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Abstract
Background: Many Web-based computer-tailored interventions are characterized by high dropout rates, which limit their
potential impact.
Objective: This study had 4 aims: (1) examining if the use of a Web-based computer-tailored obesity prevention intervention
can be increased by using videos as the delivery format, (2) examining if the delivery of intervention content via participants’
preferred delivery format can increase intervention use, (3) examining if intervention effects are moderated by intervention use
and matching or mismatching intervention delivery format preference, (4) and identifying which sociodemographic factors and
intervention appreciation variables predict intervention use.
Methods: Data were used from a randomized controlled study into the efficacy of a video and text version of a Web-based
computer-tailored obesity prevention intervention consisting of a baseline measurement and a 6-month follow-up measurement.
The intervention consisted of 6 weekly sessions and could be used for 3 months. ANCOVAs were conducted to assess differences
in use between the video and text version and between participants allocated to a matching and mismatching intervention delivery
format. Potential moderation by intervention use and matching/mismatching delivery format on self-reported body mass index
(BMI), physical activity, and energy intake was examined using regression analyses with interaction terms. Finally, regression
analysis was performed to assess determinants of intervention use.
Results: In total, 1419 participants completed the baseline questionnaire (follow-up response=71.53%, 1015/1419). Intervention
use declined rapidly over time; the first 2 intervention sessions were completed by approximately half of the participants and
only 10.9% (104/956) of the study population completed all 6 sessions of the intervention. There were no significant differences
in use between the video and text version. Intervention use was significantly higher among participants who were allocated to an
intervention condition that matched their preferred intervention delivery format. There were no significant interaction terms for
any of the outcome variables; a match and more intervention use did not result in better intervention effects. Participants with a
high BMI and participants who felt involved and supported by the intervention were more likely to use the intervention more
often.
Conclusions: Video delivery of tailored feedback does not increase the use of Web-based computer-tailored interventions.
However, intervention use can potentially be increased by delivering intervention content via participants’ preferred intervention
delivery format and creating feelings of relatedness. Because more intervention use was not associated with better intervention
outcomes, more research is needed to examine the optimum number of intervention sessions in terms of maximizing use and
effects.
Trial Registration: Nederlands Trial Register: NTR3501; http://www.trialregister.nl/trialreg/admin/rctview.asp?TC=3501
(Archived by WebCite at http://www.webcitation.org/6b2tsH8Pk)
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Introduction
Web-based computer-tailored interventions are increasingly
being tested to target health-related behaviors, such as physical
activity, dietary intake, and smoking [1,2]. These interventions
are potentially cost-effective because they can reach many
people with individualized information via the Internet for
relatively low costs [1,3-5]. Unfortunately, these interventions
often are not optimally used by the intended target groups. A
rapid decline in use of intervention sessions in the first weeks
after initial participation is seen, in particular among people
with a low educational level [6-13]. As a result, many people
will not be exposed to all essential intervention content if it is
provided in multiple sessions over a longer period of time. This
limits the potential impact of such interventions because
evidence suggests that repeated intervention use is necessary
to achieve sustainable behavioral changes [13-19]. Hence, many
scholars have highlighted the necessity to increase research on
strategies that can improve the (prolonged) use of Web-based
computer-tailored interventions, particularly among people with
a low educational level [6,11,20-22]. However, although
research into this area is growing, thus far studies have yielded
no or only modest improvements in intervention use [7,11].
Hence, the main aim of this study was to contribute to the
required insight into how the use of Web-based
computer-tailored interventions can be improved. This study is
part of a randomized controlled trial (RCT) that has
demonstrated that a video version of a Web-based
computer-tailored obesity prevention intervention is more
effective in reducing body mass index (BMI) and energy intake
than a similar text version [23]. The first study aim was to
examine if the video version resulted in more intervention use
compared to the text version among people with a low
educational level in particular. To provide insight into other
possible ways to increase intervention use, the second study
aim was to examine if the delivery of intervention content via
persons’ preferred intervention delivery format was associated
with more intervention use. A related study aim was to examine
if this match and more intervention use were related to better
intervention effects. In addition, the final study aim was to
examine demographic factors and intervention appreciation
variables as potential predictors of intervention use.
Previous research has shown that there are multiple
computer-mediated delivery modes that can be used to
effectively communicate messages to people, such as text, video,
and audio [24]. The idea to examine the additional effects of
videos originated from the fact that most Web-based
computer-tailored interventions merely consist of “dry”
text-based information. Video-based messages are considered
to be livelier and, therefore, more likely to be engaging and to
stimulate revisits [25-32]. For example, a recent study has shown
that providing video-tailored feedback can significantly increase
the time spent with a Web-based physical activity intervention
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[30]. The use of videos, in particular, may be appropriate for
persons with a low educational level because these individuals
generally are less text-oriented [22,25,33]. In addition, matching
the delivery format of intervention content with participants’
preferred intervention delivery format may also lead to
prolonged intervention use and eventually better health outcomes
[34-38]. According to the Elaboration Likelihood Model, an
adequate match between a person’s preferences and educational
materials will stimulate central route processing, which
accordingly makes it more likely that positive changes are
induced [39]. Conversely, a mismatch can reduce participation
and may result in negative outcomes, such as dissatisfaction
with the information and eventually poorer intervention effects
[35,38].
The use of Web-based computer-tailored interventions can also
be improved by gaining more insight into the factors that are
predictive for intervention use. For example, prior research has
suggested that interventions that are appreciated well are more
likely to be used [21,40-42]. Based on Self-Determination
Theory (SDT), it has been suggested that intervention use may
be higher when an intervention is evaluated well on factors that
can increase a person’s intrinsic motivation, such as perceived
autonomy and relatedness [43,44]. Research has also
demonstrated that intervention use is influenced by demographic
factors; men and people with a low educational level are more
likely to discontinue a Web-based computer-tailored
intervention, whereas usage is higher among women and older
persons [11,17,45]. More insight into the demographic
characteristics predictive for intervention use offers the
possibility to encourage revisits among people who are less
likely to revisit a Web-based computer-tailored intervention
[11].
In conclusion, the main aim of this study was to provide insight
into how the use and, relatedly, the effectiveness of Web-based
computer-tailored interventions can be improved.

Methods
Ethical Approval
The Ethical Committee of the Open University Heerlen reviewed
the study protocol and decided that there was no objection to
performing the study. The study is registered in the Dutch Trial
Register (NTR3501).

Study Design and Respondents
For this study, we used data from a RCT about the efficacy of
the video and text version of the Web-based computer-tailored
obesity prevention intervention. These 2 versions were compared
to a waiting list control group. Baseline measurements (T0)
took place between September 2012 and February 2013 and
there was one follow-up measurement 6 months after baseline
(T1). Participants were eligible to participate if they were at
least 18 years of age, had a paid job, had a BMI between 18.5
J Med Internet Res 2015 | vol. 17 | iss. 9 | e222 | p. 2
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
and 30 kg/m2, and had sufficient command of the Dutch
language. People with a physical condition that influenced their
dietary or physical activity pattern (eg, diabetes) were excluded
from participation.
Participants were recruited via occupational health centers, but
mainly directly through worksites and via advertisements in
newspapers. Participants had to register at the study website,
where they could read more information about the study and
the intervention. After registration, participants were randomly
assigned to 1 of the 3 study conditions (video version, text
version, control group) in a computer-determined sequence after
which they received a username and password by email. With
their account, they could log in to the website and fill out the
baseline questionnaire. Participants in the intervention conditions
were given access to the intervention 2 weeks after completion
of the baseline questionnaire. To decrease the likelihood of
attrition, participants received 2 email reminders per
questionnaire. Participants could further win 1 of 100 cash prizes
of €100 if they completed all questionnaires (ie, total amount
of prizes was €10,000).

Intervention
The video and text version of the Web-based computer-tailored
intervention had the objective to prevent weight gain or achieve
modest weight loss by guiding people in making and maintaining
small changes in dietary intake and physical activity. Both
versions had exactly the same content. In the video version,
most educational content (ie, approximately 75%) was provided
via videos, whereas the text version provided the educational
content only via text without any visual elements. The text in
the video version was used to give instructions about setting
goals and making plans, delivering optional in-depth information
(eg, about the small changes approach), and giving feedback
about how to deal with many different barriers. In the videos,
professional actors read the messages aloud by means of a
news-driven format. The I-Change Model [46] and
self-regulation theories [47,48] were used as the theoretical
basis of the intervention. The intervention could be used for a
maximum 3 months and consisted of 6 sessions, which each
lasted approximately 15 minutes. Session 2 could be followed
directly after session 1, but the subsequent sessions were weekly
to monitor participants’ progress over time. To decrease the
likelihood of attrition, participants received 2 email reminders
per session. Detailed information about the development of the
intervention can be found elsewhere [25].
The aim of session 1 was to help participants set an appropriate
weight goal (ie, maintain current weight or lose a little weight)
and a behavior change goal (ie, improve dietary intake, physical
activity, or both). For this purpose, participants received tailored
feedback about their BMI, dietary intake, physical activity level,
and sociocognitive beliefs toward making changes in diet and
physical activity (ie, attitude, self-efficacy, and social influence).
Session 2 aimed to help participants make appropriate “if-then”
action plans (ie, implementation intentions) [49]. For this
purpose, tailored feedback was given to indicate which specific
behavior changes participants could make to achieve their
weight goal. Subsequently, participants had to specify when,
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where, and how they were going to perform the desired behavior
change. After this session, participants could start with the
planned behavior change.
The last 4 sessions could be accessed in the next weeks, with
at least 1 week between each session. The main aim of these
sessions was to indicate whether or not participants had achieved
their goals. Session 3, for example, provided tailored feedback
about participants’ behavior change progress and offered the
possibility to make coping plans. In addition, session 4 also
consisted of narratives in which a role model told how his/her
behavior change was going and how he/she dealt with difficult
situations. In this session, participants could also change their
goals and plans. Session 5 was similar to session 4, but also
provided iterative feedback concerning participants’ success in
attaining their weight goal. Finally, session 6 was similar to the
previous session, but also offered the possibility to set a
long-term weight goal and make plans for achieving this goal.

Measurements
Outcome Variables
Intervention use was assessed by examining how many sessions
were completed during the entire intervention period. Based on
website tracking data, it was possible to assess whether or not
participants had completed a particular intervention session.
For each session, completion was scored as 1 and noncompletion
as 0. These scores were summed, which resulted in a total score
for intervention use ranging from 0 to 6 completed sessions.
Participants’ dietary intake was assessed at both T0 and T1 by
means of a food frequency questionnaire consisting of 66 items.
This questionnaire was based on a validated questionnaire
concerning fat intake [50]. Our questionnaire mainly assessed
intake of energy-dense products originating from 6 different
food categories (ie, dairy products, sandwiches and fillings,
food at dinner, sweet and savory snacks, hot and cold beverages,
and alcohol). For each food product, the frequency (ie, number
of days per week) and quantity (ie, servings per day) were
assessed and, when applicable, portion size and type of product
(eg, use of skimmed, semiskimmed, or whole milk) were
assessed as well. A score for the average daily intake of calories
from energy-dense food products was calculated by combining
these questions with the energy value of each food product [51].
At T0 and T1, physical activity was assessed using the Short
Questionnaire to Assess Health-Enhancing Physical Activity
(SQUASH) [52]. Research has shown that this is a reliable and
valid questionnaire to estimate the level of physical activity
among Dutch adults [52]. Per category (ie, commuting activities,
leisure time activities, household activities, and activities at
work), participants had to indicate on how many days per week
they engaged in this activity, the average time per day spent in
doing this activity, and the intensity of the activity (ie, light,
moderate, or vigorous). The scores on these questions were used
to calculate a total score for the average daily minutes of
moderate and vigorous intensity physical activity.
To assess BMI, participants were asked to report their height
in meters and their body weight in kilograms as measured in
the morning without clothes and shoes at both T0 and T1. In
addition, participants who had not completed the online
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follow-up questionnaire at T1 were contacted by telephone to
assess their body weight. In-line with the online questionnaire,
these participants were asked to indicate their body weight in
kilograms as measured in the morning without clothes and shoes.

Intervention Delivery Format Preference
At T0, intervention delivery format preference was measured
by asking via which delivery format participants preferred to
receive information in Web-based computer-tailored
interventions (text only, videos only, combination of text and
videos, or no preference). The answer to this question was
combined with the assigned study condition to determine
whether or not participants’ preference matched with the
delivery format of the allocated intervention condition. This
resulted in 2 groups of participants: (1) participants with a
matched preference and (2) participants with a mismatched
preference. Participants in the video condition were considered
to have a match when they preferred to receive intervention
content via a combination of videos and text (as the video
version consisted of both video and text). Participants in the
text condition had a match when they had a text-only delivery
format preference. Participants in the video condition were
considered to have a mismatch when they preferred to receive
intervention content via video only or text only. Participants in
the text condition had a mismatch when they had a delivery
format preference for video only or a combination of video and
text. It should be noted that participants who indicated that they
did not have a preference for a particular intervention delivery
format were not included in this variable (n=320). In addition,
participants who were allocated to the control condition were
also not included in this variable because they did not receive
the video or text version of the intervention.

Appreciation of Intervention
At T1, appreciation of the intervention was assessed by means
of 8 concepts. First, participants were asked to indicate on a
5-point Likert scale (1=low and 5=high) how they appreciated
the information and feedback messages in the intervention:
interesting, useful, understandable, and fitting to own situation.
In addition, participants were also asked to give an overall rating
of their impression of the intervention on a scale ranging from
1 (very poor) to 10 (excellent). Finally, participants’ perceptions
of the intervention regarding autonomy, relatedness, and
competence were assessed. These 3 concepts were derived from
the SDT [43] and measured on a 5-point Likert scale (1=low
and 5=high). First autonomy was assessed with 2 items by
asking participants to which degree they experienced freedom
in setting own goals and plans as well as in deciding which
information they could read. Next, competence was assessed
using 3 items. Participants had to indicate if the intervention
had increased their confidence in their ability to manage their
weight, dietary intake, and physical activity behavior. Finally,
relatedness was assessed using 3 items by asking participants
if they felt involved and supported by the intervention. A mean
score was calculated for each of the 3 SDT concepts.

Demographics
Demographic characteristics were assessed at T0 and included
gender (1=male; 2=female), age, and educational level (ie, the
http://www.jmir.org/2015/9/e222/
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highest level of education completed). Educational level was
classified into 3 categories: low (1=primary or basic vocational
school), medium (2=secondary vocational school or high
school), and high (3=higher vocational school or university)
[53].

Statistical Analyses
All statistical analyses were conducted using SPSS 20.0 (IBM
Corp, Armonk, NY, USA), applying a significance level of .05
for single variables and .10 for interaction terms [54]. At both
T0 and T1, multiple imputation was used to replace missing
values on demographics, sociocognitive variables, and the
outcome variables. Based on the dropout rate and the amount
of missing values, the number of imputations was set at 40.
Descriptive statistics and frequencies were used to describe the
demographic characteristics of the study population at baseline
as well as use of the different intervention sessions. Potential
differences between the 3 study conditions at baseline were
examined using analyses of variance (ANOVA) with Tukey
post hoc tests for continuous variables and chi-square tests with
Bonferroni correction for categorical variables.
Difference in use between the video and text intervention was
assessed using ANCOVA. Another ANCOVA was performed
to examine differences in use between the video and text
intervention per educational level. Difference in use between
participants who were assigned to an intervention condition that
matched or mismatched their preferred intervention delivery
format was also assessed with an ANCOVA.
Linear regression analyses with interaction terms were
performed to examine whether the intervention effects were
moderated by (1) intervention use and (2) matching or
mismatching intervention delivery format. Moderation of
intervention use was examined by comparing the effects of the
intervention conditions to the control condition. For matching,
moderation was examined by comparing the effects of the 2
intervention conditions with one another. The effect analyses
were conducted for each outcome variable separately (ie, BMI,
dietary intake, physical activity). The regression analyses were
further adjusted for potential confounders (eg, baseline behavior
and baseline differences). In addition, all moderation analyses
were performed with both the multiple imputation as a
completers-only dataset.
Finally, a linear regression analysis with the enter method was
carried out to assess which demographics and intervention
appreciation variables predicted intervention use.

Results
Study Sample
The CONSORT-EHEALTH flowchart [55] shows the use of
the intervention and participation throughout the study per study
condition (see Figure 1). In total, 1419 participants completed
the baseline questionnaire; at 6-month follow-up, data were
collected for 1015 (71.53%) participants. Of the participants
who completed the baseline questionnaire, only 328 of 465
(70.5%) participants in the video condition and 364 of 491
(74.1%) in the text condition also completed the first
J Med Internet Res 2015 | vol. 17 | iss. 9 | e222 | p. 4
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intervention session. Moreover, only 44
participants in the video condition and 60
participants in the text condition followed
sessions. Overall, only 10.9% (N=956) of
completed all 6 sessions of the intervention.
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of 465 (9.5%)
of 491 (12.2%)
all intervention
the participants

Participants’ mean age was 48.12 (SD 11.52) years and 831 of
1419 (58.56%) participants were female (see Table 1). The
distribution of educational level between the 3 study conditions

differed significantly (χ24=10.3, P=.004) at baseline (see Table
1). The number of participants with a low educational level was
significantly higher in the control condition compared to the
text condition. Moreover, the number of participants with a
medium educational level was significantly higher in the text
and control condition in comparison to the video condition. In
addition, compared to the control condition, significantly more
participants in the video condition had a high educational level.

Table 1. Characteristics of the study sample and differences between the study conditions.

Baseline characteristics

Full sample

Video

Text

Control

(N=1419)

(N=465)

(N=491)

(n=463)

831 (58.56)

273 (58.7)

284 (57.8)

274 (59.2)

a

a

F
(df1,df2)

χ2 (df)

P

0.2 (2)

.91

10.4 (4)

.004

Baseline
Gender (female), n (%)
Educational level, n (%)
Low

214 (15.08)

75 (16.1)

67 (13.6)

Medium

436 (30.73)

118 (25.4)a,b

161 (32.8)a

157 (33.9)b

High

769 (54.19)

272 (58.5)a

263 (53.6)

234 (50.5)a

Age, mean (SD)

48.12 (11.52)

48.06 (12.05)

47.84 (11.58)

48.50 (10.92)

0.40
(2,2415)

.67

BMI, mean (SD)

26.42 (2.33)

26.43 (2.25)

26.45 (2.37)

26.37 (2.38)

0.13
(2,2348)

.88

Average daily minutes moderate and 78.23 (83.40)
vigorous physical activity, mean (SD)

74.43 (73.27)

76.84 (81.11)

83.52 (94.51)

1.48
(2,2420)

.23

Average daily energy intake, mean
(SD)

1308.36
(490.37)

1314.70
(497.42)

1266.51 (515.07) 1.33
(2,2378)

.27

1296.91 (501.04)

72 (15.6)

Intervention delivery format preference, n (%)
Text only

579 (40.83)

194 (41.7)

206 (42.0)

179 (38.7)

Video only

30 (2.12)

8 (1.7)

12 (2.4)

10 (2.2)

Combination video/text

489 (34.48)

162 (34.8)

175 (35.7)

152 (32.8)

No preference

320 (22.56)

101 (21.7)

97 (19.8)

122 (26.3)

Match

368 (48.61)

162 (44.5)a

206 (52.4)a

—

Mismatch

389 (51.39)

202 (55.5)a

187 (47.6)a

—

(n=1015)

(n=331)

(n=315)

(n=369)

25.99 (2.57)

25.87 (2.32)

25.96 (2.87)

26.12 (2.52)

6.8 (4)

.34

4.7 (2)

.03

Matching intervention delivery
format, n (%)

Follow-up
BMI, mean (SD)

a, b

Average daily minutes moderate and 114.87 (109.68)
vigorous physical activity, mean (SD)

114.82 (100.55) 113.77 (97.46)

Average daily energy intake, mean
(SD)

1017.68
(434.46)

1078.97 (448.27)

http://www.jmir.org/2015/9/e222/

RenderX

992.91 (460.40) 1157,55 (436.07)

Values within a row with identical letters were significantly different as determined by chi-square tests with Bonferroni correction.

Most participants preferred to receive information in Web-based
computer-tailored interventions via text only (40.80%,
579/1419) followed by a combination of video and text (34.46%,
489/1419). Only 30 of 1419 (2.11%) participants preferred to
receive information via video only and 320 of 1419 (22.55%)
participants had no preference regarding the delivery format.
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115.52 (120.48)

In total, 368 of 757 (48.6%) participants were assigned to an
intervention condition that matched their preferred intervention
delivery format. For example, 206 of 491 (52.4%) participants
who were assigned to the text condition also preferred to receive
information in Web-based computer-tailored interventions via
text only. The distribution of matching and mismatching
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intervention delivery format between the 2 intervention
conditions differed significantly (χ23=4.7, P=.03). Significantly
more participants in the text condition had a match compared
to the video condition and vice versa. This result was also found
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when we included participants who had no preference for a
particular intervention delivery format in the matching group
(χ23=8.3, P=.004).

Figure 1. Flowchart of the enrollment, allocation, and participation of respondents.

Intervention Use
The mean number of completed sessions was 2.07 (SD 1.91)
in the video condition and 2.22 (SD 1.97) in the text condition,
but this difference was not statistically significant (F1,910=1.55,
P=.21). In the analyses stratified by level of education also, no
significant differences were found in the average number of
completed sessions between the text and video condition: low
(F1,127=0.00, P=.84), medium (F1,258=2.47, P=.12), and high
(F1,503=0.23, P=.63) educational level.
Yet, there was a significant difference in use between
participants who were allocated to an intervention condition
that matched their preferred intervention delivery format and
those with a mismatch (F1,910=4.58, P=.03). The mean number
of completed sessions was 2.24 (SD 1.96) among participants

http://www.jmir.org/2015/9/e222/

XSL• FO
RenderX

with a match, whereas the mean was 1.95 (SD 1.88) among
those with a mismatch.

Influence of Intervention Use and
Matching/Mismatching Intervention Delivery Format
There were no significant video and text condition intervention
use interaction terms for any of the outcome variables (see Table
2). This implies that intervention use did not have a moderating
impact on the intervention outcomes. In addition, we also did
not find significant condition intervention delivery format
interaction terms for any of the outcome variables (see Table
2). This implies that the intervention outcomes were not
influenced by whether or not participants were allocated to an
intervention condition that matched their preferred intervention
delivery format. These results were found with both the
complete cases dataset as the multiple imputation dataset.
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Table 2. Interactions terms regarding intervention use and matching/mismatching intervention delivery format for complete cases data.
Interaction termsa,b

β

P

Condition*match/mismatch

.024

.56

Video condition*intervention use

–.090

.32

Text condition*intervention use

–.084

.33

Condition*match/mismatch

.096

.29

Video condition*intervention use

–.041

.27

Text condition*intervention use

–.062

.10

Condition*match/mismatch

–.090

.33

Video condition*intervention use

.022

.83

Text condition*intervention use

–.023

.81

BMI

Energy intake

Physical activity

a

The moderation of intervention use was examined by comparing the intervention conditions to the control condition.

b

The moderation of match/mismatch was examined by comparing the intervention conditions with each other.

Determinants of Intervention Use
The determinant analysis showed that participants with a higher
BMI were significantly more likely to use the intervention more
often (see Table 3). In addition, participants who felt involved

and supported by the intervention (ie, feelings of relatedness)
were also significantly more likely to use the intervention more
often. The explained variance of the regression model was
16.0%.

Table 3. Determinants of intervention use (number of completed sessions) as assessed by multiple linear regression analysis.
Determinants

β

P

Study condition

.062

.37

Age

.090

.23

Gender

.133

.08

Low vs medium

.012

.92

Low vs high

.094

.45

BMI

.177

.02

Average daily minutes moderate and vigorous physical activity

.087

.24

Average daily energy intake

–.042

.56

The feedback messages fit to my own situation

–.082

.47

The feedback messages were understandable

.015

.88

The feedback messages were useful

.117

.27

The feedback messages were interesting

–.131

.24

Overall grade intervention (from 1 to 10)

–.082

.49

Feelings of autonomy

.148

.10

Feelings of relatedness

.291

.047

Feelings of competence

.018

.90

Educational level
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Discussion
Principal Findings
The main aim of this study was to examine how the use and
effectiveness of Web-based computer-tailored interventions can
be improved. For this purpose, we first examined if the use of
a Web-based computer-tailored obesity prevention intervention
can be increased by using videos as a delivery format. Secondly,
we examined if the delivery of intervention content via
participants’ preferred delivery format can increase intervention
use. The third study aim was to examine if this match as well
as more intervention use were related to better intervention
effects. The final study aim was to identify which
sociodemographic factors and intervention appreciation variables
predict intervention use.
Intervention use (ie, number of completed intervention sessions)
declined rapidly over time in both versions of the intervention.
Contradicting our hypothesis, the video version was not used
more often than the text version by the total study population
or among participants with a low educational level. However,
the intervention was used more often among participants who
received intervention content via their preferred intervention
delivery format. Our results further indicate that more
intervention use and a matching intervention delivery format
had not resulted in better intervention effects. In general, the
intervention was more likely to be used more often by
participants with a high BMI and participants who felt involved
and supported by the intervention.
No support was found for the hypothesis that providing
intervention content via (mainly) videos would result in more
intervention use. This is an interesting finding because a
previous study into the efficacy of this intervention has shown
that the video version was appreciated significantly better than
the text version [23]. Hence, a better appreciation does not
necessarily lead to more intervention use. This suggestion
should, however, be nuanced in-line with the fact that the
appreciation of an intervention is also influenced by many other
factors, such as the usability of an intervention and participants’
motivation to change [41]. In addition, our finding also
contradicts a recent study that has shown that video-tailored
feedback can result in more time spent on a Web-based
computer-tailored physical activity intervention [30]. However,
the findings of our study are in-line with 2 other studies that
also concluded that the use of videos as delivery format has no
effect on intervention adherence [22,56]. Hence, results thus
far indicate that the use of videos may not be the most optimal
solution to increase the use of Web-based computer-tailored
interventions.
Our results further show that the use of these interventions can
be slightly increased by delivering intervention content via
users’ preferred intervention delivery format. Although videos
did not increase intervention use, using this or another delivery
format to match it with participants’ delivery format preference
may increase intervention use. However, the potential of
matching remains ambiguous because our study and a recent
similar study has concluded that a matching intervention
delivery format does not result in better intervention outcomes
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[56]. Therefore, future research should first provide a better
indication about whether or not future interventions should offer
participants a delivery format choice.
A possible explanation for the absence of moderation effects
of intervention use and matching is the fact that the most
important information relevant for achieving a successful
behavior change was included in the first 2 intervention sessions.
This information may have been sufficient to achieve behavior
changes. Further, it has been suggested that the relationship
between intervention use and health outcomes is curvilinear
instead of linear, implying that there is a saturation point after
which no further benefit will be obtained [57]. More is not
always better and sometimes increasing requirements for
participants can even have iatrogenic effects, such as lowered
engagement [58]. However, there is also evidence that people
need to be exposed to educational content multiple times before
intervention effects can be expected [18,59-62]. For example,
prolonged intervention use is necessary for learning and
practicing skills over time. Hence, more research is needed to
identify what the optimum number of intervention sessions is
in terms of maximizing use and effects.
Overall, intervention use was low in both the video and text
version. The steep decline in intervention use can possibly be
explained by the fact that the intervention consisted of 6
information-rich sessions which required a high level of active
involvement (eg, making plans and answering questions). For
example, in session 2, participants had to answer approximately
25 questions and also make an action plan, which requires much
cognitive effort. This probably was too demanding for
participants and may have resulted in an overload and premature
dropouts [11,41,63]. Another explanation could be the fact that
the most important intervention content was included in the first
2 sessions. It is possible that the content of these sessions was
sufficient for participants to enable them to change their
behavior successfully. Hence, not all participants may have
needed to use the last intervention sessions in which their
behavior and weight goals were evaluated. These explanations
are confirmed by previous research that has shown that people
are primarily interested in a simple comparison of their behavior
against the relevant guidelines. There is a lack of interest in
behavior change counseling sessions that require a high level
of active involvement [17,64]. As in all Web-based
interventions, dropout can also be the cause of technical
problems, such as errors on the website and slow video buffering
[65-67]. For example, a study has shown that participants will
quit an intervention when it takes more than 2 seconds to load
a video, with each incremental delay of 1 second resulting in a
5.8% increase in dropout rate [67]. Finally, although the use of
videos and tailoring can be considered sophisticated, recent
technical developments, such as gamification and mHealth, may
have raised users’ expectations of new products [68-71]. Hence,
the video intervention possibly did not consist of sufficient
innovative and attractive characteristics. In conclusion, these
findings imply that still more research is needed into strategies
that can increase the use of Web-based computer-tailored
interventions.
Our determinant analysis shows that intervention use can
possibly be increased by creating feelings of relatedness.
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Participants who felt involved and supported by the intervention
(ie, feelings of relatedness) were more likely to use the
intervention more often. According to the SDT, high feelings
of relatedness will increase people’s intrinsic motivation to
change and consequently make behavior changes more likely
[43]. A recent study of the Web-based computer-tailored
intervention has shown that the video version was evaluated
significantly better on feelings of relatedness compared to the
text version [23]. Hence, the use of videos is a potentially
effective strategy to increase feeling of relatedness. Possibly,
participants feel more involved and supported by a video
delivery format because a person is actually talking to them in
the videos and because it is easier to show empathy via spoken
words.

Strengths and Limitations
Our study is characterized by several limitations. The most
important limitation of this study is the fact that intervention
use was assessed by the number of completed sessions. Although
it has been suggested that there is a high correlation between
number of completed sessions and time spent on the intervention
[12], this does not give any information about the exposure to
and engagement with the intervention content. Other measures,
such as use of specific pages and amount of information read,
may give a better indication of actual intervention use [45,72].
Our measure for intervention use may not have been sensitive
enough to find an effect of usage on the outcome measures.
Hence, it is strongly recommended to include a more extensive
measurement of intervention use in future studies examining
Web-based computer-tailored interventions [7,21]. A second
limitation concerns the measurement of preferred intervention
delivery format. In contrast to directly asking participants for
their preference, it has been suggested that it may be better to
assess the preference strength on a scale ranging from low to
high [73]. Third, it may have been better to examine the
influence of matching/mismatching intervention delivery format
by first stratifying for intervention delivery format preference
before randomizing people to study conditions. Fourth, people
with a low educational level were underrepresented in the study
sample. However, this is a common finding in intervention
studies because these people are difficult to recruit. In the
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statistical analyses, we have further corrected for this by
including educational level as a covariate. Fifth, because of our
applied randomization procedure participants were aware of the
study condition to which they were allocated prior to completing
the baseline questionnaire. This may have influenced
participants’ responses to the baseline measurement.
Despite these limitations and the fact that we did not find support
for all our hypotheses, this study provides a valuable
contribution to the required research into this area. For example,
an important strength is that we used a relatively new strategy
(ie, use of tailored videos) to examine if the use of Web-based
computer-tailored interventions can be improved among people
with a low educational level in particular. Another strength is
the fact that the analyses with the multiple imputation data
resulted in exactly the same findings as the analyses with the
complete cases data. In addition, we also corrected for potential
confounding variables by including differences at baseline and
predictors of attrition as covariates in the statistical analyses.

Conclusions
The use of videos as delivery format of intervention content is
not the solution to improve the use of Web-based
computer-tailored interventions. Nevertheless, the use of these
interventions can potentially be increased by providing
intervention content via participants’ preferred intervention
delivery format and ensuring that participants feel involved and
supported by the intervention. The finding that more intervention
use was not associated with better intervention outcomes implies
that an intervention does not necessarily have to consist of many
information-rich sessions. It may be sufficient to develop only
2 sessions that include the most important information necessary
for achieving a successful behavior change. However, because
only a few participants completed 3 or more sessions, more
research is needed to identify what the optimum number of
intervention sessions is in terms of maximizing use and effects.
Until these strategies have been identified, it is recommended
to minimize the number of sessions in future Web-based
computer-tailored interventions and include the most important
information for achieving a successful behavior change in the
first sessions.

Acknowledgments
The study was funded by ZonMw, the Netherlands Organization for Health Research and Development (grant number: 200110001).

Conflicts of Interest
HdV is the scientific director of Vision2Health, a company that licenses evidence-based innovative computer-tailored health
communication tools. The other authors declare that they have no competing interests.

Multimedia Appendix 1
CONSORT-EHEALTH checklist V1.6.2 [55].
[PDF File (Adobe PDF File), 145KB-Multimedia Appendix 1]

References
1.

Brug J, Oenema A, Campbell M. Past, present, and future of computer-tailored nutrition education. Am J Clin Nutr 2003
Apr;77(4 Suppl):1028S-1034S [FREE Full text] [Medline: 12663313]

http://www.jmir.org/2015/9/e222/

XSL• FO
RenderX

J Med Internet Res 2015 | vol. 17 | iss. 9 | e222 | p. 9
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
2.
3.

4.
5.

6.

7.
8.

9.
10.
11.

12.
13.
14.

15.
16.
17.

18.

19.

20.

21.

22.

23.

24.

Tate DF, Finkelstein EA, Khavjou O, Gustafson A. Cost effectiveness of internet interventions: review and recommendations.
Ann Behav Med 2009 Aug;38(1):40-45 [FREE Full text] [doi: 10.1007/s12160-009-9131-6] [Medline: 19834778]
Wieland LS, Falzon L, Sciamanna CN, Trudeau KJ, Brodney S, Schwartz JE, et al. Interactive computer-based interventions
for weight loss or weight maintenance in overweight or obese people. Cochrane Database Syst Rev 2012;8:CD007675
[FREE Full text] [doi: 10.1002/14651858.CD007675.pub2] [Medline: 22895964]
Smit ES, Evers SM, de Vries H, Hoving C. Cost-effectiveness and cost-utility of Internet-based computer tailoring for
smoking cessation. J Med Internet Res 2013;15(3):e57 [FREE Full text] [doi: 10.2196/jmir.2059] [Medline: 23491820]
Schulz DN, Smit ES, Stanczyk NE, Kremers SP, de Vries H, Evers SM. Economic evaluation of a web-based tailored
lifestyle intervention for adults: findings regarding cost-effectiveness and cost-utility from a randomized controlled trial.
J Med Internet Res 2014;16(3):e91 [FREE Full text] [doi: 10.2196/jmir.3159] [Medline: 24650860]
Magnée T, Burdorf A, Brug J, Kremers SP, Oenema A, van Assema P, et al. Equity-specific effects of 26 Dutch
obesity-related lifestyle interventions. Am J Prev Med 2013 Jun;44(6):e57-e66. [doi: 10.1016/j.amepre.2012.11.041]
[Medline: 23683991]
Bennett GG, Glasgow RE. The delivery of public health interventions via the Internet: actualizing their potential. Annu
Rev Public Health 2009;30:273-292. [doi: 10.1146/annurev.publhealth.031308.100235] [Medline: 19296777]
Spittaels H, De Bourdeaudhuij I, Vandelanotte C. Evaluation of a website-delivered computer-tailored intervention for
increasing physical activity in the general population. Prev Med 2007 Mar;44(3):209-217. [doi: 10.1016/j.ypmed.2006.11.010]
[Medline: 17197015]
Leslie E, Marshall AL, Owen N, Bauman A. Engagement and retention of participants in a physical activity website. Prev
Med 2005 Jan;40(1):54-59. [doi: 10.1016/j.ypmed.2004.05.002] [Medline: 15530581]
Glasgow RE. eHealth evaluation and dissemination research. Am J Prev Med 2007 May;32(5 Suppl):S119-S126. [doi:
10.1016/j.amepre.2007.01.023] [Medline: 17466816]
Schulz DN, Schneider F, de Vries H, van Osch LA, van Nierop PW, Kremers SP. Program completion of a web-based
tailored lifestyle intervention for adults: differences between a sequential and a simultaneous approach. J Med Internet Res
2012;14(2):e26 [FREE Full text] [doi: 10.2196/jmir.1968] [Medline: 22403770]
Wangberg SC, Bergmo TS, Johnsen JK. Adherence in Internet-based interventions. Patient Prefer Adherence 2008;2:57-65
[FREE Full text] [Medline: 19920945]
Eysenbach G. The law of attrition. J Med Internet Res 2005;7(1):e11 [FREE Full text] [doi: 10.2196/jmir.7.1.e11] [Medline:
15829473]
Hansen AW, Grønbæk M, Helge JW, Severin M, Curtis T, Tolstrup JS. Effect of a Web-based intervention to promote
physical activity and improve health among physically inactive adults: a population-based randomized controlled trial. J
Med Internet Res 2012;14(5):e145 [FREE Full text] [doi: 10.2196/jmir.2109] [Medline: 23111127]
Vandelanotte C, Spathonis KM, Eakin EG, Owen N. Website-delivered physical activity interventions a review of the
literature. Am J Prev Med 2007 Jul;33(1):54-64. [doi: 10.1016/j.amepre.2007.02.041] [Medline: 17572313]
Lenert L, Muñoz RF, Stoddard J, Delucchi K, Bansod A, Skoczen S, et al. Design and pilot evaluation of an internet smoking
cessation program. J Am Med Inform Assoc 2003;10(1):16-20 [FREE Full text] [Medline: 12509354]
Verheijden MW, Jans MP, Hildebrandt VH, Hopman-Rock M. Rates and determinants of repeated participation in a
web-based behavior change program for healthy body weight and healthy lifestyle. J Med Internet Res 2007;9(1):e1 [FREE
Full text] [doi: 10.2196/jmir.9.1.e1] [Medline: 17478410]
Wantland DJ, Portillo CJ, Holzemer WL, Slaughter R, McGhee EM. The effectiveness of Web-based vs. non-Web-based
interventions: a meta-analysis of behavioral change outcomes. J Med Internet Res 2004 Nov 10;6(4):e40 [FREE Full text]
[doi: 10.2196/jmir.6.4.e40] [Medline: 15631964]
Strecher VJ, McClure J, Alexander G, Chakraborty B, Nair V, Konkel J, et al. The role of engagement in a tailored web-based
smoking cessation program: randomized controlled trial. J Med Internet Res 2008;10(5):e36 [FREE Full text] [doi:
10.2196/jmir.1002] [Medline: 18984557]
Schneider F, van Osch L, Schulz DN, Kremers SP, de Vries H. The influence of user characteristics and a periodic email
prompt on exposure to an internet-delivered computer-tailored lifestyle program. J Med Internet Res 2012;14(2):e40 [FREE
Full text] [doi: 10.2196/jmir.1939] [Medline: 22382037]
Brouwer W, Kroeze W, Crutzen R, de Nooijer J, de Vries NK, Brug J, et al. Which intervention characteristics are related
to more exposure to internet-delivered healthy lifestyle promotion interventions? A systematic review. J Med Internet Res
2011;13(1):e2 [FREE Full text] [doi: 10.2196/jmir.1639] [Medline: 21212045]
Stanczyk NE, Crutzen R, Bolman C, Muris J, de Vries H. Influence of delivery strategy on message-processing mechanisms
and future adherence to a Dutch computer-tailored smoking cessation intervention. J Med Internet Res 2013;15(2):e28
[FREE Full text] [doi: 10.2196/jmir.2153] [Medline: 23388554]
Walthouwer M, Oenema A, Lechner L, de Vries H. Are there differences in effects and appreciation between a video and
text web-based computer-tailored obesity prevention intervention? A randomized controlled trial. J Med Internet Res 2015
(forthcoming). [doi: 10.2196/jmir.4083]
Bos N, Olson J, Gergle D, Olson G, Wright Z. Effects of four computer-mediated communications channels on trust
development. ACM 2002:135-140. [doi: 10.1145/503376.503401]

http://www.jmir.org/2015/9/e222/

XSL• FO
RenderX

Walthouwer et al

J Med Internet Res 2015 | vol. 17 | iss. 9 | e222 | p. 10
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
25.

26.

27.

28.
29.
30.

31.

32.
33.
34.

35.

36.
37.
38.
39.
40.

41.

42.

43.
44.
45.

46.

47.

Walthouwer MJ, Oenema A, Soetens K, Lechner L, De Vries H. Systematic development of a text-driven and a video-driven
web-based computer-tailored obesity prevention intervention. BMC Public Health 2013;13:978 [FREE Full text] [doi:
10.1186/1471-2458-13-978] [Medline: 24138937]
Vandelanotte C, Mummery WK. Qualitative and quantitative research into the development and feasibility of a video-tailored
physical activity intervention. Int J Behav Nutr Phys Act 2011;8(1):70 [FREE Full text] [doi: 10.1186/1479-5868-8-70]
[Medline: 21718546]
Alley S, Jennings C, Persaud N, Plotnikoff R, Horsley M, Vandelanotte C. Do personally tailored videos in a web-based
physical activity intervention lead to higher attention and recall? - an eye-tracking study. Front Public Health 2014;2:13
[FREE Full text] [doi: 10.3389/fpubh.2014.00013] [Medline: 24575398]
Lee JA. Effect of Web-based interactive tailored health videos on users' attention, interactivity, overall evaluation, preference
and engagement. Proc Am Soc Info Sci Tech 2012 Jan 11;48(1):1-3. [doi: 10.1002/meet.2011.14504801317]
Stanczyk NE, Bolman C, Muris JW, de Vries H. Study protocol of a Dutch smoking cessation e-health program. BMC
Public Health 2011;11:847 [FREE Full text] [doi: 10.1186/1471-2458-11-847] [Medline: 22059446]
Soetens KC, Vandelanotte C, de Vries H, Mummery KW. Using online computer tailoring to promote physical activity: a
randomized trial of text, video, and combined intervention delivery modes. J Health Commun 2014 Dec;19(12):1377-1392.
[doi: 10.1080/10810730.2014.894597] [Medline: 24749983]
Meis T, Gaie M, Pingree S, Boberg E, Patten C, Offord K, et al. Development of a tailored, Internet-based smoking cessation
intervention for adolescents. Journal of Computer-Mediated Communication 2002;7(3). [doi:
10.1111/j.1083-6101.2002.tb00151.x]
Justin D, Sara K, Hui Z, Yuqing R, Robert E, Joseph A. Watching together: integrating text chat with video. ACM
2007:877-886. [doi: 10.1145/1240624.1240756]
Paasche-Orlow MK, Parker RM, Gazmararian JA, Nielsen-Bohlman LT, Rudd RR. The prevalence of limited health literacy.
J Gen Intern Med 2005 Feb;20(2):175-184 [FREE Full text] [doi: 10.1111/j.1525-1497.2005.40245.x] [Medline: 15836552]
Williams-Piehota P, Schneider TR, Pizarro J, Mowad L, Salovey P. Matching health messages to information-processing
styles: need for cognition and mammography utilization. Health Commun 2003 Oct;15(4):375-392. [doi:
10.1207/S15327027HC1504_01] [Medline: 14527864]
Kiesler DJ, Auerbach SM. Optimal matches of patient preferences for information, decision-making and interpersonal
behavior: evidence, models and interventions. Patient Educ Couns 2006 Jun;61(3):319-341. [doi: 10.1016/j.pec.2005.08.002]
[Medline: 16368220]
Dijkstra A, Conijn B, de Vries H. A match-mismatch test of a stage model of behaviour change in tobacco smoking.
Addiction 2006 Jul;101(7):1035-1043. [doi: 10.1111/j.1360-0443.2006.01419.x] [Medline: 16771895]
Swift JK, Callahan JL. The impact of client treatment preferences on outcome: a meta-analysis. J Clin Psychol 2009
Apr;65(4):368-381. [doi: 10.1002/jclp.20553] [Medline: 19226606]
King M. The effects of patients' and practitioners' preferences on randomized clinical trials. Palliat Med 2000
Nov;14(6):539-542. [Medline: 11219886]
Dijkstra A. The psychology of tailoring-ingredients in computer-tailored persuasion. Social Pers Psych Compass 2008
Mar;2(2):765-784. [doi: 10.1111/j.1751-9004.2008.00081.x]
Brouwer W, Oenema A, Crutzen R, de Nooijer NJ, de Vries NK, Brug J. An exploration of factors related to dissemination
of and exposure to internet-delivered behavior change interventions aimed at adults: a Delphi study approach. J Med Internet
Res 2008;10(2):e10 [FREE Full text] [doi: 10.2196/jmir.956] [Medline: 18417443]
Brouwer W, Oenema A, Crutzen R, de Nooijer J, de Vries N, Brug J. What makes people decide to visit and use an
internet‐delivered behavior‐change intervention? Health Education 2009 Oct 16;109(6):460-473. [doi:
10.1108/09654280911001149]
Peels DA, de Vries VH, Bolman C, Golsteijn RJ, van Stralen MM, Mudde AN, et al. Differences in the use and appreciation
of a web-based or printed computer-tailored physical activity intervention for people aged over 50 years. Health Educ Res
2013 Aug;28(4):715-731 [FREE Full text] [doi: 10.1093/her/cyt065] [Medline: 23784076]
Deci E, Ryan R. Self-determination theory. In: Lange PH, editor. Handbook of Theories of Social Psychology: Collection:
Volumes 1 & 2 (Sage Social Psychology Program). Thousand Oaks, CA: Sage Publications Ltd; 2011:416-433.
Ryan R, Patrick H, Deci E, Williams G. Facilitating health behaviour change and its maintenance: interventions based on
self-determination theory. European Health Psychologist 2008;10(1):2-5.
Brouwer W, Oenema A, Raat H, Crutzen R, de Nooijer J, de Vries NK, et al. Characteristics of visitors and revisitors to
an Internet-delivered computer-tailored lifestyle intervention implemented for use by the general public. Health Educ Res
2010 Aug;25(4):585-595 [FREE Full text] [doi: 10.1093/her/cyp063] [Medline: 19897515]
de Vries H, Mudde A, Leijs I, Charlton A, Vartiainen E, Buijs G, et al. The European Smoking Prevention Framework
Approach (EFSA): an example of integral prevention. Health Educ Res 2003 Oct;18(5):611-626 [FREE Full text] [Medline:
14572020]
Leventhal H, Leventhal EA, Contrada RJ. Self-regulation, health, and behavior: A perceptual-cognitive approach. Psychology
& Health 1998 Jul;13(4):717-733. [doi: 10.1080/08870449808407425]

http://www.jmir.org/2015/9/e222/

XSL• FO
RenderX

Walthouwer et al

J Med Internet Res 2015 | vol. 17 | iss. 9 | e222 | p. 11
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH
48.
49.
50.
51.

52.
53.
54.
55.

56.

57.

58.

59.
60.
61.

62.
63.
64.

65.
66.
67.
68.
69.
70.

71.
72.
73.

Zimmerman B. Attaining self-regulation: A social cognitive perspective. In: Boekaerts M, Pintrich PR, Zeidner M, editors.
Handbook of Self-Regulation. San Diego, CA: Academic Press; 2000:13-39.
Gollwitzer PM. Implementation intentions: strong effects of simple plans. American Psychologist 1999;54(7):493-503.
[doi: 10.1037/0003-066X.54.7.493]
van Assema P, Brug J, Ronda G, Steenhuis I. The relative validity of a short Dutch questionnaire as a means to categorize
adults and adolescents to total and saturated fat intake. J Hum Nutr Diet 2001 Oct;14(5):377-390. [Medline: 11906579]
RIVM. National Institute for Public Health and the Environment, Ministry of Health, Welfare and Sport. 2013. Dutch Food
Composition Dataset (NEVO) URL: http://www.rivm.nl/en/Topics/D/Dutch_Food_Composition_Database [accessed
2015-09-09] [WebCite Cache ID 6bPvZJU2E]
Wendel-Vos GC, Schuit AJ, Saris WH, Kromhout D. Reproducibility and relative validity of the short questionnaire to
assess health-enhancing physical activity. J Clin Epidemiol 2003 Dec;56(12):1163-1169. [Medline: 14680666]
UNESCO Institute for Statistics. International Standard Classification of Education. Montreal: UNESCO Institute for
Statistics; 2011.
Rosnow RL, Rosenthal R. Statistical procedures and the justification of knowledge in psychological science. American
Psychologist 1989;44(10):1276-1284. [doi: 10.1037/0003-066X.44.10.1276]
Eysenbach G, CONSORT-EHEALTH Group. CONSORT-EHEALTH: improving and standardizing evaluation reports of
Web-based and mobile health interventions. J Med Internet Res 2011;13(4):e126 [FREE Full text] [doi: 10.2196/jmir.1923]
[Medline: 22209829]
Vandelanotte C, Duncan MJ, Plotnikoff RC, Mummery WK. Do participants' preferences for mode of delivery (text, video,
or both) influence the effectiveness of a Web-based physical activity intervention? J Med Internet Res 2012;14(1):e37
[FREE Full text] [doi: 10.2196/jmir.1998] [Medline: 22377834]
Donkin L, Christensen H, Naismith SL, Neal B, Hickie IB, Glozier N. A systematic review of the impact of adherence on
the effectiveness of e-therapies. J Med Internet Res 2011;13(3):e52 [FREE Full text] [doi: 10.2196/jmir.1772] [Medline:
21821503]
Glasgow RE, Nelson CC, Kearney KA, Reid R, Ritzwoller DP, Strecher VJ, et al. Reach, engagement, and retention in an
Internet-based weight loss program in a multi-site randomized controlled trial. J Med Internet Res 2007;9(2):e11 [FREE
Full text] [doi: 10.2196/jmir.9.2.e11] [Medline: 17513282]
Dijkstra A, de Vries H, Roijackers J, van Breukelen G. Tailoring information to enhance quitting in smokers with low
motivation to quit: three basic efficacy questions. Health Psychol 1998 Nov;17(6):513-519. [Medline: 9848801]
Brug J, Glanz K, van Assema AP, Kok G, van Breukelen GJ. The impact of computer-tailored feedback and iterative
feedback on fat, fruit, and vegetable intake. Health Educ Behav 1998 Aug;25(4):517-531. [Medline: 9690108]
Couper MP, Alexander GL, Zhang N, Little RJ, Maddy N, Nowak MA, et al. Engagement and retention: measuring breadth
and depth of participant use of an online intervention. J Med Internet Res 2010;12(4):e52 [FREE Full text] [doi:
10.2196/jmir.1430] [Medline: 21087922]
An LC, Perry CL, Lein EB, Klatt C, Farley DM, Bliss RL, et al. Strategies for increasing adherence to an online smoking
cessation intervention for college students. Nicotine Tob Res 2006 Dec;8 Suppl 1:S7-12. [Medline: 17491165]
Prochaska JO. Multiple Health Behavior Research represents the future of preventive medicine. Prev Med 2008
Mar;46(3):281-285. [doi: 10.1016/j.ypmed.2008.01.015] [Medline: 18319100]
Verheijden MW, Jans MP, Hildebrandt VH. Web-based tailored lifestyle programs: exploration of the target group's interests
and implications for practice. Health Promot Pract 2008 Jan;9(1):82-92. [doi: 10.1177/1524839906289515] [Medline:
16816030]
Booth AO, Nowson CA, Matters H. Evaluation of an interactive, Internet-based weight loss program: a pilot study. Health
Educ Res 2008 Jun;23(3):371-381 [FREE Full text] [doi: 10.1093/her/cyn007] [Medline: 18349032]
Kypri K, McAnally HM. Randomized controlled trial of a web-based primary care intervention for multiple health risk
behaviors. Prev Med 2005;41(3-4):761-766. [doi: 10.1016/j.ypmed.2005.07.010] [Medline: 16120456]
Krishnan SS, Sitaraman RK. Video stream quality impacts viewer behavior: inferring causality using quasi-experimental
designs. IEEE/ACM Trans Networking 2013 Dec;21(6):2001-2014. [doi: 10.1109/TNET.2013.2281542]
Blohm I, Leimeister JM. Gamification. Wirtschaftsinf 2013 Jun 14;55(4):275-278. [doi: 10.1007/s11576-013-0368-0]
Bert F, Giacometti M, Gualano MR, Siliquini R. Smartphones and health promotion: a review of the evidence. J Med Syst
2014 Jan;38(1):9995. [doi: 10.1007/s10916-013-9995-7] [Medline: 24346929]
Kumar S, Nilsen WJ, Abernethy A, Atienza A, Patrick K, Pavel M, et al. Mobile health technology evaluation: the mHealth
evidence workshop. Am J Prev Med 2013 Aug;45(2):228-236 [FREE Full text] [doi: 10.1016/j.amepre.2013.03.017]
[Medline: 23867031]
PwC. Emerging mHealth: Paths for Growth. Delaware: PwC; 2012. URL: https://www.pwc.com/gx/en/healthcare/mhealth/
assets/pwc-emerging-mhealth-full.pdf [accessed 2015-09-09] [WebCite Cache ID 6bPxWmRLY]
Danaher BG, Seeley JR. Methodological issues in research on web-based behavioral interventions. Ann Behav Med 2009
Aug;38(1):28-39 [FREE Full text] [doi: 10.1007/s12160-009-9129-0] [Medline: 19806416]
Swift JK, Callahan JL, Vollmer BM. Preferences. J Clin Psychol 2011 Feb;67(2):155-165. [doi: 10.1002/jclp.20759]
[Medline: 21120917]

http://www.jmir.org/2015/9/e222/

XSL• FO
RenderX

Walthouwer et al

J Med Internet Res 2015 | vol. 17 | iss. 9 | e222 | p. 12
(page number not for citation purposes)

JOURNAL OF MEDICAL INTERNET RESEARCH

Walthouwer et al

Abbreviations
BMI: body mass index
RCT: randomized controlled trial
SDT: Self-Determination Theory
SQUASH: Short Questionnaire to Assess Health-Enhancing Physical Activity

Edited by G Eysenbach; submitted 02.04.15; peer-reviewed by C Vandelanotte, Y Wang; comments to author 07.05.15; revised version
received 23.06.15; accepted 08.07.15; published 25.09.15
Please cite as:
Walthouwer MJL, Oenema A, Lechner L, de Vries H
Use and Effectiveness of a Video- and Text-Driven Web-Based Computer-Tailored Intervention: Randomized Controlled Trial
J Med Internet Res 2015;17(9):e222
URL: http://www.jmir.org/2015/9/e222/
doi: 10.2196/jmir.4496
PMID: 26408488

©Michel Jean Louis Walthouwer, Anke Oenema, Lilian Lechner, Hein de Vries. Originally published in the Journal of Medical
Internet Research (http://www.jmir.org), 25.09.2015. This is an open-access article distributed under the terms of the Creative
Commons Attribution License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use, distribution, and
reproduction in any medium, provided the original work, first published in the Journal of Medical Internet Research, is properly
cited. The complete bibliographic information, a link to the original publication on http://www.jmir.org/, as well as this copyright
and license information must be included.

http://www.jmir.org/2015/9/e222/

XSL• FO
RenderX

J Med Internet Res 2015 | vol. 17 | iss. 9 | e222 | p. 13
(page number not for citation purposes)

