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Abstract

Background: US president Joe Biden signed an executive action directing federal agencies to combat hate crimes and racism
against Asians, which have percolated during the COVID-19 pandemic. This is one of the first known empirical studies to
dynamically test whether global societal sentiments toward Asians have become more negative during the COVID-19 pandemic.

Objective: This study aimed to investigate whether global societal sentiments toward Asians across 20 countries have become
more negative, month by month, from before the pandemic (October 2019) to May 2020, along with the pandemic (incidence
and mortality rates) and cultural (Hofstede’s cultural dimensions) predictors of this trend.

Methods: We leveraged a 12-billion-word web-based media database, with over 30 million newspaper and magazine articles
taken from over 7000 sites across 20 countries, and identified 6 synonyms of “Asian” that are related to the coronavirus. We
compiled their most frequently used descriptors (collocates) from October 2019 to May 2020 across 20 countries, culminating
in 85,827 collocates that were rated by 2 independent researchers to provide a Cumulative Asian Sentiment Score (CASS) per
month. This allowed us to track significant shifts in societal sentiments toward Asians from a baseline period (October to December
2019) to the onset of the pandemic (January to May 2020). We tested the competing predictors of this trend: pandemic variables
of incidence and mortality rates measured monthly for all 20 countries taken from the Oxford COVID-19 Government Response
Tracker, and Hofstede’s Cultural Dimensions of Individualism, Power Distance, Uncertainty Avoidance, and Masculinity for the
20 countries.

Results: Before the pandemic in December 2019, Jamaica and New Zealand evidenced the most negative societal sentiments
toward Asians; when news about the coronavirus was released in January 2020, the United States and Nigeria evidenced the most
negative sentiments toward Asians among 20 countries. Globally, sentiments of Asians became more negative—a significant
linear decline during the COVID-19 pandemic. CASS trended neutral before the pandemic during the baseline period of October
to November 2019 and then plummeted in February 2020. CASS were, ironically, not predicted by COVID-19’s incidence and
mortality rates, but rather by Hofstede’s cultural dimensions: individualism, power distance, and uncertainty avoidance—as
shown by mixed models (N=28,494). Specifically, higher power distance, individualism, and uncertainty avoidance were associated
with negative societal sentiments toward Asians.

Conclusions: Racism, in the form of Anti-Asian sentiments, are deep-seated, and predicated on structural undercurrents of
culture. The COVID-19 pandemic may have indirectly and inadvertently exacerbated societal tendencies for racism. Our study
lays the important groundwork to design interventions and policy communications to ameliorate Anti-Asian racism, which are
culturally nuanced and contextually appropriate.
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Introduction

The COVID-19 crisis has brought with it a disconcerting
increase in racism against the Asian community. In the early
phase of the pandemic (March 2020), a Singaporean
international student in the United Kingdom was physically
assaulted in central London [1]. This was an unprovoked attack
that the perpetrators justified by saying “we do not want your
coronavirus in our country.” Similarly, a Vietnamese curator
in London was dropped from an art exhibition, having been told
that her presence alone would increase anxiety to those attending
the event. She was told that her Asian ethnicity meant that she
would be perceived as a carrier of the coronavirus [2].

In the web space, there has been a rise in vitriol and hate speech
toward Asians: L1ght found a 900% growth in hate speech
towards Asians on Twitter [3]. In the political realm, barbed
appellations—“Chinese Virus” and “kung flu” [4]—from
government leaders have equated a whole ethnicity with the
deadly virus and disparaged them, consequently drawing out a
fear of Asians. Moreover, the Pew Research Centre found that
58% of Asian Americans reported that it has become more
common for people to express racist or racially insensitive views
about Asians than before the coronavirus outbreak [5]. Three
in 10 Asian American adults have been subject to slurs or jokes
because of their race or ethnicity since the outbreak began. In
view of the alarming increase in anti-Asian racism, US president
Joe Biden signed an executive order on January 26, 2021,
directing federal agencies to combat xenophobia toward the
Asian American community in the hope of reversing the 2-fold
issue of increasing unemployment and hate crimes [6].

Apart from several cross-sectional studies and numerous
commentaries [7-10], there are few empirical studies that have
assessed the development of anti-Asian sentiments across the
pandemic. Our study is one of the first to track anti-Asian
sentiments, month by month, from before the pandemic (October
2019) to during the pandemic (May 2020) across 20 countries.
We investigated whether global societal sentiments toward
Asians across 20 countries have become more negative month
by month from before the pandemic (October 2019) to May
2020, as well as the pandemic (incidence and mortality rates)
and cultural (Hofstede’s cultural dimensions) predictors of this
trend.

We selected Hofstede’s dimensions [11] as they are one of the
most widely used measures of cultural values, and are relevant
to this study for 3 reasons. First, they provide multiple
dimensions from which a culture can be understood. Second,
they are widely recognized and understood, demonstrating our
study’s comparability and contribution to prior literature. Third,
they are based on a national-level understanding of culture,
which has been shown to differ from individual-level culture
[12], and therefore compatible with the scope of our study as
we observe racial sentiments at the national level across 20
countries.

Hofstede’s cultural dimensions [13] are as follows: individualism
is “the degree to which individuals are supposed to look after
themselves or remain integrated into groups, usually around the
family”; masculinity is “the distribution of emotional roles
between the genders (…); it opposes ‘tough’ masculine to
‘tender’ feminine societies”; uncertainty avoidance is “the extent
to which a culture programs its members to feel either
uncomfortable or comfortable in unstructured situations”; power
distance is “the extent to which the less powerful members of
organizations and institutions accept and expect that power is
distributed unequally.”

Our study is significant in 3 ways. Conceptually, we contribute
to race relations research by analyzing how an extraordinary
event, such as the COVID-19 pandemic, may dynamically
influence societal sentiments toward an ethnic group. Second,
we extend the field of cultural studies by examining the impact
of culture on anti-Asian sentiments across 20 countries during
a pandemic. Practically, understanding the cultural
underpinnings lays the groundwork for designing policy
interventions to reduce it, as studies show the malleability of
cultural frames [14]—our study provides the cultural
considerations to do this effectively.

We hypothesize that societal sentiments toward Asians have
become more negative as the pandemic unfolded from October
2019 to May 2020 (hypothesis 1). Second, we tested the factors
associated with the hypothesized rise in anti-Asian sentiments
during the pandemic. Most opinion-editorials posited that the
prevalence of new cases and incidence of new deaths have been
associated with increasingly negative racial sentiments
(pandemic hypothesis). However, we argue that racism is more
deep-seated and is influenced by culture, history, and
exclusionary policies such as the Chinese Exclusion Act of 1882
[15]. Discernibly, sociological scholarship reported that cultural
factors such as masculine ideals and individualistic traits are
associated with racism [16]. Against this background, we
hypothesize that both pandemic variables (COVID-19
prevalence and mortality rates) and cultural variables—measured
with Hofstede’s cultural dimensions—are associated with
negative ethnic sentiments during the pandemic (Hypothesis
2).

Methods

Study Design

Data Set
We used the news on the web corpus [17], the largest
cross-cultural database with 12 billion words ingested from over
30 million articles—found in over 7000 web-based newspapers
and magazines—across 20 countries in six continents: North
America (United States and Canada), Asia (Bangladesh, Hong
Kong, India, Malaysia, Pakistan, Philippines, Singapore, Sri
Lanka), Africa (Ghana, Kenya, Nigeria, South Africa, and
Tanzania), the Caribbean islands (Jamaica), Europe (Ireland
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and the United Kingdom), and Oceania (Australia and New
Zealand). This data set was created with funding from the
National Science Foundation (NSF) and the National
Endowment for the Humanities (NEH) to study contemporary
language usage in countries where English is mainly and widely
used. The dynamic nature of the corpus—with 200 million new
words, from 300,000 new articles, added every month—makes
it appropriate to study month-by-month change in societal
sentiments toward Asians across 8 months, from before the
pandemic (October 2019) to during the pandemic (May 2020).
Within this study’s timeframe, our corpus consists of 1.5 billion
words. This data set is appropriate as Cultivation Theory [18]
suggests that the large representation of web-based media within
the corpus reflects societal perceptions across 20 countries and
provides an extraordinary platform to study the global
sentiments of Asians. This unprecedented data set further
circumvents the ecological fallacy that limits most survey studies
that mistakenly draw country-level conclusions from
individual-level surveys.

Data Preprocessing
The data set was preprocessed through a 6-step process that
aimed at identifying a list of 7 relevant target nouns (Asian,
Asians, Asia, Chinese, China, Wuhan, and Hubei) and their
descriptors (collocates) for sentiment analysis. Figure 1 shows
a flowchart for data preprocessing. We generated collocates (ie,
words that co-occurred most frequently with each target noun)
every month, between October 2019 and May 2020 for each of
the 20 countries with the following inclusion criteria: (1) lexical

proximity: collocates present within 6 words prior and after the
target noun (step 3, Figure 1). Articles such as “the” and “a”
were not included in the 6-word lexical span. If the target noun
was the first word of a sentence, the collocates from the prior
sentence were excluded. (2) Mutual Information (MI) score of
3 and above: collocates had a stronger association with the target
noun than with other nouns in the corpus for that country,
indicating semantic bonding (step 4, Figure 1) [19]. The MI
score estimates word association norms directly from the corpus.
It is calculated via sentiment analysis, which shows the MI
between collocates and target words. The higher the MI value,
the closer the relationship between the collocate and target word.
The MI value is calculated using the formula:

where A indicates the possibility of the target word A appearing,
which is calculated by the frequency of the target word. B
indicates the possibility of the collocate B appearing, which is
calculated by the frequency of word B. C indicates the possibility
of A and B appearing together, which is calculated by the
frequency of collocate B appearing near the target word A.
“SizeCorpus” refers to the size of corpus or the number of
words. Span is the span of words (eg, if there are 6 words to the
left and 6 words to the right of the target word, span=12) [log
(2)=0.30103]. This is a well-established application of
computational linguistics to study stereotypes in other studies
[20-28]. The rigorous process culminated in 85,827 collocates
over eight months, across 20 countries.

Figure 1. Preprocessing steps to identify collocates of target nouns for sentiment analysis. MI: Mutual Information.

Measurement of Societal Sentiments of Asians Across
20 Countries
After data preprocessing, each collocate was rated on a scale
from 1 (very negative) to 5 (very positive) by 2 independent
raters with a high interrater reliability (Cronbach α) of .916
(95% CI 0.874-0.958). For instance, dirty, dangerous, and
suspicious were rated 1 (very negative); employee, resident,

and transportation were rated 3 (neutral); empowering, hero,
and venerable were rated 5 (very positive). Table 1 provides
sample descriptors associated with narratives on Asians. We
calculated a Cumulative Asian Sentiment Score (CASS) per
month by taking the respective mean ratings globally to test
Hypothesis 1, and by country, to test hypothesis 2. CASS is
mathematically defined as follows:
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where Ykt is the CASS for country K during month t. For country
k, during month t, Si is the score of the word (i), while hikt is the
count of the word (i).

Table 1. Examples of negative, neutral, and positive descriptors of Asians in the media during the COVID-19 pandemic.

PositiveNeutralNegative

benefitcommercesin

leadingsecretaryweakness

calmdomesticvile

rejuvenatedaffairprotest

intelligencedemandvilify

goodmilitarydenounce

peacefulphilosopherdeface

intellectualdealanti-china

groundbreakingnavyanger

successfullyculturepunishment

sophisticatedmarketcrisis

greatestcountrychaos

charmestablishagitation

admirationinfluencemeddling

improvingrulediscord

Pandemic Variables
The monthly prevalence of new cases and incidences of new
deaths across 20 countries were derived from the Oxford
COVID-19 Government Response Tracker [29].

Hofstede’s Cultural Dimensions
Calculations of the country dimension scores have been reported
by Hofstede and Minkov [30], which were based on original
cross-national surveys of IBM employees, and subsequent
studies (eg, Hofstede Insights, 2020). The country score for
each of Hofstede’s dimensions was calculated using this method:
First, individual survey responses to each question were
calculated at the national level. For questions that were answered
on a 5-point Likert scale, the national mean of the responses
was calculated. For questions requiring a yes/no or
multiple-choice answer, the national percentage of each answer,
or a combination of answers (eg, “Option A OR Option C”)
was calculated. Next, these national-level scores were combined
using a weighted formula to yield a country dimension score
based on 3-8 survey questions, resulting in final scores that
ranged from 0 to 100.

Analytical Strategy
Hypothesis 1, positing that societal sentiments toward Asians
(as measured with the CASS) have become more negative across
8 months from October 2019 to May 2020, was tested using a
trend model to show a significant linear decline in racial
sentiments. The linear regression model can be expressed as
the following:

y = a + bX

Where a represents the intercept, b represents the slope and X
represents the week.

Hypothesis 2, positing that pandemic variables (COVID-19
incidence and mortality rates) and cultural variables (Hofstede’s
cultural dimensions) are associated with the CASS, was tested
using a linear mixed model. CASS was the independent variable
while the pandemic and cultural variables were the dependent
variables. The model can be expressed as the following:

y = Xβ + Zb + ε

Where b ~ N(0, ϕθ) and   ~ N(0, γθ), X and Z represent model
matrices for the fixed effects—pandemic and cultural
dimensions—(β) and random effects—time—(b), respectively.
All data preprocessing, text analytics, and statistical analyses
were conducted using Python (version 3.7) and OriginPro 2019b.

Data Accessibility
Data are publicly available at English-Corpora.org.

Results

CASS Across 20 Countries During the COVID-19
Pandemic
Globally, we observed a significant negative linear trend in
CASS toward Asians (β=–.03, P=.018), supporting hypothesis
1 (Figure 2). Other trends such as quadratic and cubic were
nonsignificant. Societal sentiments of Asians, measured with
the CASS, were trending neutral before the pandemic (October
to December 2019) and reached the lowest point in February
2020 during the pandemic. Before the pandemic in December
2019, Jamaica and New Zealand evidenced the most negative
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societal sentiments toward Asians. In January 2020, when news
of the novel coronavirus was released, the United States and
Nigeria evidenced the most negative societal sentiments of

Asians among 20 countries. The CASS for each of the 20
countries are presented in Figures 3 and 4.

Figure 2. Global Cumulative Asian Sentiment Scores (CASS) across 20 countries from October 2019 to May 2020. Globally, societal sentiments of
Asians became more negative across 20 countries—a significant linear decline during the COVID-19 pandemic. CASS were trending neutral before
the pandemic (October to November 2019), and plummeted in February 2020. Thereafter, CASS increased gradually, although it has not recovered to
prepandemic levels.
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Figure 3. Cumulative Asian Sentiment Scores (CASS) across 10 countries (Australia, Bangladesh, Ghana, Hong Kong, Jamaica, Kenya, Nigeria, New
Zealand, Singapore, and Tanzania) from October 2019 to May 2020. There was a significant negative linear trend in CASS across the various countries
as the pandemic progressed.
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Figure 4. Cumulative Asian Sentiment Scores (CASS) across 10 countries (Canada, the United Kingdom, Ireland, India, Sri Lanka, Malaysia, Philippines,
Pakistan, the United States, and South Africa) from October 2019 to May 2020. There was a significant negative linear trend in CASS across the various
countries as the pandemic progressed.

Predictors of Racial Sentiment Trends During the
COVID-19 Pandemic
We tested hypothesis 2 using a mixed model, with pandemic
variables (monthly prevalence of new cases and incidence of
new deaths for 20 countries) and cultural dimensions as fixed
variables, and time as the random variable (Table 2). The

pandemic variables of prevalence and mortality rates did not
reach significance, while 3 of 4 cultural dimensions were
significant: higher power distance (β=–.002, P<.001),
individualism (β=–.002, P<.001), and uncertainty avoidance
(β=–.001, P<.001) were associated with negativity of societal
sentiments toward Asians, holding other covariates constant;
this provides support for hypothesis 2.
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Table 2. Pandemic and cultural predictors of societal sentiments toward Asians across 20 countries during the COVID-19 pandemic (N=28,494): Model

1.a Higher power distance, individualism and uncertainty avoidance were associated with negative sentiments toward Asians; the pandemic variables
of prevalence and mortality rates did not reach statistical significance.

Value (SE)Predictor

0.000 (0.000)Prevalence of new casesb

0.000 (0.000)Incidence of new deathsc

–0.002d (0.000)Individualism

–0.002d (0.000)Power distance

–0.001d (0.000)Uncertainty avoidance

–0.001 (0.000)Masculinity

aR2=0.737; adjusted R2=0.723.
bRespective monthly COVID-19 incidence rates from October 2019 to May 2020.
cRespective monthly COVID-19 mortality rates from October 2019 to May 2020.
dP<.001.

Discussion

This is one of the first known empirical studies to dynamically
test whether global societal sentiments toward Asians have
become more negative month by month from before the
pandemic (October 2019) to during the pandemic (May 2020).
Our findings show that societal sentiments toward Asians
became more negative across the 20 countries over time. This
study contributes to the existing literature in 2 ways. First, it
contributes to research on race relations by showing how
pandemics may have severe repercussions on discourse
surrounding certain ethnic groups. Second, by providing insight
into the cultural factors associated with anti-Asian sentiments,
this study lays the groundwork for more effective cultural
communication strategies concerning public health issues.

Historically, incidences of xenophobia have accompanied the
onset of global pandemics. With such catastrophic outbreaks,
fear often drives those at risk to pin the blame on some group
external to their own national, religious, or ethnic identity—in
a bid to attribute their troubles to some known entity while
reinforcing an “us against them” mentality [31]. As sickness
cultivates fear, it can in turn incite moral panic and promote
bias. Consequently, minority groups have often found
themselves erroneously blamed for being contagious, as others
perceive them to be “dirty” [32]. This blame culture could be
a driving force for the negativity of societal sentiments toward
Asians during the pandemic, as shown in our study.

Delving further, we argue that the negative rhetoric against
Asians promoted “otherness” [32-34]. In times of crises such
as the current pandemic, it is common for individuals with
similar attributes to be categorized as the ingroup, and those
who are “different” as the outgroup. The differentiation
accentuates the similarities and homogeneity of ingroup
members, while juxtaposing the differences of the outgroup
members who have been accused of spreading the virus. This
reinforces ingroup notions of “normality,” and positions those
who are different—the Asians in this context—as deviant,
through a process of othering and social exclusion [34]. A
consequence of this othering could be prejudice, unfavorable

treatment, and discrimination against Asians—possibly leading
to heightened racial tensions and frayed social fabric in
multiracial communities.

In addition, metaphors are ubiquitous in forming our world view
[35]. The adjective “Chinese” in “Chinese virus” is particularly
problematic as it metaphorizes the devastation of the pandemic
with an ethnicity. Connecting group identities with explicitly
negative medical language (ie, virus) serves to categorize those
group identities as others. Such “othering” rhetoric only serves
to typify stigmatized groups, devaluing them as those in society
who possess undesirable characteristics that are outside normal
expectations [36].

In relation to hypothesis 2, our results show how anti-Asian
sentiments during the COVID-19 pandemic were strongly
associated with cultural norms in society and not with the
pandemic variables. Three of 4 cultural dimensions
[37-42]—individualism, power distance, and uncertainty
avoidance—were associated with increasing negativity of racial
sentiments. This is one of the first known studies to link cultural
dimensions and race relations during the COVID-19 pandemic,
and this study attempted to explain these links.

First, we found that increased individualism was associated
with negative societal sentiments toward Asians. In societies
where tenets of individualism thrive, self-interests and outward
expressions of intense emotions such as anger and antagonism
[11] are more common, with less importance placed on avoiding
confrontation and social harmony. We postulate that high levels
of individualism in some societies could have encouraged people
to speak their minds and outwardly display of anger and blame
toward Asians, resulting in an outpouring of more pernicious
sentiments. Moreover, in high-individualism societies,
epitomized by a desire for an autonomous identity defined by
personal choices and achievements [11], feelings of intrusion
and encroachment into these pursuits—inflicted by the virus
and those deemed to be “associated” with it—might have also
ignited the spark for such confrontational anti-Asian sentiments.
We argue that the widespread fear of contracting the disease
and thus being precluded from pursuing one’s goals freely
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engenders prejudice against the outgroup that might be deemed
responsible for this, positioning them as effective scapegoats
for both the virus and hampering one’s personal individualistic
identity.

Second, high power distance was associated with negative
societal sentiments toward Asians. In essence, power distance
represents the amount of respect and deference between people
from different levels of the social hierarchy. Cultures high in
power distance advocate a social hierarchy based on
institutionalized status differentials, where members from the
lower status groups are disadvantaged in terms of resource
allocation, are expected to treat their high-status counterparts
with deference and respect [11]. We argue that such
demarcations of inequality allow for a perpetuation of social
dichotomies and an increase in xenophobic sentiments toward
those deemed undeserving of respect owing to their perceived
“lower” status.

Third, high uncertainty avoidance was associated with negative
societal sentiments toward Asians. We suggest that the
uncomfortable threat and dangers from stemming those
“associated” with the virus, and the pressing need to actively
dispel the anxiety of its looming impact, has led to the
prevalence of such negative narratives toward Asians. Labeling
others on the basis of a variety of stigmas and associating an
entire race with the virus not only aids in the identification of
“negative” traits that are synonymous with risk, but also
reinforces the lack of tolerance for ambiguities and uncertainty
associated with particular groups of people who have been
deemed to possess deviant behaviors [43]. Such stigmatizing
sentiments serve as the cognitive basis of social grouping,
helping individuals categorize and cautiously avoid people of
particular social groups by displacing the threat of the unknown
onto them. We thus argue that uncertainty avoidance is linked
to stereotyping, distrusting, and dehumanizing outgroups

through harsh sentiments owing to the perceived unpredictability
of outgroup members possibly “spreading” the disease and
jeopardizing them.

Hofstede’s cultural dimensions have proven to be a useful
framework to explore how anti-Asian sentiments have evolved
over the course of the COVID-19 pandemic. It is evident that
deep-seated cultural norms—individualism, power distance,
and uncertainty avoidance—are a driving force in stigmatizing
behavior against outgroups and revealed apertures in societal
relations that arise during global crises such the COVID-19
pandemic. Future studies should explore the associations
between cultural dimensions and racism. In addition, our study
limitations could provide ideas for future studies. A key
shortcoming is the lack of data from social media in the corpus.
The diversity of social media usage across multiple platforms
renders data collation challenging, and most social media
platforms such as Facebook are closed for public access—they
have also become increasingly monetized, selling selected data
sets that may not be representative. Though our methodology
allows for dynamic social sensing, compared to traditional
methods [44-54], this is a significant drawback that we intend
to overcome in future studies upon augmenting our database.

The COVID-19 pandemic has deepened fissures in racial
relations as posited by numerous commentaries, and now shown
empirically by the negativity of societal sentiments of Asians,
across 20 countries, over 8 months, from October 2019 to May
2020. It is critical that governments and policy makers consider
the cultural underpinnings linked to anti-Asian sentiments when
designing appropriate messages for risk communication. In
particular, societies high in power distance, individualism and
uncertainty avoidance must be prioritized. Confronting the
specific cultural factors fueling anti-Asian sentiment will achieve
a multiplier effect, eventually forming the basis for solidarity.

Acknowledgments
We gratefully acknowledge support from the Social Science Research Council SSHR Fellowship (MOE2018-SSHR-004), and
the Lloyd’s Register Foundation IPUR Grant (IPUR-FY2019-RES-03-NG). We are also indebted to WY, NI, and SJ for research
assistance. The funders had no role in study design, data collection, analysis, writing, and decision to publish.

Authors' Contributions
RN designed the study, developed the methodology, analyzed the data, led the writing of the manuscript, and acquired the research
funding.

Conflicts of Interest
None declared.

References

1. Cheng SO. Xenophobia due to the coronavirus outbreak - A letter to the editor in response to "the socio-economic implications
of the coronavirus pandemic (COVID-19): A review". Int J Surg 2020 Jul;79:13-14 [FREE Full text] [doi:
10.1016/j.ijsu.2020.05.017] [Medline: 32407798]

2. Coates M. Covid-19 and the rise of racism. BMJ 2020 Apr 06;369:m1384. [doi: 10.1136/bmj.m1384] [Medline: 32253178]
3. L1GHT. Rising Levels of Hate Speech & Online Toxicity During This Time of Crisis. L1GHT. URL: https://l1ght.com/

Toxicity_during_coronavirus_Report-L1ght.pdf [accessed 2021-02-01]
4. Boyer D. Trump spars with reporter over accusation that staffer called coronavirus ‘Kung flu’. The Washington Times.

2020 Mar 18. URL: https://www.washingtontimes.com/news/2020/mar/18/trump-spars-reporter-over-accusation-staffer-calle/
[accessed 2021-02-01]

J Med Internet Res 2021 | vol. 23 | iss. 12 | e28305 | p. 9https://www.jmir.org/2021/12/e28305
(page number not for citation purposes)

NgJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://europepmc.org/abstract/MED/32407798
http://dx.doi.org/10.1016/j.ijsu.2020.05.017
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32407798&dopt=Abstract
http://dx.doi.org/10.1136/bmj.m1384
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32253178&dopt=Abstract
https://l1ght.com/Toxicity_during_coronavirus_Report-L1ght.pdf
https://l1ght.com/Toxicity_during_coronavirus_Report-L1ght.pdf
https://www.washingtontimes.com/news/2020/mar/18/trump-spars-reporter-over-accusation-staffer-calle/
http://www.w3.org/Style/XSL
http://www.renderx.com/


5. Ruiz N, Horowitz J, Tamir C. Many Black, Asian Americans Say They Have Experienced Discrimination Amid Coronavirus.
Pew Research Center. 2020 Jul 01. URL: https://www.pewsocialtrends.org/2020/07/01/
many-black-and-asian-americans-say-they-have-experienced-discrimination-amid-the-covid-19-outbreak/
#three-in-ten-or-more-u-s-adults-say-racist-views-about-asian-and-black-americans-are-more-common-than-before-the-pandemic
[accessed 2021-02-01]

6. Memorandum Condemning and Combating Racism, Xenophobia, and Intolerance Against Asian Americans and Pacific
Islanders in the United States. The White House. 2021 Jan 26. URL: https://www.whitehouse.gov/briefing-room/
presidential-actions/2021/01/26/
memorandum-condemning-and-combating-racism-xenophobia-and-intolerance-against-asian-americans-and-pacific-islanders-in-the-united-states/
[accessed 2021-02-01]

7. Chung RY, Li MM. Anti-Chinese sentiment during the 2019-nCoV outbreak. Lancet 2020 Feb 29;395(10225):686-687
[FREE Full text] [doi: 10.1016/S0140-6736(20)30358-5] [Medline: 32122469]

8. Roberto KJ, Johnson AF, Rauhaus BM. Stigmatization and prejudice during the COVID-19 pandemic. Adm Theory Prax
2020 Jun 25;42(3):364-378. [doi: 10.1080/10841806.2020.1782128]

9. Zhang R, Li Y, Zhang AL, Wang Y, Molina MJ. Identifying airborne transmission as the dominant route for the spread of
COVID-19. Proc Natl Acad Sci U S A 2020 Jun 30;117(26):14857-14863 [FREE Full text] [doi: 10.1073/pnas.2009637117]
[Medline: 32527856]

10. Whitehead D. 'You deserve the coronavirus': Chinese people in UK abused over outbreak. Sky News. 2020 Feb 12. URL:
https://news.sky.com/story/coronavirus-chinese-people-face-abuse-in-the-street-over-outbreak-11931779 [accessed
2021-02-01]

11. Hofstede G. Culture’s Consequences: Comparing Values, Behaviors, Institutions, and Organizations Across Nations.
Thousand Oaks, CA: Sage Publications; 2001.

12. Zhang X, Xing C, Guan Y, Song X, Melloy R, Wang F, et al. Attitudes toward older adults: A matter of cultural values or
personal values? Psychol Aging 2016 Mar;31(1):89-100. [doi: 10.1037/pag0000068] [Medline: 26691301]

13. Hofstede G. Dimensionalizing Cultures: The Hofstede Model in Context. ORPC 2011 Dec 01;2(1). [doi:
10.9707/2307-0919.1014]

14. Dweck CS, Chiu C, Hong Y. Implicit Theories and Their Role in Judgments and Reactions: A Word From Two Perspectives.
Psychol Inq 2009 Nov 19;6(4):267-285. [doi: 10.1207/s15327965pli0604_1]

15. Yung J, Chang G, Lai H. Chinese American Voices: From the Gold Rush to the Present. Berkeley, CA: University of
California Press; 2012.

16. Dovidio J, Gaertner S. Prejudice, Discrimination, and Racism. San Diego, CA: Academic Press; 1992.
17. Davies M. The new 4.3 billion word NOW corpus, with 4--5 million words of data added every day. 2017. URL: https:/

/www.birmingham.ac.uk/Documents/college-artslaw/corpus/conference-archives/2017/general/paper250.pdf [accessed
2021-10-29]

18. Gerbner G, Gross L, Morgan M, Signorielli N, Shanahan J. Growing up with television: Cultivation processes. In: Bryant
J, Zillmann D, editors. Media effects: Advances in theory and research. Mahwah, NJ: Lawrence Erlbaum Associates
Publishers; 2002:43-67.

19. Church K, Hanks P. Word association norms, mutual information, and lexicography. In: Proceedings of the 27th annual
meeting on Association for Computational Linguistics. Stroudsburg, PA: Association for Computational Linguistics;
1989:26-83.

20. Ng R. Societal Age Stereotypes in the U.S. and U.K. from a Media Database of 1.1 Billion Words. Int J Environ Res Public
Health 2021 Aug 21;18(16):8822 [FREE Full text] [doi: 10.3390/ijerph18168822] [Medline: 34444578]

21. Ng R, Allore HG, Trentalange M, Monin JK, Levy BR. Increasing negativity of age stereotypes across 200 years: evidence
from a database of 400 million words. PLoS One 2015;10(2):e0117086 [FREE Full text] [doi: 10.1371/journal.pone.0117086]
[Medline: 25675438]

22. Ng R, Lim W. Ageism linked to culture, not demographics: Evidence from an 8-billion-word corpus across 20 countries.
J Gerontol B Psychol Sci Soc Sci 2020 Oct 25;76(9):1791-1798. [doi: 10.1093/geronb/gbaa181] [Medline: 33099600]

23. Ng R, Chow T. Aging Narratives over 210 years (1810-2019). J Gerontol B Psychol Sci Soc Sci 2020 Dec 10;76(9):1799-1807
[FREE Full text] [doi: 10.1093/geronb/gbaa222] [Medline: 33300996]

24. Ng R, Chow T, Yang W. Culture Linked to Increasing Ageism during Covid-19: Evidence from a 10-billion-word Corpus
across 20 Countries. J Gerontol B Psychol Sci Soc Sci 2021 Mar 31;76(9):1808-1816 [FREE Full text] [doi:
10.1093/geronb/gbab057] [Medline: 33786581]

25. Ng R, Chow T, Yang W. News media narratives of Covid-19 across 20 countries: Early global convergence and later
regional divergence. PLoS One 2021;16(9):e0256358 [FREE Full text] [doi: 10.1371/journal.pone.0256358] [Medline:
34469446]

26. Ng R, Indran N. Societal perceptions of caregivers linked to culture across 20 countries: Evidence from a 10-billion-word
database. PLoS One 2021;16(7):e0251161 [FREE Full text] [doi: 10.1371/journal.pone.0251161] [Medline: 34197470]

J Med Internet Res 2021 | vol. 23 | iss. 12 | e28305 | p. 10https://www.jmir.org/2021/12/e28305
(page number not for citation purposes)

NgJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://www.pewsocialtrends.org/2020/07/01/many-black-and-asian-americans-say-they-have-experienced-discrimination-amid-the-covid-19-outbreak/#three-in-ten-or-more-u-s-adults-say-racist-views-about-asian-and-black-americans-are-more-common-than-before-the-pandemic
https://www.pewsocialtrends.org/2020/07/01/many-black-and-asian-americans-say-they-have-experienced-discrimination-amid-the-covid-19-outbreak/#three-in-ten-or-more-u-s-adults-say-racist-views-about-asian-and-black-americans-are-more-common-than-before-the-pandemic
https://www.pewsocialtrends.org/2020/07/01/many-black-and-asian-americans-say-they-have-experienced-discrimination-amid-the-covid-19-outbreak/#three-in-ten-or-more-u-s-adults-say-racist-views-about-asian-and-black-americans-are-more-common-than-before-the-pandemic
https://www.whitehouse.gov/briefing-room/presidential-actions/2021/01/26/memorandum-condemning-and-combating-racism-xenophobia-and-intolerance-against-asian-americans-and-pacific-islanders-in-the-united-states/
https://www.whitehouse.gov/briefing-room/presidential-actions/2021/01/26/memorandum-condemning-and-combating-racism-xenophobia-and-intolerance-against-asian-americans-and-pacific-islanders-in-the-united-states/
https://www.whitehouse.gov/briefing-room/presidential-actions/2021/01/26/memorandum-condemning-and-combating-racism-xenophobia-and-intolerance-against-asian-americans-and-pacific-islanders-in-the-united-states/
http://europepmc.org/abstract/MED/32122469
http://dx.doi.org/10.1016/S0140-6736(20)30358-5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32122469&dopt=Abstract
http://dx.doi.org/10.1080/10841806.2020.1782128
http://www.pnas.org/cgi/pmidlookup?view=long&pmid=32527856
http://dx.doi.org/10.1073/pnas.2009637117
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32527856&dopt=Abstract
https://news.sky.com/story/coronavirus-chinese-people-face-abuse-in-the-street-over-outbreak-11931779
http://dx.doi.org/10.1037/pag0000068
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26691301&dopt=Abstract
http://dx.doi.org/10.9707/2307-0919.1014
http://dx.doi.org/10.1207/s15327965pli0604_1
https://www.birmingham.ac.uk/Documents/college-artslaw/corpus/conference-archives/2017/general/paper250.pdf
https://www.birmingham.ac.uk/Documents/college-artslaw/corpus/conference-archives/2017/general/paper250.pdf
https://www.mdpi.com/resolver?pii=ijerph18168822
http://dx.doi.org/10.3390/ijerph18168822
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34444578&dopt=Abstract
https://dx.plos.org/10.1371/journal.pone.0117086
http://dx.doi.org/10.1371/journal.pone.0117086
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25675438&dopt=Abstract
http://dx.doi.org/10.1093/geronb/gbaa181
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33099600&dopt=Abstract
http://europepmc.org/abstract/MED/33300996
http://dx.doi.org/10.1093/geronb/gbaa222
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33300996&dopt=Abstract
http://europepmc.org/abstract/MED/33786581
http://dx.doi.org/10.1093/geronb/gbab057
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=33786581&dopt=Abstract
https://dx.plos.org/10.1371/journal.pone.0256358
http://dx.doi.org/10.1371/journal.pone.0256358
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34469446&dopt=Abstract
https://dx.plos.org/10.1371/journal.pone.0251161
http://dx.doi.org/10.1371/journal.pone.0251161
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34197470&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


27. Ng R, Indran N. Role-Based Framing of Older Adults Linked to Decreased Ageism Over 210 Years: Evidence From a
600-Million-Word Historical Corpus. Gerontologist 2021 Jul 29:gnab108. [doi: 10.1093/geront/gnab108] [Medline:
34323967]

28. Ng R, Indran N. Reframing Aging during COVID-19: Familial Role-Based Framing of Older Adults Linked to Decreased
Ageism. J Am Geriatr Soc 2021 Oct 21. [doi: 10.1111/jgs.17532] [Medline: 34674224]

29. COVID-19 Government Response Tracker. Blavatnik School of Government, University of Oxford. URL: https://www.
bsg.ox.ac.uk/research/research-projects/coronavirus-government-response-tracker [accessed 2021-02-01]

30. Hofstede G, Minkov M. VSM 2013: Values Survey Module 2013 Manual. 2013. URL: https://www.laits.utexas.edu/orkelm/
kelmpub/VSM2013_Manual.pdf [accessed 2021-10-29]

31. Ng R, Indran N. Societal Narratives on Caregivers in Asia. IJERPH 2021 Oct 26;18(21):11241. [doi:
10.3390/ijerph182111241]

32. Muzzatti SL. Bits of Falling Sky and Global Pandemics: Moral Panic and Severe Acute Respiratory Syndrome (SARS).
Illness, Crisis & Loss 2017 Dec 04;13(2):117-128. [doi: 10.1177/105413730501300203]

33. Ng R, Tan Y. Diversity of COVID-19 News Media Coverage across 17 Countries: The Influence of Cultural Values,
Government Stringency and Pandemic Severity. Int J Environ Res Public Health 2021.

34. Tajfel H, Turner J. The Social Identity Theory of Intergroup Behavior. In: Key Readings in Social Psychology. Hove:
Psychology Press; 2004:76.

35. Lakoff G, Johnson M. Metaphors We Live By. Chicago, IL: University of Chicago Press; 1981.
36. Goffman E. Stigma Notes on the Management of Spoiled Identity. New York, NY: Penguin Books; 1990.
37. Ng R. Douglas, Mary. In: The Encyclopedia of Cross-Cultural Psychology. Hoboken, NJ: John Wiley & Sons; 2013:439.
38. Ng R. Cultural Theory. In: The Encyclopedia of Cross-Cultural Psychology. Hoboken, NJ: John Wiley & Sons; 2013:333.
39. Ng R. Cultural Intelligence. In: The Encyclopedia of Cross-Cultural Psychology. Hoboken, NJ: John Wiley & Sons;

2013:310.
40. Ng R. Cultural Cognition. In: The Encyclopedia of Cross-Cultural Psychology. Hoboken, NJ: John Wiley & Sons; 2013:300.
41. Ng R, Rayner S. Integrating psychometric and cultural theory approaches to formulate an alternative measure of risk

perception. Innovation Eur J Social Sci Res 2010 Jun;23(2):85-100 [FREE Full text] [doi: 10.1080/13511610.2010.512439]
42. Steglitz J, Ng R, Mosha J, Kershaw T. Divinity and distress: the impact of religion and spirituality on the mental health of

HIV-positive adults in Tanzania. AIDS Behav 2012 Nov;16(8):2392-2398. [doi: 10.1007/s10461-012-0261-7] [Medline:
22797930]

43. Gudykunst W, Ting-Toomey S, Nishida T. Communication in Personal Relationships Across Cultures. Thousand Oaks,
CA: Sage Publications; 1996.

44. Heidekrueger P, Juran S, Szpalski C, Larcher L, Ng R, Broer P. The current preferred female lip ratio. J Craniomaxillofac
Surg 2017 May;45(5):655-660. [doi: 10.1016/j.jcms.2017.01.038] [Medline: 28318919]

45. Sima L, Ng R, Elimelech M. Modeling risk categories to predict the longitudinal prevalence of childhood diarrhea in
Indonesia. Am J Trop Med Hyg 2013 Nov;89(5):884-891 [FREE Full text] [doi: 10.4269/ajtmh.12-0540] [Medline:
24019442]

46. Ng R. Cloud Computing in Singapore: Key Drivers and Recommendations for a Smart Nation. PaG 2018 Nov 21;6(4):39-47
[FREE Full text] [doi: 10.17645/pag.v6i4.1757]

47. Ng R, Lim S, Saw S, Tan K. 40-Year Projections of Disability and Social Isolation of Older Adults for Long-Range Policy
Planning in Singapore. Int J Environ Res Public Health 2020 Jul 09;17(14):4950 [FREE Full text] [doi:
10.3390/ijerph17144950] [Medline: 32659983]

48. Ng R, Levy B. Pettiness: Conceptualization, measurement and cross-cultural differences. PLoS One 2018;13(1):e0191252
[FREE Full text] [doi: 10.1371/journal.pone.0191252] [Medline: 29385157]

49. Ng R, Tan K. Implementing an Individual-Centric Discharge Process across Singapore Public Hospitals. Int J Environ Res
Public Health 2021 Aug 17;18(16):8700 [FREE Full text] [doi: 10.3390/ijerph18168700] [Medline: 34444448]

50. Ng R, Allore H, Monin J, Levy B. Retirement as Meaningful: Positive Retirement Stereotypes Associated with Longevity.
J Soc Issues 2016 Mar;72(1):69-85 [FREE Full text] [doi: 10.1111/josi.12156] [Medline: 27346893]

51. Ng R, Ang R, Ho M. Coping with Anxiety, Depression, Anger and Aggression: The Mediational Role of Resilience in
Adolescents. Child Youth Care Forum 2012 May 13;41(6):529-546 [FREE Full text] [doi: 10.1007/s10566-012-9182-x]

52. Ng R, Wong PSH. Marginalization of Graduate Freelancers in the Gig Economy. Japan Labor Issues 2021;5(32):67-84
[FREE Full text]

53. Ng R, Allore H, Levy B. Self-Acceptance and Interdependence Promote Longevity: Evidence From a 20-year Prospective
Cohort Study. Int J Environ Res Public Health 2020 Aug 18;17(16):5980 [FREE Full text] [doi: 10.3390/ijerph17165980]
[Medline: 32824658]

54. Ng R, Chow T, Yang W. The Impact of Aging Policy on Societal Age Stereotypes and Ageism. Gerontologist 2021 Oct
12:gnab151. [doi: 10.1093/geront/gnab151] [Medline: 34636402]

J Med Internet Res 2021 | vol. 23 | iss. 12 | e28305 | p. 11https://www.jmir.org/2021/12/e28305
(page number not for citation purposes)

NgJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://dx.doi.org/10.1093/geront/gnab108
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34323967&dopt=Abstract
http://dx.doi.org/10.1111/jgs.17532
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34674224&dopt=Abstract
https://www.bsg.ox.ac.uk/research/research-projects/coronavirus-government-response-tracker
https://www.bsg.ox.ac.uk/research/research-projects/coronavirus-government-response-tracker
https://www.laits.utexas.edu/orkelm/kelmpub/VSM2013_Manual.pdf
https://www.laits.utexas.edu/orkelm/kelmpub/VSM2013_Manual.pdf
http://dx.doi.org/10.3390/ijerph182111241
http://dx.doi.org/10.1177/105413730501300203
https://doi.org/10.1080/13511610.2010.512439
http://dx.doi.org/10.1080/13511610.2010.512439
http://dx.doi.org/10.1007/s10461-012-0261-7
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22797930&dopt=Abstract
http://dx.doi.org/10.1016/j.jcms.2017.01.038
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28318919&dopt=Abstract
http://europepmc.org/abstract/MED/24019442
http://dx.doi.org/10.4269/ajtmh.12-0540
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24019442&dopt=Abstract
https://doi.org/10.17645/pag.v6i4.1757
http://dx.doi.org/10.17645/pag.v6i4.1757
https://www.mdpi.com/resolver?pii=ijerph17144950
http://dx.doi.org/10.3390/ijerph17144950
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32659983&dopt=Abstract
https://dx.plos.org/10.1371/journal.pone.0191252
http://dx.doi.org/10.1371/journal.pone.0191252
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29385157&dopt=Abstract
https://www.mdpi.com/resolver?pii=ijerph18168700
http://dx.doi.org/10.3390/ijerph18168700
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34444448&dopt=Abstract
http://europepmc.org/abstract/MED/27346893
http://dx.doi.org/10.1111/josi.12156
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27346893&dopt=Abstract
https://doi.org/10.1007/s10566-012-9182-x
http://dx.doi.org/10.1007/s10566-012-9182-x
https://www.jil.go.jp/english/jli/documents/2021/032-06.pdf
https://www.mdpi.com/resolver?pii=ijerph17165980
http://dx.doi.org/10.3390/ijerph17165980
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32824658&dopt=Abstract
http://dx.doi.org/10.1093/geront/gnab151
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34636402&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


Abbreviations
CASS: Cumulative Asian Sentiment Score
MI: Mutual Information
NEH: National Endowment for the Humanities
NSF: National Science Foundation

Edited by G Eysenbach; submitted 28.02.21; peer-reviewed by M Paggi, H Lee; comments to author 23.06.21; revised version received
28.07.21; accepted 03.10.21; published 08.12.21

Please cite as:
Ng R
Anti-Asian Sentiments During the COVID-19 Pandemic Across 20 Countries: Analysis of a 12-Billion-Word News Media Database
J Med Internet Res 2021;23(12):e28305
URL: https://www.jmir.org/2021/12/e28305
doi: 10.2196/28305
PMID: 34678754

©Reuben Ng. Originally published in the Journal of Medical Internet Research (https://www.jmir.org), 08.12.2021. This is an
open-access article distributed under the terms of the Creative Commons Attribution License
(https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium,
provided the original work, first published in the Journal of Medical Internet Research, is properly cited. The complete bibliographic
information, a link to the original publication on https://www.jmir.org/, as well as this copyright and license information must
be included.

J Med Internet Res 2021 | vol. 23 | iss. 12 | e28305 | p. 12https://www.jmir.org/2021/12/e28305
(page number not for citation purposes)

NgJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://www.jmir.org/2021/12/e28305
http://dx.doi.org/10.2196/28305
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=34678754&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

