Psychol 2012 Nov;17(4):758-770. [doi: 10.1111/j.2044-8287.2012.02070.x] [Medline:
22385098]
Voedingscentrum. Hoeveel calorieën zitten erin? - Caloriechecker. Den Haag: Voedingscentrum URL: https://www.
voedingscentrum.nl/nl/service/vraag-en-antwoord/gezonde-voeding-en-voedingsstoffen/hoeveel-calorieen-zitten-erin-.aspx
[accessed 2019-02-18]
Kleppe M, Lacroix J, Ham J, Midden C. The development of the ProMAS: a Probabilistic Medication Adherence Scale.
PPA 2015 Mar;9:355-367. [doi: 10.2147/ppa.s76749]
Clifford S, Perez-Nieves M, Skalicky AM, Reaney M, Coyne KS. A systematic literature review of methodologies used to
assess medication adherence in patients with diabetes. Curr Med Res Opin 2014 Jun 11;30(6):1071-1085. [doi:
10.1185/03007995.2014.884491] [Medline: 24432796]
Prochaska JJ, Velicer WF, Nigg CR, Prochaska JO. Methods of quantifying change in multiple risk factor interventions.
Prev Med 2008 Mar;46(3):260-265 [FREE Full text] [doi: 10.1016/j.ypmed.2007.07.035] [Medline: 18319099]
Drake BF, Quintiliani LM, Sapp AL, Li Y, Harley AE, Emmons KM, et al. Comparing strategies to assess multiple behavior
change in behavioral intervention studies. Transl Behav Med 2013 Mar 1;3(1):114-121 [FREE Full text] [doi:
10.1007/s13142-013-0195-2] [Medline: 23504621]
Sullivan G, Feinn R. Using effect size-or why the P value is not enough. J Grad Med Educ 2012 Sep;4(3):279-282 [FREE
Full text] [doi: 10.4300/JGME-D-12-00156.1] [Medline: 23997866]
Faul F, Erdfelder E, Lang A, Buchner A. G*Power 3: a flexible statistical power analysis program for the social, behavioral,
and biomedical sciences. Behav Res Methods 2007 May;39(2):175-191. [doi: 10.3758/bf03193146] [Medline: 17695343]
Moher D, Hopewell S, Schulz KF, Montori V, Gøtzsche PC, Devereaux PJ, et al. CONSORT 2010 explanation and
elaboration: updated guidelines for reporting parallel group randomised trials. Br Med J 2010;340:c869 [FREE Full text]
[doi: 10.1136/bmj.c869] [Medline: 20332511]
Enders C. Applied Missing Data Analysis. New York, USA: Guilford Press; 2010.
Spring B, Schneider K, McFadden HG, Vaughn J, Kozak AT, Smith M, et al. Multiple behavior changes in diet and activity:
a randomized controlled trial using mobile technology. Arch Intern Med 2012 May 28;172(10):789-796 [FREE Full text]
[doi: 10.1001/archinternmed.2012.1044] [Medline: 22636824]
Prochaska JJ, Spring B, Nigg CR. Multiple health behavior change research: an introduction and overview. Prev Med 2008
Mar;46(3):181-188 [FREE Full text] [doi: 10.1016/j.ypmed.2008.02.001] [Medline: 18319098]
Thabane L, Mbuagbaw L, Zhang S, Samaan Z, Marcucci M, Ye C, et al. A tutorial on sensitivity analyses in clinical trials:
the what, why, when and how. BMC Med Res Methodol 2013 Jul 16;13(1):92 [FREE Full text] [doi:
10.1186/1471-2288-13-92] [Medline: 23855337]
Graham JW, Donaldson SI. Evaluating interventions with differential attrition: the importance of nonresponse mechanisms
and use of follow-up data. J Appl Psychol 1993 Feb;78(1):119-128. [doi: 10.1037/0021-9010.78.1.119] [Medline: 8449850]
Blankers M, Smit ES, van der Pol P, de Vries H, Hoving C, van Laar M. The missing=smoking assumption: a fallacy in
internet-based smoking cessation trials? Nicotine Tob Res 2016 Jan 5;18(1):25-33. [doi: 10.1093/ntr/ntv055] [Medline:
25744969]
Glasgow RE, Kurz D, King D, Dickman JM, Faber AJ, Halterman E, et al. Twelve-month outcomes of an Internet-based
diabetes self-management support program. Patient Educ Couns 2012 Apr;87(1):81-92 [FREE Full text] [doi:
10.1016/j.pec.2011.07.024] [Medline: 21924576]
Soler RE, Leeks KD, Razi S, Hopkins DP, Griffith M, Aten A, Task Force on Community Preventive Services. A systematic
review of selected interventions for worksite health promotion. The assessment of health risks with feedback. Am J Prev
Med 2010 Feb;38(2 Suppl):S237-S262. [doi: 10.1016/j.amepre.2009.10.030] [Medline: 20117610]
Walthouwer MJL, Oenema A, Lechner L, de Vries H. Use and effectiveness of a video- and text-driven web-based
computer-tailored intervention: randomized controlled trial. J Med Internet Res 2015 Sep 25;17(9):e222 [FREE Full text]
[doi: 10.2196/jmir.4496] [Medline: 26408488]
Lorig K, Ritter PL, Laurent DD, Plant K, Green M, Jernigan VB, et al. Online diabetes self-management program: a
randomized study. Diabetes Care 2010 Jun 18;33(6):1275-1281 [FREE Full text] [doi: 10.2337/dc09-2153] [Medline:
20299481]
McKay HG, King D, Eakin EG, Seeley JR, Glasgow RE. The diabetes network internet-based physical activity intervention:
a randomized pilot study. Diabetes Care 2001 Aug 01;24(8):1328-1334. [doi: 10.2337/diacare.24.8.1328] [Medline:
11473065]

https://www.jmir.org/2021/2/e18524

XSL• FO
RenderX

Vluggen et al

J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 16
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
71.

72.
73.

74.

75.
76.
77.
78.

79.

80.
81.
82.

83.

84.

85.

86.

Vluggen et al

Hansel B, Giral P, Gambotti L, Lafourcade A, Peres G, Filipecki C, et al. A fully automated web-based program improves
lifestyle habits and HbA1c in patients with type 2 diabetes and abdominal obesity: randomized trial of patient e-coaching
nutritional support (the anode study). J Med Internet Res 2017 Nov 8;19(11):e360 [FREE Full text] [doi: 10.2196/jmir.7947]
[Medline: 29117929]
Health Council of the Netherlands. Dutch physical activity guidelines 2017. The Hague: Health Council of the Netherlands;
2017. URL: https://www.rijksoverheid.nl/documenten/rapporten/2018/11/12/beweegrichtlijnen-2017 [accessed 2018-11-29]
Nicolaou M, Gademan MG, Snijder MB, Engelbert RH, Dijkshoorn H, Terwee CB, et al. Validation of the squash physical
activity questionnaire in a multi-ethnic population: the Helius study. PLoS One 2016 Aug 30;11(8):e0161066 [FREE Full
text] [doi: 10.1371/journal.pone.0161066] [Medline: 27575490]
DeWalt DA, Davis TC, Wallace AS, Seligman HK, Bryant-Shilliday B, Arnold CL, et al. Goal setting in diabetes
self-management: taking the baby steps to success. Patient Educ Couns 2009 Nov;77(2):218-223 [FREE Full text] [doi:
10.1016/j.pec.2009.03.012] [Medline: 19359123]
Seligman HK, Wallace AS, DeWalt DA, Schillinger D, Arnold CL, Shilliday BB, et al. Facilitating behavior change with
low-literacy patient education materials. Am J Health Behav 2007 Jul 1;31(1):69-78. [doi: 10.5993/ajhb.31.s1.9]
Schmeichel BJ, Vohs K. Self-affirmation and self-control: affirming core values counteracts ego depletion. J Pers Soc
Psychol 2009 Apr;96(4):770-782. [doi: 10.1037/a0014635] [Medline: 19309201]
Finne E, Englert C, Jekauc D. On the importance of self-control strength for regular physical activity. Psychol Sport Exercise
2019 Jul;43:165-171. [doi: 10.1016/j.psychsport.2019.02.007]
van Osch L, Lechner L, Reubsaet A, De Vries H. From theory to practice: an explorative study into the instrumentality and
specificity of implementation intentions. Psychol Health 2010 Mar;25(3):351-364. [doi: 10.1080/08870440802642155]
[Medline: 20204939]
Nefs G, Bot M, Browne JL, Speight J, Pouwer F. Diabetes MILES--the Netherlands: rationale, design and sample
characteristics of a national survey examining the psychosocial aspects of living with diabetes in Dutch adults. BMC Public
Health 2012 Oct 30;12(1):925 [FREE Full text] [doi: 10.1186/1471-2458-12-925] [Medline: 23110382]
Malpass A, Andrews R, Turner KM. Patients with type 2 diabetes experiences of making multiple lifestyle changes: a
qualitative study. Patient Educ Couns 2009 Feb;74(2):258-263. [doi: 10.1016/j.pec.2008.08.018] [Medline: 18848413]
Eysenbach G. The law of attrition. J Med Internet Res 2005 Mar 31;7(1):e11 [FREE Full text] [doi: 10.2196/jmir.7.1.e11]
[Medline: 15829473]
Stellefson M, Chaney B, Barry AE, Chavarria E, Tennant B, Walsh-Childers K, et al. Web 2.0 chronic disease
self-management for older adults: a systematic review. J Med Internet Res 2013 Feb 14;15(2):e35 [FREE Full text] [doi:
10.2196/jmir.2439] [Medline: 23410671]
Van der Mispel C, Poppe L, Crombez G, Verloigne M, De Bourdeaudhuij I. A self-regulation-based ehealth intervention
to promote a healthy lifestyle: investigating user and website characteristics related to attrition. J Med Internet Res 2017
Jul 11;19(7):e241 [FREE Full text] [doi: 10.2196/jmir.7277] [Medline: 28698168]
Vermeire E, Hearnshaw H, Van Royen P, Denekens J. Patient adherence to treatment: three decades of research. A
comprehensive review. J Clin Pharm Ther 2001 Oct;26(5):331-342. [doi: 10.1046/j.1365-2710.2001.00363.x] [Medline:
11679023]
Cunningham JA, Kypri K, McCambridge J. Exploratory randomized controlled trial evaluating the impact of a waiting list
control design. BMC Med Res Methodol 2013 Dec 6;13(1):150 [FREE Full text] [doi: 10.1186/1471-2288-13-150] [Medline:
24314204]
McCambridge J, Witton J, Elbourne DR. Systematic review of the Hawthorne effect: new concepts are needed to study
research participation effects. J Clin Epidemiol 2014 Mar;67(3):267-277 [FREE Full text] [doi: 10.1016/j.jclinepi.2013.08.015]
[Medline: 24275499]

Abbreviations
FFQ: food frequency questionnaire
MDP: My Diabetes Profile
MET: metabolic equivalent of task
OHA: oral hypoglycemic agent
PA: physical activity
ProMAS: Probabilistic Medication Adherence Scale
RCT: randomized controlled trial
SQUASH: Short Questionnaire to Assess Health-Enhancing Physical Activity
T2DM: type 2 diabetes mellitus

https://www.jmir.org/2021/2/e18524

XSL• FO
RenderX

J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 17
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

Vluggen et al

Edited by G Eysenbach; submitted 03.03.20; peer-reviewed by AL Vuorinen, B Oh, A Psihogios, O Farris; comments to author
29.06.20; revised version received 17.09.20; accepted 21.12.20; published 23.02.21
Please cite as:
Vluggen S, Candel M, Hoving C, Schaper NC, de Vries H
A Web-Based Computer-Tailored Program to Improve Treatment Adherence in Patients With Type 2 Diabetes: Randomized Controlled
Trial
J Med Internet Res 2021;23(2):e18524
URL: https://www.jmir.org/2021/2/e18524
doi: 10.2196/18524
PMID: 33620321

©Stan Vluggen, Math Candel, Ciska Hoving, Nicolaas C Schaper, Hein de Vries. Originally published in the Journal of Medical
Internet Research (http://www.jmir.org), 23.02.2021. This is an open-access article distributed under the terms of the Creative
Commons Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and
reproduction in any medium, provided the original work, first published in the Journal of Medical Internet Research, is properly
cited. The complete bibliographic information, a link to the original publication on http://www.jmir.org/, as well as this copyright
and license information must be included.

https://www.jmir.org/2021/2/e18524

XSL• FO
RenderX

J Med Internet Res 2021 | vol. 23 | iss. 2 | e18524 | p. 18
(page number not for citation purposes)

