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Abstract

Background: Therisein popularity of electronic cigarettes (e-cigarettes) and hookah over recent years has been accompanied
by some confusion and uncertainty regarding the development of an appropriate regulatory response towards these emerging
products. Mining online discussion content can lead to insightsinto peopl€'s experiences, which can in turn further our knowledge
of how to address potential health implications. In this work, we take a novel approach to understanding the use and appeal of
these emerging products by applying text mining techniques to compare consumer experiences across discussion forums.

Objective: This study examined content from the websites Vapor Talk, Hookah Forum, and Reddit to understand people’'s
experiences with different tobacco products. Our investigation involves three parts. First, we identified contextua factors that
inform our understanding of tobacco use behaviors, such as setting, time, socia relationships, and sensory experience, and
compared the forumsto identify the ones where content on these factorsis most common. Second, we compared how the tobacco
use experience differs with combustible cigarettes and e-cigarettes. Third, we investigated differences between e-cigarette and
hookah use.

Methods: Inthefirst part of our study, we employed alexicon-based extraction approach to estimate prevalence of contextual
factors, and then we generated a heat map based on these estimates to compare the forums. In the second and third parts of the
study, we employed atext mining technique called topic modeling to identify important topics and then devel oped a visualization,
Topic Bars, to compare topic coverage across forums.

Results: Inthefirst part of the study, we identified two forums, Vapor Talk Health & Safety and the Stopsmoking subreddit,
where discussion concerning contextual factors was particularly common. The second part showed that the discussion in Vapor
Talk Health & Safety focused on symptoms and comparisons of combustible cigarettes and e-cigarettes, and the Stopsmoking
subreddit focused on psychological aspects of quitting. Last, we examined the discussion content on Vapor Talk and Hookah
Forum. Prominent topics included equipment, technique, experiential elements of use, and the buying and selling of equipment.

Conclusions: This study has three main contributions. Discussion forums differ in the extent to which their content may help
us understand behaviors with potential health implications. Identifying dimensions of interest and using a heat map visualization
to compare across forums can be helpful for identifying forums with the greatest density of health information. Additionally, our
work has shown that the quitting experience can potentially be very different depending on whether or not e-cigarettes are used.
Finally, e-cigarette and hookah forums are similar in that members represent a “hobbyist culture” that actively engages in
information exchange. These differences have important implicationsfor both tobacco regulation and smoking cessation intervention
design.
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Introduction

In recent years, researchers have begun to realize the value of
social media (including online discussion forums) as a data
source for understanding health-related phenomena. The
pervasiveness, ubiquity, and real-time nature of social media
makes it useful for biosurveillance applications such as mining
for influenza mentions, as well as studies of information
dissemination and public sentiment towards topics such as
vaccination [1-3]. Various terms have been used to describe
this new and growing field, including infodemiology [4], digital
disease detection [5], and digital epidemiology [6]. Moreover,
social media mining has also been employed to understand the
public’s impression of products that have health implications
[7]. The content of health discussion forums can provide rich
details concerning the context in which patients experience
various health issues, including temporal and emotional factors,
which may help us tailor information to fit their needs [8]. In
recent years, there has been increased interest in leveraging the
use of online social networks for interventions to promote
population-level smoking cessation [9].

This study is focused on leveraging the rich detail that is often
provided in discussion forums to understand more about the
experiences of users of three tobacco products—combustible
cigarettes, electronic cigarettes (e-cigarettes), and water pipes
(also known as “hookah”’)—and their potential health
implications. E-cigarettes have increasingly gained popularity,
particularly in those markets with well-developed tobacco
control policies like the United States and (parts of) the
European Union [10-12]. Current smokers and tobacco users
are more likely to try e-cigarettes than those who have never
smoked or used tobacco [12]. Dual use of e-cigarettes and
combustible cigarettes is common among smokers who are
considering quitting in the next 6 months [13].

Previous literature has enumerated various motivations for
e-cigarette use, including quitting smoking for health reasons,
the belief that e-cigarettes are safer than regular cigarettes,
e-cigarettes are cheaper than regular cigarettes, e-cigarettes are
allowed in locations where regular cigarettes are not, avoiding
disturbing others with secondhand smoke, the sheer pleasure
of smoking, and “just because” [12,14]. Reasons for stopping
use included users thinking they did not need them anymore or
that they would not relapse to smoking if they stopped, poor
product quality, no reduction in cravings, relapse to smoking,
and the lack of efficacy in helping users to quit smoking [15].

Asidefrom e-cigarettes, there has been increasing concern about
the growing use of hookah (also known by other names such
as waterpipe, shisha, and hubble bubble) worldwide [16].
Hookah isacenturiesold practicethat experienced aresurgence
in the Middle East in the 1990s [17]. A hookah consists of a
bowl where the burning tobacco is placed, an ashtray, stem, air
valve, water base, and one or more hoses and mouthpieces.
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During use, smoke from the burning tobacco descends to the
bowl of water that it bubbles through and isthen inhaled by the
smoker through a mouthpiece.

Hookah use is often a social behavior, and hookah bars or
lounges appear to play an important role in the increased
popularity of hookah smoking [18]. Aspects of group use such
as group size and the number of waterpipes available per table
may affect toxicant exposure; thus, it is important to consider
the social and contextual factors associated with use [19].
Factors that have contributed to the rise in hookah use include
availability in cafes and restaurants, social aspects, affordability,
appeal of hookah designs, sensory aspects of the hookah
smoking experience, and media influence [20]. Predictors of
hookah use include current and past cigarette use, and alcohol
and marijuana use [21-23].

Use of hookah may have various negative health effects, for
example, developing chronic obstructive pulmonary disease
and chronic bronchitis, increased risk of lung cancer and
esophageal cancer, and adverse effectson cardiovascul ar health
[24]. However, previous research suggests that hookah users
believe that hookah is less harmful than traditional cigarettes,
and thus the argument has been made that thereisagreater need
for education concerning the potential health dangers of hookah
use[22,25].

Though there is a considerable research currently being
undertaken on the health effects of e-cigarettes and hookah,
thereislesswork focused on how people are using thesetobacco
productsin naturalistic settings. However, in recent years, there
have been anumber of studiesthat have investigated e-cigarette
and hookah mentionsin social media, including symptoms that
were reported by participants in three discussion forums [26],
sentiment towards e-cigarette and hookah use on Twitter [4],
marketing of electronic cigarettes on Twitter [27], hookah
references on Facebook profiles of American college students
[28], and e-cigarette and hookah videos on YouTube [29].

There are many different kinds of social media, and it can be
problematic to employ social media data from a single source,
or even multiple sources, to make population-level inferences
[30]. Thisis not what we endeavor to do in this study. Rather,
we demonstrate methods that can be used to compare across
data sources and mitigate the effects of source differences, to
make inferences about the samplethat is being studied. We al so
try to provide enough contextual detail to enable readers to
understand the extent to which the results may be applicable to
other populations and to generate hypothesesfor future research.
In this study, we used several data sources to understand how
different online communities might address the same topic.

Asfar as we know, there has not been atext mining study that
has taken a comparative approach to examining online
communities and tobacco products, and more specifically,
examining what the discussion content may suggest about the
appeal and motivation for use. With this study, we have
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endeavored to fill that gap. We selected multiple online
communities, in order to develop a better sense of the diversity
of online content with these products. We focused on six
different discussion forums on three different websites: Vapor
Talk, Hookah Forum, and Reddit. We expected that these
samples might differ on a variety of characteristics and thus
serve as an appropriate set of samples for comparison.

Thisstudy isstructured into three distinct parts. Inthefirst part,
we employed a heat map visualization to compare different
aspects of e-cigarette and hookah use behavior across multiple
forumsto identify the forums with the highest concentration of
reports concerning social and contextual factors of e-cigarette
and hookah use, including the settings where use behaviors
occur (eg, restaurant, lounge, and party), time, social
relationships, and sensory experience. The heat map facilitated
aquick visual scan enabling us to determine which discussion
forums might contain the richest discussions of behavior rel evant
to e-cigarette and hookah use, and thus, enabled selection of
data subsets for further analyses.

In the second part, we integrated text mining and visualization
techniques to render a visualization, Topic Bars, to compare
discussion content in two forums: the Health & Safety forum
on Vapor Talk, which is focused on e-cigarettes, and the
Stopsmoking subreddit, which is primarily concerned with
quitting traditional, combustible cigarettes (analogs).

In the third and last part, we compare experiences with
e-cigarette and hookah use. How does the nature of content on
these two products differ? We examined this question through
a Topic Bars visualization depicting the general discussion
forums for Vapor Talk (focused on e-cigarettes) and Hookah
Forum (focused on hookah).

Methods

Harvesting of the Document Collection

We downloaded publicly available content from three websites:
(1) Vapor Talk [31], a forum dedicated to e-cigarettes, (2)
Hookah Forum [32], and (3) Reddit [33], a platform that hosts
subforums or “subreddits’ on awide variety of topics.

Vapor Talk and Hookah Forum are online communitiesthat are
dedicated to e-cigarettes and hookah, respectively. At the time
the data were collected, Vapor Talk and Hookah Forum
appeared among the top results on the Google search engine
when searching using keywords such as*“ e-cigarette”, “vaping”,
“hookah”, “health”, and “forum”. Vapor Talk has also been
examined in previous research [26]. Vapor Talk features a
number of different forums, we selected “Genera E-Cig
Discussion” and “Health & Safety.” These two forums were
selected to acquire a general sense of what the nature of
discussion concerning e-cigarettes is like, as well as the
community’s specific health concerns.

Reddit is a generic platform featuring “subreddits’ on a broad
range of topics. The platform is more popular among younger
people [34,35]. On Reddit, we examined the “stopsmoking”,
“electronic_cigarette”, and “hookah” subreddits.
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Publicly available content for each discussion forum was
downloaded using a Web crawler, Wget, between April and
June 2014. Crawls of each site focused on the discussion
content, and no explicit attempt was madeto craw! user profiles.
The pages of discussion content from Vapor Talk and Hookah
Forum include some basic user metadata such as username,
gender, and member level. The post content and metadata were
extracted using Python code and inserted into a MySQL
database.

Comparing Contextual Factor sof Tobacco Use Across
Datasets

In this study, we were interested in using social media to
understand more about differencesin people’s experiences and
motivations for using e-cigarettes and hookah, as an
understanding of how consumers use different tobacco products
is vital for both advancing tobacco regulatory science and
smoking cessation intervention design. We identified a set of
factors to use to compare across datasets. Understanding the
factors that influence peopl€e’s behavior can be invaluable for
developing strategies to encourage more healthful behaviors.
Previous literature has argued that an individual’s behavior is
affected by avariety of individual and social factors, including
an individual’s beliefs, social interactions, and organizational
and policy factors [36]. In addition, factors such as space and
time are often critical aspects of health context [37].

These factors include health perceptions about the safety of
e-cigarettes versus smoking, cost, sensory pleasure, effect on
social relations (eg, not inconveniencing others), and popul arity
in social settings. We classified these by three main categories
of interest: (1) subject matter (e-cigarette and hookah), (2) health
(symptoms, quitting, health perceptions, and health care
practitioners), and (3) context (social relationships, setting, time,
cost and sensory experience). We empl oyed lexicons containing
words that represented these categories. By using these words
to match against the online discussion content, we could come
to understand to what degree the discussion content contained
information about these categories of interest. The higher the
proportion of this content, the more we might be interested in
examining the content in that forum. Table 1 depicts the
categories, their definitions, and example terms. The termsin
the lexicon are provided in Multimedia Appendix 1.

The process of |exicon development was a hybrid one consisting
of both a literature review and iterative testing involving
examination of the discussion content. The Symptoms and
Quitting terms primarily came from the empirical literature but
were augmented using online consumer-generated content, such
as guides written for novice users, discussion forums, and
websites advertising e-cigarette and hookah products. The other
dimensions were primarily drawn from user-generated content
and supplemented using empirical research. Lexicon
development was an iterative process of adding keywords until
the addition of new keywords did not result in substantive
differentiation across the datasets being compared.
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Table 1. Contextual factors of tobacco use: Lexicon definitions and examples.

Contextual factors Definition

Subject matter

E-cigarette The types and parts of e-cigarettes, eg, ecig, vape, “atty” (atomizer), “carto” (cartomizer).
Hookah The types and parts of hookahs, eg, hookah, waterpipe, shisha, mouthpiece.
Health
Symptoms This set of conceptswas constructed from existing literature on the health effects of e-cigarette and hookah use, particularly
[26], and also through examination of the discussion content harvested in this study, eg, throat, cough, migraine, craving.
Quitting Pertaining to experience of quitting, including motivations (eg, “stigma’ and “stink™), difficultiesin quitting (eg, “ stress”),
and tobacco cessation aids; also includes psychological factors such as* depression” and “anxiety”.
Perceptions Perceptions of the safety of and potential health implications of e-cigarettes and hookah use, eg, toxic, dangerous, safe.
Health care practition-  Various types of health care practitioners, eg, doctors, physicians, therapists, counselors.
ers
Context
Saocial relationships Social relations that are often mentioned in discussion forums, eg, family, friends, children.
Setting Settings where vaping and hookah use may occur, eg, home, bar, party.
Time Timing of e-cigarette and hookah use, eg, morning, afternoon, evening.
Cost Cost aspects of tobacco use, eg, cheap, expensive, price, saving.

Sensory experience Sensory aspects of tobacco use, eg, hit, cloud,

buzz.

We used these lexicons to estimate the prevalence of each
category of interest, and then we rendered a heat map
visualization to compare across forums. Heat maps are often
used in genetics to display gene expression patterns [38,39] or
to show theresultsof hierarchical clustering. Inaclassic cluster
heat map, one axis of the heat map might represent samples,
and the other, genes[40]. Each cell iscolored based on thelevel
of expression of the gene in the corresponding sample.

Topic Modeling and Visualization

In the second and third parts of our study, we used topic models
to compare the content of online discussion forums. To model
topics, we used a generative probabilistic modeling algorithm,
Latent Dirichlet Allocation (LDA). LDA is a technique that
models documents as random mixtures over topics, where a
topic is characterized as a distribution of words [41].

We employed the LDA implementation that is available with
the MALLET toolkit [42]. Previous research has observed that
resultswith and without stemming yield comparabl e resultsand
that stemmed results are more difficult to interpret [43]. In this
study, we opted not to stem because viewing the original

versions of thewords facilitated interpretation of the context in
which words were used. We used an augmented stop word list
that included the original MALLET stop word list, as well as
other common onlineforms of non-substantive words and word
fragments, such as“ill” (“I'll) and “dont” and forum members’

usernames. The augmented stop words, with the exception of
forum members’ usernames, have been provided in Multimedia
Appendix 2.

We trained topic models for four forums: Vapor Talk General
E-Cig Discussion, Hookah Forum General Discussion, Vapor
Talk Hedlth & Safety, and the Stopsmoking subreddit. We
experimented with different numbers of topicsin order to find
aleve of granularity that showed the diversity of discussion
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topics, while at the same time avoiding topics that were
thematically similar. We named all of the topics through a
combination of examining keywords and manual examination
of posts that were representative of those topics. To reduce
complexity, we then grouped these topics together into
categories if they were thematically similar. A list of al the
topics and their respective categories, for each topic model, is
available in Multimedia Appendix 3.

The output of topic modeling includes a set of topics and the
main words associated with that topic, as well as a list of
documents, with estimates of the proportion of each topic
present in each document. Thus, from these outputs, one could
say, for example, that if 60% of document A consists of topic
X, then document A primarily consists of topic X, with trace
amounts of all other topics. Similarly, a document B that is
predicted to be 30% topic Y and 30% topic Z might be said to
primarily consist of topics Y and Z, with trace amounts of all
other topics. One final example would be that a document
contains small amounts of al the topics but is not that
representative of any topic in particular.

In order to summarize the prevalence of the topics generated,
we used an estimate of main “document-topics’. By document
topic, we refer to the instances where a topic is a major
constituent of agiven document. A topic was considered amajor
congtituent of a document if it was predicted to congtitute a
given minimum proportion of that document. The thresholds
weredetermined by iteratively testing different candidate values
until the number of “document-topics’ was close to the number
of total posts in the discussion forum. The selection of this
criterion was to maximize the proportion of content that was
represented.

We cal culated the number of document-topic elementsfor each
topic and then divided by the number of total document-topic
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elements, to determine the proportion of a forum that was
congtituted by each topic. We then used these proportions to
render a horizontal stacked bar chart, which supports a visual
comparison of topic prevalence within and across discussion
forums.

Research Ethics Statement

Publicly available social media content can be an invaluable
complement to data provided by study participants in more
explicit research contexts because it is a rich source of
information on how behaviorswith health impacts may naturally
occur intherea world. In order to protect theidentities of forum
users, we have not provided explicit quotations, but instead
described the content in as much detail as possible, both
guantitatively and qualitatively, in line with ethical guidelines
[44,45]. The work reported in this paper has been certified as
exempt from review under 45 CFR 46.101(b), category 4 by

Table 2. Corpus statistics.

Chenet a

the University of California San Diego Institutional Review
board (Project #140844X).

Results

Harvesting of the Document Collection

We examined content from three different websites: (1) Vapor
Talk, a website devoted to e-cigarettes, (2) Hookah Forum, a
forum devoted to hookah use, and (3) Reddit, a site featuring
discussion forums on awide variety of topics. On Reddit, we
chose to focus on three different discussion forums:
“electronic_cigarette’, “hookah”, and “ stopsmoking”. On Vapor
Talk, wefocused on two subforums: “ General E-cig Discussion”
and “Headlth & Safety.” On Hookah Forum, we focused on the
genera discussion forum only, as this website does not have a
forum dedicated specificaly to health topics. The forums
differed considerably in terms of the number of total posts, the
mean number of users, and mean post length (Table 2).

Vapor Talk Hookah Forum Reddit
Genera Health Genera Stop-smoking Electronic cigarette Hookah
Posts, n 11,438 2376 17,761 2092 89,119 43,501
Threads, n 690 172 413 177 2093 2994
Users, n 773 423 1659 760 14,277 4374
Post length, mean (SD) (356.35 ) 487.30(653.45)  323.16(520.97)  267.49(441.77)  189.29 (378.29) 155.88 (263.75)
447.33

Comparing Contextual Factor sof Tobacco Use Across
Datasets

In our first research question, we asked what differences there
were in the prevalence of contextual factors of e-cigarette and
hookah use across different online communities. The prevalence
of contextual factors was calculated as the proportion of posts
containing a term from the relevant contextual factor lexicon,
and a heat map was rendered based on these prevalence
estimates (Figure 1). The darker the hue, the higher the
proportion of that type of content in the forums, with the darkest
cells representing approximately 60% of the forum content.

As we might expect, e-cigaretterelated content was most
popular in the Vapor Tak forums and on the
Electronic_cigarette subreddit, and hookah content was most
popular inthe hookah forums. Thetwo general forums on Vapor
Talk and Hookah Forum contained more content on the cost

http://www.jmir.org/2015/9/e220/

and purchasing of equipment. Examination of the content
showed an active discussion of the “ins and outs’ of these
products (ie, the detail ed description of theintricacies of product
use) and cost implications of product use. Descriptions of
sensory experience appear common in most of theforums, which
suggests that the sensory aspects of use are important across
multiple types of tobacco products.

The purpose of the heat map visualization wasto identify forums
that contained the richest information about contextual factors
in e-cigarette and hookah use. We saw that the mentions of
people, symptoms, time, quitting, and sensory experience were
highest in density in the Vapor Talk Health & Safety forum and
inthe Stopsmoking subreddit. Examining the discussion content,
we saw that a substantial part of this discussion addressed
peopl€e's hedlth situations as pertaining to e-cigarette use (in
Vapor Talk Health & Safety) and to quitting without e-cigarettes
(in the Stopsmoking subreddit).
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Figure 1. Contextua factors of e-cigarette and hookah use.
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forums, as well as a shorter mean post length. With fewer
numbers of topics, the themes were not as coherent; thus, we

We trained topic models for four forums: Vapor Talk General  generated 40 topics for Hookah Forum.
E-Cig Discussion, Hookah Forum General Discussion, Vapor ) .
Talk Health & Safety, and the Stopsmoking subreddit. We We labeled al of these topics and set a minimum threshold for

experimented with different numbers of topicsin order to find
alevel of granularity that showed the diversity of discussion
topics, while at the same time avoiding topics that were
thematically similar. Ultimately, we generated 20 topics for
each of the subforums, with the exception of Hookah Forum.
Hookah Forum had a greater number of posts than the other

document topics as discussed in the Methods section. In the
Stopsmoking subreddit, topics were dispersed in more trace
amounts throughout the other posts; thus, it was necessary to
lower the threshold to preserve a similar number of
document-topics. Aggregate statistics for the four topic models
are presented in Table 3.
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Table 3. Topic modeling results overview.
Vapor Talk Reddit Hookah Forum
Hedlth General Stop-smoking Genera
Tota posts, n 2376 11,438 2092 17,761
Total topics, n 20 20 20 40
Document-topic threshold, n 0.3 0.3 0.2 0.3
Post length, mean (SD) 487.39 (653.45) 356.35 (447.33) 267.49 (441.77) 323.16 (520.97)

E-Cigarette Versus Combustible Cigarette Use

We used the topic modeling results to render a Topic Bars
visualization to compare the two forums with the richest
discussion of contextual factors. Vapor Tak Health & Safety,
and the Stopsmoking subreddit (Figure 2). In Vapor Talk Hedlth,
the two most prominent categorieswere Symptoms and Vaping
versus Anal ogs. With regard to Symptoms, common topicswere
the health dangers of smoking cigarettes, problems that forum
members have encountered in the mouth and throat, the use of
propyleneglycol (“pg”) asopposed to vegetable glycerin (“vg”),
and sleep quality.

In the Stopsmoking subreddit, we saw amuch different picture.
The most salient bars were Psychology (60.60%, 1435/2368
document-topics) and Quitting Methods (15.29%, 362/2368).
In Psychology, the topics discussed included overcoming
cravings, dealing with friends, and encouragement that cravings
would pass. The Quitting Methods category had only one
constituent topic, Quitting Mechanisms, which included terms
suchas*“coldturkey”, “gum”, and “patch”. It isuseful to observe
that in the Stopsmoking subreddit (Figure 2, bottom), only
9.50% of the discussion content is focused on e-cigarettes
(225/2368).

Figure 2. Topic Bars: Quitting in Vapor Talk Health & Safety versus the Stopsmoking Subreddit.

N chatter

chemistry

Vapor Talk Health & symptoms vaping vs. analogs children
Safety 32% 28% )
equipment
info
T T T
psychology
quitting methods
quitting smoking
B regulations
research
symptams
B tests & insurance
Stopsmoking psychology quitting methods flle-cigarett vaping vs. analogs
Subreddit 61% 15% 10% W pst
e-cigarettes
B physiology
0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

E-Cigarettes Versus Hookah

In the last part of our study, we considered the two products:
e-cigarettes and hookah. Are these communities different, and
if so, how? To consider this question, we compared the Topic
Bars visualization for Vapor Talk General E-Cig Discussion
and Hookah Forum General Discussion (Figure 3).

There are similarities between the categories of discussionson
Vapor Talk and Hookah Forum. In both forums, there was a
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RenderX

substantial amount of general chatter (dark green). In addition,
both forums featured discussion on buying and selling
equipment for e-cigarettes and hookah (red). From the dialogue
content, the consumersin Vapor Talk appeared to primarily be
end consumers, whereas the consumers in Hookah Forum
consisted both of individuals interested in the purchase of
hookah equipment for personal use, as well as proprietors of
hookah lounges. There were also individuals in both forums
whose member type indicated that they were a vendor.
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There were also many topics relating to technique (pink). In
Vapor Talk, topics concerning technique included how to get
agood taste and how different characteristics of the juices affect
thevaping experience. In Hookah Forum, sampletopicsincluded
how to pack the bowl! and whether it is a good ideato put other
things (eg, alcohal) in the base. Thus, e-cigarette and hookah
forums are similar in that their members are actively engaged
in information exchange concerning technical and cost-related
aspects of the use of their products of choice.

The most prominent difference between Hookah Forum and
Vapor Talk is the greater focus on equipment in Vapor Talk
(orange), as opposed to the focus on the use experience in
Hookah Forum (light green). In Hookah Forum, thereisagreat
deal of discussion of different flavors, “buzz’, and clouds. A
large proportion of Vapor Talk is devoted to equipment, that

Chenet a

is, discussion of the different types and parts of e-cigarettes,
including mods, tanks, coils, atomizers, cartomizers, and
batteries.

There is some discussion in these two forums about health—a
substantive part of the conversation in Vapor Talk focuses on
vaping as opposed to smoking “analogs’ (traditional cigarettes),
and though not as prominent in the discussion content, a number
of health concerns were also expressed in Hookah Forum,
relating to headaches, lung issues, and vocal chord problems.
There was also discussion on ways to prevent getting sick from
smoking hookah, including eating prior to smoking and staying
properly hydrated—though one might consider this not amatter
of health concern, but rather, a practical consideration in order
to enjoy the experience.

Figure 3. Topic Bars: Vapor Talk Genera E-Cig versus Hookah Forum General Discussion.
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Discussion

Principal Findings

In this paper, we used text mining and visualization techniques
to examine the use of different tobacco products. At the outset,
weidentified contextual factors of these behaviors, particularly
in terms of health impacts and concerns. Then we generated a
heat map that enabled us to compare forum content in terms of
these factors of interest. Based on thisinformation, we selected
two forums that contained the highest densities of these factors
and rendered atopic modeling-based visualization, Topic Bars,
to compare these forums. This comparison enabled us to gain
insights concerning the experience of tobacco use with
e-cigarettes and the experience of tobacco use without
e-cigarettes. Last, we constructed another Topic Bars

http://www.jmir.org/2015/9/e220/
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RenderX

visualization to compare general e-cigarette and hookah
discussion, to investigate similarities and differences between
the communities.

The main contributions of this paper are as follows. First, we
have demonstrated an approach using text mining and
visualization techniquesto select particular social mediadatasets
out of alarger pool, for a particular health behavior. The crux
of thistechniqueisto identify factors of interest for developing
strategies to facilitate behavioral change and then employ
relevant lexicons to assess and compare the amount of content
concerning these factors, across datasets. Thistechnique can be
helpful for characterizing discussion forumsasawhole, aswell
as in the selection and differentiation of social media datasets
to investigate specific research questions.
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Second, this paper shows that e-cigarettes provide a very
different experience of tobacco use as compared to combustible
cigarettes. When smokers who are trying to quit visit a
discussion forum, they report on the difficulties they are having
trying to quit, and others in the forum chime in to offer their
encouragement. The psychologica elementisextremely salient,
and the focus is on quitting. In the case of e-cigarettes, we saw
that much of the discussion focused on symptoms that people
were experiencing asthey were using e-cigarettes. People using
e-cigarettes appear less likely to engage in the psychological
battle of quitting. The e-cigarette has diverted their attention to
a different activity, dealing with concrete problems to avert
particular physiological symptoms associated with e-cigarette
use. Moreover, at least for some Vapor Talk users, their goal is
to be analog free rather than nicotine free, and hence a
psychological struggleisless evident.

The difference in psychological state and engagement of the
consumer is an important concern on two levels. In terms of
regulation and policy concerning electronic cigarettes, thereare
no clear answers, but the findings of this study highlight the
importance of considering impacts on psychological state and
engagement in the regulation of electronic cigarettes as opposed
to combustible cigarettes. On an individua level, users of
tobacco products interact with electronic cigarettes in very
different ways than they do combustible cigarettes, and thus,
the pathway that one faces in quitting the use of all tobacco
products appearsto befundamentally different. Counselorsand
those designing educational programs designed for smokers
should be aware of the differences so that they can provide
different types of support to facilitate changesin health behavior.

Last, this study examined the general content in discussion
forumsfor e-cigarette and hookah. There are strong similarities,
and ultimately, both are focused on improving the use
experience, which has a strong sensory component. These are
“hobbyist cultures’ in that their members are enthusiastic users
and sharers of information concerning their common activity.
Particularly given the rapid rate at which the two products are
growing in popularity, online communities, as common sites
of information diffusion and as sources of thelatest information,
areideal environments to study both.

Limitations

Thiswork hasvariouslimitations. First, we harvested datafrom
three websites, and there are certainly many other online
communities relating to tobacco products. We deliberately
selected different types of communities and subsetted the
communities in order to examine similarities and differences
within and between communities. Aswe expected, the selected
communitiesvary in many characteristics, suggesting that they
represent a range of tobacco users' experiences. However, this
investigation focused on a subset of online communities that
are available to users of tobacco products, and it would be
valuable to examine additional communities in the future, for
example, by comparing multiple forumsfor e-cigarettes and/or
multiple forums for hookah in order to characterize the
variability in topics addressed in online communities for the
same product type. Additional research might also consider the
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content in relation to the demographic characteristics of the
users, which was out of the scope of the current study.

Second, the users in an online community are not necessarily
representative of users of tobacco products, cigarettes,
e-cigarettes, and/or hookah in general. While we agree that this
istrue, today, if atypical user goesto asearch engine and types
“e-cigarette sore throat”, among the first entries to come up
would be links to specific threads on this subject in discussion
forums including Vapor Talk. Thus, the potential for exposure
to amuch larger number of people, those who do not actively
participate in discussion forums, is areality.

Third, in this study we constructed | exicons to assess contextual
factors of interest for a particular type of behavior with health
impacts. The lexicon is not necessarily generalizable to other
types of health behaviors, nor would it necessarily perform
comparably over time. It islikely that as |anguage evolves, the
lexicon would need to be augmented. However, thereis potential
hereto extend thelexicon for application to other health contexts
and time periods.

Atmosphere of the Forums and I mplications

In this paper, we employed two primary techniques, acontextual
heatmap, and a Topic Bars visualization, in order to explore
differences between data sets. The Topic Bars visualization
enabled usto specifically compare different discussion forums.
We now consider some of the differences in topics between
forums and what this may mean.

The results of the topic models on Vapor Talk Health and
Stopsmoking subreddits suggest that those who attempt to quit
smoking combustibl e cigarettes and those who use e-cigarettes
have very different experiences. It appears that many who use
e-cigarettes encounter problems that may lead them to do
research and perhaps find a solution; thus, the forums contain
detailed accounts of the technical intricacies of vaping and the
health issues that may be encountered. Though a minority of
the members of the Stopsmoking subreddit appear to use
e-cigarettes, for the most part this group appears to take more
traditional approaches to quitting, with emphasis on mutual
encouragement and support, and coping with the psychological
aspectsof thisexperience. These topic modeling results suggest
that, without e-cigarettes, the aspect of quitting that is most
sdlient is the psychological hurdle, though it is important to
state that users may be using e-cigarettes but not reporting this
activity in their Stopsmoking subreddit discussion.

Theinformation exchanged and atmosphere of support in these
two forums appears to be quite different. Whereas Vapor Talk
includes detailed reports of symptomsand their temporal context
(eg, how long the symptoms havelasted and when they started),
the Stopsmoking subreddit appears to be focused on mutual
encouragement, reinforcement of the value of quitting, and
strategiesfor overcoming cravings. Timeisimportant here also,
but the nature of that timeisdifferent. Many forum participants
report how long it has been since they quit, and others add words
of encouragement and how long it has been since they quit.
Thus, there are many shorter posts here.

The interactions in the two forums have both similarities and
differences to existing literature on online support groups for
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smoking cessation. Previous studies of discussion forums for
quitting smoking have found that most parti ci pantswere women,
and that they used the forum mostly as a source of emotional
support and encouragement, and less often for the purposes of
eiciting practical information and quitting tips [46,47].
Consistent with this work, there appeared to be a substantial
amount of support and encouragement. However, in contrast to
prior work, there did appear to be information and quitting tips
exchanged. In Vapor Talk Health & Safety, the tips often took
the form of concrete advice about the types of e-liquidsto use,
how to inhale, and so on, which could potentially alleviate
problems with the mouth and throat. In the Stopsmoking
subreddit, the tips were often psychological, concerning how
to overcome the desire to smoke.

I'n our topic modeling results comparing e-cigarette and hookah
discussion (Vapor Talk and Hookah Forum), initially there
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appear to be substantive differences in the content. However,
there are similarities in the nature of the communities. In the
case of hookah, the use experience is prominent, including
discussion of the “buzz”, smoke rings, and clouds. In the case
of e-cigarettes, the equipment and techniques features more
prominently, but much of that discussion is on how to get a
“throat hit” or abetter taste. Thus, improving the experienceis
acommon themein both forums.

In summary, the results of these two topic models suggest
similarities in the e-cigarette and hookah general discussion.
Both are communities composed of enthusiastic users of a
product who are actively engaged in the discovery and sharing
of new information on how to obtain or enjoy the products that
they champion. Assuch, this content can beinvaluablein terms
of providing knowledge of the day-to-day use problems that
may occur with the two products.

This work was supported by a grant from the National Cancer Institute UO1 CA154280. The authors would also like to thank
Jessica Sun for providing useful reference material for the development of the Factors for Tobacco Use lexicon and the reviewers

for their helpful suggestions.

Authors Contributions

ATC and MC collected the data, and all authors participated in the conceptualization of the study. ATC performed the analyses
and MC reviewed the results, including the topic labeling and the topic-category mappings. AC drafted the paper, ATC and MC

revised the paper, and SHZ provided feedback.

Conflictsof Interest
None declared.

Multimedia Appendix 1
Factors of tobacco use lexicon.

[XLSX File (Microsoft Excel File), 40K B-Multimedia Appendix 1]

Multimedia Appendix 2
Additional stop words.

[PDE File (Adobe PDF File), 13KB-Multimedia Appendix 2]

Multimedia Appendix 3
Topic modeling resullts.

[XLSX File (Microsoft Excel File), 62K B-Multimedia Appendix 3]

References

1. Corley CD, Cook DJ, Mikler AR, Singh KP. Text and structural data mining of influenza mentionsin Web and socia
media. Int J Environ Res Public Health 2010 Feb;7(2):596-615 [FREE Full text] [doi: 10.3390/ijerph7020596] [Medline:

20616993]

2. Scanfeld D, Scanfeld V, Larson EL. Dissemination of health information through social networks: twitter and antibiotics.
Am JInfect Control 2010 Apr;38(3):182-188 [FREE Full text] [doi: 10.1016/].5jic.2009.11.004] [Medline: 20347636]

3. Sdathé M, Khandelwal S. Assessing vaccination sentiments with online social media: implications for infectious disease
dynamics and control. PLoS Comput Biol 2011 Oct;7(10):€1002199 [ FREE Full text] [doi: 10.1371/journal.pchi.1002199]

[Medline: 22022249]

4.  Eysenbach G. Infodemiology and infoveillance: framework for an emerging set of public health informatics methods to
analyze search, communication and publication behavior on the Internet. J Med Internet Res 2009;11(1):e11 [FREE Full

text] [doi: 10.2196/jmir.1157] [Medline: 19329408]

http://www.jmir.org/2015/9/e220/

JMed Internet Res 2015 | vol. 17 | iss. 9 | €220 | p. 10
(page number not for citation purposes)


https://jmir.org/api/download?alt_name=jmir_v17i9e220_app1.xlsx&filename=7f2a8843fb9d81b7a9b7229762983d7a.xlsx
https://jmir.org/api/download?alt_name=jmir_v17i9e220_app1.xlsx&filename=7f2a8843fb9d81b7a9b7229762983d7a.xlsx
https://jmir.org/api/download?alt_name=jmir_v17i9e220_app2.pdf&filename=1a4e04d673597f01819d35c9b3bd5feb.pdf
https://jmir.org/api/download?alt_name=jmir_v17i9e220_app2.pdf&filename=1a4e04d673597f01819d35c9b3bd5feb.pdf
https://jmir.org/api/download?alt_name=jmir_v17i9e220_app3.xlsx&filename=4dc4907adcca6efa38b540fe5a73ba1a.xlsx
https://jmir.org/api/download?alt_name=jmir_v17i9e220_app3.xlsx&filename=4dc4907adcca6efa38b540fe5a73ba1a.xlsx
http://europepmc.org/abstract/MED/20616993
http://dx.doi.org/10.3390/ijerph7020596
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20616993&dopt=Abstract
http://europepmc.org/abstract/MED/20347636
http://dx.doi.org/10.1016/j.ajic.2009.11.004
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20347636&dopt=Abstract
http://dx.plos.org/10.1371/journal.pcbi.1002199
http://dx.doi.org/10.1371/journal.pcbi.1002199
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22022249&dopt=Abstract
http://www.jmir.org/2009/1/e11/
http://www.jmir.org/2009/1/e11/
http://dx.doi.org/10.2196/jmir.1157
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19329408&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Chenetd

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24,

25.

26.

27.

28.

Brownstein JS, Freifeld CC, Madoff LC. Digital disease detection--harnessing the Web for public health surveillance. N
Engl JMed 2009 May 21;360(21):2153-5, 2157 [FREE Full text] [doi: 10.1056/NEJM p0900702] [Medline: 19423867]
Salathé M, Bengtsson L, Bodnar TJ, Brewer DD, Brownstein JS, Buckee C, et a. Digital epidemiology. PLoS Comput
Biol 2012;8(7):€1002616 [FREE Full text] [doi: 10.1371/journal.pchi.1002616] [Medline: 22844241]

Myslin M, Zhu S, Chapman W, Conway M. Using twitter to examine smoking behavior and perceptions of emerging
tobacco products. JMed Internet Res 2013;15(8):€174 [FREE Full text] [doi: 10.2196/jmir.2534] [Medline: 23989137]
Chen AT. Exploring online support spaces: using cluster analysis to examine breast cancer, diabetes and fibromyalgia
support groups. Patient Educ Couns 2012 May;87(2):250-257. [doi: 10.1016/j.pec.2011.08.017] [Medline: 21930359]
Cobb NK, Graham AL, Byron MJ, Niaura RS, Abrams DB, Workshop P. Online social networks and smoking cessation:
a scientific research agenda. JMed Internet Res 2011;13(4):e119 [FREE Full text] [doi: 10.2196/jmir.1911] [Medline:
22182518]

Regan AK, Promoff G, Dube SR, ArrazolaR. Electronic nicotine delivery systems: adult use and awareness of the 'e-cigarette
in the USA.. Tob Control 2013 Jan;22(1):19-23. [doi: 10.1136/tobaccocontrol-2011-050044] [Medline: 22034071]
Vardavas Cl, Filippidis FT, Agaku I T. Determinants and prevalence of e-cigarette use throughout the European Union: a
secondary analysis of 26 566 youth and adults from 27 Countries. Tob Control 2015 Sep;24(5):442-448. [doi:
10.1136/tobaccocontrol-2013-051394] [Medline: 24935441]

Zhu S, Gamst A, LeeM, Cummins S, Yin L, Zoref L. The use and perception of electronic cigarettes and snus among the
U.S. population. PLoS One 2013;8(10):€79332 [ FREE Full text] [doi: 10.1371/journal .pone.0079332] [Medline: 24250756]
Pearson JL, Richardson A, Niaura RS, Vallone DM, Abrams DB. e-Cigarette awareness, use, and harm perceptionsin US
adults. Am J Public Health 2012 Sep;102(9):1758-1766 [FREE Full text] [doi: 10.2105/AJPH.2011.300526] [Medline:
22813087]

Etter J. Electronic cigarettes: a survey of users. BMC Public Health 2010;10:231 [FREE Full text] [doi:
10.1186/1471-2458-10-231] [Medline: 20441579]

Etter J, Bullen C. Electronic cigarette: users profile, utilization, satisfaction and perceived efficacy. Addiction 2011
Nov;106(11):2017-2028. [doi: 10.1111/].1360-0443.2011.03505.x] [Medline: 21592253]

Maziak W, Ward KD, Afifi SRA, Eissenberg T. Tobacco smoking using a waterpipe: are-emerging strain in aglobal
epidemic. Tob Control 2004 Dec;13(4):327-333 [FREE Full text] [doi: 10.1136/tc.2004.008169] [Medline: 15564614]
Martinasek MP, McDermott RJ, Martini L. Waterpipe (hookah) tobacco smoking among youth. Curr Probl Pediatr Adolesc
Health Care 2011 Feb;41(2):34-57. [doi: 10.1016/j.cppeds.2010.10.001] [Medline: 21232693]

Soule EK, Barnett TE, Curbow BA.. Keeping the night going: the role of hookah barsin evening drinking behaviours. Public
Health 2012 Dec;126(12):1078-1081. [doi: 10.1016/j.puhe.2012.06.010] [Medline: 22819668]

Blank MD, Brown KW, Goodman RJ, Eissenberg T. An observational study of group waterpipe usein anatural environment.
Nicotine Tob Res 2014 Jan;16(1):93-99 [FREE Full text] [doi: 10.1093/ntr/ntt120] [Medline: 23943842]

Nakkash RT, Khalil J, Afifi RA. Therise in narghile (shisha, hookah) waterpipe tobacco smoking: a qualitative study of
perceptions of smokersand non smokers. BMC Public Health 2011;11:315 [FREE Full text] [doi: 10.1186/1471-2458-11-315]
[Medline: 21569577]

Sutfin EL, Song EY, Reboussin BA, Wolfson M. What are young adults smoking in their hookahs? A latent class analysis
of substances smoked. Addict Behav 2014 Jul;39(7):1191-1196 [FREE Full text] [doi: 10.1016/j.addbeh.2014.03.020]
[Medline: 24746345]

Heinz AJ, Giedgowd GE, Crane NA, Veilleux JC, Conrad M, Braun AR, et al. A comprehensive examination of hookah
smoking in college students: use patterns and contexts, social normsand attitudes, harm perception, psychological correlates
and co-occurring substance use. Addict Behav 2013 Nov;38(11):2751-2760. [doi: 10.1016/j.addbeh.2013.07.009] [Medline:
23934006]

Chan WC, Leatherdale ST, Burkhalter R, Ahmed R. Bidi and hookah use among Canadian youth: an examination of data
from the 2006 Canadian Youth Smoking Survey. J Adolesc Health 2011 Jul;49(1):102-104. [doi:

10.1016/j.jadoheal th.2010.11.250] [Medline: 21700168]

Blachman-Braun R, Del Mazo-Rodriguez RL, Lopez-Sdmano G, Buendia-Roldan I. Hookah, isit really harmless? Respir
Med 2014 May;108(5):661-667. [doi: 10.1016/j.rmed.2014.01.013] [Medline: 24582881]

Aljarrah K, Ababneh ZQ, Al-Delaimy WK. Perceptions of hookah smoking harmfulness: predictors and characteristics
among current hookah users. Tob Induc Dis 2009;5(1):16 [FREE Full text] [doi: 10.1186/1617-9625-5-16] [Medline:
20021672]

HuaM, Alfi M, Talbot P. Health-related effects reported by electronic cigarette usersin online forums. JMed Internet Res
2013;15(4):e59 [FREE Full text] [doi: 10.2196/jmir.2324] [Medline: 23567935]

Huang J, Kornfield R, Szczypka G, Emery SL. A cross-sectional examination of marketing of electronic cigarettes on
Twitter. Tob Control 2014 Jul;23 Suppl 3:1ii26-iii30 [FREE Full text] [doi: 10.1136/tobaccocontrol-2014-051551] [Medline:
24935894]

Brockman LN, Pumper MA, Christakis DA, Moreno MA. Hookah's new popularity among US college students: a pilot
study of the characteristics of hookah smokers and their Facebook displays. BMJ Open 2012;2(6):e001709 [FREE Full
text] [doi: 10.1136/bmjopen-2012-001709] [Medline: 23242241]

http://www.jmir.org/2015/9/e220/ JMed Internet Res 2015 | vol. 17 | iss. 9| €220 | p. 11

(page number not for citation purposes)


http://europepmc.org/abstract/MED/19423867
http://dx.doi.org/10.1056/NEJMp0900702
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19423867&dopt=Abstract
http://dx.plos.org/10.1371/journal.pcbi.1002616
http://dx.doi.org/10.1371/journal.pcbi.1002616
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22844241&dopt=Abstract
http://www.jmir.org/2013/8/e174/
http://dx.doi.org/10.2196/jmir.2534
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23989137&dopt=Abstract
http://dx.doi.org/10.1016/j.pec.2011.08.017
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21930359&dopt=Abstract
http://www.jmir.org/2011/4/e119/
http://dx.doi.org/10.2196/jmir.1911
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22182518&dopt=Abstract
http://dx.doi.org/10.1136/tobaccocontrol-2011-050044
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22034071&dopt=Abstract
http://dx.doi.org/10.1136/tobaccocontrol-2013-051394
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24935441&dopt=Abstract
http://dx.plos.org/10.1371/journal.pone.0079332
http://dx.doi.org/10.1371/journal.pone.0079332
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24250756&dopt=Abstract
http://europepmc.org/abstract/MED/22813087
http://dx.doi.org/10.2105/AJPH.2011.300526
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22813087&dopt=Abstract
http://www.biomedcentral.com/1471-2458/10/231
http://dx.doi.org/10.1186/1471-2458-10-231
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20441579&dopt=Abstract
http://dx.doi.org/10.1111/j.1360-0443.2011.03505.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21592253&dopt=Abstract
http://tobaccocontrol.bmj.com/cgi/pmidlookup?view=long&pmid=15564614
http://dx.doi.org/10.1136/tc.2004.008169
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15564614&dopt=Abstract
http://dx.doi.org/10.1016/j.cppeds.2010.10.001
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21232693&dopt=Abstract
http://dx.doi.org/10.1016/j.puhe.2012.06.010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22819668&dopt=Abstract
http://europepmc.org/abstract/MED/23943842
http://dx.doi.org/10.1093/ntr/ntt120
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23943842&dopt=Abstract
http://www.biomedcentral.com/1471-2458/11/315
http://dx.doi.org/10.1186/1471-2458-11-315
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21569577&dopt=Abstract
http://europepmc.org/abstract/MED/24746345
http://dx.doi.org/10.1016/j.addbeh.2014.03.020
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24746345&dopt=Abstract
http://dx.doi.org/10.1016/j.addbeh.2013.07.009
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23934006&dopt=Abstract
http://dx.doi.org/10.1016/j.jadohealth.2010.11.250
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21700168&dopt=Abstract
http://dx.doi.org/10.1016/j.rmed.2014.01.013
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24582881&dopt=Abstract
http://www.tobaccoinduceddiseases.com/content/5/1/16
http://dx.doi.org/10.1186/1617-9625-5-16
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20021672&dopt=Abstract
http://www.jmir.org/2013/4/e59/
http://dx.doi.org/10.2196/jmir.2324
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23567935&dopt=Abstract
http://tobaccocontrol.bmj.com/cgi/pmidlookup?view=long&pmid=24935894
http://dx.doi.org/10.1136/tobaccocontrol-2014-051551
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24935894&dopt=Abstract
http://bmjopen.bmj.com/cgi/pmidlookup?view=long&pmid=23242241
http://bmjopen.bmj.com/cgi/pmidlookup?view=long&pmid=23242241
http://dx.doi.org/10.1136/bmjopen-2012-001709
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23242241&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Chenetd

29.

30.

31.
32.
33.

35.

36.

37.

38.

39.

40.

41.
42.

43.

45,

46.

47.

Carroll MV, Shensa A, Primack BA. A comparison of cigarette- and hookah-related videos on YouTube. Tob Control 2013
Sep;22(5):319-323 [EREE Full text] [doi: 10.1136/tobaccocontrol-2011-050253] [Medline: 22363069]

Murphy J, Link MW, Childs JH, Tesfaye CL, Dean E, Stern M, et al. Social Mediain Public Opinion Research: Report of
the AAPOR Task Force on Emerging Technologies in Public Opinion Research. 2014. URL: https.//www.aapor.org/
AAPORKentico/AAPOR_Main/media/MainSiteFiless AAPOR_Social_Media Report FNL.pdf [accessed 2015-07-02]
[WebCite Cache ID 6ZkvWETIN]

Vapor Talk. URL: https://www.vaportalk.com/ [accessed 2015-09-15] [WebCite Cache ID 6bZT{Yabr]

Hookah Forum. URL: http://www.hookahforum.com/ [accessed 2015-04-05] [WebCite Cache ID 6XZou3NOm)]

Reddit. URL: http://www.reddit.com [accessed 2015-04-06] [WebCite Cache ID 6XZohdFyL ]

Bogers T, Wernersen RN. How 'social’ are social news sites? Exploring the motivations for using Reddit. 2014 Presented
at: iConference 2014; March 4-7, 2014; Berlin, Germany p. 329-344 URL : https.//www.ideal s.illinois.edu/bitstream/handl e/
2142/47295/108 ready.pdf?sequence=5 [doi: 10.9776/14108]

6% of Online Adults are Reddit Users. Washington, DC: Pew Research Center; 2014. URL : http://www.pewinternet.org/
files/old-media/Files/Reports/2013/PIP_reddit_usage 2013.pdf [accessed 2015-07-02] [WebCite Cache ID 6ZkrUJnFS]
McLeroy KR, Bibeau D, Steckler A, Glanz K. An ecological perspective on health promotion programs. Health Educ Q
1988;15(4):351-377. [Medline: 3068205]

Rainham D, McDowell |, Krewski D, Sawada M. Conceptualizing the healthscape: contributions of time geography, location
technologies and spatial ecology to place and health research. Soc Sci Med 2010 Mar;70(5):668-676. [doi:
10.1016/j.socscimed.2009.10.035] [Medline: 19963310]

Barkow S, Bleuler S, Prelic A, Zimmermann B, Zitzler E. BicAT: abiclustering analysis toolbox. Bioinformatics 2006
May 15;22(10):1282-1283 [FREE Full text] [doi: 10.1093/bioinformatics/btl099] [Medline: 16551664]

Merico D, Isserlin R, Stueker O, Emili A, Bader GD. Enrichment map: a network-based method for gene-set enrichment
visualization and interpretation. PLoS One 2010;5(11):€13984 [FREE Full text] [doi: 10.1371/journal .pone.0013984]
[Medline: 21085593]

Wilkinson L, Friendly M. The History of the Cluster Heat Map. The American Statistician 2009 May;63(2):179-184. [doi:
10.1198/tas.2009.0033]

Blei D, Ng A, Jordan M. Latent Dirichlet Allocation. JMach Learn Res 2003;3:993-1022.

McCallum AK. Machine Learning for Language Toolkit. 2002. URL : http://mallet.cs.umass.edu/ [accessed 2015-04-05]
[WebCite Cache ID 6XZgiQKil]

Yang T, Torget AJ, MihalceaR. Topic Modeling on Historical Newspapers. USA: Association for Computational Linguistics;
2011 Presented at: 5th ACL-HLT Workshop on Language Technology for Cultural Heritage, Social Sciences, and Humanities;
June 24, 2011; Portland, Oregon p. 96-104 URL : http://www.aclweb.org/anthology/W11-1513

Eysenbach G, Till JE. Ethical issuesin qualitative research on internet communities. BMJ 2001 Nov 10;323(7321):1103-1105
[FREE Full text] [Medline: 11701577]

McKeeR. Ethical issuesin using social mediafor health and health care research. Health Policy 2013 May;110(2-3):298-301.
[doi: 10.1016/j.healthpol.2013.02.006] [Medline: 23477806]

Burri M, Baujard V, Etter J. A qualitative analysis of an internet discussion forum for recent ex-smokers. Nicotine Tob Res
2006 Dec;8 Suppl 1:S13-S19. [Medline: 17491166]

Cobb NK, Graham AL, Abrams DB. Social network structure of alarge online community for smoking cessation. Am J
Public Health 2010 Jul;100(7):1282-1289 [FREE Full text] [doi: 10.2105/AJPH.2009.165449] [Medline: 20466971]

Abbreviations

LDA: Latent Dirichlet Allocation

Edited by G Eysenbach; submitted 13.04.15; peer-reviewed by J Hawkins, J Pugatch; commentsto author 24.06.15; accepted 25.07.15;
published 29.09.15

Please cite as:

Chen AT, Zhu SH, Conway M

What Online Communities Can Tell Us About Electronic Cigarettes and Hookah Use: A Sudy Using Text Mining and Visualization
Techniques

J Med Internet Res 2015;17(9): €220

URL: http://mww.jmir.org/2015/9/€220/

doi: 10.2196/jmir.4517
PMID: 26420469

http://www.jmir.org/2015/9/e220/ JMed Internet Res 2015 | vol. 17 | iss. 9 | €220 | p. 12

RenderX

(page number not for citation purposes)


http://europepmc.org/abstract/MED/22363069
http://dx.doi.org/10.1136/tobaccocontrol-2011-050253
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22363069&dopt=Abstract
https://www.aapor.org/AAPORKentico/AAPOR_Main/media/MainSiteFiles/AAPOR_Social_Media_Report_FNL.pdf
https://www.aapor.org/AAPORKentico/AAPOR_Main/media/MainSiteFiles/AAPOR_Social_Media_Report_FNL.pdf
http://www.webcitation.org/

                                                6ZkvWErIN
https://www.vaportalk.com/
http://www.webcitation.org/

                                                6bZTfYa6r
http://www.hookahforum.com/
http://www.webcitation.org/

                                                6XZou3N0m
http://www.reddit.com
http://www.webcitation.org/

                                                6XZohdFyL
https://www.ideals.illinois.edu/bitstream/handle/2142/47295/108_ready.pdf?sequence=5
https://www.ideals.illinois.edu/bitstream/handle/2142/47295/108_ready.pdf?sequence=5
http://dx.doi.org/10.9776/14108
http://www.pewinternet.org/files/old-media/Files/Reports/2013/PIP_reddit_usage_2013.pdf
http://www.pewinternet.org/files/old-media/Files/Reports/2013/PIP_reddit_usage_2013.pdf
http://www.webcitation.org/

                                                6ZkrUJnFS
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=3068205&dopt=Abstract
http://dx.doi.org/10.1016/j.socscimed.2009.10.035
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19963310&dopt=Abstract
http://bioinformatics.oxfordjournals.org/cgi/pmidlookup?view=long&pmid=16551664
http://dx.doi.org/10.1093/bioinformatics/btl099
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16551664&dopt=Abstract
http://dx.plos.org/10.1371/journal.pone.0013984
http://dx.doi.org/10.1371/journal.pone.0013984
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21085593&dopt=Abstract
http://dx.doi.org/10.1198/tas.2009.0033
http://mallet.cs.umass.edu/
http://www.webcitation.org/

                                                6XZgiQKil
http://www.aclweb.org/anthology/W11-1513
http://europepmc.org/abstract/MED/11701577
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=11701577&dopt=Abstract
http://dx.doi.org/10.1016/j.healthpol.2013.02.006
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23477806&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17491166&dopt=Abstract
http://europepmc.org/abstract/MED/20466971
http://dx.doi.org/10.2105/AJPH.2009.165449
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20466971&dopt=Abstract
http://www.jmir.org/2015/9/e220/
http://dx.doi.org/10.2196/jmir.4517
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26420469&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Chenetd

©Annie T Chen, Shu-Hong Zhu, Mike Conway. Originally published in the Journal of Medical Internet Research
(http://www.jmir.org), 29.09.2015. Thisisan open-access article distributed under theterms of the Creative Commons Attribution
License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use, distribution, and reproduction in any
medium, provided the original work, first published in the Journal of Medical Internet Research, is properly cited. The complete

bibliographic information, alink to the original publication on http://www.jmir.org/, aswell asthis copyright and licenseinformation
must be included.

http://www.jmir.org/2015/9/e220/ JMed Internet Res 2015 | vol. 17 | iss. 9 | €220 | p. 13

(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

