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Abstract

Background: eHealth literacy is defined as the ability of people to use emerging information and communications technologies
to improve or enable health and health care.

Objective: The goal of this study was to explore whether literacy disparities are diminished or enhanced in the search for health
information on the Internet. The study focused on (1) traditional digital divide variables, such as sociodemographic characteristics,
digital access, and digital literacy, (2) information search processes, and (3) the outcomes of Internet use for health information
purposes.

Methods: We used a countrywide representative random-digital-dial telephone household survey of the Israeli adult population
(18 years and older, N = 4286). We measured eHealth literacy; Internet access; digital literacy; sociodemographic factors; perceived
health; presence of chronic diseases; as well as health information sources, content, search strategies, and evaluation criteria used
by consumers.

Results: Respondents who were highly eHealth literate tended to be younger and more educated than their less eHealth-literate
counterparts. They were also more active consumers of all types of information on the Internet, used more search strategies, and
scrutinized information more carefully than did the less eHealth-literate respondents. Finally, respondents who were highly
eHealth literate gained more positive outcomes from the information search in terms of cognitive, instrumental (self-management
of health care needs, health behaviors, and better use of health insurance), and interpersonal (interacting with their physician)
gains.

Conclusions: The present study documented differences between respondents high and low in eHealth literacy in terms of
background attributes, information consumption, and outcomes of the information search. The association of eHealth literacy
with background attributes indicates that the Internet reinforces existing social differences. The more comprehensive and
sophisticated use of the Internet and the subsequent increased gains among the high eHealth literate create new inequalities in
the domain of digital health information. There is a need to educate at-risk and needy groups (eg, chronically ill) and to design
technology in a mode befitting more consumers.

(J Med Internet Res 2012;14(1):e19) doi: 10.2196/jmir.1619
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Introduction

eHealth, a relatively new concept [1], refers to “the use of
emerging information and communications technology to

improve or enable health and health care” [2]. eHealth literacy,
which includes the component of health literacy [3-5],
effectively links health consumers to the outcomes typical of
Internet use—that is, opportunities, possible harm [6], and
inequalities (eg, being part of a minority or disenfranchised
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group [7-9], education [10-13], age [13-15], and gender [15-17]).
In the 1990s, the concern over inequalities related to the digital
divide focused mainly on infrastructural access: ownership,
availability, and affordability of the infrastructure [18]. The
discourse on the digital divide has expanded to other concerns,
shifting the emphases to patterns of access [19], usage [20,21],
and online skills rather than mere access to technology
[13,20,21]. eHealth literacy may constitute a second divide in
the health domain [21,22].

Norman and Skinner [23] propose that eHealth literacy is “the
ability to seek, find, understand and appraise health information
from electronic sources and apply knowledge gained to
addressing or solving a health problem.” They propose that
eHealth literacy encompasses 6 kinds of literacies: traditional
(literacy and numeracy), information, media, health, computer,
and scientific. Of these, media and computer literacies are unique
attributes of the Internet context, with media being the awareness
of media bias or perspective, the ability to discern both explicit
and implicit meaning from media messages, and deriving
meaning from media messages. The literature includes other
ways in which perceived capability or efficacy was measured,
but these were not specific to health information on the Internet
[24-26].

Norman and Skinner [23,27] advocate matching eHealth
technologies to the skills of their intended users. Such a fit can
be realized by improving users’ working knowledge of
computers (or of the particular language or skill) to a level
conducive to achieving health-related goals, as well as by
designing systems with the users in mind. To further address
this divide, Norman and Skinner developed an eHealth literacy
scale (eHEALS) to measure eHealth literacy [27], using a
sample of Canadian adolescents. They emphasized that eHealth
literacy should be viewed as a process that evolves over time,
while the pace of development depends on technology and
context (personal, social, and environmental), rather than on a
static attribute. Viewed as malleable, eHealth literacy may
indeed “empower individuals and enable them to fully
participate in health decisions informed by eHealth resources”
[23]. Conversely, the extension of digital resources to the health
domain in the form of eHealth literacy can also create new gaps
between health consumers [14,28]. The digital divide between
the haves and have-nots [29] appears to be closing in developed
economies in terms of access to the medium; nevertheless,
eHealth literacy hinges not on the digital divide but rather on
the knowledge gap [30], thus lending support to the hypothesis
that information technology is creating a new social inequality,
rather than leveling out social discrepancies [28,31].

New inequalities may surface with use of the Internet. Although
most people still prefer to receive health information verbally
through face-to-face contact with practitioners [12], those with
better digital and health knowledge can be expected to consume
more information [28] in various forms (whether written or not),
and even more so when information is written. Extensive use
of digital resources may be associated also with the ability to
employ a greater number of search strategies and with a clearer
cognizance of the quality of, potential gaps in, and inaccuracies
in the obtained information [32]. Finally, the outcomes and
benefits of using the Internet for health purposes may extend

the traditional outcomes of health literacy [33-36] by providing
new areas of physician–patient interaction [37] and self-care.

Present Study and Hypotheses
The present study focused on eHealth literacy and related it to
the process and outcome of the information search. First, we
examined the structure of the eHealth literacy concept to
determine whether the 1-factor structure of the concept, as
described by Norman and Skinner, is replicated also in the
current study, which used a sample from another culture (Israel)
and expanded the age range (compared with the adolescent
sample of the original Canadian study [27]). Next, we examined
the associations between eHealth literacy and issues related to
the digital divide: the factors considered include
sociodemographic characteristics, Internet access and digital
literacy, the processes involved in information consumption,
and the outcomes of using the Internet for health information.

As the sample used by Norman and Skinner was age restricted,
we posited no hypothesis about whether our age-expanded
sample would replicate the structure of the eHealth scale in the
Canadian sample. Following the literature on the digital divide
and the digital divide index (DIDIX) in an Israeli sample [15],
we hypothesized that people with higher eHealth literacy would
be younger and of higher socioeconomic status, would have
more access to digital resources, and would exhibit a higher
degree of digital literacy than those with lower eHealth literacy.

Following the digital divide literature, we hypothesized the
following in regard to the domain of information consumption.
People with high eHealth literacy, compared with people low
in eHealth literacy, would (1) use more sources of information
(magazines, books, television and radio, and interpersonal
resources), (2) use a variety of search strategies in addition to
googling, (3) judge the information on the Internet more
critically and would use more criteria for evaluating health
information, and (4) experience more outcomes and in a higher
valence as a consequence of using the Internet.

We did not hypothesize about a relationship of eHealth literacy
with gender due to shifting findings. Losh [16] and Ono and
Zavodny [38] found that gender inequalities in Internet access
and usage either diminished, disappeared, or became very
specific and context dependent; for example, findings indicate
that gender differences shifted to other dimensions such as
autonomy of use, experience, skill, and types of uses [17,39,40].
Additionally, findings in an Israeli sample indicate that the
DIDIX was lower along gender lines than in any of the other
characteristics studied (such as education, income, and age)
[15]. We purposely did not present a hypothesis regarding
eHealth literacy and health status due to conflicting findings in
the literature (eg, Fox [41] vs Bundorf et al [42] on chronic
illness; and Goldner [43] vs Wangberg et al [44] on perceived
health).

Methods

Data Collection and Sample Characteristics
The current study was conducted as part of a larger study
examining gaps between users’ needs, proficiencies, and usage
processes, on the one hand, and eHealth resources in terms of
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quality, language, and assumptions regarding users, on the other
hand. Data analyzed in this study were collected from a
nationally representative random-digital-dial telephone
household survey of the Israeli adult population (18 years of
age and older) conducted from May to August 2008 (landlines
only). At the time the study was conducted only 7.1% of the
Israeli population owned only a mobile phone. Thus, we
expected the landline sampling frame to adequately represent
the Israeli adult population.

The sampling procedure through which the random digital
dialing worked began by dividing statistical areas into 4 layers
according to (1) population groups (Jews, Arabs, and mixed
localities), (2) 7 geographical districts, (3) different sizes of
settlements (big cities to small towns and villages), and (4)
socioeconomic status index based on the Israeli Central Bureau
of Statistics classification.

Sampling employed a dual-frame design, incorporating two
selection stages without stratification in either frame. The larger
frame was designed to provide national coverage of the eligible
population. Calls were placed to 4286 residential households
to identify 2201 eligible potential respondents who use the
Internet. Of these respondents, 1289 used the Internet for health
purposes. The interviews were conducted by professional
interviewers who went through a special training session to
familiarize them with the questionnaire’s terminology. The
interviewers conducted the telephone survey using
computer-assisted telephone interviewing software.

A comparison with the Israeli census data indicates that the
survey sample in the current study is representative of the Israeli
population in terms of sex and age distributions [45]). The
survey sample was further controlled to correspond to regional
population distribution (see Multimedia Appendix 1).

Measurements
eHealth literacy (perceived) was examined using Norman and
Skinner’s eHEALS scale [27]. The original scale was composed
of 8 questions. Since 2 of the items of the original scale were
tapped in our survey in a more detailed fashion, we used only
6 questions. The final scale in our study included 6 items, which
met a satisfactory internal consistency criterion (alpha = .86).
A 5-point response scale was used (from strongly agree to
disagree). Respondents were assigned into two groups on the
basis of the mean score they obtained for this 6-item scale of
perceived eHealth literacy. The mean score on the scale was
3.34 (SD 0.88). We used the median score of the scale (median
3.4) to create two groups: those with a high mean eHealth
literacy score (median ≥3.4); and those with a low mean eHealth
literacy score (median ≤3.39).

Internet access was measured by asking participants whether
they used the Internet in any of 5 locations at least once a month.
A list with 5 locations was presented and participants indicated
whether the option applied to them (at a library/community
center, friend’s, neighbor’s, Internet cafe, or school/university).

Digital literacy was tapped by asking for the frequency of
engaging in 6 activities (visiting blogs, participating in
discussion forums, playing games, downloading or listening to
music, downloading software, or emailing with friends). A

5-point frequency response scale was used (from very often to
never). Additionally, the user’s perceived general Internet skills
were tapped (not at all skilled, not very skilled, fairly skilled,
very skilled, or expert) [22,46]. The total mean score for digital
literacy was computed for each participant (alpha = .75).

Health information sources were examined by asking “How
often do you get health information from the following sources?”
A list of 6 health sources was presented and participants
responded to each source. Apart from the Internet as a source
of health information, the list included radio or television;
newspapers/magazines or books; information obtained from a
pharmacist, nurse, or physician; and information obtained from
family members or friends. A 5-point response scale was used
(from very often to never). A total mean score for the health
information channels was computed for each participant (alpha
= .64).

Health information content on the Internet was examined by
asking “How often do you search the Internet for information
related to the following domains and actions?” A list of 8
domains and actions related to health information was presented,
and participants responded to each domain. The list included
seeking information about physicians; institutions that provide
health services (hospitals, community clinics, pharmacies, etc);
potential treatments (procedures and drugs); and social support.
A 5-point response scale was used (from several times a week
to never). The total mean score for the seeking health
information on the Internet was computed for each participant
(alpha = .80).

Search strategies employed to obtain digital health information
were examined by asking “In order to find health information
on the Internet you usually do the following.” A list of 5
common search actions was presented: use a site that my
physician recommended; follow links that appear on websites;
ask questions in forums; use my Favorites list; and use a site
that a friend recommended. A 5-point frequency response scale
was used (from always to never). The total mean score for the
health information search strategy was computed for each
participant (alpha = .64).

Evaluation criteria were examined using Barnes and colleagues’
[32] scale. Participants were asked how important the 5
following criteria were in judging a website: the purpose of the
site is clearly stated and the information is accurate; it has a
reliable source; a contact is available for
questions/comments/help; retrieval is easy and can be done in
a timely manner; and the scope of information suits my needs.
A 5-point response scale was used (from very important to don’t
know). The total mean score for the health website evaluation
criteria was computed for each participant (alpha = .77).

Perceived outcomes of seeking health information on the
Internet were examined by asking “Do you agree or disagree
that seeking health information on the Internet...?” A list of 9
outcomes, adapted from Baker et al [47], was presented:
improved your ability to manage your health needs; enabled
you to ask your physician questions resulting from the
information you acquired on the Internet; enabled you to show
your physician the information that you retrieved; raised your
sense of power in your encounter with the physician; improved
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your understanding of the symptoms, conditions, or treatments
in which you were interested; updated your knowledge in health
innovations; led you to take independent steps (such as seeing
a specialist, or changing an exercise regimen or eating habits);
enabled you to think about alternative treatment options; and
made you more aware of patients’ insurance rights (all Israeli
citizens have a health insurance). A 5-point response scale was
used (from strongly agree to disagree). The total mean score
for each participant’s outcome perception was computed (alpha
= .87).

Sociodemographic information included sex, age, levels of
obtained education, religiosity, perceived health condition, and
chronic diseases.

Perceived health tapped respondents’ self-rated health, as
compared with other people their age and gender. Respondents
indicated whether they were about the average, somewhat above
the average, much above the average, somewhat below the
average, or much below the average.

The existence of chronic diseases was assessed by asking
respondents whether they had any chronic diseases.

Data Analysis
We first conducted principal components analyses on the
eHEALS. Second, to indicate that our measures were separate
factors, we conducted two sets of confirmatory factor analysis
on all major variables, using the CALIS procedure of SAS
version 9.2 (SAS Institute, Cary, NC, USA). Lastly, we used

analysis of variance and χ2 to compare differences between
groups, and Pearson correlation to examine relations between
items or between indices.

Results

Exploratory Factor Analysis of the eHealth Literacy
Scale
As the current study used only 6 of the 8 original eHEALS
items, we conducted an exploratory factor analysis on these
items. Principal components analysis produced a single-factor
solution (eigenvalue = 3.551, 59% of the variance explained).
Factor loadings ranged from .62 to .84 among the 6 items.
Internal consistency reliability was analyzed on the 6 items,
producing a coefficient alpha of .86, where item–scale
correlations ranged from r = .50 to .73. These results are quite
similar to those of Norman and Skinner [27], where the
single-factor solution explained 56% of the variance, the internal
consistency reliability was alpha = .88, and the item–scale
correlations ranged from r = .51 to .76.

Confirmatory Factor Analysis of the Research Scales
We calculated 2-model fit analyses to insure the assumption
that each scale is independent of the other scales. In the first set
of analyses, we used confirmatory factor analysis to test the
structure of 4 scales: eHealth literacy, outcomes perception,
digital literacy, and Internet access. The results confirmed that
the 4 scales are independent of each other, and the 6-item scale
used from Norman and Skinner’s [27] eHEALS is considered
an independent scale.

In the second set of confirmatory factor analyses we tested the
independence of an additional 5 scales in our study: health
information sources, health information content, motivations
for information search, search strategy, and evaluation criteria.
The results confirmed that the 5 scales are considered
independent of each other (see Multimedia Appendix 2).

Sociodemographic Characteristics of the eHealth
Literacy Groups
We examined the characteristics of the high and low eHealth
literacy groups focusing first on the demographic variables of
gender, age, and socioeconomic status. The high and low
eHealth literacy groups did not differ in gender. There were 321
(50.7%) and 325 women (49.8%) in the high (n = 633) and low

groups (n = 653), respectively (χ2
1 = 0.11, P > .05). Likewise,

the eHealth literacy score of men (mean 3.35, SD 0.89) and
women (mean 3.31, SD 0.88) did not differ significantly (F1,1284

= 0.94, P = .332). However, the high eHealth literacy group
was significantly younger (F1,1284 = 35.56, P < .000; mean 38.87,
SD 14.40, years) than the low eHealth literacy group (mean
44.12, SD 17.00, years). The socioeconomic status of the high
eHealth literacy group was also significantly higher than that
of the low eHealth literacy group, as measured by education
(mean score, on a 7-point scale, 3.99, SD 1.32 and mean 3.82,
SD 1.33, for the high and low eHealth literacy groups,
respectively, F1,1274 = 5.43, P < .02). There were 264 (41.9%)
and 228 (35.2%) respondents with academic degrees,
respectively, in the high (n = 630) and low (n = 647) eHealth
literacy groups.

The health status of the eHealth groups was significantly
different between the eHealth literacy groups. Respondents who
reported that they were chronically ill had a significantly lower
eHealth literacy score (F1,1270 = 8.87, P < .003; mean 3.19, SD
0.95) than respondents with no reported chronic illnesses (mean
3.37, SD 0.85). In addition, 164 respondents (25.3%) in the
lower eHealth literacy group (n = 648) reported having a chronic
illness, as compared with only 117 (18.8%) respondents in the
higher eHealth literacy group (n = 624). The health status
difference on eHealth literacy was independent of age: an
analysis of variance on eHealth literacy revealed an insignificant
interaction effect of health status and age (F3,1262 = 0.695, P
=.44).

Health status was also examined in terms of perceived health.
There was no significant difference between the high and low
eHealth literacy groups in perceived health (F1,1276 = 0.432, P
=.511). The high and low eHealth literacy groups reported
similar self-rated health (mean 3.25, SD 0. 74 and mean 3.22,
SD 0.68, for the high and low eHealth literacy groups,
respectively).

Internet Access and Digital Literacy
eHealth literacy emerged as related to digital access and literacy.
Respondents in the high eHealth literacy group had significantly
more access to computers and used the Internet more frequently
than did the low eHealth literacy group (F1,1281 = 26.47, P <
.001): the mean Internet accessibility score of the high eHealth
literacy group was 6.19, as compared with a score of 5.86 among
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the low eHealth literacy group. Furthermore, the digital literacy
reported by the high eHealth literacy group was significantly
higher than that reported by the low eHealth literacy group:
2.67 and 2.24, for the high and low eHealth literacy groups,
respectively (F1,1280 = 88.34, P < .001).

Information Consumption: Health Information
Sources, Health Information Content on the Internet,
Health Website Evaluation Criteria
eHealth literacy is a marker for consuming more information,
as displayed in Table 1. Overall, respondents in the high eHealth

literacy group used significantly more information sources
(F1,1280 = 11.01, P < .001) than did the low eHealth literacy
group. Looking at individual items in Table 1, there is a
significant difference between the two groups in their use of
written material such as books, newspapers, magazines, and the
Internet; there is no statistically significant difference between
the two eHealth literacy groups in their use of live information
from radio and television, a pharmacist, a nurse, or a physician
(all P > .05).

Table 1. Scores for low and high eHealth literacy groups’ consumption of information on the Internet

P valueFHighLowVariable

SDMeanSDMean

<.00111.010.732.750.652.62Information source (index)

<.00126.301.342.591.162.23Books

<.00112.401.222.871.142.64Newspapers and magazines

<.001112.780.933.810.923.26Internet

.7940.681.232.791.132.81Radio and television

.3550.861.262.151.252.21Pharmacist

.063.551.263.541.253.41Nurse or physician

<.00166.280.732.050.591.75Search quantity/variety (index)

<.00187.080.902.590.742.16Variety of search strategies (index)

<.00152.210.504.530.684.29Information evaluation (index)

Respondents in the high eHealth literacy group searched for
significantly more content on the Internet (F1,1280 = 66.28, P <
.001) than did the low eHealth literacy group, irrespective of
the type of health content: social (eg, social support groups),
service-related (eg, availability of services, or information on
physicians, hospitals, and pharmacies), and therapy-related
content (eg, health status, procedures, and medication).

The use of the Internet was different in terms of the search
strategies employed by each of the two eHealth literacy groups.
As can be seen in Table 1, those high in eHealth literacy used
every strategy significantly more often than those low in eHealth
literacy (F1,1280 = 87.08, P < .000). For example, they followed
links, asked questions on Internet forums, followed
recommendations of their friends and physicians, and used their
Favorites list significantly more often than those low in eHealth
literacy.

In addition, the use of the Internet by participants who scored
high on the eHealth literacy scale was marked by significantly
more scrutiny, caution, and evaluation of the information they
retrieve (F1,1280 = 52.21, P < .000). Thus, for example, they
looked for a contact address, wondered about the reliability of
the source and the accuracy of information, and formed an

opinion about the accessibility and availability of the
information on the particular site they encountered. Information
evaluation is related to eHealth literacy (r = .26, P < .000), but
as the size of the correlation indicates, it is not synonymous
with eHealth literacy.

Outcomes of Information Search
Finally, those highly eHealth literate gained significantly more
from their information search than did the low eHealth literacy
group (3.40 and 2.76, for high and low eHealth literacy groups,
respectively; F1,1280 = 177.76, P < .001). The results are
displayed in Table 2. Cognitively, people in the high eHealth
literacy group reported gaining a better understanding of their
health status, symptoms, and optional treatments (see items in
Table 2). They also benefited more instrumentally: the
information search improved their ability to self-manage their
health care needs, affected their health behaviors, and allowed
them a better use of their health insurance. The benefits extended
also to their interaction with the treating physician: they asked
the physician significantly more questions than they would have
without the digital information search, presented the physician
with the information they retrieved, and felt significantly better
positioned vis-à-vis the physician than did the low eHealth
literacy group.
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Table 2. Scores for low and high eHealth literacy groups in outcomes of information search

P valueFHighLowVariable

SDMeanSDMean

<.001177.760.833.400.882.76Outcomes (index)

<.001115.560.963.951.203.30Understanding of symptoms, conditions, treatment

<.001108.041.163.711.243.01Update in health innovations

<.00187.391.343.131.242.37Self-managing health

<.00187.391.253.411.252.75Affected health behaviors

<.00145.951.432.771.332.23Use of insurance

<.00163.511.183.731.283.17Asking physician questions

<.00181.851.243.541.322.90Consulting physician on information retrieved

<.00183.061.313.221.322.55Power position with physician

Discussion

Principal Results
The present study has demonstrated the utility of the eHealth
literacy concept. Though we used only 6 of the original 8 items
of the eHEALS, the 1-factor structure of the construct emerged
also in the current Israeli sample, indicating that the concept of
eHealth literacy is applicable to another culture and age groups.

The main contributions of this study, however, lie in
demonstrating the relation between eHealth literacy and (1) the
background attributes of the respondents, (2) patterns of
information consumption, and (3) outcomes of the information
search. In almost all 3 criteria, findings showed that the degree
of eHealth literacy skills extended the digital divide into the
health domain. The implication of these findings is that low
eHealth-literate people would be limited in their use of the
resources available on the Internet.

We hypothesized that respondents higher in eHealth literacy
would be younger and more educated. This hypothesis was
supported. We put forward no hypotheses regarding gender and
health status (measured by perceived health and chronic illness),
and the findings indicate no gender or perceived health
differences; however, we noted a significant difference in health
status: the chronically ill were lower in eHealth literacy.
Hypotheses regarding greater digital access and higher digital
literacy among those with high eHealth literacy were supported,
as well as all of the hypotheses regarding information
consumption: using more information sources, conducting more
frequent and more varied searches, employing more search
strategies, and evaluating the output. Moreover, as hypothesized,
respondents higher in eHealth literacy used the information
gained more than did respondents low in eHealth literacy.
Indeed, for those who can realize the potential and possibilities,
the Internet is a means of sustaining health, whether by
providing information, linking to peers and professionals, or
supporting self-management of health and illness [48]. However,
the use of the Internet in the health domain is related to social
inequality [49]: health information was already identified as
capital-enhancing activity (vs recreational activity) [17,49], and
the present findings indicate who among the connected benefits
the most and in what ways. We found that differences in

traditional variables of the digital divide literature (age,
education, health status, digital access, and literacy) were
associated with eHealth literacy, and we recorded new
hypothesized differences in information consumption and
outcomes gained from the use of the Internet. As theoreticians
surmised [50,51], crossing the initial connectivity divide left
numerous differences between people in how they incorporated
the Internet into their lives.

Comparison With Prior Work
The findings regarding the relationship between background
characteristics and eHealth literacy are similar to findings
obtained in studies documenting digital access and digital
literacy disparities [13,20,22,30]. As expected, the eHealth
literacy groups differed significantly in terms of education and
age, duplicating differences found between those who have
access to computers and the Internet and know how to use them
[10,12,14] and those who do not know how to use computers
and the Internet. Gender did not differ between our eHealth
literacy groups, a finding congruent with others’ [16,38]. It
demonstrates the conclusion that gender differences are highly
contextualized. It is also congruent with Mizrachi et al [15],
who found that the DIDIX along gender lines in an Israeli
sample was the lowest among other characteristics (such as
education, income, and age). Finally, and as hypothesized, the
eHealth literacy groups were significantly different in digital
access and digital literacy. Digital access avails the information
search and digital literacy is conceptually a facet of eHealth
literacy [23].

Health status was measured in our study in two ways: perceived
health (ie, self-rated health) and reported chronic illnesses.
Perceived health did not vary with eHealth literacy but the
presence of chronic illnesses did, such that chronically ill
respondents had lower eHealth literacy scores. The inconsistency
between the two measures is acceptable, as the two assess
different concepts; for example, a person may have a diagnosis
of hypertension, but she may also feel healthier than most of
her age group. Still, our findings on the two measures replicate
some previous work [41,43] and contrast with others [42,44],
and no clear picture yet emerges. It could be that the relationship
between health status and information search is dependent on
the health system. Indeed, Bundorf et al [42] suggest that

J Med Internet Res 2012 | vol. 14 | iss. 1 | e19 | p. 6http://www.jmir.org/2012/1/e19/
(page number not for citation purposes)

Neter & BraininJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://www.w3.org/Style/XSL
http://www.renderx.com/


searching the Internet for health depends on costs and benefits,
such as paying out-of-pocket and opportunity costs; these vary
across health systems and may explain the seemingly
contradictory findings. The present findings of lower eHealth
literacy among the chronically ill call for an empowering
intervention on the part of service providers (for example, health
maintenance organizations). The chronically ill population
constitutes a highly distinguished group for service providers,
and its eHealth literacy should be targeted for improvement.
Planned learning experiences to improve their literacy in
searching for, locating, evaluating, and using eHealth
information is called for. As Hargittai [17] points out, “achieving
a knowledgeable Internet citizenry is unlikely to be resolved
through a solely technical approach that focuses only on
infrastructure without any consideration of the social processes
and institutions in which people’s Internet uses are embedded.”

The findings on consuming information—ways of searching,
frequency of searching for various contents, evaluating the
information, benefiting from the information—all demonstrate
inequality among those high and low in eHealth literacy. All of
these variables focus on utilization rather than on mere
accessibility [52]; these variables exemplify new differentiated
usage patterns among the connected that have the potential to
contribute to social inequality [17,50,51,53,54]. These findings
are more in line with the strong hypothesis than with the weak
hypothesis of the digital divide. The strong hypothesis posits
that “the emergence of the information society will create new
social cleavages and strengthen old ones” [28], whereas the
weak hypothesis claims that the new technology will level out
old differences, admittedly after witnessing a temporary gap
during the dissemination of the new technology. Still, it is
possible that the weak hypothesis is not altogether amiss. We
may be in the midst of a change, as exemplified in gender, which
was in the past related to digital access and literacy and turned
out to be unrelated to eHealth literacy in this study.

It is important to note that the fit or full utilization of technology
depends not only on users and their characteristics but also on
the technology itself. Technology may have different
manifestations and affordances [55], and it could be tailored to
fit different users [56,57]. The literature on informed choice
demonstrates [58] that there are many ways of presenting
information and choices, and it exhibits genuine efforts and
achievements in presenting complex medical information to
laypeople. Similar efforts are called for in the content, design,
and ease of use of health information on the Internet, so that
people low in eHealth literacy may make fuller use of the digital
promise. The realization of such a promise may also call for
setting standards and accreditation, and alerting consumers to
the latter.

The results of the confirmatory factor analysis indicate that the
concept of eHealth literacy is independent of related variables.
Even the variable of health website evaluation criteria, which
seems to measure media literacy (in this case, Web literacy),
was found to be only moderately related to eHealth literacy (r
= .26, P < .000). This may indicate that, as Norman and Skinner
[23] point out, media literacy is only one aspect of eHealth
literacy.

Limitations
Our findings are hampered by 5 major limitations. First, we
used only 6 items from the original eHEALS [27]. Even though
the 1-factor structure of the concept, the internal reliability, and
the item–scale correlations were highly similar to the original
scale, the scales are not psychometrically equivalent. Second,
the cross-sectional design of the study precludes causal
conclusions and allows us to draw conclusions only regarding
correlated relationships. For example, we can assume only that
education is associated with eHealth literacy and not that it
affects eHealth literacy. Third, we did not measure actual
eHealth literacy but rather perceived efficacy of searching and
using health information on the Internet. This limitation calls
for an amendment. Measures of actual eHealth literacy are
required. Indeed, there are measures for actual digital literacy
[39,59] and there are measures for health literacy [60]. The two
may serve as an inspiration for a measure that taps actual
eHealth literacy. The fourth limitation is related to the third:
our findings are based on self-reports and not actual performance
or record of Internet use. More studies that measure actual use
and skill [48] are needed. Finally, the fifth limitation is related
to the landline sampling frame. This sampling frame excluded
7.1% of the population who owned only mobile phones at the
time that the survey was conducted. These people may be
younger and may have been more digitally and eHealth literate.

To conclude, the present study documented differences between
respondents high and low in eHealth literacy in terms of
background attributes, information consumption, and outcomes
of the information search. The findings are mostly interpreted
in line with the digital divide literature, replicating previously
demonstrated relationships to background variables
(demographics, digital access, and literacy), and identifying and
documenting new cleavages (information consumption and
perceived outcomes). The need to both educate at-risk and needy
groups [61] (eg, chronically ill) and design technology in a
mode befitting more consumers emerges. Addressing those
needs may not diminish the digital divide altogether, but it may
ameliorate its consequences by bringing more people into the
have group.

Acknowledgments
The study was supported by the Israel National Institute for Health Policy and Health Services Research.

The authors wish to thank the JMIR reviewers for their valuable suggestions for improving the article.

Conflicts of Interest
None declared.

J Med Internet Res 2012 | vol. 14 | iss. 1 | e19 | p. 7http://www.jmir.org/2012/1/e19/
(page number not for citation purposes)

Neter & BraininJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://www.w3.org/Style/XSL
http://www.renderx.com/


Multimedia Appendix 1
Characteristic of the participant’s sex and age compared with the population.

[PDF File (Adobe PDF File), 57KB-Multimedia Appendix 1]

Multimedia Appendix 2
Scales independence calculation through confirmatory factor analysis (CFA).

[PDF File (Adobe PDF File), 23KB-Multimedia Appendix 2]

References

1. Oh H, Rizo C, Enkin M, Jadad A. What is eHealth (3): a systematic review of published definitions. J Med Internet Res
2005;7(1):e1 [FREE Full text] [doi: 10.2196/jmir.7.1.e1] [Medline: 15829471]

2. Eng TR. The eHealth Landscape: A Terrain Map of Emerging Information and Communication Technologies in Health
and Health Care. Princeton, NJ: Robert Wood Johnson Foundation; 2001.

3. Nutbeam D. World Health Organization. 1998. Health Promotion Glossary URL: http://www.who.int/healthpromotion/
about/HPR%2520Glossary%25201998.pdf [accessed 2012-01-26] [WebCite Cache ID 64z2Lv6Km]

4. Nutbeam D. Health literacy as a public health goal: a challenge for contemporary health education and communication
strategies into the 21st century. Health Promot Int 2000;15(3):259-267. [doi: 10.1093/heapro/15.3.259]

5. Hasnain-Wynia R, Wolf MS. Promoting health care equity: is health literacy a missing link? Health Serv Res 2010
Aug;45(4):897-903 [FREE Full text] [doi: 10.1111/j.1475-6773.2010.01134.x] [Medline: 20646073]

6. Hesse BW, Nelson DE, Kreps GL, Croyle RT, Arora NK, Rimer BK, et al. Trust and sources of health information: the
impact of the Internet and its implications for health care providers: findings from the first Health Information National
Trends Survey. Arch Intern Med 2005;165(22):2618-2624 [FREE Full text] [doi: 10.1001/archinte.165.22.2618] [Medline:
16344419]

7. Kontos EZ, Bennett GG, Viswanath K. Barriers and facilitators to home computer and internet use among urban novice
computer users of low socioeconomic position. J Med Internet Res 2007;9(4):e31 [FREE Full text] [doi: 10.2196/jmir.9.4.e31]
[Medline: 17951215]

8. McNeill LH, Puleo E, Bennett GG, Emmons KM. Exploring social contextual correlates of computer ownership and
frequency of use among urban, low-income, public housing adult residents. J Med Internet Res 2007;9(4):e35 [FREE Full
text] [doi: 10.2196/jmir.9.4.e35] [Medline: 18093903]

9. Kuntalp M, Akar O. A simple and low-cost Internet-based teleconsultation system that could effectively solve the health
care access problems in underserved areas of developing countries. Comput Methods Programs Biomed 2004
Aug;75(2):117-126. [doi: 10.1016/j.cmpb.2003.11.004] [Medline: 15212854]

10. Fleming J. Health information on the Internet. J R Soc Promot Health 2003 Mar;123(1):10-11. [Medline: 12722578]
11. Mead N, Varnam R, Rogers A, Roland M. What predicts patients' interest in the Internet as a health resource in primary

care in England? J Health Serv Res Policy 2003 Jan;8(1):33-39. [doi: 10.1258/13558190360468209] [Medline: 12683432]
12. Välimäki M, Nenonen H, Koivunen M, Suhonen R. Patients' perceptions of Internet usage and their opportunity to obtain

health information. Med Inform Internet Med 2007 Dec;32(4):305-314. [doi: 10.1080/14639230701819792] [Medline:
18072007]

13. Buente W, Robbin A. Trends in Internet information behavior, 2000-2004. J Am Soc Inf Sci Technol 2008;59(11):1743-1760.
[doi: 10.1002/asi.20883]

14. Miller EA, West DM. Characteristics associated with use of public and private web sites as sources of health care information:
results from a national survey. Med Care 2007 Mar;45(3):245-251. [doi: 10.1097/01.mlr.0000244509.60556.49] [Medline:
17304082]

15. Mizrachi Y, Bar N, Katsernov I, Oron N. e-Readiness and Digital Divide survey, Israel 2005 [Hebrew]. Jerusalem: Ministry
of Finance; 2005. URL: http://www.maor.gov.il/Maor/Docs/HE/DigitalSurvey/digital3.pdf[WebCite Cache ID 64ypRnMNi]

16. Losh SC. Gender, educational, and occupational digital gaps 1983-2002. Social Sci Comput Rev 2004;22(2):152-166. [doi:
10.1177/0894439303262557]

17. Hargittai E. Digital na(t)ives? Variation in Internet skills and use among members of the. Sociol Inq 2010;80(1):92-113.
[doi: 10.1111/j.1475-682X.2009.00317.x]

18. Barzilai-Nahon K. Gaps and bits: conceptualizing measurements for digital divide. Inform Soc 2006;22(5):269-278. [doi:
10.1080/01972240600903953]

19. Skinner H, Biscope S, Poland B. Quality of internet access: barrier behind internet use statistics. Soc Sci Med 2003
Sep;57(5):875-880. [Medline: 12850112]

20. Zillien N, Hargittai E. Digital distinction: status-specific types of Internet usage. Soc Sci Q 2009;90(2):274-291. [doi:
10.1111/j.1540-6237.2009.00617.x]

21. Vehovar V, Sicherl P, Hüsing T, Dolnicar V. Methodological challenges of digital divide measurements. Inform Soc
2006;22(5):279. [doi: 10.1080/01972240600904076]

J Med Internet Res 2012 | vol. 14 | iss. 1 | e19 | p. 8http://www.jmir.org/2012/1/e19/
(page number not for citation purposes)

Neter & BraininJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

https://jmir.org/api/download?alt_name=jmir_v14i1e19_app1.pdf&filename=fa342aec32049759f7b865226101af7f.pdf
https://jmir.org/api/download?alt_name=jmir_v14i1e19_app1.pdf&filename=fa342aec32049759f7b865226101af7f.pdf
https://jmir.org/api/download?alt_name=jmir_v14i1e19_app2.pdf&filename=04fd054f6bb47b7a14059744b7dbc661.pdf
https://jmir.org/api/download?alt_name=jmir_v14i1e19_app2.pdf&filename=04fd054f6bb47b7a14059744b7dbc661.pdf
http://www.jmir.org/2005/1/e1/
http://dx.doi.org/10.2196/jmir.7.1.e1
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15829471&dopt=Abstract
http://www.who.int/healthpromotion/about/HPR%2520Glossary%25201998.pdf
http://www.who.int/healthpromotion/about/HPR%2520Glossary%25201998.pdf
http://www.webcitation.org/

                                                64z2Lv6Km
http://dx.doi.org/10.1093/heapro/15.3.259
http://apps.isiknowledge.com.login.ezproxy.library.ualberta.ca/full_record.do?product=WOS&search_mode=GeneralSearch&qid=8&SID=2DblnNk7bHg5gbDo4KL&page=1&doc=3&cacheurlFromRightClick=no
http://dx.doi.org/10.1111/j.1475-6773.2010.01134.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20646073&dopt=Abstract
http://archinte.ama-assn.org/cgi/pmidlookup?view=long&pmid=16344419
http://dx.doi.org/10.1001/archinte.165.22.2618
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16344419&dopt=Abstract
http://www.jmir.org/2007/4/e31/
http://dx.doi.org/10.2196/jmir.9.4.e31
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17951215&dopt=Abstract
http://www.jmir.org/2007/4/e35/
http://www.jmir.org/2007/4/e35/
http://dx.doi.org/10.2196/jmir.9.4.e35
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18093903&dopt=Abstract
http://dx.doi.org/10.1016/j.cmpb.2003.11.004
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15212854&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12722578&dopt=Abstract
http://dx.doi.org/10.1258/13558190360468209
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12683432&dopt=Abstract
http://dx.doi.org/10.1080/14639230701819792
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18072007&dopt=Abstract
http://dx.doi.org/10.1002/asi.20883
http://dx.doi.org/10.1097/01.mlr.0000244509.60556.49
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17304082&dopt=Abstract
http://www.maor.gov.il/Maor/Docs/HE/DigitalSurvey/digital3.pdf
http://www.webcitation.org/

                                                64ypRnMNi
http://dx.doi.org/10.1177/0894439303262557
http://dx.doi.org/10.1111/j.1475-682X.2009.00317.x
http://dx.doi.org/10.1080/01972240600903953
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12850112&dopt=Abstract
http://dx.doi.org/10.1111/j.1540-6237.2009.00617.x
http://dx.doi.org/10.1080/01972240600904076
http://www.w3.org/Style/XSL
http://www.renderx.com/


22. Hargittai E. Second-level digital divide: differences in people's online skills. First Monday 2002;7(4).
23. Norman CD, Skinner HA. eHealth literacy: essential skills for consumer health in a networked world. J Med Internet Res

2006;8(2):e9 [FREE Full text] [doi: 10.2196/jmir.8.2.e9] [Medline: 16867972]
24. Miller EA, West DM. Where's the revolution? Digital technology and health care in the internet age. J Health Polit Policy

Law 2009 Apr;34(2):261-284. [doi: 10.1215/03616878-2008-046] [Medline: 19276318]
25. Tercyak KP, Abraham AA, Graham AL, Wilson LD, Walker LR. Association of multiple behavioral risk factors with

adolescents' willingness to engage in eHealth promotion. J Pediatr Psychol 2009 Jun;34(5):457-469. [doi:
10.1093/jpepsy/jsn085] [Medline: 18723566]

26. Pálsdóttir Á. Seeking information about health and lifestyle on the Internet. Inform Res 2009;14(1) [FREE Full text]
27. Norman CD, Skinner HA. eHEALS: The eHealth Literacy Scale. J Med Internet Res 2006;8(4):e27 [FREE Full text] [doi:

10.2196/jmir.8.4.e27] [Medline: 17213046]
28. Sassi S. Cultural differentiation or social segregation? Four approaches to the digital divide. New Media & Society

2005;7(5):684. [doi: 10.1177/1461444805056012]
29. Fox S. Digital divisions. Washington, DC: Pew Internet & American Life Project; 2005 Oct 5. URL: http://www.

pewinternet.org/~/media//Files/Reports/2005/PIP_Digital_Divisions_Oct_5_2005.pdf.pdf [accessed 2012-01-26] [WebCite
Cache ID 64ykcVepk]

30. Viswanath K, Finnegan JR. The knowledge gap hypothesis: twenty-five years later. In: Burleson BR, editor. Communication
Yearbook 19. Thousand Oaks, CA: Sage; 1996:187.

31. Stevenson S. Digital divide: a discursive move away from the real inequities. Inform Soc 2009;25(1):1-22. [doi:
10.1080/01972240802587539]

32. Barnes MD, Penrod C, Neiger BL, Merrill RM, Thackeray R, Eggett DL, et al. Measuring the relevance of evaluation
criteria among health information seekers on the Internet. J Health Psychol 2003 Jan;8(1):71-82. [doi:
10.1177/1359105303008001436] [Medline: 22113902]

33. Baker DW, Parker RM, Williams MV, Pitkin K, Parikh NS, Coates W, et al. The health care experience of patients with
low literacy. Arch Fam Med 1996 Jun;5(6):329-334 [FREE Full text] [Medline: 8640322]

34. Montalto NJ, Spiegler GE. Functional health literacy in adults in a rural community health center. W V Med J
2001;97(2):111-114. [Medline: 11392190]

35. Nurss JR, el-Kebbi IM, Gallina DL, Ziemer DC, Musey VC, Lewis S, et al. Diabetes in urban African Americans: functional
health literacy of municipal hospital outpatients with diabetes. Diabetes Educ 1997;23(5):563-568. [Medline: 9355373]

36. Williams MV, Parker RM, Baker DW, Parikh NS, Pitkin K, Coates WC, et al. Inadequate functional health literacy among
patients at two public hospitals. JAMA 1995 Dec 6;274(21):1677-1682. [Medline: 7474271]

37. Taub SJ. The Internet's role in patient/physician interaction: bringing our understanding in line with online reality. Compr
Ophthalmol Update 2006;7(1):25-30. [Medline: 16630413]

38. Ono H, Zavodny M. Gender and the Internet. Soc Sci Q 2003;84(1):111-121. [doi: 10.1111/1540-6237.t01-1-8401007]
39. Hargittai E. Classifying and coding online actions. Soc Sci Comput Rev 2004;22(2):210-227. [doi:

10.1177/0894439303262560]
40. Van Deursen AJAM, van Dijk JAGM, Peters O. Rethinking Internet skills: the contribution of gender, age, education,

Internet experience, and hours online to medium- and content-related Internet skills. Poetics 2011;39(2):125-144. [doi:
10.1016/j.poetic.2011.02.001]

41. Fox S. E-patients with a disability or chronic disease. Washington, DC: Pew Internet & American Life Project; 2007 Oct
8. URL: http://www.pewinternet.org/~/media/Files/Reports/2007/EPatients_Chronic_Conditions_2007.pdf.pdf [accessed
2012-01-26] [WebCite Cache ID 64ym00GQq]

42. Bundorf MK, Wagner TH, Singer SJ, Baker LC. Who searches the internet for health information? Health Serv Res 2006
Jun;41(3 Pt 1):819-836. [doi: 10.1111/j.1475-6773.2006.00510.x] [Medline: 16704514]

43. Goldner M. Using the Internet and email for health purposes: the impact of health status. Soc Sci Q 2006;87(3):690-710.
[doi: 10.1111/j.1540-6237.2006.00404.x]

44. Wangberg SC, Andreassen HK, Prokosch HU, Santana SM, Sørensen T, Chronaki CE. Relations between Internet use,
socio-economic status (SES), social support and subjective health. Health Promot Int 2008 Mar;23(1):70-77 [FREE Full
text] [doi: 10.1093/heapro/dam039] [Medline: 18083686]

45. Israel Central Bureau of Statistics. Statistical Abstract of Israel. 2007. Table 2.10: Population, by Population Group, Religion,
Age and Sex, District and Sub-district URL: http://www1.cbs.gov.il/reader/shnaton/templ_shnaton_e.
html?num_tab=st02_10x&CYear=2007 [accessed 2012-01-17] [WebCite Cache ID 64yw36i8a]

46. Hargittai E. Survey measures of Web-oriented digital literacy. Soc Sci Comput Rev 2005;23(3):371-379. [doi:
10.1177/0894439305275911]

47. Baker L, Wagner TH, Singer S, Bundorf MK. Use of the Internet and e-mail for health care information: results from a
national survey. JAMA 2003 May 14;289(18):2400-2406 [FREE Full text] [doi: 10.1001/jama.289.18.2400] [Medline:
12746364]

J Med Internet Res 2012 | vol. 14 | iss. 1 | e19 | p. 9http://www.jmir.org/2012/1/e19/
(page number not for citation purposes)

Neter & BraininJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://www.jmir.org/2006/2/e9/
http://dx.doi.org/10.2196/jmir.8.2.e9
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16867972&dopt=Abstract
http://dx.doi.org/10.1215/03616878-2008-046
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19276318&dopt=Abstract
http://dx.doi.org/10.1093/jpepsy/jsn085
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18723566&dopt=Abstract
http://InformationR.net/ir/14-1/paper389.html
http://www.jmir.org/2006/4/e27/
http://dx.doi.org/10.2196/jmir.8.4.e27
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17213046&dopt=Abstract
http://dx.doi.org/10.1177/1461444805056012
http://www.pewinternet.org/~/media//Files/Reports/2005/PIP_Digital_Divisions_Oct_5_2005.pdf.pdf
http://www.pewinternet.org/~/media//Files/Reports/2005/PIP_Digital_Divisions_Oct_5_2005.pdf.pdf
http://www.webcitation.org/

                                                64ykcVepk
http://www.webcitation.org/

                                                64ykcVepk
http://dx.doi.org/10.1080/01972240802587539
http://dx.doi.org/10.1177/1359105303008001436
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22113902&dopt=Abstract
http://archfami.ama-assn.org/cgi/pmidlookup?view=long&pmid=8640322
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=8640322&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=11392190&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=9355373&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=7474271&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16630413&dopt=Abstract
http://dx.doi.org/10.1111/1540-6237.t01-1-8401007
http://dx.doi.org/10.1177/0894439303262560
http://dx.doi.org/10.1016/j.poetic.2011.02.001
http://www.pewinternet.org/~/media/Files/Reports/2007/EPatients_Chronic_Conditions_2007.pdf.pdf
http://www.webcitation.org/

                                                64ym00GQq
http://dx.doi.org/10.1111/j.1475-6773.2006.00510.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16704514&dopt=Abstract
http://dx.doi.org/10.1111/j.1540-6237.2006.00404.x
http://heapro.oxfordjournals.org/cgi/pmidlookup?view=long&pmid=18083686
http://heapro.oxfordjournals.org/cgi/pmidlookup?view=long&pmid=18083686
http://dx.doi.org/10.1093/heapro/dam039
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18083686&dopt=Abstract
http://www1.cbs.gov.il/reader/shnaton/templ_shnaton_e.html?num_tab=st02_10x&CYear=2007
http://www1.cbs.gov.il/reader/shnaton/templ_shnaton_e.html?num_tab=st02_10x&CYear=2007
http://www.webcitation.org/

                                                64yw36i8a
http://dx.doi.org/10.1177/0894439305275911
http://jama.ama-assn.org/cgi/pmidlookup?view=long&pmid=12746364
http://dx.doi.org/10.1001/jama.289.18.2400
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12746364&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


48. Kraft P, Yardley L. Current issues and new directions in psychology and health: what is the future of digital interventions
for health behaviour change? Psychol Health 2009 Jul;24(6):615-618. [doi: 10.1080/08870440903068581] [Medline:
20205015]

49. Howard PN, Rainie L, Jones S. Days and nights on the Internet: the impact of a diffusing technology. Am Behav Sci 2001
Sep 1;45(3):383-404. [doi: 10.1177/0002764201045003003]

50. van Dijk JAGM. The Deepening Divide: Inequality in the Information Society. Thousand Oaks, CA: Sage Publications,
Inc; 2005.

51. DiMaggio P, Hargittai E, Celeste C, Shafer S. Digital inequality: from unequal access to differentiated use. In: Neckerman
KM, editor. Social Inequality. New York, NY: Russell Sage Foundation; 2004:355-400.

52. DiMaggio P, Hargittai E, Neuman WR, Robinson JP. Social implications of the Internet. Annu Rev Sociol 2001;27:307-336.
[doi: 10.1146/annurev.soc.27.1.307]

53. Hargittai E. The digital reproduction of inequality. In: Grusky DB, editor. Social Stratification: Class, Race, and Gender
in Sociological Perspective, 3rd edition. Boulder, CO: Westview Press; 2008:936-944.

54. Selwyn N. Reconsidering political and popular understandings of the digital divide. New Media Soc 2004;6(3):341-362.
[doi: 10.1177/1461444804042519]

55. Gibson EJ. Perceiving the Affordances: A Portrait of Two Psychologists. Mahwah, NJ: Erlbaum; 2002.
56. Xie B. Effects of an eHealth literacy intervention for older adults. J Med Internet Res 2011;13(4):e90 [FREE Full text]

[doi: 10.2196/jmir.1880] [Medline: 22052161]
57. Knapp C, Madden V, Wang H, Sloyer P, Shenkman E. Internet use and eHealth literacy of low-income parents whose

children have special health care needs. J Med Internet Res 2011;13(3):e75 [FREE Full text] [doi: 10.2196/jmir.1697]
[Medline: 21960017]

58. Woolf SH, Chan EC, Harris R, Sheridan SL, Braddock CH, Kaplan RM, et al. Promoting informed choice: transforming
health care to dispense knowledge for decision making. Ann Intern Med 2005 Aug 16;143(4):293-300. [Medline: 16103473]

59. Hargittai E, Shafer S. Differences in actual and perceived online skills: the role of gender. Soc Sci Q 2006;87(2):432-448.
[doi: 10.1111/j.1540-6237.2006.00389.x]

60. McCray AT. Promoting health literacy. J Am Med Inform Assoc 2005;12(2):152-163 [FREE Full text] [doi:
10.1197/jamia.M1687] [Medline: 15561782]

61. Chan CV, Kaufman DR. A framework for characterizing eHealth literacy demands and barriers. J Med Internet Res
2011;13(4):e94 [FREE Full text] [doi: 10.2196/jmir.1750] [Medline: 22094891]

Abbreviations
DIDIX: digital divide index
eHEALS: eHealth literacy scale

Edited by G Eysenbach; submitted 19.07.10; peer-reviewed by C Norman, I O'Boyle; comments to author 13.11.10; revised version
received 20.10.11; accepted 18.11.11; published 27.01.12

Please cite as:
Neter E, Brainin E
eHealth Literacy: Extending the Digital Divide to the Realm of Health Information
J Med Internet Res 2012;14(1):e19
URL: http://www.jmir.org/2012/1/e19/
doi: 10.2196/jmir.1619
PMID: 22357448

©Efrat Neter, Esther Brainin. Originally published in the Journal of Medical Internet Research (http://www.jmir.org), 27.01.2012.
This is an open-access article distributed under the terms of the Creative Commons Attribution License
(http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use, distribution, and reproduction in any medium,
provided the original work, first published in the Journal of Medical Internet Research, is properly cited. The complete bibliographic
information, a link to the original publication on http://www.jmir.org/, as well as this copyright and license information must be
included.

J Med Internet Res 2012 | vol. 14 | iss. 1 | e19 | p. 10http://www.jmir.org/2012/1/e19/
(page number not for citation purposes)

Neter & BraininJOURNAL OF MEDICAL INTERNET RESEARCH

XSL•FO
RenderX

http://dx.doi.org/10.1080/08870440903068581
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20205015&dopt=Abstract
http://dx.doi.org/10.1177/0002764201045003003
http://dx.doi.org/10.1146/annurev.soc.27.1.307
http://dx.doi.org/10.1177/1461444804042519
http://www.jmir.org/2011/4/e90/
http://dx.doi.org/10.2196/jmir.1880
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22052161&dopt=Abstract
http://www.jmir.org/2011/3/e75/
http://dx.doi.org/10.2196/jmir.1697
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21960017&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16103473&dopt=Abstract
http://dx.doi.org/10.1111/j.1540-6237.2006.00389.x
http://jamia.bmj.com/cgi/pmidlookup?view=long&pmid=15561782
http://dx.doi.org/10.1197/jamia.M1687
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15561782&dopt=Abstract
http://www.jmir.org/2011/4/e94/
http://dx.doi.org/10.2196/jmir.1750
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22094891&dopt=Abstract
http://www.jmir.org/2012/1/e19/
http://dx.doi.org/10.2196/jmir.1619
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22357448&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

