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Abstract
Background: Research studies involving health-related online communities have focused on examining network structure to
understand mechanisms underlying behavior change. Content analysis of the messages exchanged in these communities has been
limited to the “social support” perspective. However, existing behavior change theories suggest that message content plays a
prominent role reflecting several sociocognitive factors that affect an individual’s efforts to make a lifestyle change. An
understanding of these factors is imperative to identify and harness the mechanisms of behavior change in the Health 2.0 era.
Objective: The objective of this work is two-fold: (1) to harness digital communication data to capture essential meaning of
communication and factors affecting a desired behavior change, and (2) to understand the applicability of existing behavior change
theories to characterize peer-to-peer communication in online platforms.
Methods: In this paper, we describe grounded theory–based qualitative analysis of digital communication in QuitNet, an online
community promoting smoking cessation. A database of 16,492 de-identified public messages from 1456 users from March
1-April 30, 2007, was used in our study. We analyzed 795 messages using grounded theory techniques to ensure thematic
saturation. This analysis enabled identification of key concepts contained in the messages exchanged by QuitNet members,
allowing us to understand the sociobehavioral intricacies underlying an individual’s efforts to cease smoking in a group setting.
We further ascertained the relevance of the identified themes to theoretical constructs in existing behavior change theories (eg,
Health Belief Model) and theoretically linked techniques of behavior change taxonomy.
Results: We identified 43 different concepts, which were then grouped under 12 themes based on analysis of 795 messages.
Examples of concepts include “sleepiness,” “pledge,” “patch,” “spouse,” and “slip.” Examples of themes include “traditions,”
“social support,” “obstacles,” “relapse,” and “cravings.” Results indicate that themes consisting of member-generated strategies
such as “virtual bonfires” and “pledges” were related to the highest number of theoretical constructs from the existing behavior
change theories. In addition, results indicate that the member-generated communication content supports sociocognitive constructs
from more than one behavior change model, unlike the majority of the existing theory-driven interventions.
Conclusions: With the onset of mobile phones and ubiquitous Internet connectivity, online social network data reflect the
intricacies of human health behavior as experienced by health consumers in real time. This study offers methodological insights
for qualitative investigations that examine the various kinds of behavioral constructs prevalent in the messages exchanged among
users of online communities. Theoretically, this study establishes the manifestation of existing behavior change theories in
QuitNet-like online health communities. Pragmatically, it sets the stage for real-time, data-driven sociobehavioral interventions
promoting healthy lifestyle modifications by allowing us to understand the emergent user needs to sustain a desired behavior
change.
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Introduction
Unhealthy behaviors such as smoking, physical inactivity, poor
diet, and alcohol consumption contribute to 835,000 deaths in
the United States annually [1,2] and are associated with an
increased risk of chronic diseases such as hypertension, diabetes,
stroke, and cancer [3]. Behavior modification is an important
component of chronic disease management and sustainable
healthy living. Adherence to healthy behaviors (eg, abstinence
from smoking) requires a significant support infrastructure for
long time intervals [4,5]. Research suggests that social
relationships play an important role in an individual’s
engagement in health issues [6-10]. While community-based
social interventions harnessing the positive effects of social
contacts exist [11-15], the mechanisms underlying the influence
of social relationships on health behaviors are not fully
understood. The ubiquity of online communities gives us
invaluable datasets in the form of electronic traces of
peer-to-peer communication, which may help us understand
social influence and behavior. With the onset of mobility and
connectivity in the communication sector, messages exchanged
in health-related online communities reflect the intricacies of
human health behavior as experienced in real time at individual,
community, and societal levels.
Several studies on online social networks provide valuable
insights into social influence, information spread, behavioral
diffusion, and the structural aspects (who has ties to whom)
[16-20]. Most prior research on social networks has made
exclusive use of structure of social ties, where network structure
is derived from the frequency of communication among
members belonging to a network. Conversely, content analysis
of online communities focused on specific behavior change
mechanisms, social support [21-23], and emotional coping
[24,25]. Prior qualitative studies on online community
interactions have focused on (1) development and evaluation
of network-based interventions [26,27], (2) user perceptions on
utility of online communities for a specific health-related illness
(eg, mental health [28]) and general conversational interests of
specific population (eg, elderly [29,30]), (3) the role of online
communities in identification of key quality indicators for
patient-centered care [31], (4) effects of gamification features
on overall technology acceptance [32], (5) users’ privacy
concerns [33], (6) the quality of communication content in the
online platforms [34,35], and (7) user participation patterns in
network-based interventions [36-38]. Other qualitative studies
examining communication content in online communities adopt
a passive approach where researchers attempt to understand
information-seeking patterns on websites or interactions in
discussion groups [39]. Such studies have examined the help
mechanisms and social support-related content of online
self-help groups for alcoholism [40], cancer [41], and other
health disorders such as Huntington’s disease [42]. Hwang et
al conducted a network-based survey on the Sparkpeople forum,
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where members focus on a weight loss regimen [43]. The
qualitative survey data were analyzed for social support themes
using grounded theory techniques. Results indicated that the
major social support themes were encouragement and
motivation, information, and shared experiences [43]. The
majority of research studies that have examined communication
content in online communities have focused on assigning
peer-to-peer communication events to various social support
categories (eg, informational support, emotional support) [44].
However, social support is only one of numerous interpersonal
mechanisms facilitated by the social ties established in online
communities [45,46]. Existing theories of behavior change and
patient engagement models suggest many different
content-driven strategies to elicit specific sociobehavioral
mechanisms beyond social support (eg, stimulus control,
observational learning) to help users achieve a behavior change
and self-manage an illness [47]. Different cognitive constructs
in existing behavior change theories suggest different techniques
[48]. Recent online survey research examined user perceptions
of different social influence mechanisms to understand the
relationship between network participation and smoking
cessation self-efficacy [46]. Results of this survey have revealed
that participation in health issue-specific social networking sites
significantly influenced each social factor, which in turn resulted
in greater smoking cessation self-efficacy. However, it is not
known the extent to which any of the theoretically grounded
strategies empirically manifest in the communication among
network users [49]. Looking at the past and current trends of
health-related online social networks, several research avenues
can be pursued in order to strategize the use of the networks for
improving health care. Advancing existing sociobehavioral
theories, understanding fundamental mechanisms of behavior
change, and formulating and evaluating novel interventional
approaches are important avenues of research opened by these
virtual platforms. Are theoretical models of sociobehavioral
models of change applicable to both offline and online contexts?
[49,50]. In-depth qualitative study of network interactions
provides us with an unprecedented opportunity to refine existing
theories and models of social networks, social support, and
behavior-change that were formulated based on face-to-face
communication.
In this paper, we describe the results of a grounded theory-based
[51,52] content analysis of messages exchanged in an online
social network for smoking cessation called QuitNet. We will
use inductive coding techniques to (1) abstract and characterize
the essence of peer-to-peer communication in online
communities, and (2) understand how the identified themes
relate to existing theoretical constructs and taxonomy of
behavior change techniques. This approach will alter the current
paradigm of studying behavior using online interactions from
being hypothesis-driven [53] to being empirically grounded.
Existing qualitative research conducted with a specific aspect
of behavior change in mind is fundamentally different from our
empirically driven, grounded theory approach. This analysis
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enhances our understanding of the manifestation of multiple
behavior change constructs, which were formulated in the
context of face-to-face communication using laboratory-based
social science approaches, in the context of online social
relationships.

Theoretical Rationale
Several health behavior theories and models have been
formulated to explain behavior change in general (see Table 1).
These frameworks have served as guides for the development
and evaluation of face-to-face and online interventions. Of the
existing theoretical models, the Health Belief Model (HBM)
[54,55], Theory of Reasoned Action (TRA) [56], the
Transtheoretical Model (TTM) [57], and Social Cognitive
Theory (SCT) [58] are found to be the most used in published
smoking cessation intervention studies [59-62]. While each of
these theoretical frameworks has its own merits and limitations,
researchers have indicated concerns about the applicability of
these models to consumers in the digital era [49,50]. The
aforementioned four theories have been applied to the largest
number of published studies on smoking cessation interventions.

The Transtheoretical Model of Change
TTM tries to explain the behavior change mechanisms by
synthesizing several constructs drawn from other theories [57].
Stages and processes of change are the two main components
of TTM. The former block explores the temporality of behavior
change, while the latter encompasses cognitive and behavioral
concepts such as decisional balance, self-efficacy, and rewards
program. Precontemplation, contemplation, preparation, action,
maintenance, and termination are the six stages of change, where
each stage involves a process of progress.

The Theory of Reasoned Action
TRA suggests that the behavior of a person is determined by
one’s behavioral intention [56]. Intent of a behavior is a function
of the person’s attitude toward the behavior, their subjective
norm associated with the behavior, and their perceived
behavioral control.

Social Cognitive Theory
The SCT is a theory based on reciprocal determinism between
a behavior, the environment, and a person [58]. This theory
emphasizes self-efficacy, an important concept related to
self-confidence. Self-efficacy is defined as “people’s judgments
of their capabilities to organize and execute courses of action
required to attain designated types of performances” p. 391 [58].
Current literature agrees on a common definition that
self-efficacy “refers to what a person believes he or she can do
on a particular task” p. 506 [58]. Goal attainment and confidence

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

Myneni et al
building through self-monitoring and continuous feedback is
often used to improve a person’s self-efficacy. Other important
constructs in SCT include behavioral capability, observational
learning, reinforcement, outcome expectations and expectancies,
emotional coping, and self-control. The construct of
observational learning has been used by network scientists to
provide an explanation for social influence and network
clustering of people engaging in the same health behavior [58].
According to SCT, observational learning in behavior change
occurs when an individual watches another person engage in a
given behavior and receive reinforcements. Another component
of SCT called reciprocal determinism takes into account the
interactions among individuals, their environments, and behavior
goals. The environment in SCT refers to a conglomeration of
factors that are external to the individual including their social
network (ie, family, friends, and peers) and physical objects
that might affect behaviors. In the case of smoking, the physical
objects can include availability of patches, access to
smoking-designated areas in the work place, and so forth.

Health Belief Model
HBM is one of the most widely used conceptual frameworks
for explaining and changing individual health behavior. HBM
evolved from a cognitive theory perspective and is a
value-expectancy theory, which attempts to explain and predict
individual’s attitudes toward objects and actions [54]. Major
components in HBM include perceived susceptibility, perceived
severity, perceived benefits, perceived barriers, cues to action,
and self-efficacy. An individual’s perceptions of a behavior can
be used as predictors of behavior change outcomes under certain
conditions that are dependent on demographic (eg, age, gender)
sociopsychological (eg, personality, social class), and structural
variables (eg, prior knowledge, experience).

Taxonomy of Behavior Change Techniques
Abraham et al defined a set of theory-linked behavior change
techniques that can be used to characterize and differentiate
between different types of intervention content [45]. Their
taxonomy of 26 theory-linked techniques is the first step towards
creating a model that provides a snapshot of intervention content
in the context theory-driven behavior change constructs. A
single behavior change technique can be related to similar
behavior change processes from multiple theories. Consequently,
the taxonomy integrates multiple behavioral theories [48] such
as the theory of planned behavior [56], SCT [58], operant
conditioning [63], and social support models on health-related
behaviors [64]. As a result, the taxonomy provides a common
vocabulary to understand the ways that sociobehavioral and
cognitive constructs of the existing behavior change theories
have been operationalized in a specific intervention.
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Table 1. Theoretical constructs from behavior change theories (adapted from Revere & Dunbar [47]).
Theory

Concept

Definition

Health Belief Model

Perceived susceptibility

One’s opinion of chances of getting a condition

Perceived severity

One’s opinion of how serious a condition and its consequences are

Perceived benefits

One’s opinion of the efficacy of the advised action to reduce risk or seriousness of
impact

Perceived barriers

One’s opinion of the tangible and psychological costs of the action

Cues to action

Strategies to activate readiness

Self-efficacy

Confidence in ability to take action and persist in action

Pre-contemplation

Unaware of problem, hasn’t thought about changes

Contemplation

Thinking about changes

Preparation

Making a plan to change

Action

Implementations of a specific action plan

Maintenance

Continuation of desirable actions, or repeating periodic recommended step(s)

Consciousness raising

Increasing awareness via information, education, and personal feedback about the
healthy behavior

Dramatic relief

Feeling fear, anxiety, or worry because of the unhealthy behavior, or feeling inspiration
and hope when they hear about how people are able to change to healthy behaviors

Self-reevaluation

Realizing that the healthy behavior is an important part of who they are and want to
be

Environmental reevaluation

Realizing how unhealthy behavior affects others

Social liberation

Realizing that society is more supportive of the healthy behavior

Self-liberation

Believing in one’s ability to change and making commitments and recommitments

Helping relationships

Finding people who are supportive of their change

Counter-conditioning

Substituting healthy ways of acting and thinking for unhealthy ways

Reinforcement management

Increasing the rewards that come from positive behavior and reducing those that come
from negative behavior

Stimulus control

Using reminders and cues that encourage healthy behavior as substitutes for those that
encourage the unhealthy behavior

Behavioral intervention

Perceived likelihood of performing the behavior; prerequisites for action

Attitude

One’s favorable or unfavorable evaluation of the behavior

Behavioral belief

Belief that the behavioral performance is associated with certain attributes or outcomes

Normative belief

Subjective belief regarding approval or disapproval of the behavior

Subjective norm

Influence of perceived social pressure weighted by one’s motivation to comply with
perceived expectations

Perceived behavioral control

One’s perception of how easy or difficult it will be to act

Reciprocal determinism

Behavior change results from interaction between individuals and environment

Behavioral capability

Knowledge and skills to influence behavior

Expectations

Beliefs about likely results of action

Self-efficacy

Confidence in ability to take action and persist in action

Observational learning

Beliefs based on observing others

Reinforcement

Responses to a person’s behavior that increase or decrease chances of recurrence

Stages of Change Model

Theory of Planned Behavior and
Theory of Reasoned Action

Social Cognitive Theory

Emotional coping respons- Strategies or tactics that are used by a person to deal with emotional stimuli.
es
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Methods
Materials
QuitNet is one of the first online social networks for health
behavior change [65] and has been in continuous existence for
the past 16 years. It is widely used with over 100,000 new
registrants per year. QuitNet has members who are current and
former smokers seeking to quit or stay abstinent. The members
are globally distributed and come from over 160 countries
including Canada, the United Kingdom, Australia, and South
Africa. Previous studies on QuitNet indicated that participation
in the online community was strongly correlated with abstinence
[66]. The dataset studied in this paper was drawn from a
previously studied quality improvement database and consists
of de-identified messages in the public threaded forums, in
which participants post messages and reply directly to each
other. A database of 16,492 de-identified public messages from
March 1-April 30, 2007, was used in our study. All messages
were stripped of identifiers but re-coded for ego id (the
individual posting) and alter id (the individual whose message
is being replied to), self-reported abstinence status of sender
and receiver, date, and position within the thread.

Methods
The objective of this qualitative analysis was to characterize
the nature of communication content exchanged by QuitNet
members, thus capturing essential meaning of communication
and factors affecting smoking cessation. This sort of analysis
ultimately enables the abstraction of communication themes as
they emerge from the data itself. Such inductive analysis is the
principle technique used in the grounded theory method
generating themes, where themes emerge from data itself
[51,52]. Open coding and constant comparison are the two main
characteristics of the analysis that can be used to ensure the
derivation of meaningful representative themes from social
network data. Open coding describes data by means of
conceptual (rather than descriptive) codes, which are derived
directly from the data, and constant comparison enables creation
of precise and consistent codes by comparing these codes to
observed phenomena and their contexts many times.
Often the messages exchanged among network members reflect
a local language that is ingrained in the network’s unique
culture. However, when it is interpreted out of context, they
lose their context-specific meaning. Similarly, in a much more
general sense, before the advent of Twitter (an online social
networking and microblogging service), the word “tweeps”
(defined as followers of a person/organization on Twitter) was
never used. Interestingly, current trends suggest having a high
number of “tweeps” as a metric to measure how well followed
a person is. Emergence of local language is a commonly found
feature of a community, and the same can be applied to online
communities as well. Therefore, when analyzing online social
network data to understand communication patterns underlying
human behavior, understanding community-specific context is
mandatory to derive meaningful inferences from the data.
A grounded theory approach was used to analyze QuitNet data
to understand the core concepts, the interrelations among
concepts, and the roles played by these concepts in an
http://www.jmir.org/2016/2/e28/
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individual’s smoking cessation activity. The first step in the
coding process involved open coding, where a line-by-line
analysis was performed on the messages to derive abstract
concepts from the data. The messages considered for analysis
were selected at random using a scripted random number
generator [67]. Each selected message was then reviewed, noting
pertinent smoking cessation-related concepts in terms of general
open codes that were generated dynamically as the data were
reviewed.
Examples of open codes included “statistics,” “pregnancy,”
“boredom,” “temper,” “patch,” and “pledge.” This process was
repeated until no new concepts were produced from the dataset.
Appropriateness of code assignment was ascertained using
constant comparison, where instances of codes were compared
in an iterative manner to make sure they reflected the same
concept. The second step was performed by re-organizing and
re-grouping the open codes using axial coding. Axial coding
allowed for the identification of unifying, repeated patterns
underlying the concepts and their relationships, thereby
revealing core themes relevant to smoking cessation. Examples
of core themes include “Family and friends,” “Obstacles,” and
“Traditions.” Initial coding was performed manually, and later
the NVivo software suite for qualitative analysis was used to
analyze themes and their patterns of occurrence in the data. A
total of 585 randomly selected messages were analyzed as
described using grounded theory principles. Furthermore, the
analysis was carried out for an additional 210 messages to ensure
no new concepts emerged. Once themes were identified, a
second coder conducted thematic analysis of a subset of 100
messages to ascertain the applicability of the derived themes to
other QuitNet messages. This second round of coding was used
to measure interrater reliability using Cohen’s kappa measure.
This qualitative analysis allowed for an in-depth evaluation of
the interactions among people in the QuitNet virtual community
and thereby a deeper understanding of the behavior change
processes that QuitNet users undergo when attempting to cease
smoking.
This thematic taxonomy derived from our grounded theory
analysis was then mapped to theoretical constructs derived from
SCT, TTM, HBM, and TRA, since these theories had been
applied to several published studies on smoking-related behavior
change. In addition, we also used the original behavior change
taxonomy, developed by Abraham et al, with 26 theory-linked
behavior change strategies [45]. As part of theme-theory
mapping, the messages in each theme and corresponding
thematic definitions were compared to descriptions of theoretical
constructs and taxonomy techniques in order to ascertain
whether a particular theme facilitates the transmission of a
specific behavior change construct.

Results
QuitNet Themes
A total of 43 different concepts were identified, which were
then grouped under 12 themes. Examples of the grouping
strategy employed to arrive at the thematic level are shown in
Figure 1, where the “Obstacles” theme is composed by
subsuming multiple concepts: “sleepiness,” “weight gain,”
J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 5
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“temper,” “boredom,” and “trouble sleeping.” These concepts
were cited as hurdles that members faced in their attempts to
quit smoking. Similarly, “traditions,” “playing games,” “sharing
weather details,” “attending virtual bonfire events,” and “taking

Myneni et al
part in daily online pledge” were the observed communal
practices that are deeply rooted in the QuitNet community.
Definitions of the themes and example messages for each theme
are listed in Table 2.

Table 2. QuitNet themes, definitions, and example messages.
Theme

Definition

Example message

Quit Obstacles

Messages in which members talk about the hurdles they are dealing with I lost quits in the past because I was so mean
or have dealt with to stay abstinent (eg, sleepiness, weight gain, temper) and nasty that my family and friends told me
to smoke.

Teachable Moments

Messages where the senders mention about the incentives one gets for
not smoking in terms of quality of life

Food is wonderful...smell is wonderful...I
smoked from 14-46...I never knew what I was
missing.

Quit Readiness

Messages that attempt to provide inspiration and prompt readiness to
quit and initiate a smoke-free life

You can do anything if you would want it bad
enough...

Cravings

Messages that capture the real-time expressions of the users urge to
smoke

I want a cigarette very much. I am trying to
resist.

Conflict

Messages that reflect a rift between two group members

No one likes being called a liar, especially if
they are NOT. Go sit

Relapse (confessions, rea- Messages in which members explain why they relapsed and/or share
sons, retries)
their emotions after they suffered a relapse

I hate myself, I slipped again. I lighted the
nicodemon

Traditions

Messages that focus exclusively on QuitNet-specific events such as
bonfires, pledges, games, and so on

I’ve got over 5K unsmoked cigs which I’d be
delighted to unload onto a raging bonfire.

Quit Progress

Messages in which members communicate their progress based on absti- Gratefully smoke free for 33 days, 17 hours, 1
nence time and/or number of unsmoked cigarettes
minute and 6 seconds.

Family and Friends

Message in which members mention their spouses, children, or friends
as motivators

Virtual Rewards

Messages in which members mention the virtual gifts (such as bracelet, awesome three days. I like the bracelet.
virtual pet, socks) received on QuitNet marking a milestone

Social Support

Messages where the content reflects the elements of praise, advice, em- Almost a year already.//// Congratulations to
pathy, and guidance
you, what a great accomplishment.

Pharmacotherapy

Messages where members explicitly discuss and evaluate various phar- I did not use any nrt though I recently went on
macotherapy options and best practices for management of nitone with- welburtin after days ct
drawal symptoms

A detailed distribution of the themes across messages is shown
in Figure 2. “Traditions,” “Social support,” and “Progress” were
the most frequently found themes, followed by discussions
related to “Teachable moments/Benefits,” “Relapse,” and
“Cravings,” “Conflict”-related messages were the least
frequently found, only behind “Virtual Rewards,”
“Pharmacotherapy,” “Family and friends,” and “Obstacles.”
QuitNet members exchange messages pertaining to traditions
that are specific to QuitNet. Examples of traditions are as
follows: (1) bonfire: a virtual event hosted regularly where
members bring their unsmoked cigarettes and throw them into
a fire, and (2) pledge: a member virtually extends their hand to
another member indicating their commitment towards staying
abstinent. This represents the support the member offers to the
next person in line to help them stay smoke-free, and as such
is one example of the content of messages belonging to the
social support category. These messages provide guidance,
express empathy, convey admiration, and promote bonding.
Expressions of empathy, love, trust, and caring, which form the
basis of emotional support, were also communicated using
phrases such as “hugs,” “flowers,” and “kisses.” Members use
http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

My hubby...poor guy used to get to sleep when
I smoked...now he is sleepless but smiling...

measurable metrics such as the number of unsmoked days and
cigarettes, the amount of money not spent on cigarettes, and the
number of days of life saved by staying smoke-free to measure
their “Progress.” These metrics are automatically calculated by
the website using a user’s recorded quit date and displayed to
the user and can be embedded in messages similar to an email
signature. Members refer to these calculated metrics when
providing positive feedback to others and utilize them for
self-monitoring.
Analysis of the QuitNet data provided crucial insights into the
relapse experiences of smokers and ex-smokers. Work-related
stress, family tragedies, inability to ward off cravings, and a
false notion of “just one puff” (denotes weak moments where
members smoke a cigarette thinking that it would not affect
their ability to stay abstinent from then on) were cited as
common reasons for relapse. Relapse is a common problem
encountered by smokers who are trying to quit and ex-smokers
who successfully quit [68]. In addition to messages indicating
risk factors for relapse, messages where members declare their
relapse and communicate their emotions (eg, “tears rolling
down,” “cheating the loved ones,” and “feeling like a loser”)
J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 6
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after relapse were also included in this theme. Also, messages
describing the “aha moments” where members recollect the
reasons behind their decision to quit smoking occur in the
dataset. Health-related issues such as the onset of
smoking-related disease and pregnancy are cited as common
drivers for these teachable moments/benefits, while quality of
life concerns such as problems related to exercise, family time,
physical appearance, and social awkwardness are also listed as
reasons for quitting.
The day-to-day urges to smoke in QuitNet members’ journeys
towards smoke-free lives were defined by cravings for cigarettes.
This theme (“Cravings”) includes messages with content where
successful quitters explained to fellow members how they dealt
with cravings. Some messages even contained information about
members’ experiences and efforts as they dealt with cravings
in real-time. Messages relevant to the quit readiness theme
displayed an effort made by QuitNet members to encourage
fellow members by making inspiring, engaging, and
thought-provoking comments on the role played by personality
traits such as attitude and willpower in a successful quit attempt.

Myneni et al
Messages also have content through which members mentioned
the obstacles they were facing, or have faced, at some point of
their abstinence phase. Weight gain, temper, problems with
sleep, and boredom were among these hurdles. Family (eg,
spouse, children) and friends are mentioned in some of the
messages as support network or motivators or obstacles. For
instance, members mentioned not being able to stay abstinent
because of watching their spouses smoke. Pharmacotherapy
options are also discussed in QuitNet messages. Usage of
patches and gums and going “cold turkey” (ie, quitting without
any pharmaceutical assistance) are discussed as facilitators of
behavior change. The members requested information about
withdrawal effects and side-effects associated with the use of
nicotine replacement therapies. Also, successful quitters advised
newer members to make use of a patch to fight cravings and
avoid relapse. Another emergent behavior exhibited by QuitNet
members involved the role of virtual rewards. Some of these
rewards included bracelets, virtual pets, socks, and access to an
“elder lodge” where successful quitters meet virtually. Rewards
were given when members met milestones such as 3-day, 15-day
quit, and 100-day quits, 1-year anniversaries, and so forth.

Figure 1. Themes in QuitNet.

Interrater Reliability
Two researchers independently coded another subset of 100
randomly selected messages using the thematic terminology
developed using grounded theory techniques. The codes they
assigned to the messages had a Cohen’s kappa measure of
81.6%, where the 84 of the 100 messages had observed

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

agreement. Disagreement was resolved using discussion, and
the majority of the disagreement (12/16 discrepancies) was
attributable to messages with “dual” content, where they could
potentially be deemed as observing a community-specific
tradition or measuring user progress in their smoking cessation
efforts.
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Figure 2. Grounded theory-based qualitative analysis of 795 messages.

Thematic Interrelationships: Comparison With
Existing Behavior Change Theories
The themes identified in QuitNet communication relate to the
sociobehavioral and cognitive constructs of the existing behavior
change theories. Tables 3 and 4 show how QuitNet themes can
facilitate a driver of behavior change that relates to one of the
theoretical constructs. A comparison matrix for inductively
derived themes (seen in columns) and theoretically derived
constructs (seen in rows) is provided based on the analysis of
their definitions and the concepts they represent. An “X”-marked
cell (see Tables 3 and 4) indicates that a given theme relates to
a particular construct. For example, consider the concept of
stimulus control, which involves using reminders and cues that
encourage healthy behavior as substitutes for those that
encourage the unhealthy behavior. For individuals who are
accustomed to smoking early in the morning, there exists a
QuitNet-specific tradition where members post messages
describing early morning weather and reaffirm their commitment
to stay abstinent. Themes such as virtual rewards, traditions,
and progress have components that attempt to improve
self-efficacy of an individual. An individual’s self-efficacy can
affect their motivation to achieve a goal, such as adhering to a
healthy behavior [17,18]. Persons with high self-efficacy are
more likely to persist longer in efforts to achieve the desired
goal [19,20]. In the case of smoking cessation, ability to ward
off cravings and stay abstinent can be improved by enhancing
a person’s self-efficacy [69-72], which can be achieved by
setting and achieving short-term goals. Organizing such goals
in a group environment also induces observational learning. For
instance, virtual rewards such as bracelets and virtual pets
accomplish the task of short-term goal setting. Watching other
members receive these rewards often motivated QuitNet
members to stay abstinent as evidenced by the following quote:
“So proud of you, I won’t light my cigarette, want that lovely
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bracelet on my hand”. Bonfires (a component of the “Traditions”
theme) are related to observational learning, where a QuitNet
member is motivated by the praise another member received at
the event on account of the number of unsmoked cigarettes they
brought. Similarly, themes such as cravings and relapse address
the aspect of dramatic relief described by the TTM. Teachable
moments/benefits and obstacles relate to the decisional balance
component of behavior change. Environmental reevaluation is
also provided by these two themes. The social support theme
includes several important constructs such as consciousness
raising, cue to action, emotional coping, and helping
relationships. For example, when a member was attempting to
overcome a craving, other QuitNet members often post messages
that attempt to help the peer member realize how far they have
come, the reasons for their quitting, and provide them with a
supporting shoulder.
As described above, several constructs from the existing intraand inter-individual behavior change theories are put together
and compared with the themes derived from QuitNet content.
The graphs in Figure 3 present the prevalence of the constructs
in QuitNet themes. Self-efficacy and observational learning are
the most relevant theoretical constructs, followed by
observational learning and helping relationships (see Figure 3).
On the other hand, traditions-related messages were highly
aligned with theoretical constructs, followed by relapse, virtual
rewards, and teachable moments/ benefits (Figure 3). Results
indicate that community-based activities such as traditions
organized in virtual communities such as QuitNet might play
an important role in operationalizing theoretical constructs in
the virtual settings. In addition, member-generated strategies
such as bonfires and pledges facilitated the highest number of
theoretical constructs from a variety of theories. Therefore, it
is important to note that no single theory from behavioral science
provides a basis for all of the themes emerging from QuitNet
messages.
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Table 3. Theme-theory matrix: conflict, virtual rewards, pharmacotherapy, family and friends, quit obstacles, and quit benefits.
Themes/Theoretical constructs

Conflict

Virtual rewards

Pharmacotherapy

Family and
friends

Quit obstacles

Quit benefits

Susceptibility

X

Severity

X

Benefits

X

Expectations
Expectancies

X

Barriers

X

Cue to action
Self-efficacy

X
X

X

Intention

X

Belief
Norm

X

Control
Decisional balance
Consciousness raising

X
X

X

X

Dramatic relief
Self-reevaluation
Environmental re-evaluation

X
X

X

X

X

X

Self-liberation
Helping relationships
Counterconditioning

X

Reinforcements

X

Stimulus control

X

Social liberation
Environment

X

X

X
X

X

Behavioral capability
Self-control

X

Observational learning

X

Emotional coping response
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Table 4. Theme-theory matrix: quit readiness, cravings, relapse, quit progress, social support, and traditions.
Themes/Theoretical constructs

Quit readiness

Susceptibility

X

Severity

X

Cravings

Relapse

Quit progress

Social support

Traditions

X

Benefits
Expectations

X

Expectancies
Barriers

X

X

X

Cue to action
Self-efficacy

X
X

X

X

X

Intention
Belief

X

Norm
Control

X
X

Decisional balance

X
X

Consciousness raising

X

Dramatic relief

X

X

Self-reevaluation

X

Environmental re-evaluation
Self-liberation

X

Helping relationships

X

X

Counterconditioning

X
X

Reinforcements
Stimulus control
Social liberation

X

X

X

Environment

X

Behavioral capability

X

Self-control
Observational learning

X

X

Emotional coping response

X

X

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

X
X

X

X

X
X

X

J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 10
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

Myneni et al

Figure 3. Thematic and theoretical prevalence in QuitNet content.

Mapping to Taxonomy of Behavior Change Techniques
The themes identified in QuitNet communication relate to the
21 standardized theory-linked behavior change techniques put
together by Abraham et al. Tables 5-7 show the manifestation
of the behavior change techniques in QuitNet themes. A binary
matrix for inductively derived themes (seen in columns) and
theoretically linked constructs (seen in rows) is provided based
on the comparative analysis of their definitions and the concepts
they represent. A tick mark (see Tables 5-7) indicates that a
given theme operationalized a specific behavior change
technique. For example, quit obstacles, cravings, and relapse
are the three themes that embedded content to prompt barrier
identification among QuitNet users. Similarly, providing general
information about the risks associated with smoking cessation
(eg, mortality-related information) has been facilitated through
exchange of messages that belong to quit obstacles, quit benefits,
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and quit readiness. As shown in Figure 4, almost all (25/26,
96%) the behavior change techniques are found to be
operationalized through messages exchanged by QuitNet users.
Follow-up prompting, which is implicitly embedded in peer
communication in QuitNet, was found to be the only technique
where a specific QuitNet theme cannot be matched. Of the
remaining 25 techniques in the taxonomy, we found that proving
social approval, social support, prompting self-talk, providing
instructions, and general encouragement were most commonly
facilitated in QuitNet communication. Conversely, messages
categorized under traditions were transmitting content that can
operationalize many (18/26, 69%) behavior change techniques.
Interestingly, from our analysis on theme-theory-comparison,
we found that traditions-related messages were aligned with the
highest number of theoretical constructs. All QuitNet themes
derived using grounded theory techniques were found to be
facilitating at least one behavior change technique.
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Table 5. Theme-taxonomy matrix: conflict, virtual rewards, pharmacotherapy, and family and friends.
Behavior change techniques

Conflict

Virtual rewards

Pharmaco-therapy

Family and
friends

Provide information about behavior health link

–

–

–

–

Provide information on consequences

–

–

–

–

Provide information about others’ approval

–

✓

–

✓

Prompt intention formation

–

–

–

✓

Prompt barrier identification

–

–

–

–

Provide general encouragement

–

✓

–

✓

Set graded tasks

–

✓

–

–

Provide instruction

–

–

✓

–

Model or demonstrate the behavior

–

✓

–

✓

Prompt specific goal setting

–

✓

–

–

Prompt review of behavioral goals

–

✓

–

–

Prompt self monitoring of behavior

–

–

✓

–

Provide feedback on performance

–

–

–

–

Provide contingent rewards

–

✓

–

–

Teach to use prompts or cues

–

–

✓

–

Agree on behavioral contract

–

✓

–

–

Prompt practice

–

–

–

–

Use follow-up prompts

–

–

–

–

Provide opportunities for social comparison

–

✓

–

✓

Plan social support or social change

–

✓

–

✓

Prompt identification as a role model

–

✓

–

–

Prompt self-talk

✓

✓

–

–

Relapse prevention

–

–

✓

–

Stress management

–

–

✓

–

Motivational interviewing

–

–

–

–

Time management

–

–

–

–
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Table 6. Theme-taxonomy matrix: quit obstacles, quit benefits, cravings, and relapse.
Behavior change techniques

Quit obstacles

Quit benefits Cravings

Relapse

Provide information about behavior health link

✓

✓

–

–

Provide information on consequences

✓

✓

–

–

Provide information about others’ approval

–

–

✓

✓

Prompt intention formation

–

✓

–

–

Prompt barrier identification

✓

–

✓

✓

Provide general encouragement

–

–

–

–

Set graded tasks

–

–

–

–

Provide instruction

–

–

✓

✓

Model or demonstrate the behavior

–

–

✓

–

Prompt specific goal setting

–

–

–

–

Prompt review of behavioral goals

–

–

–

–

Prompt self monitoring of behavior

–

–

–

–

Provide feedback on performance

–

–

–

✓

Provide contingent rewards

–

–

–

–

Teach to use prompts or cues

–

–

–

–

Agree on behavioral contract

–

–

–

–

Prompt practice

–

–

–

–

Use follow-up prompts

–

–

–

–

Provide opportunities for social comparison

–

–

–

✓

Plan social support or social change

–

–

✓

✓

Prompt identification as a role model

–

–

–

–

Prompt self-talk

–

–

–

✓

Relapse prevention

–

–

✓

✓

Stress management

–

–

✓

✓

Motivational interviewing

–

–

–

–

Time management

–

–

–

–
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Table 7. Theme-taxonomy matrix: quit progress, social support, traditions, and quit readiness.
Behavior change techniques

Quit progress

Social support

Traditions

Quit readiness

Provide information about behavior health link

–

–

–

✓

Provide information on consequences

–

–

–

✓

Provide information about others’ approval

–

✓

✓

✓

Prompt intention formation

–

–

✓

✓

Prompt barrier identification

–

–

–

✓

Provide general encouragement

✓

✓

✓

✓

Set graded tasks

✓

–

✓

–

Provide instruction

–

✓

✓

✓

Model or demonstrate the behavior

✓

–

✓

–

Prompt specific goal setting

✓

–

✓

–

Prompt review of behavioral goals

✓

–

✓

–

Prompt self monitoring of behavior

✓

–

✓

–

Provide feedback on performance

✓

–

✓

–

Provide contingent rewards

–

–

✓

–

Teach to use prompts or cues

–

–

–

–

Agree on behavioral contract

–

–

✓

–

Prompt practice

–

–

✓

–

Use follow-up prompts

–

–

–

–

Provide opportunities for social comparison

✓

–

✓

–

Plan social support or social change

–

✓

✓

–

Prompt identification as a role model

✓

–

✓

–

Prompt self-talk

✓

–

✓

✓

Relapse prevention

–

–

–

–

Stress management

–

✓

–

✓

Motivational interviewing

–

✓

–

✓

Time management

–

–

✓

✓
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Figure 4. Taxonomy-based analysis of QuitNet themes.

Discussion
Study Implications
In the case of QuitNet, activities such as pledges and bonfires
emerged from within the community and each of those events
marks a specific aspect of the smoking-cessation process. With
the evolution of communication channels from being traditional
face-to-face conversations to virtual social networks powered
by Web-based mHealth systems, the validity of existing behavior
change theories in the digital era has been questioned [49,50].
This qualitative analysis establishes the validity of behavior
change theories in the context of 21st-century technologies. In
addition, the inductive evaluation of social network content
http://www.jmir.org/2016/2/e28/
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revealed new sociocognitive constructs, which have not been
considered by existing behavior change theories. For instance,
the conflict theme, which deals with the conflicts that arise
between QuitNet members, is not found in any existing
sociobehavioral theories because the foundation for these
theories is group cooperation and not group competition. This
finding highlights the need to incorporate mechanisms that build
trust among members who communicate with one another using
virtual channels. In addition to emphasizing progress and
positive aspects of smoking cessation, focus on
community-building and social togetherness (eg, bonfires) have
helped members adhere to their quit attempts. As another
example, none of the messages mentioned the role of a physician
J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 15
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in their efforts to cease smoking, suggesting the behavior change
effort in this community is primarily self-propelled. Like any
other virtual community, most content embeds aspects of social
support. In addition to support, several other sociobehavioral
elements related to behavior change theories were found in
QuitNet messages. Our analysis revealed that most QuitNet
themes (1) relate to important behavior change constructs
belonging to multiple theories and (2) operationalize several
techniques outlined in the behavior change taxonomy.
Qualitative methods form a very important toolkit to conduct
nuanced analysis of health-related communications in online
platforms. As we have shown, inductive analytic techniques
that are data-driven enabled us to characterize peer interactions
in QuitNet. Further, use of grounded theory analysis allowed
us to develop thematic representations of QuitNet messages
that are empirically driven and not theoretically biased.
Subsequently, comparison analysis consisting of (1)
sociobehavioral constructs from existing behavior change
theories and (2) theoretically linked taxonomy of behavior
change techniques allowed us to understand the theoretical roots
and operational features of consumer-driven QuitNet
communication. The methodological process itself is immensely
informative, comprehensive, and generalizable, while being
empirically grounded and theoretically aligned simultaneously.
The applicability of the methods discussed in this paper can be
taken well beyond the analysis of a small scale sample through
use of automated text analysis methods. Communication
exchanges in online communities are time-stamped and digitized
and therefore are amenable to machine learning [73-75].
Classification of conversational and informational postings on
social media websites has been attempted using a combination
of human coding, statistical analysis, and machine learning [76].
Methods of distributional semantics have also been combined
with machine learning algorithms to classify consumer health
webpages based on language use patterns [77]. Semantic space
models, methods of distributional semantics where both terms
and larger units of text are represented in a high-dimensional
vector space [78], have been applied to peer-to-peer interactions
in online communities [79-83]. While much of this work is at
an early stage, the adaptation of such methods of distributional
semantics to represent communication between members of
online communities shows considerable promise. As part of our
ongoing and future studies, we have adapted methods of
distributional semantics in conjunction with machine learning
algorithms to enable high-throughput analysis of online social
network data [82,83]. Such methods facilitating
resource-optimized extension of qualitative analysis to
large-scale digital health data can extend the research and
application frontiers of social media, thereby further enhancing
their positive impact on health-related behaviors.
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to minimize the influence of predispositional knowledge on
theme identification, the analysis may be amenable to subjective
knowledge. In addition, manual coding is highly labor-intensive
and time-consuming. Consequently, the analysis is limited to a
small sample size, potentially limiting the generalizability of
these results. It is possible that given the low fraction of
messages thematically coded, the distribution of the themes
might not have been accurately represented. To attempt to
address this, 210 messages were coded to reach thematic
saturation. However, it may be possible that the remainder of
the dataset contains additional themes that were not captured.
The rapid growth of digital technologies will further complicate
this issue, as it will generate a data deluge of millions of
messages transmitted over the Web and mobile media.
Therefore, for large datasets, one needs to complement the
qualitative method with an automated technique that can
optimize resource utilization. The QuitNet dataset considered
in our analysis was recorded in 2007. For future studies, we
will attempt to obtain further data drawn from recent datasets.
However, we strongly believe that the findings from the reported
data on human behavior still hold, since the basic tenet of
forum-based communication (structure and logistics) remains
the same. Even emerging health-related network platforms (eg,
PatientsLikeMe) also embed online forums to facilitate
peer-to-peer communication. Threaded discussions in the form
of comments in contemporary platforms also provide forum-like
environments to facilitate text-based communication among
users in online platforms. In addition, this analysis does not take
into account seasonal patterns that might affect an individual’s
behavior change (eg, New Year’s resolutions) because of the
limited size and time period of our QuitNet dataset. We will
attempt to address these issues through use of larger longitudinal
datasets. Similarly, there have been some novel developments
with respect to modes of nicotine intake (eg, e-cigarettes) [84]
that were not observed in our dataset. However, we do not
believe the mechanisms of social influence in a forum-based
context have changed substantially over the past decade.
Proliferation of daily use social networks like Facebook and
Twitter engage users in peer communication through modes
other than text-based messaging. These open domain social
networks facilitate study of online behavior through “likes” and
“shares,” which may have provided additional insights [85,86]
but were not a feature of our dataset. Consequently, our analysis
is limited to text-based user communication among users of an
online community.

Conclusions
This paper describes a qualitative analysis of online social
network communication using a grounded theory approach. The
key contributions of this study are as follows:
1.

Limitations
This paper provides insights into the ways that consumer
interactions in online communities can be conducted using
methods that are empirically motivated and theoretically driven.
Such qualitative analysis provided useful insights into prominent
themes in QuitNet communication. Although we have ensured
the study of coding and reliability was conducted before we
formulated theme-theory linking as a potential next step in order
http://www.jmir.org/2016/2/e28/
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The study describes the first grounded theory–based
qualitative analysis of the communication in an online social
network developed to promote behavior change. Contrary
to prior qualitative studies that focused on a specific
behavior change mechanism (either social support or
emotional coping), our paper presents an empirically driven
perspective on manifestations of theoretical behavior change
constructs in online platforms.
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2.

3.

4.

The methodological process allows investigation of
consumer-driven behavior change attempts in online
communities from the perspective of existing behavior
change theories.
The study attempts to understand the applicability of
hypothesis-driven behavior change constructs to organically
evolving user communication in online platforms.
This is the first reported attempt of analyzing online user
interactions using the taxonomy of behavior change
techniques, subsequently imposing the structure of common
vocabulary to understand the ways that consumer
interactions implicitly operationalize sociobehavioral and
cognitive constructs of existing behavior change theories.

Capturing the essence of the meaning underlying the messages
exchanged during different situations and contexts in this
manner provides important information to guide further
investigations. Qualitative analysis of communication between
members of an online social network can provide valuable
insights into the mechanisms underlying human behavior
change. With the onset of mobile phones and ubiquitous Internet
connectivity, online social network data reflect the intricacies
of human health behavior as experienced by real people in real
time. Therefore, analysis of these data can also provide us with
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the much needed theoretical and empirical foundations for the
design of effective intervention strategies. This study offers
insights into the various kinds of behavioral constructs prevalent
in the messages exchanged among QuitNet users. In addition,
it underlines the need for the use of inductive approaches for
the analysis of online social network data to capture
community-specific culture. As such, these findings suggest
the need for an aggregation of multiple theoretical constructs
from more than one inter- and intra-individual theory. Given
the context-rich nature of the messages, they yield empirical
understanding of human behavior change. This understanding
has important implications for both theory and practice.
Theoretically, inductive analysis of virtual communities provides
us with a basic understanding of human behavior in the digital
era. In terms of practical implications, the study sets the stage
for (1) modeling supervised machine learning algorithms that
can scale the theoretically valid findings to large datasets [82]
and (2) simulating social network models where the relations
between members were inductively derived [82,83]. The study
thus facilitates the development of data-driven digital health
interventions that promote healthy lifestyle modifications by
harnessing social influence mechanisms. Such transdisciplinary,
theoretically validated, empirically grounded solutions may
hold the key to a healthier future.

Acknowledgments
Research reported in this publication was supported by the National Library of Medicine of the National Institutes of Health
under Award Number 1R21LM012271-01. The content is solely the responsibility of the authors and does not necessarily represent
the official views of the National Institutes of Health.

Conflicts of Interest
None declared.

References
1.
2.

3.
4.
5.
6.
7.
8.
9.
10.
11.
12.

Mokdad AH, Marks JS, Stroup DF, Gerberding JL. Actual causes of death in the United States, 2000. JAMA 2004 Mar
10;291(10):1238-1245. [doi: 10.1001/jama.291.10.1238] [Medline: 15010446]
US Department of Health and Human Services. How tobacco smoke causes disease: the biology and behavioral basis for
smoking-attributable disease: a report of the Surgeon General. Atlanta, GA: CDC; 2010. URL:http://www.cdc.gov/tobacco/
data_statistics/sgr/2010/ [accessed 2016-01-22] [WebCite Cache ID 6ejQnVHo0]
American Cancer Society. Cancer facts and figuresURL:http://www.cancer.org/acs/groups/content/@editorial/documents/
document/acspc-044552.pdf [accessed 2016-01-22] [WebCite Cache ID 6ejQtsqLd]
Fiore M. A clinical practice guideline for treating tobacco use and dependence: a US Public Health Service report. JAMA
2002:3244-3254. [doi: 10.1001/jama.283.24.3244]
Gallant MP. The influence of social support on chronic illness self-management: a review and directions for research.
Health Educ Behav 2003 Apr;30(2):170-195. [Medline: 12693522]
Chen PH, White HR, Pandina RJ. Predictors of smoking cessation from adolescence into young adulthood. Addict Behav
2001;26(4):517-529. [Medline: 11456075]
Berkman LF, Glass T, Brissette I, Seeman TE. From social integration to health: Durkheim in the new millennium. Soc
Sci Med 2000 Sep;51(6):843-857. [Medline: 10972429]
Blanchard CG, Albrecht TL, Ruckdeschel JC, Grant CH, Hemmick RM. The role of social support in adaptation to cancer
and to survival. J Psychosoc Oncol. (1-2) 1995;13:75-95.
Burg M, Seeman T. Families and health: The negative side of social ties. Ann Behav Med 1994;6:109-115.
Christakis NA, Fowler JH. The collective dynamics of smoking in a large social network. N Engl J Med 2008 May
22;358(21):2249-2258 [FREE Full text] [doi: 10.1056/NEJMsa0706154] [Medline: 18499567]
Baranowski T, Buday R, Thompson DI, Baranowski J. Playing for real: video games and stories for health-related behavior
change. Am J Prev Med 2008 Jan;34(1):74-82 [FREE Full text] [doi: 10.1016/j.amepre.2007.09.027] [Medline: 18083454]
Prokhorov AV, Kelder SH, Shegog R, Murray N, Peters R, Agurcia-Parker C, et al. Impact of A Smoking Prevention
Interactive Experience (ASPIRE), an interactive, multimedia smoking prevention and cessation curriculum for culturally

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 17
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

13.
14.

15.
16.
17.
18.
19.

20.
21.
22.
23.

24.

25.
26.

27.

28.
29.
30.
31.
32.

33.
34.
35.
36.

diverse high-school students. Nicotine Tob Res 2008 Sep;10(9):1477-1485. [doi: 10.1080/14622200802323183] [Medline:
19023839]
Royce JM, Hymowitz N, Corbett K, Hartwell TD, Orlandi MA. Smoking cessation factors among African Americans and
whites. COMMIT Research Group. Am J Public Health 1993 Feb;83(2):220-226. [Medline: 8427327]
Cavallo DN, Tate DF, Ries AV, Brown JD, DeVellis RF, Ammerman AS. A social media-based physical activity intervention:
a randomized controlled trial. Am J Prev Med 2012 Nov;43(5):527-532 [FREE Full text] [doi: 10.1016/j.amepre.2012.07.019]
[Medline: 23079176]
Lin J, Mamykina L, Lindtner S, Delajoux G, Strub H. Fish'n'Steps: Encouraging physical activity with an interactive
computer game. In: Ubi Comp. Berlin: Springer-Verlag; 2006:261.
Centola D. Social media and the science of health behavior. Circulation 2013 May 28;127(21):2135-2144 [FREE Full text]
[doi: 10.1161/CIRCULATIONAHA.112.101816] [Medline: 23716382]
Centola D. The spread of behavior in an online social network experiment. Science 2010 Sep 3;329(5996):1194-1197
[FREE Full text] [doi: 10.1126/science.1185231] [Medline: 20813952]
Valente TW, Fujimoto K. Bridging: Locating Critical Connectors in a Network. Soc Networks 2010 Jul 1;32(3):212-220
[FREE Full text] [doi: 10.1016/j.socnet.2010.03.003] [Medline: 20582157]
Aral S, Muchnik L, Sundararajan A. Distinguishing influence-based contagion from homophily-driven diffusion in dynamic
networks.: National Academy of Sciences; 2009. URL:http://dspace.mit.edu/handle/1721.1/61390 [accessed 2016-01-28]
[WebCite Cache ID 6esW1lJw9]
Shalizi CR, Thomas AC. Homophily and Contagion Are Generically Confounded in Observational Social Network Studies.
Sociol Methods Res 2011 May;40(2):211-239 [FREE Full text] [doi: 10.1177/0049124111404820] [Medline: 22523436]
Ali K, Farrer L, Gulliver A, Griffiths KM. Online Peer-to-Peer Support for Young People With Mental Health Problems:
A Systematic Review. JMIR Mental Health 2015 May 19;2(2):e19. [doi: 10.2196/mental.4418]
Chuang KY, Yang CC. Interaction patterns of nurturant support exchanged in online health social networking. J Med
Internet Res 2012;14(3):e54 [FREE Full text] [doi: 10.2196/jmir.1824] [Medline: 22555303]
Wang Y, Kraut RE, Levine JM. Eliciting and receiving online support: using computer-aided content analysis to examine
the dynamics of online social support. J Med Internet Res 2015;17(4):e99 [FREE Full text] [doi: 10.2196/jmir.3558]
[Medline: 25896033]
Batenburg A, Das E. Emotional approach coping and the effects of online peer-led support group participation among
patients with breast cancer: a longitudinal study. J Med Internet Res 2014;16(11):e256 [FREE Full text] [doi:
10.2196/jmir.3517] [Medline: 25474819]
Batenburg A, Das E. Emotional coping differences among breast cancer patients from an online support group: a
cross-sectional study. J Med Internet Res 2014;16(2):e28 [FREE Full text] [doi: 10.2196/jmir.2831] [Medline: 24499687]
Imanaka M, Ando M, Kitamura T, Kawamura T. Effectiveness of web-based self-disclosure peer-to-peer support for weight
loss: randomized controlled trial. J Med Internet Res 2013;15(7):e136 [FREE Full text] [doi: 10.2196/jmir.2405] [Medline:
23838533]
Schweier R, Romppel M, Richter C, Hoberg E, Hahmann H, Scherwinski I, et al. A web-based peer-modeling intervention
aimed at lifestyle changes in patients with coronary heart disease and chronic back pain: sequential controlled trial. J Med
Internet Res 2014;16(7):e177 [FREE Full text] [doi: 10.2196/jmir.3434] [Medline: 25057119]
McKechnie V, Barker C, Stott J. The effectiveness of an Internet support forum for carers of people with dementia: a
pre-post cohort study. J Med Internet Res 2014;16(2):e68 [FREE Full text] [doi: 10.2196/jmir.3166] [Medline: 24583789]
Nimrod G. Seniors' online communities: a quantitative content analysis. Gerontologist 2010 Jun;50(3):382-392. [doi:
10.1093/geront/gnp141] [Medline: 19917645]
Jones RB, Ashurst EJ, Atkey J, Duffy B. Older people going online: its value and before-after evaluation of volunteer
support. J Med Internet Res 2015;17(5):e122 [FREE Full text] [doi: 10.2196/jmir.3943] [Medline: 25986724]
Jung Y, Hur C, Jung D, Kim M. Identifying key hospital service quality factors in online health communities. J Med Internet
Res 2015;17(4):e90 [FREE Full text] [doi: 10.2196/jmir.3646] [Medline: 25855612]
Allam A, Kostova Z, Nakamoto K, Schulz PJ. The effect of social support features and gamification on a Web-based
intervention for rheumatoid arthritis patients: randomized controlled trial. J Med Internet Res 2015;17(1):e14 [FREE Full
text] [doi: 10.2196/jmir.3510] [Medline: 25574939]
Frost J, Vermeulen IE, Beekers N. Anonymity versus privacy: selective information sharing in online cancer communities.
J Med Internet Res 2014;16(5):e126 [FREE Full text] [doi: 10.2196/jmir.2684] [Medline: 24828114]
Chen J, Xu H, Whinston AB. Moderated Online Communities and Quality of User-Generated Content. J Manage Inform
Syst 2011 Nov 14;28(2):237-268. [doi: 10.2753/mis0742-1222280209]
Esquivel A. Accuracy and self correction of information received from an internet breast cancer list: content analysis. BMJ
2006 Apr 22;332(7547):939-942. [doi: 10.1136/bmj.38753.524201.7c]
Das A, Faxvaag A. What influences patient participation in an online forum for weight loss surgery? A qualitative case
study. Interact J Med Res 2014;3(1):e4 [FREE Full text] [doi: 10.2196/ijmr.2847] [Medline: 24509408]

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

Myneni et al

J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 18
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
37.

38.

39.
40.
41.
42.

43.

44.
45.
46.

47.
48.
49.
50.

51.
52.
53.
54.
55.
56.
57.
58.
59.

60.
61.
62.

63.

Van Uden-Kraan CF, Drossaert CH, Taal E, Smit WM, Bernelot Moens HJ, Van de Laar M. Determinants of engagement
in face-to-face and online patient support groups. J Med Internet Res 2011;13(4):e106 [FREE Full text] [doi:
10.2196/jmir.1718] [Medline: 22155649]
Sudau F, Friede T, Grabowski J, Koschack J, Makedonski P, Himmel W. Sources of Information and Behavioral Patterns
in Online Health Forums: Observational Study. J Med Internet Res 2014 Jan 31;16(1):e39 [FREE Full text] [doi:
10.2196/jmir.3280]
Eysenbach G, Till JE. Ethical issues in qualitative research on internet communities. BMJ 2001 Nov 10;323(7321):1103-1105
[FREE Full text] [Medline: 11701577]
Chuang K, Yang C. A study of informational support exchanges in MedHelp alcoholism community. Social Computing,
Behavioral-Cultural Modeling and Prediction 2012:9-17. [doi: 10.1007/978-3-642-29047-3_2]
Blanchard CG, Albrecht TL, Ruckdeschel JC, Grant CH, Hemmick RM. The role of social support in adaptation to cancer
and to survival. J Psychosoc Oncol 1995 Aug 15;13(1-2):75-95. [doi: 10.1300/J077V13N01_05]
Coulson NS, Buchanan H, Aubeeluck A. Social support in cyberspace: a content analysis of communication within a
Huntington's disease online support group. Patient Educ Couns 2007 Oct;68(2):173-178. [doi: 10.1016/j.pec.2007.06.002]
[Medline: 17629440]
Hwang KO, Ottenbacher AJ, Green AP, Cannon-Diehl MR, Richardson O, Bernstam EV, et al. Social support in an Internet
weight loss community. Int J Med Inform 2010 Jan;79(1):5-13 [FREE Full text] [doi: 10.1016/j.ijmedinf.2009.10.003]
[Medline: 19945338]
Heaney C, Israel B. Social networks and social support. In: Health behavior and health education: Theory, research, and
practice. San Francisco, CA: John Wiley & Sons; 2002:185-209.
Abraham C, Michie S. A taxonomy of behavior change techniques used in interventions. Health Psychol 2008
May;27(3):379-387. [doi: 10.1037/0278-6133.27.3.379] [Medline: 18624603]
Phua J. Participating in Health Issue-Specific Social Networking Sites to Quit Smoking: How Does Online Social
Interconnectedness Influence Smoking Cessation Self-Efficacy? J Commun 2013 Sep 16;63(5):933-952. [doi:
10.1111/jcom.12054]
Revere D, Dunbar PJ. Review of computer-generated outpatient health behavior interventions: clinical encounters “in
absentia”. J Am Med Inform Assoc 2001;8(1):62-79 [FREE Full text] [Medline: 11141513]
Glanz K, Rimer B, Viswanath K. Health Behavior and Health Education: Theory, Research, and Practice. 4th ed. San
Francisco, CA: Jossey-Bass; 2008.
Cobb N, Graham A, Byron M, Niaura R. Online social networks and smoking cessation: a scientific research agenda. J
Med Internet Res 2011;13(4):e119. [doi: 10.2196/jmir.1911]
Riley WT, Rivera DE, Atienza AA, Nilsen W, Allison SM, Mermelstein R. Health behavior models in the age of mobile
interventions: are our theories up to the task? Transl Behav Med 2011 Mar;1(1):53-71 [FREE Full text] [doi:
10.1007/s13142-011-0021-7] [Medline: 21796270]
Glaser B, Strauss A. The Discovery of Grounded Theory: Strategies for Qualitative Research. Chicago, IL: Aldine Publishers;
1967.
Strauss A, Corbin J. Basics of Qualitative Research: Techniques and Procedures for Developing Grounded Theory. Thousand
Oaks, CA: Sage; 2008.
Laumann E, Marsden P, Prensky D. The boundary specification problem in network analysis. In: Freeman LC, White DR,
Romney AK, editors. Research methods in social network analysis. New Jersey: Transaction Publishers, Rutgers; 1989:87.
Hochbaum G, Rosenstock I, Kegels S. Health belief model. Washington, DC: United States Public Health Service; 1952.
Janz NK, Becker MH. The Health Belief Model: A Decade Later. Health Education & Behavior 1984 Jan 01;11(1):1-47.
[doi: 10.1177/109019818401100101]
Ajzen I. A theory of planned behavior: From intentions to actions. Berlin Heidelberg: Springer; 1985.
Prochaska JO, Velicer WF. The transtheoretical model of health behavior change. Am J Health Promot 1997;12(1):38-48.
[Medline: 10170434]
Bandura A. Social cognitive theory. In: Kazdin AE, editor. Encyclopedia of Psychology. New York: Oxford University
Press; 2000:7-332.
DiClemente CC, Prochaska JO, Fairhurst SK, Velicer WF, Velasquez MM, Rossi JS. The process of smoking cessation:
an analysis of precontemplation, contemplation, and preparation stages of change. J Consult Clin Psychol 1991
Apr;59(2):295-304. [Medline: 2030191]
Norman P, Conner M, Bell R. The theory of planned behavior and smoking cessation. Health Psychology 1999;18(1):89-94.
[doi: 10.1037/0278-6133.18.1.89]
Galvin KT. A critical review of the health belief model in relation to cigarette smoking behaviour. J Clin Nurs 1992
Jan;1(1):13-18. [doi: 10.1111/j.1365-2702.1992.tb00050.x]
Van Zundert RMP, Nijhof LM, Engels R. Testing Social Cognitive Theory as a theoretical framework to predict smoking
relapse among daily smoking adolescents. Addict Behav 2009 Mar;34(3):281-286. [doi: 10.1016/j.addbeh.2008.11.004]
[Medline: 19059732]
Skinner BF. Operant behavior. American Psychologist 1963;18(8):503-515. [doi: 10.1037/h0045185]

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

Myneni et al

J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 19
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
64.
65.
66.

67.
68.
69.
70.
71.
72.
73.
74.
75.

76.

77.
78.
79.
80.
81.
82.
83.

84.

85.
86.

Myneni et al

Berkman L, Glass T. Social integration, social networks, social support, and health. Social epidemiology 2000;1:137-173.
QuitNet LLC. URL:https://quitnet.meyouhealth.com/ [accessed 2016-01-28] [WebCite Cache ID 6et1GMREg]
Graham AL, Cobb NK, Raymond L, Sill S, Young J. Effectiveness of an internet-based worksite smoking cessation
intervention at 12 months. J Occup Environ Med 2007 Aug;49(8):821-828. [doi: 10.1097/JOM.0b013e3180d09e6f] [Medline:
17693778]
Random number generator. URL:https://www.random.org/ [accessed 2016-01-28] [WebCite Cache ID 6et1PYU3E]
Centers for Disease Control and Prevention. Smoking cessation - fact sheet. 2013. URL:http://www.cdc.gov/tobacco/
data_statistics/fact_sheets/cessation/quitting/ [accessed 2016-01-22] [WebCite Cache ID 6ejRvVrEX]
Bandura A. Self-efficacy: Toward a unifying theory of behavioral change. Psychological Review 1977;84(2):191-215. [doi:
10.1037//0033-295x.84.2.191]
Dijkstra A, de VH, Bakker M. Pros and cons of quitting, self-efficacy, and the stages of change in smoking cessation. J
Consult Clin Psychol 1996 Aug;64(4):758-763. [Medline: 8803366]
McAuley E, Lox C, Duncan T. Long-term maintenance of exercise, self-efficacy, and physiological change in older adults.
J Gerontol 1993 Jul;48(4):P218-P224. [Medline: 8315239]
Strecher VJ, DeVellis BM, Becker MH, Rosenstock IM. The role of self-efficacy in achieving health behavior change.
Health Educ Q 1986;13(1):73-92. [Medline: 3957687]
MacLean DL, Heer J. Identifying medical terms in patient-authored text: a crowdsourcing-based approach. J Am Med
Inform Assoc 2013;20(6):1120-1127 [FREE Full text] [doi: 10.1136/amiajnl-2012-001110] [Medline: 23645553]
Chee B, Berlin R, Schatz B. Predicting adverse drug events from personal health messages. 2011 Presented at: AMIA
Annual Symposium; 2011; Washington, DC.
Wang Y, Kraut R, Levine J. To stay or leave?: the relationship of emotional and informational support to commitment in
online health support groups. 2012 Presented at: ACM Conference on Computer Supported Cooperative Work; February
11-15, 2012; Seattle, Washington.
Harper F, Moy D, Konstan J. Facts or friends?: distinguishing informational and conversational questions in social Q&A
sites. 2009 Presented at: 27th International Conference on Human factors in Computing Systems; April 4-9, 2009; Boston.
MA.
Chen G, Warren J, Riddle P. Semantic Space models for classification of consumer webpages on metadata attributes. J
Biomed Inform 2010 Oct;43(5):725-735 [FREE Full text] [doi: 10.1016/j.jbi.2010.06.005] [Medline: 20601122]
Cohen T, Widdows D. Empirical distributional semantics: methods and biomedical applications. J Biomed Inform 2009
Apr;42(2):390-405 [FREE Full text] [doi: 10.1016/j.jbi.2009.02.002] [Medline: 19232399]
McArthur R, Bruza P, Warren J, Kralik D. Projecting Computational Sense of Self: A Study of Transition in a Chronic
Illness Online Community. System sciences 2006;5:91. [doi: 10.1109/HICSS.2006.400]
McAurthur R, Bruza P. Dimensional representations of knowledge in online community. In: Chance Discovery. Berlin:
Springer; 2003:98-114.
McAurthur R, Bruza P. Discovery of tacit knowledge and topical ebbs and flows within the utterances of online community.
In: Chance Discovery. Berlin: Springer; 2003:115-132.
Myneni S, Cobb NK, Cohen T. Finding meaning in social media: content-based social network analysis of QuitNet to
identify new opportunities for health promotion. Stud Health Technol Inform 2013;192:807-811. [Medline: 23920669]
Myneni S, Fujimoto K, Cobb N, Cohen T. Content-Driven Analysis of an Online Community for Smoking Cessation:
Integration of Qualitative Techniques, Automated Text Analysis, and Affiliation Networks. Am J Public Health 2015
Jun;105(6):1206-1212. [doi: 10.2105/ajph.2014.302464]
Chen AT, Zhu S, Conway M. What Online Communities Can Tell Us About Electronic Cigarettes and Hookah Use: A
Study Using Text Mining and Visualization Techniques. J Med Internet Res 2015;17(9):e220 [FREE Full text] [doi:
10.2196/jmir.4517] [Medline: 26420469]
Hawn C. Take two aspirin and tweet me in the morning: how Twitter, Facebook, and other social media are reshaping
health care. Health Aff (Millwood) 2009;28(2):361-368 [FREE Full text] [doi: 10.1377/hlthaff.28.2.361] [Medline: 19275991]
Neiger BL, Thackeray R, Van Wagenen SA, Hanson CL, West JH, Barnes MD, et al. Use of social media in health promotion:
purposes, key performance indicators, and evaluation metrics. Health Promot Pract 2012 Mar;13(2):159-164. [doi:
10.1177/1524839911433467] [Medline: 22382491]

Abbreviations
HBM: Health Belief Model
TRA: Theory of Reasoned Action
TTM: Transtheoretical Model
SCT: Social Cognitive Theory

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 20
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

Myneni et al

Edited by G Eysenbach; submitted 13.05.15; peer-reviewed by S Wangberg, W Riley, A Lau; comments to author 19.08.15; revised
version received 24.10.15; accepted 09.11.15; published 02.02.16
Please cite as:
Myneni S, Cobb N, Cohen T
In Pursuit of Theoretical Ground in Behavior Change Support Systems: Analysis of Peer-to-Peer Communication in a Health-Related
Online Community
J Med Internet Res 2016;18(2):e28
URL: http://www.jmir.org/2016/2/e28/
doi: 10.2196/jmir.4671
PMID: 26839162

©Sahiti Myneni, Nathan Cobb, Trevor Cohen. Originally published in the Journal of Medical Internet Research
(http://www.jmir.org), 02.02.2016. This is an open-access article distributed under the terms of the Creative Commons Attribution
License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use, distribution, and reproduction in any
medium, provided the original work, first published in the Journal of Medical Internet Research, is properly cited. The complete
bibliographic information, a link to the original publication on http://www.jmir.org/, as well as this copyright and license information
must be included.

http://www.jmir.org/2016/2/e28/

XSL• FO
RenderX

J Med Internet Res 2016 | vol. 18 | iss. 2 | e28 | p. 21
(page number not for citation purposes)

