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Abstract

Background: Substance use disorder research and practice have not yet taken advantage of emerging changesin communication
patterns. While internet and social media use is widespread in the general population, little is known about how these mediums
are used in substance use disorder treatment.

Objective: The aims of this paper were to provide data on patients with substance use disorders mobile phone ownership rates,
usage patterns on multiple digital platforms (social media, internet, computer, and mobile apps), and their interest in the use of
these platforms to monitor personal recovery.

Methods: We conducted a cross-sectional survey of patientsin 4 intensive outpatient substance use disorder treatment facilities
in Philadelphia, PA, USA. Logistic regressions were used to examine associations among variables.

Results: Survey participants (N=259) were mostly male (72.9%, 188/259), African American (62.9%, 163/259), with annual
incomes less than US $10,000 (62.5%, 161/259), and averaged 39 (SD 12.24) years of age. The vast mgjority of participants
(93.8%, 243/259) owned amobile phone and about 64.1% (166/259) owned amobile phonewith app capabilities, of which 85.1%
(207/243) accessed the internet mainly through their mobile phone. There were no significant differencesin age, gender, ethnicity,
Or socio-economic status by computer usage, internet usage, number of times participants changed their phone, type of mobile
phone contract, or whether participants had unlimited calling plans. The sample was grouped into 3 age groups (Millennials,
Generation Xers, and Baby Boomers). Therates of having asocial mediaaccount differed across these 3 age groupswith significant
differences between Baby Boomers and both Generation Xers and Millennials (P<.001 in each case). Among participants with
a social media account (73.6%, 190/259), most (76.1%, 144/190) reported using it daily and nearly all (98.2%, 186/190) used
Facebook. Nearly half of participants (47.4%, 90/190) reported viewing content on social mediathat triggered substance cravings
and an equal percentage reported being exposed to recovery information on social media. There was a significant differencein
rates of reporting viewing recovery information on social media across the 3 age groups with Baby Boomers reporting higher
ratesthan Millennials (P<.001). The mgjority of respondents (70.1%, 181/259) said they would prefer to use arelapse prevention
app on their phone or receive SMS (short message service) relapse prevention text messages (72.3%, 186/259), and nearly half
(49.1%, 127/259) expressed an interest in receiving support by alowing social media accounts to be monitored as a relapse
prevention technique.

Conclusions: To our knowledge, this is the first and largest study examining the online behavior and preferences regarding
technology-based substance use disorder treatment interventions in a population of patients enrolled in community outpatient
treatment programs. Patients were generally receptive to using relapse prevention apps and text messaging interventions and a
substantial proportion supported social media surveillance tools. However, the design of technol ogy-based interventions remains
as many participants have monthly telephone plans which may limit continuity.
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Introduction

Mobile phone use has increased dramatically over the last
decade. Today, 95% of US adults have amobile phone, up from
66% in 2006. Mobile phone with app capability (smartphone)
ownership has a'so more than doubled from 35% in 2011 to
77%in 2016 [1]. With the increase in mobile phone ownership,
health care providers have become interested in integrating the
use of mobile phonesin the care of chronic conditions such as
HIV, diabetes, hypertension, and asthma[2-6]. Mobile phones
are portable, capable of receiving and transmitting data, and
they are “aways on.” They also offer health care providersthe
unique ability to connect with hard-to-reach populations that
might otherwise not have access to health care services [7,8].
Mobile phones with app capahilities have the added benefit of
being mini-computers that run software apps, connect to the
internet, and have various embedded sensors. Sensors include
Global Positioning Systems that monitor spatial location,
accel erometersthat record movement and gross motor activities,
text that can be automatically analyzed using natural language
processing to provide users with personalized feedback, and
voice and tone records that can estimate mood [9]. Mobile
phones also provide health care providers with a continuous
stream of patient data regarding behavior, symptoms, and
physiology. Recently, behavioral health apps have been
devel oped that monitor psychiatricillnesses[10-14]. These apps
have proven to be feasible across a wide range of conditions
including schizophrenia [15], bipolar disorder [16], anxiety
disorder [17], and depression [14,18,19].

Addiction researchers have recently begun to explore the use
of mobile phones to support recovery from substance use
disorders[20]. Alcohol and drug misuse was estimated to cost
the nation over US $400 hillion annually. In 2015, an estimated
7.7 million individuals in the United States had an illicit drug
use disorder in the past year, but only 1.3 million individuals
(approximately 17%) received substance use treatment [21].
Further, fewer than half of the patients who entered treatment
completed it [22], with about 70% of patients experiencing a
recurrence of use within a few months of initiating treatment
[23].

Mobile phones can provide access to an assortment of online
resources for attendees of outpatient substance use disorder
treatment programs [24]. For example, patients can access the
internet to search for local Alcoholics Anonymous (AA) and/or
Narcotics Anonymous (NA) meetings, attend online AA/NA
meetings, join an online recovery community, or download a
recovery-based app to their mobile phone. Patientsin treatment
may also be able to stay connected to loved ones via phone and
video calls, texting, and socia networking sites, providing them
with needed social support. Theseindividuals can also usetheir
phonesto make medical appointments, communicate with health
care providers, and communicate with potential employers.

http://www.jmir.org/2018/3/e84/

Little is known about access to mobile phones and the use of
digital platformsamong patients attending outpatient substance
use disorder treatment programs. McClure and colleagues
examined the utilization of theinternet and mobile phoneswith
patients attending outpatient clinics, methadone/buprenorphine
mai ntenance programs, and buprenorphine maintenance primary
care clinics [25]. The majority of the patients reported access
to a mobile phone (91%) and texting (79%). Peatients also
reported higher regular internet use (44%) than regular computer
use (39%), which suggested that some patients were accessing
the internet through their mobile phones, though information
on the type of phone used was not collected in the study.

This paper explored the patterns of mobile phone usage, the use
of Facebook, Twitter, and other social mediaplatforms, and the
receptiveness of using these types of digital platforms for
interventions that promote positive recovery outcomes among
pati ents attending community outpatient substance use disorder
treatment programs. We also examined differences in digital
platform use by age, gender, income, race, and preferred
substances. The goals of these analyseswere to assess disparities
in digital media platform use and gain a better understanding
of which platforms would be suitable for disseminating and
sustaining real-world recovery promotion interventionsfor this
population.

Methods

Recruitment

In May 2016, a self-administered, in-person, paper-and-pencil
survey was conducted among patients attending outpatient
substance use disorder treatment programs in Philadelphia
Participantswereinvited to participate by research staff between
group sessions. These outpatient treatment programs treated
approximately 800 patients monthly, all over 18 years of age.
The requirements to participate in the survey were (1) current
enrollment in the outpatient program at the time of the survey;
(2) greater than 18 years of age; (3) no intellectua or
developmental disability; (4) and willingness to provide
informed consent to participate. The survey took 10 minutesto
complete and no identifiable information was recorded to protect
patient privacy. All study procedures were approved by the
University of Pennsylvania Human Subjects Review Board.

Survey

The survey included technology utilization questions, adapted
from McClure and colleagues[25], to assessthe communication
patterns of patients enrolled in substance abuse treatment
programs in the Baltimore area. The survey was updated to
include questions pertaining to mobile phone ownership, social
media usage, and interest in the use of digital platforms to
monitor recovery (Multimedia Appendix 1).

Exposure level to drug cues and pro-recovery information on
social mediawas measured viaresponsesto thefollowing items:
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How often have you seen drug cues—thingsthat made
you want to use drugs on social media? [Responses
ranging from 1 (always) to 5 (never)]
How often have you seen recovery information on
social media? [Responses ranging from 1 (always)
to 5 (never)]
Have you posted information on social media about
being in recovery? [Yes/no]
We measured receptiveness to the use of online platforms for
interventions that promote positive substance use treatment
outcomes via responses to the following items:

Do you think social media would be a good place to
receive information to help you avoid relapse?
[Yes/no]

Would you join an online support group to help you
during your recovery? [Yes/no]

Would you join a Facebook support group to help
you during your recovery? [Yes/no]

Would you sign up to receive text messages to help
you during your recovery? [Yes/no]

Would you use an app placed on your phone to help
your recovery from alcohol or substance use?
[Yes/no]

We also asked participants how they would like to access a
digital outpatient treatment program to aide during recovery
(website, social media, texting, app), and if they would you
allow their social media accounts to be monitored to help
prevent relapse.

Data Analysis

The responses were entered into the data monitoring system
using double entry. One research assistant entered the datawhile
checking for mismatches and out-of-range values. A different
research assistant then entered the same data again. The entries
were compared viaacomputer that identified mismatches. When
mismatches were identified, the data entry persons checked the
original survey to determine the correct value(s).

All analyses were performed using SAS 9.3. The primary
comparisons were of technology ownership and use responses
over 3 age groups (Baby Boomers, Generation Xers, and
Millennials), using binary and ordinal |ogistic regression models.
These models included gender and race as covariates.

Data Exclusion

Respondents were excluded from final analyses due to missing
age, gender, race, and reporting zero use of technology.
Respondents excluded due to missing demographic information
totaled 6 (0.02%, 6/276) participants. Respondents excluded
due to reporting zero use of technology totaled 11 (0.04%,
11/276) participants.

Results

Participants

Demographic information for study participants is shown in
Table 1. The participants were 259 adults with a substance use
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disorder at the time of entrance to treatment at 4 Philadelphia
area community-based intensive outpatient programs. The
participants averaged 38.86 (SD 12.24) years of, primarily
self-identified as male (72.9%, 188/259), African American
(62.9%, 163/259), high school graduate or General Equivalency
Diploma(GED; 58.8%, 152/259), single-never married (73.5%,
190/259), and unemployed (77.6%, 201/259) with a yearly
income under US $10,000 (62.4%, 161/259). In addition,
participants were stratified into the Millennial (18 to 35 years),
Generation X (36 to 51 years), or Baby Boomer or older (52 or
moreyears) generational categoriesthat best mirror generational
categories among the general population. Most participants
were of the Millennial generation (46.3%, 120/259), followed
by Generation X (32.4%, 84/259), and Baby Boomer or older
(21.2%, 55/259). Participants cited marijuana (47.9%, 124/259)
and alcohol (40.5%, 105/259) as preferred substances most
frequently and the mean length of treatment was 4.64 (SD 8.35)
months.

Technology Ownership

Of the 259 participants, most owned a mobile phone (93.8%,
243/259), of which many were mobile phones with app
capabilities (64.1%, 166/259), with no significant differences
between generations (x%,=1.39; P=.50). Among phone owners,
mobile phone with app capability ownership differed
significantly among generations (x22=17.62, P<.001); with
Generation X (P=.001, OR 3.52 [95% CI 1.65-7.52]) and
Millennia (P<. 001, OR 4.53 [95% CI 2.19-9.35]) generations
being morelikely to own amobile phone with capabilities than
Baby Boomers. No significant differences were found between
Millennials and Generation Xers (P=.11, OR 0.78 [95% ClI
0.40-1.51]). Among phone owners, provider plans differed
significantly among generations (x22=10.25, P=.006); with
Generation Xers (P=.02, OR 3.73 [95% CI 1.18-11.73]) and
Millennials (P=.002, OR 6.09 [95% CI 1.94-19.09]) being more
likely to have unlimited texting plans than Baby Boomers.

Technology Use

The majority of al participants reported regularly using text
messaging, email, the internet, and a computer. Generational
differences were found to be significant in text message
(x%,=12.16, P=.002), email (x%=20.65, P<.001), and internet

use (x%=26.37, P<.001), but not in computer use (x°,=5.49,
P=.06). The significant differenceswerelargely dueto the Baby
Boomers using these media less than the Generation Xers or
Millennials, with the Generation Xers tending to use less than
the Millennials, but not significantly so (Multimedia Appendix
2).

Among those who accessed theinternet, about 80.0% (152/190)
reported that they typically accessed it via their mobile phone.
Therewere no significant generational differenceson accessing
the internet by phone versus by some other means ()(22:5.00,
P=.08).

Social Media Ownership and Use

Of therespondents, 73.6% (190/259) had a social mediaaccount
of some type, with the majority using these accounts daily
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(76.1%, 144/190). There were significant generational
differences (x%,=38.25, P<.001); with both Generation Xers
(P<.001, OR 5.62 [ 95% CI 2.62-12.03]) and Millennids
(P<.001, OR 9.01 [95% CI 4.26-19.03]) being more likely to
own asocial mediaaccount. No differenceswere found between
Millennials and Generation Xers (P=.19, OR 1.60 [95% CI
0.79-3.28]). Therewasasimilar pattern of significant differences

Table 1. Demographic characteristics (N=259).

Ashford et al

on frequency of use among participants with a social media
account ()(22:7.04, P=.03); with both Generation Xers (P=.02,
OR 3.44[95% Cl 1.19-9.98]) and Millennials (P=.01, OR 3.81
[95% CI 1.38-10.59]) being morelikely to have daily or weekly
frequencies of use compared to Baby Boomers. No significant
difference wasfound between Millennials and Generation Xers
(P=.10, OR 1.11 [95% CI 0.51-2.41]).

Characteristic Value
Ageinyears, mean (SD) 38.86 (12.24)
Generation, n (%)

Millennials 120 (46.3)

Generation X 84 (32.4)

Baby Boomer 55(21.2)
Gender, n (%)

Female 71(27.0)

Male 188 (73.0)
Race, n (%)

Nonblack 96 (37.1)

Black 163 (62.9)
Marital status, n (%)

Single or never married 190 (73.5)

Married or domestic partnership 29 (11.3)

Widowed, divorced, or separated 40 (15.2)
Education level, n (%)

Did not complete high school 77 (29.6)

High school graduate or GED? 152 (58.8)

2-year degree or more 30(11.7)
Employment status, n (%)

Employed 58 (22.4)

Unemployed 201 (77.6)
Incomelevel per year, n (%)

Less than $10,000 161 (62.5)

$10,000 to $49,999 87 (33.8)

Over $50,000 11(3.8)
Substance use®, n (%)

Alcohol 105 (40.5)

Opiates 73 (28.2)

Cocaine 80 (30.9)

Amphetamines 17 (6.6)

Marijuana 124 (47.9)
Treatment length in months, mean (SD) 4.64 (8.35)

8GED: General Equivalency Diploma.
bTotal is greater than 100% due to multiple responses from participants.
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Virtually all participants with a social media account used
Facebook (98.2%, 186/190), Instagram (60.22%, 114/190),
Google+ (40.9%, 78/190), and Twitter (24.3%, 46/190) most
frequently. Of these 4 main uses, there were significant

generational differencesfor Twitter (x22:8.96, P=.03), Instagram
(x?,=24.68, P<.001), and SnapChat (x?,=8.23, P=.02), but not

for Google+ (x%,=5.46, P=.07). Overall, Millennials made more

use of al of the platforms than Baby Boomers or Generation
Xers, with the exception of Google+.

Respondents predominantly used socia mediaaccountsto share
photos and videos (83.4%, 158/190), stay in touch with family
and friends (76.8%, 146/190), watch videos others post (70.2%,
133/190), instant message (67.4%, 128/190), and see updates
about others (67.4%, 128/190).

Substance Use and Recovery on Social Media

Among people with social media accounts, 47.4% (90/190) of
respondents had seen information (eg, posts, text, images,
videos, etc) that made them want to use substances at least
sometimes on digital media platforms, with exactly the same
percentage reporting that they had seen recovery information
at least sometimes. A cross-tabulation showed no significant
association between the people in each of the reporting groups
(x21:3.20, P=.07), and this was true within generation groups
(P>.11in each generation). There was no significant difference
among generations on seeing drug cues (X22:3.14, pP=.21).
However, there was a significant generational difference
(x22:8.39, P=.02) on the frequency of seeing recovery cues.
The Millennials were significantly less likely to see recovery
information than the Baby Boomers (P=.01, OR 0.31[95% ClI
0.12-0.77]), with no significant difference between Generation
Xers and Baby Boomers (P=.19, OR 0.5 [95% CI 0.20-1.36]),
or between Millennials and Generation Xers (P=.07, OR 0.58
[95% CI 0.32-1.05]).

The majority of respondents (59.7%, 113/190) had not posted
about their personal recovery on social mediaaccounts, and this

did not significantly differ among generations (x%=4.53, P=.11).

Support on Social Media

Of therespondents, 66.1% (171/259) believed that social media
platforms would be a good place to receive information to
protect their recovery or prevent relapse. This belief did not
differ across generations significantly (x%=6.11, P=.05). The
majority of respondents (50.9%, 132/259) would not allow

social media accounts to be monitored in order to support
personal recovery, with no significant differences across

generations (x2%,=2.34, P=.31).

Participants believed that providing support through socia
media (50.4%, 130/259) is preferred, compared to a website
(36.8%, 95/259), text messaging (37.6%, 97/259), or mobile
phone apps (37.2%, 96/259). However, amajority of participants
would join an online support group (69.0%, 179/259), join a
Facebook support group (62.3%, 161/259), sign up to receive
text messages (71.9%, 186/259), or use an app placed on their
mobile phone (70.4%, 182/259) to support their personal
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recovery. These differences were not significant among
generations.

Discussion

Principal Findings

The results shown here demonstrate that technology adoption
and internet use continuesto rise, even among popul ationswith
substance use disorders. Previous research has shown that
technological interventions using text message features[25] for
substance using populations could be of benefit, though here
we show that interventions delivered on social mediaplatforms
may be preferential. In addition, the “digital divide” that has
been previously alluded to in the study of technological
interventions in patients with substance use disorder [25], has
been described to exist largely acrossracial lines. However, our
results show that ethnic minorities present with rates similar to
that of the general population in regards to mobile phone
ownership and technology/internet use. The advent of mobile
phoneswith capabilities haslikely assisted in the partial bridging
of thisdigital divide, also referenced as*“ digital differentiation”
[26], supported by the prevalence of mobile phone ownership
with app capabilities presented here (64.1%, 166/259).

The increased availability and use of social media platforms
should also be viewed as potentially harmful to populations
engaging in substance use disorder treatment. The mgjority of
respondents in the current study had at least sometimes seen
information that had resulted in the desireto return to substance
use. Patients engaged in an outpatient setting that have regular
accessto socia mediaand other digital platforms are at greater
risks of encountering this information. The reported risk of
relapse of patients in outpatient treatment settings has been as
high as 70% [23]. With therisk of relapse for these populations
aready being high, the prevalence of those encountering
triggering information on social mediais high enough—47.4%
(90/190) reported here—to support the increase in use of
mediating supports, either in the form of recovery related
information on similar platforms or targeted interventionsusing
digital media.

Our results support that arecovery-focused socia network may
prove beneficial, especialy to younger populations. Though
thisfinding is age-specific, the Millennials and Generation Xers
will soon make up the majority of people in substance use
disorder treatment, suggesting that interventions and support
servicescurtailed to thismilieuiscritical to positively improving
treatment and recovery outcomes in the long-term.

Treatment centers offering substance use disorder specific or
ancillary services should continue to inform themselves of
potential benefits and harms of digital platforms as technology
use and ownership continues to increase in all segments of the
population, even those in lower socio-economic brackets.
Factors such as these that have the potential to impact relapse
vulnerability, outreach mechanisms, treatment engagement, and
continuing aftercare should be discussed at length in service
provision in the 21st century.
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Limitations

The sample consisted predominantly of black, low
socio-economic status males. Though the sampleisnot reflective
of the general population, the results are comparable with other
technology use and ownership studies that have shown similar
prevalence rates among other demographic
cross-sections—while showing lower prevalence among
minority communities. The results shown here suggest that
technology adoption has increased exponentially among lower
socio-economic status minority communities as it has become
cheaper and more readily available. A secondary limitation is
the geographical location of participants coming from one
metropolitan areain the northeastern United States. Resultsare
likely not generalizableto morerural areas of the United States,
and the study should be replicated with a sample representative
of these areas to confirm technology adoption and impacts on
treatment and recovery from substance use disorders. In
addition, the current study did not clearly delineate the types of
self-defined information seen by respondents in regards to
emotionally triggering or recovery-related information. Future
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studies should seek to identify the types of channelsand format
thisinformation takes so that future targeted interventions can
be better informed.

Conclusions

Technology has continued to be adopted and used at increasing
rates among all sectors of the population, including lower
socio-economic status African-Americans. Seemingly ubiquitous
mobile phone ownership and social media use among younger
generations suggest that these platforms can have animmediate
impact—potentially detrimental or beneficia—on an
individual's treatment and recovery from a substance use
disorder. Substance use disorder treatment providers should
consider the implications of technology ownership and digital
media use in the modification of treatment protocols, where
recovery-focused platforms can be used to impact relapse
vulnerability, treatment engagement, and long-term recovery
outcomes. Similarly, implementing provisions to mitigate the
risk of drug-related cravings resulting from seeing drug-related
information on digital media platforms should aso be
considered, especially for younger generation clients.

The study was funded by National Institute on Drug Abuse grant RO1 DA 039457.

Conflictsof I nterest
None declared.

Multimedia Appendix 1
Survey instrument.

[PDE File (Adobe PDF File), 366K B-Multimedia Appendix 1]

Multimedia Appendix 2
Odds ratio, generational differencesin technology (* P<.05).

[PNG File, 67K B-Multimedia Appendix 2]

References

1.  Mobilefact sheet. Washington, DC: Pew Research Center Internet & Technology; Feb 05, 2018.

2. Fischer HH, Moore SL, Ginosar D, Davidson AJ, Rice-Peterson CM, Durfee MJ, et al. Care by cell phone: text messaging
for chronic disease management. Am J Manag Care 2012 Feb 01;18(2):e42-e47 [FREE Full text] [Medline: 22435883]

3. FjeldsoeBS, Marshall AL, Miller YD. Behavior changeinterventions delivered by mobiletel ephone short-message service.
Am JPrev Med 2009 Feb;36(2):165-173. [doi: 10.1016/j.amepre.2008.09.040] [Medline: 19135907]

4.  Krishna$S, Boren S, BalasE. Healthcare viacell phones: a systematic review. Telemed J E Health 2009 A pr;15(3):231-240.

[doi: 10.1089/tmj.2008.0099] [Medline: 19382860]

5. Logan AG. Transforming hypertension management using mobile health technology for telemonitoring and self-care
support. Can J Cardiol 2013 May;29(5):579-585. [doi: 10.1016/j.cjca.2013.02.024] [Medline: 23618506]

6.  Quinn CC, Clough SS, Minor JM, Lender D, Okafor MC, Gruber-Baldini A. WellDoc mobile diabetes management
randomized controlled trial: changein clinical and behavioral outcomes and patient and physician satisfaction. Diabetes
Technol Ther 2008 Jun;10(3):160-168. [doi: 10.1089/dia.2008.0283] [Medline: 18473689]

7.  Bonevski B, Randell M, Paul C, Chapman K, Twyman L, Bryant J, et al. Reaching the hard-to-reach: a systematic review
of strategiesfor improving health and medical research with socially disadvantaged groups. BMC Med Res Methodol 2014
Mar 25;14:42 [FREE Full text] [doi: 10.1186/1471-2288-14-42] [Medline: 24669751]

8. LimM, Hocking J, Hellard M, Aitken C. SMS STI: areview of the uses of mobile phone text messaging in sexua health.
Int JSTD AIDS 2008 May;19(5):287-290. [doi: 10.1258/ijsa.2007.007264] [Medline: 18482956]

9.

http://www.jmir.org/2018/3/e84/

Glenn T, Monteith S. New measures of mental state and behavior based on data collected from sensors, smartphones, and
the Internet. Curr Psychiatry Rep 2014 Dec;16(12):523. [doi: 10.1007/s11920-014-0523-3] [Medline: 25308392]

JMed Internet Res 2018 | vol. 20 | iss. 3| e84 | p. 6
(page number not for citation purposes)


https://jmir.org/api/download?alt_name=jmir_v20i3e84_app1.pdf&filename=99c2813dae6f7c0795db22ef735a38b5.pdf
https://jmir.org/api/download?alt_name=jmir_v20i3e84_app1.pdf&filename=99c2813dae6f7c0795db22ef735a38b5.pdf
https://jmir.org/api/download?alt_name=jmir_v20i3e84_app2.png&filename=95427d11fb981ce1c338e5c77f8937cf.png
https://jmir.org/api/download?alt_name=jmir_v20i3e84_app2.png&filename=95427d11fb981ce1c338e5c77f8937cf.png
http://www.ajmc.com/pubMed.php?pii=43596
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22435883&dopt=Abstract
http://dx.doi.org/10.1016/j.amepre.2008.09.040
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19135907&dopt=Abstract
http://dx.doi.org/10.1089/tmj.2008.0099
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19382860&dopt=Abstract
http://dx.doi.org/10.1016/j.cjca.2013.02.024
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23618506&dopt=Abstract
http://dx.doi.org/10.1089/dia.2008.0283
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18473689&dopt=Abstract
https://bmcmedresmethodol.biomedcentral.com/articles/10.1186/1471-2288-14-42
http://dx.doi.org/10.1186/1471-2288-14-42
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24669751&dopt=Abstract
http://dx.doi.org/10.1258/ijsa.2007.007264
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18482956&dopt=Abstract
http://dx.doi.org/10.1007/s11920-014-0523-3
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25308392&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Ashford et al

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24,

25.

26.

PayneH, Lister C, West J, Bernhardt J. Behavioral functionality of maobile appsin health interventions: a systematic review
of the literature. IMIR Mhealth Uhealth 2015 Feb 26;3(1):e20 [FREE Full text] [doi: 10.2196/mhealth.3335] [Medline:
25803705]

Baker TB, Gustafson DH, Shah D. How can research keep up with eHealth? Ten strategies for increasing the timeliness
and usefulness of eHealth research. JMed Internet Res 2014 Feb 19;16(2):e36 [FREE Full text] [doi: 10.2196/jmir.2925]
[Medline: 24554442]

Torous J, Powell AC. Current research and trendsin the use of smartphone applications for mood disorders. Internet Interv
2015 May;2(2):169-173. [doi: 10.1016/j.invent.2015.03.002]

Torous J, Staples B, Onnela J. Realizing the potential of mobile mental health: new methods for new datain psychiatry.
Curr Psychiatry Rep 2015 Aug;17(8):602 [ FREE Full text] [doi: 10.1007/s11920-015-0602-0] [Medline: 26073363]
Watts S, Mackenzie A, Thomas C, GriskaitisA, Mewton L, Williams A, et al. CBT for depression: apilot RCT comparing
mobile phonevs. computer. BMC Psychiatry 2013 Feb 07;13:49 [FREE Full text] [doi: 10.1186/1471-244X-13-49] [Medline:
23391304]

Ben-Zeev D, Brenner CJ, Begale M, Duffecy J, Mohr DC, Mueser KT. Feasibility, acceptability, and preliminary efficacy
of asmartphone intervention for schizophrenia. Schizophr Bull 2014 Nov;40(6):1244-1253 [FREE Full text] [doi:
10.1093/schbul/sbu033] [Medline: 24609454]

Faurholt-Jepsen M, Frost M, Vinberg M, Christensen E, Bardram J, Kessing L. Smartphone data as objective measures of
bipolar disorder symptoms. Psychiatry Res 2014 Jun 30;217(1-2):124-127. [doi: 10.1016/].psychres.2014.03.009] [Medline:
24679993]

Pramana G, Parmanto B, Kendall B, Silk J. The SmartCAT: an m-health platform for ecological momentary intervention
in child anxiety treatment. Telemed J E Health 2014 May;20(5):419-427 [EREE Full text] [doi: 10.1089/tmj.2013.0214]
[Medline: 24579913]

BinDhim N, Shaman A, Trevena L, Basyouni M, Pont L, Alhawassi T. Depression screening via a smartphone app:
cross-country user characteristics and feasibility. JAm Med Inform Assoc 2015 Jan;22(1):29-34 [FREE Full text] [doi:
10.1136/amiajnl-2014-002840] [Medline: 25326599]

Burns MN, Begale M, Duffecy J, Gergle D, Karr CJ, Giangrande E, et al. Harnessing context sensing to develop amobile
intervention for depression. JMed Internet Res 2011 Aug 12;13(3):e55 [FREE Full text] [doi: 10.2196/jmir.1838] [Medline:
21840837]

Gustafson DH, McTavish F, Chih M, Atwood A, Johnson R, Boyle M, et al. A smartphone application to support recovery
from acoholism: arandomized clinical trial. JAMA Psychiatry 2014 May;71(5):566-572 [FREE Full text] [doi:
10.1001V/jamapsychiatry.2013.4642] [Medline: 24671165]

Substance Abuse Mental Health Services Administration. HHS Publication No. SMA-17-BaroUS-16. Rockville, MD:
Substance Abuse and Mental Health Services Administration; 2015. Behavioral Health Barometer: United States, Volume
4: Indicators as measured through the 2015 National Survey on Drug Use and Health and National Survey of Substance
Abuse Treatment Services URL: https.//store.samhsa.gov/shin/content/SMA17-BAROUS-16/SMA17-BAROUS-16.
pdf[WebCite Cache ID 6xQw7Gg40]

Substance Abuse and Mental Health Services Administration, Center for Behavioral Health Statistics and Quality. DASIS
Series S-61, HHS Publication No. (SMA) 12-4701. Rockville, MD: Substance Abuse and Mental Health Services
Administration; 2012. Treatment Episode Data Set (TEDS): 2000-2010. National Admissionsto Substance Abuse Treatment
Services URL : https.//wwwdasi s.samhsa.gov/dasis?2/teds pubs/2010_teds rpt_natl.pdf[ WebCite Cache ID 6xQwZBRm(]
Sinha R. New findings on biological factors predicting addiction relapse vulnerability. Curr Psychiatry Rep 2011
Oct;13(5):398-405 [FREE Full text] [doi: 10.1007/s11920-011-0224-0] [Medline: 21792580]

Substance Abuse and Mental Health Services Administration, Center for Behavioral Health Statistics and Quality. BHSIS
Series S-91, HHS Publication No. (SMA) 17-5037. Rockville, MD: Substance Abuse and Mental Health Services
Administration; 2017. Treatment Episode Data Set (TEDS): 2005-2015. National Admissionsto Substance Abuse Treatment
Services URL: https://wwwdasis.samhsa.gov/dasis?/teds pubs/2015 teds rpt_natl.pdf [accessed 2018-02-19] [WebCite
Cache ID 6xQxKtv8P]|

McClure EA, Acquavita SP, Harding E, Stitzer ML. Utilization of communication technology by patients enrolled in
substance abuse treatment. Drug Alcohol Depend 2013 Apr 01;129(1-2):145-150 [FREE Full text] [doi:

10.1016/j.drugal cdep.2012.10.003] [Medline: 23107600]

Riddlesden D, Singleton AD. Broadband speed equity: anew digital divide? Appl Geogr 2014 Aug;52:25-33. [doi:
10.1016/j.apgeoq.2014.04.008]

Abbreviations

AA: Alcoholics Anonymous
NA: Narcotics Anonymous

http://www.jmir.org/2018/3/e84/ JMed Internet Res 2018 | vol. 20 | iss. 3| e84 | p. 7

(page number not for citation purposes)


http://mhealth.jmir.org/2015/1/e20/
http://dx.doi.org/10.2196/mhealth.3335
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25803705&dopt=Abstract
http://www.jmir.org/2014/2/e36/
http://dx.doi.org/10.2196/jmir.2925
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24554442&dopt=Abstract
http://dx.doi.org/10.1016/j.invent.2015.03.002
http://europepmc.org/abstract/MED/26073363
http://dx.doi.org/10.1007/s11920-015-0602-0
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26073363&dopt=Abstract
https://bmcpsychiatry.biomedcentral.com/articles/10.1186/1471-244X-13-49
http://dx.doi.org/10.1186/1471-244X-13-49
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23391304&dopt=Abstract
http://europepmc.org/abstract/MED/24609454
http://dx.doi.org/10.1093/schbul/sbu033
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24609454&dopt=Abstract
http://dx.doi.org/10.1016/j.psychres.2014.03.009
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24679993&dopt=Abstract
http://europepmc.org/abstract/MED/24579913
http://dx.doi.org/10.1089/tmj.2013.0214
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24579913&dopt=Abstract
http://europepmc.org/abstract/MED/25326599
http://dx.doi.org/10.1136/amiajnl-2014-002840
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25326599&dopt=Abstract
http://www.jmir.org/2011/3/e55/
http://dx.doi.org/10.2196/jmir.1838
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21840837&dopt=Abstract
http://europepmc.org/abstract/MED/24671165
http://dx.doi.org/10.1001/jamapsychiatry.2013.4642
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24671165&dopt=Abstract
https://store.samhsa.gov/shin/content/SMA17-BAROUS-16/SMA17-BAROUS-16.pdf
https://store.samhsa.gov/shin/content/SMA17-BAROUS-16/SMA17-BAROUS-16.pdf
http://www.webcitation.org/

                                            6xQw7Gq4o
https://wwwdasis.samhsa.gov/dasis2/teds_pubs/2010_teds_rpt_natl.pdf
http://www.webcitation.org/

                                            6xQwZBRmc
http://europepmc.org/abstract/MED/21792580
http://dx.doi.org/10.1007/s11920-011-0224-0
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21792580&dopt=Abstract
https://wwwdasis.samhsa.gov/dasis2/teds_pubs/2015_teds_rpt_natl.pdf
http://www.webcitation.org/

                                            6xQxKtv8P
http://www.webcitation.org/

                                            6xQxKtv8P
http://europepmc.org/abstract/MED/23107600
http://dx.doi.org/10.1016/j.drugalcdep.2012.10.003
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23107600&dopt=Abstract
http://dx.doi.org/10.1016/j.apgeog.2014.04.008
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Ashford et al

Edited by G Eysenbach; submitted 13.10.17; peer-reviewed by A Brown, N Bragazzi, N Unciano; comments to author 23.11.17;
revised version received 26.11.17; accepted 14.12.17; published 06.03.18

Please cite as:

Ashford RD, Lynch K, Curtis B

Technology and Social Media Use Among Patients Enrolled in Outpatient Addiction Treatment Programs: Cross-Sectional Survey
Sudy

J Med Internet Res 2018;20(3): e84

URL: http://www.jmir.org/2018/3/e84/

doi: 10.2196/jmir.9172
PMID: 29510968

©Robert D Ashford, Kevin Lynch, Brenda Curtis. Originaly published in the Journal of Medical Internet Research
(http://www.jmir.org), 06.03.2018. Thisisan open-access article distributed under theterms of the Creative Commons Attribution
License (https.//creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any
medium, provided the original work, first published in the Journal of Medical Internet Research, is properly cited. The complete
bibliographicinformation, alink to the original publication on http://www.jmir.org/, aswell asthis copyright and licenseinformation
must be included.

http://www.jmir.org/2018/3/e84/ JMed Internet Res 2018 | vol. 20 | iss. 3| e84 | p. 8
(page number not for citation purposes)

RenderX


http://www.jmir.org/2018/3/e84/
http://dx.doi.org/10.2196/jmir.9172
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29510968&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

