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Abstract

Background: With the dramatic development of Web 2.0, increasing numbers of patients and physicians are actively involved
in online health communities. Despite extensive research on online health communities, the conversion rate from visitor to
customer and its driving factors have not been discussed.

Objective: The aim of this study was to analyze the conversion rate of online health communities and to explore the effects of
multisource online health community information, including physician-generated information, patient-generated information,
and system-generated information.

Methods: An empirical study was conducted to examine the effects of physician-generated, patient-generated, and
system-generated information on the conversion rate of physicians’ personal websites by analyzing short panel data from 2112
physicians over five time periods in a Chinese online health community.

Results: Multisource online health community information (ie, physician-generated, patient-generated, and system-generated
information) positively affected the conversion rate. Physician-generated and patient-generated information showed a substitute
relationship rather than a complementary relationship. In addition, the usage time of a personal website positively moderated
patient-generated information, but negatively moderated physician-generated information.

Conclusions: This study contributes to the electronic health literature by investigating the conversion rate of online health
communities and the effect of multisource online health community information. This study also contributes to understanding
the drivers of conversion rate on service websites, which can help to successfully improve the efficiency of online health
communities.

(J Med Internet Res 2020;22(8):e20623) doi: 10.2196/20623
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Introduction

Background
Medical resources are both limited and irrationally distributed
[1]. Large cities have the most medical services, causing many
patients in small cities and countries to struggle for basic health
care [2]. With the support of Health 2.0 technologies, an
increasing number of internet users have realized that the

internet is useful for acquiring knowledge and information on
diseases and treatments [3], which has stimulated the
development of online health communities (OHCs). OHCs can
be divided into online physician-patient communities and online
patient-patient communities according to the user composition
and the communication model [4]. In this study, we focused on
an online physician-patient community (hereafter referred to
generally as OHC). An OHC is a platform on which patients
are now able to consult physicians on health issues and the
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treatment of their illness anytime and anywhere. Current
evidence shows that OHCs have considerably significant effects
in terms of reducing medical costs, improving operational
efficiency and effectiveness, enhancing the equity of medical
resources, and meeting patient satisfaction [5].

Customers increasingly prefer the internet to purchase products
and services, and a digital channel has become an important
platform for sellers of different sectors [6]. Numerous
technologies and strategies are utilized to increase website
traffic; however, an increase in website traffic alone does not
guarantee an increase in sales. It is also important to convert
visitors into customers [7,8]. Despite the importance of the
conversion rate, research on understanding and analyzing the
conversion rates of service websites is limited, especially in
OHCs. Service has three well-documented features: intangibility,
heterogeneity, and inseparability [9]. First, most services cannot
be counted, measured, inventoried, tested, and verified in
advance of the sale to assure quality. Second, performance often
varies from producer to producer, from customer to customer,
and from day to day. Third, production and consumption of
services are inseparable. Unlike the conversion rate of other
types of websites, the conversion rate for a service website
represents a proportion of customers to total visitors who
successfully locate information [10]. In the process of choosing
a physician in an OHC, the patient decides whether or not to
consult online or offline after visiting a physician’s personal
website [11,12], which converts the visitor of a personal website
to a customer. Therefore, the conversion rate of an OHC can
be defined as the proportion of customers to visitors who
successfully locate information on physicians’personal websites
and decide to consult. Therefore, how to convert visitors of a
personal website to customers is an essential issue for physicians
and the manager of the OHC.

Customers rely on several different sources to gather information
on a variety of products or services prior to purchase [13-15].
Similarly, patients rely on OHC information from multiple
sources to select a physician, and the physician’s personal
website gathers this OHC information (eg, online and offline
information [4,5], individual and organizational information
[16], and system-generated and patient-generated information
[12]). Among them, system-generated information is created
by the platform where physicians work, and reveals the service
provider’s contribution, grade, popularity, and other
characteristics. This information is independent of physicians
and patients in OHCs [12]. Patient-generated information is
generated by patients who have experienced medical
consultation (eg, reviews and ratings), which is typically used
as a clue to reflect the outcomes of the physician’s service
[17-19]. System-generated information and patient-generated
information have been shown to be relevant to patients’ choices
[12]. However, it is unclear whether this information will also
affect the conversion rate of physicians’ personal websites.

In addition, the information presented in a personal website also
includes information generated by the physician’s own online
behaviors and activities (ie, physician-generated information)
[18]. For example, the number of articles published by a
physician can be used to measure their activeness [18],
knowledge contribution [5], and professional capital [20]. In

addition, physicians’ online behaviors and activities are
important cues to reflect their delivery process quality [12].
Patients tend to judge a physician’s service quality from two
dimensions: the outcomes and delivery process of the service
[12], which correspond to the definitions of patient-generated
information and physician-generated information that we applied
in this study. Therefore, determining whether
physician-generated information is related to the conversion
rate of a personal website and its relationship with
patient-generated information are worth studying.

System-generated information is automatically calculated by
the system using an algorithm [12] and is updated at intervals,
whereas patient-generated information and physician-generated
information are recorded in the physician’s personal website as
of its launch. Thus, the amount of patient-generated and
physician-generated information is related to the physician’s
usage time of the personal website. Moreover, the longer the
physician uses the website, the more familiar they become with
online medical services. Similar to patients who prefer
experienced physicians in traditional medical services, patients
may prefer to choose a physician who is more familiar with
online medical services. Thus, a physician’s usage time may
affect the relationship between patient-generated information,
physician-generated information, and the conversion rate of the
personal website.

The main objective of this study was to investigate the impact
of multisource OHC information (physician-generated
information, patient-generated information, and
system-generated information) on the conversion rate of
physicians’personal websites, using data from a Chinese OHC.
The main research questions were: (1) Could
physician-generated information, patient-generated information,
and system-generated information affect the conversion rate of
physicians’ personal websites in OHCs? (2) Could
physician-generated and patient-generated information be used
to complement the conversion rate of physicians’ personal
websites in OHCs? and (3) Does the usage time of a personal
website moderate the effects of physician-generated and
patient-generated information on the conversion rate? If so, to
what degree (strengthen or weaken)?

To answer these three research questions, we developed a
research model, which was tested using data collected from
2112 physicians’ personal websites over five time periods from
the Chinese OHC Haodf.com [21].

OHCs
As Web 2.0 technologies are increasingly being used within the
health care industry, patients and physicians have begun to
participate more actively in health management [22]. Numerous
studies have started to explore the benefits of OHCs from
different perspectives. For example, Li et al [5] explored the
economic success of physicians in the online consultation
market. Guo et al [20] analyzed how physicians gained social
and economic returns in OHCs. In contrast to traditional medical
service delivery, OHCs give patients the opportunity to review
the abundant amount of various types of information, and then
use this information to choose the physician they wish to consult
[23].
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Specifically, the patient decision-making process in OHCs
includes several stages and is also a process of gradually
selecting physicians based on the information obtained, as shown
in Figure 1. According to their diseases, patients can obtain a
list of physicians that specialize in that disease and initial
information to select alternatives, and then determine whether
they should visit the personal website of the physician to get
more information. When patients enter the physician’s personal
website, they can obtain more comprehensive information (eg,
online behaviors, number of patients and visitors, articles) and

decide whether or not to consult and how to consult [12]. Thus,
a physician’s personal website plays an important role in the
patient decision-making process, and the OHC information
presented determines whether a patient is only a visitor or can
be a customer. Although previous research has explored the
effects on patients’ choices of different stages [12,18,24], there
is currently no research available that focused on why some
physicians are not selected for consultation even if their personal
websites are visited by patients.

Figure 1. Patient decision-making process in online health communities.

Conversion Rate
In electronic commerce (e-commerce), conversion rates
represent the proportion of orders to website visitors. For
instance, if 100 people visit a website and 3 of them purchase
the product, the conversion rate is 3.0% [25]. Prior research has
shown that website factors, including website features [26,27]
and functionalities [25], and customer factors, including
customer reviews and sentiments [28], browsing, and purchasing
experiences [29,30], have effects on the conversion rates of
websites.

Compared with the conversion rates of other types of websites,
research on the conversion rate of a service website is still in a
preliminary stage. As service is intangible, inseparable, and
heterogeneous [9], Jackson [10] defined the conversion rate of
a service website as the proportion of the number of customers
to the total number of visitors, and customers were defined as
those who successfully locate the information that the service
provider wanted them to find (eg, downloadable FAQ, emails
the correct support address, or find the answer they were looking
for). Cezar and Ögüt [7] analyzed the conversion rates in online
hotel booking sites from the reviews of customers,
recommendations, and ranking order of the system. Zhou et al
[31] investigated the effect of posts generated by other members’
activities in transforming visitors into members in online brand
communities. However, there is no research on the conversion
rate of OHCs.

Considering the great demand for medical services and limited
medical resources [32], the efficiency of an OHC is crucial.
Visiting a physician’s personal website is a vital stage in the
process of patient decision making, which is the prerequisite
for converting visitors to physicians’ personal websites into
customers. The number of customers indicates the number of
patients a physician has provided medical services for; that is,
the number of visitors that have successfully converted. A higher
conversion rate of a personal website means that more patients
choose this physician for consultation, and this physician can
also obtain more social and economic returns [5,20]. The

increased conversion rate of all physicians’ personal websites
means that the efficiency of the OHC has increased. Therefore,
the present study focused on the conversion rate of OHCs; that
is, the proportion of customers to the total visitors of a
physician’s personal website.

Multisource Information in OHCs
When customers search for information to make critical
purchase decisions, they often use multiple information sources
[13-15], including electronic word-of-mouth sources,
neutral/third party sources, and manufacturer/retailer sources.
Similarly, patients selecting a physician in an OHC also need
to search for information from multiple sources. Previous studies
have investigated the link between multisource OHC information
and patients’ choices. For example, Li el al [18] explored the
effects of patients’ rating and physicians’ activeness on the
number of patients. Liu et al [16] found that the number of
physicians’ appointments was positively associated with their
individual offline and online reputations, as well as their
organizational offline and online reputations. Yang et al [12]
categorized OHC information into system-generated and
patient-generated information, and explored their effects on
patients’ online searches, evaluations, and decisions.

System-generated information represents pieces of information
that are system- or machine-rendered [33]. This online
information about products and services from neutral/third
parties is considered to be more useful and objective [34], and
provides references for customers (eg, ranking orders and
recommendations) [35,36]. Matching a customer’s preferences
against the most similar customers’ preferences facilitates the
purchasing process, as it narrows alternatives down to a few
and hence decreases the time spent searching [7].
System-generated information in an OHC is created by the
system based on the service provider’s contribution and
popularity, which is independent of physicians and patients
[12]. Patient-generated information is derived from the patient
feedback channel of OHCs and is generated by patients who
have experienced a medical consultation (eg, reviews and
ratings). Generally, patient-generated information reflects the
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outcomes of a physician’s service [12], and is related to the
perception of the physician’s skill [17] and patients’ choices at
different stages [12,18,19].

However, an OHC is an online community that uses information
technology to present a medical ecosystem including patients
and physicians [4]. OHC information also includes information
generated by physicians’ online behaviors and activities [18]
(ie, physician-generated information). In an OHC, physicians
can provide additional types of consultation than offline
hospitals or clinics [37] (eg, network consultation, telephone
consultation, appointment registration). In addition, physicians
can update personal information, publish articles, reply to
consultations, and manage patients in their personal websites.
These online behaviors and activities can generate considerable
information. Previous studies have shown that the number of
articles published by a physician indicates the degree of
activeness, knowledge contribution, and professional capital,
which affect patients’choices [18]. Therefore, this study focused
on information from three different sources:
physician-generated, patient-generated information, and
system-generated information.

Research Model and Hypotheses
The customer decision-making process consists of five stages:
needs recognition, information search, pre-evaluation, purchase
decision, and postevaluation [38]. This is a process of
continually eliminating options relying on multisource
information, which is similar to the process of a patient selecting
a physician in OHCs. As service is intangible, inseparable, and
heterogeneous [9], patients narrow down the alternatives and
finally choose one physician to consult by relying on multisource
OHC information. Considering the importance of the physician’s
personal website for the patient decision-making process, in
this study, we focused on the roles of the multisource OHC
information (physician-generated information, patient-generated
information, and system-generated information) in the process
of converting visitors to customers.

Physician-Generated Information and Conversion Rate
As the delivery of physicians’ services is based on the platform,
the information of physicians’ behaviors and activities is
considerable. The more information the physician generates,
the more active the physician is on the platform [18].
Conversely, less available physician-generated information
represents the behavior of inactive physicians. This kind of
information can therefore reveal the delivery process quality of
the physician’s service [12]. Patients prefer physicians who are
actively involved online and have a high-quality service delivery
process [12,18], and physicians’ online behaviors and activities
have been shown to affect outpatient visits in hospitals [39].
When patients see a large amount of physician-generated
information on a physician’s personal website, they will be
more willing to convert as a customer. Therefore, it is
hypothesized that physician-generated information positively
affects the conversion rate of a physician’s personal website
(H1).

Patient-Generated Information and Conversion Rate
A physician’s personal website also serves as a feedback channel
for patients. Feedback from other people who have experienced
a certain quality is a useful signal to help receivers understand
quality, and is of vital importance in affecting information for
receivers’ decision making [40]. Patient-generated information
(eg, ratings and reviews) comes from other patients who have
consulted the physician. Therefore, a greater amount of
patient-generated information in a physician’s personal website
indicates a higher number of patients who have selected the
physician for consultation. Moreover, patient-generated
information reflects a physician’s service outcomes [12]. Such
information is more objective and credible than traditional
information from friends and family members [41]. Patients
prefer to choose a physician who has been consulted by a large
number of patients [12] and delivers high-quality service
outcomes. Therefore, it is hypothesized that: Patient-generated
information positively affects the conversion rate of a
physician’s personal website (H2).

The coexistence of physician-generated and patient-generated
information may cause both items to complement each other in
driving patients to choose a consultation after visiting a
physician’s personal website. In the e-commerce context, service
quality has a significant positive influence on customers’
purchase decisions. Because service is created by the interaction
between service provider and receiver, service quality
evaluations should concentrate on two dimensions: the service
delivery process and service outcomes [42]. Patients require
multisource information to judge the quality of the service
delivery process and outcomes [12]. Per the preceding
discussion, physician-generated information reflects the service
delivery process and patient-generated information represents
the service outcomes, and the two should complement each
other. When patients obtain more physician-generated
information or patient-generated information on a physician’s
personal website, the possibility of choosing the physician for
consultation (ie, the conversion rate of the physician’s personal
website) will be enhanced. Therefore, it is hypothesized that:
Physician-generated information and patient-generated
information have a complementary relationship in affecting the
conversion rate of a physician’s personal website (H3).

System-Generated Information and Conversion Rate
System-generated information is generated by the third-party
platform (eg, ranking orders and recommendations) [35,36].
Online product recommendations from third parties are
perceived as being more useful in terms of providing accurate
information. Many consumers are willing to search for this
information to satiate the uncertainty they feel toward
information from manufacturers/retailers [34]. The system of
an OHC also generates recommendations for physicians.
Although this recommendation does not directly reflect a
physician’s service quality [12], it is more objective and
accurate. In an OHC, patients will form an overall impression
through systematic recommendations. Compared with physicians
with low recommended value, patients are more willing to
assume that physicians who have highly recommended value
are credible. There is a reason to believe that the conversion
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rate of the personal website of a highly recommended physician
will be high. Therefore, it is hypothesized that: System-generated
information positively affects the conversion rate of a
physician’s personal website (H4).

Moderating Effect of Usage Time
The physician’s personal website is a platform for presenting
OHC information, including physician-generated and
patient-generated information. Studies have shown that the
launching of personal websites by physicians can significantly
increase the amount of patient reviews [43] (ie, patient-generated
information). The longer the website is used, the more
physician-generated and patient-generated information should

be presented on the personal website. Moreover, the time the
physician uses the personal website also indicates the degree
of familiarity with online medical services, and patients prefer
to choose a more experienced physician. Therefore, it is
hypothesized that: The usage time of a personal website
positively moderates the relationship between
physician-generated information and the conversion rate (H5a);
The usage time of a personal website positively moderates the
relationship between patient-generated information and the
conversion rate (H5b).

The overall research model is schematically shown in Figure
2.

Figure 2. Research model.

Methods

For this study, we used data from Haodf.com [21], a leading
OHC in China, focusing specifically on physicians treating
coronary heart disease as an example. A physician’s personal
website in Haodf.com presents multisource OHC information,
including the number of people who visit that physician’s
website, the number of patients who consult that physician,
physician-generated information (eg, articles), patient-generated
information (eg, thank-you letters), and system-generated
information (eg, recommended value). Figure 3 shows an
example of a physician’s personal website.

By means of web crawler technology, the data were collected
in five time periods: from March 2019 to July 2019 (for 1 month
each over these 5 months), covering 2112 physicians. To
investigate whether physician-generated, patient-generated, and
system-generated information affect the conversion rate of a
physician’s personal website, a longitudinal study was designed.

Table 1 summarizes the main variables considered in our study.
We used the proportion of the number of patients relative to the
number of visits before time t as a proxy for the conversion rate
of a physician’s personal website. The number of patients
included those who only consult online, and those who consult
again after offline consultation, which can be considered to
comprise patients with two kinds of consultations. The mean
and maximum number of patients and visits were not an order
of magnitude, and their variances were large. Thus, to avoid the
calculated conversion rate values being too small, we conducted
natural logarithm transformation, ln(X+1), as shown in equation
(1). Figure 4 shows the frequency statistics of conversion rates

over the five time periods, clearly demonstrating variation in
conversion rates, which is worth studying.

Conversion ratei, t (%)=[ln(Patientsi,t+1)/ln(Visitsi,t+
1)] ×100    (1)

The independent variables included physician-generated
information, patient-generated information, and
system-generated information. Physician-generated information
was measured by the number of articles published by the
physician before time t. Patient-generated information was
measured by the number of thank-you letters written by patients
after consulting before time t. Since the distributions of articles
and thank-you letters were nonnormal and some values were 0,
natural logarithm transformations were also applied prior to
analysis. System-generated information was measured by the
recommended value of the system at time t, ranging from 1 to
5. The physician’s order in the list is also in accordance with
the recommended value. Moreover, usage time was used as a
moderator, measured by the difference between the launch time
of a physician’s personal website and time t.

Control variables included medical title, academic title, and
hospital level by the physician at time t. These factors represent
objective characteristics of a physician, which are reviewed by
the system when the physician enters the OHC. A physician’s
medical title has four levels: resident physician, attending
physician, deputy chief physician, and chief physician, coded
from 1 to 4, respectively. The three academic titles for a
physician are lecturer, associate professor, and professor, coded
from 1 to 3, respectively. Hospitals are also ranked according
to three levels coded 1 to 3.
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Figure 3. An example of a physician’s personal website.

Table 1. Variables description.

ProxyDescriptionVariable

Patient

visits

Proportion of customers to visitors who successfully locate infor-
mation in the physicians’ personal websites and decide to consult.

Conversion rate (dependent variable)

Independent variables

ArticlesThe information generated by physicians’ behaviors and activities

in the OHCa.

Physician-generated information

Thank-you lettersThe information generated by patients who have experienced
medical consultation in the OHC.

Patient-generated information

Recommended valueThe information generated by the OHC system.System-generated information

Usage timeThe time since the physician has launched their personal website
in the OHC.

Usage time (moderator)

Control variables

Medical titleThe physician’s administrative position in the hospital, which is a
manifestation of the physician’s ranking.

Medical title

Academic titleThe physician’s professional position, which is also a manifestation
of the physician’s ranking.

Academic title

Hospital levelThe level of the physical hospital where a physician works.Hospital title

aOHC: online health community.
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Figure 4. Frequencies of conversion rates in the online health community over five time periods.

Results

Descriptive Statistics and Correlations
Table 2 and Table 3 show the descriptive statistics and
correlations among variables, respectively. The numbers of

articles and letters showed a positive correlation with the
conversion rate, and the number of articles was positively
correlated with the number of letters. The recommended value
was positively correlated with the conversion rate. Moreover,
the number of articles and letters was each positively correlated
with usage time.

Table 2. Descriptive statistics (N=10,560).

MaximumMinimumMean (SD)Variable

402.455 (1.463)Medical title

300.866 (1.201)Academic title

302.927 (0.378)Hospital level

1315011.246 (53.232)Articles

1632020.738 (66.354)Thank-you letters

53.1003.816 (0.287)Recommended value

11.42005.058 (3.150)Usage time

29,6130529.189 (1390.845)Patients

1.81e+0717439,980 (1302.529)Visits
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Table 3. Correlations among variables (N=10,560).

Conversion rateUsage timeRecommend-
ed value

Ln(Thank-you
letters+1)

Ln(Arti-
cles+1)

Hospital
level

Academic titleMedical titleVariable

Medical title

–.014.185.138.099.029.008.5831β

.15<.001<.001<.001.003.40<.001—aP value

Academic title

.065.392.307.254.137.0151.583β

<.001<.001<.001<.001<.001.14—<.001P value

Hospital level

–.045.056.084.064–.0471.015.008β

<.001<.001<.001<.001<.001—.14.40P value

ln(Articles+1)

.410.252.281.3911–.047.137.029β

<.001<.001<.001<.001—<.001<.001.003P value

ln(Thank-you letters+1)

.581.365.7581.391.064.254.099β

<.001<.001<.001—<.001<.001<.001<.001P value

Recommended value

.431.2921.758.281.084.307.138β

<.001<.001—<.001<.001<.001<.001<.001P value

Usage time

.0091.292.365.252.056.3920.185β

.34—<.001<.001<.001<.001<.001<.001P value

Conversion rate

1.009.431.5810.410–.045.065–.014β

—.34<.001<.001<.001<.001<.001.15P value

aNot applicable.

Estimation Model
To test the hypotheses, we formulated equation (2). Since the
distribution of some variables (X) may not be normal and some
values were 0, the natural logarithm transformation was used
for these variables prior to analysis.

Conversion ratei, t (%)=[ln(Patientsi,t+1)/ ln(Visitsi,t+
1)]×100=α0 + α1Medical titlei,t + α2Academic titlei,t

+ α3Hospital leveli,t + α4Physician-generated
informationi,t + α5Patient-generated informationi,t +
α6System-generated informationi,t +
α7Physician-generated informationi,t *Patient-
generated informationi,t + α8Usage timei,t +
α9Physician-generated informationi,t* Usage timei,t

+ α10Patient-generated informationi,t* Usage timei,t

+ αi,t      (2)

Regression Results

The results of the Hausman test (χ2(11)=238.49, P<.001)
showed that a fixed-effects model was more suitable for this
study. The fixed-effects model assists in controlling for
unobserved heterogeneity (ie, heterogeneity among individual
physicians) when this heterogeneity is constant over time.
Therefore, the results of the fixed-effects model are reported
accordingly in the main analysis, as shown in Table 4.

In addition, the results are presented hierarchically. Model 1
contained only control variables, whereas model 2 to model 4
included the independent variables and interaction terms. Model
5 represents the full model that included all of the independent
variables as well as the interaction terms.

From model 2, the coefficient for physician-generated
information was positive and statistically significant, indicating
that physician-generated information positively affects the
conversion rate of a physician’s personal website. Therefore,
H1 is supported. The results of model 2 also showed that the
coefficient of patient-generated information was positive and
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statistically significant, suggesting that patient-generated
information positively affects the conversion rate of a
physician’s personal website. Therefore, H2 is supported.

Model 3 showed that the interaction between
physician-generated information and patient-generated
information was negative and significant. This means that the
effect of physician-generated and patient-generated information
on the conversion rate is a substitute relationship rather than a
complementary relationship, which is in contrast to H3.

Model 2 showed that the coefficient of system-generated
information was positive and statistically significant, suggesting
that system-generated information positively affects the
conversion rate of a physician’s personal website. Therefore,
H4 is supported.

Model 4 showed that the interaction between
physician-generated information and usage time was negative
and significant. This finding suggests that the relationship
between physician-generated information and the conversion
rate can be negatively moderated by the usage time of a personal
website. That is, when the usage time of a personal website is
lower, the relationship between physician-generated information
and the conversion rate is stronger, as shown in Figure 5.
Therefore, H5a is not supported.

By contrast, model 4 also showed that the interaction between
patient-generated information and usage time was positive and
significant. This finding suggests that the effect of
patient-generated information on the conversion rate is stronger
for physicians with high usage time of their personal websites,
as shown in Figure 6. Therefore, H5b is supported.

Table 4. Regression results (fixed-effects models).

Model 5eModel 4dModel 3cModel 2bModel 1aVariable

P valueβ (SE)P valueβ (SE)P valueβ (SE)P valueβ (SE)P valueβa (SE)

<.00121.156
(2.052)

<.00135.119
(1.427)

<.00133.068
(1.251)

<.00121.759
(1.867)

<.00141.206
(1.300)

Constant

.64.007 (.016).52.010 (.017).27.015 (.014).68.006 (.014).001–.048
(.014)

Medical title

.33–.026
(.026)

.23–.032
(.026)

.06–.050
(.026)

.08–.046
(.026)

.66.012 (.028)Academic title

.98.010 (.413).88.064 (.419).95.025 (.417).91–.046
(.420)

.96.023 (.444)Hospital ranking

<.0015.070
(.185)

<.0013.993
(.167)

<.0014.436
(.165)

<.0013.009
(.127)

N/AN/AgPHIf

<.0011.315
(.202)

<.001.757 (.196)<.0012.843
(.145)

<.0011.694
(.131)

N/AN/APIh

<.0013.465
(.382)

N/AN/AN/AN/A<.0013.336
(.381)

N/AN/ASIi

<.001–.970
(.071)

N/AN/A<.001–.904
(.067)

N/AN/AN/AN/APHI×PI

.008–.429
(.160)

.03–.346
(.160)

N/AN/AN/AN/AN/AN/ATimej

<.001–.147
(.041)

<.001–.333
(.040)

N/AN/AN/AN/AN/AN/APHI×Time

<.001.382 (.041)<.001.325 (.041)N/AN/AN/AN/AN/AN/API×Time

aR2 within=0.003; R2 (between)=0.002; R2 (overall)=0.001.
bR2 (within)=0.110; R2 (between)=0.331; R2 (overall)=0.329.
cR2 (within)=0.121; R2 (between)=0.334; R2 (overall)=0.332.
dR2 (within)=0.113; R2 (between)=0.355; R2 (overall)=0.353.
eR2 (within)=0.139; R2 (between)=0.344; R2 (overall)=0.343.
fPHI: Physician-generated information.
gN/A: not applicable.
hPI: Patient-generated information.
iSI: System-generated information.
jTime: Usage time.
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Figure 5. The moderating effect of usage time on physician-generated information and the conversion rate.

Figure 6. The moderating effect of usage time on patient-generated information and the conversion rate.

Robustness Check
To check the robustness of the results, we considered the time
effect and used the two-way fixed-effects model to rerun the
estimation model (Equation 2). In this case, time was defined
as a dummy variable and t1 (March 2019) was used as the
baseline period. The new estimation model is shown in equation
(3), and the results are presented in Table 5, which were
consistent with the results of the previous model (Table 4). In
addition, the joint significance of the time dummy variable was
tested, which confirmed that the time effect should be included
in the new estimation model. The robustness check results
suggested that H1, H2, H4 and H5b were supported.

Conversion ratei, t (%)=[ln(Patientsi,t+
1)/ln(Visitsi,t+1)]×100 =β0 + β1Medical titlei,t

+β2Academic titlei,t + β3Hospital leveli,t +
β4Physician-generated informationi,t +
β5Patient-generated informationi,t +
β6System-generated informationi,t +
β7Physician-generated informationi,t*
Patient-generated informationi,t + β8Usage timei,t +
β9Physician-generated informationi,t*Usage timei,t +
β10Patient-generated informationi,t*Usage timei,t +
β11t2 + β12t3 + β13t4 + β14t5 + βi,t      (3)
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Table 5. Robustness check (fixed-effects models).

Model 5eModel 4dModel 3cModel 2bModel 1aVariable

P valueβ (SE)P valueβ (SE)P valueβ (SE)P valueβ (SE)P valueβ (SE)

<.001141.657
(9.053)

<.001158.795
(9.053)

<.00133.180
(1.255)

<.00121.470
(1.883)

<.00140.801
(1.301)

Constant

.31–.038
(.038)

.25–.044 (.038).58–.021
(.038)

.73–.013
(.014)

.89.006 (.014)Medical title

.85–.005
(.027)

.75–.009 (.027).14–.040
(.027)

.14–.041
(.028)

.98–.001
(.029)

Academic title

.96.020 (.409).86.074 (.414).95.029 (.417).93–.038
(.420)

.89.060 (.443)Hospital rank

<.0015.081
(.183)

<.0014.034 (.165)<.0014.443
(.166)

<.0012.986
(.128)

N/AN/AgPHIf

<.0011.168
(.201)

.001.628 (.194)<.0012.823
(.148)

<.0011.637
(.135)

N/AN/APIh

<.0013.446
(.378)

N/AN/AN/AN/A<.0013.446
(.387)

N/AN/ASIi

<.001–.945
(.070)

N/AN/A<.001–.905
(.067)

N/AN/AN/AN/APHI*PI

<.001–24.984
(1.805)

<.001–25.554
(1.831)

N/AN/AN/AN/AN/AN/ATimej

<.001–.164
(.041)

<.001–.345 (.039)N/AN/AN/AN/AN/AN/APHI×Time

<.001.391 (.041)<.001.335 (.041)N/AN/AN/AN/AN/AN/API×Time

<.0011.894
(.142)

<.0011.944 (.144).67.015 (.037).34.035 (.037).002.121 (.039)t2k

<.0013.997
(.293)

<.0014.108 (.298).40.031 (.037).12.057 (.037)<.001.197 (.039)t3l

<.0016.222
(.456)

<.0016.386 (.462).40.031 (.037).06.072 (.038)<.001.254 (.039)t4m

<.0018.108
(.604)

<.0018.299 (.612).42–.089
(.111)

.92–.011
(.112)

.009.307 (.117)t5n

aR2 within=0.009; R2 (between)=0.003; R2 (overall)=0.000.
bR2 (within)=0.110; R2 (between)=0.330; R2 (overall)=0.328.
cR2 (within)=0.121; R2 (between)=0.334; R2 (overall)=0.332.
dR2 (within)=0.132; R2 (between)=0.001; R2 (overall)=0.001.
eR2 (within)=0.157; R2 (between)=0.001; R2 (overall)=0.001.
f PHI: Physician-generated information.
gN/A: not applicable.
hPI: Patient-generated information.
iSI: System-generated information.
jTime: Usage time.
kt2: April 2019.
lt3: May 2019.
mt4: June 2019.
nt5: July 2019.

Discussion

Principal Findings
The aim of this study was to explore the conversion rate of
OHCs. Considering the importance of the physician’s personal
website in the patient decision-making process, the conversion

rate in this study was considered to be the proportion of
customers among visitors of a physician’s personal website.
The results showed that physician-generated information had
a positive effect on the conversion rate. Corresponding to
previous research, the number of articles published by a
physician reflects their activeness and affects patients’ choices
[18], thereby affecting social and economic returns [20].
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Just as reviews and posts generated by customers or members
affect the conversion rate of websites [7,28,31],
patient-generated information also positively affects the
conversion rate of physicians’ personal websites.
Physician-generated and patient-generated information serve
as two clues to reflect two dimensions of a physician’s service
quality: the service delivery process and service outcomes. The
results showed that there was no complementary relationship
but rather a substitute relationship between physician-generated
and patient-generated information. A possible explanation for
this finding is that both physician-generated and
patient-generated information contain information about a
physician’s quality, and these two types of online quality
information may have some overlap. More patient-generated
information also means that there are many patients who have
chosen to consult this physician. In general, patients believe
that a good physician with more patients should be very busy
and should not have sufficient time to contribute much online.
As a result, patients may tend to believe that the signals are
manipulated by the physician or the system [5].

This study also found that system-generated information
positively affected the conversion rate of a physician’s personal
website. This result is consistent with a prior study suggesting
that ranking orders and recommendations generated by the
system affect the conversion rates of online hotel booking
websites [7].

Although physician-generated and patient-generated information
on a physician’s personal website are cumulative since the
launch of the website, the moderating effects of usage time on
the two types of information differed. That is, the usage time
of a personal website had a positive moderating effect on the
relationship between patient-generated information and the
conversion rate, but had a negative moderating effect on the
relationship between physician-generated information and the
conversion rate. This may reflect that patient-generated
information grows in proportion to the time a physician uses
the personal website, whereas physician-generated information
grows more slowly. It may also be related to the fact that
compared with physician-generated information,
patient-generated information is more relevant to the physician’s
familiarity with online medical services.

Theoretical Implications
This study offers theoretical contributions in the following ways.
First, conversion rates of other types of websites (ie, retail or
e-commerce websites, potential customer generation websites,
and content websites) and their influencing factors have been
extensively studied. This study focused on the conversion rate
of a service website (OHC). The conversion rate in this study
was considered as the proportion of customers among patients
who visited a physician’s personal website. Paying attention to
the conversion rate of physicians’ personal websites and
analyzing its influencing factors can provide clearer
understanding of the patient decision-making process in OHCs.

Second, previous studies divided OHC information into
patient-generated information and system-generated information
according to the source. By contrast, this study also added the
component of physician-generated information and thus

extended research on multisource OHC information. The results
showed that multisource OHC information (physician-generated,
patient-generated, and system-generated information) positively
affected the conversion rate of a physician’s personal website.

Third, this study employed usage time as OHC information
related to the familiarity of physicians with online medical
services, which was analyzed together with physician-generated
and patient-generated information. The results demonstrated
that the moderating effects of usage time on the two kinds of
OHC information were different. From this perspective, this
study extends the understanding of OHC information from the
time dimension.

Implications for Practice
This study provides several relevant practical implications. First,
for the manager, analyzing and improving the conversion rate
of a physician’s personal website is conducive to improving the
efficiency of the entire platform. Our results further indicate
that system-generated information (eg, recommended value)
positively affects the conversion rate of a physician’s personal
website. The website manager should improve the accuracy of
system-generated information and update it in time.

Second, the results showed that physician-generated information
affected the conversion rate of a physician’s personal website.
Therefore, physicians who want to improve the conversion rate
of their websites must be active and hardworking, and pay
attention to the information left by their own behaviors and
activities.

Third, although both physician-generated and patient-generated
information positively affected the conversion rate, they showed
a substitute relationship rather than a complementary
relationship. In other words, these two types of OHC information
have distinct roles in affecting the conversion rate of a
physician’s personal website. Physicians can mainly focus on
either physician-generated information or patient-generated
information, taking into account their specific objectives or
resource constraints in different situations. Additionally,
physicians should distinguish between the service delivery
process and service outcomes in patients’assessments of service
quality.

Fourth, the results showed that physician-generated and
patient-generated information had a time effect on the
conversion rate, and the two were different. Therefore,
physicians should not only pay attention to the cumulative
amount of physician-generated and patient-generated
information in personal websites but also the directly
proportional effects to their usage time.

Limitations and Future Research
This study has certain limitations. First, the interpretation of
the findings is limited by using data from only one Chinese
OHC, Haodf.com, and one type of physician, specialists in
coronary heart disease. Therefore, collecting data from
physicians with various types of expertise on different platforms
simultaneously is necessary to further verify the research model.
Second, it is difficult to distinguish between two types of
consultations: patients who browse and consult online, and
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patients who browse online but consult offline. In this study,
we used the number of patients and visits collected by the
platform, which might have resulted in the loss of some
information. Third, it is difficult to obtain patient-level data
from this platform, since the platform tends to mask the users’
names to protect patient privacy. Therefore, we were not able
to empirically examine how different patients make choices
based on available OHC information. Consequently, this
exclusion may be a potential limitation of this study.

Conclusions
In this study, the conversion rate of OHCs was analyzed (ie,
how to convert visitors into customers). We hypothesized that
multisource OHC information (physician-generated,

patient-generated, and system-generated information) would
affect the conversion rate, and that usage time would moderate
the relationships between physician-generated information,
patient-generated information, and the conversion rate.
Short-term panel data over five time periods (months) were
used to test these hypotheses. The results indicate that
physician-generated, patient-generated, and system-generated
information positively affect the conversion rate. In addition,
physician-generated and patient-generated information have a
substitute relationship rather than a complementary relationship
in affecting the conversion rate. Moreover, the usage time of a
personal website positively moderates patient-generated
information, but negatively moderates physician-generated
information.

Acknowledgments
This study was funded by the National Natural Science Foundation of China (71531013, 71729001) and by the Ministry of
Education Youth Program in Humanities and Social Sciences (20YJC630214).

Conflicts of Interest
None declared.

References

1. Patel V, Vaidya R, Naik D, Borker P. Irrational drug use in India: a prescription survey from Goa. J Postgrad Med
2005;51(1):9-12 [FREE Full text] [Medline: 15793331]

2. Luo P, Chen K, Wu C, Li Y. Exploring the social influence of multichannel access in an online health community. J Assoc
Inf Sci Technol 2017 Sep 19;69(1):98-109. [doi: 10.1002/asi.23928]

3. Ziebland S, Chapple A, Dumelow C, Evans J, Prinjha S, Rozmovits L. How the internet affects patients' experience of
cancer: a qualitative study. BMJ 2004 Mar 06;328(7439):564 [FREE Full text] [doi: 10.1136/bmj.328.7439.564] [Medline:
15001506]

4. Guo X, Guo S, Vogel D, Li Y. Online Healthcare Community Interaction Dynamics. J Manage Sci Eng 2016 Dec;1(1):58-74.
[doi: 10.3724/SP.J.1383.101004]

5. Li J, Tang J, Jiang L, Yen DC, Liu X. Economic Success of Physicians in the Online Consultation Market: A Signaling
Theory Perspective. Int J Electron Comm 2019 Mar 26;23(2):244-271. [doi: 10.1080/10864415.2018.1564552]

6. Gudigantala N, Bicen P, Eom M. An examination of antecedents of conversion rates of e-commerce retailers. Manage Res
Rev 2016 Jan 18;39(1):82-114. [doi: 10.1108/mrr-05-2014-0112]

7. Cezar A, Ögüt H. Analyzing conversion rates in online hotel booking. Int J Contemp Hospitality Mngt 2016 Feb
08;28(2):286-304. [doi: 10.1108/ijchm-05-2014-0249]

8. Perdikaki O, Kesavan S, Swaminathan JM. Effect of Traffic on Sales and Conversion Rates of Retail Stores. Manuf Serv
Oper Manag 2012 Jan;14(1):145-162. [doi: 10.1287/msom.1110.0356]

9. Parasuraman A, Zeithaml VA, Berry LL. A Conceptual Model of Service Quality and Its Implications for Future Research.
J Marketing 2018 Nov 19;49(4):41-50. [doi: 10.1177/002224298504900403]

10. Jackson S. About website conversion rate. Website Gear. 2004. URL: http://content.websitegear.com/article/conversion_rate.
htm [accessed 2020-05-24]

11. Li Y, Song Y, Zhao W, Guo X, Ju X, Vogel D. Exploring the Role of Online Health Community Information in Patients'
Decisions to Switch from Online to Offline Medical Services. Int J Med Inform 2019 Oct;130:103951. [doi:
10.1016/j.ijmedinf.2019.08.011] [Medline: 31473534]

12. Yang H, Guo X, Wu T, Ju X. Exploring the effects of patient-generated and system-generated information on patients’
online search, evaluation and decision. Electron Comm Res Appl 2015 May;14(3):192-203. [doi:
10.1016/j.elerap.2015.04.001]

13. Beritelli P, Bieger T, Laesser C. The Impact of the Internet on Information Sources Portfolios. J Travel Tourism Market
2007 Sep 19;22(1):63-80. [doi: 10.1300/j073v22n01_05]

14. Jang S, Prasad A, Ratchford BT. Consumer Search of Multiple Information Sources and its Impact on Consumer Price
Satisfaction. J Interact Market 2017 Nov;40:24-40. [doi: 10.1016/j.intmar.2017.06.004]

15. Kim JS, Ratchford BT. Consumer Choice and Use of Multiple Information Sources for Automobile Purchases. International
Journal of Electronic Commerce 2014 Dec 08;16(3):7-40. [doi: 10.2753/jec1086-4415160301]

16. Liu X, Guo X, Wu H, Wu T. The Impact of Individual and Organizational Reputation on Physicians’ Appointments Online.
Int J Electron Comm 2016 Jun 20;20(4):551-577. [doi: 10.1080/10864415.2016.1171977]

J Med Internet Res 2020 | vol. 22 | iss. 8 | e20623 | p. 13http://www.jmir.org/2020/8/e20623/
(page number not for citation purposes)

Chen et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://www.jpgmonline.com/article.asp?issn=0022-3859;year=2005;volume=51;issue=1;spage=9;epage=12;aulast=Patel
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15793331&dopt=Abstract
http://dx.doi.org/10.1002/asi.23928
http://europepmc.org/abstract/MED/15001506
http://dx.doi.org/10.1136/bmj.328.7439.564
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15001506&dopt=Abstract
http://dx.doi.org/10.3724/SP.J.1383.101004
http://dx.doi.org/10.1080/10864415.2018.1564552
http://dx.doi.org/10.1108/mrr-05-2014-0112
http://dx.doi.org/10.1108/ijchm-05-2014-0249
http://dx.doi.org/10.1287/msom.1110.0356
http://dx.doi.org/10.1177/002224298504900403
http://content.websitegear.com/article/conversion_rate.htm
http://content.websitegear.com/article/conversion_rate.htm
http://dx.doi.org/10.1016/j.ijmedinf.2019.08.011
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31473534&dopt=Abstract
http://dx.doi.org/10.1016/j.elerap.2015.04.001
http://dx.doi.org/10.1300/j073v22n01_05
http://dx.doi.org/10.1016/j.intmar.2017.06.004
http://dx.doi.org/10.2753/jec1086-4415160301
http://dx.doi.org/10.1080/10864415.2016.1171977
http://www.w3.org/Style/XSL
http://www.renderx.com/


17. Li S, Lee-Won RJ, McKnight J. Effects of Online Physician Reviews and Physician Gender on Perceptions of Physician
Skills and Primary Care Physician (PCP) Selection. Health Commun 2019 Oct;34(11):1250-1258. [doi:
10.1080/10410236.2018.1475192] [Medline: 29792519]

18. Li Y, Ma X, Song J, Yang Y, Ju X. Exploring the Effects of Online Rating and the Activeness of Physicians on the Number
of Patients in an Online Health Community. Telemed J E Health 2019 Nov;25(11):1090-1098. [doi: 10.1089/tmj.2018.0192]
[Medline: 30676279]

19. Lu N, Wu H. Exploring the impact of word-of-mouth about Physicians' service quality on patient choice based on online
health communities. BMC Med Inform Decis Mak 2016 Nov 26;16(1):151 [FREE Full text] [doi:
10.1186/s12911-016-0386-0] [Medline: 27888834]

20. Guo S, Guo X, Fang Y, Vogel D. How Doctors Gain Social and Economic Returns in Online Health-Care Communities:
A Professional Capital Perspective. J Mgnt Inform Syst 2017 Aug 17;34(2):487-519. [doi: 10.1080/07421222.2017.1334480]

21. Haodf.com. URL: http://www.haodf.com/ [accessed 2020-08-10]
22. Swan M. Emerging patient-driven health care models: an examination of health social networks, consumer personalized

medicine and quantified self-tracking. Int J Environ Res Public Health 2009 Feb;6(2):492-525 [FREE Full text] [doi:
10.3390/ijerph6020492] [Medline: 19440396]

23. Cao X, Liu Y, Zhu Z, Hu J, Chen X. Online selection of a physician by patients: Empirical study from elaboration likelihood
perspective. Comput Human Behav 2017 Aug;73:403-412. [doi: 10.1016/j.chb.2017.03.060]

24. Liu F, Li Y, Ju X. Exploring Patients' Consultation Behaviors in the Online Health Community: The Role of Disease Risk.
Telemed J E Health 2019 Mar;25(3):213-220. [doi: 10.1089/tmj.2018.0033] [Medline: 29927721]

25. Ayanso A, Yoogalingam R. Profiling Retail Web Site Functionalities and Conversion Rates: A Cluster Analysis. Int J
Electron Comm 2014 Dec 08;14(1):79-114. [doi: 10.2753/jec1086-4415140103]

26. McDowell WC, Wilson RC, Kile CO. An examination of retail website design and conversion rate. J Bus Res 2016
Nov;69(11):4837-4842. [doi: 10.1016/j.jbusres.2016.04.040]

27. Soonsawad P. Developing a New Model for Conversion Rate Optimization: A Case Study. Int J Bus Manag 2013 Apr
21;8(10):41. [doi: 10.5539/ijbm.v8n10p41]

28. Ludwig S, de Ruyter K, Friedman M, Brüggen EC, Wetzels M, Pfann G. More than Words: The Influence of Affective
Content and Linguistic Style Matches in Online Reviews on Conversion Rates. J Marketing 2013 Jan;77(1):87-103. [doi:
10.1509/jm.11.0560]

29. Moe WW, Fader PS. Dynamic Conversion Behavior at E-Commerce Sites. Manag Sci 2004 Mar;50(3):326-335. [doi:
10.1287/mnsc.1040.0153]

30. Sismeiro C, Bucklin RE. Modeling Purchase Behavior at an E-Commerce Web Site: A Task-Completion Approach. J
Market Res 2018 Oct 10;41(3):306-323. [doi: 10.1509/jmkr.41.3.306.35985]

31. Zhou Z, Wu JP, Zhang Q, Xu S. Transforming visitors into members in online brand communities: Evidence from China.
J Bus Res 2013 Dec;66(12):2438-2443. [doi: 10.1016/j.jbusres.2013.05.032]

32. Yang H, Ju X. Investigating the influences of motivators on physician contribution behaviors in online health community:
Offline status as a moderator. 2016 Presented at: Pacific Asia Conference on Information Systems (PACIS); 2016; Taiwan
p. 11.

33. Westerman D, Spence PR, Van Der Heide B. A social network as information: The effect of system generated reports of
connectedness on credibility on Twitter. Comput Human Behav 2012 Jan;28(1):199-206. [doi: 10.1016/j.chb.2011.09.001]

34. Chen J, Teng L, Yu Y, Yu X. The effect of online information sources on purchase intentions between consumers with
high and low susceptibility to informational influence. J Bus Res 2016 Feb;69(2):467-475. [doi:
10.1016/j.jbusres.2015.05.003]

35. Goolsbee A, Chevalier JA. Measuring Prices and Price Competition Online: Amazon and Barnes and Noble. SSRN J
2002;1(2):203-222. [doi: 10.2139/ssrn.319701]

36. Senecal S, Nantel J. The influence of online product recommendations on consumers’ online choices. J Retail 2004
Jan;80(2):159-169. [doi: 10.1016/j.jretai.2004.04.001]

37. Wu H, Lu N. Service provision, pricing, and patient satisfaction in online health communities. Int J Med Inform 2018
Feb;110:77-89. [doi: 10.1016/j.ijmedinf.2017.11.009] [Medline: 29331257]

38. Haines GH, Howard JA, Sheth JN. The Theory of Buyer Behavior. J Am Stat Assoc 1970 Sep;65(331):1406. [doi:
10.2307/2284311]

39. Wu H, Deng Z. Do physicians' online activities impact outpatient visits? An examination of online health communities.
2019 Presented at: Pacific Asia Conference on Information Systems (PACIS) 2019; 2019; Xi'an, China.

40. Gupta AK, Govindarajan V, Malhotra A. Feedback-seeking behavior within multinational corporations. Strat Mgmt J 1999
Mar;20(3):205-222. [doi: 10.1002/(sici)1097-0266(199903)20:3<205::aid-smj17>3.0.co;2-h]

41. Gao G, Greenwood BN, McCullough J, Agarwal R. A Digital Soapbox? The Information Value of Online Physician Ratings.
2012 Jul Presented at: Academy of Management Proceedings; 2012; Briarcliff Manor, NY p. 16354. [doi:
10.5465/AMBPP.2012.16354abstract]

42. Grönroos C. A Service Quality Model and its Marketing Implications. Eur J Market 1984 Apr;18(4):36-44. [doi:
10.1108/eum0000000004784]

J Med Internet Res 2020 | vol. 22 | iss. 8 | e20623 | p. 14http://www.jmir.org/2020/8/e20623/
(page number not for citation purposes)

Chen et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://dx.doi.org/10.1080/10410236.2018.1475192
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29792519&dopt=Abstract
http://dx.doi.org/10.1089/tmj.2018.0192
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30676279&dopt=Abstract
https://bmcmedinformdecismak.biomedcentral.com/articles/10.1186/s12911-016-0386-0
http://dx.doi.org/10.1186/s12911-016-0386-0
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27888834&dopt=Abstract
http://dx.doi.org/10.1080/07421222.2017.1334480
http://www.haodf.com/
https://www.mdpi.com/resolver?pii=ijerph6020492
http://dx.doi.org/10.3390/ijerph6020492
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19440396&dopt=Abstract
http://dx.doi.org/10.1016/j.chb.2017.03.060
http://dx.doi.org/10.1089/tmj.2018.0033
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29927721&dopt=Abstract
http://dx.doi.org/10.2753/jec1086-4415140103
http://dx.doi.org/10.1016/j.jbusres.2016.04.040
http://dx.doi.org/10.5539/ijbm.v8n10p41
http://dx.doi.org/10.1509/jm.11.0560
http://dx.doi.org/10.1287/mnsc.1040.0153
http://dx.doi.org/10.1509/jmkr.41.3.306.35985
http://dx.doi.org/10.1016/j.jbusres.2013.05.032
http://dx.doi.org/10.1016/j.chb.2011.09.001
http://dx.doi.org/10.1016/j.jbusres.2015.05.003
http://dx.doi.org/10.2139/ssrn.319701
http://dx.doi.org/10.1016/j.jretai.2004.04.001
http://dx.doi.org/10.1016/j.ijmedinf.2017.11.009
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29331257&dopt=Abstract
http://dx.doi.org/10.2307/2284311
http://dx.doi.org/10.1002/(sici)1097-0266(199903)20:3<205::aid-smj17>3.0.co;2-h
http://dx.doi.org/10.5465/AMBPP.2012.16354abstract
http://dx.doi.org/10.1108/eum0000000004784
http://www.w3.org/Style/XSL
http://www.renderx.com/


43. Wang H, Liu C, Gao B. A study on the influence of doctor personal website opening on patients’ review volume. Chinese
J Manag 2018;15(6):901-907. [doi: 10.3969/j.issn.1672?884x.2018.06.013]

Abbreviations
e-commerce: electronic commerce
OHC: online health community

Edited by G Eysenbach; submitted 23.05.20; peer-reviewed by T Muto, X Song; comments to author 12.06.20; revised version received
23.06.20; accepted 25.06.20; published 26.08.20

Please cite as:
Chen Q, Yan X, Zhang T
Converting Visitors of Physicians’ Personal Websites to Customers in Online Health Communities: Longitudinal Study
J Med Internet Res 2020;22(8):e20623
URL: http://www.jmir.org/2020/8/e20623/
doi: 10.2196/20623
PMID: 32845248

©Qin Chen, Xiangbin Yan, Tingting Zhang. Originally published in the Journal of Medical Internet Research (http://www.jmir.org),
26.08.2020. This is an open-access article distributed under the terms of the Creative Commons Attribution License
(https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium,
provided the original work, first published in the Journal of Medical Internet Research, is properly cited. The complete bibliographic
information, a link to the original publication on http://www.jmir.org/, as well as this copyright and license information must be
included.

J Med Internet Res 2020 | vol. 22 | iss. 8 | e20623 | p. 15http://www.jmir.org/2020/8/e20623/
(page number not for citation purposes)

Chen et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://dx.doi.org/10.3969/j.issn.1672?884x.2018.06.013
http://www.jmir.org/2020/8/e20623/
http://dx.doi.org/10.2196/20623
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32845248&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

