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Abstract

Background: There has been significant effort in attempting to use health care data. However, laws that protect patients’ privacy
have restricted data use because health care data contain sensitive information. Thus, discussions on privacy laws now focus on
the active use of health care data beyond protection. However, current literature does not clarify the obstacles that make data
usage and deidentification processes difficult or elaborate on users’ needs for data linking from practical perspectives.

Objective: The objective of this study is to investigate (1) the current status of data use in each medical area, (2) institutional
efforts and difficulties in deidentification processes, and (3) users’ data linking needs.

Methods: We conducted a cross-sectional online survey. To recruit people who have used health care data, we publicized the
promotion campaign and sent official documents to an academic society encouraging participation in the online survey.

Results: In total, 128 participants responded to the online survey; 10 participants were excluded for either inconsistent responses
or lack of demand for health care data. Finally, 118 participants’ responses were analyzed. The majority of participants worked
in general hospitals or universities (62/118, 52.5% and 51/118, 43.2%, respectively, multiple-choice answers). More than half of
participants responded that they have a need for clinical data (82/118, 69.5%) and public data (76/118, 64.4%). Furthermore,
85.6% (101/118) of respondents conducted deidentification measures when using data, and they considered rigid social culture
as an obstacle for deidentification (28/101, 27.7%). In addition, they required data linking (98/118, 83.1%), and they noted
deregulation and data standardization to allow access to health care data linking (33/98, 33.7% and 38/98, 38.8%, respectively).
There were no significant differences in the proportion of responded data needs and linking in groups that used health care data
for either public purposes or commercial purposes.

Conclusions: This study provides a cross-sectional view from a practical, user-oriented perspective on the kinds of data users
want to utilize, efforts and difficulties in deidentification processes, and the needs for data linking. Most users want to use clinical
and public data, and most participants conduct deidentification processes and express a desire to conduct data linking. Our study
confirmed that they noted regulation as a primary obstacle whether their purpose is commercial or public. A legal system based
on both data utilization and data protection needs is required.
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Introduction

There has been considerable effort to use health care data [1,2],
and many countries have implemented regulations to protect
the privacy of patients and research subjects [3-5]. Owing to
the sensitivity of health care data, privacy protection laws have
limited its use [6]. Regulations that focus only on protecting
privacy are emerging as a major challenge in using health care
data [7-9].

Health care institutions and governments both generate a large
amount of heterogeneous data [10]. To use these decentralized
data, there have been dramatic increases in linking data from
diverse sources [11]. By using big data analytic approaches,
which leverage data drawn from multiple sources [12],
data-driven research has the potential for widespread positive
impact and global implications [13-16]. Efforts have been made
to use health care data for the following purposes: ensuring a
high level of evidence by using a large number of samples [17],
identifying risk factors [18], and improving diagnosis and
treatment standards [19].

However, in Korea, this use conflicts with the current regulations
because data linking requires the data be identified and shared
[20,21]. The privacy law of Korea is known as the strongest
principle in Asia [22-24]. Although most discussions about
privacy laws have centered on data protection, discussions about
the privacy law are now about the need to facilitate the
development of industries that utilize data beyond protection
[8]. However, there has been no mention of what makes data
usage and deidentification processes difficult or users’ needs
for data linking from a practical perspective.

The objective of this study is to investigate (1) the status of big
data utilization in different medical areas (general hospitals,
universities, industry, and academic society); (2) institutional
obstacles and efforts in deidentification processes, which is an
alternative approach for using health care data; and (3) users’
data linking needs.

Methods

Study Design and Data Collection
This study is designed to investigate the demand for health care
data, identify the difficulties in using health care data, and
develop improvements for using health care data from the
practical users’ perspective. For this, we conducted a
cross-sectional online survey. To recruit participants who use
health care data, we (1) publicized the survey promotion
campaign through social media (Facebook) and (2) sent official
documents to academic societies encouraging participation in
the online survey. Through the provided documents, anyone
who used health care data was able to participate in the
questionnaire (online open survey; see details in Multimedia
Appendix 1).

The online questionnaire was developed and distributed using
Office forms (Naver, Korea). This questionnaire could be
accessed from mobile phones and personal computers. To ensure
important questions were answered, seven mandatory items
were designated among the 17 questions. This function was
used to prevent participants from submitting responses without
checking the answers on mandatory items before submission.
However, the questionnaire did not verify data consistency. For
example, respondents who replied that they did not have a
demand for health care data could also select “clinical data” as
a response to the question asking about required data. To ensure
the validity of the questionnaire, the items on the questionnaire
were developed through 15 revisions in consultation with eight
experts over a period of approximately one month. The final
questionnaire consisted of 16 items within five parts. Each
screen contained one to eight questions; there were a total of
eight screens in the survey (on mobile and PC screens).

Ethical clearance was obtained from the Public Institutional
Review Board designated by The Korean Ministry of Health
and Welfare (number: 2018-2199-001) before data collection.

Participant Recruitment
We selected five academic societies (Korean Society of Medical
Informatics, Korean Society for Preventive Medicine, Korean
Cancer Association, Korea Society of Artificial Intelligence in
Medicine, and Korean Society of Epidemiology) that exhibit a
high demand for health care data or were recommended by
experts. Then, we encouraged participation in the survey by
sending an official letter requesting cooperation for online
surveys to the secretariat of each academic society.

A web link to access the survey was provided to interested
respondents. Respondents were required to provide consent
through this link. To receive consent from respondents, the first
screen of the online questionnaire included the background,
purpose, and duration of the research, as well as a description
of the disadvantages or limitations. After respondents approved
this introduction, the link led to the anonymous online
questionnaire. As an incentive for participation, they were
offered coffee gift vouchers by submitting their cell phone
numbers. To transfer the coffee vouchers and exclude duplicate
responses, informed consent to collect cell phone numbers was
received separately. The cross-sectional online survey was
conducted between October 5 and 19, 2018.

By the end of the survey period, 128 participants responded to
the online survey. Responses that were contradictory (n=2) or
did not exhibit a demand for health care data (n=8) were
excluded; therefore, a total of 118 participants were included
in the analysis. The overall eligible population of subjects was
unknown because the online survey was sent to the five
academic societies and was advertised through a social media
promotion.
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Among the responses (N=118), quality improvement of welfare
services and research promotion were considered to be public
purposes (81/115, 70.4%) and industrial development and profit
generation were classified as commercial purposes (34/115,
29.6%); this classification excludes other minor purposes (n=3).

Questionnaire Items
The survey items were categorized into five parts. The first part
included items that investigated the work experience and basic
information of participants. The second part inquired about the
type of data participants wanted. The third part related to
obstacles and improvement suggestions for data use. The fourth
part investigated the identification process, and the last part
investigated data linking (details in Multimedia Appendix 2).

Statistical Analysis
Analyses were conducted using R (version 3.5.1) and Microsoft
Excel (version 2016). Descriptive statistics for proportions of
respondents, work profiles (eg, age, work experience, expertise
area, working institution), and responses regarding data demand,
data linking, and deidentification were explored.

For categorical variables, such as data needs, obstacles, and
improvement suggestions, chi-square tests were performed to
show these reponses were different between participants using

data for public purposes and those using data for commercial
purposes. We conducted chi-square tests with one section as
the response to specific questions, such as obstacles to using
health care data. Chi-square tests could not be performed for
responses to questions that allowed participants to choose more
than one answer (multiple response questions), such as data
needs, because the responses were not independent. For
questions that could have multiple responses, post hoc chi-square
tests were performed (Multimedia Appendices 3 and 4). Post
hoc pairwise chi-square tests involved testing each value of the
nominal variable versus the sum of all others. After applying
the same principle of chi-square to get the P value for each
comparison, we then used Bonferroni correction to counteract
the problem of type I error that occurs when multiple
comparisons are made.

Results

Overall Population
The majority of online survey participants worked in a general
hospital (62/118, 52.5%; multiple response question) or
university (51/118, 43.2%; multiple response). Most participants
were in the field of research (84/118, 71.2%), in their thirties
(56/118, 47.5%), and had work experience between 1 and 5
years (56/118, 47.5%; Table 1).

Table 1. Profile of online survey respondents (N=118).

Respondents, n (%)Characteristics

Age (years)

21 (17.8)20-29

56 (47.5)30-39

34 (28.8)40-49

5 (4.2)50-59

2 (1.7)Other

Institution (multiple response question)

62 (52.5)General hospital

51 (43.2)University

15 (12.7)Industry

6 (5.1)Academic society

3 (2.6)Other

Expertise

84 (71.2)Research

18 (15.3)Data analysis

11 (9.3)Planning

5 (4.2)Device development

Expertise experience

9 (7.6)≥10 years

32 (27.1)5 years to <10 years

56 (47.5)1 year to <5 years

21 (17.8)<1 year
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Data Demand, Obstacles, and Improvement
Suggestions
More than half of participants replied that they had a need for
clinical data (82/118, 69.5%) and public data (76/118, 64.4%;
Table 2). Only the general hospital group selected clinical data
in a high proportion (56/62, 90.3%).

Participants reported that the most significant obstacles in trying
to use health care data were conflicts with the law (53/118,
44.9%) and data standardization (50/118, 42.4%). However,
the obstacles most frequently selected by each group were
different. Overall, the four groups of respondents by institution
(general hospital, university, industry, and academic society)

reported data standardization problems and legal conflicts as
the main challenges in using data.

Similarly, most participants indicated that legislation
improvement was required to overcome these data utilization
limitations (54/118, 45.8%), followed by the need for technical
measures for data standards (47/118, 39.8%). Overall,
participants suggested that law revision was the first priority of
improvement (Table 2).

There was no statistically significant difference in the percentage
of obstacles in groups that used health care data for either
commercial or public purposes (P=.38). However, both groups
indicated that data standardization and current laws function as
constraints of health care data use (Table 3).

Table 2. Data needs, obstacles, and developmental proposals for data utilization.

Total (N=118),
n (%)

Respondents, n (%)Characteristics

Other
(n=3)

Academic society
(n=6)

Industry
(n=15)

University
(n=51)

General hospital
(n=62)

Data needs (multiple response question)

82 (69.5)0 (0.0)5 (83.3)10 (66.7)29 (56.9)56 (90.3)Clinical data (collected during care process
in hospital)

76 (64.4)3 (100.0)5 (83.3)10 (66.7)32 (62.7)40 (64.5)Public data (managed by nation)

61 (51.7)0 (0.0)5 (83.3)3 (2.0)33 (64.7)38 (61.3)Research data (clinical research or trial data)

36 (30.5)1 (33.3)4 (66.7)8 (53.3)16 (31.4)17 (27.4)Life log data (patient generated health data)

28 (23.7)1 (33.3)2 (33.3)1 (6.7)18 (35.3)13 (21.0)Genetic data

Obstacle

53 (44.9)0 (0.0)2 (33.3)8 (53.3)19 (37.3)30 (48.4)Conflict of laws

50 (42.4)3 (100.0)3 (50.5)5 (33.3)23 (45.1)24 (38.7)Data standardization

9 (7.6)0 (0.0)1 (16.7)2 (13.3)4 (7.8)5 (8.1)Strict social recognition

2 (1.7)0 (0.0)0 (0.0)0 (0.0)1 (4.0)1 (1.6)Other

4 (3.4)0 (0.0)0 (0.0)0 (0.0)3 (5.9)2 (3.2)None

Improvement suggestion (multiple response question)

54 (45.8)2 (66.7)4 (66.7)7 (46.7)22 (43.1)29 (46.8)Law revision

47 (39.8)1 (33.3)3 (50.0)6 (40.0)23 (43.1)22 (35.5)Technical measures

16 (13.6)0 (0.0)0 (0.0)0 (0.0)7 (13.7)12 (19.4)Utilization support

22 (18.6)1 (33.3)1 (16.7)2 (13.3)11 (21.6)6 (9.7)Public consensus

J Med Internet Res 2019 | vol. 21 | iss. 8 | e14126 | p. 4https://www.jmir.org/2019/8/e14126/
(page number not for citation purposes)

Kim et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://www.w3.org/Style/XSL
http://www.renderx.com/


Table 3. Comparison of data demand, obstacles, and improvement suggestions between health care data use for commercial and public purposes
(N=115). Sample size excludes the n=3 for other minor purposes.

P valueChi-square (df)Respondents, n (%)Measures

Commercial purpose (n=34)Public purpose (n=81)

Not applicableNot applicableData needs (multiple response question)

28 (82.4)53 (65.4)Clinical data

23 (67.6)53 (65.4)Public data

16 (47.1)44 (54.3)Research data

18 (52.9)18 (22.2)Life log data

9 (26.5)17 (21.0)Genetic data

.382.9 (4)Obstacles

13 (38.2)38 (46.9)Conflict with laws

15 (44.1)35 (43.2)Data standardization

3 (8.8)6 (7.4)Strict social recognition

2 (5.9)1 (1.2)None

1 (2.9)1 (1.2)Other

Not applicableNot applicableImprovement (multiple response question)

15 (44.1)38 (46.9)Law revision

14 (41.2)33 (40.7)Technical method

1 (2.9)15 (18.5)Data utilization support

6 (17.6)14 (17.3)Public consensus

Deidentification
When using health care data, 101 participants responded that
they conduct deidentification measures (101/118, 85.6%). The
majority of participants reported that multiple deidentification
methods are used (64/101, 63.4%). The most common method

was pseudonymization (72/101, 71.3%), followed by masking
(57/101, 56.4%). Most respondents who conducted
deidentification considered privacy issues induced by rigid
social culture as the biggest problem for deidentification
(28/101, 27.7%), followed by the absence of clear criteria for
deidentification measures (24/101, 23.8%; Table 4).
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Table 4. Responses about the current state of data deidentification (N=118).

Respondents, n (%)Measures

Deidentify when using health care data (n=118)

101 (85.6)Yes

17 (14.4)No

Number of applied deidentification methods (n=101)

37 (31.4)1 method

33 (28.0)2 methods

18 (15.3)3 methods

4 (3.4)4 methods

9 (7.6)5 methods

Applied methods (n=101; multiple response question)

72 (71.3)Pseudonymization

57 (56.4)Masking

37 (36.6)Data reduction

30 (29.7)Data suppression

22 (21.8)Aggregation

Difficulties when deidentifying data (n=101)

28 (27.7)Strict social culture

24 (23.8)Absence of clear deidentification guideline

15 (14.9)Usefulness of deidentified data

14 (13.9)Lack of understanding of deidentification policy and technology

11 (10.9)Lack of relevant institution support

9 (8.9)Lack of deidentification measure for unstructured data

Data Linkage
The majority of participants answered that they require data
linking (98/118, 83.1%). The difference in the proportion of
respondents who wanted to use data linkage for public or
commercial purposes was not statistically significant (P=.64).
The 98 respondents who said that data linking was necessary
indicated that the purpose of linking data was to obtain
longitudinal data (62/98, 63.3%). In addition, deregulation and
data standardization comprised a large proportion of data linking
improvement suggestions (33/98, 33.7% and 38/98, 38.8%,

respectively). In the two items that investigated the reason for
data linkage and suggestions to facilitate data linking, the
proportion of responses in both the public purpose and
commercial purpose groups did not significantly differ (P=.16
and P=.47, respectively).

The groups that used data for public purposes responded that
health care data are to be used to develop health care policy
(41.8%, 28/81). On the other hand, the group that used data for
commercial purposes primarily responded that data was to be
used for the development of diagnostic technology (n=12; Table
5).
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Table 5. Demand for health care data linking.

P valueaChi-square (df)Participants, n (%)Measures

Total

N=118)

Other

(n=3)

Commercial

purpose

(n=34)

Public

purpose

(n=81)

.640.2 (1)Data linking

98 (83.1)1 (33.3)30 (88.2)67 (82.7)Required

20 (16.9)2 (66.7)4 (11.8)14 (17.3)Not required

.163.6 (2)Reason for data linking (n=98)

62 (63.3)0 (0.0)23 (76.7)39 (58.2)Obtain longitudinal data

20 (20.4)0 (0.0)5 (16.7)15 (22.4)Obtain larger number of subjects

16 (16.3)1 (100.0)2 (6.7)13 (19.4)Develop policy predicated on data

.472.5 (3)Suggestions for facilitating health care data linking (n=98)

33 (33.7)0 (0.0)11 (36.7)22 (32.8)Deregulation

38 (38.8)0 (0.0)10 (33.3)28 (41.8)Data standardization

20 (20.4)1 (100.0)8 (26.7)11 (16.4)Effective guidelines including procedure, responsibility,
and technology

7 (7.1)0 (0.0)1 (3.3)6 (9.0)Improvement of social recognition

.00318.8 (6)Usage details (n=98)

31 (31.6)1 (100.0)2 (6.7)28 (41.8)Development of health care policy

27 (27.6)0 (0.0)12 (40.0)15 (22.4)Development of diagnostic technology

16 (16.3)0 (0.0)4 (13.3)12 (17.9)Development of treatment modality

12 (12.2)0 (0.0)4 (13.3)8 (11.9)General research

8 (8.2)0 (0.0)6 (20.0)2 (3.0)Development of medical device

2 (2.0)0 (0.0)1 (3.3)1 (1.5)Development of new drug

2 (2.0)0 (0.0)1 (3.3)1 (1.5)Other

98 (100.0)1 (100.0)30 (100.0)67 (100.0)Subtotal

aPublic versus commercial.

Discussion

Principal Findings
The primary finding of this study was the clarification of each
health care area’s need for data. Most wanted to use clinical
data and public data, except for university respondents.
Considering the amount of stored data depending on the health
care field [25], it is understandable that clinical data are in high
demand.

Secondly, most participants who use health care data conduct
deidentification measures before data use. The majority of
deidentification measures are implemented using more than one
method. This survey was not able to distinguish between cases
in which deidentification was not conducted when required and
cases in which it was not conducted because the data was not
identifiable (whether due to the exclusion of personal
information or the lack of legal deidentification requirements).

Although it is not clear whether these respondents voluntarily
implemented deidentification measures or were obligated to do
so, it appears they consider health care data to be sensitive

information. Their use of multiple deidentification measures
may be considered proof of action to mitigate concerns about
privacy infringement. However, they pointed out that rigid social
culture acts as a primary obstacle in data deidentification.
Therefore, if we prove that privacy is guaranteed, we can achieve
social consensus and relieve sociocultural rigidity.

Lastly, the proportion of respondents who need to link data was
significantly larger than the proportion of respondents who do
not; these respondents indicated that deregulation and
standardization are necessary to facilitate data linkage. This
suggests that many of these respondents face difficulties due to
intensive regulation. Data users may experience legal conflicts
when they want to link data from external data sources. When
linking with external data, an identifier is required, which is
often personal information. If consent has been obtained for
other research purposes previously, this identifier can be used;
however, in big data analysis, there are limitations on obtained
consent [21]. Furthermore, for personal information to be
provided to third parties, they must obtain the consent of the
subjects (article 17, Personal Information Protection Act
[PIPA]). Practically, it has been burdensome for controllers to
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recontact individual subjects and obtain consent; thus, they may
be obstructed by law [26]. Data sharing and linkage are limited
by the PIPA [27].

In recent years, some countries have attempted to revise their
information protection legislation to prepare for the development
of a new information industry [28,29]. The United States has
enacted the Final Rule, a revision of the Common Rule, to
reduce the regulatory burden and create a new concept of broad
consent to enhance both the use and protection of data [4,30].
The European Union, by enacting the General Data Protection
Regulation, has strengthened data protection principles while
including principles such as the right to data portability [31].
In Japan, the concept of anonymizing processed information is
defined by law, and the use of personal information is being
promoted [32].

Yet, privacy remains an issue in countries that are trying to
implement centralized electronic health records (EHRs), such
as Canada. Centralized EHRs could have interoperability in
terms of data structure because the same data schema enables
data linking and communication. This would reduce the obstacle
for health care data use. However, in terms of comprehensive
use and communication of data, the privacy issue must be
handled for secondary use. Therefore, as long as privacy remains
an issue, there will also be a need for data linking. For example,
a study on a Canada-wide EHR system stated that privacy
systems should address the issues of deidentifying health care
data and privacy concerns [33,34]; skeptics have warned against
adopting a Canada-wide EHR system until then [35].
Furthermore, even with centralized EHRs, the privacy issue
will remain in situations of linking with privately collected data,
such as mobile data and data collected by wearable devices. In
a survey conducted in the United States to identify digital health
adoption and sentiments of consumers, results showed people
are rarely willing to provide personal health data to
pharmaceutical companies, research institutes, or information
technology companies [36].

Considering this global trend, the regulation of personal
information in Korea does not reflect these changes [37]. There
have been many studies on methods by which regulation can
be improved to reflect changes in secondary data usage;
however, to provide a basis for these legislative improvements,
there was a need for evidence to show that actual users
experienced these difficulties and needs for data linking.

The results of this study confirm that the use of health care data
conflicts with the law, which leads to the implication that
legislation should be revised to facilitate data utilization.
However, it should not simply be deregulated, but balanced
between protection and utilization, as is the case of major

countries. To improve this legal system, a survey of opinions
on the use of health care data also should be conducted on the
data supplier and beneficiary side (the general population). In
the United States, these surveys about digital health consumer’s
sentiments have been conducted, and most respondents remain
wary about sharing their health data with technology companies
[36]. Likewise, surveys on how the opinions of hospital’s data
managers differ from those of the users in our study should be
conducted to achieve a better social consensus and reconcile
the two areas of data utilization and protection.

Limitations
The respondents in this study were primarily involved in general
hospitals and universities, whereas the respondents in academia
and industry were few. Respondents affiliated with universities
are considered to hold concurrent positions in general hospitals.
In addition, we did not obtain significant information on the
characteristics of the entire population in the survey because
survey promotion was conducted through social network
services and the transmission of official documents. However,
considering the number of medical institutions in Korea (tertiary
hospitals or secondary hospitals) and the number of universities,
it is natural that many respondents belong to medical institutions
and universities. Although this may not directly represent the
opinion of the entire population in need of health care data, in
the absence of previous studies that directly investigate the
opinions of data users, this study has the advantage of
illuminating the present status of Korean data users’perspectives
in a cross-sectional way.

In addition, to represent the overall opinion of the population,
it is necessary to select the population for each institution and
extract a sample using a stratified sampling method. We
examined the current circumstances of health care data use from
data users’ perspectives, but data managers and beneficiaries
should also be surveyed for policy development to ensure that
all parties are considered in bridging the gap between data
privacy and utilization.

Conclusion
This study provides a cross-sectional view from a practical
user-oriented perspective on the types of data users find
valuable, the efforts and obstacles that characterize
deidentification processes, and users’ needs for data linking.
Most respondents seek to use clinical and public data. Moreover,
most implement deidentification measures. We confirmed that
they want to link data but are limited by regulations regardless
of whether their purpose is commercial or public. A legal system
that is founded on both the utilization and protection of data is
necessary.

Acknowledgments
This study was supported by a new faculty research seed money grant of Yonsei University College of Medicine for 2018
(32-0044), the Basic Science Research Program through the National Research Foundation of Korea (NRF), funded by the Ministry
of Education (NRF-2017R1D1A1B03035762) and the grants (2017-544) from the Asan Institute for Life Sciences (Seoul, South
Korea).

J Med Internet Res 2019 | vol. 21 | iss. 8 | e14126 | p. 8https://www.jmir.org/2019/8/e14126/
(page number not for citation purposes)

Kim et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://www.w3.org/Style/XSL
http://www.renderx.com/


Conflicts of Interest
None declared.

Multimedia Appendix 1
Notice for survey.

[PNG File, 78KB-Multimedia Appendix 1]

Multimedia Appendix 2
Online questionnaire on health care data utilization.

[DOCX File, 23KB-Multimedia Appendix 2]

Multimedia Appendix 3
Post hoc pairwise chi-square test for comparison of data needs, obstacles, and improvement.

[DOCX File, 17KB-Multimedia Appendix 3]

Multimedia Appendix 4
Post hoc chi-square test results: demand for health care data linking.

[DOCX File, 19KB-Multimedia Appendix 4]

References

1. Gu D, Li J, Li X, Liang C. Visualizing the knowledge structure and evolution of big data research in healthcare informatics.
Int J Med Inform 2017 Dec;98:22-32. [doi: 10.1016/j.ijmedinf.2016.11.006] [Medline: 28034409]

2. Dhindsa K, Bhandari M, Sonnadara R. What's holding up the big data revolution in healthcare? BMJ 2018 Dec 28;363:K3557.
[doi: 10.1136/bmj.k5357] [Medline: 30593447]

3. Suominen H, Müller H, Ohno-Machado L, Salanterä S, Schreier G, Hanlen L. Prerequisites for international exchanges of
health information for record research: comparison of Australian, Austrian, Finnish, Swiss, and US policies. Stud Health
Technol Inform 2017;245:1312. [Medline: 29295395]

4. Federal Register. 2018. Federal Policy for the Protection of Human Subjects: Six Month Delay of the General Compliance
Date of Revisions While Allowing the Use of Three Burden-Reducing Provisions During the Delay Period URL: https:/
/www.federalregister.gov/documents/2018/06/19/2018-13187/
federal-policy-for-the-protection-of-human-subjects-six-month-delay-of-the-general-compliance-date

5. Voss W. European Union data privacy law reform: General Data Protection Regulation, privacy shield, and the right to
delisting. Business Lawyer 2017 Jan 5;72(1):221-233 [FREE Full text]

6. Dyke S, Dove E, Knoppers BM. Sharing health-related data: a privacy test? NPJ Genom Med 2016 Aug
17;1(1):160241-160246 [FREE Full text] [doi: 10.1038/npjgenmed.2016.24] [Medline: 27990299]

7. Roski J, Bo-Linn G, Andrews TA. Creating value in health care through big data: opportunities and policy implications.
Health Aff (Millwood) 2014 Jul;33(7):1115-1122. [doi: 10.1377/hlthaff.2014.0147] [Medline: 25006136]

8. Park DW, Lee SM, Jung SH. Korea Health Industry Development Institution. 2017 Dec. [Investigation of latest health
medical Big data law trend] URL: https://www.khidi.or.kr/board/
view?pageNum=1&rowCnt=10&linkId=48719246&menuId=MENU00085 [accessed 2019-02-14]

9. van Panhuis WG, Paul P, Emerson C, Grefenstette J, Wilder R, Herbst A, et al. A systematic review of barriers to data
sharing in public health. BMC Public Health 2014 Nov 05;14(1):1144 [FREE Full text] [doi: 10.1186/1471-2458-14-1144]
[Medline: 25377061]

10. Archenaa J, Anita EM. A survey of big data analytics in healthcare and government. Procedia Comput Sci 2015;50:408-413.
[doi: 10.1016/j.procs.2015.04.021]

11. Lowrance W. Learning from experience: privacy and the secondary use of data in health research. J Health Serv Res Policy
2003 Jul;8 Suppl 1:S1:2-S1:7. [doi: 10.1258/135581903766468800] [Medline: 12869330]

12. Jagadish H, Gehrke J, Labrinidis A, Papakonstantinou Y, Patel J, Ramakrishnan R, et al. Big data and its technical challenges.
Commun ACM 2014 Jul 01;57(7):86-94. [doi: 10.1145/2611567]

13. Obermeyer Z, Emanuel EJ. Predicting the future-big data, machine learning, and clinical medicine. N Engl J Med 2016
Sep 29;375(13):1216-1219 [FREE Full text] [doi: 10.1056/NEJMp1606181] [Medline: 27682033]

14. Kostkova P, Brewer H, de Lusignan S, Fottrell E, Goldacre B, Hart G, et al. Who owns the data? Open data for healthcare.
Front Public Health 2016 Feb;4:7 [FREE Full text] [doi: 10.3389/fpubh.2016.00007] [Medline: 26925395]

J Med Internet Res 2019 | vol. 21 | iss. 8 | e14126 | p. 9https://www.jmir.org/2019/8/e14126/
(page number not for citation purposes)

Kim et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app1.png&filename=cd5e6fee41bc1d218a568200124eada2.png
https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app1.png&filename=cd5e6fee41bc1d218a568200124eada2.png
https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app2.docx&filename=96d827e0098503b6afa3494800004ce6.docx
https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app2.docx&filename=96d827e0098503b6afa3494800004ce6.docx
https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app3.docx&filename=97907eba2a89b6d5842bb2d8fab6be78.docx
https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app3.docx&filename=97907eba2a89b6d5842bb2d8fab6be78.docx
https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app4.docx&filename=b343acde7c1a7131e182d6c9786f5307.docx
https://jmir.org/api/download?alt_name=jmir_v21i8e14126_app4.docx&filename=b343acde7c1a7131e182d6c9786f5307.docx
http://dx.doi.org/10.1016/j.ijmedinf.2016.11.006
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28034409&dopt=Abstract
http://dx.doi.org/10.1136/bmj.k5357
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30593447&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29295395&dopt=Abstract
https://www.federalregister.gov/documents/2018/06/19/2018-13187/federal-policy-for-the-protection-of-human-subjects-six-month-delay-of-the-general-compliance-date
https://www.federalregister.gov/documents/2018/06/19/2018-13187/federal-policy-for-the-protection-of-human-subjects-six-month-delay-of-the-general-compliance-date
https://www.federalregister.gov/documents/2018/06/19/2018-13187/federal-policy-for-the-protection-of-human-subjects-six-month-delay-of-the-general-compliance-date
https://www.researchgate.net/publication/312093729_European_Union_Data_Privacy_Law_Reform_General_Data_Protection_Regulation_Privacy_Shield_and_the_Right_to_Delisting
http://europepmc.org/abstract/MED/27990299
http://dx.doi.org/10.1038/npjgenmed.2016.24
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27990299&dopt=Abstract
http://dx.doi.org/10.1377/hlthaff.2014.0147
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25006136&dopt=Abstract
https://www.khidi.or.kr/board/view?pageNum=1&rowCnt=10&linkId=48719246&menuId=MENU00085
https://www.khidi.or.kr/board/view?pageNum=1&rowCnt=10&linkId=48719246&menuId=MENU00085
https://bmcpublichealth.biomedcentral.com/articles/10.1186/1471-2458-14-1144
http://dx.doi.org/10.1186/1471-2458-14-1144
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25377061&dopt=Abstract
http://dx.doi.org/10.1016/j.procs.2015.04.021
http://dx.doi.org/10.1258/135581903766468800
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12869330&dopt=Abstract
http://dx.doi.org/10.1145/2611567
http://europepmc.org/abstract/MED/27682033
http://dx.doi.org/10.1056/NEJMp1606181
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27682033&dopt=Abstract
https://dx.doi.org/10.3389/fpubh.2016.00007
http://dx.doi.org/10.3389/fpubh.2016.00007
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26925395&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


15. Wang Y, Kung L, Byrd T. Big data analytics: understanding its capabilities and potential benefits for healthcare organizations.
Technol Forecast Soc 2018 Jan;126:3-13. [doi: 10.1016/j.techfore.2015.12.019]

16. Raghupathi W, Raghupathi V. Big data analytics in healthcare: promise and potential. Health Inf Sci Syst 2014;2(1):3
[FREE Full text] [doi: 10.1186/2047-2501-2-3] [Medline: 25825667]

17. Collins F, Hudson K, Briggs J, Lauer M. PCORnet: turning a dream into reality. J Am Med Inform Assoc 2014;21(4):576-577
[FREE Full text] [doi: 10.1136/amiajnl-2014-002864] [Medline: 24821744]

18. Seong S, Kim Y, Park S, Khang Y, Kim H, Park J, et al. Cohort profile: the National Health Insurance Service-National
Health Screening Cohort (NHIS-HEALS) in Korea. BMJ Open 2017 Sep 24;7(9):e016640 [FREE Full text] [doi:
10.1136/bmjopen-2017-016640] [Medline: 28947447]

19. Tomczak K, Czerwińska P, Wiznerowicz M. The Cancer Genome Atlas (TCGA): an immeasurable source of knowledge.
Contemp Oncol (Pozn) 2015;19(1A):A68-A77 [FREE Full text] [doi: 10.5114/wo.2014.47136] [Medline: 25691825]

20. Kim D, Kim M, Kim K, Youm Y. Improved privacy statement for big data industry activation. In: Proceedings of Symposium
of the Korean Institute of communications and Information Sciences. 2017 Jun Presented at: Korean Institute of
Communication Sciences Summer General Conference; June 21-23, 2017; Jeju, Korea p. 257-258 URL: http://www.
dbpia.co.kr/journal/articleDetail?nodeId=NODE07218090

21. Park M. A study on legal framework for secondary use of public data in scientific research on health: focusing on secondary
use of bio·medical information and genomics data. Kor J Med Law 2016 Dec 31;24(2):69-101. [doi:
10.17215/kaml.2016.12.24.2.69]

22. Greenleaf G, Park W. South Korea's innovations in data privacy principles: Asian comparisons. Comput Law Secur Rev
2014 Oct;30(5):492-505. [doi: 10.1016/j.clsr.2014.07.011]

23. Chesterman S. Data Protection Law in Singapore: Privacy and Sovereignty in an Interconnected World. Singapore: Academy
Publishing; 2014.

24. Geller T. In privacy law, it's the US vs. the world. Commun ACM 2016 Jan 25;59(2):21-23. [doi: 10.1145/2852233]
25. Schlick C, Castle J, Bentrem DJ. Utilizing big data in cancer care. Surg Oncol Clin N Am 2018 Dec;27(4):641-652. [doi:

10.1016/j.soc.2018.05.005] [Medline: 30213409]
26. Kim SH. The principal issues and prospects of biobank management. Kor Assoc Health Med Sociol 2014;35:263-283

[FREE Full text]
27. Kim H, Kim S, Joly Y. South Korea: in the midst of a privacy reform centered on data sharing. Hum Genet 2018

Aug;137(8):627-635 [FREE Full text] [doi: 10.1007/s00439-018-1920-1] [Medline: 30121900]
28. Mostert M, Bredenoord A, Biesaart M, van Delden JJ. Big Data in medical research and EU data protection law: challenges

to the consent or anonymise approach. Eur J Hum Genet 2016 Dec;24(7):956-960 [FREE Full text] [doi:
10.1038/ejhg.2015.239] [Medline: 26554881]

29. Gostin L, Halabi S, Wilson K. Health data and privacy in the digital era. JAMA 2018 Jul 17;320(3):233-234. [doi:
10.1001/jama.2018.8374] [Medline: 29926092]

30. US Department of Health & Human Services. HHS.gov. 2017 Jan 18. Final rule enhances protections for research participants,
modernizes oversight system URL: http://wayback.archive-it.org/3926/20170127095200/https://www.hhs.gov/about/news/
2017/01/18/final-rule-enhances-protections-research-participants-modernizes-oversight-system.html [accessed 2019-02-14]

31. Politou E, Alepis E, Patsakis C. Forgetting personal data and revoking consent under the GDPR: challenges and proposed
solutions. J Cybersecur 2018;4(1):1. [doi: 10.1093/cybsec/tyy001]

32. Kim W, Kim H, No M. Weekly ICT Trends. 2017. [Comparison of personal information de-identification law for use of
big data information by major countries] URL: http://www.itfind.or.kr/WZIN/jugidong/1792/file1914636976523128697-1792.
pdf [accessed 2019-02-14]

33. Francois M, Obisike E. Accelerating the national implementation of electronic health records in Canada. Eur Sci J 2016
May 30;12(15):65. [doi: 10.19044/esj.2016.v12n15p65]

34. Office of the Auditor General of Ontario. 2016 Annual Report Volume 1. Toronto, ON: Queen's Printer for Ontario; 2016.
Electronic health records' implementation status URL: http://www.auditor.on.ca/en/content/annualreports/arreports/en16/
2016AR_v1_en_web.pdf [accessed 2019-06-21]

35. Atherley G. The Risks of Electronic Health Records. Fraser Forum 2009:29-32 [FREE Full text]
36. Sean D, Megan Z. Rock Health. 2019. Beyond wellness for the healthy: digital health consumer adoption 2018 URL: https:/

/rockhealth.com/reports/beyond-wellness-for-the-healthy-digital-health-consumer-adoption-2018/ [accessed 2019-02-14]
37. Seoul Asan Medical Center. Ministry of the Interior and Safety, Personal Information Protection Commission. 2016. [A

study on improvement of the legal system for processing of personal information in research purpose: focusing on the field
of healthcare research] URL: http://www.prism.go.kr/homepage/researchCommon/downloadResearchAttachFile.
do?work_key=001&file_type=CPR&seq_no=001&pdf_conv_yn=Y&research_id=1079930-201600006 [accessed 2019-02-14]

Abbreviations
EHR: electronic health record
PIPA: Personal Information Protection Act

J Med Internet Res 2019 | vol. 21 | iss. 8 | e14126 | p. 10https://www.jmir.org/2019/8/e14126/
(page number not for citation purposes)

Kim et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://dx.doi.org/10.1016/j.techfore.2015.12.019
http://europepmc.org/abstract/MED/25825667
http://dx.doi.org/10.1186/2047-2501-2-3
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25825667&dopt=Abstract
http://europepmc.org/abstract/MED/24821744
http://dx.doi.org/10.1136/amiajnl-2014-002864
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24821744&dopt=Abstract
http://bmjopen.bmj.com/cgi/pmidlookup?view=long&pmid=28947447
http://dx.doi.org/10.1136/bmjopen-2017-016640
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28947447&dopt=Abstract
http://europepmc.org/abstract/MED/25691825
http://dx.doi.org/10.5114/wo.2014.47136
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25691825&dopt=Abstract
http://www.dbpia.co.kr/journal/articleDetail?nodeId=NODE07218090
http://www.dbpia.co.kr/journal/articleDetail?nodeId=NODE07218090
http://dx.doi.org/10.17215/kaml.2016.12.24.2.69
http://dx.doi.org/10.1016/j.clsr.2014.07.011
http://dx.doi.org/10.1145/2852233
http://dx.doi.org/10.1016/j.soc.2018.05.005
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30213409&dopt=Abstract
http://scholar.dkyobobook.co.kr/searchDetail.laf?barcode=4010026997596
http://europepmc.org/abstract/MED/30121900
http://dx.doi.org/10.1007/s00439-018-1920-1
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30121900&dopt=Abstract
http://dx.doi.org/10.1038/ejhg.2015.239
http://dx.doi.org/10.1038/ejhg.2015.239
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26554881&dopt=Abstract
http://dx.doi.org/10.1001/jama.2018.8374
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29926092&dopt=Abstract
http://wayback.archive-it.org/3926/20170127095200/https://www.hhs.gov/about/news/2017/01/18/final-rule-enhances-protections-research-participants-modernizes-oversight-system.html
http://wayback.archive-it.org/3926/20170127095200/https://www.hhs.gov/about/news/2017/01/18/final-rule-enhances-protections-research-participants-modernizes-oversight-system.html
http://dx.doi.org/10.1093/cybsec/tyy001
http://www.itfind.or.kr/WZIN/jugidong/1792/file1914636976523128697-1792.pdf
http://www.itfind.or.kr/WZIN/jugidong/1792/file1914636976523128697-1792.pdf
http://dx.doi.org/10.19044/esj.2016.v12n15p65
http://www.auditor.on.ca/en/content/annualreports/arreports/en16/2016AR_v1_en_web.pdf
http://www.auditor.on.ca/en/content/annualreports/arreports/en16/2016AR_v1_en_web.pdf
https://communitynewsvictoria.files.wordpress.com/2015/10/the-risks-of-electronic-health-records.pdf
https://rockhealth.com/reports/beyond-wellness-for-the-healthy-digital-health-consumer-adoption-2018/
https://rockhealth.com/reports/beyond-wellness-for-the-healthy-digital-health-consumer-adoption-2018/
http://www.prism.go.kr/homepage/researchCommon/downloadResearchAttachFile.do?work_key=001&file_type=CPR&seq_no=001&pdf_conv_yn=Y&research_id=1079930-201600006
http://www.prism.go.kr/homepage/researchCommon/downloadResearchAttachFile.do?work_key=001&file_type=CPR&seq_no=001&pdf_conv_yn=Y&research_id=1079930-201600006
http://www.w3.org/Style/XSL
http://www.renderx.com/


Edited by G Eysenbach; submitted 28.03.19; peer-reviewed by K Dhindsa, K Kim; comments to author 15.06.19; revised version
received 27.06.19; accepted 29.06.19; published 06.08.19

Please cite as:
Kim HH, Kim B, Joo S, Shin SY, Cha HS, Park YR
Why Do Data Users Say Health Care Data Are Difficult to Use? A Cross-Sectional Survey Study
J Med Internet Res 2019;21(8):e14126
URL: https://www.jmir.org/2019/8/e14126/
doi: 10.2196/14126
PMID: 31389335

©Ho Heon Kim, Bora Kim, Segyeong Joo, Soo-Yong Shin, Hyo Soung Cha, Yu Rang Park. Originally published in the Journal
of Medical Internet Research (http://www.jmir.org), 06.08.2019. This is an open-access article distributed under the terms of the
Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution,
and reproduction in any medium, provided the original work, first published in the Journal of Medical Internet Research, is
properly cited. The complete bibliographic information, a link to the original publication on http://www.jmir.org/, as well as this
copyright and license information must be included.

J Med Internet Res 2019 | vol. 21 | iss. 8 | e14126 | p. 11https://www.jmir.org/2019/8/e14126/
(page number not for citation purposes)

Kim et alJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://www.jmir.org/2019/8/e14126/
http://dx.doi.org/10.2196/14126
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31389335&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

