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Abstract

Background: Studies of criteria-based assessment tools have demonstrated the feasibility of objectively evaluating eHealth
interventions independent of empirical testing. However, current tools have not included some quality constructs associated with
intervention outcome, such as persuasive design, behavior change, or therapeutic alliance. In addition, the generalizability of
such tools has not been explicitly examined.

Objective: Theaimisto introduce the development and further analysis of the Enlight suite of measures, devel oped to incorporate
the af orementioned concepts and address generalizability aspects.

Methods: Asafirst step, a comprehensive systematic review was performed to identify relevant quality rating criteriain line
with the PRISMA statement. These criteria were then categorized to create Enlight. The second step involved testing Enlight on
42 mobile apps and 42 Web-based programs (delivery mediums) targeting modifiable behaviors related to medical illness or
mental health (clinical aims).

Results: A total of 476 criteria from 99 identified sources were used to build Enlight. The rating measures were divided into
two sections: quality assessments and checklists. Quality assessmentsincluded usability, visual design, user engagement, content,
therapeutic persuasiveness, therapeutic alliance, and general subjective evaluation. The checklists included credibility, privacy
explanation, basic security, and evidence-based program ranking. The quality constructs exhibited excellent interrater reliability
(intraclass correlations=.77-.98, median .91) and internal consistency (Cronbach al phas=.83-.90, median .88), with similar results
when separated into delivery mediums or clinical aims. Conditional probability analysis revealed that 100% of the programs that
received a score of fair or above (=3.0) in therapeutic persuasiveness or therapeutic alliance received the same range of scoresin
user engagement and content—a pattern that did not appear in the opposite direction. Preliminary concurrent validity analysis
pointed to positive correlations of combined quality scores with selected variables. The combined score that did not include
therapeutic persuasiveness and therapeutic alliance descriptively underperformed the other combined scores.

Conclusions. This paper provides empirical evidence supporting the importance of persuasive design and therapeutic aliance
within the context of aprogram’s evaluation. Reliability metrics and preliminary concurrent validity analysisindicate the potential
of Enlight in examining eHealth programs regardless of delivery mediums and clinical aims.

(J Med I nternet Res 2017;19(3):€82) doi: 10.2196/jmir.7270
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Introduction

The wide distribution of personal digital devices has changed
the potential to dramatically enhance public access to health
interventions; tens of thousands of health, wellness, and medical
apps are now available for download from online stores [1].
From apublic health perspective, the large number of available
eHealth intervention programs makes it impossible to
empirically evaluate them using traditional research methods.
In addition, the time-consuming and costly process of product
evaluation may result in the technology investigated in the trial
becoming obsolete by the time the results are published [2] and
may also make it difficult for health system leaders to engage
with potential vendors[3,4]. Agilesciencetriesto answer some
of these challenges by focusing on an adaptable and nimble
scientific process to support the collective development and
evaluation of interventions [5], while taking into account the
rapid pace of change in the technologies that support digital
interventions [6]. However, despite developments in research
methods, patients and medical professionals can browse through
the Web or access mobile app stores to download and use the
large number of available and unexamined programs. To
complicate things further, the settings in which such programs
are being utilized are different than within studies where
participants are being proactively recruited, paid for filling out
assessments, and have scheduled check-in appointments. As a
result, some of the support that participants receive in studies
does not translate to the real world, which might impact
intervention outcomes. Unfortunately, existing systems of
user-based ratings that collect assessmentsin thereal world are
not designed to offer ametric of medical appropriateness, safety,
or effectiveness[7].

Criteria-based rating scales have been devel oped to addressthis
evaluation challenge. These scales are then used by trained
raters to objectively examine and score the quality of eHealth
intervention programs based on core concepts, each comprised
of different criteria [8-11]. The importance of using a clearly
defined rating system is strengthened by the fact that without
the use of such systems scoring tends not to be highly reliable
[7]. In facilitating the cost-effective evaluation of available
eHedlth interventions, such tools can enable stakeholders to
discuss programs’ potential prior to empirical testing [4] and
to provide information that supports user recommender systems
[12-14]. Although these tools have several potential uses, we
will relate to two aspects we believe to be important for the
contributions of these tools to the evaluation of eHealth
interventions that were not covered previously: examining
quality domains that relate to programs’ therapeutic potential
and tool generalizability.

Quality Rating Domains Related to Programs
Therapeutic Potential

Persuasive Design and Behavior Change Principles

Persuasive design aims at understanding what influences
people's behavior and decision making, and then uses this
information to design compelling user interactions [15,16].
Interestingly, no previous rating scale aiming to evaluate the
quality of eHealth intervention programs using different
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concepts has related to persuasive design or behavior change
quality criteria, even though such concepts have been shown to
beimportant in the evaluation of eHealth interventions potential.
For example, Kientz et al [17] compared the performance of
Nielsen and Molich’susability heuristics[18] to persuasion and
demonstrated that persuasion heuristics enabled the
identification of more severe and more relevant interface
problems in terms of persuasive, cultural, and informational
issues. Kelders et al [19] showed that elements of persuasive
design uniquely explained the variance in adherence to eHealth
Web-based interventions, and Webb et al [20] showed that
eHealth interventions that better incorporated behavior change
theories also tended to have larger effectsin increasing positive
health-related behaviors. Altogether, these studies suggest that
the quality of program persuasive design directly impacts its
therapeutic potential and therefore has to be addressed when
evaluating these programs.

Therapeutic Alliance Principles

No previous quality rating scale has directly assessed the
therapeutic alliance being nurtured by the eHealth intervention
program. Overall, studies focusing on nontechnological
interventions have shown that the therapeutic alliance is one of
the most robust measures for predicting psychotherapy success
(eg, [21-23]) and suggested its promise for predicting
intervention quality in the medica domain (eg, [24-27]).
However, evaluating the potential therapeutic alliance between
users and software programs requires the reexamination and
adaptation of theoriginal concept, which appliesto atherapeutic
relationship between people.

Studies suggest that therapeutic alliances with eHedlth
intervention programs do exist and that such alliances may play
arolein increasing the adherence to [28,29] and effectiveness
[30] of these programs. Scholars have indicated the variancein
relational factors embedded within eHealth interventions that
makes some programs better at nurturing atherapeutic aliance
with their users [31-33]. Although these examinations are
currently of a preliminary nature, there is a need for a
standardized assessment measure that can adequately capture
the concept of an e-therapeutic alliance and its place in the
overall picture of product quality.

Overdll, there is a need to develop standardized operational
definitions to assess the quality of all aspects of eHedlth
intervention programs [34], including those relating to
therapeutic potential [4]. To best addressthe unique contribution
of each quality domain, the complete scope of different criteria
should be taken into account. Such assessment will also enable
stakeholders to investigate the interactions between different
quality domains and their impact on outcomes.

Tool Generalizability

Another aspect that has yet to be fully examined is whether
criteria-based rating tools may enable usto reliably rate eHealth
intervention programs that are developed and designed to be
used in different delivery mediums (eg, mobile, personal
computer, other). Such reliablerating would enable examination
of programs leveraging more than one delivery medium and
comparison between the qualities of programs regardless of
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their delivery mediums. Recently, Gomez Quifionez et al [35]
demonstrated that a Web-based app targeting adult physical
activity provided better or similar results compared to the same
mHealth app. Subsequently, in a recent systematic review of
digital parent training programs, only one mobile app was
identified, which was used as an adjunct to treatment, whereas
most computer programswere used as astandaloneintervention
[36]. It might bethat, for certain treatment aims, different design
aspectslimit the potential of one delivery medium, which could
be examined when using the same framework of evaluation.
The nature of quality criteria is that they relate to broad
principlesintermsof product design, which facilitatestheir use
in different contexts [37]. The remaining question in terms of
atool’sgeneralizability isfocused on the ability to usethe same
standardized measure to evaluate programs targeting different
clinical aims (eg, behaviorsrelated to medical conditions, mental
health). During the development of previous eHealth-related
rating scales, the reliability matrix of ratings based on different
clinical aims was not demonstrated. It is important to pay
attention to generalizability during the tool development phase
because the development of scoring benchmarks might be
influenced by the nature of reviewed programs.

Study Aims

Thegapsintheliteraturelaid thefoundation for the development
of Enlight, a suite of criteria-based measurements aimed at
enabling scholarsto objectively rate eHealth interventions based
on different quality conceptsregardiess of their delivery medium
or clinical aims. Therefore, the aims of this study were to (1)
identify relevant published criteria through a comprehensive
systematic review that also addresses quality criteriarelated to
persuasive design, behavior change, and therapeutic
aliance/principles (a systematic review that relates to different
aspects of eHealth and mHealth interventions including all
concepts mentioned was not incorporated before and would
enable the establishment of the tool based on a comprehensive
examination of the current know-how inthisfield); (2) develop
Enlight, a suite of criteria-based quality measures related to
separate aspects of eHealth programs; (3) establish the measures
reliability and generalizability in evaluating different delivery
mediums and clinical aims; and (d) examinetheintercorrelations
between different quality constructs and between them and
preliminary validity measures.

Methods

This study was completed in two parts, each reflecting different
procedures used. Thefirst part, “ Enlight Development,” included
asystematic search for quality criteria, the classification of these
criteriainto core domains and subcategories, and the creation
of the different scales. The second part involved reliability
testing and further analysis of the interrelationships between
the quality constructs and correlations with preliminary
concurrent validity measures. Asemphasized, we examined the
results with respect to different delivery mediums and clinical
aims.
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Enlight Development

Systematic Review and Collection of Quality Criteria

The systematic review was carried out in line with the Preferred
Reporting Items for Systematic Reviews and Meta-Analyses
(PRISMA) statement guidelines[38] (see Multimedia A ppendix
1 for acomplete list of PsycINFO database search terms used).
We conducted comprehensive computer searches of |EEE
Xplore, PsycINFO, PubMed, and Science Direct databases for
English articles published between January 1, 2000 and April
8, 2016, containing explicit Web- or mobile app-based quality
criteria. The search time window was limited to 2000 due to
rapid developmentsin technology [2] and to reflect technologies
that largely meet the expectations of today’s users [4]. For
general quality criteria, we searched for papers in varying
combinations for criteria (eg, “criteria® OR “principle*”),
assessments (eg, “assess*” OR “measur*”), and delivery
mediums (eg, “mobile*” OR “Web*"). We aso searched for
papers in varying combinations for criteria (eg, “criteria’ OR
“principle*”) specifically related to persuasive design and
behavior change. A manual search for additional referenceswas
conducted by examining the reference lists of identified papers
and previous review articles. We also reviewed grey literature
by Google searching, looking into key websites (eg, Nielsen
Norman Group), and asking experts for recommendations. To
identify English articles containing explicit quality rating criteria
in terms of therapeutic aliance/principles, we conducted
comprehensive computer searches of PsycINFO, PubMed, and
Science Direct databases for articles published by April 8, 2016.
We searched for papersrelated to quality criteria(eg, “ potential”
OR “criteria’ OR “principle*”) in the field of psychotherapy
and for papers related to therapeutic alliance questionnaires.

Data Extraction and Categorization

Following the extraction of criteriafrom identified sources, we
established a multidisciplinary advisory team to support the
classification of these criteria into core domains and
subcategories, and to support the devel opment of the measures’
items and categories (see Multimedia Appendix 2, Advisory
Team). Because the criteria identified for therapeutic alliance
ratings were not focused on eHealth interventions (but rather
on a human therapist), a thematic analysis [39] was conducted
to redefine these criteriain terms of eHealth interventions as a
preliminary step before categorizing them and building the final
scale. This step was carried out by three licensed clinical
psychologists.

Enlight Testing

I dentifying Relevant eHealth | ntervention Programs

To establish the generalizability and transferability of the toal,
we tested Enlight on programs targeting either modifiable
behaviorsrelated to chronic medical illnesses (ie, health-rel ated
behaviors) or mental health, and on programs delivered through
mobile apps or websites (accessed through apersonal computer).
The systematic identification of relevant programsfollowed the
PRISMA statement guidelines [38] (see Multimedia Appendix
3 for search terms used to identify free eHealth intervention
programs). For health-related behaviors, we targeted behaviors
considered to be among the leading preventable causes of death
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due to chronic medical conditions in the United States [40]:
diet, physical activity, smoking cessation, and alcohol cessation.
For mental health, we focused our search on the terms
depression, anxiety, mental health, and well-being. For both
websites and mobile apps, we included only free-to-use
programs aimed at the specific condition that were published
in English.

To identify relevant mobile apps, we conducted a systematic
search of the Google Play store on September 5, 2016, by using
search termsrelevant for each condition (eg, diet: diet or weight
loss). The inclusion criteria for mobile apps were (1) English
language, (2) free of charge, and (3) from Android categories
“Health & Fitness’ and “Medical” following a careful
examination of program type in different Android categories.
To identify relevant Web-based programs, a systematic search
was conducted on September 5, 2016, using a Google Search
query per condition (eg, depression, smoking cessation) paired
with terms such as “free onlineg” and “self-help.” For each
condition, we looked into the organic results found within the
first two pages because studies have indicated that a negligible
portion of users go beyond the second page [41,42]. If asource
referring to alist of programs was found among these organic
searches, we included those programs aswell. Thelists created
through the searches for mobile apps and websites were then
screened by title to remove duplicates and exclude irrelevant
programs (eg, magazine). Programs with unclear titles were
examined (by a person who was not one of the program quality
raters) using Google Play or website home page prior to
exclusion. Using a randomization website [43], 24 eHealth
programs were then randomly selected for each of the four
conditions—two delivery mediums (mobile/website) x two
clinical aims (health-related behavior/mental health)}—reaching
a total of 96 programs. For example, during this process 24
mobile appsthat targeted health-related behavior were randomly
selected.

Raters' Training

Different raters evaluated the quality (KF) and checklist (NM)
sections of the programs, with the study’s leading author (AB)
acting asthe second independent rater for both sections. A total
of 12 programs (the first three from the randomized lists for
each of the four conditions) were used to pilot-test the scale.
As part of this process, we also examined programs from other
domains that were recommended by expertsfor their very high
quality. This approach enabled coders to locate transcription
errors and refine the coding scheme. One goal of the
development was to achieve high interrater reliability at the
construct level so that Enlight users could reliably present and
compare construct scores between different programs. To
achieve this goal, the refinement process followed the methods
for developing benchmarks in thematic and projection test
development within the psychology domain [44-46]. During
this process, benchmarks were written, codes were refined, and
apreliminary manual was devel oped. Once the raters had rated
the programs (independently), ratings were shared
simultaneously. Raters then met to discuss the ratings, and to
make proper clarifications and adjustments of the scale
benchmarks. To minimize potential biases, when disagreement
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occurred, athird person examined the blinded ratings and further
discussed the ratings to enable the final refinement of codes.

Reliability Testing

Inlinewith apreviousexaminationinthisfield [11], aminimum
sample size of 41 wasrequired to establish with 87% assurance
whether true interrater reliability lay within 0.15 of a sample
observation of 0.80[47,48]. Therefore, we rated 42 mobile apps
(21 targeting mental health and 21 targeting health-related
behaviors) and 42 website programs (with the same distribution).
Accordingly, our reliability testing also included 42 programs
targeting mental health and 42 programstargeting health-related
behaviors, for atotal of 84 eHealth intervention programs that
were independently rated.

This paper presentsthe analysis of al Enlight categories based
onraters' ratings, except for security checklist because security
items are based on information retrieved from partieswith access
to products’ servers (and not on raters' ratings). The interrater
reliability for each of the quality assessment subscales was
measured using an intraclass correlation coefficient (ICC) [49]
utilizing the two-way mixed effects mode with absolute
agreement [50]. The internal consistency of the core domains
were calculated using Cronbach alpha, which reflects how
closely related a set of items are as a group [51]. Internal
consistency was not examined for items related to objective
requirements on a categorical scale (Enlight checklists) because
homogeneity among the checklist items was not assumed
(different checklist items might relate to different parts of the
construct) [52]. Therefore, interrater reliability for each
categorical item was determined. Cohen kappa, which measures
the achieved agreement between two raters above and beyond
the overall probability of random agreement, was applied [53].

Further Analysis

Overall, differences between delivery mediums and clinical
aims in terms of quality scores and intercorrelations were
examined while adjusting P values based on the
Benjamini-Hochberg correction [54]. The correlation matrix
between different quality assessments was examined using
Pearson correlations. The relationshi p between these assessments
was also examined using a conditional probability approach,
which measures the probability of an event given that another
event has occurred [55]. This analysis aimed to examine the
percentage of productsthat met a certain quality standard from
among a total sample of products that met another quality
standard. This method enabled usto examine whether a certain
range scores in one quality construct were associated with a
similar range of scoresin a different construct.

Preliminary concurrent validity was assessed by examining the
correlations between different quality constructs and selected
variables that were expected to relate either to a program’s
acceptability or its efficacy. Combined quality construct scores
based on means of several quality constructs were also added
to this analysis to examine the benefits of summarizing severa
concepts into a single score. Two of the selected variables,
credibility checklist and programs backed by research evidence
(evidence-based program), were developed as part of Enlight
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and will be described in the Results section related to Enlight
development.

The third variable, program popularity, aimed to examine
preliminary acceptability based on the number of people
choosing to use it. For websites, we recorded the Alexa traffic
rank [56], which estimates a website's popularity based on a
combination of mean daily visitors and page views [57]. This
traffic rank was used following a preliminary step in which we
compared ranks to the SimilarWeb traffic estimator [58],
obtaining similar results. We excluded Web-based programs
nested within larger websites from the analysis because a high
percentage of users were expected to access the website for
reasons other than the intervention program. The number of
mobile app downloads was taken from Google Play, which
presents the range of downloads (eg, 500-1000) for each app;
for each program, the lower limit was documented (eg, 500).

Baumel et al

Results

Enlight Development

The electronic and manual searches produced a total of 7903
records (see Multimedia Appendix 4 for a flow diagram).
Through thefirst screening process, 181 paperswereidentified
and retrieved for detailed evaluation and a total of 99 sources
met all inclusion criteria (76 papersfrom peer-reviewed journals,
9 papers from conference proceedings, 7 manuscripts, 6
websites, and 1 book). A complete list of sources used in the
criteria-gathering process is available with this paper (see
Multimedia Appendix 5, sourceslist).

Overal, 1252 items were extracted from the sources; 143 were
found to be not relevant for the evaluation of eHealth products
and 633 were deemed to be duplicates, leaving atotal of 476
criteria. Identified criteria were then grouped and organized in
an iterative process into 10 constructs (see Table 1) and three
sections to create Enlight: Classification (ie, classifying the
program based on acknowledged categories), quality assessment,
and checklists (Multimedia Appendix 6, Enlight).

Table 1. Freguency of explicit evaluation criteriafor eHealth interventions by different constructs (N=476).

Criteria constructs n (%)
Classification (intended users, clinical condition, program aim) 19 (4.0)
Usability (navigation, learnability, ease of use) 48(10.1)
Visual design (aesthetics, layout, size) 35(7.4)
User engagement (content presentation, interactive, not irritating, targeted/tail ored/personalized, captivating) 45 (9.5)
Content (evidence-based content, quality of information provision, complete and concise, clarity about program’s purpose) 79 (16.6)
Therapeutic persuasiveness (call for action, load reduction of activities, therapeutic rationale and pathway, rewards, real data 92 (19.3)
driven/adaptive, ongoing feedback, expectations and relevance)

Therapeutic alliance (basic acceptance and support, positive therapeutic expectations, relatability) 45 (9.5)
Genera subjective evaluation (appropriate features to meet clinical aim, right mix of ability and motivation, likability) 36 (7.6)
Credibility® (owner's credibility, maintenance, strong advisory support, third-party endorsement, evidence for successful 49 (1033)
implementation, evidence-based program)

Privacy and security (termsof use, information on socia platforms, security of dataand transmission, documentation of dataexposure, 28 (5.9)

compliance, third-party endorsement)

@ Also includes evidence-based program that is ranked and examined separately.

Quality Assessment Section

The quality assessment section was designed to capture the
different qualities of eHealth interventions. It consists of 25
items divided into six core constructs related to the eHealth
intervention program: usability, visua design, user engagement,
content, therapeutic persuasiveness, and therapeutic alliance.
Another construct, general subjective evaluation (of program’s
potential), asks the rater to subjectively evaluate the program
asawhole following the completion of the core concept ratings.
All constructs were based on heuristic evaluation to enable the
examination of programs independently of empirical
examination, built on a scale of 1 to 5 (1=very poor; 2=poor;
3=fair; 4=good; 5=very good), and calcul ated by averaging the
items of which they are comprised.

http://www.jmir.org/2017/3/e82/

Checklists Section

Overal, the checklists were based on acknowledged criteria
that cover distinct domains related to product use and include
credibility, evidence-based program (as a distinct part of
programs’ credibility), privacy explanation, and basic security.
These checklists are not expected to directly impact the end
user’s experience of the product’s efficacy; however, the criteria
contained in the lists may expose the user (or provider) to
acknowledged risks or benefits. These measures are cal culated
by aggregating the scores received in each of the respective
categorical items—excluding evidence-based program because
it is based on a five-point scale. The privacy explanation and
basic security checklistsarethe only measuresinwhich alower
score equates to better quality. The basic security checklist is
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the only measure that is not based on arater’s rating, but rather
on information retrieved from parties with access to the
product’s servers.

Enlight Testing

Reliability Testing

The electronic searches produced a total of 2227 mobile apps
and 1283 Web-based programs (see Multimedia Appendix 4
for a flow diagram). Through the first screening process, 235
apps and 502 websites were excluded as duplicates and 1509
apps and 665 websites were excluded for not meeting the
inclusion criteria. This left a total of 523 apps and 116
Web-based programs. From these, 96 eHealth programs were
chosen through the randomi zation procedure, 12 of which were

Baumel et al

used for the training process and 84 for the reiability
examination. The scoresreceived by the various programs used
for this paper’s analyses are available in Multimedia A ppendix
7 (programs’ scores).

Tables 2 and 3 present the descriptive statistics, Cronbach
alphas, and ICCs of the categories analyzed by Enlight. The
descriptive statistics of the items constituting the quality
assessment section are available in Multimedia Appendix 8
(Descriptive statistics of quality section items) and theinterrater
kappareliahility scoresfor the credibility checklist and privacy
explanation checklist items (which were in the substantial to
outstanding agreement range) are available in Multimedia
Appendix 9 (kappa reliability scores of credibility and privacy
explanation checklists items).

Table 2. Descriptive statistics, Cronbach alphas (a), and intraclass correlations (ICC) of assessment scores by different delivery mediums.

Clinical am Total (N=84) Mobile (n=42) Website (n=42)

Quality ratings Mean (SD) « ICC (95% ClI) Mean (SD) « ICC (95% ClI) Mean (SD) «a ICC (95% ClI)
Usability 3.31(069) .83 .91(.86-.94) 346(0.71) .85 .82(.68-.91) 3.17(0.65) .79 .96(.92-.98)
Visual design 281(0.82) .84 .77(.64-.85) 293(0.83) .88 .80(.63-.89) 268(0.79) .85 .74(52-.86)
User engagement 2.62(0.80) .88 .90(.78-.94) 247(0.83) 91 .92(.83-.96) 2.78(0.73) .85 .85(.64-.93)
Content 300(0.98) .90 .93(.89-.96) 240%(087) 91 .91(83-95) 3592(0.68) /8 85(73-.92)
Therapeutic persuasiveness  2.23 (0.68) .88 .88(.78-.93) 211(0.71) .88 .93(.86-.97) 235(0.62) .87 .78(.55-.89)
Therapeutic alliance 2.20(0.75) .83 .89 (.72-.95) 1.99(0.72) .83 .87(.72-.94) 240(0.73) .82 .87 (.54-.95)
General subjective 2.09(091) .89 .83(.73-.89) 1.89(0.84) .88 .85(.73-.92) 2.29(0.93) .89 .73(.50-.86)
evaluation

Credibility checklist 3.14(150) _b .95(.92-97) 2212(116) — 95(90-97) 4072(120) — -95(.90-97)
Evidence-based program 1.32(0.66) _.c .94(.91-.96) 1.072(0.38) — .92 (.86-.96) 1572(0.80) — .94 (.88-.97)
Privacy explanation 276 (158 _b .98(.97-.99) 3337 (126) — -99(.98-.99) 2192 (167) — -97(95-.98)
checklist

aThe groups (within the construct) differed significantly at Benjamini-Hochberg adjusted P<.05 in t test for two independent samples.
b Measure of agreement per categorical item (kappa) is presented in Multimedia Appendix 7.
€ The score is based on one item; therefore, Cronbach al pha could not be calculated.

Table 3. Descriptive statistics, Cronbach alphas (a), and intraclass correlations (ICC) of assessment scores by different clinical aims.

Clinical am Headlth-related behaviors (n=42) Mental health (n=42)

Quiality ratings Mean (SD) a ICC (95% ClI) Mean (SD) a ICC (95% CI)
Usability 3.29(0.77) 83 .92 (.85-.96) 3.34(0.61) 84 .88(55-.96)
Visual design 2.79(0.78) 84  .78(.55-.89) 2.82(0.87) 84 .79(55-.93)
User engagement 2.64(0.79) 90 .95 (.91-.97) 2.60 (0.81) 84 84(52-94)
Content 2.90 (0.93) .90 .86 (.74-.92) 3.09 (1.03) 9  .95(.91-.98)
Therapeutic persuasiveness 2.28 (0.66) 86 .87 (.76-.93) 2.18(0.70) 90  .89(.62-.95)
Therapeutic alliance 2.03(0.70) 77 73 (.41-.87) 2.37(0.78) 87 .89 (.65-.95)
General subjective evaluation 2.03 (0.86) 88  .72(.48-85) 2.15 (0.95) 89  .85(.73-92)
Credibility checklist 2.88(1.35) — .93(.87-.97) 3.41(1.61) — .96 (.92-.98)
Evidence-based program 1.21 (0.52) — .96 (.92-.98) 1.43(0.77) — .93 (.88-.96)
Privacy explanation checklist 3.14 (1.44) — .97 (.94-.98) 2.38(1.64) — .99 (.98-.99)

http://www.jmir.org/2017/3/e82/

RenderX

JMed Internet Res 2017 | vol. 19 | iss. 3| e82 | p. 6
(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH

The internal consistencies of the Enlight categories were very
high for thetotal sample (Cronbach alpha: range .83-.90, median
.88) and also when separated into delivery mediums (mobile
Cronbach apha: range .83-.91, median .88; website Cronbach
alpha: range .78-.89, median .85) or clinical aims (hedlth-related
behaviors Cronbach alpha: range .77-.90, median .86; mental
health Cronbach alpha: range .84-.90, median .87). Theinterrater
reliabilities of the Enlight categories were in the excellent to
almost perfect agreement range for thetotal sample (ICC: range
.77-.98, median .91) and also when separated into delivery
mediums (mobile | CC: range .82-.99, median .92; website |CC:
range .73-.97, median .86) or clinical aims (health-related
behaviors ICC: range .72-.97, median .90; menta health ICC:
range .79-.99, median .89). As can been seen in Table 2,
significant differences were found between Web-based and
mobile-based programsin terms of content, credibility checklist,
evidence-based program, and privacy explanation checklist, all
favoring the Web-based programs. No other significant
differences in Enlight categories’ scores were found between
delivery mediums and clinical aims.

Baumel et al

Further Analysis

The Pearson correlations between the quality assessment
constructsare presented in Table 4. Inthe total sample, usability
did not correlate with the other constructs. All other constructs
exhibited significant, moderate to strong, positive correlations
(r: range .34-.86; al P <.001). A pattern of strong, positive
correlations was found between user engagement, content,
therapeutic persuasiveness, and therapeutic aliance (r: range
.68-.86; al P<.001). The correlations between the quality
assessment constructswere similar when separated into thetwo
clinical aims (health-related behaviors, mental health). However,
some differences were found between delivery mediums.
Therefore, Table 4 also presents the correlation matrix by
delivery mediums. In the sample of mobile apps, usability did
not correlate with the other constructs. In the sample of
Web-based programs, weak-to-moderate, positive correlations
were found between usability and the other constructs.
Compared to the mobile app sample, the correlations between
visual design and most of the other constructsin the Web-based
program sample were numerically lower.

Table 4. Pearson correlations between quality assessment core concepts in the total sample and by delivery mediums and clinical aims.

Quality ratings Usability Visual design Content User engagement Therapeutic
persuasiveness
r P r P r P r P r P

Total (N=84)

Visua design 36 .001

Content -02 .84 34 .001

User engagement a4 21 65 <.001 .68  <.001

Therapeutic persuasiveness A3 .23 .60  <.001 .69  <.001 .86  <.001

Therapeutic aliance A5 16 53  <.001 75 <.001 73 <001 72 <001
Mobile (n=42)

Visua design 16 31

Content _052 76 74 <001

User engagement -03 .87 72 <001 83 <001

Therapeutic persuasiveness o052 76 73 <001 .85  <.001 .89  <.001

Therapeutic aliance 0022 99 .70 <.001 .81  <.001 .70 <001 73 <.001
Website (n=42)

Visua design 54 <001

Content 412 008 31 .04

User engagement 262 002 67 <001 55 <001

Therapeutic persuasiveness 34 .03 53 <.001 .60  <.001 .81  <.001

Therapeutic aliance 472 >.002 51 .001 73 <.001 73 <.001 .70 <.001

a Gignificant differences in Pearson correlation values were found between the delivery mediums (mobile, website) using Fisher Z-transformation at

Benjamini-Hoffman adjusted P<.05.

To further examine the relationship between usability and the
other constructs in the mobile app sample, these correlations
were recalculated after excluding mobile apps with very few
features (n=12; see mobile apps marked with “a’ in studiesin

http://www.jmir.org/2017/3/e82/

Multimedia Appendix 5). These mobile apps were identified
by the raters to receive high usability scores only because they
were very lean and therefore easy to learn and use, and not
because of specific design aspects enhancing their usability.

JMed Internet Res 2017 | vol. 19 | iss. 3| e82 | p. 7
(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH

For the remaining sample of mobile apps (n=30), moderate
positive correl ations were found between usability and the other
constructs (visual design: r=.55, P=.002; user engagement:
r=.43, P=.02; content: r=.41, P=.03; therapeutic persuasiveness:
r=.35, P=.055; therapeutic aliance, r=.57, P=.001).

To further examine the pattern of strong correlations found
between user engagement, content, therapeutic persuasiveness,
and therapeutic alliance independent of delivery mediums or
clinical aims, aconditional probability analysis was performed
by examining the percentage of programs with a score of fair
or above (=3.0) in one construct out of the sample of programs
that received ascore of fair or above in another construct (Figure
1). Usability and visual design were also added to Figure 1 to
present the readers with an overview of al quality constructs.

AsFigure 1 shows, 100% of the eHealth intervention programs
that received a score of fair or above in therapeutic

Baumel et al

persuasiveness or therapeutic alliance also received this range
of scores in user engagement and content. For programs
receiving ascore of fair or abovein user engagement or content,
the percentages of programs receiving the same range of scores
in therapeutic persuasiveness or therapeutic alliance ranged
between 33% and 64%. In effect, having a fair score in user
engagement or content did not necessarily mean that the program
also received a fair score in therapeutic persuasiveness or
therapeutic alliance. A similar pattern appeared between user
engagement and content, where having afair or above scorein
user engagement meant that the program most likely had afair
or above score in content (94%), but this pattern was not
apparent in the opposite direction. Finally, the figure indicates
that most programs that received a score of fair or abovein any
construct other than usability also received the same range of
scores in usability (77.6% to 88.2%).

Figure 1. Percentages of eHealth intervention programswith afair or above score (=3.0) in quality constructs (columns) out of the sample of programs
that received a score of fair or above (=3.0) in another construct (rows). Within this study sample, higher percentages indicate that having the examined
range of scores in one construct (row) improves the chances of receiving the same range of scores in the other construct (column). Fields are colored
from higher to lower percentages by the following order: red (highest), orange, yellow, and green (lowest).

Construct o . . User Therapeutic Therapeutic
. Usability Visual Design Content . i
Condition Engagement Persuasiveness Alliance
Usability n/a 50.0% 45.0% 63.3% 21.7% 30.0%
Visual Design BB2% n/a 64.7% 70.6% 41 2% 44 1%
User
B18% 66.7% n/a 93 9% 48 5% 63.6%
Engagement
Content 77 6% 49 0% 63.3% n/a 327% 429%
Therapeutic
. 813% B7.5% 100.0% 100.0% n/a B81.3%
Persuasiveness
Therapeutic
. B5.7% 71.4% 100.0% 100.0% 61.9% n/a
Alliance

Preliminary Concurrent Validity

Table 5 presents the Pearson correlations between the quality
constructs and general subjective evaluation, credibility
checklist, evidence-based program (empirical research
evidence), and program popularity scores. It isimportant to note
that general subjective evaluation was placed in this table
because of its applicability to ageneral examination of programs
and from an organizational point of view; however, thisvariable

http://www.jmir.org/2017/3/e82/

is considered to be biased because this evaluation was done
following the rater’s full examination of the quality constructs.
Three aggregated quality construct scores were also added to
this analysis: (1) the mean of user engagement, content,
therapeutic persuasiveness, and therapeutic alliance scores; (2)
the mean of al quality constructs excluding therapeutic
persuasiveness and therapeutic aliance (traditional total), and
(3) the mean of all quality constructs (total).
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Table 5. Pearson correlations between Enlight quality constructs and selected variables.

Quality ratings General subjective Credibility checklist Evidence-based program  Program popularity
evaluation (n=84) (n=84) (n=84) (n=70)
r P r P r P r P
Usability .18 A1 -18 .10 .01 .96 .07 .54
Visual design .57 <.001 -.02 .88 —-.06 .58 27 .02
User engagement a7 <.001 .22 .04 .22 .050 40 .001
Content .70 <.001 .60 <.001 44 <.001 a2 .34
Therapeutic persuasiveness .76 <.001 22 .049 .26 .02 41 <.001
Therapeutic aliance .81 <.001 31 .004 31 .004 21 .08
User engagement + content 84 <.001 40 <.001 35 .001 30 01
+ therapeutic persuasiveness
+ therapeutic alliance
Traditional total® 78 <.001 26 .02 23 .03 30 01
Total 83 <.001 28 .009 27 01 32 007

@ The analysis excluded 14 Web-based programs nested within larger websites (see programs marked with a“b” Multimedia Appendix 5) because a
high percentage of users were expected to access the website for reasons other than the intervention program.

b Traditional total=mean of all constructs excludi ng therapeutic persuasiveness and therapeutic alliance.

€ Total=mean of &l constructs.

Overdl, no single construct had a correlation pattern that
outperformed the others; however, user engagement, content,
therapeutic persuasiveness, and therapeutic alliance showed
positive correlations with all variables, most of which were
significant (13/16; r: range .22-.81; all P<.05). The combined
scores showed significant, positive, weak-to-moderate
correlationswith credibility checklist, evidence-based program,
and program popularity scores (r: range .23-.40; all P<.05);
compared to the other combined scores, traditional total showed
numerically underperformed results. All combined scores
showed significant, positive correlations with all selected
variables.

No significant differences in Pearson correlations were found
between different delivery mediumsor clinical aimsusing Fisher
Z-transformation at Benjamini-Hoffman adjusted P<.05 with
two exceptions: significant differences in the usability and
credibility checklist correlation, and usability and
evidence-based program correlation were found between
delivery mediums. These correlations were negative in
mobile-based programs (r=—34 and r=—37, respectively) and
positivein Web-based programs (r=.27 and r=.31, respectively).

Discussion

Enlight is a comprehensive suite of assessments developed to
evaluate the quality of eHealth intervention programs. It was
developed following the first systematic review assessing
different aspects of both eHealth and mHealth interventions,
including persuasive design, behavior change, and therapeutic
alliance principles. As part of the quality assessment section,
two concepts that relate to a program’s therapeutic potential
and did not appear in previous scaes (eg, [10,11]) were
introduced: therapeutic persuasiveness and therapeutic alliance.
To our knowledge, Enlight is also the first suite of

http://www.jmir.org/2017/3/e82/

heuristic-based quality measures to include separate sections,
one for quality aspects that cover the user’s experience and the
other for those quality aspectsthat do not directly alter theuser’s
experience of the program (eg, team’s credibility is not part of
any construct within the quality assessment section). Combined
with the high interrater reliability scores at the construct level
(ICC: range .77-.98, median .91), these findings suggest that
Enlight differsfrom previous work by enabling stakeholdersto
objectively examine individual quality constructs; in that way,
Enlight is a suite of scales rather than one quality measure.

The results indicate that it is important to examine therapeutic
persuasiveness and therapeutic alliance as part of the main
quality constructs of eHealth intervention programs. Most
importantly, a conditional probability analysis revealed that
100% of the eHealth intervention programsthat received ascore
of fair or above in therapeutic persuasiveness or therapeutic
alliance received the same range of scoresin user engagement
and content. For programs with fair or above scores in user
engagement and content, only 33% to 64% of them received
the same range of scores in therapeutic persuasiveness or
therapeutic aliance. Thismeansthat, despite the strong, positive
correlations found between the four af orementioned constructs,
the rel ationshi ps between them are more complicated: achieving
acertain standard of scoresin user engagement or content does
not necessarily mean that this standard will be achieved in the
therapeutic constructs and therefore justifies separate ratings of
these constructs. Second, when examining the correlations
between combined scores and variables that were expected to
relate to either the program’s acceptability or its efficacy, the
combined scorethat did not include therapeutic persuasiveness
or aliance descriptively underperformed other combined scores,
but the difference was small. Nevertheless, atogether these
preliminary findings are congruent with findings from other
studies, showing that persuasive design and behavior change
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principles are important factors in understanding the potential
of eHealth intervention programs [17,19,20]. These findings
also correspond with previous studies suggesting that eHealth
intervention programs’ facilitation of atherapeutic alliance may
play arole in the understanding of these programs' potential
[28-33].

The analyses pointed to significant, positive correlations
between the combined quality scores and credibility,
evidence-based program, and program popularity scores (r:
range .23-41; al P <.02). At the construct level, user
engagement, content, therapeuti c persuasiveness, and therapeutic
alliance demonstrated a pattern of positive correlations with
these variables, although results were not always significant
(13/16, P<.05). These preliminary findings relate to Enlight’s
concurrent validity, but they should be interpreted with caution
because two of the selected variables only indirectly relate to
program efficacy. Nevertheless, the program popularity score
is related to a product’s acceptance and the evidence-based
program score is directly related to the availability of sound
research evidence on the product’s efficacy. These findings
highlight the potential of this tool despite the need for further
examination as discussed | ater.

Integrating the Quality Assessment Section Scores

Overall, combining quality constructs into aggregated scores
by averaging them wasintroduced by previous scale developers
[47] and isthe simplest way to integrate the different constructs.
As demonstrated, this integration was supported by empirical
evidence showing that all combined scores had significant,
positive correlations with the selected variables. However, the
study resultsindicate that it might not be beneficial to combine
usability with other scoresin a straightforward manner. Thisis
because lean programs may contain very limited content and
features can be very easy to learn and use. As a result, such
programs yield high usability scores, but very low scores in
content, engagement, or therapeutic constructs. Our finding is
congruent with previous studies suggesting that usability might
need to be considered asabarrier to, rather than afacilitator of,
effective interventions (eg, [59,60]). It also might be that in
different cases different constructs are more important or
redundant. For example, Althoff et a showed that the mobile
app “ Pokemon Go,” which asks usersto move between different
physical locations to advance in the game, has contributed to
anincreasein users physical activity [61]. Engagement in these
kinds of games might equate to beneficial outcomes; therefore,
in this kind of case, the therapeutic persuasiveness construct
may become redundant. To conclude, more studies are needed
to examine the relationships between the different constructs
before determining how to integrate them in a way that
accurately captures the potential of different interventions.

Generalizability

Thereliability analysisdemonstrated asimilar range of interrater
agreement and internal consistency in the different delivery
mediums and clinical aims. Further analysis revealed similar
range of correlations between quality assessment scores and
scores of acceptability and efficacy in the different groups,
suggesting that these quality ratings account for the same
phenomena in these groups. This is the result of applying
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heuristic-based evaluation techniques that target general
principles of quality. For example, principles of therapeutic
persuasiveness, such as “therapeutic rational,” or principles of
content, such as “information provision,” do not distinguish
between delivery mediums or clinical aims. In our review
process, we a so did not identify important principlesthat relate
to the quality of programs cannot be accounted for by aspecific
delivery medium. These results extend the work of previous
criteria-based toolsby pointing at thefirst timeto the possibility
of objectively rating different eHealth interventions using one
tool, regardless of their delivery medium or clinical aim. Our
analyses also identified some significant differences between
Web-based and mobile-based programs in terms of content,
credibility, evidence-based program, and privacy explanation
checklist, all favoring Web-based interventions. It isimportant
to note that Web-based interventions have been around for
longer; therefore, there have been more opportunities for
empirically based revisions and for scholars to become an
integral part of the field.

Limitations

This study has several limitations that should be addressed.
Even though correlations between Enlight quality scores and
relevant variablesrel ated to concurrent validity wereintroduced,
this does not fully demonstrate criterion validity in directly
predicting a program’s acceptability or efficacy. This could be
examined once sound data about user analytics and outcome
reports are available for a set of rated programs. A further
limitation isthat at this point we cannot suggest asingle strategy
for combining quality assessment scores or what range of scores
would be good enough to create desired outcomes; rather, we
suggest presenting several constructs and examining the
rel ati onshi ps between them until there is more evidence backing
a specific approach to score integration. As discussed, the high
reliability demonstrated by Enlight enablesto present all scores
at the construct level (since they can be regarded as separate
objective metrics).

Future Directions

Several future directions for research and practice were
identified. First, the predictive validity of Enlight could be
examined by rating different programs for which metrics of
acceptance and efficacy are accessible, and investigating whether
and which quality scores predict engagement and efficacy.
Second, it could be beneficial to develop amodel of the various
rel ationships between different constructs once many programs
have been rated. Moreover, specifically examining therapeutic
alliance and therapeutic persuasiveness could be helpful when
trying to assessthe additional need in human support to enhance
adherence [62] or to provide any other benefits in eHealth
interventions. Third, it could be helpful to examine the
applicability of training people to use Enlight based on a
complete self-help manual that includes a training kit. Finally,
it would be beneficial to examine how this kind of tool can
support the decision making of health system |leaders when
adopting new programs. Efforts are underway to conduct such
an examination at Northwell Health, New York.
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Conclusions

This paper provides empirical findings that emphasize the
importance of examining persuasive design and therapeutic
aliancein the context of quality rating. It also demonstratesthe
applicability of objectively rating different eHealth interventions
using one suite of measures, regardless of their delivery
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mediumsor clinical aims, providing that raters are appropriately
trained. The high reliability matrix and preliminary concurrent
validity indicate the tool’'s potential to examine eHealth
programs and the multimodal relationships between different
aspects of program quality. More research is needed to establish
the tool’s validity for predicting the efficacy of eHealth
programs.

The authors would like to thank Ofer Holtsman, Eytan Magjar, Ofer Reichman, Ohad Samet, and Amit Shabtay for their support

in Enlight development.

Conflictsof Interest
None declared.

Multimedia Appendix 1
Complete PsycINFO database search terms used.

[PDE File (Adobe PDF File), 30KB-Multimedia Appendix 1]

Multimedia Appendix 2
Advisory team.

[PDFE File (Adobe PDF File), 43KB-Multimedia Appendix 2]

Multimedia Appendix 3

Search terms used to identify free eHealth intervention programs.

[PDE File (Adobe PDF File), 25K B-Multimedia Appendix 3]

Multimedia Appendix 4
Flow diagrams.

[PDE File (Adobe PDF File), 52K B-Multimedia Appendix 4]

Multimedia Appendix 5
Sources list.

[PDE File (Adobe PDF Fil€), 117K B-Multimedia Appendix 5]

Multimedia Appendix 6
Enlight.

[PDE File (Adobe PDF File), 172KB-Multimedia Appendix 6]

Multimedia Appendix 7
eHealth program scores.

[PDE File (Adobe PDF File), 72KB-Multimedia Appendix 7]

Multimedia Appendix 8
Descriptive statistics of quality section items.

[PDE File (Adobe PDF File), 49K B-Multimedia Appendix 8]

http://www.jmir.org/2017/3/e82/

RenderX

JMed Internet Res 2017 | vol. 19 | iss. 3| e82 | p. 11
(page number not for citation purposes)


https://jmir.org/api/download?alt_name=jmir_v19i3e82_app1.pdf&filename=9e79d49440a80c6d8cc837797230b018.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app1.pdf&filename=9e79d49440a80c6d8cc837797230b018.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app2.pdf&filename=f336710e686128fd7cd1af03c68d6d0d.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app2.pdf&filename=f336710e686128fd7cd1af03c68d6d0d.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app3.pdf&filename=97bad4d83ee87c408e677a33c4f9cae9.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app3.pdf&filename=97bad4d83ee87c408e677a33c4f9cae9.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app4.pdf&filename=5cd6a1fa9896b61402f80450786a9345.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app4.pdf&filename=5cd6a1fa9896b61402f80450786a9345.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app5.pdf&filename=7c44f04774837f6de3905c888328a36b.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app5.pdf&filename=7c44f04774837f6de3905c888328a36b.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app6.pdf&filename=58d91936c9b319f107b011cbccb99a9e.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app6.pdf&filename=58d91936c9b319f107b011cbccb99a9e.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app7.pdf&filename=20c750cf2f1787a8b686012bc9567400.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app7.pdf&filename=20c750cf2f1787a8b686012bc9567400.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app8.pdf&filename=3f68400171d678b507cae5ba85032e6f.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app8.pdf&filename=3f68400171d678b507cae5ba85032e6f.pdf
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Baumel et a

Multimedia Appendix 9
Kappareliability scores for Credibility and Privacy Explanation Checklists items.

[PDFE File (Adobe PDF File), 44KB-Multimedia Appendix 9]

References

1.

2.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

Aitken M, Gauntlett C. Patient Apps for Improved Healthcare from Novelty to Mainstream. Parsippany, NJ: IMS Institute
for Healthcare Informatics; 2013.

Kumar S, Nilsen WJ, Abernethy A, Atienza A, Patrick K, Pavel M, et al. Mobile health technology eval uation: the mHealth
evidence workshop. Am J Prev Med 2013 Aug;45(2):228-236 [FREE Full text] [doi: 10.1016/j.amepre.2013.03.017]
[Medline: 23867031]

Baumel A. Making the casefor afeasible eval uation method of available e-mental health products. Adm Policy Ment Health
2016 Sep 12:1-4. [doi: 10.1007/s10488-016-0764-z] [Medline: 27620191]

Baumel A, Muench F. Heuristic evaluation of eHealth interventions: establishing standards that relate to the therapeutic
process perspective. IMIR Ment Health 2016 Jan 13;3(1):€5 [FREE Full text] [doi: 10.2196/mental.4563] [Medline:
26764209]

Hekler EB, Klasnja P, Riley WT, Buman MP, Huberty J, RiveraDE, et a. Agile science: creating useful products for
behavior change in the real world. Transl Behav Med 2016 Jun;6(2):317-328 [FREE Full text] [doi:
10.1007/s13142-016-0395-7] [Medline: 27357001]

Patrick K, Hekler E, Estrin D, Mohr DC, Riper H, Crane D, et al. The pace of technologic change: implications for digital
health behavior intervention research. Am J Prev Med 2016 Nov;51(5):816-824. [doi: 10.1016/j.amepre.2016.05.001]
[Medline: 27745681]

Powell AC, Torous J, Chan S, Raynor GS, Shwarts E, Shanahan M, et a. Interrater reliability of mHealth app rating
measures: analysis of top depression and smoking cessation apps. IMIR Mhealth Uhealth 2016;4(1):€15 [FREE Full text]
[doi: 10.2196/mhealth.5176] [Medline: 26863986]

Charnock D, Shepperd S, Needham G, Gann R. DISCERN: aninstrument for judging the quality of written consumer health
information on treatment choices. J Epidemiol Community Health 1999 Feb;53(2):105-111 [FREE Full text] [Medline:
10396471]

OlsinaL, Rossi G. Measuring web application quality with WebQEM. IEEE Multimedia 2002;9(4):20-29.

Provost M, Koompalum D, Dong D, Martin BC. The initial development of the WebMedQual scale: domain assessment
of the construct of quality of health web sites. Int JIMed Inform 2006 Jan;75(1):42-57. [doi: 10.1016/j.ijmedinf.2005.07.034]
[Medline: 16169770]

Stoyanov S, HidesL, Kavanagh D, Zelenko O, Tjondronegoro D, Mani M. Mobile app rating scale: anew tool for assessing
the quality of health mobile apps. IMIR Mhealth Uhealth 2015 Mar 11;3(1):€27 [FREE Full text] [doi: 10.2196/mhesalth.3422]
[Medline: 25760773]

PsyberGuide. 2015. URL: http://psyberguide.org/ [accessed 2015-04-10] [WebCite Cache ID 6Xh99eQmZ]

Anxiety and Depression Association of America. 2016. Mental health apps URL : https://www.adaa.org/finding-hel p/
mobile-apps [accessed 2016-11-02] [WebCite Cache ID 6lhtK Nvkc]

JMIR Publications. 2015. Contribute to mHealth research and development of the new JMIR mHealth peer-review tool for
mobile apps! URL: http://www.jmir.org/announcement/view/77 [accessed 2015-08-10] [WebCite Cache |ID 6agJfjxOb]
Fogg B. Persuasive Technology: Using Computers to Change What We Think and Do (Interactive Technologies). San
Francisco, CA: Morgan Kaufmann; 2002.

Persuasionin Design. 2017. URL : https.//uxmag.com/articles/persuasi on-in-design [accessed 2017-02-09] [WebCite Cache
ID 609P2XM]D]

Kientz J, ChoeE, Birch B. Heuristic evaluation of persuasive health technologies. 2010 Presented at: 1st ACM International
Health Informatics Symposium; Nov 11-12, 2010; Arlington, VA.

Nielsen J, Molich R. Heuristic evaluation of user interfaces. 1990 Presented at: CHI '90 SIGCHI Conference on Human
Factorsin Computing Systems; Apr 1-5, 1990; Seattle, WA.

Kelders SM, Kok RN, Ossebaard HC, Van Gemert-Pijnen JE. Persuasive system design does matter: a systematic review
of adherence to web-based interventions. JMed Internet Res 2012;14(6):e152 [FREE Full text] [doi: 10.2196/jmir.2104]
[Medline: 23151820]

Webb TL, Joseph J, Yardley L, Michie S. Using the internet to promote health behavior change: a systematic review and
meta-analysis of the impact of theoretical basis, use of behavior change techniques, and mode of delivery on efficacy. J
Med Internet Res 2010;12(1):e4 [FREE Full text] [doi: 10.2196/jmir.1376] [Medline: 20164043]

Martin DJ, Garske JP, Davis MK. Relation of the therapeutic alliance with outcome and other variables: a meta-analytic
review. J Consult Clin Psychol 2000 Jun;68(3):438-450. [Medline: 10883561]

Kazdin AE, Marciano PL, Whitley MK. The therapeutic aliance in cognitive-behavioral treatment of children referred for
oppositional, aggressive, and antisocial behavior. J Consult Clin Psychol 2005 Aug;73(4):726-730. [doi:
10.1037/0022-006X.73.4.726] [Medline: 16173860]

http://www.jmir.org/2017/3/e82/ JMed Internet Res 2017 | vol. 19 | iss. 3| e82 | p. 12

(page number not for citation purposes)


https://jmir.org/api/download?alt_name=jmir_v19i3e82_app9.pdf&filename=5aedc43689b4d7b9d5ccd480fb6545f9.pdf
https://jmir.org/api/download?alt_name=jmir_v19i3e82_app9.pdf&filename=5aedc43689b4d7b9d5ccd480fb6545f9.pdf
http://europepmc.org/abstract/MED/23867031
http://dx.doi.org/10.1016/j.amepre.2013.03.017
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23867031&dopt=Abstract
http://dx.doi.org/10.1007/s10488-016-0764-z
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27620191&dopt=Abstract
http://mental.jmir.org/2016/1/e5/
http://dx.doi.org/10.2196/mental.4563
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26764209&dopt=Abstract
http://europepmc.org/abstract/MED/27357001
http://dx.doi.org/10.1007/s13142-016-0395-7
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27357001&dopt=Abstract
http://dx.doi.org/10.1016/j.amepre.2016.05.001
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27745681&dopt=Abstract
http://mhealth.jmir.org/2016/1/e15/
http://dx.doi.org/10.2196/mhealth.5176
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26863986&dopt=Abstract
http://jech.bmj.com/cgi/pmidlookup?view=long&pmid=10396471
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=10396471&dopt=Abstract
http://dx.doi.org/10.1016/j.ijmedinf.2005.07.034
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16169770&dopt=Abstract
http://mhealth.jmir.org/2015/1/e27/
http://dx.doi.org/10.2196/mhealth.3422
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25760773&dopt=Abstract
http://psyberguide.org/
http://www.webcitation.org/

                                            6Xh99eQmZ
https://www.adaa.org/finding-help/mobile-apps
https://www.adaa.org/finding-help/mobile-apps
http://www.webcitation.org/

                                            6lhtKNvkc
http://www.jmir.org/announcement/view/77
http://www.webcitation.org/

                                            6agJfjxOb
https://uxmag.com/articles/persuasion-in-design
http://www.webcitation.org/

                                            6o9P2xMjD
http://www.webcitation.org/

                                            6o9P2xMjD
http://www.jmir.org/2012/6/e152/
http://dx.doi.org/10.2196/jmir.2104
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23151820&dopt=Abstract
http://www.jmir.org/2010/1/e4/
http://dx.doi.org/10.2196/jmir.1376
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20164043&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=10883561&dopt=Abstract
http://dx.doi.org/10.1037/0022-006X.73.4.726
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16173860&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Baumel et a

23.

24,

25.

26.

27.

28.

29.

30.

31.

32.

33.

35.

36.

37.

38.

39.

40.

41.

42.

43.

45,

46.

47.

Klein DN, Schwartz JE, Santiago NJ, Vivian D, Vocisano C, Castonguay LG, et al. Therapeutic alliance in depression
treatment: controlling for prior change and patient characteristics. J Consult Clin Psychol 2003 Dec;71(6):997-1006. [doi:
10.1037/0022-006X.71.6.997] [Medline: 14622075]

Ferreira PH, FerreiraML, Maher CG, Refshauge KM, Latimer J, Adams RD. The therapeutic alliance between clinicians
and patients predicts outcome in chronic low back pain. Phys Ther 2013 Apr;93(4):470-478. [doi: 10.2522/ptj.20120137]
[Medline: 23139428]

Kim SC, Kim S, Boren D. The quality of therapeutic alliance between patient and provider predicts general satisfaction.
Mil Med 2008 Jan;173(1):85-90. [Medline: 18251337]

Bennett JK, Fuertes N, Keitel M, Phillips R. The role of patient attachment and working alliance on patient adherence,
satisfaction, and health-related quality of life in lupus treatment. Patient Educ Couns 2011 Oct;85(1):53-59. [doi:
10.1016/j.pec.2010.08.005] [Medline: 20869188]

Molassiotis A, Morris K, Trueman |. The importance of the patient-clinician relationship in adherence to antiretroviral
medication. Int J Nurs Pract 2007 Dec;13(6):370-376. [doi: 10.1111/j.1440-172X.2007.00652.x] [Medline: 18021166]
Bickmore T, Gruber A, Picard R. Establishing the computer-patient working alliance in automated health behavior change
interventions. Patient Educ Couns 2005 Oct;59(1):21-30. [doi: 10.1016/.pec.2004.09.008] [Medline: 16198215]

Clarke J, Proudfoot J, Whitton A, Birch M, Boyd M, Parker G, et a. Therapeutic alliance with afully automated mobile
phone and web-based intervention: secondary analysis of arandomized controlled trial. IMIR Ment Health 2016 Feb
25;3(1):e10 [FREE Full text] [doi: 10.2196/mental.4656] [Medline: 26917096]

Bergman NL, Carlbring P, Linna E, Andersson G. Role of theworking alliance on treatment outcomein tailored internet-based
cognitive behavioural therapy for anxiety disorders: randomized controlled pilot trial . IMIR Res Protoc 2013;2(1):e4 [FREE
Full text] [doi: 10.2196/resprot.2292] [Medline: 23612437]

Cavanagh K, Millings A. (Inter) personal computing: Therole of the therapeutic relationship in e-mental health. J Contemp
Psychother 2013;43(4):197-206.

Holter MT, Johansen A, Brendryen H. How a fully automated eHealth program simulates three therapeutic processes: a
case study. J Med Internet Res 2016 Jun 28;18(6):€176 [FREE Full text] [doi: 10.2196/jmir.5415] [Medline: 27354373]
Barazzone N, Cavanagh K, Richards DA. Computerized cognitive behavioural therapy and the therapeutic alliance: a
qualitative enquiry. Br J Clin Psychol 2012 Nov;51(4):396-417. [doi: 10.1111/].2044-8260.2012.02035.X] [Medline:
23078210]

Eysenbach G, Powell J, Kuss O, Sa E. Empirical studies assessing the quality of health information for consumers on the
world wide web: a systematic review. JAMA 2002;287(20):2691-2700. [Medline: 12020305]

Gomez QS, Walthouwer MJ, Schulz DN, de VH. mHealth or eHealth? Efficacy, use, and appreciation of aweb-based
computer-tailored physical activity intervention for dutch adults: arandomized controlled trial. JMed Internet Res 2016
Nov 09;18(11):e278 [FREE Full text] [doi: 10.2196/jmir.6171] [Medline: 27829576]

Baumel A, Pawar A, Mathur N, Kane J, Corell C. Technol ogy assisted parent training programsfor children and adolescents
with disruptive behaviors: a systematic review. J Clin Psychiatry 2017:A (forthcoming).

Nielsen J. Enhancing the explanatory power of usability heuristics. 1994 Presented at: SIGCHI Conference on Human
Factorsin Computing Systems; Apr 24-28, 1994; Boston, MA.

Liberati A, Altman DG, Tetzlaff J, Mulrow C, Ggtzsche PC, loannidis JP, et al. The PRISMA statement for reporting
systematic reviews and meta-analyses of studies that evaluate health care interventions: explanation and elaboration. Ann
Intern Med 2009 Aug 18;151(4):W65-W94. [Medline: 19622512]

Braun V, Clarke V. Using thematic analysis in psychology. Qual Res Psychol 2006 Jan;3(2):77-101. [doi:
10.1191/14780887060p0630a]

Mokdad AH, Marks JS, Stroup DF, Gerberding JL. Actual causes of death in the United States, 2000. JAMA 2004 Mar
10;291(10):1238-1245. [doi: 10.1001/jama.291.10.1238] [Medline: 15010446]

Van Deursen AJ, Van Dijk JA. Using the Internet: skill related problemsin users online behavior. Interact Comput
2009;21(5):393-402.

iProspect. Search engine user behavior study. 2006. URL: http://district4.extension.ifas.ufl.edu/Tech/TechPubs/
WhitePaper 2006 _SearchEngineUserBehavior.pdf[ WebCite Cache ID 6pOpvxfeq]

RANDOM.ORG. 2016. List randomizer URL: https:.//www.random.org/lists/ [accessed 2016-12-22] [WebCite Cache ID
6mwaCaO2t]

Westen D, Lohr N. Social Cognition and Object Relations Scale (SCORS): Manua for Coding TAT Data. Ann Arbor, MI:
Department of Psychology, University of Michigan; 1990.

Blatt S, Chevron E, Quinlan D, Schaffer C, Wein S. The Assessment of Qualitative and Structural Dimensions of Object
Representations (revised edition). New Haven, CT: Yale University; 1988.

Cramer P. The Development of Defense Mechanisms: Theory, Research, and Assessment. New York: Springer Science &
Business Media; 2012.

Newcombe RG. Confidence Intervals for Proportions and Related Measures of Effect Size. Boca Raton, FL: CRC Press;
2012.

http://www.jmir.org/2017/3/e82/ JMed Internet Res 2017 | vol. 19 |iss. 3| €82 | p. 13

(page number not for citation purposes)


http://dx.doi.org/10.1037/0022-006X.71.6.997
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=14622075&dopt=Abstract
http://dx.doi.org/10.2522/ptj.20120137
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23139428&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18251337&dopt=Abstract
http://dx.doi.org/10.1016/j.pec.2010.08.005
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20869188&dopt=Abstract
http://dx.doi.org/10.1111/j.1440-172X.2007.00652.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18021166&dopt=Abstract
http://dx.doi.org/10.1016/j.pec.2004.09.008
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16198215&dopt=Abstract
http://mental.jmir.org/2016/1/e10/
http://dx.doi.org/10.2196/mental.4656
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26917096&dopt=Abstract
http://www.researchprotocols.org/2013/1/e4/
http://www.researchprotocols.org/2013/1/e4/
http://dx.doi.org/10.2196/resprot.2292
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23612437&dopt=Abstract
http://www.jmir.org/2016/6/e176/
http://dx.doi.org/10.2196/jmir.5415
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27354373&dopt=Abstract
http://dx.doi.org/10.1111/j.2044-8260.2012.02035.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23078210&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12020305&dopt=Abstract
http://www.jmir.org/2016/11/e278/
http://dx.doi.org/10.2196/jmir.6171
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27829576&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19622512&dopt=Abstract
http://dx.doi.org/10.1191/1478088706qp063oa
http://dx.doi.org/10.1001/jama.291.10.1238
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15010446&dopt=Abstract
http://district4.extension.ifas.ufl.edu/Tech/TechPubs/WhitePaper_2006_SearchEngineUserBehavior.pdf
http://district4.extension.ifas.ufl.edu/Tech/TechPubs/WhitePaper_2006_SearchEngineUserBehavior.pdf
http://www.webcitation.org/

                                            6p0pvxfeq
https://www.random.org/lists/
http://www.webcitation.org/

                                            6mwaCaO2t
http://www.webcitation.org/

                                            6mwaCaO2t
http://www.w3.org/Style/XSL
http://www.renderx.com/

JOURNAL OF MEDICAL INTERNET RESEARCH Baumel et a

48. Zou GY. Sample size formulas for estimating intraclass correlation coefficients with precision and assurance. Stat Med
2012 Dec 20;31(29):3972-3981. [doi: 10.1002/sim.5466] [Medline: 22764084]

49. Shrout PE, Fleiss JL. Intraclass correlations: uses in assessing rater reliability. Psychol Bull 1979 Mar;86(2):420-428.
[Medline: 18839484]

50. Bartko JJ. Theintraclass correlation coefficient as a measure of reliability. Psychol Rep 1966 Aug;19(1):3-11. [doi:
10.2466/pr0.1966.19.1.3] [Medline; 5942109]

51. Cronbach L. Coefficient alpha and the internal structure of tests. Psychometrika 1951;16(3):297-334.

52. Streiner DL. Being inconsistent about consistency: when coefficient alpha does and doesn't matter. J Pers Assess 2003
Jun;80(3):217-222. [doi: 10.1207/S15327752JPA8003 01] [Medline: 12763696]

53. SimJ, Wright CC. The kappa statistic in reliability studies: use, interpretation, and sample size requirements. Phys Ther
2005 Mar;85(3):257-268 [FREE Full text] [Medline: 15733050]

54. Benjamini Y, Hochberg Y. Controlling the false discovery rate: apractical and powerful approach to multiple testing. JR
Stat Soc Series B Stat Methodol 1995;57(1):289-300.

55. Gut A. Probability: A Graduate Course. Vol 75. New York: Springer Science & Business Media; 2012.

56. Alexa 2017. URL: http://www.alexa.com/ [accessed 2017-01-04] [WebCite Cache ID 6nGSL gl6u]

57. Olteanu A, Peshterliev S, Liu X, Aberer K. Web credibility: features exploration and credibility prediction. 2013 Presented
at: 35th European conference on Advances in Information Retrieval; Mar 24-27, 2013; Moscow, Russia.

58. SimilarWeb. 2017. URL: http://www.similarweb.com/ [accessed 2017-03-10] [WebCite Cache ID 6oruwtl A6]

59. O'Brien H, Toms E. What is user engagement? A conceptual framework for defining user engagement with technology. J
Assoc Inf Sci Technol 2008;59(6):938-955.

60. Atkinson M, Kydd C. Individual characteristics associated with World Wide Web use: an empirical study of playfulness
and motivation. SIGMIS Database 1997 Apr 01;28(2):53-62. [doi: 10.1145/264701.264705]

61. Althoff T, White RW, Horvitz E. Influence of Pokémon Go on physical activity: study and implications. JMed Internet
Res 2016 Dec 06;18(12):e315 [FREE Full text] [doi: 10.2196/jmir.6759] [Medline: 27923778]

62. Mohr DC, Cuijpers P, Lehman K. Supportive accountability: a model for providing human support to enhance adherence
to eHealth interventions. JMed Internet Res 2011;13(1):e30 [FREE Full text] [doi: 10.2196/jmir.1602] [Medline: 21393123]

Abbreviations

ICC: intraclass correlation coefficient
PRISMA: Preferred Reporting Items for Systematic Reviews and Meta-Analyses

Edited by G Eysenbach; submitted 09.01.17; peer-reviewed by O Anya, J Torous; comments to author 02.02.17; revised version
received 21.02.17; accepted 22.02.17; published 21.03.17

Please cite as:

Baumel A, Faber K, Mathur N, Kane JM, Muench F

Enlight: A Comprehensive Quality and Therapeutic Potential Evaluation Tool for Mobile and Web-Based eHealth Interventions
J Med Internet Res 2017;19(3): €82

URL: http://www.jmir.org/2017/3/e82/

doi: 10.2196/jmir.7270
PMID: 28325712

©Amit Baumel, Keren Faber, Nandita Mathur, John M Kane, Fred Muench. Originally published in the Journal of Medical
Internet Research (http://www.jmir.org), 21.03.2017. This is an open-access article distributed under the terms of the Creative
Commons Attribution License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use, distribution, and
reproduction in any medium, provided the original work, first published in the Journal of Medical Internet Research, is properly
cited. The complete bibliographic information, alink to the original publication on http://www.jmir.org/, aswell asthis copyright
and license information must be included.

http://www.jmir.org/2017/3/e82/ JMed Internet Res 2017 | vol. 19 | iss. 3| e82 | p. 14
(page number not for citation purposes)


http://dx.doi.org/10.1002/sim.5466
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22764084&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18839484&dopt=Abstract
http://dx.doi.org/10.2466/pr0.1966.19.1.3
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=5942109&dopt=Abstract
http://dx.doi.org/10.1207/S15327752JPA8003_01
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12763696&dopt=Abstract
http://www.ptjournal.org/cgi/pmidlookup?view=long&pmid=15733050
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15733050&dopt=Abstract
http://www.alexa.com/
http://www.webcitation.org/

                                            6nGSLql6u
http://www.similarweb.com/
http://www.webcitation.org/

                                            6oruwtIA6
http://dx.doi.org/10.1145/264701.264705
http://www.jmir.org/2016/12/e315/
http://dx.doi.org/10.2196/jmir.6759
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27923778&dopt=Abstract
http://dschool.stanford.edu/wp-content/uploads/2011/03/BootcampBootleg2010v2SLIM.pdf
http://dx.doi.org/10.2196/jmir.1602
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21393123&dopt=Abstract
http://www.jmir.org/2017/3/e82/
http://dx.doi.org/10.2196/jmir.7270
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28325712&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

